


2013 ISMS MARKETING SCIENCE CONFERENCE

July 10: Doctoral Colloquium Venue: Ozyegin University

Mah. Orman Sok. 34794 c.;ekmekby - Istanbul +90 216 564 90 00
www.ozyeqin.edu.tr

July 11-13: Main Conference Venue: Swissotel The Bosphorus Istanbul

Baylldlm Cad. No: 2 Ma<;ka, 34357 Istanbul-Turkey, +90212 326 11 00
www.swissotel.com

.. - .
--OZYEGIN--
--IU N IVERS lTV¥---



Conference Co-Chairs: Doug Bowman, Mike Lewis, David Schweidel

Contact info: MarketingScience2014@emory.edu

MarketingScience2014.com



Dear Marketing Science Conference Participant,

On behalf of the INFORMS Society for Marketing Science (ISMS) and Ozyegin
University (OzU), we welcome you to the 2013 Marketing Science Conference
(July 11-13) and Doctoral Consortium (July 10) in Istanbul.

Bringing together marketing scientists from over twenty countries, East truly meets
West in this conference edition, as it does in Istanbul, a bridge between worlds.
Four special sessions and two regular sessions focus on emerging markets,
including sessions devoted to India and China. Interactive and social media
marketing, (open) innovation, and the marketing-finance interface are also major
topics with several sessions each.

In addition to the exchange of ideas, you will have the chance to enjoy Turkish
cuisine and hospitality, and the amazing combination of history and modernity that
is Istanbul. Our conference hotel, SWissotel, has wonderful facilities with Bosphorus
views and is the setting for all the conference lunches and dinners. The hotel is
located in a private park-like area of the city, within walking distance of the water
and easy to reach by taxi or public transportation. We hope you will join us on the
scenic Bosphorus cruise offered Saturday night to conclude the conference.

Ozyegin University is a third-generation university, combining top academic
research with highly successful practical applications in business, society and
teaching. Its brand new campus in <;;ekmekoy, Istanbul is the first environmentally
certified one in Turkey. Just five years after its inception, OzU is home to 4000
students, MBA and executive MBA programs, several successful centers (for
Entrepreneurship, Energy, Computational Finance, etc.) and the culinary school of
Cordon Bleu. Faculty and students at the doctoral colloquium will enjoy this setting
first hand - but all of you are warmly invited to drop by! In marketing, our grOWing
department includes researchers from all sub-disciplines and from countries
including Scotland (Steven Seggie), Belgium and the U.S. (Koen Pauwels), Pakistan
and the U.S.(Romana Khan), Germany (Raoul KUbler) and Turkey (Tolga Ak<;ura,
Sinem Atakan, Esra Gen<;tUrkand Bige Saat<;ioglu).

We are delighted to welcome you to Istanbul for a most excellent academic and
social program.

Sincerely,

TUlin Erdem, New York University

Erhan Erkut, Ozyegin University

Koen Pauwels, Ozyegin University



VOLUME 1 I NUMBER 1 I JULY 2013

ELSEVIER JOURNAL OF

INTERACTIVE
MARKETING

SPONSOR OF THE

INTERNET AND
I TERACTIVE
MARKETING
SESSION



INFORMS Society of Marketing Science Board and Advisory Council

The Institute of Operations Research and Management Sciences (INFORMS) is an
international, not-for-profit scientific society with 10,000 members, including Nobel
laureates, dedicated to applying scientific methods to help improve decision­
making, management, and operations. The Marketing Science Conference falls
under the auspices of the INFORMS Society for Marketing Science (ISMS) sub­
branch whose major purpose is to foster the development, dissemination, and
implementation of knowledge, basic and applied research, and science and
technologies that improve the understanding and practice of marketing.

INFORMS Society for Marketing Science Board

President

Kannan Srinivasan, Carnegie Mellon University

Treasurer

Sivaramakrishnan Siddarth, University of Southern California

Secretary

Ganesh Iyer, University of California, Berkeley

Newsletter Editor

Luc Wathieu, Georgetown University

Vice President of Meetings

Fred Feinberg, University of Michigan

Vice President of Electronic Communications

Peter T. L. Popkowski Leszczyc, University of Alberta

Vice President of Practice

V. Kumar, Georgia State University



Vice President of Education

K Sudhir, Yale University

Vice President of Membership

Min Ding, Pennsylvania State University

Vice President of External Relations

Gerard J. Tellis, University of Southern California

President Elect

John Hauser, Massachusetts Institute of Technology

Past President

Scott Neslin, Dartmouth College

INFORMS Liaison Officer

Paul Messinger, University of Alberta

INFORMS Advisory Council

Jean-Pierre Dube, University of Chicago

Eric Bradlow, University of Pennsylvania

Baohong Sun, Carnegie Mellon University
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RESTAURANT SUGGESTIONS

Reservations are highly recommended.

Asitane Cuisine: Turkish, Ottoman

Clearly, it was good to be the sultan, if he indeed ate at all like you do when you
visit Asitane. From records of meals at Topkapi Palace (sans quantities) and delving
into the memoirs of foreign diplomats of the time, the chef of Asitane has
succeeded in re-creating 200 palace recipes plus about 200 original Ottoman-style
recipes.
Kariye Hotel, Kariye Camii Sokak 18, Edirnekapi

TEL: 0 212 635-7997 www.asitanerestaurant.com

Cuisine: Cafe, Light Fare

Set right on the Bosporus, this relaxed Mediterranean eatery offers menus largely
sourced from local produce: artisanal olive oils, handmade jams, cheeses from
nearby village markets. Come for brunch amid the parasols and colored tiles, for a
fresh-coriander martini after a hectic day of sightseeing, or for dinner with a
vegetarian friend (this is one of the few place in Istanbul that serves tofu).

64/S Muallim Naci Caddesi

TEL: 0 212 265-4734 www.asskkahve.com

Bebek BahkC;lsl Cuisine: Fish, Mediterranean

Besides the distinguished tastes and painstaking service, the restaurant has a
mythological atmosphere with Renaissance pictures on the walls. Located by the sea
in Bebek, one of the fanciest towns by the Bosphorus, the restaurant is a great
example of an excellent fish restaurant. Some of the restaurant's specialties are
cold appetizers of eggplant salad with Melissa sauce, parsley salad, bostan
root, and spinach salad. Their famous hot appetizers are calamari, fish balls, ocean
delight, fish cooked on paper, and Fish in Salt.

26/ A Cevdet Caddesi, Sebek

TEL: 0 212 263-3447 www.bebekbalikcLnet



Borsa Cuisine: Turkish

Borsa has been serving top-quality Turkish cuisine since 1927, and features elegant
decor and excellent service. The menu is made up of Turkish classics like lahmacun
(Turkish-style pizza); i<;li kafte (kibbeh); manti (Turkish-style ravioli); lakerda
(salted bonito); imambaylldl (eggplant stuffed with tomatoes, onion, and garlic);
and a wide variety of meat dishes, such as iskender kebap (roasted lamb spread
over buttery pita bread, topped with a savory tomato sauce, a drizzle of butter, and
a dollop of yogurt) and kuzu pirzola (Iamb chops). This is not light fare, so come
with an appetite!

LOtfi Klrdar Convention Center, GOmO;; Caddesi No.4, Harbiye

TEL: 0 212 23242 01 www.borsarestaurants.com

tmaraltl Restaurant Cuisine: Turkish

If you'd like to combine dinner at a meyhane with a fantastic waterside setting,
head up the Bosphorus to the "village" of Ortakoy. It's right beside the water, with
a close up view of the transcontinental Bosphorus Bridge and the stunning baroque
mosque. Cinaralti has an extensive selection of hot and cold mezes, borek, pickles,
fresh seafood, kebabs, grilled meats, salads and desserts. Diners are invited to
select their fish from a refrigerated case inside the restaurant. At Cinaralti, prices
are reasonable, the food is top notch and the view spectacular ... what more could
one ask for?

iskele Meydanl 28, Ortakoy

TEL: (0212) 261 4616 www.cinaralti.com

Corvus Wine and Bite Cuisine: Wine Bar/Aegean WALKING DISTANCE

Offering only Corvus wines, which are brought over from a new and successful
winery in Bozcaada (a pristine island on the Aegean), this modern and sophisticated
venue is focused not only on local wines but also on local ingredients to create
tantalizing food and wine pairings. The extensive menu of small bites includes rustic
breads, jams, and a variety of cheese.

Be;;ikta;; Nedim Cd No:5

TEL: (0212) 260 5470



Feriye Restaurant Cuisine: Turkish

Located on the shore of the Bosphorus, with views of the Ortakoy Mosque and the
iconic Bosphorus Bridge which links the European side of Istanbul to Asia, this large
complex includes an a-la-carte restaurant, cafe and bar. It has two separate
restaurant venues for summer and winter, with a large outdoor seating area
operating during the warmer months. The menu, too, varies with the seasons, a
result of the chefs' focus on the use of natural and seasonal ingredients.

Cad. No: 40, artakby

TEL: (0212) 227 2216 www.feriye.com

Giritli Cuisine: Turkish

A prix-fixe only menu of Cretan specialties includes a generous multicourse meal
and unlimited local alcoholic drinks (wine or raki). The food is outstanding, with an
enormous selection of delicious mezes like sea bass ceviche, herb-covered cubes of
feta cheese with walnuts and green onion, and perfectly grilled calamari, followed
by freshly caught fish. The restaurant garden, with its whitewashed walls and blue
trim, feels like a slice of the Greek islands in the middle of Istanbul.

Keresteci Hakkl Sokak (Armada atel Yanl) Cankurtaran j Ahirkapi

Tel: 0212458 22 70 www.giritlirestoran.com

Hamdi Cuisine: Turkish

Even though not located right by the water, the terrace of Hamdi has a gorgeous
view of the water, and it is one of the city's premier kebab restaurants, with a
menu of 17 different varieties of kebab, in addition to various meze (cold
appetizers) and desserts.

ROstem Pa$a Mh., Sk No:17, Fatih TEL: (0212) 528 0390

Hanedan Cuisine:TurkishjFishjMeat WALKING DISTANCE

Sinanpa$a Mh. Sk No:27, Be$ikta$

TEL: 0 212 259 4017 www.hanedanrestaurant.com



Established in 1995, is a kebab restaurant that serves authentic dishes
from Adana and Tarsus in Southeast Anatolia. There is an amazing view of the
water.

Reina, Muallim Naci Caddesi No,44, Ortakoy; TEL: 0212 258 06 83

Bronz Sokak No:5 Mac;ka, istanbul TEL: (212) 230 38 68

Hunkar Cuisine: Ottoman, Turkish

One of the best places to dine on Turkish and Ottoman dishes, an upscale feel adds
to the experience where the food and service receive full points every time. Open
since 1950, the menu offers such dishes as Begengili Kebab (eggplant puree with
lamb chunks) as well as an array of olive oil dishes for those who prefer vegetables.

Nispetiye Caddesi No. 52, Etiler

TEL: 0 212 2878470 www.hunkar1950.com

Kalamata Meyhanesi Cuisine: Turkish/Armenian WALKING DISTANCE

Kalamata Meyhanesi offers a modern take on traditional taverns. The venue offers
outdoor seating at the garden in the back and a few tables on the street at the
front. Live music, typical of Turkish taverns, is played every night (except for
Mondays). A good selection of tavern fare is on offer, from cold and hot mezes to
main dishes, including the day's catch. Rakl is obviously the drink of choice, but
wine is also available. Excellent food and atmosphere, with the additional attraction
of music.

Suleyman Seba Cd No:45 Akaretler

TEL: (0212) 258 8788 www.kalamatameyhane.com.tr



Kiva

Right in the shadow of the Galata Tower, Kiva offers traditional Anatolian dishes
from every part of Turkey, particularly the East and Southeast. The menu has over
a dozen kinds of soup and even more varieties of stew, casserole, and sarma and
dolma (stuffed vegetables); some dishes feature exotic ingredients like thistle and
cowpea. There are also Turkish comfort foods like karnlyank (eggplant filled with
minced meat), and a profusion of salads/appetizers including Middle Eastern
offerings like hummus, muhammara, and baba ganoush.

Kiva, Galata Kulesi Meydanl No: 4, Galata; TEL: 0212 292 00 37

Nar Lokanta

Located in the heart of Sultanahmet by the Grand Bazaar's Nuruosmaniye gate, Nar
Lokanta offers traditional Turkish food at its freshest and lightest, with dishes made
using all-natural, regional products from throughout Anatolia, and the best quality
olive oil. The menu at Nar Lokanta features familiar Turkish classics as well as a
number of less common regional dishes, covering everything from Ottoman palace
dishes to humble village fare.

Armaggan, Nuruosmaniye Caddesi No.65, 5th Floor, Nuruosmaniye;

TEL: (0212) 522 2800 www.narlokantasi.com

Nezih Kebap

With a beautiful view of the Bosphorus Nezih Kebap offers traditional meat dishes
as well as starters with the i<;li kofte (burghul balls filled with seasoned minced
meat) coming highly recommended.

Yahya Kemal Caddesi No.24, Rumelihisan;

TEL: (0212) 265 74 55 www.nezihkebap.com

Park Samdan

Open since 1982, Park Samdan is a long-established favorite with locals and it is
favored for its elegant and refined atmosphere. The restaurant specializes in classic
Turkish dishes but with a continental.

Mim Kemal Oke Caddesi No. 18/1,

TEL: (0212) 225 07 10 www.parksamdan.com



Park Fora Cuisine: Seafood

Located in Cemil Topuzlu park by the sea in Kuru<;e$me, the restaurant serves sea
food since 1996. Accompanied by cold and hot starters of both Turkish and world
cuisines, the place calls itself the best fish and sea food restaurant of Turkey.

Muallim Naci Caddesi Cemil Topuzlu Parkl i<;i No:54/A, Ortakby

Tel: 0 212265 50 63-67 www.parkfora.com

Suda Kebap

Bringing together the regional cuisine of Gaziantep and the beautiful view of the
seaside, Suda Kebap is a perfect place to enjoy fresh mezes and grilled meat
dishes.

Galatasaray Adasi Suada,

TEL: (0212) 265 11 63 www.sudakebap.com.tr

Tugra Cuisine: Ottoman, Turkish

If you wish to dine in a palace with a great view and fine food, This place has
created a legend for itself with its innovative synthesis of foods from the entire
Ottoman Empire against an imperial backdrop of regal colors and traditional floral
motifs. Dishes include a delicious mackerel and red mullet dolma and a marinated
lamb loin grilled with yogurt, tomato, and spicy butter sauce.

<;;Iragan Palace Kempinski, <;;Iragan Caddesi 34349 istanbul, TEL: (0212) 258 3377

Vogue Cuisine: Mediteranean/International WALKING DISTANCE

Situated on the top of the Be$ikta$ Plaza, this restaurant has stunning views of the
Bosphorus and the Asian side of town from three terraces (two of which form part
of the restaurant itself, and one of which is devoted to an excellent bar, featured on
the World's Best Bars website). The restaurant offers a great range of
Mediterranean and international cuisine, including a sushi bar, and has won Best
Restaurant" from the Zagat Survey, among other accolades. Sunday buffet brunch
is a particular favorite with regulars, with a full Turkish breakfast as well as
continental options.

Akaretler Sports Cad. No: 92 BJK Plaza A Blok K: 13

TEL: 0 212 2274404 www.voguerestaurant.com



ISTANBUL PLACES TO GO, THINGS TO DO, FOOD TO TRY

We recommend checking out the visiting hours of the places that you plan to go.
Some of them are closed on certain days and some of them close early. Also, it
would be better if you could go to the historical places early in the morning since
there may be long lines for entrance, especially at Topkapi Palace.

Topkapl Palace

http://www.ee.bilkent.edu.tr/..-.history/topkapi.html
Topkapi Palace, on the Seraglio Peninsula, became a museum in 1924. The
Harem, Baghdat Pavilion, Revan Pavilion, Sofa Pavilion, and the Audience
Chamber distinguish themselves with their architectural assets, while other
artifacts reflect palace life. Gulhane Park is located on the slopes below Topkapl
Palace extending to the seashore, and is popular among Istanbul residents for
picnicking and open-air concerts. In the park is the Gothic Column, known to
have been one of the main obelisks of the Byzantines, and an as yet unclassified,
and therefore unofficial, Byzantine ruin.

AyaSofya (Hagia So-phial

The magnificent Hagia Sophia was originally built by Justinian and used as a
church for 916 years. It then became a mosque for 481 years and Ataturk
declared it a museum in 1935. Considered the first and last unique application in
terms of its architecture, magnificence and functionality, it has been the
inspiration for Ottoman mosques for countless centuries. The incredible frescoes
and mosaics in the upper gallery, despite being damaged, are among the most
visited sites in the city. The Hagia Sophia is the number one must-see.

Sultanahmet Mosque (Blue Mosque)

Dubbed the "Blue Mosque" by Europeans because of its beautiful interior tiles
with flower and tree motifs manufactured at the end of the high period of the
great Iznik workshops, this is the only mosque in the wbrld with six minarets.
Built by Ahmet I between 1609 and 1616, the architect was Sedefkar Mehmet
Aga, one of Mimar Sinan's most prominent students. The dome is 23.5 meters
wide and 43 meters high. The shrine near the mosque houses the tombs of
Ahmet I and his wife Kosem Sultan. On the east side of the mosque is the Arasta,
a bazaar filled with souvenir shops. The Hunkar Mansion at the north side is
today's Carpet and Kilim Museum

Yerebatan Sarayl (Basilica Cistern Underground)

Yerebatan Sarayl translates as 'Sunken Palace'. It's Istanbul's largest
underground cistern and the only one renovated and opened for public viewing.
Today Yerebatan Sarayl is a major tourist attraction and offers cool respite from
Istanbul's searing summer heat. Pulsing lights, water dripping from the ceiling
and eerie music played over strategically placed speakers add an air of mystery
to the place. Note the two large Medusa heads supporting columns on the north
side of the cistern. Wooden walkways allow visitors to view the whole cistern.



Turkish Bath (Hamam)

http://www.cemberlitashamami.com.tr
This is the most pleasant of all Istanbul's hamams. You can stretch out flat on the
huge round navel stone, and gaze at the diffractions of shafts of daylight through
the steam. The sounds of splashing water and muffled chatter echo around the
dome and throughout the hamam. Mimar Sinan built the baths in 1584 - they
were commissioned by Nurbanu, wife of Sultan Selim the Grim - and they have
been in continuous service to the public ever since. There are separate sections
for men and women.

Dolmabahc;e Palace

http://www.guideistanbul.net/other/dolmabahce-palace
It is the last palace that was built in Ottoman Empire.
http://www.istanbulportal.com/istan bul portal/Dolmabahce .aspx

Ortakoy

http://www.turkeytravelplanner.com/go/Istanbul/Sights/Bosphorus/ortakoy.html
You can walk (around 20-25min) or take the taxi from Dolmabahc;e to Ortakoy.
Go to Ortakoy for lunch or coffee; try "Kumpir" (baked potatoes filled
with cheese, sausage, vegetables ...). There is a row of Kumpir sellers at Ortakoy.

Bhosphorus Tour

There is a short Bhosphorus boat tour from Ortakoy or take a longer one starting
from Eminonu.

Taksim

http://www.turkeytravelplanner.com/galeri/beyoglu/index.html
Walk around Beyoglu and istiklal Street. This area is also the main site of the
protests in June. Although there has been no violence more recently, please exercise
caution.

Turkish Cuisine (our favorites)

Appetizers (meze; typically presented to you all together for your pickings)
Vegetarian: Almost all of them: slow cooked beans (fasulye), eggplant (patlican)
Warm: Kalamar (fried squid rings)
Fish: Pick any in season at the specialized fish restaurants (balik restoran)
Dishes with Meat: iskender or Doner, ic;likofte, Lahmacun
Sa/at: Gavurdag salata (pomegranate juice, walnuts, tomatoes, spices)
Deserts: Kazandibi (made from milk), Tavukgogsu (made with chicken & milk),
Sutlac; (rice pudding), (very traditional desert, mix of dried fruits & beans),
Baklava



INFORMATION FOR SESSION CHAIRS, PRESENTERS,AND PARTICIPANTS

Guidelinesfor session chairs:

1. Please arrive at the room where you are chairing a session at least 10 minutes before its

official start time (during the break prior to the session).

2. Plan to be present for the entire session.

3. Choose a seat in the front of the room where a presenter can easily observe you.

4. Introduce the session title at the beginning of the session and announce the allotted time per

presenter. The allotted time already includes Q&A.

5. If presenters do not show up before the start of the session, you are free to allocate their

time to other presenters.

6. Introduce each speaker at the beginning of his or her talk.

7. Let speakers know when there are 5 minutes and 2 minutes left of their allotted time.

Guidelinesfor presenters:

1. Please arrive at the room where you are presenting at least 10 minutes before its official

start time (during the break prior to the session).

2. Bring your presentation on a USB key in appropriate format (generally PowerPoint) and copy

your presentation to the desktop and ensure it works.

3. If you are not going to be present for the entire session, please let the session chair know.

4. If you do not show up before the start of the session, the chair is free to allocate your time to

other presenters.

5. You will be prompted when there are 5 minutes and 2 minutes left of your time.

Guidelinesfor participants:

1. If you want to attend presentations of two different sessions that run at the same time, we

kindly ask you to leave the sessions only at the beginning or end of a talk.

2. Please leave and enter the rooms quietly.
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Wednesday, July 10, 2013

8:30am-8:00pm Doctoral Consortium

"1-:00pm-7:00pm Conference Registration

Thursday, July 11, 2013

7:00am-5:00pm Conference Registration

7:00am-5:00pm Internet Cafe

7:30-8:30am Continental Breakfast

8:30-10:30am* ISMS Board Meeting

8:30-10:00am Session 1 (TA)

9:00am-3:30pm Exhibit hours

10:00-10:30am AM Break

10:30am-12:00pm Session 2 (TB)

12:00-1 :30pm Lunch

12-1:30pm* Women in Marketing Science Luncheon

1:30-3:00pm Session 3 (TC)

3:00-3:30pm PM Break

3:30-5:00pm Session 4 (TO)

530-7:30pm Opening Reception

Friday, July 12, 2013

7:00am-5:00pm Conference Registration

7:00am-5:00pm Internet Cafe

7:30-8:30am Continental Breakfast

8:30-10:00am Session 1 (FA)

9:00am-330pm Exhibit hours

10:00-10:30am AM Break

10:30am-12:00pm Session 2 (FB)

12:00-1 :30pm Lunch

1-2:00pm* Marketing Science Editorial Board Meeting

1:30-3:00pm Session 3 (FC)

3:00-3:30pm PM Break

3:30-5:00pm Session 4 (FD)

5:30-7:00pm Cocktails

5:00-6:30pm* Marketing Science Associate Editors Reception

7:00-9:30pm Conference Gala Dinner

Ozyegin University, Cekmekoy campus
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Saturday, July 13, 2013

7:00am-1 :30pm Conference Registration

7:00am-3:00pm Internet Cafe

7:30-8:30am* Future Conference Committees Meeting

7:30-8:30am Continental Breakfast

8:30-10:00am Session 1 (SA)

9:00am-12:00pm Exhibit hours

10:00-10:30am AM Break

10:30am-12:00pm Session 2 (SB)

12:00-1:30pm Lunch

12:00-1:30pm* ISMS Fellows Lunch

1:30-3:00pm Session 3 (SC)

3pm Conference closes

7pm-midnight Dinner Cruise on Bosphorus

Swissotel

Swissotel

Swissotel

Swissotel

Swissotel

Swissotel

Swissotel

Swissotel

Swissotel

Swissotel

Swissotel
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Optional: See Tours



2013 INFORMS Marketing Science Conference

Thursday, July 11 th, 2013 8.30-10.00 (TA)

TA01 - Montreux TA02 - lausanne TA03- Bern TA04 -Monch

DigitalMarketingAnalytics OnlineConsumerBehavior Social Networksand User Behavior InterfirmContracting

Chair: ShawndraHill Chair: Hai Che Chair: Purush Papatla Chair: Steven Seggie

Completingthe VirtuousCycle between The Impactof Emotionson Customer Long Live the Fan: The Impactof Stock MarketReactionsto Technology
Paying for Musicand Social Engagement Behaviorin OnlineDating NetworkStructureon Survivalin the LicensingContracts
in an OnlineCommunity:Evidencefrom a AndreaDechan, AnindyaGOOs, Music Industry Erik Mooi, Stefan Wuyrs
RandomizedTrial ManinSpann Jung Youn Lee, MinkiKim,
RaviBapna, Jui Ramaprasad, GeonhyeokGo All for One, One for All: Governanceand
AkhmedUmyarov Music Streamingor Download?: Bankruptcyin Franchisor-franchisee

Consumer'sDemand for On-lineMusic Understandingthe Structureand the Relationships
Contractingfor Content:A Model of Service MotivatingFactorsof Consumers'Social Kersi D. Antia, Sudha Mani,
DigitalGoods SupplyChain Hyowon Kim, JaehwanKim Media Participation KennethH. Wathne
RamnathK. Chellappa, Shivendu AshishKumar, Ram Bezawada
Shivendu ConsumerChoiceon Brand Websrte Influenceof FormalContractElementson

Visits: A LimitedConsumerSearch Do PrivacyControlsIncreasethe RelationalBehavior
EstimatingCross Platformand Cross Approach Opennessof Online Social Network Bjane Ravndaf
DeviceSynergiesin Web and Mobile JiyaoXun Users?
Advertising Tuan Phan, HuseyinCavusogfu Why AsymmetricRelationshipsDon't
AnindyaGoose, SangpifHan, Consumer'sBiddingBehaviorUnder Work: EmpiricalEvidencefrom Clustered
Sung Hyuk Park Online Group Buying Mechanism Succeedingin ExtremelyCompetitive Firms

Hai Che, Dan Zheng, Zhe Zhang Markets: Insightsfrom the MobileApp RagnhildSilkoset, StevenSeggie,Arne
An EmpiricalExaminationof the Market Nygaard
Antecedentsand Consequencesof PUf!Jsh Papatla, RuijiaoGuo
InformationHiding in Crowd-funded
Markets
Gordon Bunch, AnindyaGoose,
SunilWallal

Social TV: Using User Generated
Contentto CalculateAudienceAffinity
Networksfor TV Shows and Brands
ShawndraHill

TAOS - Montblanc TA06 - Monterosa1 TA07 - Monterosa2 TAOS - Edelweiss

Marketingand PerformanceI ConsumerAspectsof Design EntertainmentMarketing PricingIssues

Chair: SrinivasReddy Chair: RobertKreuzbauer Chair: Sanjay Sisodiya Chair: JonathanSeaton

Does the MarketBelieve in Marketing?A How Stagesof Self-productionImpact Role of Risk and Incentivesin Should EventOrganizersPreventResale
Text Mining Based InformationalValue Consumers'Evaluationof and ContractingBetweenMovie Distributors of Tickets?
Perspective Relationshipwith Products and Exhibitors Ozge Sahin, fzak Duenya,
JosephJohnson, Deb Mitra S. SinemAtakan, RichardBagozzi, Nina Baranchuk,AndreiStrijnev, YaoCui

CarolynYoon DavidSwitzer
New Product Innovationand Financial The OptimalPricingof News Content
MarketPerformance:Does the Nab-He of Impactof PackagingTransparencyon CompetitiveMarketStructureof Popular Adithya Paltabhiramaiah,S Sriram,
InstitutionalInvestors ProductPreference Music Industry Shrihari(Hari) Sridhar
SundarBharadwaj,AtanasNikolov, Meng Zhu, Danon Billeter, JoonllyukYang
GuiyangXiong JeffInman Pricing in InflationaryTimes: The Penny

Testing ResourcesAllocationand Their Drops
The Financialand MarketImpactof An ExploratoryStudyon Consumer's Effectson Firms' Performance:A JonathanSeaton, Ratula Chakraborty,
ProductFailure:ACase of Prescription EstheticsPerceptionof Logo Design Resource-advantageTheoryPerspective MichaelWaterson, Paul Dobson
Drug Withdrawals Yu·ShanAthena Chen, Wei Hao Yang, in Sport
SrinivasReddy, ShekharSattiraju.Jason Lien·r;Bei AseelAI Ghamdi, Vinay Kanetkar
Zhang, PradeepK. Chintagunta

NaturalScarcityand ProductValuation Why do ProductsGet Sequels?ALaunch
RobenKreuzbauer,Dan King, Shankha DecisionModel with Risk Aversion
Basu Florian Deutzmann, Dennis Fok,

StefanStremersch

Timingof Line Extensions:An
Investigationof MovieSequels
SanjaySisodiya, Bema Devezer,
SteveShook
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2013 INFORMS Marketing Science Conference

Thursday, July 11 th
, 2013 8.30-10.00 (TA)

TA09 - Mimosa TA10 - EMBA 1 TA11- EMBA 2 TA12 - Geneve

CustomerRelationsManagement Brand Equityand Brand Management Piracy Store Brand Management

Chair: YantaoWang Chair: Pascal Kottemann Chair:Alexa B. Burmester Chair: Erik Bushey

A ConceptualModel to MeasureSuccess 20 Years of Brand Valuation- What Do The RelationshipsBetweenConsumers' ManagingStore Brands
of the ComplaintManagementof We Learn from 24,000 Brand Values? Usageof ExperienceGoods, Sales WoochoelShin. WilfredAmaldoss
Companies AlexanderHimme, Marc Fischer Performance,and Piracy
Ozan Peneklioglu Hannes Datta, Dominik Papies, PrivateLabel Tiers: A New Dimensionof

SustainedGrowth- An Objective BramFouben Competitionbetween PrivateLabelsand
How RelationalInvolvementModerates Customer-MarketMeasureof Brand NationalBrands
SatisfactionParadoxunderCompetition? Equity Cannibalizationor Sampling? Gizem Hokelekli Lien Lamey,
An IndustrialCase Abas Mirzaei, DavidGray, Chris Quantifyingthe Qualityof Piracyand its Frank Verboven
Che-Yu Cheng, Ming-ChihTsai Baumann, Hume Winzar, Effecton ExperientialGoods

LesterWJohnson AnthonyKoschmann SpilloverEffects,Private-LabelBrands,
ServicesDiffusionUnder Internaland and CategoryProfitabiityEnhancement
External Incentives From Hedonic-UtilitarianValue to Brand The Effectof Pre-releaseMovie Piracyon Mouna Sebri, GeorgesZaccour
Tarek Ben Rhouma, GeorgesZaccour Loyalty:The Role of BrandTrust, Affect Box-officeRevenue

and Risk Aversion Alan Montgomery,Param Singh, SuppliersCaught in SupermarketPrice
Some CustomersRatherLeave Without ZeynepSahinler,ElifKaraosmanoglu Liye Ma, MichaelSmith Wars: Victimsor Victors?
SayingGoodbye FrancescaSotgiu, KatrijnGielens
Eva Ascarza,OdedNetzer, BruceHardie Brand ConceptMaps in Computer-aided Acceptingor FightingPiracy- Can Piracy

Interview:Challenges,Benefitsand Be Reducedby OptimizingTiming& RetailerIntroductionof Store BrandsIn
Beyond Sunk-Cost:How Commitment EmpiricalFindings Pricing Strategies? the Presenceof a CategoryCaptain
ContractsInfluenceConsumption PascalKoltemann, ReinholdDecker. Alexa B. Burmester,MichelClement, Erik BUShey, Udatta Palekar
Yantao Wang, FlorianZettelmeyer, Manin Meissner Felix Eggers, Tim Prostka
EricAnderson

TA13 - Luzern TA14 - Zurich

DailyDeals Open Innovation

Chair: GeorgiosZervas Chair: AbrarAI-Hasan

ConsumerRegretand ChoiceBehavior Does CustomerCodevelopmentResult in
underUncertainty BetterProducts?Alignmentwith Product
PavelKireyev, VineetKumar, DevelopmentApproaches
XuemingLuo Anna S. Cui, Fang Wu

The Dynamicsof Groupon:Repeat An AdaptiveMarketingCapabilities
Purchaseand Word-of-mouthafterthe Perspectiveof Open ContributionDuring
Deep Discount New ProductDevelopment
Ela An, Koen Pauwels GregoryFisher, WilliamQualls

The Effectsof SNS Affinityon the Sales How Would SuccessDependon Social
Volumeof DailyDeals in Korean Social Media and New ProductDevelopment
ShoppingCompanies Process?
Kyung Min Park, BokyungLee BasarOzcan, Tolga Akcura

The Groupon Effecton Yelp Ratings:A Rewardingthe Few or the Many?An
RootCause Analysis Investigationof the Impactof Rewardson
GeorgiosZervas Open Innovation

Pinar Yildirim,Reto Hofstetter.
John Zhang

InformationSpilloversand UserBehavior
in Open InnovationContests
AbrarAI-Hasan,Siva Viswanathan,11-
Hom Hann



2013 INFORMS Marketing Science Conference

Thursday, July 11 th, 2013 10.30-12.00 (TB)

TBOl - Montreux TB02 - Lausanne TB03 - Bern TB04 - Monch

Data-DrivenCustomerRelationship User-GeneratedContent- I e-MarketingPotpourri BayesianMethodsin Marketing
Management

Chair: ManishTripathi Chair: Umut Konus Chair: RefikSoyer
Chair:AurelieLemmens

MicrobloggingCharacteristicsand CustomerCo-Creationin HealthCare StudyingCross CategoryEffectsof
elV Megel usiR§ fGf'M Data: Branding Services:The Developmentof a Scale to Promotionsusing BayesianNetworks
alrat8§YaRg fGeleRtieRTacticwitR EserAygOn, Tolga Akcura MeasureCure and Care SrinivasPrasad
MarkeliR§fGOI Sarah Van Oerle, AnnoukLievens,
M8kf!tgAe8 A DiffusionModel of Microbloggingand DominikMahr The Driversof ProductModification

Branding Cycles A BayesianApproach
IncorporatingHistoryDependencein Tolga Akcura Methodsfor Simulation,Optimizationand TevlikAktekin,Goksel Yalcinkaya,
Modelsof CBA: AGeneralizationof the DigitalAttributionof Cross-media Sengun Yeniyurt
(M)BGINBDModel Effectsof Peer Opinionsand Customer MarketingSpend
Jos/Adler Opinionson CriticEvalualionsof Cultural MertBay A DynamicBayesianNetworkApproach to

Products MarketBasketAnalysis
ManagingChum to MaximizeProfits Xia Liu, PeterGolder, Jun Pang ConsumerImpalienceand Market BumsooKim
AurelieLemmens, SunilGup/a Structure The Case of Online Pizza

A ComprehensiveModel of Brand- Delivery Semi-ParametricBayesianModelsfor Call
The Effecta! Ser¥ic8 QYaht)'all CYsleFRer generatedand Consumer-generated Elisa Mon/aguti,FedericoRossi, CenterDemand
llfetim8ValY8 Communications Sara Valentini RefikSoyer, Francescaleva,

Manish Tripa/hi, DouglasBowman Murat Tarimcilar
Multi-TouchpointSegmentsin Relational
Contexts:A Real-timeExperienceTracking
Approach
Umu/ Konus, Emma Macdonald,
Hugh Wilson

TBOS - Montblanc TB06 - Monterosa1 TB07 - Monlerosa2 TB08 - Edelweiss

Marketingand PerformanceII Brandingand Firm Performance Two-SidedMarkets TARIFFS

Chair: XiaoyunChen Chair: Xueming Luo Chair: MasakazuIshihara Chair: ChristianSchlereth

Exploringthe DifferentIncarnationsof The Impactof Brand RatingDispersionon Chargingfor Ad Impacton Viewer BundlingConsumers:AStrategic
MarketOrientationin Contemporary Firm Value Experience:MarketplaceDynamicsand Rationalefor FamilyPlans
-BusinessModels XuemingLoo, Sasha Raithel, ParetoEfficiency Debu Purohit, PreyasDesai, BobbyZhou
Mikko Laukkanen,JohannaFrosen, MichaelWiles Valeria Montero, Eric Bax
Esa saarelainen Play it Save: CcnsumerChoiceunder

CorporateSocial Performance,Brand ContentQualityin Media Markets Four-partTariffswith Ccst Caps
Too Much of a Good Thing: How Does Equity,and ShareholderValue Taytan Yalcin, Elie Ofek, DavidGodes PhilipKoehler, Jan Kraemer
Good ReputationAffecta Firm's Market SaurabhMishra, Sachin B. Modi
Value? Daily Deal Websitesin Marketswith ProfitMaximisingCcntractPlans
M. Berk Talay, BillurAkdeniz Brand Analysisand Strategyfrom Online AsymmetricInformation ChristianSchlereth,Siham EI Kihal

Chatter TansevGeylani,Mark Bender,
When Does DistributionDefyScale?An SeshadriTirunillai,GeraldJ. Tellis EstherGal-Or
Examinationof Retail,Wholesale,and the
PerformanceDitch Disclosureof AdvertisingExpenditure:An Two Sided Piracy
Can Uslay, EkaterinaKamiOllchina Indicatorof BusinessStrategy MasakazuIshihara, Eilan Muller

LeighMcAlister,Niket Jindal,
When Does Imbalancebetween AlbertA. Cannella,Jr., Raji Srinivasan
ExplorationAnd ExploitationEnhance
Performance?A ContingencyView
XiaoyunChen, Jie Wu, May Wang



2013 INFORMS Marketing Science Conference

Thursday, July 11 th
, 2013 10.30-12.00 (TB)

TB09 - Mimosa TB10- EMBA 1 TBll- EMBA 2 TB12 - Geneve

EventMarketingand SportSponsoring BrandStrategy ChoiceModelingin Retail Settings Promotion

Chair:Vijay Viswanathan Chair: ValentynaMelnyk Chair: KathrynSharpe Chair: SerdarSayman

Sponsorshipvs. Ambush Marketing- A An Assortment-CentricApproachto An Analysisof AssortmentChoicein A New Mechanismto Understand
Field-ExperimentalComparisonof ManageBrandsunder CompetitiveSet GroceryRetailing ConsumerRedemptionBehavior
CommunicationEffectiveness Variation KyuseopKwak, SriDuwuri, Gary Russell KissanJoseph, Zelin Zhang, MinghuiMa
Regina-ViolaFrey, DirkZupancic, PiyushKumar, Mayukl1Dass
MarkusSchwarzer,MarionBiittgen An EmpiricalAnalysisof Consumer DesigningMulti-brandPromotionsas

Co-Creationin CorporateRebranding Search Behaviorin the U.S. Retail CommercialInnovations
Does Winning Lead to Cross Promotion? Polina Landgraf BankingSector Jochen Reiner, ManinNatter
Doug J. Chung MariaAna Vitorino, ElisabethHonka,

Brand Consistencyin Consumer Ali Honacsu Measuringthe Effectof Cross
The Long-termEffectivenessof PackagedGoods Promotions:The Case of the Motion
SuperbowlAdvertising HarryAntonio,DouglasBowman When FranchiseeEffortAffectsDemand: Picture Industry
Vijay Viswanathan An Applicationto the Car RadiatorMarket BharatSud, Salma Karray,

Effectivenessof DifferentBrand TongilKim KamalSmimou
PositioningStrategiesacrossthe World
ValentynaMelnyk, Yvonne van UnderstandingConsumerResponseto ATheoryofRetailerPrice Promotions
Everdingen,Ralfvan der Lans Within-ChainPriceShock using EconomicFoundations

KathrynSharpe, Oded NelZer. Kun Jetta
JoelHuber

Buying Repeatedlyor Using for a Long
Using In-storeVideo and RF ID Tracking Time? Price and Non-pricePromotion
to ExplicateUnplannedConsideration Effectivenesson Hedonicand Utilitarian
and PurchaseConversion Products
JeffInman, Yanliu Huang, Sam Hui, SerdarSayman, Selin Erguncu
Jacob Suher

TB13 -luzern TB14 - Zurich

ManagingOnlineOperations InnovationManagement

Chair: KittyWang Chair: P.V. (Sundar)Balakrishnan

Familiaritywith Destinationand StrategicallySequencingMajorand Minor
InformationRequirements. Criteriafor Innovations
Hotel Websites'Design TimothyHeath Tl10rstenHennig-Thurau,
Ruben Huenas-Garcia,Juan-Carlos Bruno Kocher, Max Chauvin, Subimal
Gazquez-Abad,Irene Esteban·Mil/at, Challedee,SumanBasuroy
FranciscoJ. Man/nez-Lopez

A Demand-SideFrameworkfor
RetailerReturn Management:Combining IncumbentInertiaand Innovativeness
Productand CustomerInformationto JonathanBohlmann,Francisco·Jose
MaximizeProfit Molina-CaS/ilia,Jelena Spanjol,
Siham EI Kihal, ChriS/ianSchulze, MichaelStanko
BerndSkiera

Why PeripheralInnovationsMay Have
Social Media MarketingTrends in Turkey: HigherAdoptionIntentionsthan Core
A ProfileAnalysisof TurkishCorporations Innovations
Mina Seraj, AysegulTaker Tripat Gill, ZhenrengMa, Ying Jiang

Task FacilitativeTools and ChoiceGoals: Waitingfor the iPhone?Production
A Process-viewStudyof e-Stores ConstrainedDiffusionof Innovation
PrilllwirajNaUl, Sal/yMcKechnie P. V. (Sundar)Balakrislman.

Surya Pathak
Understandingthe Valueof Online
Channels:An Investigationof the Online
vs. Offline Interactions
KittyWang, AviGoldfarb



2013 INFORMS Marketing Science Conference

Thursday, July 11 th, 2013 1.30-3.00 (Te)

TC01 - Montreux TC02 - Lausanne TC03 - Bern TC04 - Monch

ProfitableModelingof the Customer User-GeneratedContent- II Social Media Marketing ModelingFacialExpressionin
Database Advertisingand Media

Chair: Chun-YaoHuang Chair: Wei Zhang
Chair:Arnaud De Bruyn Chair: ThalesTeixeira

A Studyof the Effectof Online Review ,A, OimensionalOynamicFactor
ImprovingDecisionTree Segmentation Rewardon InformationRichnessand M<:lGel fgr DI§ltalMarketing InferringViewer'sPreferencestoward
throughLeaf Modelingfor Direct SentimentExpression Harpreet;;;ingh,Nitln Oas, PrasaG Naill Ads through Facial Expressionand Eye
Marketing Lu Wang, JingwenChen, Shan Zilao Gaze
KristofCoussernent Social-mediaExperimentfor Developing Li Xiao, Min Ding

Impactof MonetaryReward Program on MarketingStrategyof Old MediaAgainst
ModelingUnobselVedDrop-outRate to Consumers'Online ProductReviews New Media Face-TrackingRecommendationSystem
Optimizee-PanelistLifetimeValue Jun Pang, LingyunQiu AkihiroInoue, Kihiro Nishimoto, Applied to ComedyMovieTrailers
Alina Ferecatu,ArnaudDe Bruyn, Al5uhikolino Xuan Liu, Michel Wedel, Thales Teixeira
Prithwira}Mukherjee Nai\'e <:lr CreGis'e are Online

fgr CrBGenee;,ef¥lces? Social Media Marketingand Consumer Why, When and How Much to Entertain
PredictingMusic Rank and Sales using SIJalmenLamlj', KatJleriReSlell'.JI1, Demand:A Field Experiment Consumersin Advertisements?A
Big Social Data Reee6fi3Nalf/i'len ShiyangGong, Juan}uanZhang, Yuba WebbasedFacialTrackingField Study
William Rand, DerekMonner, Chen, Ping Zilao, Xuping Jiang Pana Turcot, Thales Teixeira,
Yogesh V. Joshi Predictingthe Co-evolutionof Digital RosalindPicard, Rana el Kaliouby

Contentand Its ConsumerGenerated CrisisManagementin Social Media Era -
BayesianProfilingof Customersusing Reviews The Mechanismof PR CrisisDrivenby Applicationsof Face-Trackingin Industry
Census Bureau Data Chun-Yao Huang Weibo Jay Turcot
ArnaudDe Bruyn, Thomas Otter Wei Zhang, Cheng Zilang

TCOS - Montblanc TC06 - Monterosa1 TC07 - Monterosa2 TC08 - Edelweiss

Marketingand PerformanceIII New Frontiersin ConsumerHeuristics Marketingfor the GreaterGood Willingnessto Pay

Chair: ChristineMoorman Chair: Joseph Goodman Chair: Gauri Kulkami Chair: RobertWilken

MarketOrientation-CorporateBrand Co-Chair:Selin AMalkoc MemoryImperfeclionsand Messaging Are PeopleWillingto Pay More for Social
PerformanceRelationshipin IndianB2B Strategy Goods?AMeta-analysis
Firms ABayesianAnalysis Giving it the Benefitof the Doubt? When RaghunathRao, Om Narasimlwn, Russ Winer, StephanieTully
SubhashishChakravarty,SoumyaSarkar No-reviewis a Good-review XiaolinLi

SelinA. Malkoc, Simona Botti, Ayelet Shadesof Love: Effectof Ownership
Competingon Sustainability Gneezy UnderstandingChoice Behaviorin Type on ObjectValuation
SustainabilityAttributesand TheirEffect PoliticalMarketingContext: AFavorable Charan Bagga, Neil Bendle, June Calle
on Performance One of Each VarietySeekingto Avoid Voter ResponseModel
OmarRodriguez-Vila, SundarBharadwa} Choice Difficulty OguzhanAygoren,Cengiz Yilmaz The Impactof Stressand Level of

JosephGoodman, Kathleen Vohs Construalon Willingnessto Pay
ConfiguringMarketingCapabilitiesfor Any News is Good News: The Impactof Erik Maier. Robert Wilken
SuperiorFirm Performancein Different The Effectof ProductShape Closureon Enduringand SituationalInvolvementon
BusinessContexts Size Estimalions,Preference,and CharitableGiving The Influenceof Uncertaintyon
MalUJaakkola,JohannaFrosen Consumption J. AndrewPetersen, Tarun Kushwaha Willingness-ta-payand Willingness-to-

Barbara E. Kahn, Julio C. Sevilla pay Ranges
What Doesn'tKill You MakesYour Brand ReverseUse of CustomerData - RobertWilken, Erik Maier
IntroductionStrategyStronger:Why The WilliA§nessIe Harnessingthe Powerof CustomerData
Firms Benefitfrom Adversity for the Benefitof the Customer
ChrisUneMoorman, StavRosensweig, olthe ;,elfanGPreferenees<:If Others GauriKulkarni,Hannu Saarijarvi,P. K.
Vivian Yue Qin, AmirGrinstein Qem:1iII... Ranft)'51(1)11, Kannan, Hannu Kuusela

7+1ema5 P. Nevak



2013 INFORMS Marketing Science Conference

Thursday, July 11 th
, 2013 1.30-3.00 (Te)

TC09 - Mimosa TC10 - EMBA 1 TCll - EMBA 2 TC12 - Geneve

Advertising,Ethicsand Culture BrandDepth and Brand Crisis CustomerLoyalty Meet the EditorsI

Chair: Kim Serota Chair: Yuxuan Zhang Chair: SudhirVoleti
Editorsof leadingjournalsfor marketing

ReligiousOrientation:How Do Religious Understandingthe StrategicImplications LoyaltyPrograms:Reward or Rip-{)ff? academicswill presenttheireditorial
Beliefsand GenderInfluenceWhat we of Brand Depth and Breadth PeterDanaller,LaszloSajlOs policiesand perspectives.The following
Buy? Jolln Roberts, Pam Morrison, editorsare represented:Marketing
SridllarSamu, MelarkodeG SonglingDong New Insightson the Relationshipbetween Science:PreyasDesai; Journalof
Parameswaran CustomerSatisfactionand Loyalty MarketingResearch:Bob Meyer, Journal

The Role of Brands in ExtendedService NadineScllirmer,ChristianRingle of Marketing:Jeff Inman;Journalof
Marketingof Halal Food and Shopper Contract(ESC) PurchaseDecisions ConsumerResearch: Brian Ratchford;
Behaviorin Germany:An EmpiricalCase Moein KllanlaliLarimi, Paul R. Messinger PresentLoyalty Theoryand a Behavior- ManagementScience:Kannan
Studyon EthnicMarketing Based MeasurementMethod Srinivasan.
Volker Trauzettel Brand Equityas a Mediatorof the SongtingDong, Ping lllao, Deqianglou,

CorporateSocial Performance- MinDing
Truth Bias and the Detectionof Marketing CorporateBrand PerformanceLink
Deception Nima Mellrafs/lan,AlexanderPermann, PredictingCustomerValue and e-£hannel
Kim Serota, TimotllyLevine Mark Heitmann Dispositionfrom Cross-sectionalSurvey

Data
Studyof the HeterogeneousImpactof SudllirVoleti, SundarBharadwaj
Product-harmEventson Brand Equity:
Findingsand Implications
Yuxuan lllang, KristiaanHelsen

An Investigationof ConsumerResponses
to Global Brand Crisis
Lianxi lllou, Alain D'Astous

TC13 - Luzern TC14 - Zurich

Advertisingand PriceSensitivity SustainableInnovation

Chair: Shuba Srinivasan Chair:HosseinEslami

PriceAdvertisingOfflineProductswith SustainabilityOrientation: Driversand
OnlineCompetition Innovationand PerformanceOutcomes
Ying Xiao, Bing Jing RosannaGarcia, Scott Dacko,

MariusClaudy, Sarall Wilner
AllocatingSpend on DigitalDisplay
Advertising:InvestigatingAttributableROI CulturalInfluenceson the Usageof
Nazrull. S/laikll,Niva Sllrestlla, ReusableProducts:A Cross-country
MallimaHada Analysis

Myung-SooJo, Rong Huang,
Advertising'sImpacton Price Sensitivity: Emine Saligollu
How Do the Brand'sMindsetMetrics
Matter? Social Responsibilityand Product
SllubaSrinivasan,Berk Ataman, Innovation
Koen PaulI€ls,Marc Vanheule Ganesll/yer,DavidSoberman

The Whole-numberProcessingBias: StructuralModel of New Technology
InvestorSentimentsand ChangingStock Adoptionwith UncertainPayoff:The Case
Prices of Solar Panels
AsllwinMalslle,SubimalChatterjee HosseinEslami, TricllyKrishnan,

SurendraRajiv



2013 INFORMS Marketing Science Conference

Thursday, July 11 th
, 2013 3.30-5.00 (TO)

TOOl - Montreux TD02 - Lausanne TD03 - Bern TD04 - Monch

CustomerBase Analysis User-GeneratedContent-III SocialMedia Panel Session:Modellingthe Behavior
of DecisionMakers:StructuralModels,

Chair: Shanfei Feng Chair: Daniela Baum Chair: David Schweidel Agent-BasedModels,Bayesian
Modelsand Beyond

Since You Have Been Gone - Customers Using UGC Trafficfor PGC Monetization The Art Marketingand Art Management
Win-back InyoungChae, PaddyPadmanabhan. Adaptingthe MathematicalModel of the Moderator:RosannaGarcia
Ann-ChristinLangmaack,Michel TheodorosEvgeniou, KaifuZhang Hit Phenomenon
Clement. Edlira Shehu Kawahara Yasuko, IshiiAkira Modellingthe Behaviorof Decision

Managingthe Crowd: Prize Structureand Makers:StructuralModels,Agent-based
CustomerBase Analysisin Social Creativityin OnlineIdea Generation Is a 'Social'Media FutureAnti-Social? Models, BayesianModelsand Beyond
Networks:A StructuralModel Contests Mark Kilgour, SheilaSasser, Chelsea Panelists:RosannaGarcia, Tulin Erdem,
Xi Chen. Ralf van der Lans, Michael Johanna5101, Raji Srinivasan. Lockwood Eitan Muller, PeterFader
Trusov Stefan Wuyts

An EmpiricalInvestigationof Interaction Investigatingthe Interplaybetween
betweenVerticallyDifferentiated OnlineConsumerReviewsand
Channels:Case of FactoryOutletStores RecommenderSystems
and Retail Stores Daniela Baum, MartinSpann
Gonca Soysal

Get Lapsed Donors Back: Assessing
MarketingEffectivenessin Post-
TerminationStage
ShanfeiFeng

mos - Montblanc TD06 - Monterosa1 TO07 - Monterosa2 TD08 - Edelweiss

EmergingMarketsand Beyond OnlineConsumerBehavior MarketingMetrics Dynamic Pricing I

Chair: PatrickPoon Chair: Selin Gennirti-Yerebakan Chair: Ofer Mintz Chair: Lu Qiang

Impactof the NegativeOnline Reviews A DynamicMultilevelStructuralEquation AdvanceSellingWhen Consumersare
'4;;1;, Celi./lab'EVC'R§f!1i51il on ConsumerPurchaseIntention:Based Model of Key PerformanceMetrics Heterogenous

on the ProductInformation JoonwookPark, SeoilChaiy, Seokoo Xubing Z/lang, Yulan Wang, Bo Jiang
How Consumers'SubjectiveKnowledge Jing Qiu, Yan Xinliu Lee, WilliamDillon
ShapesPreferencesin an Emerging AdvanceVersus Spot Sellingwith
Market:The ChineseCar Market A Studyof the Effectivenessof Online Contributionsof Quantityand Qualityof ConsumerAnticipation
Lixian Qian, DidierSoopramanien Scarce Promotion-Comparisonof MarketingExpenditureson Firm Rajiv Sinha, FernandoMachado

Plannedand UnplannedBuying Perfonnance
Countryof MarketEffect in China XiS/lUZ/leng, Nian Liu, Li Zhao Eric Eisenstein,George Chressantflis DynamicPricingof SeasonalGoods: An
Shenyu Li, Rong Huang, EmpiricalInvestigationinto OptimalPrice
Siva K. Balasubramanian Social ShoppingMotivation:An InternationalManagersMetricUse: Paths

ExploratoryStudy Antecedents,Consequences,and ShantanuMullick, NicolasGlady
ConsumerAnimosityand Brand Country SelinGermirli·Yerebakan Contrastswith U.S. Managers
Association:A Studyof Chinese OferMintz, Imran Currirn DynamicPricingwith EvaluationCost
Consumers Lu Qiang, Wei-yu Kevin Chiang
PatrickPoan, LianxiZhou, Chun Zhang There is No SingleBest Measureof Your

Customers
Evertde Haan, Peter Verhoef.
Thorsten Wiesel
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TO09 - Mimosa TOl0 - EMBA 1 TDll- EMBA 2 T012 - Geneve

AdvertisingCreativityand Ad Content Brand Equityand Brand Performance CustomerSatisfaction Meet the Editors II

Chair: Leo Paas Chair: NatalieMizik Chair: EdwardMalthouse

How AdvertisingCreativityInteractswith Brand EquityEstimationModel: An A Meta-analysison Findingan Adequate Editorsof leadingjournalsfor marketing
Brand Strength:A Field Study and Eye Integrationof Consumerand Financial CompensationType for Recoveringfrom academicswill presenttheireditorial
TrackingExperiment Perspectives a(Service)Failure policiesand perspectives.The following
ScottKoslow, Al1medAI-Sl1uaili, Marta OliviaRovedderde Oliveira, HolgerRoscl1k, Kalja Gelbricl1 editorsare represented:Quantitative
Mark Kilgour, Sl1eilaSasser Cleo Silveira,FernandoLuce Marketingand Economics:Sridhar

Do CustomerSatisfactionRatings Moorthy; InternationalJournalof
Applicationof ElaborationLikelihood Mergersand Brand Equity:A Quantitative Mattei'? Research in Marketing:Eitan Muller;
Model to SingleSource Data to Forecast Analysisof Strategicand Efficiency Jihoon Cho. AnochaAribarg, Joumal of Retailing:Praveen Kopalle;
BehavioralTransition Motives PuneetManchanda Joumal of Service Research:Roland
SatoshiNakano, FumiyoKondo Yanlai Chu. JunhongChu, Hongju Liu Rust.

Firms Costsand CustomerSatisfaction
FashionFollowersPreferModerately The FinancialPerformanceImpactof RajdeepGrewal, Kapil Tuli
Thin Models: Moderatingthe Quadratic CustomerMindSetBrand Equity Only
Effectof Model Body Size 10% is Current-yearand 9001. PerceptionsAre Relative:Relationship
Leo Paas, DeniseM. Janssen NatalieMizik between RelativeSatisfactionMetrics

and Shareof Wallet
EdwardMalthouse,LerzanAksoy,
AlexanderBuoye, BruceCooil,
Arne DeKeyser, Tim Keiningham,
BartLariviere

TD13 - Luzern T014 - Zurich

Measurement Innovationand Competition

Chair: ThomasReutterer Chair: Sue Ryung Chang

MarketingResearchusing IVR vs. Effectof New ProductIntroductionand
Human Operators:An EmpiricalAnalysis Cannibalizationfor Multi-Brand
SergioMeza, AndresAcevedo, Companies
Patricia Ross Xin-Yu lou, Rene Aigesheimer,

Florian Stahl
Using Pre and PostAttitudinalData to
ExploreLeamingin Instructional Qualityand QualityClaims:The Impactof
MarketingGames Competitionand the Cost of Overstating
LarryGarber, UnalBoya, BibekBanerjee Quality

PraveenKopalle, Don Lel1mann
lOstiR'latienef A..-sFa§eTFflatR'lentlOffests
YSln§ Panel Data: Themy and Alllllisatien Timingof New ProductRelease in the
Kall1y Li, Da'lidR. Bell Presenceof Competition

MahmoodPedram
StructuralModelingwith Graphical
Models Repositioningby Relaunch:How Does
TllOmas Reutterer,Kathrin Gruber RelaunchAffectConsumerPerception&

IntemalMarketStructure?
Sue Ryung Chang, Tulin Erdem
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Friday, July 1ih
, 2013 8.30-10.00 (FA)

FA01 - Montreux FA02 - Lausanne FA03 - Bern FA04 - Monch

Mobileand Social Networks OnlineAdvertising StrategicConsumerand Firm OptimalPricingDecisions
Decisionsin OligopolisticMarkets:

Chair:Manish Gangwar Chair: MichaelaDraganska Session1 Chair: Yesim Orhun

Pro-SocialBehaviorin MobileNetworks The Effectof Online BannerAdvertising Chair: StephanSeiler CountercydicalPricing:A Consumer
JaysonJia, JianminJia, XianchiDai on OfflineSales HeterogeneityExplanation

Lara LobschatWemerReinartz, Co- Chair: Ahmed Khwaja AliUmul Giller, KanishkaMisra,
A StructuralModel ofUserLearningand ErnstOsinga Naufel Vilcassim
Multi-categoryUsage for Mobile Social A DynamicEquilibriumAnalysisof Firm
NetworkApplication ADynamicModel for DigitalAdvertising: Expansion,Productivity,and Market Asymmetriesand Dynamicsof Cost Pass
Dai Yao, Heman Bruno, LizhenXu The Effectsof Ad Formatsand Message Structure through in the U.S. Milk

Content Ahmed Khwaja, Jason Blevins, KanishkaMisra, Romana Khan,
MobileTelephonePricing:Contrasting NorrisBruce, B.P.S. Murlhi, Ram Rao Nathan Yang VishalSingh
India with USA
Manisl!Gangwar, HemantBhargava Beyond the Last Ad: Attributionin Online InnovationEquity The Valueof Price Information:The Case

Advertising Ron N. Borkovsky,Ron Goetl/er, of ItalianHighways
Ron Berman AviGoldfarb,Brett R. Gordon FedericoRossi, Pradeep K. Chinlagunta

Intemetvs. TV Advertising:A Brand- ObliviousEquilibriumfor Concentrated New Service-dassIntroduction:What
BuildingComparison Industries PriceTakes-off?
MichaelaDraganska,WesleyHartmann PrzemyslawJeziorski,C. LanierBenkard, Yesim Omun

GabrielY. Weintraub

FAOS - Montblanc FA06 - Monterosa1 FA07 - Monterosa2 FAOS - Edelweiss

Pricing in the Channel ContextDependentChoices HealthMarketingI DynamicPricingII

I Chair: ChunmingShi Chair: Liang Guo Chair: SachikoOhno Chair: Aras A1kis

DistributionChannelPricesand Pass- How NumericFramingAffectsRisk The DynamicImpactof Nutritional DynamicTargetedPricing
Throughwith Reference-<lependent Perceptionsand BehavioralIntentions Innovationson HealthyFood Sales Chuan He, Dan Zhang
Demand Nevena Koukova,JoydeepSrivastava MarcelKomelis
Heman Bruno Seasonalityin DynamicConsumer

Please Don'tTell Me, I Don'tWant to The Effectivenessof the TobaccoDisplay InventoryModels
A StructuralModel of Priceand Inventory Know it in Detail - Framingand Ban in Canada:A Field Study AveryHaviv
CompetitionbetweenAutomobileDealers Perceptionof Incr-;asedPrices SrabanaDasgupla, Tirtha Dhar
S. Siddarth,JorgeSilva-Risso,Dinakar Timo Zagel, MartinaSteul-Fischer How ConsumerResponseTo Changing
Jayarajan The Ideal Beauty Effecton the PricesVary With RegulatoryFoci: Loyals

ChoiceOverloadProblemunderContext OverweightEpidemic- Theoryand vs "Loyals"
Quantityand Price ComeptitionBetween DependentPresences Evidence ArasAlkis
AymmetricChannels NamilKim, Wonjoon Kim DanielShapira,AmirHeiman,
ChunmingShi Oded Lowengart

ContextualDeliberationand Preference
PenmiiGltyoW2riGiAgami Marketing Construction An Emotional-PsychologyApproach to
[CffgFts IA a Gi:laAAel Liang Guo Explanationof Adoptionof High-risk,High
Salma InvolvementService

SachikoOhno, AkihiroInoue

\Nhat gg We KoowaooijtIhe Food We
Are [CatIAg? The [cffeGll'/eAe55of

LailelliA§
SatileesIJSesAi\asaA, Df1AwlieTllemas
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Ad Targetingand Shared Brandingand ConsumerBehavior Group and ContextEffects in Choice DecisionMaking
Consumption Modeling

Chair: Esra Arikan Chair: Silu Yu
Chair: SebastianoDelre Chair: SotaroKalsumata

How Fans' Engagementinto Facebook Cross-culturalDifferencesin Price
Retargetingas Mean to Speed up Online Brand Fan PagesInfluencestheir IncorporatingGroupand Individual Search Decisions
ShoppingMomentum BehaviorsTowardsBrands? Dynamicsin Group Choice Models SuppakronPattaratanakun.VincentMak
IsabelleKes. DavidM. Woisetsehlaeger. LaurentFlores. Karine Rai"es Sam Riethmuller.Ujwal Kayande
ChristofBackhaus. ExploringContextEffectswith Consumer
Alexanderfiling Mere-alignabilityof AlphanumericBrand ANew Model of ContextDependent MindsetData AcrossCultures

Names: When Exposureto Mercedes Choice Selin frguncu
Cookies'Best Before End - The Impact AffectsChoicebetweenBMWs PrithwirajMukherjee,Ayse Oncufer
of Cookie Deletionon Advertising Berna Devezer. KunterGunasti ProjectionBias in the Car Market
Effectiveness ATwo-stageDecisionModel of Mobile JorgeSilva·Risso, Devin Pope,
Alexanderfiling. IsabelleKes. CategoryVarietySeekingand Brand Phone Choice: ASocial Networkand Jaren Pope. Meghan Busse
DavidM. Woisetsch/aeger VarietySeeking in the US SnacksMarket ServicePerspective

BPS Murthi. Ram Rao. Marina Girju Yuho Chung. JianminJia An EmpiricalStudyof the Positiveand
MeasuringAttentionto Advertising:A NegativeEffectsof OnlineService
Comparisonof Gaze Durationand Expandingthe Boundaryof Brand RandomRegretMinimizationfor Guarantee
Durationof Page Exposure ExtensionsthroughBRQ: The Influence ConsumerChoiceModeling:Assessment Silu Yu. XueniLi. XiaolingLi
Kaye Chan. Mark Uncles of Styleof Thinking ofEmpiricalEvidence

fsra Arikan Thijs Dekker. CasparChorus
Let'sGo Together:Modelingthe Effects
of SharedConsumptionExperienceon The ModeratingEffectof Customer The ExperientialSet Choice Model Based
the Successof Movies Engagementon the Brand Image - on a HeterogeneousKnowledge
SebastianoDe/re. Thijs Broeklwizen. CustomerEquity Relationship Structureof Consumers
Tammo Bijmo/t GoetzGreve. Katrin Hinkelmann Sotaro Katsumata.MakotoAbe.

AkihiroNis/Jimoto

FA13 - Luzern FA14 - Zurich

Financeand MarketingI: The Team New ProductAdoption

Chair: StefanWorm Chair: EmmanuelleLe Nagard

The Role of CEOs' Self-regulatory Adoptionand Rejectionof New
Orientationin Defininga Finn'sBusiness ConsumerDurables:A Goal-Directed
Perfonnance Approach
Johanna Friisen. Cecile Cho Remco Prins. Ruud Frambach

of Middleness:The Moderating ConsumerDisadoptionof Old
Role of CEO Attributes Technologies:The Case of Fixed to
Xiaoyulhou, XiaomengDu Mobile Substitution

Ralitza Nikolaeva
The ProductivityTrap: Punishingthe
CMO for SatisfyingCustomers How to Sell SmartGrid Appliances:
Ming-HuiHuang Addressingthe RightNeedsof Decision-

Makers
The Value Relevanceof Top BenediktROmer, PhilippReichhart.
ManagementTeam MarketingAttention Arno/dPicot
Stefan Worm, Jialie Shen. Sundar
Bharadwaj The Resistanceto the Adoptionof a New

Sales Force AutomationSystem
fmmanuelleLe Nagard. Niek Althuizen
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, 2013 10.30-12.00 (FB)

FBOl - Montreux FB02 - Lausanne FB03 - Bern FB04 - Monch

Social,Mobile,and Local OnlineWord-of-Mouth StrategicConsumerand Firm OnlineMarkets
Decisionsin OligopolisticMarkets:

Chair: PeterPal Zubcsek Chair: Liwu Hsu Session2 Chair: Avi Goldfarb

Mobile Targeting How Timing, Location, GeneralizedModel of Advertising: Chair: PrzemyslawJeziorski How Do ConsumersSearch for Products
and PersonalizationMatter IncorporatingElectronicWord-of-mouth on the Internet
MichelleAndrews, Xueming Luo, Into AdvertisingModel Co- Chair: Ahmed Khwaja Chris Nosko
C!Jee Wei Phang, Zheng Fang Yana Ponomarova,NicolasGlady

Firm Learningand EquilibriumSelection: AdvertisingSpillovers:Field Experimental
Effectivenessof Location-Based Birth and Death of eRumors An Applicationto Retail Price Competition Evidenceand Implicationsfor Returns
Advertising:A RandomizedField Yutaka Hamaoka in the Milk Category from Advertising
ExperimentComparingPC with Mobile Brett R. Gordon, Ron N. Borkovsky NavdeepSahni
DominikMolitor, AnindyaGhose, The Effectof GrouponDeals on Online
Martin Spann, PhilippReichharl Word of Mouth Free to Choose? Reform and Demand PricingOnlineContent:Fee or Free

Yue Wu, KaifuZhang, Yakov Bart, Responsein the EnglishNationalHealth Anja Lambrecht.KanishkaMisra
Social and LocationEffectsin Mobile TheodorosEvgeniou, Service
Advertising PaddyPadmanabhan StephanSeiler, Martin Gaynor, Is Crowdfundinga MarketingTool or a
PeterPalZubcsek,Zsolt Katona, CarolPropper FinanceTool
MiklosSarvary Online Word-of-Mouthand Firm Value AviGoldfarb,AjayAgrawal,

During a ProductRecallCrisis Retail Entry in a Multi-brandEnvironment: ChristianCatalini
Liwu Hsu, Shuba Srinivasan EmpiricalAnalysisof CrosHhannel

RevenueEffects
ScottShriver, Bryan Bollinger

An EquilibriumAnalysisof the Effectof
ConsumerBrand Equityon Firm Brand
Profitability
Raj Sel/wraman,RichardBriesch,
William Di/lon

FB05 - Montblanc FB06 - Monterosa1 FB07 - Monterosa2 FBOB - Edelweiss

Advancesin RetailingI Attention,Memory,Learning HealthMarketingIt PriceCompetitionI

I Chair: RajivLal Chair:Andres Musalem Chair: Hongju Liu Chair: Sofian Bahani

Why Superstores? How BusinessCyclesAffect the CognitiveDissonanceand Price
Hyoung·GooKang, HaileyHayeonJoo !he :ileleGtioRof a OR a :ileafGR HealthcareSector:A Cross-country Competition

ER§iRe Result l2a§e Investigation HuihuiWang, WilfredAmaldoss
InternetDependencyand Intentionto Tami/raAl/seRs,NerlJOIiS€RW,lfl Jan Meyer. KathleenCleeren,Lien
Shop on Bricksand Mortar:The Lamey, Ko de Ruyter FatteningCompetition
MediatingRole of Attrtudes On the CognitiveSearch for Consumer Paul Dobson, Eiran Gerstner,
Hela Ayed, Leila Cham, Ben GIJacham, Preferences:IntegratingEye-Tracking Is UniversalHealthcareUniversally JonathanSeaton, Raulla Chakraborty
MohamedNabilMzoughi and Electroencephalogram Good?

Chelsea Wise, Rami Khushaba, Sriram Venkataraman,V. Kumar, ProductRecommendationsand Price
Cafe§eryKiliefSal the Brink Sarath Kodagoda,Jordan Louviere J. AndrewPetersen Competrtion
Rilji" ial. Jess AI\Ii!fel SofianBahani, SkanderEssegaier

Is it Now or Never?Limits to Inductive OnlineHeallh Management:AStudyof
DynamicTime Warpingfor Retail Trends Leaming in ConsumerDynamic Patient-physicianCommunicationvia SelfsSP'iR§ BSRavieriR PRse
Ozden GurAli, He Pinar JudgmentTasks Social Media

RobertMeyer, Jeff(Cexun)Cai, PhylisMansfield,Mary Beth Pinto D,!'1'ell-lalbheer,MarGO BerliRi,
Price Formatsand the Successof Store J. WesleyHutchinson Oded Kool1igsveFfj
Brands:The MediatingEffectof Trustand Skepticismand Credulityin the Marketfor
Fairness ExperientialQualityLearning in HealthcareServices
SudiptRoy. SridharSamu, SheikhaAlia ConsumerBrand Choice Eric SchmidbBuer,DmitryLubensky

Suman Ann Thomas, Jiang Zhiying,
SurendraRajiv The Path to Drug Choice: Paved with

Promotionor Persistence?
The Importanceof Featureand Object Niels Holtrop,Jaap Wieringa,
Fixationsin Choice-basedConjoint MaartenJ Gijsenberg,Philip Stem
Analysis
AndresMusalem,MartinMeissner,
Joel Huber
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Media Channels LongtermEffectsof Branding ChoiceModel Designs InformationAsymmetry

Chair:TiffanyTing-Yu Wang Chair: Cem Bahadir Chair: Fred Feinberg Chair: Pinar Karaca-Mandic

Are Small Media Under-Utilized? ConsumerChoiceand Brand A MonteCarlo Studyof Design Optimal Incentivesin Cross Selling:An
SteffiFrison. PeterDe Maeyer. Perfonnanceunder the WIC Program: Proceduresfor the NonparametricMixed EconomicApproach
ChristopheCroox, Mamik G. Dekimpe Short-tennversusLong-TermEffects Model AndreDecrouppe

Romana Khan, SanjayDhar, Ting Zhu AndreasFalke, HaraldHruschka
OptimizingCrossChannelMedia ConsumerPreferencesfor Ambiguity
Decisions:An EmpiricalROI Comparison Role of Predispositionand Infonnationon EstimatingIndividual-LevelChoiceModel overTime
Justin Kim, Ryan Stewart ConsumerChoiceand EquilibriumMarket Parameters:AComparisonof Ayse Onculer, YuanyuanLiu

Price EconometricApproaches
Directand IndirectEffectsof PrintMedia Onesun Yoo, RakeshSarin AndreiStrijnev,SeethuSeetharaman SignalingEffectsof Critics
CovertAdvertisingon Salesof Consumer DanielKaimann, Joe Cox
Durablesin China Short Life Cycleof an Experience HabitualChoiceand Model of Dynamic
Xia Wang, Lily Dong, ChunlingYu Product'sLong Life: A Bayesian Screening The Role of Agents and Brokers in the

Approachvia SignalingStrategy HyeyoongYoo, JaehwanKim Market for Health Insurance
Impactof Goal Orientationand GokselYalcinkaya,TevfikAktekin PinarKaraca-Mandic,RogerFeldman,
InlerpersonalConnectivityon Social EvaluatingEfficienciesof ConjointChoice PeterGraven
Media Advertising AcquiringPortfoliosof Customers, ExperimentDesigns
TiffanyTing-Yu Wang Brands,and TechnoJogy:When Do They Elina Tang, StefanieBiederman,

Pay-off? Min Yang
ORliRe fer FlealthaRG MeGiGal Cem Bahadir,SundarBharadwaj
IRfermatieR:\0lJ:latMakesit Mere sr Less Correctingfor CovertSelection
bikeJf) Processesin ConsumerEvaluations
Tuck Sieny GRfJAg Fred Feinberg, Yuanping Ying, Linda

Court Salisbury

FB13- Luzem FB14 - Zurich

Financeand MarketingII: Market Organizingfor Innovation
Assets

Chair: Hyun Jung Lee
Chair: AlexanderEdeling

The Impactof CorporateOwnershipon
How Do Stock-marketSentimentsAffect Innovation
ProductCategoryDemand?Case of SourindraBanerjee, JaideepPrabhu,
Organicand VirtueProducts GeraldJ. Tef/is
JaakkoAspara, Xueming Luo,
AshishKumar Firm Decentralization,MarketResearch,

and ProductProliferation
CustomerSatisfactionand The Cost of VincentMak, NektariosOraiopoulos,
Capital JochenSchlapp
MartinArtz, Marwan EI Chamaa, Holger
Daske Optimal IntroductionSequencefor a New

ComponentTechnologyacrossthe
Disclosureof CustomerMetrics,Analysts' ProductLine
Behaviorand FinancialPerformance Ivan Guitart GuilhermeLiberali,
Kapil TU/i, BerndSkiera, EmanuelBayer StefanStremersch

Marketing'sImpacton Firm Value - What BuildingValueCreationCapabilitiesand
DoWeKnow? its Impacton NPD Outcomes
AlexanderEdeling,Marc Fischer Hyun Jung Lee, Jae H. Pae

UnderstandingPrice-lo-eamingsRatios
of High-growthFinnswith Customer
Metrics
EmanuelBayer, BerndSkiera
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, 2013 1.30-3.00 (Fe)

FC01 - Montreux FC02 - Lausanne FC03 - Bern FC04 - Monch

SocialNetworksand Social InfluenceI ModelingMultichannelPerformance StrategicConsumerand Firm Channels:RetailCompetition
Decisionsin OligopolisticMarkets:

Chair: Zsolt Katona Chair: MarcelGoic Session3 Chair: Dinah Vernik

Identificationof Influentialsin Virtual A Model to Determinean Optimal Chair: Ahmed Khwaja Positioningand Pricingof Horizontally
Social Networks-An Agent-based ShippingFee Policy DifferentiatedProducts
Simulation ChristianDoppler, BemdSkiera Can Price PromotionsCement Store Canan Ulu
HenningAhlf Loyalty?A DynamicStructuralModel of

The DynamicResourceAllocationfor Spatialand TemporalSearch Assessingthe Value and Consequences
Viral Marketingvia OnlineSocial Multi-channelOnline Marketing K. Sudhir,A/lmedKhwaja, NavidMojir of DirectStore DeliveryChannel
Networks:Competingfor Your Friends' MichaelTrusov, HongshuangAlice Li, P, Arrangements
Attention K,Kannan DyRamissof Option Valuo IR gU8ssflptioR Mumin Kunulu, Canan Savaskan-Eben
Sarah Gelper, RaJ(van der Lans, BllSIROSS TAo Moael
Gerritvan Bruggen MarketingAttributionin a Multichannel Teshnolo§lcal BundlingStrategiesfor Vertically

CustomerRelationshipSetting GhaAge DifferentiatedProducts
All Online FriendsAre Not CreatedEqual: MarcelGoic, KinIJi Kalyanam, \fi'JeelKI 'fR8C, ¥a€f:lenfJS/iR DorotheeHonhon, Amy Xiajun Pan
DiscoveringInfluenceStructurein Online KinshukJerath
Social Networks Learningby Doing in the Solar Managinga New ProductIntroduction
MichaelZhang, Chong Wang, Xi Chen The LOfl§ ReagleORline CeR',efBieR:,A, PhotovoltaicIndustry throughQuick Responseand Advance

Bryan Bollinger,KennetlJGillingham Selling
Social Media Marketing How Much Are ViIJlJaHshu,AlJIJishek;,PelerFar!er; Dinah Vemik, Femando Bernstein,
InfiuentialsWorth? Ka,#k Hesanafjar Preyas Desai
Zsoft Kalona

FC05 - Montblanc FC06 - Monterosa1 FC07 - Monterosa2 FC08 - Edelweiss

The GlobalChannel ConsumerCharacteristics ServiceMarketing PriceCompetitionII

Moderator:Tayfun Aykac Chair: MihaelaAlina Nastasoiu Chair: DubravkoRadic Chair: 0 Cern Ozturk

Does Brand LoyaltyReallyHappensfor Materialismand BeautyPerceptions DeterminantFactorsof Consumer Coordinationof Price PromotionsWithin
ChildrenMarket?AComparativeStudy AmongstYoung Female Pakistani BehavioralIntentionsin Electronic a ProductLine
from Indonesia,Portugal,and Brazil Consumers FinancialServiceEncounters Maxim Sinitsyn
Jony Haryanto,Amaldo Coelho, Farah Naz, Jami Moiz HideakiKltanaka, Keiko Toya
Luiz Moutinho Effectof ReferencePriceson Product

The Developmentand Validationof a Return on ServiceAmenities Positioningand Pricingin Non-durable
ValidatingSME's Supply Chain in China - ConsumerConfidenceScale Roland Rust, Rebecca Hamilton, Goods Markets
InstitutionPerspective Vo/kan Yeniaras,AntonisSimintiras, MichelWedel, ChekiranDev SajeeshSajeesh,AmitMehra
Ming-ChihTsai, Yu-ChiLu George Balabanis

Service Improvingthe PricingOptimalContingentProductsin
PowerAsymmetryin InterculturalSales VarietySeekingand Complex Trade-offbetweenExternaland Internal MarketingChannels
Negotiations ConsumptionBehavior- An Analysisof Efficiency Sihem Taboubi, GeorgesZaccour, Peter
TayrunAykac, RobertWi/ken, Path Data DubravkoRadic, Tila Bellm Kort
Frank Jacob, NathaliePrime AlbertoMarcati,RiccardoMassari,

PierpaoloD'urso The Impactof Local MarketExitson Rival
Pricing

PredictingChum throughVarietySeeking 0. Cem Ozturk,Sriram Venkataraman,
Behavior PradeepK, Chil1lagunta
MihaelaAlina Nastasoiu,
Mark Vandenbosch,Neil Bendfe
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FC09 - Mimosa FC10 - EMBA 1 FCll- EMBA 2 FC12 - Geneve

AdvertisingPlanning.Budgetingand Sales Force Integration BayesianMethods Online CustomerResponse
Ad Effectiveness

Chair: Thomas Steenburgh Chair: Duncan Fong Chair: AlexanderBleier
Chair: Peren Ozturan

AligningMarketingCampaignsand Sales Online Smile Cues:A Double-edged
DecomposingAdvertisingBudgets Force Ingredientsand Consumables:Inferring Sword of OCSR on OnlineCustomer
Ceren Kolsarici.DemetriosVakratsas. SomnathBanerjee.PradeepBhardwaj Consumptionfrom Purchase Consequences
PrasadNaik LudovicStourm. Eric Bradlow. XueniLi. Silu Yu. Weini Li

fMC StrategiesInvolvingAgency RaghuramIyengar
CanyoverEffectsof Communication Relationships Text Miningof Online Reviews:A
Activities:A Meta-Analysis OlivierRubel ModelingMusicPreferences Methodologyfor AnalyzingSentence-
SoenkeAlbers. ChristineKoehler. Moon Young Kang. JaehwanKim Based CustomerOpinions
Vamsi Kanuri, MuraliMantrala Cross Sellingin the BankingIndustry,the San}oyGhose. ShaoqiongZhao

Valueof Recommendationsamong BayesianMultidimensionalScaling
Timingof AdvertisingPutses Branches'Sales Managers IncorporatingDimension Text Mining: Moving from Content
MaartenJ Gijsenberg.VincentRNijs GuinermoArmelini. Reparameterizationwith Variable Analysisto PredictiveModeling

SebastianMaldonado.Erica Salva} Selection Paul Wang. Con Menictas
The Blind Leading the Blind?How Brands Duncan Fong
FollowSimilarBrandsin Advertising Pricingfor Sales Leads The Importanceof the Source in
acrossBusinessCydes Jan PeIser, DhruvGrewal. DavidCox. Moment to momen! Data PersonalizedOnlineBannerAdvertising
PerenOlturan.AysegulOlsomerTunali. Ko de Ruyter. Martin Wetlels Ysiflg-aBayesiallF"URctioRallineaf AlexanderBleier. Maik Eisenbeiss
Koen Pauwels Meael: AfJfJlieatieAIe TV lil=1ew

ImplementingCorporate Pil Sam i4!.!i. rem l,4eyAs. HemyAssael 'NAeR Dees Online CeRlentMa"er?TAe
Entrepreneurship:The Marketing-sales Rele ef ana Message
InterfaceDuringa New ProductLaunch Cl1araeteAslies
ThomasSteenburgh.FlorianKraus. Mali( [Isner. Me,i/( [,iseRtJeiss.
MichaelAhearne.JeffreyBoichuk. Wemer f:?eiRaRl
WillyBolander.Carmen Liutec

FC13- Luzem FC14 - Zurich

Financeand MarketingIII: Innovation Innovationin EmergingMarkets

Chair: Paul ValentinNgobo Chair: MohammedAlnuwairan

Attenuationof NewsValue: An Empirical Help or Hindrance?How Global
Studywith Best CompaniesLists InnovationClustersHurt and Stimulate
ChayounKim Each Other

NukhetHarmancioglu.Koen Pauwels.
Going Public: How StockMarket GeraldJ Tellis
ParticipationChangesFinm Innovation
Behavior TechnologicalLeapfroggingin Emerging
Simone Wies. ChristineMoorman Markets

GeraldJ Tellis. Deepa Chandrasekaran
ExplainingCross-countryDifferencesin
the Effectsof R&D Expenditureson Risk The HesitantHai Gui Retum-migration
and Stock Retums Preferencesof U.S.-EducatedChinese
Paul ValentinNgobo. HubertGatignon Scientistsand Engineers

RobertZeithammer

ReverseLogistics:The General
EnvironmentAnalysisof Emerging
EconomyCountry
MohammedAlnuwairan,Munirah
Almousa.Stephen Eldridge



2013 INFORMS Marketing Science Conference

Friday, July 12th
, 2013 3.30-5.00 (FD)

FDOl - Montreux FD02 - Lausanne FD03 - Bern FD04 - Monch

SocialNetworksand Social InfluenceII MultichannelMarketing EmergingMarketsand Beyond ISMS DoctoralDissertationProposal
Award Winners

Chair: SrinathGopalakrishna Chair: Els Breugelmans Chair: Kaifu Zhang
Chair: K. Sudhir

Co Evoluationof Purchase[Jeha"iflfS Are Offlineand OnlineChannelsEither ShadowBankingand Relational
aAfI Substitutesor Complements?The Contractsin EmergingMarkets ImprovingSurveyConstructAccuracy
$i/'1§ tlk JU'1§ Evidencefrom BeautyProducts Jian Ni, QiaoweiShen throughUncertaintyInferredfrom Voice-

Jee Yeon Kim, JeonghyeChoi based Responses
DetectingInfluentialConsumersin the A DynamicGame of Entry and Expansion Hye-jinKim, HuanhuanShi, Min Ding
TwitterNetworkon Competing Products How Bad is OnlineShoppingCart in the ChineseFast-FoodMarket:KFC
MakotoMizuno, MakotoAbe, Naoki Abandonment?An Investigationacross vs. McDonald's The Attribute-BasedMulti-ArmedBandit
Silinbo MultipleShoppingSessions QiaoweiShen, AamirRafiqueHashmi, for AdaptiveMarketingExperiments

SlanislavStakhovych,Jie Zhang, Ping Xiao EricM Schwartz, Eric Bradlow,
r.leal\I'fMafkeI!T19'WiliJa Fecus on MichelWedel, YuanpingYing PeterFader

Brandsand Stereotypes
The Effectsof VaryingChannel Kaifu Zhang Competitionin CorruptibleMarkets
Experiencesand Direct Marketingon ShubhranshuSingh, Ganesh Iyer

LinkingSocial NetworkStructuresto CustomerRetention
Sales ProspectingOutcomes Chun-WeiChang
SrinathGopalakrishna,AndrewCrecelius

Cross-ChannelPromotionEffectsin
Multi-ChannelGroceryRetailing
Els Breugelmans,Katia Campo, Huying
He

FDOS - Montblanc FD06 - Monterosa1 FD07 - Monterosa2 FDOS - Edetweiss

ChannelManagement ConsumerDecisionMaking CustomerEquityThroughCRM Advances in Pricing

Chair: Ying Xie Chair: XianchiDai Chair: Evsen Korkmaz Chair:Vinay Kanetkar

ManagingRole Stress in Buyer-Supplier DisaggregatingPreferenceStabilityinto A New Look at CustomerRelationship DecomposingPass-Through in Regular
Relationships:GovemanceMeohanisms Core and SupplementaryProduct Management:ReducingRisks by CRM Retail Price
and MarketUncertainty Attribute Strategy ChaoqunChen, DuncanSimester, Blake
MaggieCllUoyanDong, Yulin Fang, FangzhouXu, TheodoreNoseworthy, Tae Ho Song, Shljln Yoo, Sang Yang Kim McShane, Etic Anderson
Vivian Xu Zheng Towhidullslam

CustomerEquity: What is the Impactof A Cloud ComputingPricingModel
The Valuationof B2B Relationship:Focus TifflingPeist in CensuA'lerCheise The the Model Adopted in the Results? Nazim Taskin, Tayfun Keskin
on the Impactof Relationshipon Value Case ef Co'lections HenriqueMartins, FernandoLuce,
Trade-offs LeN..;Cae, '/>laI1f!, nalRar Cleo Silveira A Multi-PeriodModel of Schedulingthe
Kyungok Yoo, Jaewook Kim &irileRseR ProductLine Sales Promotion

The SynergyEffectof LoyaltyProgram Zelin Zhang, Yihao Zhang, Murali
The Impactof Sales Visrtson Mere- Influenceof Temperatureon Consumer Integrationon CustomerEquity Mantra/a, Xiaodan Dong
MeasurementEffects:Evidencefrom a B- Decision Dae Yun Park
2-B Setting JungminJang, Song Oh Yoon Are All Price ElasticityEstimatesBiased?
Ying Xie, RamkumarJanakiraman, MarketSegmentationin Buy-Till-You- Role of PurchaseQuantityin Price
XiaojingDong When Does PlayingHard-to-GetIncrease DefectModels Elastisties

RomanticAttraction? Evsen Korkmaz, DennisFok, RoelofKuik VinayKanetkar
o,lignln§Marketingan>! fer More XianchiDai, Ping Dong, JaysonJia

ChannelManageA'lent
$ujiltRi/ChaR€lrilseklh'lf,S. Sr';'i11R
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FD09 - Mimosa FD10- EMBA 1 FD11 - EMBA 2 FD12 - Geneve

Store Brand Power Sales Force PerformanceAssessment ConjointAnalysis Auctions

Chair: MarkVroegrijk Chair: Ahmed Timoumi Chair: AlexandruDegeratu Chair: MartinSpann

The Powerof Store Brands: An Metricsfor AssessingSalespeople's IdentifyingRelevantAttributesin Conjoint Estimationof BeautyContestAuctions
IntegratedFrameworkon the Driversof Performanoe:An EmpiricalApproach Analysisusing Data Mining Techniques Hema Yoganarasimhan
Store loyalty Wei lhang, AjayKalra SebastianMaldonado,RicardoMontoya,
Rita Coelhodo Vale, Pedro Verga Matos RichardWeber The Impactof Individual-levelConsumer

Does SalespersonPrioritizationPay Off? Surpluson SubsequentWillingness-to-
Risk Aversionand Preferenoefor Store MargotLoewenberg,MarkusMeierer, OptimalExperimentalDesignsfor Pay and ConsumerBehavior- An
Prioe Format ReneAlgesheimer NonlinearConjointAnalysis:Solving the Examplefrom Online Auctions
Koichi Yonezawa, TimothyRichards Conundrum Eric Greenleaf,Inhye Kang

CareerHistoryas a Determinantof Pay Agata Leszkiewicz,MercedesEsteban-
Effectof Walmarton NationalBrandsand level and Pay Structureof Sales Bravo, Jose Vidal-Sanz Measuringthe Impactof Prioe Matching
Private labels Managers Guaranteeson Price Dispersionand
PranavJindal, Ting lhu, Pradeep K. AlirezaKeshavarz Accountingfor Heterogenerty,Utility Willingnessto Pay in Auction
Chintagunta,sanjayDhar Cavarianoes, or Both in ConjointChoioe PeterPopkowskiLeszczyc,

Optimal Delegationof RetailSales Faroe Models? Eman Haruvy
VerticalPositioningof Store Brands Managementand Compensationto the FriederikePaetz, WinfriedSteiner
Eunkyu Lee, Hwan Chung Manufacturer Competitivelead Purchaseby One-Df-a-

Ahmed Timoumi, Anne Coughlan, The Impactof Corporate Social Kind ServioeProviders
Can EconomyPrivatelabelsHelp SkanderEssegaier ResponsibilrtyViolationson Marketing AlanuSinha, YachengSun
Defend Against the Hard-<liscounter MichaelRiechert RaoulKObler,
Threat? SoenkeAlbers Pay What You Want as a Marketing
Mark Vroegrijk, Els Gijsbrechts,Katia Strategyin Monopolisticand Competitive
Campo learningsfrom 10 Years of Running Markets

Conjointsfor StrategicDecisionMaking Martin Spann, Robertleithammer,Klaus
AlexandruDegeratu,Ankita Gupta Schmidt

FDn - luzern FD14 - Zurich

Financeand MarketingIV: Time and New ProductDesign
Space

Chair: KNRajendran
Chair: Peng Zou

AffecbveComputingand New Product
How BusinessCydesChange the Development
RelationshipbetweenNew Product DevanalhanSudharshan,Rodoula
Introductionsand Stock Performance Tsiotso, Ben Liu, OlivierFurrer
Thomas Eichentopf,BerkAtaman,
Gerrilvan Bnlggen How long to Squeeze thatCreative

Juioe?An EmpiricalStudyof the Impact
Investors'Risk Reactionsin Timesof of Movie ProductionTiming
Crises:A Natural Experimentin Selected Fangyun (Tom) Tan, Josh Eliashberg,
EU Countries Kartik Hosanagar
Nikos Kalogeras,Joost M. E. Pennings

MitigatingAgency In Teams: An
The InfluenoeMechanismof Overseas EmpiricalAnalysisof Film Productionin
Inves!rnentBank Rating On Stock the US
Fluctuationof Chinese Internet VishalNarayan, Vrinda Kadiyali
lhanpeng Yang

What Does It look like? An Objective
CorporateSocial Responsibilityand Measurementof DesignSimilarity
MarketValue in EmergingMarkets ThomasSchreiner.Thomas Fandrich,
Peng lou, Qi Wan. JinhongXie Mark Heilmann

IdentifyingAttributesthat ReallyMatter
using the Kana Method
KN Rajendran,ShashidharKaparlhi



2013 INFORMS Marketing Science Conference

Saturday, July 13th
, 2013 8.30-10.00 (SA)

SA01 - Montreux SA02 - Lausanne SA03 - Bern SA04 - Monch

SocialMedia and the Brand Adoptionof OnlineChannels EmergingMarketsin China Game Theory:Pricingand
Communication

Chair: Mark Vandenbosch Chair: Qiang Lu Chair: Yang Li
Chair: Neil Bendle

The Impactof Social Mediaon Brand Are EarlyAdoptersof Online Channels Co- Chair: Kaifu Zhang
Loyalty More Profitable?TargetingRight SponsoredSearch'Is. Search Engine
YanivDover, ScaliNeslin Customersat the Right Time Market RecoveryStrategyaftera Major Optimization: CompetitiveStrategiesfor

Jing U. Umut Konus, Fred Langerak, Natural Disaster:An EmpiricalStudyof InternetRetailers
Social Media - Effectsalong the Brand Koen Pauwels 2008 SichuanEarthquake Amit Mehra, JagmohanRaju, Ram Ba/a
Value Chain Oi Wang, Yani Dong, JinhongXie, Wei Li
MarkusKick BalancingChannelExposureand The Effectof Locationon Pricing

ChannelProfits:Retail PlatformAdoption Strategies
BrandedSocial Games: Impactof and Management rail of lAo GRiAose 9lJ)'lng MarielleNon
Player'sBehaviorson Brand Equity Oin Zhang, Tat Chan, Fan Zhang lR4wslfy
Damien Renard, ChristineBa/ague GRufJ!JUiI '.4v, Xinlei (Jack) ClJan, Why the Meek Won't InheritMadison

Adding Clicks:Understandingthe Impact +mg-lIw Avenue (or Wall Streetor Even Main
The Effectof Engagementin Social of Adding an InternetChannelon Direct Street)
Media on PurchaseBehaviors and IndirectChannel The HeterogeneousImpactof Studio NeilBendle, Mark Vandenbosch
Mark Vandenbosch.BobbyCalder, Oiang Lu, Y. Yang, Y. Ulku AdvertisingversusOnlineWord of Mouth:
EdwardMalthouse Evidencefrom ChineseMovie Industry When the Buyer is Not the User

Yang Li Axel Stock

Social Identityand Consumption- The Coalitions,AustioAsaAe BaF§alAiAgiA lAo
Effectof the HuKou Systemon t4a,*otfor I;: Books
HouseholdConsumptionin China Kefl/i
Mandy Hu, BinkaiChen, Ming Lu,
NinghuaZhong

SA05 - Montblanc SA06 - Monterosa1 SA07 - Monterosa2 SAOB -Edelweiss

ChannelStrategy Sociallnnuenceand Culture Bundling Cause RelatedMarketing

Chair: Chi-ChengWu Chair: Umut Kubat Chair: Sreya Kolay Chair: ReetikaGupta

::>IrategioDeceAtralicationWAh Inventory ::>tueyon CRanglng AConjointModel for Self-designed Fightingfor a Causeor AgainstIt A
Commitments ConsumerCulluralTrenes in a ServiceBundles LongitudinalPerspectiveon Revenueand
SufJhce'Ch'f>la, /-/al'i5llK,cishlJ3n (OOOAOfll'l RaghuramIyengar, KamelJedidi, Survival

FitlmaAmir Vitha/a R. Rao Keith Botner, Ami Mishra,
ChannelStrategyWhen Consumers HimanshuMishra
ComparisonShop The Role of SocialComparisonDirection Bundlingof CompetingManufacturers'
SridharMoorthy, YongminChen and ComparisonTarget in ServiceDelays Products Fear vs. Hope: OrganDonationDecision

Ying Ho, Nga Cheng Chan Vithala R. Rao, Nanda Kumar SuratTeerakaplbal,PavitraJindahra
ChannelStructureand Money-Back
GuaranteePolicy Fake it Till You Make it Effectof Optimal aoilingatralogiosfer Crossingthe RecyclingBin Boundary:
Kezhou Wang, Yunchuan Liu PromotingDomesticBrand as Foreignon Offereehents The Effectof ProductDistortionon

ConsumerBehaviour Sre·ya RcjeevTYiJfJl ProductDisposalDecision
Manufacturer'sResponseto the Harsh Dadhich Remi Trudel, JenniferArgo
Retailer'sExtendedWarranty Bundling,Inter-temporalPricingor Both?
Chi·ChengWu, Lu Hsiao, Ying-JuChen Acculturation,Brand CulturalSymbolism ANormativeAssessment The Heritabilityof Preferencesfor Eco-

and the Role of AdvertisingLanguageon AshutoslJPrasad, R. Venkatesh, FriendlyProducts
Brand Evaluations Vyay MalJajan ArvindRangaswamy, HuanhuanShi, Min
Umut Kubat, VanithaSwaminadlan Ding

When a Green ProductBackfires:
ExaminingHow ConsumersView
NegativeSide Effectsof CSR Initiatives
ReetikaGupta, Nevena Koukova
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SA09 - Mimosa SA'O - Asuka SA" - EMBA 2 SA'2 - Geneve

Assortment Sales Force Motivation DynamicEconometricModels EmpiricalGeneralizations

Chair: van Lin Chair: Tanjim Hossain Chair: CharlesKan Chair: Blake McShane

The Effectsof AssortmentOrganization Sales Contests:How 'SourGrape'Prize ApplyingSUR (SeeminglyUnrelated A Model of MatureMarketGrowth and
on Consumers'DecisionMaking:A StructuresEnhanceSalespersonEffort Regressions)and DimensionReduction Decline
FluencyAccount and Perfonnance Methodsin MarketMix Models StevenShugan, Debanjan(Deb) Mitra
Yi Li Selin Atalay JeffreyBoichuk,NiladriSyam, EkaterinaTrutneva, EkaterinaAtanasyan

MichaelAhearne,James Hess Exploringthe EmpiricalBias in Digital
A TemptingAssortment:The Effectsof Data Fusionover MultipleTime Periods MarketingResearch
Assortmenton MulticategoryPurchase When the Wheat Lies among the Chaff- to DevelopPseudoLongitudinalData Morana Fuduric,Ana Javornik.Andreina
Incidence Salesperson'sLuxury Brand Effort in a CatherineFrethey-Bentham Mandel/i
SungtakHong, KanishkaMisra, Multi-BrandedEnvironment
Naufel Vilcassim Moumifa Das UnderstandingCommonTrends in Meta-MANOVAwith Applicationto

SustainabilityStrategy:A BinaryData Choice Overload
Retail MarketBasketAnalysisusing The Role of Fairnessin Sales DynamicFactorAnalysisModel Blake McShane, VI(Bockenho/l
Multi-criteriaDecisionTectmiques:A Organizations CharlesKan, RajdeepGrewal
Case Study VincentOnyemah, Dawn Iacobucci,
DouglasMacLachlan,Reza Sheikh. Barton Weitz, DominiqueRouzies The Impa61ef ReGalls SR
AfshinMirzaei AGqlllSilisRaRd ReleRbsR iR

President'sClub or Wall of Fame and tIle-AIJtemebile-lmltJslfy
HelloJumbo'The Spatio-temporalRolI- Shame? Extrinsicand Intrinsic FJer,iaR SlaI1!. LucasBeck. Ma.</(
out and ConsumerAdoptionof a New Motivationsin ContestDesign l4eiImaRR
Banner TanjimHossain,Mengze Shi,
Arjen van Lin Els Gijsbrechts RobertWaiser

SA'3 - Luzern SA'4 - Zurich

Financeand MarketingV: ConsiderationSets and Segmentation
Communication

Chair: Michel van de Velden
Chair: Don O'Sullivan

Age-RelatedModelsof Loyaltyin Radio
Media Mix Decisionsand Firm Value Listening:StationRecencyand Listening
PabloJ. Lopez-Tenorio,Jaime Romero Duration

Gilles Laurent, Raphaelle
The Rolesof Advertisingand Marketing Lambert-Pandraud
Capabilityin Influencingthe Financial
Impactof News ForecastingSubstitutionPatternswhen
GuiyangXiong, SundarBharadwaj ConsumersDiversifyTheirConsideration

Sets
SelhRglesefsaRd KeepiRg ':ViRRers: MichaelPalazzolo,Fred Feinberg
HQ''' Geal QyRamlGSPredisla Re"8rsal
ef IRe Qisj38sibeREffeGI ExplainingEnvironmentalConsciousness
An';fiNefiFRaRIl,JaiikkflASfJar3 at the Individualand Cross-national

Level: A Meta-analysis
CEO Stock OptionsCMO Powerand MeikeMonen
MarketingExpenditure
Don O'Sullivan,GeoffMartin Online Profilingand Clusteringof

FacebookUsers
Michel van de Velden,
Jan-Willemvan Dam
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SB01 - Monlreux SB02 - Lausanne SB03 - Bern 5B04 - Monch

Impactof SocialMedia Investments ModelingOnlineBehaviorsto Improve EmergingMarketsin India Game Theory: ProductQuality and
Performance Innovation

Chair: Kalyan Raman Chair: K. Sudhir
Chair: Rakesh Niraj Chair: SubramanianBalachande

Effectsof Social Media Interactionson ,4 RalyziRg IRe PelfurlllaRGe ofBrands'n
ConsumerMind-setMetricsand Sales MathematicalTheory for Hit Phenomena FragmentedRetail Marketsof CompetrtivePreannouncementin a
Lisettede Vries, Sonja Gens/er, as MarketingScience [Genemies Contextof BilateralInformation
PeterSH Leeflang Akira Ishii, HidehikoKoguchi, JA-KiiffIi1f;-geRi5It S,'lah, Vi ZhaB Asymmetry

Koki Uchiyama SumilroBanedee, DavidSoberman
Social Media and AdvertisingInteraction TransactionCosts and Technology
Effects IncorporatingConsumerBrowse Data: Adoption in EmergingMarkets Effectsof Competitor'sReferralon
LaiJiang, Bryan Bollinger, ExtendedItem-BasedTop-K IshaniTewari, K. Sudhir ProductQualityand ConsumerWelfare
MichaelCohen RecommendationAlgorithms HongyanShi, BaojunJiang

XiaomengDu, Meng Su, Xiaoyu Zhou Paying for IntermediateOutput:A Field
The Effectof Social Media Marketing Intervention Game TheoreticCostAllocationModel to
Communicationon CustomerBehavior: DoesAuction Design AffectParticipation Xiaolin Li, Om Narasimhan, EnhanceCo-Operation
An EmpiricalInvestigation and Performance?Evidencefrom Crowd- Ranjan Banedee, GeorgeJohn Pong Yuen Lam, Yuho Chung
RamkwnarJanakiraman SourcingPlatforms
Ram Bezawada, Ashish Kumar Chong Wang, Yili (Kevin)Hong The Impactof OffshoringNew Product PremiumOfferswith ProductPurchase

Development(NPD) to EmergingMarkets as a SignalingDevice
DynamicInteractionof Social Media and Choosingthe Right Tools for the Job to on ShareholderValue SubramanianBalachander
MarketingCommunications BoostOnline and OfflineSales VenkateshShankar, NicoleHanson
Kalyan Raman, Vijay Viswanathan Rakesh Niraj. Tanya Mark, Jan Bul/a, Signaling in a Horizontally

/ngo Bul/a DifferentiatedMarket through Word-of-
Mouth
SreelataJonnalagedda

5B05 - Montblanc 5B06 - Monterosa1 5B07 - Monterosa2 5B08 - Edetweiss

Movies AppliedTheory in Marketing BehavioralPricing Corporate50cial Responsibility

Chair: RahatUllah Chair: JuanjuanZhang Chair: Monika Kauferle Chair: May Wang

EstimatingConsumer'sMovie Choice Word of Mouth Bias and Optimal PartitionedPricingof HedonicVersus When Doing Good Leads to Increased
with Non-compensatoryDecision CommunicationStrategies Risk MitigatingProductFeaturesGiven CustomerLoyalty:Which Firms Benefit
Analysis Yogesh V. Joshi, AndresMusalem Prior Risk Peceptions from CSR?
YoungjuKim, JaehwanKim DipankarC/lakravarti, Jennyvan Doom, MamixBiigel,

AModel of Brand PortfolioStrategy JoydeepSrivastava,Rajesh Bagchi PeterVerhoef, MarjolijnOnrusl
OptimizingMovie ReleaseTimingacross MatthewSelove, JeanineMiklos-Thai,
Channelsand InternationalMarkets MichaelRaith PaymentSequencePreferences:Paying The Effectof Social Pressureon
SumaiyaAhmed, AshishSinha too Much Today and Being HappyAbout CorporateSocial Responsibility

InformationDisclosureand Ratchetingin itTomorrow Paola Mal/ucci, GeorgeJohn, Tony Cui
Like the Book, Hate the Movie? DynamicSetting Bemd Skiera, FabianSchulz, Chrislian
Understandingthe Driversof Adapted JiwoongShin, Brian Millendor(, Schlereth Go Regularl Who Gains from Large-size
Movie Evaluations Dae-Hee Yoon Soda Bans?
AmieJoshi, HuifangMao, LimitedMemoryConsumersand Price Rawla Chakraborty,Paul Dobson,
ZacharyJohnson Dispersion Eilan Gerstner, JonathanSeaton

LeventKullu
How Does the ExplanationafteraCrisis

ReferencePrice on Brand Choice Across AffectConsumersTrustand Distrust
Online/OfflineGroceryChannels. Intemal towardsthe Company?
vs. External May Wang, Xiaoyun Chen
JavierCebol/ada,Marta Arce

The Effectof ReferenceProductson the
Price Image of Retailers
Monika Kauferle,Katia AI/exi,
WernerReinarlz
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SB09 - Mimosa SB10 - Asuka SB11- EMBA 2 SB12 - Geneve

Return and ComplainBehavior MobileMarketing StructuralModels CompetitiveResponse

Chair: RicardoMontoya Chair: Scott Neslin Chair: Nan Yang Chair: Jimi Park

The Analyticsof ProductRetum ConsumersUn-Tethered:AThree-Market An EmpiricalStudyof Pre-market CompetitiveInteractionsin Promotional
Episodes: Impactof Restrictionson EmpiricalStudyof Consumers'Mobile Licensingfor Drug Innovation Strategyamong PrescriptionDrugs
ReturnPrivileges MarketingAcceptance ManuelHermosilla AbhikRoy, MarySchramm
Michele Samorani, PaulMessinger. FareenaSultan. AndrewRoom.
AydinAlptekinoglu MargheritaPagani. Tao (Tony) Gao Leamingby Doing and Consumer Exit. MarketResearchand Entry: When,

SwitchingCost Where, How?
EmpiricalAnalysisof the Effectof Out-of- Evolutionof MobileServicesin UK Yufeng Huang MarkusChristen. DavidSoberman
Stocksof Fast-movingProductson Retailing-A LongitudinalStudyof
CustomerBehavior Developmentsand Expectations Very SimpleMarkov-PerfectIndustry HypercompetitiveRivalryin Contests
RicardoMontoya. MarceloOlivares Sonja Lalli Dynamics Jeff(Cexun)Cai. RobertMeyer.

Nan Yang. Jaap Abbring.Jeffrey JagmohanRaju
IntegratingRelationshipMarketing The Evolutionfrom Mobile Users to Campbell.Jan Tilly
Activitiesinto OrganizationalComplaint MobileShoppers InvestigatingCompetitiveReaction
Handling MingyungKim. Yerim Chung. A Masal af 11:18 Pesl PaleRI Volatility:The Measurementsand
F. JavierSese. Jesus Cambra. JeonghyeChoi ElI:1isalDN!! Markel Propositions
IguacelMelero YlI YlI. Vi l/:1ag JimiPark. Shijin Yoo

The Impactof MobileApp Usageon
ConsumerPurchaseBehavior
Scott Neslin. Harald van Heerde.
Isaac Dinner

SB13 - Luzern SB14 - Zurich

Social InfluenceOnline Social Networks

Chair: PatraliChakrabarty Chair: PuneetManchanda

Does Peer PressureAlways Lead to The Effectof PersonalCustomer
Conformity? Communicationand Sweepstakesin
Monic Sun. Feng Zhu. MichaelZhang Social Networks

Joerg Burkhardt.MartinaSteul-Fischer
ModelingCivic Socializationand
PurchasingIntentionsin the Contextof Unravelingthe Effectsof Top Marketing
Social Media and Blogs and Sales Executives'Experience:Social
DespinaKarayanni,Nickoletta NetworkPerspective
Koursogiannopoulou Aditya Gupta. Rui Wang

OnlineReviewsand Consumers' Workor Network?How Human Brand
Willingnessto Pay: The Role of Managers(and Who They Know) Shape
Uncertainty Job MarketOutcomes
Yinglu Wu. Jianan Wu CesarZamudio.Julie GuidryMoolard.

AngelineClose
Social Marketing throughChoiceof
OnlineProductReviewMedium Performancein MultilevelMarketing:An
PalraliChakrabarty EmpiricalAnalysis

Puneet Manchanda.EunsooKim
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SC01 - Montreux SC02 - Lausanne SC03 - Bern SC04 - No Session

SocialMedia Dynamics Search and Media Effectiveness Field Studiesin EmergingMarkets

Chair: WenjingDuan Chair: SavannahWei Shi Chair: Om Narasimhan

Understandingthe Dynamicsof Social A.T&T antJ ,Phone: Multi channel Co- Chair: Rajesh Chandy
ProductUsage AtJvertisingROI
TingtingFan, Eitan Mul/er, PeterGolder e'Jell tir;, Samly),'lt/ Marketingvs. Finance:A Randomized

Evaluation
MappingProductson SocialTagging Conditionsfor ONned, Paid and Earned StephenAnderson-Macdonald,
Networks:Insightsfor Demand Forecast Media Effectiveness:The Performance RajeshChandy, Bilallia
and Positioning Impactof OnlineCustomer
HyoryungNam, William Rand, Ceren Demirci, Koen Pauwels, Do SympathyBiasesInduce Charitable
P.K. Kannan Shuba Srinivasan,Gokhan Yildirim Giving?The PersuasiveEffectsof

AdvertisingContent
The Impactof OnlineWord-of-Mouthon ProductPlacementand Web Search SubrotoRoy, K. Sudhir, MathewCherian
TelevisionShow Viewership:A SimchaJong, Enrico Forti,
CurvilinearTemporalDynamic Maria VittoriaAntonacci Why do Some Micro-EntrepreneursDo
Romain Cadario Betterthan Others?The Role of Pricing

Bid PulsingStrategyand Keyword Latitudein DrivingPerformance
Social Media and New Drug Performance Performance Magda Hassan, JaideepPrabhu,
in the PharmaceuticalIndustry SavannahWei Shi, XiaojingDong RajeshChandy, Om Narasimhan
Wenjing Duan, AndrewWhinston,Qing
Cao, Vicky Gu When and Where Were You Bam? The

Influenceof Firms' FoundingConditions
on IntemationalGrowth
Elaine Y. N. Don, JaideepPrabhu,
KuiwantSingh

SC05 - No Session SC06 - Monterosa1 SC07 - Monterosa2 SCOB - Edelweiss

ExperientialMarketing ModelingHeterogeneity DirectMarketing

Chair: JoelleLagier Chair: PieterSchoonees Chair: ShameekSinha

AHedonicConsumptionBased Analysis Talk and Vice How RelationshipsAffect DirectMail CharacteristicsEffectson a
of Popularityof Hindi Film Music Vice Behavior ComprehensiveSet of Advertising
Soumya Sarkar, MadhupaBakshi RachelShacham, PeterGolder, EffectivenessMeasures

Tulin Erdem DanielaNaydenova,JannyHoekstra,
ConspicuousSensoryConsumptionas a Tammo Bijmoft,Jaap Wieringa
Means for Self-WorthRestoration The CategoryCoveringProblem for the
Tanuka Ghoshal. RishleeBatra Analysisof GeneralizedSortingTask Investigatingthe Effectsof Mailing

Data Variablesand Endogeneityon Mailing
ModelingHedonicAdaptationin Shared Simon Blanchard,DanielAloise, Decisions
ExperientialConsumption Wayne S. DeSarbo NadineSchrOder, HaraldHruschka
NatashaFoutz, AnochaAribarg,
Eunsoo Kim Detectingand Purging ResponseStyles OptimalCoupon Targeting:Sequential

with ConstrainedDual Scaling DecisionMakingand the Value of
Marketingof Art or Art of Marketing:How PielerSchoonees,PatrickJ. F. Groenen, Information
to Break Resistance? Michelvan de Velden S/JameekSinha, FrenkelTer Hofstede,
Joel/e Lagier, VirginieDe Bamier VijayMahajan
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SC09 - Mimosa SC10 - No Session SCll - No Session SC12 - Geneve

MarketingMix CategoryEffectsin ChoiceModels

Chair: Goutam Challagalla Chair: Ralfvan der Lans

InvestigatingConsumerBehavior InvestigatingCross-CategoryIncidence
Tawards Self-medicationin the Lightof and QuantityDecisionsfor Products
UncertaintyAvoidancein Pakistan Having CommonAttributes
FarralSa/man, Usman Warraich KarthikSridhar. Ram Bezawada

New Product Variety, and Choice:The
RonaldShokes, Nazrull.Shaikh AdditiveMultivariateOrdinalProbitModel

Ralfvan der Lans
CustomerOpportunisticBehavior.Does it
Hurt or Help Them?
GoulamChallagalla

CustomerOpportunisticBehavior.Does
Hurt or HelpThem?
GoutamChallagalla

SC13 - Luzem SC14 - Zurich

High-Techand ServiceMarketing Word·ol-Mouth

Chair: IndranilRoyChowdhury Chair: FlorianDost

Design OptimalSoftwareFree Trial AmplifiedWord-{)f-MouthEffectiveness
Strategyin the Presenceof Network and Efficiencyin the MarketingMix
Externalityand ConsumerLearning UJrikeSimon, Farid Tarrahi, FlorianDosl
Shuojia Guo, S.ChanChoi

ModeratingRole of Credibility,lmpactof
'NASR beaseFsbea\le lAelF TisF' Motivation,SocialRelationalPropertieson
AsymmstFiePFieiR!jIRGRIlRe llals6sf eWOM SocialMedia
Wi!jR leeRRele!jy ParalKapoor
$eUFaI'Ray, ,oa1>'1Mess'¥lfJer,

Wood The Why in Viral: Enhancersand
Inhibitorsof Deliberateand Selective

A Meta-Analysison the Consequencesof Word-{)f-mouthTransmission
SeNice Fairness FlorianDose. Jens Sievert, Frank Jacob
Xia Wang, Hean Tal Ke/!

PFesietarsaf 80eial M0911ilatieRllpees
Adoptionof TechnologyFacilitated GRaRder ',leh'. JeffAlste/l,
SeNices &tHaFl '1aGRi£k
IndranilRoyChowdhury,SanjayPalro



CONFERENCE SESSIONS

How to Navigate the
Technical Sessions
There are four primary resources to help you
understand and navigate the Technical Sessions:

• This Conference Session listing, which provides the
most detailed information. The listing is presented
chronologically by day/time, showing each session
and the papers/abstracts/authors within each
session.

• The Author and Session indices provide
cross-reference assistance (pages 95-99).

• The "Master Track Schedule" is on the back cover.
This is an overview of the tracks (general topic areas)
and where/when they are scheduled.

Quickest Way to Find Your Own Session
Use the Author Index (page 95) - the session code for
your presentation will be shown along with the room
location. You can also refer to the full session listing for
the room location of your session.

The Session Codes

TAO1.#"Room number. Room locations are
I j also indicated in the listing for each

1L
session.

Time Block. Matches the time
The day of blocks shown in the Program
the week Schedule.

Time Blocks

Thursday
A - 8:30am - 10:00am
B - 10:30am -12:00pm
C - 1:30pm - 3:00pm
o - 3:30pm - 5:00pm

Friday
A - 8:30am - 10:00am
B-10:30am - 12:00pm
C - 1:30pm - 3:00pm
o - 3:30pm - 5:00pm

Saturday
A - 8:30am - 10:00am
B - 10:30pm - 12:00pm
C - 1:30pm - 3:00pm

Thursday, 8:30am - 10:00am

• TAO1
01· Montreux

Digital Marketing Analytics
Cluster: lr't8rr'etand Interactive
InvitedSession

Chair: Shawndra Hill. Univc.:rsily of Pcnllsl,lvania,
The Wharton Schoo!' Philadelphia, PA, Unired Slales of America,
shawndra@whanoll.lIpelln.edll

1 - Completing the Virtuous Cycle between Paying for Music and
Social Engagement in an Online Community: Evidence from a
Randomized Trial

Ravi Bapna, University of Minnesota, Minneapolis. MN,
Unitl'll Stares of America, rbapna@Urllll.edll, Jui Ramaprasad,
Akhmcd Umyarov

Motivated by the new subsniption hased community models that exht for di!!ildl
goods. panicularly music. this papn the relationship between paying
fur a subscriplion Joel engagcmt'l1l. Specifically we ask, does slIbscribing to a
site, through payment. aHt'Cl user behavior in terms of social engagement and
involvement ill other ildivilics on the site? While prior literature has l'xdmincd
how llscr behavior. communily involvt'lllclll and social innucnce drives payment.
Wt' look at the revcrse: the impact that payrnent has 011 user behavior, If present

wuuld cumpit'll' a virtuous cyde bt't\Vcen suhscription and sucial
engagement. However. observational data d(ll'S not allow liS to disentangle these
interlocked eHects in a truly causal manner. We are able 10 the causal
dfeci belwe,'n subscril-'tion and user engagemenllhrough a randomized field
eXj:wrimem (OndIKl.t:d on thl' online mllsic site lal)t.rm, where users can access
S0I11(' of the silt.' fur fret.' i!LH.1 additional (CJlllrt.'S if they pay J monthly fct'
and subscribe to the site. Our current results show that subscriptions do induce a
change in user bchJvior: tlHISl' who were gifted <;ubscriptions are active and
engaged in forums over the long-term imd increased the numht'r of ·shouts' in
the shon-term as compared 10 those who were not. These prdiminar}' ft'suhs
lead us 10 believe the that there is a virtuous ,-yell' betwcen sodal engagel1\ent
and payment: once an individual startS climbing a virtuous mountain. by paying
for a subscription. that individuals starts belc.lnging mort' to (he community. This
work has implications [or music industry. pecifically and digilal goods
induSI ries as a whole.

2 - Contracting for Content: A Model of Digital Goods Supply Chain
Ramnath K. Chellappa. Emory University, Atlanta, GA, United
Stales of America, rmn@blls.cmory.cclll, Shivc.:ndll Shivendll

Supply chain managemellt strJlt.'gic$ for physical products are often inapplk'ablc
to digilal CtHlIc'nt publisher anti on·line retaikrs. In digilal goods. nol only arc
transportation (01)[\ absent, common contractual instruments \uch as inventory
cost sharing and return/huy back policies arc infeasible and prolection of
intelleclual property issues altain importance due 10 incrcasing lhreat of piracy.
While there is rich literatuft's onl-'hysical goods SUlll-'lychain strategies in
operations ITIdnagemt:nl. Wt' propose a modeilif digital goods supply chain
when.'in n content publisher COlllrnc:.1Swith an unlint' relailer to reach Clln'iUmers.
Building on digilal goods pricing and piracy research, we draw upon literalure in
economics of illlelkcllIal prOl-'erLylicensing to deve!np two supply chain
contracts: download· based Iin'nsing lOl) and catalog·based IitTnsing fCl). We
model (."llntracwnlarrangemt'llt helwt'en an upstream rontt'1l1 publisher and a
downslream online retailer as a Slackeiberg game and analyze' several

findings. Fir'it, we find thilt an online retailer contracts for the
same cJtalog knglh under both contractual regimes the price is higher in a
DJ.. based supply chain. Second. even Ihough Ihe re·tailer charge's higher prin' for
thc filldlog length in DL rcgil11t'. 11(' always prefers the CL reginll' while tht·
COlllel1lpublisher always prekrs the Dl COI1lraCi. NOI surl-'risingly an il1legraled
supply chain leads 10 market "fferings of high"r catalog Ienglh and overall higher
supply chain profils. We show thal it is I-'ossible 10 wordinale the slll-'I-'Iychain by
infraSlruCtufl' cosr-')haring arrangements when'in the content publhher
annc)lIJH:C rates that wkc illto account the agreed proportion of cost·sharing.
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3 - Estimating Cross Platform and Cross Device Synergies in Web
and Mobile Advertising

Anindya Ghose, New York Universiry, Srern School. New York, NY,
United States of America, aghose@stern.nyu.edu, Sung Hyuk Park,
Sangpil Han

As companies divert more and more runds from Iraditional media towards digital
Jdvertising. they Jre ,'ften interested in understanding what effeCtS the two
rhlSsiblc dlalll1c1s of Jdvenising-wc:b C1dvt.:rti<.;ingand mobile Juverlising-havc 011
t'a,h Any analysis that measurcs Ihe dkns u[ web and mobilc advertising
only st'paralt'ly rt'main<i In this ptlper. modd and estimate Ihc
interrelationship hetween web i1J1d mohile aJvenist,'mcnLs. We liSt' d massive.'
panel datascl bas('d lin individual-uscr-Ievel respllnses 10 display ads un both wcb
and lllobik channels. To validate our empirical results, \,yc design and execlItl' a
randomized nell! l'xpcrimt'l1L. which corrnhoralc:'s our !"esullo; from the
e(onomctri model. Our findings indicate that impk'menting web and mobile ads
simultaneously improves web click-through rates, mobile click through rales and
wc:b COllver<iion rail'S bUL llH)bi1econversion rateS. This
primarily ht'cat1>e arc disproportionately more likely to click 011 a
display ad rrom a mobile device bUI subsequently make a purcha e through a PC.

4 - An Empirical Examination of the Antecedents and Consequences
of Information Hiding in Crowd-Funded Markets

Gordon Burtch, Temple Universily, Philadelphia, PA, Uniled Sliltes
of Americil, tlIc()5426@telTlple.edu, Anindya Ghose, Sunil Waltal

Onlinl:' anonymity ,If[ords individuJls tht:· opportunity ttl t'ngage in hehJvior'i l,ht:,},
might not engage in ir olher people were observin!: them. Evidence of this fael
has beell donllllenied repealedly, in terms of everylhing from physiological
re"ponst's LO COn\Llfllplion patlerns. generosity and cOllllTlunilYparticipalion. The
sdlicllC(' of lhi'i on the rise, as a wide variety of Lrans.::lctionsand intcraclions
have shifted to venues. As individualCii;desire LO l'ontroltheir infonnation
is continually growing. many wehsilcs provide tools for LO sekctively or
complelely conceallhcir inrormation from others. As e,amp,,"s of Ihis,
Amazon.com allows product reviewers 10 conceallheir identities, while Facebook
r1IlU Google+ dllow users 1.0 dictatel:'xcH11ywhich memherCiiof one's sodal
network call sec each piece of posted conlenl as it is crt'aled. While il is clear that

desire information hiding. mech<1ni\IT1\.lhe conditions under which they arc
u\ed Jnd Llw impacts of their (He cl<:Jr. Recellt research has shown thJI
users orten employ these mechanisms sub-optimally and Ihat their provision is
nol necessarily of ('conomic bendil to stakeholders. Funher, lillie is known aboul
which users dre most demancting or them or which hchdviors arc most often
concealed. An of asp('cls is key, as lhe availabilily of user
information is integral to a variety 01 business pra<.:tices(e.g., personalization,
I..ugelt>d marketing, price discriminatioll). Bearing this in mind. we undertakt" a
large-scale assessmenl 01 user inlormalion hiding behavior. leveraging proprietary
dala from one or Ihe world's largest global crowd-funded markelS. We employ a
multi-melhod approach to idenlify aj the characteristics "f individuals mosllikely
10 pursue informal ion hiding and b) the charaneristit-s of aClivities lhat are mo,t
likely to be mn'ealed. We subseqUl'nlly "S5<'SS the downstream impacts or a rocal
lIscr's informalion hiding on other us('rs.

5- Social TV: using User Generated Content to Calculate Audience
Affinity Networks for TV Shows and Brands

Shilwndra Hill. University of Pennsylvilnia,
The Wharton School, Philadelphia, PA, United Stiltes of America,
shawndra@whilrton.l.Ipenn.edu

Facebook and l\viller viewers ll[ TV shows comment online about lheir daily lives
Jnd TV shows. and we ba'ie our novel. effcctive recommendation sysleITI (RS) on
user-generaled coment (UGe) lhar TV viewers share on Twiller. We represt'nt a
TV show by all the IweelS, in aggregate, of its Twiller f"lIow('rs and use these to
reliably caleulalt' and describe the similarity between TV shows. We use our lar!:e
and unique data set III suggest and eVdlualt' fur TV sho\i\'''1 (or
oLher produ ts). We- discuss twO main contrihutions: I) a new mdhodology for
collecling sodal media data that can validale social media-t-ased RSs; and 2) a
ntow privacy-rriendly UGC-based RS reliant on TV viewers' publidy available
l\'Viller text (more rk,ible than preselected keywords). Our approach predicts
remarkably well which TV shows Twilter u ers follow. We show thaI: First, the
UGe rt,neels geographics, and psychographics (viewer interests),
and coin the teml 'talkt1graphics' to describe features a prodlln's alldience reveals
in text words: sccond. ]\viUcr Lexl complex comhinatiolls of
those rf'awrt''>; third, u:llkographic dlJow tiS ttl cakulatt' 'iimilaril.if's
between TV and make recommendiltinns; and fin(ll1v. our text·bilsed
approach performs differel1lly for shows for which lhere is'a demographic bias to
lhe viewing compared to tllnor.;e Ihat do nDl havl' it (kmugraphic We
show Ihal our RS is generalizabk hy applyin!: the same approach firsl to followers
of clothing retailers and aUlomotive brands, then 10 calegories of TV show and
clothing togelher to makl' cross-category recommendatioJlS.
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Online Consumer Behavior
Cluster: Intemetand InteractiveMarketing
InvitedSession

Chair: Hai Che, Associate Prufessor, Indianil University in Bluo[ningwn,
Bloomington, IN, 47408, United States of America, haiche@indiana.edll

1 - The Impact of Emotions on Customer Behavior in Online Dating
Andreil Decham, Ludwig-,rYlilximilians-Universitar (LMU), Munich
School of Management, Geschwister-Scholl-Platz I, Mi.inchen,
80539, Germany. dechilnr@bw1.hnu.de,
Anindya Ghuse, Martin Spann

The internet plays an irnportdnt role in rnatch·maJ..ing and online dating
hecanw important plaj'ers in the digilal world_ On dating platforms \Yomt'n and
men COl1l.d<."t potcrllialmall'o;; by sending pJrlner requests. The recipient of sU<."h a
request may r<.'act positively, nl'gtllively or nOl at all. H<..'queslsJnu the reactions
to Ihem are evaluations or the entire person and therefore linked wilh subslantial
<.'Illotions.Pr<.'viollsresearch ha5 already shown thaL emotions are relevant drivers
of customer behavior. Since intt'rpersonal relationships on,' characterized by [l
high level or emlltions, th" field of online dating is prcdisposed for artalyzing
which impact cmotions have on CUS(()lT1erbehavior. Emotions result from succes')
and railure in lhe comrnunkdlion with poteruial mates. Tht:' analysis of Iheir
elTect on cburn is in the focus of our study. We examine the impaclll[ emotions
un custumer churnuy analyzing uSt'r dJIJ of a large European unline dating
service. \¥e obor.;e[vl'communicalion behavior. sales and producl data, conlraCI
history and This USt" dala is linked with survey data abnut reasons
of contract termination and emotions asso<..iatedwiLh communication on lht'
platform. V'le find that arc an important churn driver. Rt'fusals to
requests St'llt as wdl as uwn refusals Lo requeC\ls rc.. to negative
emotions and increase dlllrn. Furthennore, we are ahle to identify character traits
as (lr churn.

2 - Music Streaming or Download?: Consumer's Demand for Online
Music Service

Hyowon Kim, Korea University Business School, Anam-Dong,
St:ongbuk-Gu, Seoul, Korea, Republic of,
hyowonkim@korea.ac.kr, Jilehwan Kim

Recent tl'chnological improvelTlt'nts such as 1l1lcrnl'l nr Smart .Phone arc huving
great impact on the music induslry. Espcl"ially, the sin' of online Illusic market is
growing profoundly. There an' Iwo online music service\: "music
download- and -music streaming servke.- iTunes allows consumers 10 download
music and Pandora Radio prOVides online music streaming service. Since the
number of who USt' of lhcSl' services has iLll'rea'ed, rnarketl'rs in
online music industry drc int<..'rcstt'din how consul11er's demand for J11l1liic

is rormed and how they think aboUl two music services. In Ihis study, two
of online Tllu\ic service are First. we examine the relationship

music streaming and download service by obsrrving irueracliun with
lwn services and examine whether tlwy are complelllentary goods or substiLuLes.
Second, we explore Ihe optimal price of online music bundles of streaming and
downlood servict" common markel pra(·tice in the online senor. We approaeh 10

Ihis problem via choice model and choice-based conjoint dala. The model
parameLer:>are eSlimaled via BayesicIl11\!'I.Cl\'lCIllt'thod, [kIlefilS and managt'rial
insight') arc disclIss('o for onlinc 11l1l()ic p()rtal sitt.'s in Korea which provide diverse
£ixed·chargt' lllll'iic services and hundlt's.

3 - Consumer Choice on Brand Website Visits: A Limited Consumer
Search Approach

Jiyao Xun, Xi'an Jiaotong-Liverpool University, Business School,
NO.1 I I Ren'ai Road, Suzhou, China, jiyao.xlIn@xjtlll.edll,cn

In choice hehavior literature, a lwo·stage choice model serves as J base
lheory where choice behavillr is d('composed into a consideration slage plus a
choice slage. Yel. this default model has been increasingly challenged by the
Hlirnited rOIl')Ul11l'rst.'arch" schllol of thought ht'G1USl'C()l150Urnersdo ll{)l

necessarily review all products in a choice sel hefore decision making, hut
rrequently draw on eXlernal information [or mental shortcuts. Melhodologieally,
the choice behavior in stage I has Iraditiollally bc(;'n latenL because dal<1 lhaL
dirt'clly observes huw con$Ul11t'rsform tht4 ir consideration set by eliminating
alternatives is lacking. This study continues the HlimiLt'dconsumer sCDrch'" line of
reasoning and proposes an aided process in choice stJge 1.
wl"'re consulllers reduct, brand wehsile alternatives by using online ralings 10

arrive at a <-onsideration sel. We use obs('rved web analytics data to unVl'i1the
sla!:t' I choitt, proces< and also the transition frolll <Iage J to stage 2 which is
extremely lacking in exlal1l Iilt'rature. Lastly, we cross-validate our model Wilh
two types of websiles, i.e. search vs. experience/credence, and find our model is
conlingt'Jll on Ihe type of wl'llsite eomenl, where nHlsumers' inclination lCJ use
unline raling for decisions Oil which bml1d websile 10 vio;;il vary.
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4 - Consumer's Bidding Behavior under Online Group
Buying Mechanism

Hai Che, Associate Proressor, Indiana University in Bloomingwn,
Bloomington, IN, 47408, United States of America,
haiche@indiJna.edu, Dan Zheng, Zhe Zhang

With the continu()us rise and falls of group-huying websites in the past ten years,
studies have focused on the efficacy of lhi") innovative model.

We analyze (J panel data which tracks tht:, bidding dynamics tlf a "iPCcic:ll Online
Group Buying (0<113) Juction I1Jrned 'Pingou' on Liha.com, and inv('stigale
consumer's aggregate bidding bt'hclvio[ under the OGB llH:.'(hanisIll. such as the

participative (:'xll;rnJlily dnd pril:l.>drop effccts (KauHmau dnd vV,lIlg
(200 I). 'vVo.: show thaI lh(,)c I "\'Il df('CIS arc nOl significant under the 'Pingtlll'
context. \Ve al$o find. (I) the number or existing orders has a significant negative
t'fftTI (In the number of new orders placcd during the equal-knglh periods o!' a
'Pingou' auction; (2) there is a significant 'starting cHcn' in addition tn tlte
'eneling eHeCt' . more orders placed Juring the fin.;t period allcl last (tay of a
'Pillgou' auclion; (») perceived velocity of Ihe prngrcssil)n
also Significantly their bidding behavior. Specifically, till' lag average

of till' past. ortkrs, which reflects lhl' previous bidders' abilily to drive
down th<.' price, has a negative C.:'ffcCl nn lhe number or new c.woers placed during
t.he cqual-Icnglh period of the 'Pingou' auction; whilc the averagt' velocity of the
£last orders and the current orders, which rdlerts new bidders' conlribution to the
prin:>drlJp, h,lS a P(lSilivt: effccl.
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Social Networks and User Behavior
Cluster: Internetafld InteractiveMarketing
InvitedSession
Chair: PUfllsh Papatla, Associate Professor. University of Wisconsin ­
lVlilwaukee. 3202 North Maryland Aw., Milwaukee, WI, 53211,
United States of America, papatla@uwm.edu

1 - Long Live the Fan: The Impact of Network Structure on Survival in
the Music Industry

Jung Youn Lee, KAIST, 29 I Daehak-ro, Yuseong-gu, Daejeon,
305-70l, Korea, Republic of. sjlee8867@kaist.ac.kr, ,'"linki Kim,
Geonhyeok Go

Today's consumers Jfe inunclulcd Wilh the mass influx of nc\·v artists and Sl)OgS.

As a result, l1wny l1111siciJnsCJITY the burden nt' being labeled J olle-hil \\'onder,
even after achieving grcul album su(cesloil's.A Hlusician's ability to build iJnd
rcrain a loyal fan base has now become more critical to his -;urvival inlhe markl't.
From a firm's perspective, Jni)rkel of label.; CJn benefit
from stich loyal fans, who are mOl(' likely to make purchases (e.g. concert tickcts)
and IJfornolc music across peers via posilive wonj-of-mlllllh. In Ihis study, we
investigate the determinanls or (l ll1L1sidull'Ssurvival, i.e .. fan c)(:tivilyduralion in
onl,int.' social network servin', focusing on tlu' rok of nt'lwork
topology \-vithin fan community ill sustaining [an activity. Econolllctrically. we
apply an Accelerated Failure Time Model (AFTM) with log-logistic specification
using Twitter d<llil on fall <Ietivilks ill 2011. \Vhile prcviou\
studies 011 rclJUonsbip mnrkcli,ng hJve mainly di'iCus'icd enhancing rclJtionships
betwct.'n [inns dud (UstOllH:"rs, l.hi" study shifts tht., fortis 10 the value (If
cultivating rdatiollship:-; among customcrs who ('(11l olHain a higher Icvd 01' wilil)!
by sharing a common ubject or fandOIll. The result shows lhill the degree to
which fans lend 10 cluster together, or clustering codfident. is significant and

related til the kngth of fan activity, implying (hat lhe duration of a fan's
!oyahy is inllueneed by the availahility of opporlunities 10 interact and share his
experit'llccs with other fJns, Ba$C;'d 011 the r('sulL musicians and record labels
('ould retain the loyal customers or their outpuls by providing channels through
which fans (ould develop rclalionships.

2 - Understanding the Structure and the Motivating Factors of
Consumers' Social Media Participation

Ashish Kumar, Assistam Proressor, Aallo Universily School or
Business, P.O. Box 21nO, AallO/Helsinki. 00076, Finland,
ashish.kurnar@aalw.li, Ram Bezawada

Milrkcting environment ill the age o[ l!Ic 'Internel has been influenced by S4,)

rnany onlille IcdrnoltJgical developments. TIle')c..' IWW df'vdoprnenl\ l!.lve nOl

only empowered people 1>y crc,lling <1nd disseminating the inl'ormation like never
before but also have afft'clcd the businesses aft" condllc1t:"d. for cxarnplc,
developlllents in the field of search engine. email, mobile, and social media have
given rise to new ways c.)f conducting marketing activities s11ch as affiliate
markcling, di<;playadvcrtiscmeul, l'mailll1arkt:,ting. \eJrch marketing:, and social
media marketing dll1c.mg The widesprcdd use of '>ocialll'lt'uia hy large as
well as srnall finns for busint"5.5 purpost's have made this parlicular channel much
lopical subject of this digital era. The steady "nd deep percolation of sorial media
in per<;,oualdS \vdl <1$ prnfessionallifc h,we dffected both buyer and 5cll('r
bel1,lviors. The objcclivt of lilis papt'f is to study consumers' participation in a
firm hosted onlint" sodal rnedia site from two perspec(ives. Flrst we come up with
a COlJc(:'j.ltualframework of consumers' soci(lJ media participation in a firm ho\)tcd
social media site which constitutes twO he.l1ilviors namely enLwgclllcnt dnd
interaction. \Ve also define the structure of thesc 1\.\10 onliue COllsumer behaviors.

3

SenHld, we account for the dfpCIS of firm's social media effons and marketing
mix, cOllsumers' socialmcdia ..Ktivities and lht'ir on this
partk'ipation. '0/1.': JU01'1 i] bivariatc probit mudd 10 empirically estirnate
the consumer,,' pJrtkipatinn in social media. \Ve hope.' this sludy ,·vill help firms
allocating their s{)cial media markcling buugct crticiently by h)()king al the
strur!.ure nf consumers' SOdlll mt"dia pJrtiripdtinn ilnd Jccoullting for the cHect of
several observable factors that influellce this participation.

3 - Do Privacy Controls Increase the Openness of Online Social
Network Users?

Tuan Pllan, Professor, National University of Singapore,
Singapore, tuan.qu<111g.phan@gmail.com, Huseyin Cavusogill.
Hasati Cavusoglu

We examillc the causal relationship OelWel,.'n privJcy ((mtrols and puhlic and
private inforrnati(JI1 disclosure behavior in rhe context of an online social nClt,,"ork
(OSN). Our identification is bas("d on the t'xogeJ1DUS policy change in lilt' sodal
networking pldlforrn in Deccmb(:r 2009 thJI brought about more granular privacy
controls. Nt-'w privacy controls t'l1abkd lISt.'l'S to dl0o"e tilt.' intt'J1tkd audience for
each public pos!. We find that disclosure patterns of users changed to rerlectthe
Opt"l1nc"isill sharing information as J resull of improved privacy conl.rols.
SpecilicJlIy. OSN users increased the use of publir PI)stS and decrcast'd the USt' of
private rnessagcs. \Ve attribute this rhangt." to the st"nSe of conlrol hypothesis:
OSN users fear of privacy l{)ss and the reduction in Ihis tear r('sults in higher

public disclosure. Consistent with our arguments, vve find that the more
OSN users worry abrHIl privacy dangers. Jnd therefore lc\$ public <HId more
private in disclosure pallerns before lhe policy change, the greater the increase in
their OpCflIH:.';;S after the policy chJng<:.

4 - Succeeding in Extremely Competitive Markets: Insights from the
Mobile App Market

Purush Papalia. Associate Professor, University of Wisconsin ­
Milwaukee. 3202 North Maryland Ave, Milwaukee, WI. 53211,
United SWles of Arnerica, papalla@uwIll.edu, Ruijiao Guo

The market for Jpplications on mobile phones is extremely competitive. For
instance, as of October 30th. 2012, approximately 700,000 apps were availal)1e for

Android platfunn. App <h.-"veillperstherefore JUempl 10 gain by
giving I heir produCls Jway via free ()(J\vnloads or low prkcs. The
underlying assumptions are that.. as the number of downloads increases, apps will
gain 111\)[(:.' CUSWlllers,and that apps which gain J large Llumbt.'fof downloads (iln
eventually generate reV('nue through paid versions wilh additional features. In
this rese,lrch, we:' investigatc lilt.., (:ol'lditiolls under which (be fir')l assumption
holds. Spt'cifically, we examine the effects of developer characteristics, price and
promotional Jctivitjes. and lhe presl'ncc of similar competing Jpps. Our
investigilthH] is based on a Bayesian ordinal analysis of data from 5,87"3 Apps for
the Android platfonll. Our findings Sl.Jggt'st lhat the app's price, nurnbcf of
reviews posted for app, when [he app was updated, the rating of the ,lpp, and
the developer's previous experience, aHet1 the number of downloads.
lnlerest.ingly, we find thal. as users download JppS lhat are more expt"nsive, they
will be less sensitive 10 the prices or apps that they have not yet downloaded. We
also find a fixed effecl of app - apps related In cilrd gi,lmcs, rJdng,
SPOrts. and wallpapers, are d{Hvnloaded more than other categories. 'liVe also
provide managerial implications and direCtions for future research.

.TA04
04- Mench

Interfirm Contracting
Cluster: SpecialSessicrls
InvitedSession
Chair: Steven Seggie, Ozyegin University, Istanbul, Turkey,
steven .seggie@ozyegin.edu.lr

1 - Stock Market Reactions to Technology Licensing Contracts
Erik Mooi, VU University Amsterdam, Amsterdam, Netherlands,
emooiCmreweb.vll.nl, Stefan Wuyts

The market r,,, technology licensing amounted 10 USS J73.4 billion in 2009. This
market ronsist"i of huying Icrhnology l1sJge rights from licensors, oflen
in the furm of copyrighls, know-how, and blueprints. While licensing i"
iln impOrlJl1t m<lrkel, Iittk prior has addressed issues. We
lhat licensing is a unique form of exchange lhal deviates in importanl Wil)'S {rom
classical buycr·supplier exchange which has been eXJmined in lhe pasl marketing
literature. Drawing on conlract t.heory and theory. we prnpnse lhal
the governancC' of technology license deals has important stock ml3rket
implictltitlns for lhc licensee, We argue t.l1i'l1 lhe pr(lductive of the Jcquired
technology may either be supported or hindered by the nature and the
spe('ifications of the Iin'nsing comrac!. We identify among licensing

that may variation in lhl' finalKiill for and
formulatc hY[lothest:s. To test our frdlllework, Wt' CrCall:" a unique and rich data:'>t'l

of dt'laikd descriptors of original licensing O..Hllracts (obtained through
thorough (ext analysis). licensee stock market returns to the announcement or
the lirl'l1Sing eoulrac[, and various finn descriptors. Tlw findings help explain why
some licensing deals help and other licensing deals hurt licensee fll'rfortnance.
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2 - All for One, One for All: Governance and Bankruptcy in
Franchisor-Franchisee Relationships

Kersi D. Amia. University of Wisconsin-Madison. Madison, we
United States of America. kantia@bus.wisc.edu. Sudha Mani.
Kcnneth H. Wathne

EXlanl re$earch demonstrates high interdependence in Iranchise relalionships.
Surprisingly. despile estimates of franchise system failure rate o[ 70%. the effect
of such high illterdependellce Oil corporale ballkruptcy has releivedlimited
f1tLCntiOll. Integrming. data from multiple archival ')liUfCCS, we lInde-flakt., a census
of all bankruptcy filings by a sample of more lhan 1100 franchisors and their

. franchisl'es over than a decade to predict franrhhe<: and franchisor
bankruptcy. \Vc nol unly document the inlcrrelJtiof!ship bClwl'l'1I the occurrence
of franchisor and franchisee bankruplcies, but al$o examine how franchise system
perfurm.lllct' be irnprllved by (kployillg an dppropriall' mix of governann:'
strategies. In doing so, we demlll1strate that whilt' some stralt'gies mav be
beneficial for tbe franchisor they can be detrimental for the and vice
versa, (trld discuss what can do LO overcome such (Onnk-LS. OUf
pose dirt'Cl and Clclionablc implications for frarll'hisl' rdationships in particular
and mon.' generally for interfirm rt'ialioLlships charaeteri'lt.'d by high
interdependence.

3 - Influence of Formal Contract Elements on Relational Behavior
Bjarte Ravndal, University of Stavanger Business SchooL
Amsterdam, Norway, bjarte,ravndal@uis.no

ft is generally agreed that formal contracts significantly impact behavior in
business relalionships. Still, a gap exist in our understanding of how different
elemt'JllS of formal COlltrac.1'i impat1 behavior. Tn Ihi'i study. we invl'qigalt! lhe
e1fccLSof a set o[ commonly relied upon formal contract dements. framed as
contract mechanisms. un co-operative behavior in IT sourcing We
fi"d tbat diflcrel1l COlllract mecltani$tns have very dilfererll effects on rdational
bdlaviur. Must nOlllbly Wl' find Lhat reli,JIKl: on detailed performance
spcdficaLiolls and pcnallics drive competitive behavior. JV1.oreover.compleXity
rcinforcl'\ tht' negative of rtclailed performance specificatiol1 on relaLiol1al
behavior. Conversely. co-operatiw behavior is promoted by the reliance on
detailed requirement specification.'. Finallv. we find tbat while lhe direct cffeCl of
cont.ract Ienglh b negalivcly rl'lll1l'd with bell;lvior. this dfl'ci i1\
signilicantly mOdlTaled by complexity.

4 - Why Asymmetric Relationships Don't Work: Empirical Evidence
from Clustered Firms

Ragnhild Silkoset, BI Norwegian Business School. Oslo, Norway.
ragnhild,silkoset@bi.no. Steven Seggie, Arne Nygaard

Conventional wisdom assumes that ongoing relcllhHlships high jn truSL Oftl'J1 arc
"ymrnelrical anti dficit.'lli. The t'xtanl liLerature in inlcrnrgilnizalional rnarkt'lillg
has generally assumed a balanced, reciprocal and symmetrical relationship. Por
theoretical purposes this assumption may be reasonable but in empirical research
in lht' world, relationship contracts arc 1l1\)St likely ll10re asyoulll'trical than
symmelrical. This study l'xplores the impact or relalional asymmetry upon
performance. We argue that the pro<pen of a symmetrical relationship is rather
unlikely in an inter-organiJ.aLiollill dnt! that li"e oLht'f soda! aspecls or
dyad, i.e .. pmver-dependence, conflict-cooperalion ete.. asymmetrical
relationships affect inter-organizational performance. Our data based on 92 paired
Jyads shuw lhat when firm A invc"ils in relalional 'iolidtlrity to firm B. firrn R's
relational solidarity in firm A will produce negative results. We present Iheoretical
and practical implicaLions of our work.
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1 - Does the Market Believe in Marketing? A Text Mining Based
Informational Value Perspective

Joseph Johnson, Associate Professor, University of Miami,
50 I Kosar Epstein Building, Coral Gables, FL 33157,
United States of America. jjohnsun@miami,edu, Deb Milra

:heTc is a growing helief in the marketing community thill markcLing is losing
IllflllCnCe 011 finns' COrpOfcJlCstratl'gy. vVc examine lhis issul' frolll the.:.' investors'
perspective Py estimaling the value o[ marketing in [ormation. We argue that i[
tht' role of lht' markl"ling rUl1ctioIl wilhin the rirrn is insignificant, il !'\Iumld he
reflecled in a small valuation of a firm's marketing information compared LO that
for other information types. Moreover, if marketing is indeed lo,ing it, clout. this
value mUSI be gelling smaller over time. We lise leXl mining methods to cxtral1
the infonnation pt'rtint'l1lto busin,'s, [unctions in over 26.000 individual news
artidt's bt'twl'en 1985 and 20tO Ihat are related lO 23 S&·P 500 firms in the foo,l
beverage and lObacco industril',. We ascenain lhe value of marketing infurmation
by examining whether it is related to the firm's abuormal stock returns and if so,
how it compares to the value of other types of business information. Our unique
riMa ellnbks us til nddress 'it'veral questions, allswt'r$ to which havl' so far been
unknown. For example, how has the value of marketing informalion changed
over a period of 25 years'! For which finns is marketing information more
valuahle? Arc Ihere any objl'ctiw determinants that explain the differences in the
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value of markeling informatjon? Our preliminary rl'sulls show that the value of
marketing infonnalion is significamly posilive but i; lower Ihan that o[ financial
information. Thic;; value varit's helwecn firms and over time. Further leslS reveal
markding information is more valuable when tht, variance of equity markeL
is high and when the finn has low markeling asselS a, reflected in low sLOck price
to book valul' and low SGA expense to rewllue rali'ls.

2 - New Product Innovation and Financial Market Performance:
Does the Nature of Institutional Investors

Sundar Bharadwaj, Professor, University of Georgia,
Terry Schuol of Business, Atlanta. GA, United States of AlTIerica,
sllndar(ic'llga.edu. AlarMS Nikolov, Guiyang Xiong

TIlt' financidlmarkcl pay> J significanl prt'mium for growlh.
arlO tasked Wilh generating organic growth by launching new products. The
limited empirical research on the financial market reaction in terms of both risk
and returns LO llew products and innuvation investment an.' mixed. The litcrature
also finds that firms attempt 10 timt' the nature and launch of nt'w products in
lIrdt'r to influence the financial market. Lnstilutional invl'stors (1I) own a
signifiGlIH portion of a firm slock. Such investors arc heterogeneous in Lhdl'
investmellt hori/oll and thus valuc invl'stmcnlS dH[ert'nLly. N1.Jrketing managers
tend LO make these decisions without a consideration of the mix of institutional
iI1Vl''itOfSand Iheir invt'slrTlel1t horizons. Academic marketing rt'search abo treats
the investmellt community as homogenous and pays little attention 10 the varied

time horizons of institutional investors. Using a panel datJ set of new
product inlroduClions by publidy Iraded finns. this slUdy finds suppon for the
moderaling role of investor Lype on tht, impact of new products on a
finn" financial value and risk. TIl<' results are robusl to endogt'nl'ily concerns,
alternative l'xplanations and observed and ullobsl'rVl'd time invarialll
hetl'rogenl'ity.

3 - The Financial and Market Impact of Product Failure:
A Case of Prescription Drug Withdrawals

Srinivas Reddy, Singapore Management University, 50 Stamford
Road #05-0 I. Singapure, 178899, Singapore,
Shekhar Saltiraju. Jason Zhang, Pradeep K. Chilltagutlla

Since 1980, over 20 prescription drugs have been withdrawn from lile market
due to various sart.'ly concerns. Althuug.h till' Hnandal impact is
obvious in terms of lost revenue and market capilalization, the impact on other
surviving brands of thc withdrclwing finn and on lhl' compeling brands in the
same product dass is not clear. In this researcl!. we develop a framework for
analyzing the financial anel markt't impan of produc1 withdrawal on withdrawing
firm's brands and its competitors. We empirically investigale the crfects using a
dataset compiled for Baycol withdrawal, one of lhe largest drug withdrawal$ in
recent history, Baycol, a popular cholesterol-lowering drug before its withdrawal
in 200 l. belongs to its parent company Bayer and a popular class of drugs known
as 'statim.' Our d"tasel includes monthly data on brand-lev,'1 sales and marh,ting
expenditurt's between 1996 and 2003 [or Bayer and iLS cOlllperilors. Preliminarv
analysis reveals I) a significantnl'gativc spillover dft'ct on the sales of other '
brands of tht' wilhdrawing finn, 2) a significant change in Iht' withdraWing
company's marketing effectiveness and dramal ic reallocalioB of ils marketing
resources aher the produCl withdrawal, and 3) a significant positive impact on rhe
sales o[ lhe competing brands. Our research adds 10 the prodUCl failure literature
by quantifying the spillover effects or loss of goodwill in an industry wht're
product failures are hard to avoid in the long term and brands usually do not
share explicit COlll1t'Clions to each other Jnd 10 parenl companies.
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1 - How Stages of Self-Production Impact Consumers' Evaluation of
and Relationship with Products

S. SinctTl Alakan, Assistant Ozyegin University,
Cekmekoy, Istanbul, Turkey, sinem.atakan@uzyegin.cdu.tr,
Richard Bagozzi, Carolyn Yoon

Seif-prod'Klion, the active engagemenr in the creal ion of end produl1s by
Cllnsuml'rs, increases the amount of money one is willing to pay [or the product
(Norton 2009) and evaluation of 11ll' produc1 (TrOyl' and Supphdlen20(2).
Production consists of input specificalion (desigJ.1), realization (physit"al
production). and consumption of outCOllle (Lengnick-Hall 1996). During input
spedlication, the characteristics of the productiservit"l' (e.g. physicallayoul.
design, quality) arc decided on. During realization stage. the phvsical creation and
execution of the producrlservice takes plan'. Consun1l'r participation may
primarily take place Juring the input ,pecification (e.g. while designing a bag on a
website) or realization stage (e.g. when cooking using a dinner kit). Yel. again.
consumers may be engaged in both stages. We do not know whether various
stag"s uf the producLiou I)rocess difft'fentiillly influenn: the consulller's
assessrnertl 01, and relationship with, the sdf-made product. We integrale findings
frolll person-uhjl'ct relationship (Bdk 1988). self-producliun, self-design (Franke
el al. 2010), lOuch (Krishna 2012) and organizational behavior (Dullon et af.
1994) literatures LO explorl' how engagement of consumers at different Slagl'S of
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the production process inOuences the coustuncr's evaluation 01. and relalionship
wilh. self·mJlh.' Three experiments reveal lhlit during Lhe
input specification olInd rCJIiL.atioll 'lIJg('s enhance atlLlchment 10 (Ihe Jrrell
dirnensipn or person-object relationship; the 'idf-nlddc product. HoweVl'f. only
cngagement during input spccilicillioll increases idclltHicalion (the cognitive
dimension 01 person-object relationship) with Ihe prnducl. \Ve cOlltribult ...· 10 lhl'
literature on sl'if-production, co-production, and do-it-your,elf produCts,

2 - Impact of Packaging Transparency on Product Preference
Meng Zhu. Jnhns Hopkins University. 100 International Dr"
Baltimore, tvtD. 21202, United States of America.
mengzhu@jhu,edu. Darrnn Billeter. Jeff Inman

In the current work, we study lhl' illlpaci 01 packaging transparcllfy on product
pn'flTeno:,. Firms can select to encasl' a product in rnJny differl'nt levels (If
p(llkaging yet firms ofH:n dl00':;C It.J prl'\Cnt their proc!ul1s in non­
transparent packaging. We suggest Ihat consumers '"'lilt exhibit greater prefl'rcncc
for ill tran.;;parl'1l1 COIllI)arcdllon-Lrall')parcnt pad';'Jging evell whell
explicitly controlling for product freshness and quality, We argul' this is the case
b 'cause Ihat (1) pcople a':;SOlidll' the notioll of 'trdllsparent' with hOllesty,
openness, candidness, and forthcoming behavior (2) they olten make inlerences
and judgmcJlt about products bJsl'd on nOll-diagnostic pacJ"Jging cut's that arc
Sillit'n! in the purchase cOlltexl (such as transparency) rmher than diagnostic
prodnel information {such JS ingl'edienlS) thJI is not salit'nl in the local ncci'iion
COIlI.CXI (l'.g. W;lllsink and Van IlterSlIlll 1999; IIlu. Billt:ter .Hld Lnrnan 2(12).
Thus, products cov('reJ in trJnsparent packJging will bt' viewed JS more
trust\-vonhy as compared to the l'xaet same produfts in nOIl­
lrJIlSparel1l packJging, leading to grealer purcha<;c intelltion for and higher
product choiet' of transparent products. Results [rom six cxpl'rirnents
thal transparent c'ompared to non-lra"'parent) pa('kaging enhances
pcrceptions or product (evcn when explicitly controlling for
product freshness and qua lily) and leads to higher purchase intention and
incrcac;;cdproduct choicc. \.ye iUt'ntify perceptions of product lrustworlhim:'''lofi
the mediator Jnd appcal of producls 011 imponant bound.Hy condilion
for this dkcl.

3 - An Exploratory Study on Consumer's Esthetics Perception of
Logo Design

Yu-Shan Athena Cben, National CbengChi University, No,n,
Ln, 40 I. Jinhu Rd .. Neihu DisL. Taipei, 114, Taiwan - ROC.
uthena@nccu,edu,tw, Wei Han Yang. Lien-Ti Bel

This research invcstigates lhe logos' elements, and the influenl'e of self­
regulatory [ocu!oJcs(l'; C0I1SUHlt'r"pern->pliiHl\ u[ logos' \<Vc takt'
lOin-depth interviews and elicil eight key esthelics e1l'1ne,m on logo d('sign lrom
the data or over 780 minutes "f audio record which transcribed to more
lhan 341 pages "f lyped documents, TI1l' 'ludy demonslrateS four COl1l'1"ete
e')tlll'tics demcnts· symmetricJI, color color harmony. baryccnter
balance, laconir three c"lhctics clemen Is modernistic.
meaningful. lIll-regular design. Furthermorc, consumer's scit-reglliatory focus
moderatt" beauty pern'ption of log,", The COllcrete clt-m('nts
may be successfully ('l1Jplol'ed lor preVt'lllion consullle\> and they may be used III
delenllinC? wlH'lher a logo is beauly t'r not. The promotion OlnSllJ11t'rs l'J1lployed
the ahstract eSthelics elemems to judge a logo's beauty rather prevenlion
consumers, Thcse findings address tht' fundamcmals [llr logo design, and
that firms should cit-sign logo<.i with coucrete cstllctics dt'rncnL rpr the market
with prevention consumers. Howt.'ver. logos design with abstract (:sthl'tics
t,'lcrnents may lit' appreciated by promotion con<.iumers.

4 - Natural Scarcity and Product Valuation
Robert Krellzbaucr, Assistant Prol'essor, Nanyang Business SdlO(II,
S3-B2C-104, Nanyang Avenuc. Singapore. 639798, Sillgap(lre,

Dan King. Shankha Basu

Vve introduce nJlllral scarcity iJS a fundJllll'ntJI concept of prodllC1 v.lluation.
Al'Cording ll) commonly held in marketing research and praCtice,
COnSHJllefSattiJch value to products when they art' \Glrn'. especially for prodtlct")
thai Jre preferred because or tht'ir t",(.-Iusivily rwhat's scarce is good'). Howc.:Vl'r,
in a <it'riesof l'xpcrill1t:ntill sludies show that a scarcity heuric;;liconly Jpplies
to situJlions of natural scarcity which 111t'ans that therl' are natural constraints
tilat leallto scarcily, Typical would he products that are so dilficuit to
ITldke (e.g, luxury and prcmiulll products) that the compJny could not provide
L'nough supply to SJlil)fyconSUll1t'r dCIl1JllLi.NatllrJI scarcity can OCCLlr in various
f<.lrms of spl'cial skills or OtJlt'f kind.; of reSOl.lrCl'S. OUf concept b ba\cd on thl'
theory of costly signaling (natural scarcilY as an IlOnesl and non-imilable signal lit'
fiuH',>s) and is Jble to cxplain varioll,) phenomena of prcmium- and
luxury-gotJds consumplion. In particulJr il call l'xplain why ccrtJin products,
(kspitl' Ihe compJny's effort art' nol pt'rceivcd as prestige or luxury goods.
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1 - Role of Risk and Incentives in Contracting between Movie
Distributors and Exhibitors

Nina Rarancbuk, Professor. University of Texas ilt Dallas.
4449 White Rock Ln. Plano. TX, 75024, United Statcs of America.
nxb043000@'utdallas,edli. Andrci Slrijncv, David Switzcr

Thcoretical literature sludying (:onI rJ('1 . hetw('cn movie distribUlOr\ and
c,hibilOr"i has invl'stigJted Ihe following Iwo fdctor" determining lhc tlplimal
conlraCl (I) lI11Cl'naillt} abollt movh.' demand and (2) alignment or
inCl·ntiv ...., cOlln'rning the (hoke or di\pICl)' timing and Icngth. The IWO (iJl'IOPiare
not mutually exclus;"e. and thus their influences may be flresem in the data at
the samc timc. However, cmpirical Iilcrature is SCJro;' dtle LO lack t.)f datil
on rOJl1rilt1" helWCt'1l di\lriblltors ;111£1 exhibitors, and foclIses tlnly on derniHld
uncertainty (Fihon ct (ontributc to tllc cmpirirallih.'nltUrC on movie
O.Hltrans by invesligaling th ... reliltivl' importancL' of the two fJrtors. 'vVe offer

or lhe tl1t.'orClicalprediction") llsing l-Otltract lK'twecn..l
major lheJter dlJin IO(Jtnj in St. LOlli", MO Jnel movic sludios [or 135 movie'
displayed in years 200 I and 2002, Our analy,is provides elllpirical sUPflllri for
when rliff...rcnt COlltrdCl regimc) Illay be oplimal depending 011 the two
Our findings indicate that the l'hanges in the dbtribulOr's share of box offi(T
revenue's owr the display period arc strongly rdated to the length or the display
Ill'rind. '\pt'dfictlJJy. II fasler lkclint' in thl' di'itriblllor\ ..hart' It! il

shlll"tl'l"display time_

2 - Competitive Market Structure of Popular Music Industry
JOllnhyuk Yang. DOdoral Student, KAIST. 291 Daehak-ro,
Yuseung-gu, Daejeon, 305701. Korea, Republic of.
joonhYlikyang@gmail,col1l

Under<;tJllding (lIInpelition landscape or markt:l strlll:;tUrL' of entertaiumt'nt
is challenging due to J large number of products. l1t'culynJI-pricing,

unique characterislics of each product. and dillieuhks in ex ant(' quality
t·valuatil)n. Thus. the producers ill entertainmellt industrie.'s ol"tl'll rind lhat it is
diffiuJlt 10 idt'nlify tht'ir (Ompl'tilor" "et Jnd tht, c"tcnt or competition dftTIS on
their revcnu('. In this paper. I clttempt 10 empirically mcasure the competition
effects on Ihe p[ p<.lth rivJI fimls (busini.'ss stealing) JnJ own firm
(cannih..lli/..ation) in popular mllsic industry, using a rl'cently proposed
slructurl' inferring melhod. To mCiI,>ure lhe compt'tilitlrt effects, I incorporate K­
pt.p musician:>' weekly digitillmusil' saJc5 dala into lht' dynJmic markl'l-c;;trul-ture
pt'rceplualmap Ihat is inri.'rred from bOlh fOrlllallll'ws media Jnd informal user­
gel1Cralet! cnntell1 on the Web, -n1l' suggesl lhat there exisl significant
competition dfects on music sak's dcpnlding On I>ranrl posilioning. In addition,
J find dbsimilllr rcprest'IlIJtion of m,Hkcl stflll1Ufe by diffl'rCI'lt inforrn.lIion
sources: news media and user-generated content. Thh paper mJk<.'s iJl least twO
contributions: Fir\t, J provide t'vidence on tht' compt'tilivt' markel SIfllL1ure of
fnusic induslry und how brand influl.'llct's product in dynamic
[usJlion llsing c.:conolllical and sirnp1l' mel hod. Sn-(Ind, to Ihe be'it of my
knowledge, this is the first aLLelllpl to empirkJIIy llleae.turl.'the business sicaling
and GlIlIlihalilatiol1 t'frcu" in tl1<.' mu)ic industry,

3 - Testing Resources Allocation and Their Effects on Firms'
Performance: A Resource-Advantage Theory Perspective
in Sport

Aseel AI Ghamdi, PhD Candidate, University of Guelph, Dept. of
Marketing and Consumer Studies, Guelph. ON, NIG 2WI.
Canada. aalghamd@uogllelph,ca. Vinay KanetkJr

The enlenainmelH Iitl'ralUre has been growing dramatically due to its
importanCt:' as a markt'ling ilvenue ror prOnl gt'IH'riJlion ttl Sport organi7Jlions.
One important aspecl of this field is n>ncerned abt>Ul the relationship between
resnurn' rnJnJgcrnent and relative performance oUlcomes. Given the annual
budgt't spl'nding Iilllite.tby sport whcrt' :>hould spon leams allUCdll'
their 10 achieve m..lximum performance? We ....vill lI)l' the Resoun.-e·
Advantage Theory llf Compelition (Hunt and Morgan, 1995. 1996 and 2005)lO
gel some in'iights t.ln resource management and propose alternative
modeh on an effort tu Ihe rdative value o[ rt'.)Ollrn'" and lheir dft.Tts lin
!"inns' pcrformJllcc in different \ittJations. Thl'SC ITIt)t.kl, will improvl' the

OIl resource prioritilation and its <.'fft'd un per[orI11ClJ1Cc.1rVe
the National Ho(kl'Y League as Ihe.' sport conlext to otlr assumptions to
further advallu' the R-A theory ft.' carch by idClllifying how dirrerent
inOuel1l'e the llulmme of franchist's, To underswnd tbc impacl of budgC'l
SpetH on various players (resources) in NHL in rdation to total pt.lints earnl:'rl
(performance). several tinear models were conducted nn 5 cons('cutiw
NHL seasons, We fonnd lhat capital spelH on dclenders andlM forwards did not
,>ignificalltly result in hight'r tOIJI points. while budgct \penl on goalkeepers did
significantly influence rolal poinls earned at the end of NHL season, as
sport tcams allocate more of lheir annual blldgl'ts on they achieve
greater total points, whieh were explained by the highest estimated parameters
goalkecpers had in the models llscd.
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4 - Why do Products Get Sequels? A Launch Decision Model with
Risk Aversion

Florian Deurzmann, lESE Business School, Av. Pearson 21,
Barcelona, 08034, Spain, [deutzmann@iese.edu, Dennis Fok,

Stefan Stremersch

Many l'n1cnainmcllt markets. such uS video gamcli Of movil's. show large degrees
of scquelitis. Many products receivc sequels and concerns exist whether finns in
these industries surnciently devdop IlC'W collcepts. We devclop the first empirical
prod un launch decisiun modclthat accounts for risk aversion and show that risk
aversion is a prime driver of Ihis phCllOl1lt'110n. We estimale our modclun a rich
<.lata \Cl from lhe: ClHl"wk video gdlTIC industry consisting of 185 consecutive
months or price. and inform,c.11ioll for a total of 7,744 games. We
find that tile high tendc'ncy of publishers to rely on sequel rdeases is Illainly
drivt'n by lht" lI11ctriainty reducing (Hlll"lltial of sequels and an ilH.,'redsing qllality
sensitivity 1)[ consumers over scquel lines. We usc a simulation approach to
demonstratc the dfect sizes and show how many scquels would be releascd if
they did not incorpt)ralC these fJ<.'lor'S in their (kcisioll-making. Furthermore, we
show that the 111ain fl.'olson for decreasing sales along ,>cqud Iint.'s terns from low
inwstments in produCl quality by Lhe publishers.

5- TIming of Line Extensions: An Investigation of Movie Sequels
Sanjay Sisodiyil, Assistilnt Prol'essor of Marketing, University of
Idilho, 875 Perimeter Dr MS 3161, Moscow, TO, 83844,
United Stiltes of America. sisodiya@uidaho.edu, Berna Devezer.
Steve Shook

Movie products have 'ihon producl lire cyclt's. anu it is criticalLO consider the
factors innuencing revcnue generation for these produns (H,'nnig-Thurau.
HousLOn. and H....itjans 2009). While a variety of faclurs have been identifi ....d that
cau irnprovt' box offic,' perfortTlanc .... (e.g .. Chang ,lIld Ki 2005; Brew,·r. K..Iley,
and Jozdmvicz 2009\, Ihc factors afketing Ihe success or movie sequels remain
under-researched. Through the developmcnt of movie franchises, studios
introducc' sequc'ls in order III captlll'e brand equily estahlished by parent brands in
a rranchise ur rnovil'S (e.g., Sood and DreZl' 2006). Resl'arrh has shown th,ll
sequels outperform non-sequels (Dhar. Sun. and Weinbcrg 2012), Ihus it is
illl port flll I lO consider factors that may e:nhance of movie sequels. Timing
is known to be a key fartor and may be imponal1l 10 consider wilh movie launch
strategies (Calamol1l', Yeniyurt. TownSl'nd, and Schmidl 2010). Some research
has round a d ....ca}' elk,L with sequc'ls (RasurllY and Cham·rjet· 2008), but Ihere
md)' be some point when.' an anticipation effect could occur as consumers wait
for the ncxt iteration in a franchise. We investigate perspectives by
consickring aU-shaped rl'lationship for liming bel ween releases. Using a database
of 150 n",vie sequels, IV" lest our hYPl'lhesis using worldwide box offir,· rcve-nue
as a measure of line extensions' succcss. After controlling for produnion
elt'mt'llls. expert ilnd viewer opinion. and franchise performance. Wt' find support
for the curvilinear rl'lationship between the reil'ase of sequl'ls anti box orficl'
rerformance, indirating thaI a decay drect dnes occur followed np with a buildup
in IHuitipaLioll.

• TAOS
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Pricing Issues
ContributedSession

Chilir: Jonilthan Seaton, Reader in Business Ecollomics, Loughborough
Univer ity. School o[ Business and Economics, Loughbol'Ough,
United Kingdom, j.s.seaton@lboro.ac.uk

1 - Should Event Organizers Prevent Resale of Tickets?
Ozge Sahin, Assistant Professor, Johns Hopkins University, 100
Itllernalional Drive, Baltimore, MD. United Stales o[ America,
ozge.sahin@jhu.edu, Izak Dnenyas, Yao Cui

We arc inLCrested in whether preventing resale or tickets bl'ndils the capacity
providers for sporting and entertainment eVl'l1ts. Common wisdom suggests that
tickt't rl""iale is har111fullo t'vt'nt organill.:'rs· reVt'nlles and evelll organizers hilVC
lricdto prevent resale ollickels. For instance. Ticketmaster has recently proposed
paperless (non-transferrable) tickeling which would scverely limit the
llpporlunity to reselilickets. Surprisingly. we find Ihat this wisdom is incorrect
wht'll t.'vent organi/ers use fixed pricing policies. in faet evc11t organizers should
attempttn reduce till' cost of [esale in lhis case. Even when Illulliperiod pricing
policies arc used, we nud that an eve!ll organizer may still benefit from tirket
resale if his capacity is sillall. Given tbat limiting licket resale by making it more
dirncult has rc' .til led in adverse consumer reactions, we propose a novel ticket
pricing mechanism of tirkl't oplions, We show Ihal tirkt-'l options (wht're
consumers would iUilially buy an option to buy a ticket and then exccule al a
later date) nallirally resull iu reducing ticket resale anti result in significant
increase in evt'nt orgJni'Icrs' revenues. Furtlwrmore. since consulller only risks
the option price (and nOilhe whuit' ticket price') if she cannot allend the ev ....n!.
options may be an easier selllo consumers than paperless tickeLing.
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2 - The Optimal Pricing of News Content
Adithya Panabhiramaiah, Doctoral Stlldent. University o[

Michigan, 70 I Tappan Street. Room R4323, Ann Arbor, MI,
48109, United States of America, adirhyap@lImich.edll,
S. Sriram. Shrihari (Bari) Sridhar

The increasing availability or alternative sources of news, espccially free content
at websites hosled hy newspapers and news aggregators such as Yahuo has madc'
pJying for the print Ilewspaper less aLtractivl' to rcaders, prompting print
newspaper circulation declint's. Significant losses in circulalion and in advertising
rewnues have prlll1lpled daily nt'>vspaper puhlishers Lo identify opportunilies to
makt· up lost revenucs. Over the last lkcacle. average prices or daily
print Ilewspa[)ers across tIlt' U.S. have increased by 40-60% in order to stabilize
rt'vcnucs generated lhrough paid circulalion. The two main goals of this rescarch
art' - 11) til stud}' tilt:' theuretical govl'rnillg the counterintuitive
phenomenun of ri'ing prices ulldn declining demand facing Ihe newspaper
industry. and b) to propose and evaluale allernative pricing schedules for
lIewspaper firlll" racing changing markel conditions. Our datd rornprist'
circulalion and advl.'nising and (or both lhe print Jnd online
ver,illns offered by a top-25 U.S. regionalllt'wspaper. While Ilt'wspaper firms'
ft.·venues arising from prim nt'wspapers have fallen cOllliJllHlUsIy, revenue" from
online neW$papl'rs have gained somCwhJl given the popularity of
online new5 Illl'did. Hl)Wevcr. on average. online revcnut's still account for a
miniscule lO°It) of 101al revellUt'S, suggesting that for t'Vt'ry dollar gdint'd onlinp
the newspaper is slilllosing nearly scven dollars on its print newspaper. To
invesligale this in morc detail. the proposed rramcwork allnws 1'01' co-dependence
between hlllh prinl Jnd online readership as wdl a<., betwcell decisions
on bOlh [ormals. allowing ns LO bCller quantify the nct impliealion or a priec
increase un uVl'rali ncwspapt.'r firm reVl"llUt..'s olnd profits.

3 - Pricing in Inflationary Times: The Penny Drops
Jonathan Seilton, Reader in Business Economics, Loughborough
Universily, School o[ Business and Economics, Loughborough,
United Kingdom, j.s.seawn@lboro.ac.uk, Ratula Chakt'ilborty,
Michael WilterSOIl, Paol Dobson

'vVe invesligate micro pricing hehJviour in groceries (Lill' UK's !lIOSl important
COll$umcr markct) nvc'r eight years including thc' infl,llinnary period of early
200ft 'INc find behaviour sharply distinguished from most previous WlHk, namt.'ly
that overall ri<;e but more individual price" fall than risc! This is
consi'tcnt with retailcrs ohscuring the facI of rising basket priccs. We employ a
signifiGlll1 new source of data lhat captures cross-competilor interplay in prices at
a very detailed level. Unusually but imponantly. nur work takes into accouJU thaI
consumers buy bask,·ts of goods. ralhn than individual produns, when shopping
at supcrmarkets.

.TA09
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Customer Relations Management
ContributedSession

Chair: Yantao Wang, Assistant Professor o[ Marketing,
Seattle University, 901 12th Ave, Seanle, WA, 98101.
United States of America, wangya@seattleu.edu

1 - A Conceptual Model to Measure Success of the Complaint
Management of Companies

Ozan Peneklioglu, PhD Student, Istanbul Technical University,
lTV Sosyal Bilimler Ens .. Taskisla Caddesi, Istanbul, Turkey,
peneklioglu@iru.edu.tr, Omer Deveci

Customers usually have high expectations ror the goods and scrvices which Ihcy
purchasc. Thcy gcncrally voice their opinions, if they werc not Olfering

rnarkl'tlng is very imporlanllo be successful ill tnday's
compelitive hU'iiness. Orren'>e is made to generatt' new custumers when:' de£ensl:'
is made to ket:p current customers. COrnpll.lint management can bt' considerf'd as
d<..'fc.'flsivemarkeling slrategy because of its goal which is 'to minimize customer
lurnover by protecting produl1<; and marJ...t:ISfrum competitive inroads'
(Reinwald. 2009) This article shows the importancc of CUSLOmercomplaint
management syslems and the effects to CUSLOmer loyalty. In addilion LO that a
COllCl'plUJlmotiei to measure the of the complaiut managemcnt behavior
of companies offered.

2 - How Relational Involvement Moderates Satisfaction Paradox
under Competition? An Industrial Case

Che-Yu Cheng, National Chung Hsing University, Department of
Marketing, 250 KlIo·Kuang Hnad. Taichung, Taiwan - ROC,
please20 12@gmilil.co!11, Ming-Chih Tsai

uswmers stating to be S<ltislit'dmay slill be lack of loyahy, and tilt' phenomenon
was uefined salbfaetion paradox. Tilret' filClurs are found tu Ihe
paradox: including customer characteristics, relational charaneristics, and
marketptace characteristics. Cuslomer rclalional involvement. including Ihe
numher and types of relatiollaliKlivities. is ill panicular important lO study for
industrial satisraclion paradox. Butlhe dkcI is not systematically cvaluated.

almost all o[ prt'vious has bet'll conducted in single hrand
conleXts. EI[cn of l'llinpetition is grossly (wnlooked. As a this 'tudy aims
to vali<laLe 'atisfaetion measurements and evaluate the JIloderating effects or
relational involve-JIlc'llt undc'r coJllpeLition using an allribute thrt'shold
muhinomiJI logil modt'!. Wt" mullip1l-' llle3SUrt'Jllt'nls In highlighl lhe
exislence of dilferel1l phasc's of satisfaction iu a relationship alld a paradox
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indicator is developed tn concludc 0\ crall <'ffeet. Sample> of 124 high-tcch
llistomcrs lIsing Jir express an.' ('(lllecled for study. The analysis

validatl'" the five \.1ti!'ftiClhm mCJ<ilHClllenl!\ CU"llOIlH:rloyalty. incluuing
pricC'. delay compen')JlitHl, nlslolllCf privacy, f1exihlt.· delivl'ry, and cargo tracing.
Meanwhile. fiVl' relationship programs art' lIa">sco iJIll) linanciaL \(xitll
and slru(."1lJral bonds according to con fi rma LOry fJClOr They afe
III be all effective in miligaling satisfaction paradox Ihrollgh Ihe analysis of a
lille,lf regression model. Pillally, in terms of ClISlOlrtt'r beh.lviof, reloJliollJI brl',HJth
is more effective 10 idemify relalionJI involvement, than relational depth.
Relational Jgc on the other hand aCCOllnl$ for no eHeel.

3 - Services Diffusion under Internal and External Incentives
Ben Rhoullla, HEC-Montreal, 3000, Chemin tie la Cote,

Sainte-Catherine, Momrcal. QC, fBT 2A7, Canaua, tarek.ben­
rhoul11a@)hec.ca, Georges Zaccour

How much to inv('st in the dcquhilioll of new and the retention 01
existing IL b certJinly Ihe question 1110';,( asJ..cd by cuc"torncr relationship
managers. This issue gains 1I10re imporlJnce \\ilh suuscription for which
CU<;lOll1l'r afkl1s hugt'ly the c;;crvin' c1iffu\ion and tIll' cuslomer
profitability. The few studies that havt' focused on this issut' consider that
cmlOlI1er's deci,inn 10 subscrihe and stay wilh Ihc service depends only 011

marketing drons providcd by the firrn (intcrnal incenlivt's). Thlls. the presence of
other extcrnal (swilching COSIS, personal ann ':.ocial incentives, l'tc.) has
always been ig,nored. In this work, Wl' prupost' flew dirfu')iolllll(lL!t:1 bdsed on
twO pnKesscs: C'u"llOlIlcracquisition and CUShHner relentioll. The firm should
determine the oplirrwl CRi\.1 cxpt'llditurt's in the of external inn.'IItivt's.
By using dynmnic programming, Wt' illtroduce a Ilt'\.\' Jpproach to l'akuIJtl'
optimal ucquisition and rdention ....pcndillg to maximize the <,'uSLomc[ t'quity. \Vc
then analyzt' the cffect of cl variation in the effcctivcnc\s of internal incentives as
well as the magnitude of external incentive\ on optimal CRM policits.

4 - Some Customers Rather Leave without Saying Goodbye
Eva Ascarza, Columbia University, Columbia Busines School.
3022 Broadway Uris Hall #524, New York, NY, United States of
America, ascam)@columbia.euu, Oded Netzer, Bruce Hartlie

In this we study notllnly whell customer') churn, but a (<;0 how Lh{'¥ do
it. [11 particular. we analyze the case in which companies might. but not
necessarily do, observe clistoml'r attrition. This is L!u.' case of lllallY online-based
')ervices wlwre ClL,>LOlllershJve the dlOicc to Sl.Op intt:'rel[ting wilh the Hrrn either
by formally Ihe relationship (e.g., canct'ling the accounl) or by simply
ignoring all cOl1llTIlllliciltions o,)ming from lhe Hrm. COl1o;ider, [or C:'xamplc. a
Groupon subscriber who wishes to stol) interJt"ling with lite firm. Site cnn either
dirk (,)(1 the Jink- hence rormally ll'rmindting her with
Ihe firm, or she t"an direct nil e-maib from Groupon 10 her jllnk folder. Simil,,,
behavior can occur in social nelwork sites (c.g .. Linh.l'dlll). web (c.g ..
eBa}'). weblt'-mail Sl'rvices (e.g .. Gmail) and tllher tlrfline >elIings ('.g .. credit
cards wilh no It'c). [n all these business senings, customers not only decide when
to leave. but alstl whelher to gotldbye. In Ihis papcr Wl' de\l'lop a ITIt'tklthJt
incorporates hOlh terminJtion of thc rt'iationship that b directly observabit' to Ihe
firm and latcnt anrition due to illilClivity. We apply till' Illodcl in the context of a
web-bascd deal. sit('. where multir)le ,ouret's of daily usagt'lactivity ie.g., e-mail
openings, clicks) J'i well as 11l1subscriptiol1 tlt'havior Jre lIbc:;crv{'"LWe find
<;ubslantial difrcrcfl<.."t'Sin usage bt.'havior bt'twecn thuSl' who 'visibly'
churn and who do il ·siit'nlly'. We rnanag<:rial irnplications of lhis
research.

5- Beyond Sunk-Cost: How Commitment Contracts
Influence Consumption

Yantao Wang, Assistant Professor of JYlarketing, Seattle University,
901 12th Ave, Scattle, WA, 98101, United States of America,
wangya@scaltlcu.edu, Florian Zenelmeyer, Eric Anderson

This paper look., illl(l how contraci attributes influl"llCl' consumers'
consumption decisions. Tht' existing literawre ill economics alld in hchavioral
rCC;;t'archfocus on the rationalily of both firm\ olfeeing commitmenl cOlltr,Kl\ ano
consumers buying commitmenL contracts, Tn this paper, we investigate whether
and how commitment contrarlS consumers' subsequent
consumption dt..'cisiolls through tilt.' dynamically challging JHribut<:.'s or the
contracts, Using thn.'c yt'ars of individual contract purdlase and Cl)flStllllption
information in dalcl provided by a health club, we impklllent a Ill'rStHl-contraet
it'vel fixed dfeci model I(> correcl I'llr endogeneily in key v.Hiabks of interest,
mostly cJused by (on<;urners )(:lccting inlo commitmcnt contracts for the next
period or ti1l1e based <HI lheir eSlirnalcs of future demand. The richness or tile dJtn
ale;o allc)',.v,>me to control for many clHlfounding f.1ClOl"e; Ihal are spcdHc 10 {'Jch
individual COilC)1I fIIcr as wdl as those el1vironmt'I1l.J1 inrtuellces lhat arc comlllon
to all C0I1<;Ul11l,.'f5.Analysis rcsulb confirm Ihe: positive impl.H..1 of \unk-cost on
consumers consumption TIlt.,y .Ht' found more likl'ly lo attend
the higher thl' remaining sunk-cost ht.llann' associated with a commitment
contract. TIll..' impact uf cOllll1liulll'llt (ontract 011 (OnSlIl11plioJ1 ooes not vanish
when sunk·cosl comes down to 0, rather it manifests it'i{'/f as the dfcCl of
rOlential saving. Consumers art.' more likely 1n attend 011 a givCIl day if
they anlicipale a highcr amount of saving wilh additional consumption. [n
addition, thc dleclS of ,unk-cost and art' both moderated by one's
cognitive abililY II) track consumptions. Therefore. the furthcr along one is into a
COmmilIlH'IlI contract. Ihe weakt'r these dfccis bt'coll1l'.
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Brand Equity and Brand Management
Cortnbuted Sesson

Chair: Past',ll Kotlernaon, Bieldeld University, Universilar,sl.ra[]e 2';,

BiC'iefC'id, Germany, pkoltelllannC<i'wiwi.uni-bielefeld.de

1 - 20 Years of Brand Valuation - What Do We Learn from 24,000
Brand Values?

Alexander Hitnllle, University of Cologne, Albertus Magnus Plalz,
Cologne, Germany, hill1l11e@wisn.uni-koeln.de, Marc Fischer

influence llle 01 tthLOIllt.'rs. managers, inVCSlOrc,ano government
Allthl'\c '\takcholder'\ have.' a high inkrcsl in quanLifying till..' value of

a brJnd ill 1ll01ll:tilrr units. AS ..1 result, nurnCrOll'i brand valuation 111<:.,thooshave
been devcloped and applied to IhOIJ'dnds of brands in lhe last 20 years. However,
the t'stinldled brand values differ .ignifjcantly for the same brand as well as across

and timc. Executives ask whelher the\' should invt'st illlo hrand building
and how to rnt.'t1Sllre the finandal vlllul' of hrJnck They would like 10 know
which indu'lry, market, Jnd firm condilions favor the growth of brand vailic. In
atlJil.iotl, (l')k for guiLlanCl..'through till,.' jungle or Illl'thods of hrand valllJlion.
To answer lhese questions, we <:ompiled a 1I11iqUt'database lhat includes more
lhan 24,000 finilnci,ll broH,d equities that were t,btJi,wd from 17 different brand­
vdluatioll rnelllods covering commercial provkh'rs (l'.g., Illtl'rbrand), aCcltkmic
mc.:'lhocb (t.'.g., Simon/Sullivan J 9(3). as well a,> r('JI markel IransartiollC\ such as
M&A Thl' database includes lhe global nnancial value of more than
3,800 originating from mor(' than 70 C<>lIntri('sin the period 1992-2LJI t.
\Ve lI"l,llf!l the brand with nnandal dellJ for pan'nl firms from
COMPUSTAT and CRSP. W(' apply a meta-analytic approach to reveal sy'tcrnalic
differen(e" in brand vdlut's IhJt dfe due 10 tinn'. produtL geography, rnar\..et,
valualion approach, and firm-specific factors (e.g., investmcnls illln
and R&D).

2 - Sustained Growth - An Objective Customer-Market Measure of
Brand Equity

Abas Mirzaei, Macquari(' University. Balaciavc1 Road, North Ryde,
Sydney, 2l 09. Ausrralia, ahas.rnirzaei@rnq.edl1.d\l, David Gr,ly,
Chris Baumann, Hurne Winzar. Lester W Johnson

This 'ituJy rcsponds to ll1(' Ill'ed [l..H an objcGive 111easUfl.'of
brdlH.ll'qllily. Focusing OJ! l.t.Hl'>Ullll'r')'aClual pUrdla)t;' behaviours. this ..afch
propose J relatively simplc measure of brand equity ac; a fUnCli(,)!1of sustained
growth ovcr Ihc long term. Although ClISlorTlcrs react in dHfcrt'nl stages or lht'
purchase proces<i. in long tt'rm, CUSLOmers' perceptiolls. Jnd cl-ltitudes towards

clrc into thdr iu1ual pUfchasl..' behaviour. In d competitive
mark.ct. whcrl' CUSIl)mers have choices. art' n(.)t forced to purchase from or stick to
a ccrtJin hrand. and can easily c,witch from brand A to B. a negalive brand
attitude. and pt.:'rceptiOlll·anl1ot be tran'ilatfd into incrccl-'ic in long leun.
Thus a cOl1linUtHIS growth wilh low f1uctualions over the long term (all be
conduded tilt' customers' positive mind set towards a hrand. a greJter
performance, and ultirnalely sl(()nl;cr brand. The Jutlltlrs providt' theorctical hasis
[or the mC.l$Urc dnl! compull..' it dcrOSS several indllc;1rit'') and lest it'. validity by

the results with other clcddeflli<: and industry measures of brand
equily. The proposed Brand Equity Index (BE[) a, ll,t· ratio 01 growlh to ,ales
nuclualions lIlultiplied by market share oVe'r a 5-year and to-year periods, is
applic<'bk' in corporale, brand. or sub-brond levels. across industries and
courllries. The results show tht· reliability of the measure in rdlccting rhe
outcome or til .... hrand building strategies in long term. Finally we incorporale the
BEl inLO the firm valuation models 10 (dplure the mOlletary value Jnt.!
explanatory power of the proposed BEL Kcy word" brand equity, brand
pt.'rformance, 'iuCitained S<llc growth. long It'nn.

3 - From Hedonic-Utilitarian Value to Brand Loyalty: The Role of
Brand Trust, Affect and Risk Aversion

Zeynep Sahin1er, Istanbul Technical University, ITU Silahhanc Cad.
No:2, Macka I Besiktas. Istanbul. 34367. Turkey,
zeyncpvuraI08@gmail.coJl), Elif Karaoslllanoglu

The UTISI. brand affect and ri)k aversion linking
vilriJoks in chclin or cl'rel'ls rronJ hedonic alld utilitarian value to two aspects
oj brand loyalty; behavioral loyally nnd alliludinal loyalty. The analyses drawn on
200 \Vch b.1'>cd rt.'veal thtlt products have more ht,dOl1ic
value lhan Ulililarian value. consumers feci more trust and affect LOwards brunds.

no impact of utilitarian value hilS found 011 these two lal1t.'r
concepls. t\iloreover, the suggesl that while brand trust anti brand affect
art' importanl tll1leccdents of atliluJinJlloyalty. behaviuralloyahy is only
lacilitated by brand affect. Addilhmally, it is found that risk avcrsl' may
rdrain from buying producb V\ ilh unknown branch hut radler they prt.'ft·r lht"
ones thallhcy have devclop('d hrand affeci for. However, risk avnsivenes,
co11lribtlles to atlitudinalloyalty both directly and through brand affect and brJnd

theC\l' relationships have been lIIH.kr tht.' muderalion of
product involvernent. It b lound that whelher highly involved or not, consumers
become allitndiually or behaviorally loyalw brJnds when Ihey perceive l1<'douic
value blltl1tH utilitarian value. Managerially, it could be interpreled that
utilitarian value is regarded as point of parity, whereas hedonic is the
source or point 01 clif!t'l"t'l1l.'t.'.
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4 - Brand Concept Maps in Computer-Aided Interviews: Challenges,
Benefits and Empirical Findings

Pascal Kouernann, BieldelJ University, Universili:ilsslrafle 25,
Bielefeld. Gennany. pkottemann@wiwi.uni-bielefeld.de,
Reinhold Decker, Marlin Meissner

Brand image. as an agglomeration of perceptions, bdicls and associations
consumers connect 10 a brand, con,titUles one or the key ractors for strJtegic
brand managenwlll. CnnSi"qucntly, several qualitative, quantitative as well as
combined techniques have been developed ror the m,'asurement of brJnd-reiated
associatious. In 2006. John et al. introdun'd Brand Concept Maps (BCM) as J
new technique lor measuring brdnd associations dS well as tl1\'
strunure ul the-e brand associations. In its originai r"rm. the BCJ'vt method has
been applied in a laboratory selling with poster boards and laminated cards. Thesc'
rt't.]uirt.'I11t:'IlIS. howt'ver. mighl hinder ITtJrket n-'sC'Jrcht'r\ rnllll cieploying Ih(' rull
powntial of the BCM method due lOthe ract that the validity 01 marh't research
studies particularly depends on generating large and representative samples.

this background, the aim Ilr this paper is thredold: first. w,' identify major
chal1t:nges when tr.lnskning the original BCM ITIl,thod to computl'r·aidcd

lllH.! discuss key bt."ndilS lhat result (1'0111 an anplication of lhe
(lpproach in this selling; second, we propose a way to implement BCM in onHI1(;,
market re carch swdies; third. we compar,' BCM data from personal and
computer-aided intervi<:.'ws in two empirical studies illvestigating well-known
brilnos from two di[fert'111 indlll.ilrial 'ic:'Clors(consumer t'h"ctronic<;,
clothing). First results indkate high convergent validity between data sets frotll
personal and computer-aided interviews while significantly reducing the overall
interview length at the <;ame tillll', Rl"ft'n.:ncc .... : John DR, Lokcn A. Kim K, Mnnga
AB (2006) Brand concept maps: A methodology for id"ntifying brand assol'iation
networks. J. Marketing Res. 43(4):549-563.

• TA11
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Piracy
ContributG'CJsession

Chair: Alexa B. Burmester. Assistant Professor, University of Hamburg.
Welckerstrasse 8. Hamburg. 20354. Germany, Alexa.Burmestcr@)uni­
hamburg.de

1 - The Relationships between Consumers' Usage of Experience
Goods, Sales Performance and Piracy

Hannes Datta, PhD Student. Maastricht University. P.O. Box 616,
Maastricht. 6200 MD, Netherlands,
h.datta@rnaastrichruniversity.nl, Dominik Papies, Bram Foubert

Experience goods such ,1<;: IllllSic alll1llTls Of l'Ornputl'r games have in COlTlmon lhat
they show an adoption peak upon release bnt are consumed long arter adoption.
As a result. usage pattems are likely more informative or current brand
attachment and future sales performance than ilrc adoption data. Another
charlJetcrislic of cxpl"rienn-: goods is Ihat piracy continues 10 pose a seriuus threat
10 their profitability. Extamliteratur,' largely iguores the role' of usagt' arter
(legitimate or iIIegitimatt') adoption and has found inconsistent results for the
impact of piracy. Against background, we propoSl' a franu'\vork that assesses
how consumers' usage of experience goods (I) drives ruture brand sales
performance and (2) affects our understanding or the role of piracy. We apply our
rramework to the l1lu,ic industr}'. Sp,'cifically. we usc rich behavior tracking data
on the music listening behavior 01 about 7.000 consunH'rs and combine this
information with weekly chan position data. illegal music downloads. and a
broad range of social media activities for a ample or 376 artists frol1l the US and
Germany. Our re-suIts highlight lht., relt-vance of usage as (In important r"Kt't of
hrand allachment and shed light on Ihe roll' or piracy.

2 - Cannibalization or Sampling? Quantifying the Quality of Piracy
and its Effect on Experiential Goods

Anthony Koschmann, PhD Student. Emory University,
1300 Clifton Road. AtJanta, GA. 30322, Unired States of America,
akoschm@emory.edu

Piracy and counterftitillg is ..1 conccrn for any ncw product manufacturer. t\tlnSl
rect"lllly, the mm industry hJS up l:"l1fOrCenlt'111of film piracy to IHt:VC111

the loss in revenuc's that befell the music industry witll peer-to-pel'r rile sharing.
Previous resc'arch has shown that quantity or downloading pirated content has an
errccl Oil reVl'IlU{·S. \;Vhat is ml sing [rom the lilerature is the roil' quality plays.
This paper qUdnLifies th(" quality of piracy, asking two primary queslit.1I1S:
what drives the quality and quantity or pirated content online. and what errect
docs piracy quality have on Hlms still in theaters'? This paper adds tn extant
literlHure by using a daLa set or firsl·run theMriccll films released ill tht'
U.S. in the spring and summer or 2012 with pirate fill' search resulls on the
world's mOSt visited pimt" website during the same time. The results show there
is an association with quality (desirahie) films associated with higher quality
piracy offerings, and that quality piracy is a'>sociated with box ornce revenllCS.
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3 - The Effect of Pre-Release Movie Piracy on Box-Office Revenue

Alan Mumgomery. Carneg.ie Mellon University, Tepper School of
Business, 5000 Forbes Ave, Pittsburgh. PA, [52 [3, United Slates of
America, alanmomgomery@)cmu.edu, Param Singh. Liye Ma,
Michael Smith

The availability of digital distribution,'hannels raises many tlt'W chaiknges ror
managers in the media industries. This is particularly true ror movie stlldios
where content can be stolen and released through illegitimate digital distribution
channel,,; beron', or aher, the Iegilimatl' rt:lea'\C'time. In respon ...c 10 thi-.;
potenlial threat, ll1(wie have spent millions of dollllrs attempting to
prOlect their content from unauthorilcd relcaSl'. to proscclIl<:.'those who mighl
distribute or consume pirlltcd (.'ontent. and 10 lobby g(,lvernrnelllS 10 strengthen
anti-piracy laws. Howevc'r, ,urprisingiy, there has been wry lillie rigorous
research It) analyze whether. and how lillich, mnvie piracy cannibalizes It'gitimatl'
sales. In this paper, Wl' alJalyn' lhh question ill Ihe conlt'xt of pn:'-rt'leasc movie
piracy. Using datJ collected frolll a unique Internet file-sharing site. we lind lhat
prc'-rl'iease piracy signirlcantly reduces a movie's market potential. altlH1ugh
movies wilh pre·rdl'aSl' pir.lry exhibit a slower dl'djnt" over lime. \Ve
estimate that the net ellect of piracy can be up 10 an S% redllClillll in
box office comparl'd with piracy that occur!) al [elea-,e. By comparison we
estimate that box office revenuc would increase by 24(J,h iI" no pira()' were to
occur. Our study n)lltribul .. 10 the growing literature on piracy and digital mediJ
consumption in the In(orrnaUoll Systt.'ms com ITI ullily by presenting evidence of
lht' impact of [nlt'fllel-hased rnovit: pinKY, by taking a pre-reJt'.lsc.:' pcrspecLivc to
strength<'n inlerence. and by dirlerentiating the dfect of pre-rl'iease mnvil'
piracy from the other types 01 piracy that the extant literature preViously
consilkrt'd.

4 - Accepting or Fighting Piracy - Can Piracy Be Reduced by
Optimizing Timing & Pricing Strategies?

Alexa B. Burmester. Assistant Professor, Universily of Hamburg .
WeJckerslrasse 8. Hamburg, 20354. Germany.
Alexa.Bunnesler@uni-hamburg.de. Michel Clement.
Felix Eggers. Tim Prostka

The lise nl the Internet and new IS s"rvices have led 10 wide scale illegal
distribution or digitai produt1S. such as Illusic. Illovies. games. and e-books.

in the entt'flaiOllH,'1l1 try to nHllpete agf"dnsl pirates by
introducing tH.'W pricing Jlld timing strategies, e.g .. in till' lllOlion pictures
industry. We analyze whether rlnns should right piracy l'y providing specific
offt'rs that ITlilXimin" the utility for piracy segments or if lhc:'y shoulu o;imply
accept a certain level of piracy because they wili not be able 10 gain more business
due 10 cannibalization drcets. We present a choice model lor media prodllcts in
which we JCCOUllt for tlw pircllcd alternalives cJnd pff'OiC1 reVenul'S of new
timing and pricing strategies based on (piracy l'Orreeted) choice shares. fn two
largl'·scale empirical sturlies. we mnfinn the validity of the model in
of movie and book Ch(lict', Based un Ihe t'TlIpirical resulis. we simulate revenues
ror over 17 milli"n potential market configurations. The r"sults are highly
consistent and show that piracy has a substantial effect: approximatcly one· third
of Ihe revc:'nue potelltial is Itl"'l. Howt'ver, our ... irnllialiolls revt'al [hat Ilt'w liming
and pricing decisions have wry limited impact on revenue. Thus. from a
managerial perspective, it is very difficult to substantially increase revenues by
strategically introducing nl'W lhal are targcled spc.:.'cificallytoward piracy
segments.

.TA12
12- Geneve
Store Brand Management
ContributedSession

Chair: Erik Bushey. Doctoral Candidate, University of lIlinois,
350 Wohlers Hall, 1206 Soutb Sixth Streel, Champaign. 11., 6[820.
United States of America, bushey I@illinois.edu

1 - Managing Store Brands
Woochoel Shin. A sistant Professor of Marketing.
Universily of Florida, P.O. BOX 117155, Gainesville, FL. 32611,
Unitc'd Stales of America, wshin@ufl.cdu. Wilfred Amaldoss

Stnre brands account for one out of ewry lour products sold in US supermarkets
and drug It is a challellg .. for national brJnd Illanu(ilcilirerslll manage
the C' store brands because of the pricing power or the retailer. tn this paper. we
theoretically investigate how a nati"nal brand manuracturer can handle the store
hraud dlallenge under dirferent markt,t struclures. tn a bilateralll1onopoly. we
show that the na,ional brand manufacturer cannot prevent the entry of a swre
braud b}' makirlg a side paylllc'nt 1.0 the retailer. The national brandmarluracturer.
however, can wtal channel prorilS by supplying the swre hrand and in

process beller dirferentiating the qualities of the products. retailers
compete lor cuslomers, the Store brand, are very crucial lor retailers' prorlts
because relaikrs compete aWilY pott'lllial profil'i from national hrands. Vel, in
such circumstances. we show that the national brand can
dfectively prevent the of store brands by making side payments to retailers.
On the otht'r hand, whell manlifaCIUf('rS compClc for CliSLOllll'rsvisiting a store,
no I1lCllluJactufl'r takes the initiative h) prevent the entry of the store brand.
Finally. although stnre brands art' commonl}' viewc'd as lower quality products.
we l'xampks uf high-qualit}' and mid-quality store brands in t11l' marketplace.
Our analvsis clarifies how a nationai brand manufacturer should set the relative
quality oj' its product under dilferent market structures.
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2 - Private Label Tiers: A New Dimension of Competition between
Private Labels and National Brands

Gizem Hokclekli, PhD Student, University of leuven,
Naamsestraat 69, leuven, 3000, Belgiulll,
gizemhokelekli@gmaiLcom, lien Lamey, Frank Verhoven

One or the Illost salient changes in the grocery environment is the growing
of priv,-lle labels (PLs). Nowadays. Jre offering

thrt'e-tier PLlJroducts, ranging frum cheal' ,md low qualilY own lah"ls (Lt'.,
budgt.'l PLs) 10 SOl1ll'\"bat expl'llsive dlld rompJrablt.' qUdlity PLs (i.e ..

Pl.s), LO prcrniulll qULllity and high value tldded PLs lhm are 11\)\ prict..'d
1"\Vt'r than rtdli"naillrand, (NBs) (Le .. prentiunl PLs). Our pdper siudies the
tontlJeLition between Lhe different PL liers and NBs wiLhin d relaikr for a specific
tdt"gory together with the calegory pfOliL illllJlicaliollS fl)r a retailer using U.K.
hou')dlOld pant.'! dala bl"lwl't'n 2007 ,lilt! 2009 f{lr (wo (i.t'. c(,fl'al &
canned SOUP) Jnd for the IOp-3 retJilers in the U.K. (i.e. TesCtl, Asda &
Sainsburyi. To an,>wer our rescarch question, Wt' adopt rccent empirical 10
tl'chnique"i Ihat enable u<; 1l) derivt the priu.' elasticity of til-manti IOgcthl'r with
changes in (,Ivl'rclllt'atl'gory profit of thc n'tailer. First. Wl' apply cl demJnd model
to [Ornputl' own and cro<;s prin' ill order 10 derivl' substitu1ion pllltcrn"i
between PL liers and NBs. Second. dilfer"nt supply models allllW u, 10 derive
retailer profit lTItlrgins in order 10 c::>limatl'catcgory prprit undl:f diffl'rcnt
s(enarios (e.g. tlte hybrid mnde!, non-linear pricing models). Finally, we perform
filllllll'rfaC1u,ll",il1ll.li,llilHlS in ordl'l" to ohl,lin deepl'r insight .. inlo llle \t'rlse aile!
nonsense of introducing d PL tier by the retailer, alst) the sense and 01

price changes of NBs as a reaction to PL tiers or other changes in the category
af)"ionmt:'lll.

3 - Spillover Effects, Private-Label Brands, and Category
Profitability Enhancement

Mouna Sebri, HEC Montreal, 3000 C<lte Sainte Catherine,
Muntn:aL QC, H3T 2A7, Canada,
Geurges Zaccour

The: gnn.vlh of retailer-owned brands OIll' of the most notable In.'nds in
marketing in recent rndced, they constitute 01 the sales value of
fast-nlllving conSUl'ller goods wllridwidl' (ACNieisen 20 10). In 2005 Jlld
compared to the year bdore. global prival<" label c;alcs by 5(10, outpacing
manu(JClllrer brJnd'i (gro\tving by only 20/0). Tht" purpo\t' of Ihis \llH.ly is to

invesligatc fa<tors that lIH1tribUlt' 10 t.hi, faslwgrowing prnduet<.;devl'1opmenl. 'vVl'
ask whnher the PL perfllrmdlKe in a product eatcgory Iks with the specifi(
dtaract!:.'rislics of the aforef)("lid calegory nr whetlier spillover effecls betwl'cn
producl categories exist. In case of the presellce of sueh elkcts, we would like to
invl'stigill.C whether Ihc"ic spillover t.'fklb are attributed to any spl'cifil· dynamic
bel ween produo calegories (colllpll'lllenLarity, substiLutJbility. leadershilJ, C'IC).
Finally .. Ihis \t1H.Jy aims to eXJllline Lht' way factors related to the as
well as intl'r-catcgnry interactions (an help in the overall enhancement of

pt"rformancc. For t"xample. UotS an incrcose in thc:- privote­
IJbel perfonnanu' in a product CJlcgory "iUlhas c;hampoo t(l boos,t
conditioner PL perfllrmdnce, towl hair-cart' calegory <dIes, and profitability'? By
adopting a sLructural equation modd, we allow to creJlt
systelll in or<.h.'r to uffer tln under,>tanding or PL markl.'L mechanisms by

tht:" [aclors behind these cal.t'gorit-'<CiperftlflTIilllCC using a
large, Cfl)SS category .. time-series dald!'ct and following an encompassing approach
including a numher of relt'vallt category related dt.'ll'rminallh. This approJch is
r1uractivc because it combines market structLIre, categoric" 11l'll'rogclleity. and
pOlenlinl factors in a unique framework.

4 - Suppliers Caught in Supennarket Price Wars: Victims or Victors?
Francesca Sotgiu, HEC Paris, I Rue de la Libt'ration, .Jouy en Josas,
France, snlgiu@hec.fr, Karrijn Gielens

Relailers often initiate price WJrs in which lhey (.'ngagc hundreds or brands across
and wilhin the 'ialllC categories. Consequently. the (Ompctilive position of
individual brands may not l1t'ccssarily improvl" making the perrormJncc outcona'
[or individutll hr(Hlch hard 10 predict. Ukt:wisc:-. the impill1 on brand plTformance
after the price war. wht'n prices arc restOred, is also unclcar. i\lorc\wer, during
price wars nOI all hrands may he affected USUJlly, retailers
announce prit'l' reduclions for a :>Uu:>LCHllial,thnugh nOI fully exhauslive, <Cit'l of
hfClJlds. Also after Ihl' price war, nol all brand priet'') Jre fl.'::>torcdsimultanl·ou<Cily.
This implies lhat noL all ,He dirl'ctly involved in tht' price.' war or post-price
war. papcr aims to the o[ diren and indirect
involvenH ..'llls during and afll'r J pritT wJr Oil brand pt'rfurmaIH.c. To do "iO,
evaluaLed the effccts nf d four mutually cxclusivt' prict' war scc'narins (dirert price
\Var, int.lin.'C"t price war, lliren postwprire war Jnd illdirt'li war) on Ill('
sales dnd markt't share 01 t49 brands al Ihe four retail dwins in Ihe NClheriands.
across 25 produCl caLCl;orics during and afler a price war, over five years. We find
conlfary to prior believes thal I) hrand'i htlve no incl'lltivl' to ,lay oul o[ J price
war; 2) afler Ihc prin: Wolf. pn:miufIl priced brands can increclse their prin..'').
withuut inclIrring major 3, t:conorny hrands have a hard lime fl'qoring
thdr prices Jllt'r the prict' waf.

5- Retailer Introduction of Store Brands in the Presence of a
Category Captain

Erik Bushey, Doctoral Candidate, University of Illinois, 350

Wohlers Hall. 1206 South Sixth Street, Champaign, IL, 61820,
United States of America, busheyl@illinois.edu, Udalla Palekar

In Ihis paper we study Ihe mock-rating effeets that category captainshilJ has on
relililer, l11anu[Jnurcr nnJ channel profits when a rctailer dc-cides to offer a slon'
brand. This lJapcr conlribules to Ihe exisling literature in IhaL il is Ihe lirsl 10
eX(l 111 int.' the rolc lhat l11allufac:tun.'rcompctilion on retailers' S Store brand
sourdng lkds,ions; eilher lhrough ;111 outsidl' option or lhrough 011(" of lhe
rnanufactun'f\ sdling wiLllin the category (in<;itil' oplitll1). Previous h,J\<:
found t.hat manll[artllrcfs have di[(jclllty competing with ,>Itlrl' brands whl'n lhe
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store I)ranlh arc sourced through oUlside oplions. Using a game tht'oreliCdI model
of two Ilatit)nal brand mallu[actufers, one rctailer and onc lllllSidc

sourcing option. we addn's\ tilt' following research qucslipns: l) Under what
will a rl"tailer decide III "lIUfCe Iheir Slt)re brand through an oUI'iiLk

oplion as 0pp0'tcd to an inside option? 2) How cloc"! categ.ory cClptainship affect
the retaill'r'!'t deci::>il)l1? \VhJL impact does category captainship have on
manufacturer, reLailt'r dnd cllanucllJrofils'! We find Lhalmanufacturers will only
ekel to produce SLOre IJf,lIltb for lht, rt'tailer whl'll Ihe whole"iale price of outside
options is suffidelHly low. Whl'n Ille wholesale price 01 oUlside options is high,
the retJiler earns lht' majority of Iheir prllfit [film sales of Iht' nationai brands.
resulting in higher wholt'sJle prices lor the oation:1l brands Jnd grt'Jh.'r profits for
the manu[ ..1Clurcrs. Further vvc Hnd thaI J will only dect III source lheir
slOfe hr.:Ind lhrough inside optionl;j Whl'll lht, whoksak price o[ uUlside optiOllS is
suflkienlly high. When tIlt' wholt'sdle price fllr outside options is low,
manu[alturl'rS are forCl'd tolowcr lheir whtllt-sall' prices .. rec;ulLing in gn'aler
profits lor the relailer.

.TA13
13- Luzem

Daily Deals
ContributedSession

Chair: G('orgios Zervas, Yak University, 51 Prospect St., New "[aven,

CT. 06511. United States 01 America, zgC<i'cs.yale.edu

1 - Consumer Regret and Choice Behavior under Uncertainty
Pavel Kire\,ev, Harvard Business School, Soldiers Field Road,
Boston. ,vIA, 02163, United States of America, pkireyev@hbs.edll,
Vineet Kumar. Xueming luo

\Ve propose a structuralmodd to conceptualiz.e and quantify consumer regret
under un f:rtainty, where hav\.' a limia'c! tilnl' dul' to a deadline to

t.'xcrcisl' an uption to a product. A forward-looking consumer an liclpa ICC;
fUlufe rcgrl'l resulting from presenL and future tkcisions, and makes <:hoiccs 10

Il1Jximi7l' ulility, but also minimizl' anlkipau.'d regret. Allhough regrl'L is
important and cOlllmlHlfy tlwori7ed efleet in many it has nOl
bet:'11 l'mpirically rnockkd <.lod invesligated. Wl' thus provide J framework Iu
expliCitly incorporale Ihe !'ifcct o[ anticipatcd rcgrt'l on (hoice bellavior. We
opcratioJlalize our model on ctJtf;l from a grollpon-likc compJJ1}' based in China ..
using reSlauranls deals 10 qUilnlify the regrel effen. Anccdot,,1 evidence of 'regret'
in the groupoll selling h common in the trade pn''),>.. Jlll.J we demonstrate
t'mpirkallillppon for the: view lhat consumero; behave at;;, if Lhey cxperil'ncl'
regrct, Le, they make different <:hoices when faced with an imminent denJlinc
thdl1 they would in ilS absl"nll'. Finally, 'Nt' counterfJcLuals to investigate
Ih)W regrct is alrccted by de\ign of the g,roupon, examining consumer behavior
when: (a) a longer deadlilll.' h (b) have an option to extend the
deadlinc'. and (J when the price lJaid by the consumer is still available for
redemption (as rcquired hy law in 50111<:: cOlll1tric$).

2 - The Dynamics of Groupon: Repeat Purchase and Word-of-Mouth
after the Deep Discount

Ela Ari, 07yegin University, Istanbul. Turkey, ela.ari@oZll.edu.tr,
Knen Pauwels

discCH.lIUSSilCS su(h Groupon have caused quite J $Iir amongst consumers
and rncrchJl1ts. While ft.'search starLed LO look o..ll shortwterm CUnSllll1l'r
reaction and business profilabilily, Ihe long-run viabiliLy for merchants depl'nds
on tilt' behavior of brought in by such dl'al<Ci.
UnfortunJtely, many service providing companies report. heJvy losses from
engJging in Ihis Jctivily, as the deep discoul1l draws J 101 of one-time customers,
but not rcpec1t l.'lISIOIIH.'rs.Reccnt rcsetlrch has lookt'd at shurLwterm consumer
reactioll .:Hld bu)incss profitability. bUl nol Yl't at purchase Jnd word·t.)(­
moulh behavit)r. We cxamine Whtll drives LO buy deep detlls. to
repurchase ill rl'gular and discounted based on ,>crvice providcr, deal
conditions, l'xperil'll(ed servin.' qualily anu UHlSUlllt.'rprofiles, and to generate
word of monlh dlter deals. Study t. which is a SCI'IWriObased experimental stlldy
rt'veal') how price discount.;,. dblaflce [rom hvmdwork, anti reputation 01 tilt"
local bl.lsint'sst'S inlerJct to drive !'alt.'s on Groupon like sites and how consumer
mlllivJti"n IYpc> Stich as need for affilialion andnccd for pllwer drive Ihe
repurchase and need fur achievement. and need [or affiliation drive word-of­
J110lHh behavior aftl'r tht' \.lIt'\. \VhiJc high Ileeu ror generJLe
\vord-o[-lTlOlItlJ by IJlking, higl1 need for affiliation inuividuals du so by writing in
stKial media. Study 3, is lo()king to the IlH)St popular catef!0r}' as restaurallts.
whl'rl' prilc discount, dist3nCl', reputation and stltisfclclion are m3Ilipulatl'd, Tht'
la1(:$1 study also includes psychological variableo; as price consciousness, deal

.. quality involvemt'lll .:Ind variety seeking behavior. Our
findings oller dc'cision makers of the service proViding col'lllJanics as well as deal
sitl's guidelines as to which COI1'\umergroups to larget. how to
online dt'als, huw to increase word of llloLnh for Iheir selvice offerings. and how
to fllllow-up with first-timp uSlomers to increase repeat purchase anu
profitability.
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3 - The Effects of SNS Affinity on the Sales Volume of Daily Deals in
Korean Social Shopping Companies

Kyung Min Park. Yonsei University. School of Business. 262
Seongsanno, Seodaemun-gu. Seoul, 120-749, Korea. Republic of,
kminpark@yonseLac.kr. Bokyung Lee

This paper investigates the question what drives the performance of daily deals
that social shopping company provides. We found that SNS affinity helps to
increase sales volume of daily deals. <1110 I hal the higlwr level or discounl r..llt.' and
,'xpected sales volume results in Ihe greatt'f sales volume. SNS affinity may altrart

buyers by broadcasting good about the produet/sl'rvice for
. SNS user. How,'ver. the e1'fcctof SNS affinity is moderaled hy deal characll'l'istics
such as price kvcl. disCOLIllt ratio, and minimum number of orders. \Vc' tested
hypotheses with data on about It'll Ihousand deals provitkd hy TMON
(WWw.lickelllltlll\lef.Co.kr). (l )ecldil1g 'Social <;hupping unllp ..lny in Korea. The
empirical result itnpli,'s S S aflinity of daily deals takes a critical role for wcial
shopping ,uccess when ,'nline customers hUy deals through social shopping
service.

4 - The Groupon Effect on Yelp Ratings: A Root Cause Analysis
Georgios Zervas. Yale University. 51 Prospect St., New Haven, CT,
06511, United States of America. zg@cs.yale.edu

Daily deals 'ites ",,-h as Group"n ofkr deeply discountl'd g""ds and services 10

tens of millions of customers through geographically targeted daily e-mail
marketing campaigns. In our prior work we observed that a flt'gcuive sidt' effcn
for mt'rchants nslng Groupons Is thai, on average, their Yelp ratings dedine
\ignificantly. Howl'ver. this previous work was cssenlially rather
than explan3lOry. rn our current wor'" (filII vcror..ion aVJi!able ill

hllp:/larxiv.org/ahs/1202.2369), we rigorously consider and evaluate various
hyputheses about underlying consurncr and bl'havior in order to
nnderstand this phenomenon, whidl we dul> the Groupon effecl. For our
analysis, we Ieverag" a dalaset we colkcl"d spanning tens of thousands uf daily
deals and over 7 million Yelp reviews. W" investigate hypotheses such as whelher
Groupon ,)lIbscribt'f\ arc more critical than Iht"ir pet'rs. or wht,ther some fraction
of Groupon merchants provide signific,1lltly worse service to CUSlomers lIsing
Groupol1s.Wc suggest an additional Ilovd hypothesis: reviews frolll Groupun

(He lower Oil average bt.'cau)l' \llrh rt"vie\!V!\correspond lO real,
unbiased custoll1ers. while the body or reviews on Yelp <:ontain some fraction or
reviews from biased or cven poteLltially fakc sourcl'S. Althnugh Wt' focus on a
specilk question. our work prOVides broad insighls inlo bOlh consumer and
merchant behavior within th" daily ,kals marketpla'T.

• TA14
14- Zurich
Open Innovation
Contribued Session

Chair: Abrar AI-Hasan. University of Nlaryland. Robert H. Smith School
of Business, College Park. MD. 20742, United States of America.
aalhasan@rhsmith.ul11d.edu

1 - Does Customer Codevelopment Result in Better Products?
Alignment with Product Development Approaches

Anna S. Cui, Assistal11 Professor or Marketing. University of Illinois
at Chicago. 601 S Morgan Street. Chicago. IL. 60607.
United States of America. ascui@uic.edu. Fang Wu

A("uve customer involvement in new product deve)tlpmClll (NPD) has berolllt'
increasingly prevalent. More and more companies afe allowing customers to
more actively panicipate in NPD as Cll-d,'velopers. Compared t,l the traditional
approach ur gatlll'ring information [n)rT1 cuSlomers, this new approach provides
mure (.)PfU,.lrllmities to utili/.c customer insighls in innuvation. However. it may
also present challengt's to the NPD process. This stud\' argues Ihat th" benefits of
involVing customers as co-devdopers arc dependem upon a firm\ approach to

PD. Spedfically. wt'look al the degre,' \II which a firm appli," an "xllt'rirnernal
approach that emphasizes frequem trial and errur rather than thorough analysis
of information in looking for the right producl solution. Such an experimemal
appn1<lch allows more f1exihility and Iinceriaimy in Ihe NPD process. Ihus
affecting the inlcgmtion or CUSlt)mers. We examine how customer involvement as
co-developers ill NPO rnay illfluenC(.' llew product OutCOllles. in comparison with
the traditional approach of u'5ing CliSlolrH."'r'5JS an infonl1Jlion 'iollrce. An analysb
of survey data of NPD projects finds thal, while bOlh CtIslomers-,ls-informalion­
sources and customers-as-coueve!opcrs contribute to Ilew product performance,
tlwir dfens Me differenl depending un the degree to which an experimenlal NPD
approach is applil'd. CusLOmers-as-information-sources is mort' hendicial when a
firm takes a highly experimel1lal NPD approach. but clJstomers-as-co-develope"
is less beneficial when a highly experimenlal approach is taken. The findings
suggest that involving CuSlomers as co-developers may not be suitable for all
firms. and firms Iwed 10 con 'ider how experimel1lal Iheir 'I'D approaches are
and align their approaches of CUSlomer involvt'ment with existing NPD practice.

2 - An Adaptive Marketing Capabilities Perspective of Open
Contribution During New Product Development

Gregory Fisber. University of Illinois at Urbana-Champaign, 350
Wohlers Hall. 1206 South Sixth Street, Champaign. Ii. 61820.
United Stales of America, gregFisher29@gmail.com. William Qualls

The adaptive marketing capabilities jAMC,) of vigilant market learning. adaptive
markel experimenlation. and open markcting are importJnt 1l1l'chanisms that
firl1lli leverage to create and commercialize inllovcllioll<i. This study bridges AJ\1Cs
to Ihe open innovation paradigm to delineate how open contrihution. through
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eXlernal knowledge search and diverse external stakeholder involvement.
influ,'nct's nelV product development (NPD) outcomes. With open contrihtllion
alc.me. finm. m..1Y search their for knowledge but not utili7e the
knDwledge (0 credtt: innovation\). AN\es an.' required illlernal firm mechanisms
for interpreting clnJ converling the external knowledge into innovdtions. Our
research builds a conceptual framework that hYPolhesizes the e[ferts of open
comril>utionlln AMCs and innovalion ()erfonnan(e. We empirically test Ihe
h\,potht'ses with p,Jrtialleasl sqnares using primary survey dilta from 203
respondents and lind thallhe abilily lo predicl innovalion lllllcomeS is
suhstantially improved with Ihe addition of AMCs, offering several contributions.
Firs!, Ihis sludy builds upon the importance of AMC mechanisms and empiricall\,
tests their performance consequences in NPD. Notably. ""51 recently aclvocated
understanding markcling Cdpabilities as a research priority. Second. it improvl's
our understanding of open contrihution l>y revealing AMCs as mediating
ml'chanisllls tll ..ll enable Upt'll rontribulion. Third, this reSt'ardl examines open
contribution lrom an empirical perspectivc, which advances our knowledge of
how innovation aHects performance outcumes. Finally. the insights
how firms can develop specific capabililics needed III implement open
contribution and leverage external knowledge in NPD.

3 - How Would Success Depend on Social Media and New Product
Development Process?

Basar 07can. Marketing phD Sllldenr. Ozyegin Universily.
(,:ekrnekiiy Campus. JSlanbul, Turkey. basar.ozcan@'oZll.edu.tr.
Tolga Akcu ra

SodJI media is providing a significant plJl[orm wherl' comranies Cdll listen to
tht.'ir CUMOITlcr\, obtain (heir feedback Jnd increa::.c customer satisfactilln. Some
companies stan to proactively integrate customer cngagemenl into policy making
using sudl pllll£orms. Our aim in this resl'arch is to investigate how socialllll'dia
impacts new produrt devt'loprnent pron'ss and the innovation success. Our
speci£ic is on the use (If Yoke:' of CllSLOl1u'rdnl! word of mouth ernt'rgt'd frol11
social media. on ideation. conceptualizatil1n. launch and post launch stages. For
this purpose, fiN. we develop a field sllldy wherehy we investigate the current
stale using in-depth interviews carried out with rnarkt'ting executives IJf
multinational firms in FMCG. This preliminary tage provides us with a ,et of
teslable hypotllt'ses. Following, we carriecl out a urvey to tesl tht,-" hypothesl·s.
Finally. we huild an empiricalmodd whl'fe we gathn voice of customer and
word or Inouth data from social media and test our hypotheses. Our iuilial results
revealtha!. although VOC and WOM via Social Media are ,keme,l imporlan!.
they art' not intt'gratl'd into the NPD process. In gt'I1l'rJI, there is wide-scale
agreemenl on the importance of deliverable customer product esperience. Still.
most companies do not revise thier product strategy hased on social media
ubservatit)ns .

4 - Rewarding the Few or the Many? An Investigation of the Impact
of Rewards on Open Innovation

Pinar Yildirim, Assistalll Professor. University of Pennsylvania.
748 JJ Hunfsman Hall. Wharton School. Philadelphia, PA, 19104,
United States of America. pyild@wharton.upenn.edu.
Ret<> Hofstetter. John Zhang

In this sludy, we l'xarnlne th(' impacl of financial illcelllivl'S on participant
retention and qua lily in a selling where COl1lt'stsarc repeatedly performed. We
comrare three contest that vary with respen to the number of winners
and how Ihe total award is distrihuted: one winner and single award, n winners
sharing all aw..lrd equally. and n winners sharing the award proporti()oalto the
quality of their submilled idea. We show that how Ihe rewards art' distributed
amongst the wintlt'fs will affecI who panicipates in 1I contest and tht' quality of
ideas subrnitll'd. As a rt.'sult, different incentive st.-heinl'S can be optirnalLO achiev('
differenl obj,'ctives. In particular. when the total reward is sufficiently large
relative to the rust of panicipJling in J contesl, the winner-lakes-all incentive is
bl'sl at relaining participants, but not at generating ideas of the highest averag"
quality in an open inftOvalion platform. When (he reward is smalL thl' highest
retention rate is achieved through distrihuting it equally amongst the lllp n
participants (equally shared rewards). tn addition to developing theoretical
fiudings. we USt' the data from crowd PRtNG to test uur model prcdictions.

5- Information Spillovers and User Behavior in Open
Innovation Contests

Abrar AI-Hasan. University of Maryland. Robert H. Smith School
or Business. College Park. MD. 20742, United States of AlTlerica.
aalhasan@rhsmith.umd.edu. Siva Viswanathan. II-Horn Hann

Online crowd<;ourring rn,Hkets typically use open innuvation COlllt:sts to ltttral1
participants. An important aspect of opt'n innovation l'onlcsts is thc increased
availability of information. ill particular in fo rrna Iion rdating to other contl'stanl!i.
Participants in such open innovation contests arc faced with a number of strategic
choices-an importanl choice being the order o[ snbmission or timing of enlry in a
conlesl. While early movers enjoy some benefits and are able to deter entry of
lalt'r contestants. lall' movers might henefit from their ability to learn from early
erl1rants. In this study \Vl' examine how information spillovers in Opt'n
innovation colllests impact the el1lry hehaviors of COl1lestantsand their likelihood
of winning the contest. Using dilta from a leading open innovation marketplace.
we find that cont,'st design, particularly relating to infonnation visibility.
Significantly innucnces contesldnes behavior as wt'll as (untest OuICt>rncs. 1vVe find
that information spillover related t(1 submission visibility. fet'dback visihility, and
the specificity of the f"edback has ,ignilicant impact (1n contestant hehavior and
their likelihood of willning the contest. tn particular, contestants who leverage
such inf"rmalion spillovers and suhmit later arc more likely 10 win the comes!.
Our findings have interesting imp1irations fur lTlc1rkl'tmakers, market
participants. and policy as well for the deSign 01 online innovation
contcsls.
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Data-Driven Customer Relationship Management
Cluster: Intemetand InteractiveMarketing
InvitedSession
Chair: Michael Braun, Pr,.[essor of Marl-cling,
Massachusctts Instilllle of Technology, Sloan School of Management.
100 Main 51., E62-535. Cambridge, MA, 02139,
United States of America. braunm<1rmit.edu

1 - CLV Model using RFM Data: Acquisition Strategy and Retention
Tactic with Marketing RDI

MakolO Abc. The University of Tokyo, Graduate School of
Economics, Hungo. Bunkyo-ku. Tokyu, Japan, abc(cj'e.u­
tokyo.ac.jp

The ust' of RFM llI1alysis in eRN\ "iuggesls that lhesl' llWdsun."i conlain
rather rich information about custom('r purchase behavior,;;. An individual
bc!lavh)r modcllhat permits lhe of eLV from st(lIHI<1r<.ll<Ftvl dalil in
'noll,cOlllraCltial' selling is developed. Using FSP dilla, subSlantive is\u('$
an.: urlcovcrl'd. f-irsi. correia Lions belwl"l'1l pllfcha<;c rate ..HId Spl'llding (:an l'xhl
with the direnion dependent on Ihe data. When high purcha;e rate is associated
with low spending, lheir relative magnillltlc\ must be compared in order 10 dSSCSS
Ihe net impact on ClV. Second. useful insight into acquisiti<>ois gained by
decumposing lhe impact of in charal1t'rhtic,", on CtV into three
components: purchas,c rale. Iiklirne and spl'luling. Tht' three lornponents Gln
eXt.'rt innucnccs in opposite directiolls, thcrt'hy canceling CJch orh<"f to produce d

coll<-ctivdy reduced effect a, Ihe I"tal on ClY. The Illlldl'i can resull in the
rollowing CRM applications. For Existing CuslOmers: the Illodl'i's <lUlPUlS include
various ell tOITlt:r-spl"cificslatistics lhat an' useful fOf CRJ\r\: such as purchasl' ralC,
dropout rate. and spending per trip. as well as t-year survival rale. expeCled
Iiklime. probabililY or bl'ing aClive at the end or lhl' observalion period, expected
Illllnber or fUlure transactions. expened future spending. <1I1d CLV. TIll' Illodl'!
13 Iso gt'nt'rates the optimal tacue in lerms or Markeling ROI for relention
interceptioll. such as Ihe amount clnd liming of l'(h.h customer should
recdve to prevclll him/her fWIll dropoul. For Prospeclive CUSIomers: by relaling
ClJ'5tOllwrcharilclc:ristirs 1u the frequency, dropout and <ipending behJviors,
which, in lurn. arc linked to CLV, the mode! provides useful insight into
acquisition strdlcgy hased un cu tomer demographic,",.

2 - Incorporating History Dependence in Models of CBA:
A Generalization of the (M)BG/NBD Model

Jost Adler, Pruft:ssor, Univcrsity Duisburg-Essen, Mercator 5c1HlUI
of Management. Lotharstrafle 65. Duisburg, Germany,
josl.adler@luni-due.dc

In recent years. ;everal aUlhors devdopcd models for customer base analysis
(CBA) in nuncolltrilClUal relationships. Mmkls like the Parelo/NIl!) iSchmilllcin,
Morrison and Colombo 1987), the OG/NBD iFarkr and [IMdie 20051. the
MBG/NI3IJ (Bati,larn, Deni'll'! and Fili71t'kin 2(07), ,HId Ihc 1'00 ITImlt'l (.Icrath.
F[ldcr and Hardie 20 I I) uniformly as\)UnIe d hnmogC:lleous Poisl)(H) purchase
prucess on Ihe individuallt'vel. Pui,son procesSt's arc charactcri7ed by the lack of
IllClllory properlY. meaning that the probability distribulion of purchasing at any
p«.)int in till1t' h indept'ndt'IH of all pUfchJ\t' evt'nh. In contrast. extdl1t
research in marketing shows that CUSLOlllcrexpcrience significantly influenccs
customer loyalty and the in lent ion to rebuy. To accuralt'ly describe l.lll'
(re)purchasing paUl'Tll of (USlOllltrs. Lhl' prtlbahility of a occurring al a
given tinll' tlll'rdort' IllUSt dqlt'nd on the individual past purchase behavior. The
prest'llt pJpt.'r lkvelups a gent.'ralill'd probJbilily modellhat JCCOlll1h for
this history dependence. Using an inhomogeneous Gamm(l prol'css (BermJn
1981) with a power 11IW inlcnsily function and a Gamma hctcrllgeneily
distribution, thl' aUlhor derives a clnsed form modellikclibood. which includes
tht:' Poi'ison pn.trt's') clS a special CdSC'. The dropout pnKess i ..
assumed 10 lollnw a discrele lime Geometric distribulion with Beta helerogeneity.
Maximulll likelihood estimdtl'S of Ihe siX' (dl1 be obtained from
individual pure-haSt' time dtlla by employing standard oplimilatioll procedurc<i,
The cmpirical of thrce diJkrellt data \(.'15 denwl1strClte') cl superitlr
IWrforrn(lllCC on l110dd fiL Moreover, the mudel "how,;; J heller prognoslic powt.'r
<:l1l1ccrninglypicalluelrk's used hy managers to characterize CUSlOmer cO!loflS
anel to calculatt.' individual CLVs.

3 - Managing Churn to Maximize Profits
Aurelie Lelllmens, Tilburg University, Waranddaan 2,
Tilburg. Nctherlands, a.lellltllcns@uvt.nl, Sunil Gupta

Customer ddt"clion or chum is a widt,-'sprcad phenOIl1t'llllfl that threatt:'ns firllls
acrosS a varkly or indllSlries with dramcllic financial conseqllclllTS. To tackle Ihis
pwblcll1, companies are devel'lping sophisticated chutll managemelll strategies.
These slralcgics typically involve two nISlOIl1('p; based on lheir
estimated propensilY LO churn, and then nHering retemion incenlives to a subsel
of Cl1$lOlllt:rs ill lhl' top of the dlUrn ranking, Tht, implicit t1,;sumplioll is thill thi,;
process would maximize finn's prolilS hy targeling customers who arc most likely
to churn. Conscquenlly, current research and practice aims lO
ll1(1ximizethe correct classificlItiun or churners ill1d nnn-churncrs. However, profit
froIll targeting a CUSlOffit."rdepends on Ilotonly a cu!'tlOrtler\ propensity 10 churn,
but also on Ill'r sl't'lld or value. her probahility of responding 10 retention
uS well as the cost of the,e offt'rs. Overall prolil of the lirm also depends on tIlt'

11

number of the firm decides to Idrget for ilS retention campaign. \Ve
propose to model lhal aCCOUTlt,;; for alltht,sc demenls. Our optimization algorithm
lL'iC:S ')lochastit gradienl boosting, a ')tatc-of-lhe-.lrl based on
'ildg«.A-wisegr.HJient dc'scent, thJt ..ll"o delermines Ihe optimalnu'-rnher of
cliStom('f\ 10 target. The resulting optimal ClISlomcr !"lInking clnd target \i/c
sclectinn IccHb to, 011 average. J I improvement in profit compared to
current mel hods. For a company like Veriznn Wireless, this lranslales irut> a profil
increa,;e of 24 million from tl ,;inglc retentipn carnptligll withoLJtlllly additional
impk'fIIent<ttion

4 - The Effect of Service Quality on Customer Lifetime Value
Michael Braun, ASSl1ciate Professor of Marketing, Massachllsem
Insrilllle of Technology, Sloan School of Managemenr. 100 Main
St.. E62-535. Cambridge, MA. 02139, United States of America,
brallnm@mit.edll, David Schweidcl. Eli Slein

We !,rt's"nl a model 01 expet'led lllSlOlllcr lifeliml' value (ECLV) for
IltlllColltractulIl ,;cuings Ihdt incorpordll's Il1t.'JSUrl'Sof \t.'rvicc qUJlily and
Clislolller expcrienet.'. A ClIslorIlef whu rt.'ceivt.'\ Ll levd of scrvin' thdt j..; thal
what wa, ordered is more likely 10 churn. blltoffering higher service quality doe,
not redllce churn by as TIludl. More crudally, the l'xpeCled challge ill ECI.V
depellds Oil observed recency and For customers with high or low
probabililit'\ or being "dlive, ff infofmlltion about '\t.'rivce qllJlily has li1l.1e drt.'ct on
posterior l'stimall'S of EClY. These insights call help managers 10 mea,ure the
return t,)11 investment in qUJlily more accurately, and to target marketing

l.lppropriJlcly. The tnodd itself is easy to implement, ilnd docs nOl

requirt' ')illllliation-l>a\l'd estimation melhocb.
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User-Generated Content - I
Cluster: Irterret ano InteractiveMarketing
InvitedSession
Chair: Manish Tripathi. Professor, Emory Universiry,
1.300 Clifton Rd. Atlanta. GA, 30D2, United States of
manisll.lripathi@cmory.edu

1 - Microblogging Characteristics and Branding
EscI' Ayglin, ISlanbul Technical University, Maslak. Istanbul,
Turkey, eseLaygun(<i'gmail.cotn. Tolga Akcura

Traditiunally. il has been well al-cepled lhat voice Ilr custllmer plays a siljnificant
role in idelllifying sllcee"ful producls, differentiating repulable, well respccled
brand names and increasing <iatisfaction Increasingly, prevalence of
digital platforms and social media shih; the markt'll'rs' focus LO CU;l(Hller
iOl;'l1tificalioll. interaction Jnd (,10 microblogs, lhc r('search

or Ihis sludy are as follow\: How would the post characteriSlics (w"rds,
sentiments, relate 10 demographic proliles? Would frequl'Jlcy or
interaction and rl'ccncy intl'rart wilh selllirnents? all we arguc lhal certain
demographic profiles anu pldy a ll1ort.' beneficial role Oil
sentimt'nts and a brand's V,l!Ut'? Wl' use d unique rich dalaset thal illdlldcs
685077 lwel'lS originaling h\lm 120464 ids aud covering 62 I>rands focused l)\1

one sector. From an t'xtcrna! offlilll' dala SIJUL"('t', we al'\o (krnographic data
such as gender and cducalion. We build a novc! model 10 capture brand
scntiments ..:tnd relate this til il br.lnd', VJlut'. Our prl'liminJry flASlIlLs show Ihe
inLriGIlC reilltionships JlTlongst these variables and a orand's valut.'.

2 - A Diffusion Model of Microblogging and Branding
Tolga Akcura, Ozyegin University, Alerndag, Istanbul. Turkey.
akcura@yahoo.com

There arc incrl'asing number people who wrill' blog,; and participaLe in sllcial
medid. lo thl' latest nedrly one third or the Internt.'l

participate in minoLJlogging Jnd lise service,;; from t willeLcom. Already.
many firms start to capitalize on themes hy sdling Jdvertisemt.'llts.
COllsequclllly. tht., u,;{:' of keywords elTlcrgl' as.1Il imporlclnt consideralion for the
rnanJgl'rs. [n this H.'seJr<.:h,we propose a fIl0delLO capLure the microblogging
bl'haviur of individuals. The peuple wlto Iweet call be represented as Illembers ur
a rH;'lwork who intl'ran with each otllt'r and be influcnced by the thellles ill the
socielY. Accordingly. as lbe members ll[ the ''''twork arc ,timulated and adopt a
di,cussion. they arc further influ"llced by tht' mutual interactions in the network.
The model Wl' propose acknowledge, bOlh ,,,delal (exogenellu,) rllrn's and
nl'lwork rdatcd mutual interJclion,;; within.l diffu')ion lllt.:'chani<itTLThe diffu ion
in our Illt,)dd is hasctl on an indi\'ieluallevcl stochastic Bass framework. We collect
pur own dJI,] (lnd bendit fro 111 it gl'm.'rulis grant provided by Tubi[ak (Natillnal
Sdence Foundalion of Turkey). The estimalion results show that our model SUilS
well to lllot.It:1tht.:' mkroblogging behavior.
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3 - Effects of Peer Opinions and Customer Opinions on Critic
Evaluations of Cultural Products

Xia Liu, Tsinghua University, School of Economics and
Management. Tsinghua Road, Haidian District, Beijing, China,
liux@sem,tsinghua,edu,U1, Peter Golder, Jun Pang

Critic opinions playa key role in Ihe success of culLUral induslries. Customers rely
on critic opinions to infer produCi qualilY thal is difficull to evaluate prior 10

consumption. An implicit assLJlllplion hehind this reliJnce is thai, bdng the
"ideal-type" of markel actors. profes,ional crilies are free to evaluatl' products on
the basis or mcrit and t1wir opinion" arc suppo.;;cd 10 be resistant to all rurrno; or
influellce from bOlh pwducers and ordinary CUSlomers. This assumption, despitt'
being criliealto llll' aUlhenlicity of critic opinions and thus the market power of
critics, has IWI been corrobMaled. To fill this void, Ihe pr,'senl research aims to
IIndt'p;t(tnd Iht' social illflu(;"nct's 01'1 critic opinions during the diHlISioll proct''\s of
cultural producls. Using dala from the U.S. movie industry, we investigate how
critic reviews are influenced by previously published peer reviews Jnd
fl·views. In addition, we n>mpare lhesl' effects for critic fl'views that arc published
on ClllCrIJinmenl-spcdiilizt'd IllccliiJ versus generalilcd media. The show
that crilk re"iews are innllenced by both pl'er rcviL'w$ and customer reviews.
Moreover, the influ('nCt' of peer revicw'i is more \illient for generalized media
whik the innucncc or prcvious CliSlOlIlcr reviews is morc pronounced for
specialized lIledia. These finding suggeslthat contrary lO lh,' independence
assumption. proft'ssillllal crilics <lH' not making independelll voice,,; rather. Ilu-'y
confonn to the opinions or their pens and even ordinary consumers, and

product evaluations based <)n a complicated !.iocial "Ve fUrl.her
discuss Ihe managl'rial implications of these rindillgs.

4 - A Comprehensive Model of Brand-Generated and Consumer-
Generated Communications

Manish Tripathi, Assistant Professor, Emory UniversilY,
1300 Clifton Rd, Atlanta, GA, 30322, Unit,'d Stales of America,
manish.tripathiCc!>ernory.edu, Douglas Bowman

FirlllS arc increasingly collecting a pil'thora of data from a myriad of sources that
des(ribe the COllllllllllicalion between CUSlOmersand lhe finn. This research

clppropriiJlt' Inelhod'i. such a') Bayt'sian VAR Jnd hierarchical model') 10
manifesl il"ighls oblained from fusing these typt'S (,f dala. Additionally. lhe
researchers apply the,e lIlethods to analyze mulliple product categories, resulling
in calegories. The dara t'xaminl'd des<:ribe: (I) what brands are
d('ing in tht' markelplace (advertising dfort and messaging; product additions,
deletions. enhancements; pricing clnd promotion; distribulinn; firm Faccbook
messaging): (2) what conc;UTlH:'fSare saying and (COnsllllll'r-gencratcd
social media conlent; website tra£fic; l"u'iloIl1cr·initialco contacts with and
(3) performance OUlcomes meaSUfl'S. Questions t'xamined include; How do
thernt's hy brand-gt'lH:'ralt.'d (:ontent l11anifcSI in consumer­
gCllcratcd <:onlents? Whal types of consumer-generated COlllcnt arc
Ieadingllagging indil"ators [or purchJsc behavior? To what t'XH:'111 is
thert: a medialing. synergistic or relationship bl'lween conSUrTlf:.r­
generated conlent and consumer-initiated The researchers find several
insights that seem to hold across product <:atl'gories.
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e-Marketing Potpourri
Cluster: Internetand InteraetveMafketng
Invi ed Sesson

Chair; Umut Konus. Assislanr Professor, Eindhoven University of
Technology, Den Oolech 2, ConneClor 0.10, Findhoven, 5600M B,
Nelherlands, lJ.konus@tue.nl

1 - Customer Co-Creation in Health Care Services:
The Development of a Scale to Measure Cure and Care

Sarah Van Oerle. PhD Researcher, University of Antwerp,
Prinsstraat 13, Antwerp, 2000, Belgiul1l, sarah.vanoerle@ua.ac.be,
Annouk Lievens, Dominik Mahr

Today. heillth care customers tak.c (111 active role in their diseJse managcmcl1l.
using leT to access inronnation dnd to connen with pt'ers via

online suppon communities. Previous research in a health cart' context. identified
two hroad lc1tegorit'') that arc critic..-al1t1,HJdress till' palient's SUppUrL need
holistically; cure (i.e. cognitive) and care (i.e. affeClive) orienled support. Further
insights in. and measurement of these independent, pJrlinlly conlrary dirncmions
is vila! to advance Tesean:h. Thercl'nrc. the aim or this research is 10 devdol) a
sc.lcial support for online coml1lllnication. thereby confronting a marketing
and a It'XI mining approach. Researd'l in this new. intt'ranivc online context
introduct'') 'it'veral challengl's for marketing rcseJrcht'rs. Firs! or dll, the
confrOnlJI iun with very t'xtt"llsive dataSels imfodllCl:S issues for capturing and
storing (i.e .. "big data"). Secondly, inilial anempls for measurt'melll in an online
contC\l arc bused un c1assificCJtionand l-uding fir datu which involves lrade-nfrs
belween symbolic richness and conStnJCl clarity. Therefore, we will confront the
marketing approach for >cale development with a leXi mining appwach (i.e.,
cJutollliltically extract inrormatioll from lI11struclUrcd texts). MarhCling [('search
predol11inamly uses anexplanaillry routine, while in lext mining predictive
analytics are commonly used [or theorelical ,1(IVdIKes.Th..,.dore, the aim of the
('urrent fl'search is thft'e-fllid. First elf all, in lerrns of Iheory-building we get a
more profound insight in Ihe lIndrrlying sub-dilllt:'nsions uf clire and care relJlt'd
suppon. Secondly, we develop a st'ale LO assess the cure and care related
Ollle-Olllesin online rorurns. Thirdly, we draw regarding the gap
belween explanatory and predictive analysis.

12

2 - Methods for Simulation, Optimization and Digital Attribution of
Cross-Media Marketing Spend

Men Bay. MarketSharc, Sama Monica, CA,
United States of America, mbay@markelshare.com

Markelers need I() measurt' performance of each of Iheir marketing spend,
simulate s<:enarios and optimize lheir markeling budgets according to their

AI Mark<.,tShart" ,yt' d('vt'lop predil1ivt' models
that enabil' varielY of businesses 10 simulate & optimi/.e their markt'ting budgers
and auribule rewnue 10 diffefl'ut advertising louch pllims oOlh online and
olfline. In Ihis lalk. we are going to give a brief overview of our dfici,'nl melhods
rur IJrg<:-'Kall' simulatiun JIltl optimization o£ our pn.:dictiVl' Illudels. In
panicular. we will describe in Jllore detail our approach 10 digital allribulion
prohlem where W(' uncover tht.' impaci of individual (Ouch points ano')s lime on
the business.

3 - Consumer Impatience and Market Structure: The Case of Online
Pizza Delivery

Elisa Montaguti. Associate Professor, University of Bologna. via
Capu di Lucca 34, Bulogna, 40033, Italy, elisa.rnonraguti@unibo.il,
Federico Rossi, Sara Valentini

Consumer impatiellce, i.e. a high discount rale of [Ulure, implies lhat consumers
to acquire money or other goods very quickly. Research on consumers'

percepliol1s of Ihe lime value of llIoney abounds. HlIweVl". hardly any paper has
looked at the dlcct of COll$umer impaliel1Cl' on competilion. rn this fl'search we
study how impcuicllce ror food consumption arrt'<."IS firms' t'lllry_ Using J unique
dalaset of online orders of delivery pizza, we show Ihat people significanlly
constrain their decision set in favor of pizzerias that arc very Il)Cal. A number of
exogellous shrH.'ksallow us to distinguish their preferellce ror piz/eriJ<; from Iheir
prell'rence for quiek food. We find that the impatience for onli",' deliv,'ry leads to
a number or pi77erias which would olhef\'vise neVl'r t.'lller Ihe ITlarkcl.

4" Multi-Touchpoint Segments in Relational Contexts: A Real-Time
Experience Tracking Approach

Umul Kunus, Assistanl Proft'ssor, Eindhoven University of
Technology, Den Doil'eh 2, Connector 0.10, Eindhoven, 5600MB,
Netherlands, u.konus@tue.nl, Emma Macdonald, Hugh Wilson

One lIf Ih,' challenges from channel prolikratillll is 10 understand hllw CUSlOml'fS
ran be seglllenied on the basis e,f lheir Illuhiple tl)uchpOil1l encounlers with the
£inn. Previous work demonstrates the of multichannel segments, but is
limited by focusing: on certain channels. ignoring the role o[ mass Illedia and
other communication channels in cus\()ml'f shopping-journey in a multichannel
cnvironrnenl.Funhermure, previous research relied on transactional dalJ basl'd
on purchase ClI1U aft('r sales servin' use. or alternatively rccall Ihrollgh cross­
Sl'C1i(Hl.11surveys. We apply till' novel l:xpl'rit.'l1cc Iracking approach In
address these Iimilations. 458 customers reponed, via a slruclUred lexl (SMS)
message, whenever they t'llcouJ1lered thdr main current brand in each of four
rategories (banking, heallhrare, te1ccomll1unirations and soft drinks) over four
weeks. providing dala on around 7.000 hrand encounters. The resultant data
l'nabh:.· a variety or touchpoints 10 be trecllctl equally. from mass media
(newspapers. TV. billboards) to interactive channels (online and in-store) in
addition to word-Ur-rnOUlh encounters. Using lalent class analysis based oll1l1ulti·
toLlchpoinl brand encounters as indicators. segments arc presented within each
category. of segnu-llllI1embership include innovativeness, shopping
enjoyment, price consciousness and lime pressure. This real-lime data collectie'n
approJch Jnd mJy help managers to allocale resources acruss the
wmplete markeling plan.

.TB04
04- Mane

Bayesian Methods in Marketing
Cluster: Special Sessions
InvitedSession

Chair; Refik Soyer, Professor, George Washington University,
WashinglOn, DC. United States of America, soyer@)gwu.edu

1 - Studying Cross Category Effects of Promotions using
Bayesian Networks

Srinivas Prasad, George Washingwn University, Washingwn, DC.
United States of America, prasad@gwll.edll

We propose Ihe lise of Bayesiao Nelworks 10 study the cross category l'Ikcls o[
pn1molions using markel hasket dala. GiVl'n a set or prl)dUCI (ategnries and
market haskel dala, Bayesian networks at(' learned from Ihe data and arc used ll)

idelllify the underlying dependencies across product l-ategoril's lhat resull from
promulions. Thl' llbjeclivt" in building Bayt'sian nelwork() is It) idl'nlify cluslers or
Cdtegorie wherein the cruss category e£fect drc Iimill"d to lateguries within a
c1usler. Surh dependency Slructures would then help in making predictions on
categury bast-·ct basket c!loin'') giv(;'rJ a St't of specific ITlJrkeling mix activities. \Vc
employ an tRlmarket baskel dala set in our study that cOllIains transactions
induding 22 categories over 2 years for 500 panelisls. We discuss how the results
frOI11 our analysis ('Ml be lIsed It,) t,)ptimi7.epromotion dedsions.
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2 - The Drivers of Product Modification Cycles: A Bayesian Approach
Tevfik Aktekin, Assistant Professor of Decision Sciences, University
of New Hampshire, 10 Garrison Ave, Durham, NIt 03824, United
States of America, Tevfik.Aktekin@unh.edu, Goksel Ya!cinkaya,
Sengun Yeniyllrt

As markets mature, value adding product modifications inevilably becon1l' the
central piece of product strategy for finns. This study explores the factors IhJt
influence lht.' decision to laullch J prodUCllllodilicatinn SlrJlI:'gy lIsing durclliotl
Illodels in the conLtxl of the.: U.S. fllJIOmotivc industry. [Il doing so, "Vt' propose
Bayesian generalized Gamma family and mixture family lltodds thell Jre capable
or hclI1dling non-sHlildard Illodifil..·alion bchavi<lr i1IHI with lime varying
(ovariJl.cs and consider t.heir l'stimatio!"l using MJrkQv chain MOlllt' Carln
methods. The Iindings imply thai there arc three lalent nwdilkali"n groups, the
modification rales (Ire ntHI·mOllolonic and tht' prodlKI, Illodifiratiun
decisions/strategies Jrc influenced by faclOrs such as th(' tOldl number ()(" cars in
Ihe induslrylbmnd, Ihe total of major t!1odificalions in Ihe
induslry/brand. Punlwrmore. (lur rcsult<.; illst"l indicaic IlIat the overall auto
industry I11Luket behaves more l1oI11ogcnCOll..:.;fyilS there are man.' majo}'
l1lo0ifiruliorJs ,md kss nurnbt.'f of cars in tht.' industry. Additionally, we .llso found
that the number of minor modificatiol1s in the markl't do l101lJavt' any signiricant
effects on the major modification Slrategy.

3 - A Dynamic Bayesian Network Approach to
Market Basket Analysis

Burnsoo Kim, George Wdshinglon University, Washinglon, DC.
United Slates of Amnica, bk4498@gwll.edu

In this sludy. w,' consider utilizing DBN's to Jl1(llit'1diffl'l'enl Jl1arket
problems. We propose approaches ror !t:ilrning .:Ind infcrt'IKc for both
Inodel paral1ll'tcfS or il givt'll Slru(lurt..' and the dynamics of lhc structure itself.
We use MCMC rnCihods M,d USe results froJl1lhe DBN lileralllrt' 10 devise

('llgorilhms in a time·s(:rics ITIdrkct basket data setting. Vve ilIllstrate lhe
implenH.'ntation of propused approach with low·diml'llsional problems and
discuss their app'licati{)ns.

4 - Semi-Parametric Bayesian Models for Call Center Demand
Refik Soyer, Professor, George Washington University,
Washington, DC, United States of America, soyerCdlgwtJ.edu,
Francesca leva, Murar Tarimcilar

In I,hi<; papt°r. we propose semi-pard ll1ctric proportional intcllsity 1l1lhkls
to analyze arrival ddla to (dl] Ctnlers. These models allow for consideration of
both (Ovari,llt.' aud lime effects on tllt' call volume intt'llsity. o111d in so

liS l.O dSSCSS the effectiveness of dilfcrl'JlI stratcgies dlong with
rrcdiclillg the arrival patterns. FurtlWfmort. the llo11parilmctric rlillurc of the
intcllsity function provides f1exibility in describing various arrival pancrns. We
develop a Bayesian analysis of the model and discuss how the rnodt'l can be llsed
potential hctcrogl'neily in arrival pallerns. The proposed model and tbe
l11elhodology arc implemented using real call center arrival datJ.

• TB05
05- Montblanc

Marketing and Performance II
Contributed Session

Chair: Xiaoyun Chen, Assisranl Professor. Universiry of Macau,
Macau, xychen@umac.mo

1 - Exploring the Different Incarnations of Market Orientation in
Contemporary Business Models

M.ikko Laukkanen. Researcher, Aalto Universit.y Schoo] of
Business, P.O. Box 21230, FI-00076, Helsinki. 00100, Finland,
mikko.laukkanen@aalto.n, Johanna Frosen, Esa Saarel.ainen

A firm'o; business Illodt"! defines how lhe finn crCillt'Sand ddivcrs vailic ll)

customers, and converts this value into profits. the business modd
depins Iht' COlHelll (i.e. what is being exchanged), struclure (i.e. panics
involved), .lnd govern,JIKe (i.t'. lht.' fOfms of conlrol ovt'r th(' process) of
trdl1SaClions 10 creatt.' v(llut" NL.Hket orienlation refers to an
orgdnizJtioLl·widt· gelwration of Inark(·:l dissemination of this
intelligence (l(ross departments, and t() it, or 111(.' organization
mltllre thai creates Ihe necessary behaviors ror crealion of Sllpe";or value for
CUSh)merSand superior perforrnunc..: for Il:1t' bllsint'ss, In bringing thest' lWO

conn.'pts together. Ihis p..:rperaims 10 t'lHich lht· dbcllssion on husiness models by
adding a lleW of tlnaJysis:.and lo·makt.-: l110re concrete the discussion OJ1
market orientation by linking it to the practical clements in the busiJless modd
(oncept. Relying Oil .20 scrni·sl.rllcturt,d illlerviews among business executives. we
uncover bow market OrienlCltioll appears on the three of a business
model in differenl types oj finns. The findings nf lhl' sludy revealt.hat Ihe
different inCJrniltions or markcl orienlation in tilt' firms' business models vary
across a continuum, ranging froln a formal 111arkcl orientation rcOeclcd in (l firm's
processes and structurcs. to dl'l informal. cullural market orienlation reflecting

values highlighting vaJllt' as a central goal dl110ng t.he memhers
of the orgtlni1.dtion. Furthermore, Iuarkt't Drientatiun is found 10 be t.ightly bound
to all three dimensions of a businl'ss model. By bringing together the concepts of
bU"iincss models fwd CUSLOmerItrientdlion, our study provides new tnob for
analyzing the !.inn's abilily to creatl' and appropriate value.
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2 - Too Much of a Good Thing: How Does Good Reputation Affect a
Firm's Market Value?

M. Berk Talay, University of Nlassachuselts Lowell. One University
Avellue, Lowell. MA, 01854, United States of America,
berk_t<1lay@uml.edu, M. Billur Akdeniz

EXJlnining prospectiv(' stock market returns on rnarkcting actio!1l)has become a
very popular research stream amllOg marketing scholars in the last decade. As
such, J myriad of studles havt' beell focusing prJ L11l' links uetweell a
wide varit..'tyof I11Jrketing Jnions induding ccit..'brity endorsements, ne\ov product
prcannolillCt:'Illl'IlIS. and finn V.l!ut.'.Our research advances this
relatively body of Jilt'I'JtllfC by Icroing in 011 the moderating cHerts of
repuli.ltion on this link. Spt,;cHically,drawiug 011 ('xpt.."clallcyviulation and
institl/lional perspeClivt's. Ihis sllldy posits thai rl'pulation or a linn can
signHit."'llllly.1frt."n invcslors' percepliurt'i dboUI .1 specific firm t:'llgaging in (I

marketing Jcliof1, ·which could, in lurn. lead 10 stock market reactions.
Results rrom n mulii-induslry and method analySt'S show that bOlh high and low
levels of reputation lead 10 bias, albeit wilh dmerenl directions: such thalhigh­
fcputal"ioll firms l'lljO}' higIH'r-lhan·cxpected stock market r('J(lions, whereas
10w·repUIJlillrl firms gd I'Huch rt',Ktion 10 tlwir markt.,ting actiuns lball 011e
would expect.

3 - When Does Distribution Defy Scale? An Examination of Retail,
Wholesale and the Performance Ditch

Can Uslay, Assistant Professor of SCM and Marketing Sciences,
Rutgers Business School. 94 Rockafeller Road, Piscataway. NJ,
088.54, United St.ates of America, c<ltl.uslay@bllsi.ness.rutgers.edu,
Ayca Altinrig, Ekaterina /(arniouchina

One or lhl' fundamental axioms 01 corporate slrategy, Poner's (1980) generic
strategy argument suggests thJt firms that are 'stuck-in-thc-ll1iddle' perform
significalltly WOfse than committed to iI low-c(tst or dilTerentialion
The dictum has hecn among lht, reigning Idkc-awJYs from Ihe business schools

L1w eighties. Howevt:.r. lht' sluck·in·lhe-rni,ddle argument is really In

empirit.'al qu('stioll, (e.g., Dess and D(lvis 1984; Kim and Lim 1988; dnd there is
Yl't no consenSliS on its validity, A m('ta·analysis o[ the: extant literature found no
suppon fol' it (Campbt'll-Huni 2000). and Iller,' are several sludit's thai contradicl
PDrler (1<)80.198'» anrl replJrllh<lt firms folJowingdual
oUlperronn ot.hers (e.g .. Pl'l'lusa-Onega. Molina-Azorin, and C1aver-Corles 2009;
Spanos, Zawlis, and Lioukas 2004; White 1986). EXlending Ihe recent effon by
Uslay, Aliintig. and Winsur (2010). we use a large longitudinal sample ,I,al
consists or both us public and privilte firms over fOUT dccarles and cXillninc the
'>tllck·in·the-middle by foclising un wholesdle ,.Hld retail SeClors.
Our findings pwvide overwhelmingly supportive evidt'nCl' fpr Poner (1980).
Pirms lilat find thelllselve> stul'k-in-thl'-middle t',peril'nce slalistically and
financially significant disadvantages that persist across the distribution channels
and over dt:'cade". \V<-, al"io rind lliJt sptTialty rddilt'l" ilnd who1t:'salt'rs' financial
perrormanel' dlll'S not rollow Ihe diminishing market share function implied by
extant theory. We specify the conditions under which the channd members gct
slUck·in-tlw·middlc and we use industrial organization anu lllarkeling insighls to
augment thenry and provide manageriaJ implications .

4 - When Does Imbalance between Exploration and Exploitation
Enhance Performance? A Contingency View

Xiaoyun Chen, Assistant Professor, University of Nlaeau, Macau,
,ychen@UnldCmO, Jie Wu, May W,1l1g

The lileralllre on whelher (lnd how (Ill organizalion can reconcile and
expltlil.J1ivt' learning g(,rJt:'rallySllggt'StSa halanced dpproarh (Jlso railed
organizational ambidexterity or dualllY) constitules a prercquisilc ror
organizational snrvival and success (March. 1991; He and Wong, 2004). Yel some
researchers poinl ou' Ihe potcntialliabililics of arnbide'lerity and highlighl the
net..'d to lake Iln imbalanced approach (or specialization) belwt'en two ICdrning
strategies hy focusing on eitlll'r or cxploilJlioIl (Gupld ct al...
The underlying logic is thai e'ploratit.>I' and t'xploitalion are potellliJlly
incompatible learning strategies that require radicJ.lly diHcrcnt COmp(:lcllCicsand
compete fOf scarce organizational Following logic, scholars have
ft'Ct'lllly suggeslt"d that firms sp(-'cializt.'ill t.'itlwr exploraIion or
exploitalinn Witltouljenpardizing Ihcir long-run perrnnnance. However. evidence
in support of the dfcCl of specialization on pcrfonnanct.' is scant. This $Iudy
exarnincs vvhen high tech finns afe bellt.'f off speciali7ing in cllher exploration or
t..'xploitation. Drawing 011 the organizJtiuTlallcarning literature, we hypotbesize
tl1at a finn's bt.'!WlTri aud exploit3lioll (or spt'ciali1.atioll
strategy) has dilfercl1tial impacts on firm depending on its structural
charat.:'lcrisl1cs and eXlcrnal l'llVirOlllTlC..:nt. A survey data of 1.80 high tech firms in
Chilla shnws Ihal rirm age and sl'JI'cily of R&'D tnndl'rate tlte
l"t'lariollship bl;'twt:'crt spl'ciali·l.Jlion and perfC)r1TltlI"lCt'.M.oreover, ':i{lecialization
slrategy works beller when mmpelitive intt'mity is low. These findings have
theoretical implicJtioIls for the research on organizatit.H1al amhjdexterity and
practicdl implications for managers of slllall and medium-sized



TB06

.TB06

INFORMS Marketing Science Conference - 2013

.TB07
06- Monterosa1
Branding and Firm Performance
Cluster: SpecialSessions
InvitedSession

Chair: Xucllling Luo. Professur, Univcrsity of Texas at ArlingLUn.
70 I S Nedderman Dr, Arlington. TX. 76019. United States of America,
Illuxm@llta,edll

1 - The Impact of Brand Rating Dispersion on Firm Value
Xueming Luo. Professor, University of Texas at Arlington, 701 S
Nedderman Dr. Arlington, TX. 76019. United States of America.
luoxm@uta.edu, Sasha Raithel, Michael Wiles

This study t'xJrnines brand in brand ratings ..lcros,>
cOllsumers-and its role in the translation of brand a"lsets into firm value:.
Dispersiun captures Ihe (ovt.'rt in t.'valuclliofls of brands among
consumers who like or dislike Ihe lHands. which would affc'ci an inve'ior's
decision Iu buy or sell a stock. The hi!>hc'r the dispersion, Ihe more inconsistent
and polarized cross-(()nSllrtlC'r ratings of Ihe brands. Mulliple analyses-from
simple. rtlodel-frec \() lime-series modcls-un 730.818 hrand-day observations
provide robnst c'vidence that changes in brand disr>ersion maILer for slOck priet's.
Brand dispersion has Januslike efleets: it harms rei urns but reduces firm risk.
PUrlher, downliide dispersion has a Sl rnngt'r impact on abnormal fetunI') than
upside dispersiun, indicaling an aSYlllmclry in brand dispersion's dlecls.
1\I\nrcovt."r.dispersion It:lnpcrs lilt' rbk w redut1iun hent,nlS of brand magnilude in
bOLh <;horl and long runs. VVithoul rnodeling dispersion. brand ma!!nilUde's
impact on firm value can be uvcr w or linder-estimated. M,lIlag('rs should consider
dispcrsion a vital brand-managcmcnt menic and adtlthis metric to Ihe brand­
performance dashboard.

2 - Corporate Social Performance, Brand Equity and
Shareholder Value

Sallrabh Mishra. McGill University. MonlreaL QC, Canada.
saurabh.mishra@mcgill.ca, Sachin B. Modi

Extant rcscarch in markeling has invesligaled Ihe influcnce of brand cquity and
corporalc' social pl'fformance (CSP) on firm financial perform"nee indq>endently.
However. insights from literature in con:>umer psychology indicalt..' paLhwa}'s
linking esp to br"nd 01 finns. In this reseMch the allthc.rs build un
insight 10 dcvelop a framnvork evalualing thc' ch"in-ol-dfeGs between CSp,
brand equity, and firm shareholdcr valuc. Results hascd on analysb of
longiludinal data collecled from multiple semndary sources confirm Ihe
theorelical framework and provide novel implications.

3 - Brand Analysis and Strategy from Online Chatter
Seshadri Tirunillai. University of Houston, Houston, TX,
United States of Amcrica, seshadri@baucf.uh.edu, Gerald J. Tellis

TIlt" quality of a brand is one of the most illlponallt drivers of consumer
salisfanion. compelition, and Ion!> lerm success of the brand. tdentifying Ihe
right dim ....nsions of qllalily is (t'l1lral to determining markel segrnerlliltiOIl. brand
po\itioning, brand ranking. creating brand copy, impruving current brands, or
designing new brands. Online User-Generated Conlelll (Ch"ller), such as produci
reviews. constitutes an excellent emerging source for identifying dimcnsions of
qualily al a very high frequency. This slndy proposes a unified framework for
aUlomatically parsing [wm uee the latent dimensions of quality and asccrlaining
Ihe valence, labeis, validity, importance, dynamics. alld heterogeneity of those
dimensions using Latcnt Dirichlct Allocation (LDA). Our sample of UGC comists
of rich dala on product reviews across fifleen firms in fivc matkels. over fout
ycar'. The rcsults suggesllh"l a kw dimensions Me enough 10 l'aplure qualily of
hrands. These dimensiuns have good face, eXlernal and prediclive v"lidily.
Dynamic analysis enables u'"cking Ihe importance of dimcnsions over time. [t also
allows for tracking 01" competitive brand positions on those dimcnsions ovcr time.

4 - Disclosure of Advertising Expenditure: An Indicator of
Business Strategy

Leigh McAlister. University of Texas-Austin. Austin, TX,
United States of America, leigh.mcalisler@mccombs.u[cxas.edu.
Niket Jindal. Albert A. Cannella, .II'" Raji Srinivasan

l\-vo S1ralegies-difft'rentiation and COSI leadc'rship-havc hecn offered as tht' routes
to achil've compelitivc aovantag('. A diffl'relltiatioll strategy creatt'S supcrior and
dislint1ive producls and a COSI le"dership slrategy seeks 10 achieve the lowcst
(oSIS in its induslry. Given superior and dislinclivt' produl1s. a firm with a
differenlialion Slralegy is likely to believe advertising 10 be key 10 ilS performance.
Accounting standards imply Ihat a firm holding such a belief is obligated to break
advertising expendilnre OUl of SGf,A. which leads us tll.propose that a finn thai
breaks OUI advcrlising is likely 10 have a differentialion strategy, Usillg multiple
data sources and diffetc'lll empirical mel hods, wc' providc' evidence Ihal brcakin!>
out advcrtising expenditure is a reliahle and valid indicator or a firm's busincss
Stralegy. Using a hroad sample and secondary dat", Ihe indicator's nomological
validily is demonstrated by confirming importanl theorelical and small-sample,
survey-based findings (nll stralegy-driven dif!ereul'e in profilabilily;
dilferenli"lion slrategy dtiVl's faslcr sales growth, higher firm valne and
marketing represenlalion on top managemelllleam). Using Ihe indicator Ihus
shown 10 be reliilblc ilnd valid. we exploit a rcgulalion chill1gc 10 dClllonslrale
Ibat a diffcremiation slralegy's growth r"le and firtn value "dvanlages Mise
because II", firtn is conslituted in such a way that it views adv"rtisi;,g as key to
perf(,lrITIClllCe,not simply hc<:allsc lile firm advertises.
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07- Monterosa2
Two-Sided Markets
ContributedSession

Chair: Masakazu Ishihara, Assistant Professor of Marketing. New York
University, Stern School of Business, 40 West 4th St.. New York, NY.
10012, United States of Ametica. mishiharCej\stern.nyu.edu

1 - Charging for Ad Impact on Viewer Experience: Marketplace
Dynamics and Pareto Efficiency

Valeria Montcro, Univcrsity of Pennsylvania, 3730 Walnut Strcet,
Suite 700, Philadelphia, PA. 19104, United States of America,
valeriam@whanon.upenn.edu, Eric Bax

Media platforms thai sl10w obtrusive ads risk reducing viewer
engagcment. which evenLually harms lhcir business. Howevl'r, ad fCalllrl'S that
negatively impJCl viewer experit.'l'lce can be efft'ctivl' [or sorru.: advcrtisl'rS. Since
pIal [urm\ compeLe for adveniser <.I<lllal",)"any solution to (let olnrusiveness musl
nOt harm adVl'rtiscrs as a class. Can a plalform reduce ad obtrusiveness while also
benefiting its advertisers'? We examine (Ill auction mechanism that sckns onlinl'
displj3Y bal.il'd IIpon ad impact on experience in addition to
hids. We lISC a malhel11alic,,1 model 10 show Ihallhe mech"nism can
simultaneously benefit advertisers, viewers. and Ihe pial form. We also find thai
pl"tforms with Ihickcr ad markels havt' more latilllde 10 seleci ads based on ad
impact 011 vicwt..'r cxp<.'ricnce whik still improving advl'rtisL'r prufits. Our rl'sulls
provide guidelincs for developing an 'ad impaci scorc' for "d crealives by using
the corrt'iatioll betwc:t'll IlH'(l.\un:s r<.lf Ihe t'fft..'Clivt'tll.:'.\scwd impact on viewer
experience of ad fealures.

2 - Content Quality in Media Markets
Taylan Yalcin, Assistant Professor. Chapman University,
One Universily Drivc, Orange, CA. 92866, United States of
America, yalcin@chapmall.t'c1u, EliI' Ofek, David Godes

Thi, paper investigales COl1lertlqu"lily decisions given by media firms that
operale in lwo-sided markel'. Media firms compete in thc l'llntcm market [or
cunsumers and in Ihe inll"rn:lalcd advenising lndrkeL for Jdvcrtiscr . 11 is known
thal a lTIcdiil firm has a greater incl'ntivl' to in ([etlst..' conLent sales, because duing
so will generate more revenues from bllill l1larkels. Previous IiteratllH' irlcmiries
under-pricing as a 1001 for boosting demand. We add another stralegic 1001,

increasing coment qualily-over-investing. Furthcrmore if Ihe increase in quality is
SuhSlMlliaJ. il may be oplirn,,1 In charge a higher price as demand will still slay
Slrong. Thus over-invesling brings a COurtter force to the tcndcncy 10 under-price,
The nel of Ihese IWO forces on price cril ically depends on Ibe costs
associated with qua lily improvcmenl.

3 - Daily Deal Websites in Markets with Asymmetric Information
Tanst'v Geylani, Associate Professor, University of Pittsburgh. Katz
School of Business, Pittsburgh, PA. 15238, United States of
America. tgeylani@katz.pitt..edu, Mark Bender. Esther Gal-Or

Daily deal websilcs aCI as advertising intc'rmediaries by selling vendors' deals 10
conSUlllt'rs. Wt' invcstigatt' whether these imcrmediaries cao segrttcntt'ach side of
Ihe market. whil,' one inlermediary can pOlenlially malch high qualily vendors
with high willingness to pay C,lt1SIH11erSthe mher can malch the opposite profiles
of vendors and conSUl11ers.We characlerize two patterns of Ihe
segmenting cquilibrium depending on Ihe size of Ihe segmc'lll of consumers who
use the daily c1eal web iles for the purpose of acquiring informalion. However,
Ihere is a "Hlg range of parameler values for whit'h segmentation fails aitogt'lher
resulting in fierce Bt'rtrand compt'tition.

4 - Two Sided Piracy
Masakazu Ishihara. Assistant Professor of Marketing. New York
University, Stern School of Business, 40 West 4th St., New York,
NY, 10012. United States of America, mishihar@stern.nytt.edu,
Eitan Muller

Tltis papcr theoretically t'xamines pial form providers' inccmivc 10 cngage in
sofLware piracy protection aClivities. In two·sidcd softwan.' markets such as video
gamcs and e-llOoks. a platform provider might gain frnm pir<lCY because it
potentially increases the value of the platform to con$umc.:'rswho are likely to liSt'
pirated soli ware. To gain insighls about pial form providers' piracy protcction
anivities. we collect data from the U.S. hJndheld video ganlt' between
2004 and 20 II. During the sample periocl. (i) Nintenclo's Nintendo DS (NDS) ancl
Sony's PlayStation Portable (PSP) were Ihe two dominant handheld platforms, (ii)
bOlh finns wt'rc' al·o soflware providers for Iheir own platforms (in-house
sllftwarc). and (iii) software piracy was a('livc on bOlh platforms. Thc data reveal
"seemingly counlc'r-imuilive behavior hy Nintendo and Sony. Ninlc'ndo invesled
in piracy prmeClinn much less than Sony did_ despitc Ihe fact that the sales of in­
house software accounled for a IMger pnlporlion of Ihe emin: revenue for
Nintc'ndo Ihan for Sony. To under ·t"nd lheir differenl policics on piracy
protection, Wt" develop .:I forrnal ecoIlomic fIlodellhat inl:cgrales in house cllld
uutsourced software. Our analysis provides tIl<' conditions under whit'h pial form
providers benefit from piracy, and sheds light on Ihe profit-implication o[ software
r>ira('y for platform prOViders.
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Event Marketing and Sport Sponsoring
ContributedSession

TB09

Chair: Christian Schlereth, Goethe University, Frankfurt,
Grueneburgplarz I, Frankfurt, Germany,
schlererhCil'wiwi .un i-fra nk fu rt.de

1 - Bundling Consumers: A Strategic Rationale for Family Plans
Debu Purohit, Professor, Du ke University, Fuqua Schoo] of
Business, J Towerview Drive, Durham, NC, 27708, United Srates
of America, purohit@dukc.edu, Preyas Desai. Bobby Zhou

In the tt'lc("orn lllarkl'l. we Ihal give (IHlsumcrs an option to
purrlHlse an individuJI plan or J filiTlily plan. While an individual plan gives a
(erWin allowance 01 usage (e.g.. ddtJ, ('tc.) ror tl single consumer, a
family plan allows mulliple consumers 10 share a specillc level of usage. The
lhcorttical is:HH:.' is 10 understand hoyv lilf firm stunds III benefit from allowing
family plans? In Ihis paper, we use a game theorelic framework to explore the
role or family plans. OUl' WilY thill r.Hllily plans call be profitablt· is that they allow
Ihe firms to draw in very low vailialion consumers whom the finn would choose
nol to $<.'rve in lilt' abselH.'t' of a family plan. I.ntl'rCslingly, wt.' find that even when
a fJrnily plan does not draw any new consurners inlO the market. a firm O:lIl slill
bendil from offning the Imnily plan. This occurs principolly because Ihe family
plan allows high- and Inw-valll.l1ion consumers In 'bundle' Ihemselves.

2 - Play it Save: Consumer Choice under Four-Part Tariffs with
Cost Caps

Philip Koehler, Karlsruhe Instirute of Technology, EnglerstI. 14,
Karlsruhe, 7613 L Germany, philip.koehler@kil.edu, Jan Kraemer

Willl lbe lrend J servin: orlerned economy, Ihe need for
innovative pricing schemes bc.comes illl'f<:,Jsinglyi,mportanl. 1vV<:, study the impJCl
of nonlinear four-part tariffs th,ll arc formed by a cost cap component. over and
beyond the lraditiol1dltariff components fixed fee, COfJSUlllptiufJprice and
cunsumption alhJwal1clA.The cOSt cap compol1ent fixes all uppt'r COSt lilnil, likt'
flat rates, out, unlike flat rates, also allovvs for lower costs in cast' the O.)$t limit is
nOI reached. «)st caps have recently been introduced for telecommunication
services, but \-vcre also used as deductibles in insuranct.'s contracts or as
maximum diJy rJleS for rental services. We inv(;'stigJte Ihe impact of a cost cap
compol1t'nt OIl consumer (hoke dlld ib pricing implications for providers.
To Ihis end, a utility model is developed that predicls Ihe optimal nmsllmplion
pattern under four-part tariEfs. Then:by, l'onsurners' uncerlainty in CtH1StLlllption,
as wdl as bounded rationalitv ':lrt'laken inlo aCCilunl. The model's performance is
rViJllIi.1lt'dand compared to a'll<.'rnative approaches lIsing a conjoint choice
l'xperi1l1l'nl. A rl'presl'ntative sample of 1,000 Gl'nnan IIsers of mobile
te!ccommunicalions services was recruited in order to estiJnate consumer
preferences using a mixed logit hierarchical Bayes approach. Based 011 lhe
eSlimaled prderence\, the il11poClof fOllr-part lariffs 011 proViders' profits h
furl her analyzed by annealing. Tht:' resulb indicate that fnur·part tariffs
can innease providers' profils even I'urtlwr than whal is possible 1>1' Ihe use of
threl'-pan tarifls. We also find that Ihe (usl cap compOnl'nl performs weakly
belief than the allowanct.' COmpOlll'.l1lin ilS ability to extract consumers'
additional willingness 10 pay induced by tlwi,- uncertainty in consumption.

3 - Profit Maximising Contract Plans
Christian Schkrcth, Goethe University Frankfurt, Grueneburgplafz
I, Frankfurt, Germany, schlererh@wiwi.tllli·frankfurr.de,
Siharn El Kilwl

Providers of many inuuslrks, such as cloud computing services, comlTIl)nly offer
contracl plans (e.g., $ubsniptiol1s) 'with differellt COl1lract It'nglhs as un dl1t'rLl(l1iv('
{() singk period plam. COl1lrJClplans are ollraClive for consumers who use the

pl'riodically the (onSUIlH:'rs from signjfi(I.Hlt price discounts
if the\' ('OInmit IhclTI')(.'lvcs to the service provider [or lhe tilllC of the contract
length, JloW{;Vef, deciding on price discounts and contrdct lengths for conlracl
plans is challenging, as binding consumers leods to greater profit. while offering
greater prilT dhcollnb negatively impilt..'ls Ihe provider,<; profit. Tht' gO..l1 of t:hb
sludy is 1.0 outline the faCl.ors thot drive Ihe dilferl'IKl'S in profilability when
offering a conlraCt plan in addition to a single plan. Therl'!ore, we model
consumers' decision-making proccss bt'lWCt'1l Ihe lWO plans and develop a
mel hod to 1l10,imise Ihl' profitability of these plaits. The proposed model
SeparJleS cunsumers' ex-al1le probabilily uf needing the servin', which is
assllmed 1.0 be indepeltdeltl from Ihe pritT of Ihe COl1lranplan, from Ihe
decreasing marginJI utility that arises through discounted bt'Ht'fils of fulure
lIsage. Tn a Monte Carlo simulation, we sho\;v that orrerill£. a plan in
addition to a single pt'riod plJn profits hy up tu 100ft).
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Chair: Vijay Viswanatban, Northwestern University,
1870 Campus Dr, EvanslOtl, It. 60208, Unired Stares of America,
vijay-viswanathan@northwestern.edu

1 - Sponsorship vs. Ambush Marketing - A Field-Experimental
Comparison of Communication Effectiveness

Hegina-Viola Frey, Assistant Professor, German Graduate School,
Bildungscampus 2, Hcilbronn, 74076, Germany,
regina-viola.frey@ggs.de, Dirk Zupancic, Markus SclJwan.er,
Marion Bi.ittgen

Monitoring sponsorship eHectivt'uess is guining ITI()[t' and more irnponance since
Hrrns are increa"lingly IJking advanlag<: of supporting [urge sports eveIlts, cultural
institulions and evcnts as well as chilrit(lble caUSes as Ill(.\lns ()I marketing
communicatioll, However. cspcdalJy in the lidd of SP0I"lSsponsoring, traditional
sponsorship is Dt'collling increasingly thrcatt'Jled by creative ambush marketers
seeking to position as (,)ffici,1!sponsors with(HJL however, paying
license fees. As ambush campaigns art' incrcdsingly operating in a legJI grey area,
our studics in Ihe context of Ihe VEfA Europcan Football Championship of 20 12
.1Ild the FlPA W<HIll'n'sWorld Cup in Foolball in 20 II aim ill ,lIlillyzillgwhether
official event sponsors perform supt'rio!" tlwn ambush marketers and llational
team sponsor;; in termS: of market success. Data from our firld experiments
compare print advertisements and TV COITIl1H:'!Tial in lerms or consumer's notion
of sponsorship ano ambush markctcrs. The results suggesl Ihat <."onsumcrs cannot
identify Illarkttt'rs, event <:llld It'am sponsors (orn.'oly and that tCdm
sponsors perl'orm superior ill lerms of altitudt' towards Ihe brand and CUSlomer­
based btond equilY. Wl' additionally rind 1I1(){kraledcffeers of hUll10r in
advertisclllents and fit of sponsor dnd event.

2 - Does Winning Lead to Cross Promotion?
Doug J, Chung, Assistant Professor of Business Administration,
Harvard Business Scbool, Morgan Hall J6J, Soldiers Field,
BosfOn, MA, 02163, United States of America, dchung@hbs.cdu

fnlercollc'!iOle alhleti(s have bl'corne a multi-I>illioll dollar induslrv over the past
severol Illlhl, study, I measure thc ellen Ihal alhletic has on
reVenu('s generated by an f:lcadt'mic institution of higher education through its
athletics programs, 1 find thal football success has a significant impact on school
revenue. In contrast. the effect of basketball success is less coherent. BUI
surprisingly. 1"0011>011 success has a significant cross'sports impacI on basketball
rl'Vl'nUl'. J find Ihal with each addilion"l win in football, a school generatl's
apprOXilT1Jtely two per(ent mOTe in rt'vcnue its football program.
furthermore, I find that pa')t athletic success carries OV('f cXIt'nsively 1.0 tht,
present, suggesting the significonce of Ihe long-term monelary efleer of othit'lic
success to many aCildernic institutions.

3 - The Long-Term Effectiveness of Superbowl Advertising
Vijay Viswanathan, Northwestern UnivcrsilY,
1870 Campus Evanston, IL, 60208, Unired States of America,
vijdy-viswanalhan@northwestern.edu

The Snperbowl is an importanl event in American culture. 11 is an evcnt which
draws millions of AllIericans to television sets: ill living .lnd sports bars.
Television advertising during the SlIpcrbowl has 1"01' long captured the int<.'n.'stof
marketers and individuo" alikt', ESPN reporls Ihat firms spenl on average 01 $3.5
million lor ',O-second SPOI 10 caplnre lens or millions of eyeballs. The advenl of
o;oci.llmcdia has made it pos)ibk for (Idvt'niscr,; til capture t,rrt'<.1ivt'J1e,>sof
their Superbuwl curnruerdtJls ill a more dftC1ivl' than bdore. This study
uses 0 ,ample of aUlomobile brands that advertised during Ihe 20t2 Snperbowl
and examines the long-term dfer!ivt'nt'ss of Jdvenising un buzz created through
social media. Preliminary results suggest thal advenising has a persistent effect on
bolh. the volume and positive sl'llliruent lowards tilt' brand. Tlw result has
imponant implicali(lllS [or who seek 10 underslanu the
eflt'ci ivt'nt's, of socll adwrtising efforts.
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Brand Strategy
ContributedSession

Chair: Valel1lyna Melnyk, Associate Professor, Massey University, CJM.
PJivate Bag 1029904, North Shore, Auckland, New Zealand.
v.me lnyk@massey.ac.nz

1 - An Assortment-Centric Approach to Manage Brands under
Competitive Set Variation

Piyush Klimar, University of Georgia. Brooks Hall, Ntarketing
Dept., Athens, GA, 30602. United States of America,
pkul11ar@uga.edu, Mayukh Dass

Givcn an upsurge in retailers' emphasis on Ihe erficieney 01 their product
pnft[olios, brand riln' increasing variation in rhl' composilion of the
brand assortmenlS lhl'y compl'lt' against Clauss the various points of sale. The
increa\cd variability in assortment COlllpI..1silionraists Ilt>w regan.ling
the definition 01 a competitor, Ihe brand's susceplibility I() Ihe point-of-sale
markeling aClivity of rivals, and the effecliveness of the brand's own markCling
mix inslrllIllenls. In this paper. 'we propose that tht' Illarketing planning
can be made dficicm by conceplualizing competition as a unified assortment and
understanding paltern. in a brand's slIsceplibilil)' to alternative aSSOrtlllent
configurations and the markcling mix activities of the brand and its rival
assorLmcnts. We suggest lhat altcrnalivl' configurations 10 which a
brand exhibits similar Inels of susceplibility or vulnerability can be sys1t'malieally
grouped togt,ther, within which there may lit' rt'latively lillie net'd for variation in
the init'nsily of the brand'markcting activity. Wc LIse a mixlurl'-type model on
store· level lransactions data to discover these assoruncllt·cclltric vulnerability
cluslt.'rs and show Ihal Ihey vary brands l'yt-:n within Lht' ;aml'
produl'l calegory. We also find wide variation across brands in Iheir susceptibility
\II the marketing mix activity (If tl1t'ir as well in the most appropriate
instruments to defend their share. Our paper concludes by providing guidance for
markelers regarding how to use information un brand vulncrabilily lO
systt.'L11alicallyadjusL Lhl'ir marketing efforts acruss alternative assortmenl
ronfigllrJlions.

2 - Co-Creation in Corporate Rebranding
Polina Landgraf. Sainr-Petersburg State University. Graduate
School of Management, Nastavnikov. 5-3-180, Saint-Petersburg,
Russia. polina.landgraf@gmail.com

The paper explores co-creatiou within corporate rcllwnding. Being extensively
used by practitioners. corporatc rt'branding was scarcely studied by academic
researcbers. Yel. few existing contributions (Daly, Moluney. 2004: Muzl'lkc
Lambkin. 2006; Kaikati. 2003; Merrilce , Milkr. 2008) target mrporate
rcbranding from func1ionalist pcrspenivc, conceplualizing it as all organizational
tool, crealed, implemenled and conlmlled by management. However. Ihere is
increasing underslanding that firms are losing conLrol over their brands as
corpora Ie brands arc co-created with stakeholders (Gregory, 2007; Juntunen.
2012). To author's knowkdgl·. there was no illIt'mpl to invt'stigatl' how co­
c[('ation occurs in corporate rebranding. Thus, the paper add[('sses this gap in
literature by trying 1.0 identify what group; of stakeholders participate in
rcbranding Co-ucillion, to what CXL<:nt they arc involvl'd in <.'o·crcation pnlcess,
and in what of t'urporal.e rcbrallding process do they involve. This sLudy
will employ multiplt' case study approach.

3 • Brand Consistency in Consumer Packaged Goods
Harry Antonio, Emory University, 1300 Clifton Rd, Atlanta. GA,
30322. Unired Stales of America, lJarry.artlOnio@emory.edu,
Douglas Bowman

Brand con,istency refers LO lilt' degree of rongruence ilmong all aspens of a brand
dnd surHlunding activities, Past research on brand consislency hilS
largely been in Ihe context of laboralory studies in evaluating brand extensions,
or limited to consideralion of a single focai category; Ihere is liltk work
examining ils <'fft-cts in field studies across the entire deployment of a brand,
cspeciJlIy linking it Lo a brand's produCllllarket pert:orrnann·. All impOrlJnL
aspect of consislt.'llcy is huw a brand is deplllyed across categories. In this paper, a
brand is asserted 10 have llt-Wecs of Cllnsistency in rcgard to tht, categorics in
which it competes, and its nwrketing practices in relation to Ihe norms or those
GIH:gories. The impor1ance of consistency in €I brand's l'kploymcnl across
categorics is devt'ioped by considering Ihe functions of a brand and by drawing on
principles fwrn the brand extension literature. Houscl1old scanner paoel rlata is
used 10 tesl hypolheses relating consistency in brand deployment to market share.

4 - Effectiveness of Different Brand Positioning Strategies
across the World

Valenryna Melnyk, Assodate Professor. Massey University, C.lM,
Private Bag 1029904, North Shore. Auckland, New Zealand,
v.melnyk@massey.ac.nz, Yvonne van Everdingen,
Ralf van del' Lans

Brand positioning boils down [0 a baltic for the minds of larget CUSlomers; it
dt'mands a value proposition wilh a cIear stalemem of why the target segment
should buy lhe prtlducl. TI....'e ullique selling propo,itions (USP's)-slleh a, be t
quality, best selling, fastcst growing brand. or unique-emphasize a particular
benefit of Ihe brand that tile cOll1pany wants to highlighl. and generally arc
coll1ll1llrticaled through advertising tag lines. The choice for a USP generally
depends on what the cunsumers wanl. whal your competitors emphasize, and
whal your own hrand does wt'il. This study provides illsight into how consumers

countries (Urfer in their respollse to difft'rent positiolling siralegies acros'>
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differenl product categories. We use a unique data sel involVing 19.415
respondel1ls arross 25 countries and seven produci calegorics. This global data set
enable,> us to invt,.. rCl"t.:'plivilyto 4 commonly lIsed selling propositions
across many difrt'rClll individuals and countries, and across produn
We estill1att'd twO dilft'rcl1I. ll1odt'is: ( I i a modcl where we allow for product
category specific <'ffects, i.e" the ll1odt'i parameters dilfer across prodoct
categorics. and (2) a Ilwdt'i where we assume that Ihe crfects arc similar across
CJlcgorit's, i.e., the model pararnelt'rs ,-He comparable acro'iS product categories.
The lalter model fits belter than Ihe first model (LMD: 87.603 vs. -87,793). All

arc significant. and none of Ihe 95% posterior imervah colllain O. so the
seleclcd .'\. brand benefits offer importam predit10rs of purcha'e likelihood.
Uniqueness appears to be tlw strongesl prt'Clicwr. while growing in popularity is
the leasl important predicwr in explaining brand purchase Iikdihood.
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Choice Modeling in Retail Settings
ContributedSession

Chair: Kathryn Sharpe. Assistant Professor, University of Virginia­
Darden. P.O. Box 6550, Charloltesville, VA, 22906,
United States of America, sharpek@darden.virginia.edu

1 - An Analysis of Assortment Choice in Grocery Retailing
Kyllseop Kwak. Lel1urer of Marketing. University of Technology
Sydney, Sydney, Australia, kyuseop.kwak@uls.edu.au,
Sri Duvvuri, Gary Russell

Consuillers in grocery relailing commonly buy buudles of "roducls to
accommodate currcnl and future consumption. Whcn all products in a particular
bundle share common aurihlltt,s (and aft:: from tilt, produc!
category), the consumer is said to assemble an assorrmenr. This research develops
a flexible choice model, suitable for the analysis 01 assortmt'J1l choice. The model.
a new specification or lht, lllulLivariate logistic rnarkt,t basket mndl'l, is bascd
upon the assumption that the utility of purchase of Olll' item in an assortment
d 'pends upou the set of itt'llls aln'ady seleCled. The modd complex
demand relationships acro;s assortment irons, but docs nOI ,,'quire a delailed
listing of item attributes. We apply the modd to household assonmenl choice
histories from the yogurt product category. Substantively, wc show that yogurt
cboice is afft-eted by brand qualily perct'plions (quality-lier competition).
Morcovt'r, we show Ihat rcaction to reductions in variety (number of yogurt
flavors) is medialcd by brand quality perceptions.

2 - An Empirical Analysis of Consumer Search Behavior in the U.S,
Retail Banking Sector

Maria Ana VilOrino, Assistant Professor of Marketing. University of
Minnesota, 32J - 19th Avenue South, Minneapolis, MN. 55455,
United States of Ameri a, vitorinO@U1l1n.edu, Elisabeth Honka,
Ali Hortacsll

This research empirically investigates the seardl and choice process of consumers
opt'ning new bank accounts. Wt' devdop a strucwral empiricallllodl'i that reflects
a wnsuiller's decision process to add one or more bank accounts to his existing
portfolio and indudt', his costly search for informalion about fees. prorluct and
bank services. Searching for this information is 'costly' for the consumer since it
rakes time and effort to comact financial institutions and is not yiewed as pleasam
by most consumt'rs. Thus a consumer only investigates a few banks that togetht'r
represent his consideratiun set and makes the final decisiun aboul his account(s)
among the cunsidt'red financial institutions. Our utililY-lTIaximizing modeling
approach bOlh Ihe conSlllner's decision of which banks to indude in his
consideration set and the tlt-cision of which bank to open (an) account(s) with
and allows us 10 quantily consumer search costs for a single product (Lt'. Ont'

bank account) as well as for a bundle of produels. Tu estimate the model we usc
dilla from a large survey thal contains information on respondents' search
bl'havior in terms of their consideration set of banks; the corresponding fees and
interest rates for those banks: tbe actual bank chosen: Iht' idemity of the previous
hank and demographiC and socio-economic informatitln about tl,., cunsumers.
While previous rest'arch has estirnJlt'd search COSIS for a )inglt., producl in many
different categories such as fasl·moving: consumer goods t,)r ,wtt> insurance, LO the..'
besl of our knowledgc. Ihis is the firSI r"search empirically studying singk and
multiplc produCl scarch using data on Ihe accoum opening proccss in the U.S.
retail hanking sector.

3 - When Franchisee Effort Affects Demand: An Application to the
Car Radiator Market

Tongil Kim, University of California, Berkeley,
234J Grant Sl.. Berkeley, CA, 94703 .. United States of America,
1i_kimCg'haas.berkeley.ed u

Consumers respond not only to Ihe price and Ihe product attributes, but also to
tilt' service cHon provided by the sl'ller. Empirically quantifying or measuring the
service eHort is difficult because il is often untlbservable. This paper proposes an
empirical framewurk of the role of service df....t in demand. along with olher
traditional marketing mix instruments. The modd allows us 10 measure Ihe
unobs,'rved eHort kvd wit hunt data on erfort. which is hardly availahlt' in most
empirical settings. The paper also presents an application to a unique data set
oblained from a fran hist' in the car radialor marker. This framework can he
useful in examining various aspens or st'rvicc·intcnsivt.' inuuslrics. In panicular,
Ihis study a much-debated public policy qut'stion regarding resale
price ceiling in franchising. A policy evaluation shows lhal resale price cciling
lowers franchbee;' profit and weakens their incemive to ex en effon, which
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reduces consumer wclrarc. However. I find thJI resJle price ceiling can
consumer wc!fiJre enhancing in the car radiator market t() tile lower price
generated by Ihe pric .... ceiling.

4 - Understanding Consumer Response to Within-Chain Price Shock
Kathryn Sharre, Assistant Professor, University of Virginia-Darden,
P.O. Box 6550, Charlottesville, VA. 22906, United Stales of
America, sharpek@darden_virginia.edu, Oded Netzer, Joel Huber

ConSUJllcrs o!lcn reao advl'rscly to price increases within the samc elwin. We
sllHly how J firm induced price shuck impa<:ls consumers' price sensitivily.
product choices. and consumer endorsements. \Ve demonstrate thJI changing the
product CJI1 mitigale much of the negative CnCel or a consumer's
experience of il sticker shock. To study price slwck. we used a fast food conlext
Jsking participants to rn..lke J food choice at t1 typi<,'al 'Strel't' reSI.JUfanl (to create
a fefereIlCt.'price). and sulJsequc:ruly. at all airporl ItICJlion (to silllulale a
pricc shock). In the airport choice. wc mallipulilled the prit·(;, increase d(({)S-; the
entire producl line as well as ll1(;' choice scI. After pJrtidpJIllS rnadt' their airrort
choice, lhey iudicated whelher the}' wllllld rather keep their choice (lr search
dSl'whl're in the airport. rinJlly. we asked pdrti<:ipaIlls 1.0 rille.: the restallrd1l1
experience similar to the rating scale on Yelp.com, \Vith the reslllls, we were able
to compactly model price as a function of the produCl offerings and
price. \Ve Illodel the airport food choice dnd lhe decision LO stay ill a rt'tailer llsing
il nested logit model. The results of Ihe model d,'monstr"It' thilt quality npgranes
GHllllClillt.lin revenue dt'spit(;· J I':lrge prke incn'ase. Furthermore, the lllodt'l
prenicts the likelihood that a customer will be lost due to a sulmalllial price
increast.' or change in JssortmcllL SubseqU(·nl.:trIJlysis shows Ihar eveu aftt'r
accl.HlIlting for ftlstolllers' to keep l!Jeir choices at lhe restaurant, sticker
sho("k Cdn havt negative irnpiJCI on the way ronStimePi t.heir
experience at the restaurant. Still the potenlialloss l" revenues can be partiall)'
miLigalcd by alleling the set, thlls indUcing corhUl1lers to be less price
sensitive.

5- Using In-Store Video and RFID Tracking to Explicate Unplanned
Consideration and Purchase Conversion

Jeff Inman, Alhen Wesley Frey Professor of Marketing, University
of Pittsburgh, 350 rvlervis Hall, Katz Graduate Sehoul uf' Business,
Pittshurgh, PA, 15260, United States of America,
jirtrnan@katz.pitLedu, Yanliu Huang, Sam Hui, Jacob Suher

l{clailcrs and 1l1anufJcturers art' keenly inleresled in ullderstanding unplanned
consideration and purchase couversion. bUl dala thaI capture ill-store product
cOfl'iideratioll were urldvaildhlc in the past. In this rescJrch. we: collen a novel
dataset lhat records shopping behavior Jt the point 01 purchase using
video and RFiD tracking lhat allows us to directly ohserve product considerillion
during the sllt)pping trip. [11 conjulKtiorJ with an entrance surveyor purchase
inlt.'J1tions, \ve fonduel st'veral descriptive dllJJySCSlhal focus 011 the incidence,
category propensity, behavior.ll Ch.H(l(teristirs, and outcomc of lInplanllt.'d
consideration. Our results reveal several new empirical insights. Fir-;t, we nnd
signiJirunl calegory-Ievel <:ornplcmcntarilics beLwecn planned items and
unplanned considerations. which we capture using a lak'nt category map.
Second, planned and unplclnncd consi(kration difft'r in key behavioral
characteristics (c'.g.. Iikc'lihood of purchase, lime of oc([".,.ence, number of
productlOuchesi. Third, higher likelihol,d of purchase conversion is significilmly
associated wilh s(;'vt.'raldynamics faclors (remaining in-store slJck, Olllcome of lhe
l.1st consideration) and behavioral characteristics of displays viewed.
distance lO shelf. rdt'rences to shopping list). Implicatioos of tllest' findings for
research and shopper markeling are discussed.

.1812
12- Geneve
Promotion
ContributedSession
Chair: SerdaI' Sayman, Koc University, fstanbul. Turkey,
ssayman@ku.edl.l.tr

1 - A New Mechanism to Understand Consumer
Redemption Behavior

Kissan Joseph, Associalt Professor, Unlversit y of Kansas,
'1,00 Sunnyside AWllue, T..awrcnce, KS, 66045, United Stales o(
America, kjoseph@ku.edu, Zelin Zhang, Minghui Ma

Consumer redemption behavinr has heen the focus of much scholarly inquiry and
lhe t'XliliH liteflltuH' has docUlnentcd div<:rst' tmpirictll reguli.uities, These include
temporal deca}' in redemption behavior accompanied by a second. mode elll$e to
expiry. redemption wid) shoneI' redemption windows, higher (onsumer
SdlisfJClioll with longt'r redemption windows. incrc':ISt'd prouastinJliun as lhe

ilssociated with the offer inCft'dses, and decreasing effon ilversion
associated with longer relklnplion offers (lllm,m and MeAlistt'f 1994; Shu and
Gnc'ezy 2010; Soman t998). We complemenl this body of work by furnishing a
new mechanism to undcrSland consumer r(;'dcmptiOll behavior. Spedrirdl,ly. we
introduce two new constructs, namely, forgetting [lnd st.ocllaslic redemption costs,
to characlerize redemption behavior. In Jddil ion to predicting the
diverse cmpiriGll regularities, our rnodd also olrers a somewhat more nuanced
prediCtion for the impaCt of incrcasc'n on procrastinatil1n. WC also provide
experilll(;'ntal evidence for the notion of dficienl pOSllJOll(;'UH.'utinhen.'IH in our
mechanism.
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2 - Designing Multi-Brand Promotions as Commercial Innovations
.lochen Reiner, Goethe University Frankfurl, Grueneburgplatz 1,
Frankfurt am Main, 60323, Germany, jreiner@wiwi.uni­
frankfurr.de, Marrin Ndller

Multi-brand promotions (",\BPs; art' SilleS promo lions wltieh incorporate tWl' or
more brands, whereas Ihe branos (an either bdong to distinct compani<.'\ or to J

curnpo.lny owning several brands, The reasons for using such MBPs (Ire
widespread: eflicient usage of the marketing blH.lgCt. dc(essing r('tailer'/)
prOITlOliOllculend<:l[using a commercia! innovation. creating spillover dkcls,
supporting srnJller brands \·vhich would not gel enough money for an ()\-VIl

promotion, enhancing sales or targeLing of new CUshHllcrgroup'i. Despit<: the
wide usage o( MPBs, empirical rescarch remaills scarce. Based lHI survey dala lhat
C<.mtc1in mure tlli1l1 .1.000 ,"vlto evaillated morc Ihan 20
prolllotions Wi".' investigdle the drivers and success faclors of 1\1BPs rdaLive 10
slandanJ single brand promotions. Wt' ,pt'Cific"lIy analyze tlw dkct of MPBs on
transactional !ll('lric ...; i.e., aWilrerJess. parlkipilliun (Ind rl.'demplhm 01'5.11('5
promotions.

3 - Measuring the Effect of Cross Promotions: The Case of the
Motion Picture Industry

Bharar Sucl. Assistam Pro[e%or. University of Guelph, College of
MallJgemem and Economics, Guelph, ON, NIGO, Canada,
bS\ld(iVuoguelph.ca, Salma Karrity, Kamal Smimou

\Ve assess tht' monetary elfeds of cross prOIllOlions, ·Using data from the motion
pirlure indusl.ry, we conduct .] crnss-seniondl analysis ltl l'xploJ'e lhe effects (If
cross promotions dnd lheir characteristics 011 movies' box ortkc sales. We find
that cross pn)motions arc most dfcClivc when inilialed prior to the movie releast'.
III !ill(' with previous finding<.; from t.he brand allidlKc lileralure, Wt' show thJI
high kvels of tit of the promoted branns with the movie It'ild to increased box
(l[fice sales. during Lht, opening w('(;'kend. Fin,llly, OHr rt'sul1s indicate
thal Jsymmttrks in lhe brand eql1iti('s of lilt.' movie dnd its pilrtnering firms call
harm the ovcri.lll pcrformJllcc (If the movie.

4 - A Theory of Retailer Price Promotions using
Economic Foundations

Kurt J elta, CEO Jnd Founder, TABS Group, Inc., 2 Corporate
Drive, Suite 254, Shelton, CT, 06484, United Stittes of Arneri<'a,
kurtjelta@tabsgroup.(om

This paper of[ers a Theory nf Retililt'r Price Promotiuns (TRPP). Spl'cifically, lhe
theory states that incremental relail sales genera led by these promotions are
entirely incremental to the promoting manufacturer. the promoting retailer. and
the lTl"rkel, overall. Thert' is no post-period reduniol1 in sales (dip) either in Iht'
-;hon or long-term. nor is lhert:' a rt·dlKlion in saks from compeling brands, nor is
there J rCdUt1ipn of stlks [or the prnrnOLcd item ill omlpcling retailers. II is a
Complete Calegory Expansion Erfect (CCEE). The paper will discuss the
underlying l!lcories of COIl<';Ulller demand th,lt tilt' CCEE. and it will
review Ill)W prior research <.)(1 lhe topic hJS lH)1 provided J mi(T()t'conornic
context for il1lerpreling the results. Several empiricill eXilmpks will be offered to
support the TRPP.

5- Buying Repeatedly or using for a Long Time? Price and Non-Price
Promotion Effectiveness on Hedonic and Utilitarian Products

Serdar Sayman, Koc University, Istanbul. Turkey,
ssayman@ku.edu_tr, Selin Erguncu

Purchase CVl'nl fet.'dback is a form of in COllsurrwr brand choice
decisilHls, whereby consumers have a higher probability of choosing brands lhal
they h.we purc!last'd Modeling effect. first study
ho\'v it works within salt's prOIlH)tioll conlext. 'rVe show that purchasing a
promotional product n'sults in a dif[eretlt level of plTsistence than purchasing a
regular product. Semnd. we derille Ihe killds of this persislence dfecl. We posit
that pmchase event feedlJal'k is driven by lWO dislinct compollents of past

decisiuns: and d.cds,ioll. This dislint1ion is
import.dnt becJusl:' these drivers work thruugh differt'll! mental medlanisms and
result in di[fert.'1l1.bt:'haviortll COl1sl'qucn<:es.Firwlly, comparing various product
categories, we examine the dilferellce ill the dlects of past brand-choice and
qualllity on current dll)kcs. We lhat past brand·chni<:t'
decisions tJre stronger than past qUillllity decisions in dffccling current brand
chuict's, while (Jlt:'gory lypt' (i.e .. vs. utilitarian products) tl,is
ellen. Accounting lor consulll(;'r heterogeneity. we (;'xJmine our predictions with
hierarchicallogil models. Managcridl irnpliciJlions ror pllrchase event
rnainly include the oj)tirnal ('\lh:'gory pricing and promotion profilalJility. Showing
how pricl:'and non-price differ prodU(l categories,
our lindings furlher suggest l'itl1t.'rstockpiling-inducl-'d or
promotions to be more effective l)n hedonic (lnd utilitariJIl products.
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Managing Online Operations
ContnbutedSession

Chair: KillY Wang. Assistant Professor. City University of Hong Kong.
Marketlllg Department. Tat Chee Avenuc. Kowloon. Hong Kong - PRe.
killy.wang@citYll.edu.hk

1 - Familiarity with Destination and Information Requirements.
Criteria for Hotel Websites' Design

Ruben Huertas-Garcia. University of Barcelona.
Diagonal 690. Barcelona. 08034. Spain. rhuenas@uh.edu.
Juan-Carlos Gazqllez-Abad. Irene Esteban-Millal.
Francisco J. Martinez-Lopez

IrncrneL has becollle Ollt' of the most important (hanncls LO promote and sdl
tourism services. However. why Internet users choose a particuldr Website? What
are the most relevant ,lspeers in such decisiou? These questions are especially
relevant for tourism supplit'rs and dislribuLOrs.For a website 10 bl' allractivl' it

a t),Jlallcebclwl'en its design and the inforlllalioll needed by its target
audlCnct'. The main objective of this paper LO investigate how target markct'$

knowletlge ahcHll their preferred destinaliol):) drrCClS infllrlllation
requirements lrom a wehsite. More specifically. we examine how the lamiliarity
with the des1inalioll innuenccs Ihe design of a hotd 'Wt:bsite. In order to do so,
we proposean experimt'lllal study using potential CUS10mersof a youllg-reoplc
tourist dt'stinalion, which Cllmhincs a conjuint analysis with a
design. Our experimental research provides some dear guidelines lor how
tourism supplie" and distributors should design their websites: (I) while
information about complementary activilies plays an important role in selecting a
hotel web'iitc, its impact increases as the familiarity with the destination
de,Teases; (2) enriching the website (e.g .. offering a sophi>ticated graphic displav)
is more important for tourists unfamiliar with the destinati,>n; (3) Information .
about the number uf roums is relevant for unfamiliar Iravellers. [n additjon. these
tourists pr,'fer hotels with fewer rooms. and (5) price has a stronger impact on
familiar travellers than unfamiliar ones.

2 - Retailer Return Management: Combining Product and Customer
Information to Maximize Profit

Sihalll F.I Kihal. PhI) Studenl. Goelhe University Frankfurt.
Grueneburgplat7 L Frankfurt. 60323. Germany,
e1kihal@wiwi.uni-frankfun.de, Chri tian Schu17e, Bernd Skiera

Customer returns and the associated costs pose a major challenge for onlin,'
rt'lailt'rs. Luwering return" can yield a c;;igllificalll increa,c in profits and is of high
practical and scientific relevance. We investigate how online retailers should
manage product returns. To this t'nd, we develop and It'st hvelve return
managt'rrl<:'ntstrategies_These stralcgiC'sart' either based on customer­
information. produCl-infonnatinn, or bolh. Al o. tlw >tratel;ies differ in how th,'y
detcrmirw undcsirablc..'customer and products, i.e., via heuristics based on
diflerent (rates. custs, profits. and lifetime values). To evaluate the twelve
return management strategies, we lise an t'xtensivc dataset of a large European
onlinc retailer including over 7.5 million products purchased. The first results
>how Ihal the change in profit diflt-rs widdy bel ween Slralel;ies and thai
suitabie relllrn management strategies have substamial p'Hential for profit
improvements. Keyworcto;:product returns, return management. produd Jj[et.ime
vallll'; decision hcuristic.

3 - Social Media Marketing Trends in Turkey: A Profile Analysis of
Turkish Corporations

Mina Seraj, Bogazici University. IlBF lsletme Bolumu Bebek,
fstanbul. Turkey. mina.seraj@gmail.com. Aysegul Toker

Driven by the significant onlin,' activity of Turkish consumers. many Turkish
companies have slarted III adopt social media (SM) marketing. Most sllldies have
invcsligated ('unSlIlllt'r sidt, of $N\ aduplioll and lillie research is available un
company adoption. This sllIdy aims to understand Ihe adoption stages and how
companies mature in terms of 5M marketing in Turkey. In addition. it discusses
the dimensions that influence 5"'\ adoption on the business strategy lront. We
examine major Turkish firms Ihrough both quaLitative and quanlitative methuds
backcd up with Iitt'ralurc revit'w in order to segment them wHh resp<.'ct LO their
Juuption levt'b. Our qualitative olnalysh shows lhat the following four major
dimen 'ions define SM adoption: (I) slrategic approach to SM. (2) company-wid,'
integration. (3) interactivity. and (4) responsiveness. Based on thest· four

a survey with [any itt'llls was prepared fl)r Ihe quantitativt' analysis.
Data was collected from 145 companies and analy7.erlthrough K-means cluster
analysis in order 10 reveal the diffcrelll groups of CIlmpanies with differentiating
strategies. SM applications. and tht'refore l1laturity levels. The resulting three
maturity levels in terms "I SM adoption are: beginners. who do basic information
sharing and campaign manag<.'rn<"111in a lIsually Ilon-intl'raclivc manner and sCl'k
no integration of processes: adaplOrs and appliers. who engage in simple
interaclions on SM Ihrough mostly tanical applications JS well as tracking and
analyZing SM to some extent; and finally strategists. who incorporate SM illlo
major (ompany stratt'gie.sand provide innovative dlld

muJtimedia environments for consumers to interact. and decipher unstructured
online data through more sophisticated lools. This work was upponed bv
Bogazici University Research Fund (Projeci No: 6523). .
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4 - Task Facilitative Tools and Choice Goals: A Process-View
Study of e-Stores

Prithwiraj Nath, University of East Anglia. Norwich Business
School, orwich. NR4 7TJ. United Kingdom. P. alh@uea.ac.uk.
Sally McKechnie

Although the dfects 01 imeractivity and personalisation lOols on hrowsing
experience has been the subject of previous research. the impact o[ variable levels
"I such features ou buyers' ,'valuations 01 choice goals has receiVt'd relatively
Iinle anent ion. To address this gap. this study conducts an experiment with 273
subjt'CIS to examine relationships in the cont('xt or high-risk
purrha<;,t'situation\ where the 'idler is new to the market and buyers demonstrate
variable risJ.. aV('rSl'IH.'SS.Findings idellli£y a positive a..socialion bCl\vcen website
design leatures and browsing outcomes. The study provides dircction on
ci(.>terlllining the cOlllbinalion of \Vcbsilt" all ribllH's according lO huyer
characteristics,

5- Understanding the Value of Online Channels: An Investigation of
the Online vs. Offline Interactions

Killy Wang, Assistant Professur. City University of Hong Kong.
Markeling Department. Tat Chee Avenne. Kowloon. Hong Kong ­
PRC. kilty.wang@cityu.edu.hk. Avi Goldfarb

This project is motivated by the gap between academic findings and real world
praclices in the COlllext "I retailing channels. The existing academic 1iteralUre
consis1l'nlly finds thai "nLine and offlim' channels sub<litute for ooe another:
however. Iraditional retailers arc increasingly expanding thdr business III online
channels. Given the con'iiSlent finding. we ask why do lraditional n'lailers still
introduce the online channel if il can potentially hurt a traditional retailer by
increa)ing its operational cost and cannibalize it') physical stores? In this project,
Wt' primarily llliJke lise of a comprehensive datast'l provided by a U.s. ba<>ed
major lIlulti-cltannel. multi-brand specialty retailer. This dataset provides a
unique oppurtunity to answer this question Pt'cause it includcs online and offline
data from both the supply (i.e .. finn) and demand side (i.e .. consuIllN». We
identify Ihree hypotheses under which having an online channel would bring

tc.) a traditional retailer by analyzing consumers' online dnd amine
interactions with the retailer. First. offering the online purchase option helps a
traditional retailer 10 stay competitive. Second, the nnlim' channel is valuable for
market expansion purposes-it is les') COSily to access consumers frolll a remute
art'J through 'lie online channel. And third. lht'rc may he econumies of
The online channd can genuinely complemelll offline channels by reducing
consumt'r search costs, company marketing Ct)sts. and ('Ven company distribution
costs. This research empirically examines each of these possibilities: it provides
opportunity to understand the no'" of online channels. and the underlying
medlanism of how online channel adds value to ornine channels and the Iirm as
a whole.

.TB14
14- ZuriCh

Innovation Management
ContributedSession

Chair: P.V. (Sundar) Balakrishnan. Professur, University of Washington.
18115 Campus Way NE, Bothell. Bothell. WA. 980 I 1-8246,
Uniled States of America. sundar(g'u.washinglon.edu

1 - Strategically Sequencing Major and Minor Innovations
Timothy Heath, Professor, HEC Paris. I. rue de la Liberalion, Jouy­
en-Jusas. 78351. France. healh<1i'1wc.fr. Thorstcn Hennig-Thurau.
Bruno Kocher. ""tax Chauvin. Subimal Chatterjee. Suman Basuroy

An empirical study 'lf films (Study I) and an e,periment addressing films, music.
and tablet wmputt'rs (Study 2) assl:ssed the dlt-cls 01 different s"quences of
major and minor innovations on outcom,'s such as profitability and prodn t
boredom. The r,'sults sugge t that managers should first make minor innuvations
to leverage. though spend. brand ,'quity. and thereaft,'r introduce larger
innovation> to replenish brand equity and re-stimulale imerest. SllIdy I tested 92
film franchises from www.boxoflicemojo.com and collectcd additional
infonnati'lIl for the films in each franchise up to four sequels. The innovation­
magnitude by <;erial-positioll interaction on both revenues and ROI was
significant: early in a film franchise. smaller innuvations were more effenive Ihan
larger innovations. whereas laler in a franchise, larger innuvations were more
df<'ctive. Study 2 extl'nded SllIdy I by experimentally testing consumer boredom
with each of three sequels 10 a film. a band's lTIusic. and a comput,'r tablet. Three
innovation sequences were tesled: all-miuor. minor-major-minor. and major­
minor-minur. The sequence produced significantly It's,>
horedom than did the major-minor·minor sequenct' across Sequels 1-2 combined.
and across Sequels 1-3 coml)ined. a pure sequendng eifect given that the level of
innovation was constant arross these two sequences. The results also indicate
innovatinn habituation: By the third sequel. the major-minor-minor sequence
was produdng more st'quel boredom than tht' all-minor evell t.hough
(I) both olIered the same improvemenls at Seqnels 2 and 3, and (i)
Ihe major-then-minor sequence had produced more innuvation over the life 01
the product.
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2 - A Demand-Side Framework for Incumbent Inertia
and Innovativeness

Jonathan Bohlmann, North Carolina State University,
DepL of Bus. M.gmL, Campus Box 7229, Raleigh. NC, 27695,
United States of America, jon_!Joillmann@ncsu.edu,
Francisco-Jose Jvlolina-CastiUo, Je/ena Spanjol. Michael Stanko

lncumbems arc often-but not "lways-posited 10 sufler from various Iypes of
inertia. making them slow to innov.Jlt' or respond It) lllJrkcl chJnges. Prior
"iludies on lht' snUfCCS of incumbenl inerli..l (factors illlt.'flWl to the
firm) are more prevalent than those on demdnd-side factors, which relate 10 a
firm's CUSlO.lTlcrsJnd may l'xplain potential incumbent adv ...lntagcs, \Ve illtrodu(c
a framework for a demand·side pcr5pcclive lo incumbent inertia. New products at
279 firms au.' empirically examined 10 ilSSC'iS lh .... effects of demarul·sidt., incnia
fdcwrs-switching COSIS. customer preference stabililY. and network externalilks­
on inrlova!ivt'tlcss. Overall. factors an' shown lO have j)(hitive
effects on innovativeflcss, contrasting 'with supply-side factors (c.g .. routines or
assets) which typically Consumer preferenn' is
Llw only filctor IH.'g.-Hivelyr('lllted 10 innllvalivenes\, though only for early
t'lllranIS. Network externalities dnd switching co>ts substanlially il1credse both
market and technological innovalivel1ess (particularly for early (·nlral1lsi. The
rcsuh.s indicat(' that inertia factors arc critical determinants 01
innovativl'ness, allowing [or a more comprehensive perspective of
inerti.) and performance. Vve advocate several opportunities for future research
thill cOfl"idcr the compkx Cll11lHlg incumbel1t inenia factors. We a1$0
examinc incumbent strategies thill interrelatc and dcmand·side
ronsidi..'rJlioI1s.

3 - Why Peripheral Innovations May Have Higher Adoption Intentions
than Core Innovations

Tripal Gill, Associate Prufessor, Wil[rid Laurier University.
75 University Street, Wuterloo. ON. N21.3C5. Canada. tgiJlCg)wlll.CU.
Zhenfeng Ma, Ying Jiang

Extant literature on innovdtion adt)ptiOIl has !"f)('us('c!primarily Oil ....O[C

innovatious and there is scant research OIl innovJtions in peripheral compollt.'llIs.
Wt' compare core versus peripheral innovations using the conSlrllct 01' innovation
IOi:US (the pIclel:' in the prodl.lCl system \.·vh('re inr\tlvalions otyur) and innovdtion
newness (really new versus incremental innovations). Specifically, we l'xamine
Ihe effect of placing an innovation (e.g., generated by ll1olion I kinetic
energy) in the corc (Le., having il btJilt·in into the prod urI.) versus plucing it in a
pcdphC'fJI (Le., developing a portable chargl'r that generates power [rom kinclic
energy). I,n Study I. Wt' show tJ,at fUf (I really new innOVJlion, situating il. in a
peripheral results in hight'!' intentions as compan.'d to integrating it into
Lhe core. In contrast, fur illaCIl1l'llLally nl'W illllPValions, purchase intentions are
not infllH.'llced by innovation locLls. [1'1 Study 2 we sho\'\' that [l rCillly new
innovJlioll situdted in a peripheral significantly illnea-:.es Ihe (If lilt'
base product. We propose that this preference for placing a rcally new innllVation
in U1l' peripheral is dut' to risk localizalion (i.e., consumers perceive a lower
functinnal risk in the peripheral component fornpJred to the core). In Study')
we leSt Ihis risk localizatione[[ect by l11anipuldling the optjonality of Ihe rcally
llt'W innovation 10 tht, pruducl SyStl'lll. Specifically, we show t.hat when
innovation is perceivcd as nOn-('l'lional (i.e .. it is indispensable for thc produCI),
lhe prl'ferencc for situating the innovation in the peripheral (vs. the cure) is
nullified.

4 - Waiting for the iPhone? Production Constrained Diffusion
of Innovation

P.V. (Sundar) Balakrishnan, Professor, University of Wasbington,
18115 Campus Way NE, Bothell, Bothell, WA, 98011-8246, United
States of America, sundar@u.washington.edu, Surya Pathak

Docs Iimiled supply of a new product alkct the consumer adoplion process"
,';[odds or innovation diffusion typicdlly depict an in('xordble momcnlum once
the pnKess begins to roll. Limited ...ti{)n capacity, how('vt.'r. can place J cap
un lhis process, leading 10 wailing Iint.·s or pOlentirl! custumers, lhus diminishing
overall service qualily. As analysts and pol,ic:y makers we would l:l](.. 10
derive the minimum industry-level supply capacity Ihat would be needed 10
achieve an unil'npedt·'d and llilirnpaired diffusion of flew prodl.lch. We propOSt' a
prodlH ..,ion constr,lined diffusil..m model lhat considers an exogellous industry
production capacity and accounts for [rom auopters as well
dS waiting customers. We consider both the COrlSLanl and chdnging production

and derive analylical cxprcsshms for minimum cJpadty. V".,!/,;,' alsp
prest'nt a dual objeclive k'Jst procedure \·vilh larg(>scalc grid
scorch [or estimating the parameters our Illudd. We test our m<'H.kl 011 new
producl innuvation dala sets lhat h.Jvc bt'en analyzed in prior Jiteraturt.·. \Vt:. show
thal pn)t..hlct shortages and customer waiting WJS present in those markels. We
art' 10 corrobtJrate our findings Wilh independent eXlt'rnal )nurre's of
evidence. We discuss the implicalions or our research from a policy I1'ldker's and
an dnalyst', perspective.
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Profitable Modeling of the Customer Database
Cluster: Internetand InteractiveMarketing
InvitedSession
Chair: Arnaud Dc Bruyn, Professor ur Markeling, ESSEC Business
School. Avenue Bernard Hirsch, Cergy, 95000, France,
debru yn@essec.edu

1 - Improving Decision Tree Segmentation through Leaf Modeling for
Direct Marketing

Kristof COllssernent, IESEG ScllllOI of Managelllcl1t,
3 Rue de la Digue. LiJle, France, k.coussell1enl(a')ieseg.fr

Derision In'cs arc often used to the customer database into groups of
(llS«)J11('rs l!lat an: as ht.)rnogcllt'ol.lS as possihle in terms of lheir response
behavio,L Moreover, once lht' decision trt'e is buill, the response incidence in a
leal is assigned 10 all Cdses in Ihdt leal'. These response prd'abilities arc then used
to dctermille.:' whicll will be prioritized in t11,' dire.TL marketing
campaign. This research study suggt'sts improving decision lreC segmentation hy
proposing a n()Veltwl,-slep approach Ihat combines decision tree bUilding with
leaf Illodeling in an attempt lO caplure additional customer helerogeneity,
improve dirert marketing effons by making bt·U<.'r and increase
imerprl'wbility pCI' ledf segment. This study validates and benchmarks lhl' new
decision trees approach on J redl-life CUSlomer response ctaldsCl fro111 the rcwi1
indusu-y.

2 - Modeling Unobserved Drop-Out Rate to Optimize e-Panelist
Lifetime Value

Alina FereCatll, PhD student, ESSEC Business Schoo!. Avenue
Bernard Hirsch, BP 50105, Cergy Ponwise, 9502 I, France,
alina.ferecatu@essec.edu. Arnaud De Bruyn, Prithwiraj Mukherjee

Online access panels of parcllTlounl importauce ill marketing research, and
constitule a great asset for markeL research firms. In Ihis pJper, we show thaI
tradilinndll11(ldds fail to quantify the true 'COSt' of an electronic solicitation, ilnd
we delllonstrate thJI. c,lCh additi011dl solicitation not only tit-creases the likelihood
or future participation, but might ('Ven increase the dropout rate (a mostly
unobsl'rVt:d pbl'IlOmt:1HHl thilt has a drnll1ati<: irnpacl on the lifetime value of an
e-panelist). Our model estimales Ihe likelihood Ihal an e-panelist will respood

10 a IH'W slIlk"ilJtion as a function of his past behavior dnd how many
times he has been solicited so f('lr, ('IntI integrates a latt'llt 'wear ()Lit' effect. To
l.lblain individual-level we.1r oul t"ffecls, we add a hierarchicdl Bay€'sian Slructun.'
lO our e-panellifelime model. Wl' fit the model on a sample of more Ihan
700,000 e-mail solicilations sel1t nvt'r d period of} years, and demonstrate lhal
each dddili<Jnal s01icildtion contributes 10 a long-Iasling wear-out dft'CI; Lfll'
unobserved rate rcaches 7°/h on average al (.\Kh additit)nal solicitJtion.
To incorporate our mudd into a more comprehensive management
systcm, we determine all optimal slrategy in lerms of hotlJ quantity and timing of
the solicililtions lailored to ('itch individual ('-panelist. via machine learning

Till' proposed management system woutd help online panel
companies maximize c-paIlelbts l'xpectt.'d lifetimt.' value.

3 - Predicting Music Rank and Sales using Big Social Data
William Rand, University or Maryland, '31157 Van Munching,
College Park, MD. 20742, United States of America,
wrand@ullld.edu, Derek Monner, Yogesh V. Joshi

The large SCJIl' of social media datJ prcs('Ills brand manag.ers with a huge
potential source of insights and knowkdge about lhcir COnStIIlH:.'rs. bUI analyzing
these Vdst datasets in a timely and efficient manner Cdn he difficult. Short text,
higb frequelKy social media mirroblogs such as 1\viuer. and Facebook SlaLUS
updates are rUnddml'llially dilferenl from previous long. costly forms sucb as
blogs, forums and LiseI' n....views. Th" low cost of involvement in rnicroblogging
medns that users creale orders of magnitude more individual pieces of
information. and tilat more users become iovolwd due 10 the low barrier to

entry. Tilt' result is (I larger SCl or data representing it more diverse Sl't of users in
terms or dt..'I11ographicsand psychographies. We: present a mcthod using simple.'
linear models and support vector machines thaI. uses high volume sucial l1H'di(l

(Twitler) dala tn make markel demand predictions for cultural produCls,
spccifi<.:allyITlllSic albums. OUf models enable irnproVl'd prediction of bOlh saks
rank (Billboard charts) and aClual SJles dJla. using features such as volume,
number of conneCtions. frt:'(]I1t'ncy of OUlpUt. tht, I.I$C of UHL') and hJshlags, dnd
senliment. We find thai the presence of links and positive sentiment is highly
predictive for dehut rdnkings and saks of the albums. wilik positive and negdtive
senliment is higbly predictive of post debul r"nkings and sales. We show lhat our
method genl..'ralizt's to datJ at a higher predictive It'velthan
prl'viuus descriptive methods, using long form [blogging, rl'views, elcl dala as
well as conventiooal dala. We posit thai Ihe high frequl'ncy and diverse
repreSt·l1I.dliun of microblogs data makes it a beller predictor of ilctual dl'milnd
than Ihese prl'villus ml'lbods.
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4 - Bayesian Profiling of Customers using Census Bureau Data
Arnaud De Bruyn, Professor of Marketing, ESSEC Business School.
Avenue Bernard Hirsch, Cergy, 95000, France,
debruyn@essec.edu, Thomas Otter

Firms usc external dala sources (e.g" Census Burl'au dara, cOI1I111t'rcialdalabase ,)
to moSI characteristics of their and thus
thl'ir profilt·' and Thi, lechnique is bt'cOlning e>pt'cially imponant online.
where CIlSlOmers arc wary of sharing Iheir personal profile information, and firms
requirt, unobtrusive lechniques to infer them. Hrl1wver, the simple coulllmethlld
mllsl commonly used in Ihis effon provides severely biased eSlimales. We
introduce II Bayesian infcrl"nn: approach. and i\how that tht.' simple counl llll'thtll!
is a special cas.' of our model. where Ihe model implicitly imposes an informative
-though prior on nl'tomers' profiles. We the tWll modds
with it simulation and two empirical applicmions. For instance, the Baycs:ian

nwdd 99.9% of pellples polilil-al a[fiIiations based on Iheir
lip corles (d. n.6% wilh simple counl mel hod). TIll'rl'fllre, Iht'
approach offers more precise eSlimates Ihal can enable marketers 10 profile their
custolllers and tailor tllt'if marketing strategies lo mmdl CU'\lolTIcrcharactcristics.

• TC02
02- Lausanne

User-Generated Content - II
Cluster: Intemetand InteractiveMarketing
InvitedSess'on
Chair: Chun-Vae Huang, Professor, Nalional Taiwan Universily, I. Sec.
4, Roosevelt Rd., Taipei, Taiwan - ROC. chunyaohuang@ntll.edu.lw

1 - A Study of the Effect of Online Review Reward on Infonnation
Richness and Sentiment Expression

Lu Wang, Zhongnan University of Economics and Law, Nanhu
Street o. I, Hongshan District, Wuhan, China,
yanxundo@gmai!.col1l, Jingwen Chen, Shan Zhao

Since online customer review has significant impacts on customer's purchase
decision and product sales, it has beell regarded as a new marketing tool
nowadays. Moreover, online."customer review is c3 major source for clisLOlllerslO
rind product infurmation 10 reduce riske;:. However. differ from American
cuslLlmers, Chinese custOJl!ers always seek for hUI seldom volullIarily providt'
inrormalion. Since the lack or quanliLy and quality of review has a negative eHecl
on $..l1cs. some Chinese online transactional platforms and \idlers al.lcmpt to
reward cuslomers ror providing high-yualilY revil'Ws. Some scholars have ruund
Ihat reward has greal impacls on CUSlUmer behavior such as rl'ferrallikelihood
and rcpc.'litivc purchase. hut thefe is limited research and almost no empiricaJ
work un rewarded revit'w. Based on Ihe previous 'tudies, we deHned inrurmaliun
richness as the length and information voluTIle lhat a rl'view carries.
Furthenl1ore, inspirt'd by lilt' method of Ilaturallanguage prol'e'>sing (NI.P), wt'

conduel a phrase-level st'ntiment analysis and classify customers' senliment
expression into two dimensions namely sentiment polarity and senliJnent
intl'nsity. Wilh the empirical analysis of 1044 samples rrom a famous C2C 1'­

plalform websile, results show Ihat reward can Significantly improve Lhe
inforLnalioll richness of online custolflt.:r ITvicws. lJowevt.:r. lhe s{'lltimt'nt
ellSlOl11erexpressed fl'llwins unchanged and negative information will not be
concealed.

2 - Impact of Monetary Reward Program on Consumers' Online
Product Reviews

.lun Pang, Renmin University of China, #8 Zhongguancun Road,
Haidian District, Beijing, China, pangjun@rbs.org.cn, Lingyun Qiu

COl1sumcr-gt>nerJted online product reviews have long been recognized as an
important suurce of product informal ion, Consumers rely on online revit'ws to
infer produel quality and make purchase dl'cisiollS. Dul' IlJ Ihe signiHcance ur
online producl reviews, finns have adopted vJrious reward prugranls to
encourage consumer'lto ratc the products lhey have and shan:' thdr
l:xpcrit.'llccs with others, Despite the cXlcnsive applications in praclicc, to date we
still have a limired understanding of how such reward programs innuence
conSl1l1lt'Pi' unline pruduct revit'w'i. To dose Ihi ... gap. tht' presenl rt'search focust'''i
on monetary reward program. one or the mllSI widdy adopled programs through
which online retailero,;offer monetary incentives to consumers in exchange for
their reviews, and invt.'5tigales its impat1 on consumers' decisions un whether and
how 10 provide their reviews. the revicw Jata from two pupular online
retailers. one using a monclary rt"ward program and thl" olher not, we empirically
demonstrate that monetary reward program dOL'S innuence Ihe qualllity_ the
valence, and the quality of produl1 reviews. As expected, incentives
can elfectively mOtivale mnsumers 10 POSI reviews. Hoivever, consumers who arc
iltlrCldt't1 hy 1l10!lt"liUy incentives are mort' likely 10 post positive and low-quality
revkws thanlhose who are intrinsically motivated. In addition, these effects are
more pronounced for consumers who are active in posting online revic\-vs than
Ihose -inactive" OIlt·S. We runher discuss 1111' lllL'oretical romribulions and
managerial implicaliuns of these findings.
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3 - Naive or Savvy: How Credible are Online Reviews for
Credence Services?

Shannon Lantzy, University of Maryland, 3330 Van Munching
Hall, College Park, MD, 20742, United Slates of America,
slanrzy@rhsmiLh.lImd.edu, Katherine Stewart, Rebecca Hamilton

Online reviews allow consulllers 10 share inrormation aboul service
experiences wirh other consumers. Theorelically, sharing this information should
rt'oucc markel information t.lsylllmetril's between potential consumers and service
providers because many allributes of a cannul be evaluall'd
prillr to consumpliun. For example, although a consumer mighl be able 10
evaluate prices of entrees (a search atlribute) prior to eating at a restaurant, it is
dirficult to evaluate thl'ir lastiness (an npl'rience allribute) Wilhoul a
meal. and after t.'ating there, a consumer cannot verify the claim thal they

made wilh organic ingredit"llls (a credt'IlCl" al1ribult"). Allhough
have IlUnl('n.)US opportunities to ('vkw credence services (e.g.• Angie's List).
extant has focused only on reviews or search and l(lluds.
Recau.;;c{(H1Stlllll'rs canllOI assess thl' quality of crt'dctlce atlribute' evcn after
consumption. consumer revie\\'s of services dominated by credence atlributcs
(e.g., doctors. aul.O mechanics) are of dubious credibility. \VC eXJlnine whether
conSUI1l('rs make claims about crcucnn' attributes ill (mlinc rt'views and whether
consumers rationally disOHlllt claims about ca'oeon' ullributl's. First. we content
cllwlyzc revil'ws of various service prOViders to compare claims across services
dominalc.-'d by credence vs. t'xperirncl' aurihules. Next. w(' design ilne! It'SI a
rigorous dassilicalion method I'or identifying credence and experience services
based on their core and peripheral allribules. Finally, we conduel a series o[
experiments 10 explore consumcr,;' pt'rl't'plions of reviews, manipul(]ling ft.ll'lor\j
su h as the type of snvice provider, the Iype ur auribute in Ihe review, and rhe
valence uf the rcvit.'w.

4 - Predicting the Co-Evolution of Digital Content and its Consumer
Generated Reviews

Chun-Vao Huang, Professor, National Taiwan University, l, Sec. 4,
Roosevelt Rd., Taipei, Taiwan - ROC. chunyaohuang@ntu.edu_tw

Digil.ll content a large proportion of which i<\ fret' online. has been cornpc.-'ting[or
eyeballs around tht' world for various purpoSt's. In Ihe ecosystem or such
competitions. Ihere is a large amount o[ consumer (vicwerlreader) generated
reviews that accompanit's Lilt' 'original' digital conH.:'nl. Although we have (]n
emerging stream or research Ihal analYl.es and mudels the dynamics or online
consumer revil'ws (e.g .. Godes and Silva 2012, Ho et al. 2012, Moe and Schweidel
2012, Sonnil'r el al. 20 I I), how conlelll downloads and Iheir corresponding
reviews co-evolve in the fon.'casting conll"xt i<i an area awailS for further
explorations. Bdsed on longiludinal dala (including downl,,,,d counts and
con tlIner gt'nrraled reviews) of lalk<\ postt'd 011 TED.com and rdated d.llJ
collecled from YouTubl', this study explores: (I) Can Ihe number of online
reviews/commenlS of a specific digital conlenl help predia its o[
downloads over time? (2) Can tilt.' text analysis of online rt'vicwslconll1lenlS of a
specific digital COlllent help predict ils number of downloads over lime? (3) Can
Ihe number of a specific digital comt'nl's downloads help prediCilhe numbt'r u[
onlinl' revitws/commcnts over lime'?

• TC03
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Social Media Marketing
Cluster: Intemetand InteractiveMarketing
InvitedSession
Chair: Wei Zhang, Fudan Univer ily, SChlIO] of Management,
No. 670, Guo Shun Road, Shanghai, China. daisyzw@gmail.com

1 - A High Dimensional Dynamic Factor Model for Digital Marketing
Harpreet Singh, KvanlUm Inc, San Jose, CA, hasingh@gmail.com,
Prasad Naik, Nitin Das

A digilal marketing environment i char':U:lcri/.ed by streams of data un many
variables arriving at irregular lime intt'lvais. For instance. a brand's Facebook
narne repre<;:ents brtlnd's awarcnt'SS in variOll'\ segments. butlhe lack of fraffk un
a given day does nUl necessarily represent lack or brand awareness. Such data
irregularily arises due to a high number or pos ible aaions that a target user may
take on many metrics. Given the high dimensionality and datd irregularity, the
dctermination of ('fft'ct iV(;'l1t'SSor digital markcl ing media neccssitates new
approaches. To Ihi end, we formulaiC a Ill'W approach 10 tackle Ihe high numhl'r
or variables (> 2000). rrom conslanlly shifling l1larkl'ling Glmpaigns. and time­
varying digitalmarkeling dkCliwl1l'ss. To illuslrate the naWre o[ dimensionality_
we note Ihdl 2000 metrics (('suit in a covariance malrix Ihal eonlains 2 million (=
2000 x 2001/2) par,""l'lt'rS lO be estimaled, which exceed the available sample
size of tOO,OOO observalions (2000 metrics x 50 weeks). We solve this high
dimensional using a combinalion of lechniques ror inrJul'nlial
variables. temporal dimension redul'lion, and <lynamic linear modds to t'Slimall'
Ihe efftoaiveness or digilalmarkeling channels. Wt' will present results obrained
[rom applying Ihe proposed rnodellu a major American brand's Pacebook dala.
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2 - Social-Media Experiment for Developing Marketing Strategy of
Old Media against New Media

Akilliro Inoue, Professor, Keio University, 4-1- [ KBS Hiyoshi,
Kohoku-ku, Yokohama, 223-8526, Japan, ainoue@kbs.keio.ac.jp,
Akihiro Nishimoto. Atsuhiko Uno

We havc' been aware Ollhe decreas(' of ofd media, such as TVs, newspapers,
l11iJgazincs,and rJuios. On tlw other hand, we observe the increasing new J1lt'dia,
especially socia!IlH:'did ::-u(h a" FClccbook and Twitter. Some oJrguc thal the new
mcdia would replace tl", old media. in ouwr words, they are sullstillite. Olhers

that Ihest' old and new media art' c0ll1plimt.'lll.11ry and co·survive. In ill1y

Ci;lse. marketing 111i111ilgershave;' II.) lake illln account both o[ media in
developing marketing COllll1ltlLlicatiOI1 strategy. Given this Il'!llrkeUng
environment. companit's havt' to develop their marketing SlrJlcgy in
It'nns of rnt'dia survival. In this rese.lrch, Wl' focus on lIw l1larkt'ling slrategy of
ne\-vspJper media and cxamine the implications for their competitive strategy
against new media, 'rVe run an experiment of sc,)cial newspJpt']' with the
cooperation or a largest newspaper cornpJny in Japan and lIsed the red!
nc\Vspilpers including the real articles and ads on the experiment site. As vvell as
sod,)1 TVs and readings, Wt.' developed a digital newspJper site we
allow the alldiences. prokssi,)naljollrnalists. and cl'!ebritil's to do Twitler_ On lhe
back log, we gathered the access data (lnd the Twitter text data. A!stl, 'we
implemented a survey aft,'r tl1<' e'perillll'nt so as to Illl'asurl' the Illedia-related
questions and on lhc sile and on Ih(' ads. We analyzed tht" d.ltl1 in
terlllS of the media perceplions on bOlh old and nl'W media. Ibe dfecls of social
IWWSpapl'r ,)[1 tb" nl'wspaper meJia, and on the llewspapc'r ads_ Thl' details and
the imp!icoliol'ls or medL.l <.;tralcgy art' to be

3 - Crisis Management in Social Media Era - The Mechanism of PR
Crisis Driven by Weibo

Wei Zhang. Fudall Uuiversity, School of Management,
No. 670, GUl> ShUll Ruad, Shanghai, China, daisyzw@gmail.com,
Cheng Zhang

China lU!l·rtlCl (564 million USt'fS tiH end o[ 2(12) uwncd unique "KiallTlcdia
landscape but dcvcloped as quiCkly as western countries. Espedally,
microblogging, reprl:'')t'I1tcd by SJNA Wc.:'iho, expllll!ed ooto LIlt ChiIH:',')efntcJ"ncl
set'ne in 2010. and now penetrated 55% of China ltllCrCSI USCI' Wilh :108 million
p.Jrtiripatlls_ Weibo, playing similar funClions in China as bOlh focebook ond
twittl'r in Dl.her places of tht.' world, been becoming criticJI social media for
onl'int' communications, dnd playing J pivotal rok nOl only ill brand ma.rk('ling
but also in breaking and amplifying and scandals, Tbis rescJrch is fonls on
lOp 10 onlint' crisis of three c(ltC'gllries (puhlk <Tcdibility crisis. personal (risis,
brand crisis) driven by Weibo durin!,( year 2011 and 2012. to analyze their
breaking and sprcadin!,( mechanism (i.c. occasion, kcy opinion leader, timclinc,
bU7"! voluI11e, dllratioIl, spreading nCl\Vtlrk, approach, sentill1l.:'111.
C'IC). Crisis cvaluation indexes arc modeled to dassify thc sncialmcdia crisis with
good V$. bJd Jl1al1agemt'lll and to imply marketers Jncl researchers the unique
feiJt.urt's of crisis management in sodalmedia era <lnd huw in hand It, thern.
There were 64 million Weibo posts [or lhose tbree lypes of top crises during 2011
to 2012, LOgt,thcr with data JbOUlLOp SO ycarly br,lIld crisis on Wt'iuo
platform.

.TC04
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Modeling Facial Expression in Advertising and Media
Cluster: SpecialSessions
InvitedSession

Chair: Thales Teixeira. Assist-ani Professor, Harvard Business School.
Morgan 165, HBS, MA, 02163. United SI-ates of America,
lleixeirJ@hbs.edu

1 - Inferring Viewer's Preferences toward Ads through Facial
Expression and Eye Gaze

Li Xiao, Pennsylvania State University, University Park, PA, United
States of America, lixiao@psu.edu, Min Ding

Video ad display systclTls arc widely lIsl'd ill markeling practice nowadays. juslto
name a few, digital POP display system in relail Slores, digital billboards at bus
SlopS, aud video SCft't'I"ISinsliJlkd on ttll' st'iJlbacks in Iclxis and In such
SYSlem, it will show a set of ads. one after another in a predetermined s('quence.
ancllhen loop back to stan from thc' first ad. 111 lhi> paper, we propose an
illlclligclH SrSit.'lTI 1O improve Lhe performance of lhe sysLem described
above. The intuition is simple. There is suhstantiJI hclerogt'lldty among people's
pn:Jt'rences IowaI'd various ads. and the performance of this system Gill thus be
pOlentially improvt'd if the syslellt can infer diflerenl viewers' prderl'ltces wward
ads while they watch, and make' real time decision 011 whit'h ad ,-viII be shown to
a specific viewer based 011 lhe inlerrl'd preferences. To achieve this, the proposed
Sy.')[l'Ill videOldpl':) il view's fd(l"' whiit., ,>/he is wJlehing video ads. WI: CX[t"aC[

frames at specil'ic inlcrvals, rlllu thcn usc computer vision techniques and
rnadline learning 100is 10 anafy", each frame for (1) the viewer's fadal
exprl'ssion r,'cognition and (2) eye ga71' delel'tion. For eal'h frame, the recognized
fadal expressicJ!1anct detected eye gaze are Il1rJtched LO the corresponding framc
Oil Ihe vidt.'o ad shown ill the exactly Ihe saIll<.' tinH:'. In thi" way, the system
knows what facial expression is in response to whal sperific in the ad.
By doing this in real time, tl1l' syslem (an cstirnale and update a viewer's
prc[erencl's toward ads. thl'n sl'arch Ihl' ad datahase. and select and playa new ad
nexI dlat is Illore likely to auraet Ihis viewer'., altemi(lr! Jnd result in P0sitivt ..
auitudiniJ! and behavioral consequences. We test lhe proposed systclll in iJn
1'II1piricaI study.

21

2 - Face-Tracking Recommendation System Applied to Comedy
Movie Trailers

Xlian Lill. University of Maryland, College Park. MD.
United Stales nf America, xl.lan.lillI13@gmail.com, Michel Wedel,
Thales Teixeira

Novel relllotc tc(hnologics alltHV online media to stdmlcssly capture
ffilHIlent-lti mlHllent data on consumers' reactil)nS to content. This data Jllows

conlCIH providers \Llch as Ndflix, Amazon and iTunt's to improve Ihe
rccommenctarions of 11l0vil'') and TV shows til t heir customers. Howevcr, it
requirt,s finlh to capt un: a procl'ss ,} huge arnOl1l'll of dala (Lt'. Big Data) and
providt quirk This worh d cJJssificillion
rnode! for the purpose of using facial expres"iion data as the basis for a video
recommendation syslem. We calibratc' till' Itwdl'l using experirnen!<11 data
collt.'cll'd from pcll"ticipants' ftld,d whik' clIrnedy movie traiit'rs
on the \'vel> and relate di.:Igllostic <.'lllotionin<Judng scenes to the viewer's dccision
of watching the movie afterwarJs. The proposl'd melhod allows filmmakers tll
optimize the cffectiventss of IlltiVie troiler'). such thai they illcreJse people's desir<:.'
to watch tht' movie, by balancing the Jmount of highly joy-inducing content
shown in order 1.0 maximize illlt.'reSled, whik not giving away 100 much of the
SLory in the trailer.

3 - Why, When and How Much to Entertain Consumers in
Advertisements? A Web-based Facial Tracking Field Study

Thaks Teixeira. Assistant Professor, Harvard Business SchooL
l\-1orgau 165, HBS. Boston. MA, 02 [63, United States of America,
tteixeira@bbs.edu. Hosalind Picard, Hana el Kaliouby

The prcsence or positive enlcrtainmcnt (e.g., visual imagery, upbeat Illusic.
humor) in TV ildvcrlist'Il1CIlIS ("an make tht'ln mon' auraetivl' Jnd pt'l"suasive.
f-Inwcver, lillie is known clhout tl"lt.' of using 100 much ert1c'rtainmenl.
This research [OCllSCS on why, when, and how much to entertain consumers in
TV advcrtisenH.:.'llts. \rVe collt'ctt.'d data in a field using 82
.:Ids with various levels of enLertainrnent shown to 275 consumers in their homes
<llld workplJct.'s. Using J novd tracking system, we continuollsly
measure consumers' smilc.:.' responses. and viewing Interest and purchase int<:"I"lt. A
sil11uhaneoll') Bayesian Hierarchi,cJI I1HH.kl is eSlirnaled 10 Js')ess how
cTitertaillllwnl o!'fects purchases by cndogenizing viewing inler<:sL We find that
entertainment has an illvl'rted rt'lationship wilh purchase intent.
rrnport<=rntly.we separate eI'Herl..1inment infO thdl which is associated WIth Ihe
brand verso; that which is not. and find lhat thc former is directly pllsitivl'!y
<.lssociated with purchase intent while the laller is not.

4 - Applications of Face-Tracking in Industry
Jay Turcot. Affectivil Inc., Waltham, MA.
United States of America, jay.turrot@al'fectiva.cortl

An industry slwdker will prest:'111 rest:'ardl 011 applications of
trat'king models cJnd insigills.

• TC05
05 fV10ntbianc
Marketing and Performance III
ContributedSession

Chair: Christine l\rloorrnan, Duke University. 100 Fuqua Drive.
Durham, NC, 27708. Uniled States of America, llIoorman@duke.edu

1 - Market Orientation-Corporate Brand Performance Relationship in
Indian B2B Firms: A Bayesian Analysis

Subhashish Cbakravarry, Indian Institute of Management Udaipur,
MLSU Campus, Udaipur. 313001, India,

.ac.in, Soumya Sa rkar

In onkr to remain competitive under the lllllhinational onsl,lught following tbe
liberali1.iJlioll of ] 991, JndiJI1 [irm') need to st rt'Jlgtlwn lllC'ir corporate brand .. as
they O>llVt'Y a bigger story to the CUSlomers thon product brands by incorporating
lhe values and promises o[ the organizations driving lhe brand. This is alilltl'
rnon' crudol in lilt' B2B domain. The streugth of corporate brands is a m.Hker of
tht' overall pcrformance of the firlTl. Adoption of market oriCfllillion as iJ strategic
mJrketing iniliiJlivl' b t'xpened {() enhance Ihe rerformance of a firm hut the
imp(J(1 of lIIarket orientation on business performance is yet tn be established
wilh complete confidence in markcting litemturc. Our sLUdy addresses this lilcunJ
in tlte exlant knowledge. It also d111algdlllatl'Sthe cc>nstructs. relationship
orientat.ion and innoVdlivtIll'SS, which havt' been round to ll1edidlt." the
association between market orientation <llld (."(Irporate Iwrl'ormancc. The sludy
was hased on dara wlkcted from B2B dyads, each dyad mnsistin!,( of a seller firm
clod d huyer firm. Therdore we Jddre'\s thc rnt.'lhodologicJI gap of taking brand
perceplion feedback Jre)m thl' eustomers of the firm rather than self-assessments
[rom its own marketing Analyzing tilt' data lIsing Bayesian random
dfc'ct models, we find lhat corporate brand performJnce o[ a finn is affl'cted hy
markel orientation hUllhl' mc'dialing dfen of innovalivt'lless is a necessary
condition for accomplishing Ihat. This is important from it ITlJJlc.lgerial Vil>wpoint
as well. Althuugh the importancl' of corporale brands is well-underS100tl. lhe-51:'
findings will pruvhk managers wilh a roadmap for planning iJnd implementation
of stralegie marketing measures which enhant'l' the slrength of the corporale
brand and it 10 higher performance levels.
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2 - Competing on Sustainability: Sustainability Attributes and Their
Effect on Performance

Omar Rodriguez-Vila. Assistant Professor of Marketing.
Georgia Institute of Technology. Scheller College of Management.
Atlallla. GA. United States of America.
Omar.Rodriguez@scheller.gatech.edu. Sundar Bharadwaj

Sustainability is an area of increasing allelllion among practitioners and scholars.
Por the mOSl pan. the literature to date has investigated the efft'ct of Corporate
Social RI'Spo"'ibilily on finn performancc. bUI kw sludit's have e,plored till'
effect of sustainability auributes. be it environmental or community benefits, on

. productlcvcl pt'rfurmance. tn this study we first propose a taxonomy of
sustainabilily allrihllles at the produci It'vd composed of the different typcs of
bcnefit claims and benefit inlegration strategies nscd by [inns. Wc then usc the
taxOl1<>my to code over 2,500 new product introductions from 2005 10 20t2
across 7 different product categories. This database is Ihen use to study Ihe efkct
of different types of suslainability auributes ou prodUCI Ie\'(' I performance, and
the potential moderating crfects of produci market position and category
characteristics. Our findings provide Illl' first study inlo the nalure of eflens that
sustainabilily bencfits can have on brands and illuslrates thc important strategic
role thtlt lhl' (hoire of sustainability allribuk III integrate into a product offering
can have on is market dnd nnancial performance.

3 - Configuring Marketing Capabilities for Superior Firm Performance
in Different Business Contexts

Marti Jaakkola, Researcher. Aalto University School of Business,
PO. Box 21230. Fl-00076 Aalto. Helsinki. 00100. Finland.
mattLjaakkola@aalto.fi, Johanna Fri)sen

An impressive body of research has focused on markeling-related. organizational
capabilities and their performance implications. While extant research has well
addresst'd the relatiomhip between individual marketing capabilities-related w.
for instance. product devclopmCllt management. supply chain management, or
C'Ust0111t'rrelationship rnJnagcrnent-and business perforrndl1cc. ('ombinativc
pl'rformance effects of thcse (apahilities havt' rl'cdved scal1l empirical allel1lion.
This consLLtulcs a major limitation 10 our curr('nt ullckrslanuing of the cJpabilily­
performance relationship. as marketing capabilities havt' also bt'en shown to

in "yncrgbtk performance (llltCllmt"$. To adore,s the g,)p. Ollr study
examines how diffcrent comhinations of capabilities afrect finl! pl"formance in
different business contexts. Using fuzzy set qualitative comparative analysis. a
novel apprtlach LO studying complex orgC:lIlitiltionJI configuratillns, identify
several parallel. high-performing confignrations of busil1l'ss pron"s capabililies
associated with different types of firrns Jill! business environments. Our rinding
provide further suPPOrt for the conceptual notion 01 complemenlill'ity in
markeling capahililies, as wdl as suggest performance outcumes of Ihe differcnt
capability configurations to be strongly l'Ontext-dept'ndl'nt. Furlhermore. we
conclude th(ll lite linking busint'ss pri.lCt."s'>rapBhilitics to finn
performancc are compkx, and non-reducible to direct crfects or two-way
inleractions idenlified by prior research. Given that firms have limited resources
for developing their capabilities. this ·tudy also provides practical guidl'lilles for
£irms with diffl'rertl characteristics and different business environments fnr beucr
targeling investmertls in marketing capability c1evdopmt'nt.

4 - What Doesn't Kill You Makes Your Brand Introduction Strategy
Stronger: Why Firms Benefit from Adversity

Chrislinl' Moorman, Duke University, 100 Fuqua Drive. Durham,
NC, 27708, United StJtes of America, moonnan@duke.edl1.
Slav Rusensweig, Vivian Vue Qin. Amir Grinstcin

Firms face many types Jdver"ily '\uch as economic COlllpt'titive entry,
and costly regulation, Thc literature howcver offers a Sl't of mixed findings
regarding how adversity affects firms. This paper offers one important reason for
thes(' varying findings-lhal it is necl'ssary to account for rirlll survival as a
separate cvent before lesting for Ihe consequences of adversity on firm
performance, In so doing, WI' arl' abk 10 demonstrate that 'whal dlll'sn't kill a
firm, makes it') brand introduction strategy stronger.' Specifically, we examine tht,
impact of the NUlrition Labeling and Educatiun Al1 ofllhe un'ival and brand
introduction ratt's of food firms relative 10 a control group of non-food £inns that
did nOI face lhl" ;:tdversity of tl1l' Nl.P.A. We firs! observe that <;11lallmarket-shan.·
food finns are nOt as likely 10 survive the NLEA as large markel-share food finns.
H'lwever, small market-share food firms thai do survive imroduce more new
brands compared 10 largt'-share food firms. These findings support the idea that. if
survived. adversity can improve firm performance over time.
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1 - Giving It the Benefit of the Doubt? When No-Review
is a Good-Review

Selin A. Malkoc. Assistant Professor of Marketing, Washington
University in SI. Louis. Olin Business School. b 1133. One
Brookings Drive. St Louis, MO, 63130. United States of America.
malknc@wustl.edu. Simona Botti, Ayelet Gneezy

Evalualing online products and rctailers based on user reviewers has becolTle
commonplace. tndeed. both lay beliefs and academiC research indicates that the
ahsl'nl'l' of reviews ic; unucliirablt" ca",lillg doubt 011 Iht' fl'lailcrc;' qualily Clnd
decreasing purchasl' Iikclih,)oo. Contrary to Ihis snpposition, in Ihis paper wc
propose lhat when t'ValUJling ft'wiJcrs wilh no reviews, ,,"onSlIJIll'rsart:'
surprisingly favourable. Basco on thl' positivity-offset framework (Cacioppo &.
Brentsnn. 1994: 1999). we predict that when the consnmption conlext is non­
threalening and when there is no informal ion (e.g.. reviews), consumers tend l()

[ocus on pnsitive aspens of a siltJation leading 10 bigh purchase Iikl'!ihood. We
test this prediction in four cxperiments. Experiment t (la-I c) provides initial
evidellce by Lhat consumers art' rnc.HC:' likely to a producl rrom a
relailt.'f that ht.l<i Ill) rl'vit·ws, compan'u to it rt:l<.li1erwilh aVt'fJge fevkws.
Furthermore. these studies show that when a retailer has no reviews. its
evaluations is 110 different than when it has good reviews. and that these effens
arl' not driven hy motivated reasoning. Experiment 2 shows that consumers'

abollt tTlarkcl place urvival (i.e., it would 1101 have
survived if it was nol good) cannot accoulll for our results. Experimt"l1 3
delllonstrates thai in the ahst:.'l1Ct'of revif.:"w\, conSlIlTI{;'rsprouuce a high
pcrcel1lage of positive Ihoughts and that this positive thinkillg is rcsponsible for
the high pnrchase likelihood. Finally, Experiment 4 increases the generalizability
of our rinding by dl'l1111l"ISlralingil in the ('untt'XI of (In unfamiliar producl and
with real consumption behavior.

2 - One of Each: Variety Seeking to Avoid Choice Difficulty
Joseph Goodman. Washington University in Sr. Louis, Campus
Box J 133. Onl' Brookings Dr, Saint Louis. MO. 6> I08.
United States of America. goodman@wustl.edu. Kathleen Vohs

Consumers seck variely for several reasons: satiation (McAlister. 1982),
preference unn'nairlly (Kahn & Lt'i)man. 199t). anticipated satiation (Simonson.
t 990), different benefits (Huber & Rcibstein. t978). novelty (Raju. 1980). social
pre\Sure (Rainer & Kahn, 2002). nniquem'ss (Maimaran fr Wheeler, 2008). and
choicl' brackeling (Fox ct al.. 2006). Thus, varit'ly 'eeking is often viewed as iI

utililY maximi7er. even though it is often (lVer applied, But what if consumers
sougll1 variety as a dt'cisioll minimizer to avoid making a dCt"ision7 Wlwn
conSUIllt'rs arc faced with milking diflicult choices (lr making a choice with
limited resources, they oflen defn or usc hcoristics III help in the decision
process. We propose Ihat consumers also usc a variety-seeking heuristic to relieve
such choiec conflict and informal ion load. and provide evidence that variety
seeking increases whell consu1llers' mental resources arc limited. fn our first
study we show that consumers choose more varit'ly when their resources an'

compared to control using iI c.;lllndard t:go depletion rnanipul':llion . .In our
second study we show thai after consumers arc faced with several decisions. such
as in a grocery store. they chose more variely in Ihe snal-ks that they consume.
Further. we show Ihat once Ihey have consumcd these snacks. and their IIlcnlal
resources have been replenished, their variety-set'king needs arc diminished. The
findings suggesttltal consumers usc variety as a decision shortclll. and Ihat
consumers may need varit'ty in contexts thilt can lead to mental resuurce
depletion. such as a large grocery-shopping trips or complicated product
cliStomi7JI ion decisions.

3 - The Effect of Product Shape Closure on Size Estimations,
Preference and Consumption

Barbara E. Kahn. Universily of Pennsylvania, Philadelphia. PA,
United States of America. kahn@wharton.upenn.edu.
Julio C. Sevilla

Previous research shown lhat (onSlIlllers use physical characteristics of
products, like lheir shape. to infllll'nce qt,arllily perceptiolls, preft'rcnces and
eOllSumption quantity. The comnllln explanation for these findings is that both
pt'rreprions and consumption dt'dsions art' innuenced by faulty heuristic
processing or consumplion norms thai can serve as a useful guide in some
contexts, but that can distort decision making in others. We explore how a
cummon psychological drivc-lile for c10SUH.'-(.·ull c.;t'rveas CI robusl
determinant "f how products are perceived. Specifically. we hypothesize that the
Ileed roc lhal drivl's £c:t'lingsof 'iJlisfaction in such diverse c<.mtrxts as
work and planning also to the physical closure. Our centralthl'sis is that
cOllsumers believe a complete shaped item has more pt..'rccivcd quantily and is
more preferred than all incomplele shaped item. holding actual quantity
nmstanl. Wc' manipulate ,hape complt'leness by keeping the si7l' nf a product
constant and by allering physical aspects of ils design. We evidence for our
thesis through a field study and several lab studies. We find that Ihe expectation
that a complete shape corrt'sponds to a unit and an incompil'le shapl'
corresponds 10 il'ss than a unit mediales the inferences about pcrceived quantity
and thai that the individual trail of need for wgnitive closure moclerates the
effect. We also \how that this expectation abollt the completeness of a shape is a
strongl'r prediclOr fur perceived quantity than other product-shape dimensiollS
thai have been preViously established ill the literature.
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4 - The Willingness to Accept Automated Recommendations Based
on Preferences of the Self and Preferences of Others

Donna L. Hoffman. University of California - Riverside, Riverside.
CA, United Swtes of Amcrica, donna.hoffman@ucr.edll,
Randy Stein, Thomas P. Novak

Recommender systems, now commonplace mn()ng online r(,lailers, usc
algorithms to determine how much a con<;llmcr might likt:' a pr('viollsly

iLt'lIl. Here, \-"(' explore how I\Nn different kinds of algorithms, those
hll<;cd l'itht:r Oil: I) a consumer's own prior prckrcnccs only, or 2) a consumer\
own prior prden'l1u"s ,HId lhl' prdt: .. rcnccs of otht'r simil.)r impact a

belids in the dccuracy or fl'(OmrrJCIlOillion". Building 011 rcsl'an:h
thal pcoplt.: generally c(,)nsider llll'ir own illSight<;tt) be more revealing

and k'ss biased than insighLS from 0Ih<:r5, we find thJt COllsumers .He gellerally
less willing to ,\Co:pt reCc.)Inn'ltnd.Hiol1s Ihal illulrporale Ihe prl'fl·rc.-'nn:sof olher
COllSlllners.wmpured to rewmmendalions based only on their own prderences
(SlUdy I). However, two "dditional studies ,how that simple framing
lll(lilipuldtinns tiltH obscure the CMenl tu which the group of olher cnnSlIIlH.'r';
might Con.,isl of discrete: in<.lividua!$-sp{'cifir;dly, framing tht.; group a unified,
>ingly acting t'nlily ( tudy 2) or a nonspecific grOl.I('of ,wople (SllIdy 3) - increase
willingness 10 accept grolip-bClScdrccOOlilltlldatic.HlS. We Iheori7c that (K(llrs
bccausc such lllanipulJtions fadlitale seeing the group preference as less biased
and more relev<lntto onc's own preft'rences, Tht'sC n:slI!Ls suggest that online
retailt'rs ncc.""d to cdlThdly how Ihey pn,'sl'nl autol1lllll'd rc.""rnrnllH'IHlaliolls
It) COnSlll11l.'rs,especially when those rccommendations are hased on the
preferences 01 olhers. Our results show lhat even lrivial ch"nges in framing can
signifiGHltly aller how (OIlSllIlWrs('valUale c.;uch rCl.orn11lclldillionc.;.
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Marketing for the Greater Good
ContributodSession

Ch<lir: Gauri Kulkarni, Assistant Professor uf M<lrkcting, Loyola
Univer 'ity Maryland, 450 I North Charles Street, Baltimore. MD,
21210, United Stules of America, gmkulkarni@loy(,la.edu

1 - Memory Imperfections and Messaging Strategy
Raghunath Rao, The University of Texas at Austin, McCombs
Schu%f Business, Austin, TX, 78712, United Slates uf America,
Raghunath.Rao@Mccombs,utexas.edu, Om Narasimhiln, Xiaolin Li

Tht, in<:rCJscin political advl'rtbing spending ill recenl YC,H\ has been sl..'crningly
accompanied by an incre"se in the lament around lhe growing rolt' playt'd "y
"negative" Jdverti"iing in innut'ncing Lht' outcomes of Ihe<;e r.1('t'c.;. Our key
researdl is centt'red on the question that given ct'rtain budget. what dc'tennines
Ihe mix of positive and negaLive adverti'iing for a cJndidiltt.'? \'\Ihat determines lhe
illtcr-tCl'nporJI paUt'rn of this Jd\'('rtising, Le" should a GHldidate mix rH)sitivl'
and negativt· ads throughout. or show a prc'pondn"nce of posilive ads eariy on
and IH.:.'gativeJds later, or lead with ads ilnd muve to a posilivl' message
latcr? Our approClch is 10 bulld d dynCllnic garne-llH:orctical J1lodel 01 a polilical
conle\l wherein two candidales endowed wilh inili<11 buJgct,> ,.He Facing an
election "I a fUlure date with an eleCtorale consisLing 01 supponers. opponents
and undecided voters with 1l1l'J1l0ryimperfeniolts. Firsl, we show thai because of
rehearsal and decay t'lfects, ad spending gels concentrated laler in the election
eyrie. Second, shtHV lhat ndthc.-'r candidJte will inVl'\t solely in negative
adwrtising througlwut the election "yele. Third, when both candidales have low
iniLial sUpp'>rt (and symmelric budgets), Ihe equilibrium invnlves both candidates
investing only in posilive messages, On the oLh<:r hand, when both
havt' high initial slipporl. lilt., mt:'')';ilging SlfClIt:gy a 'pubillg' "hape lhaL
involves an initial invt'slJlll'1l1 in l'It'gJlivt.' ads followed by positive ads. The
situalion is dirrerel1l f'lf the case of asymmetric budgt'ls; there, a ('andidale with
larger blldgl" fJcing a cllndidale with high initidl support likely 10 respond with
a messaging strategy bunched with negative content LOwards the end of the
denion "ycle.

2 - Understanding Choice Behavior in Political Marketing Context:
A Favorable Voter Response Model

Ogllzhan Ayguren, Bogazici University. South Campus.
Managemcnt Faculty, lst<lnblll, 34340. Turkey,
ogllz!l<ln.aygoren@boun,euu.tr, Cengiz Yilmaz

suggesl that identificatioll, and perceptions arc lh('
"ilrongc..'stdelcrrnilJanls of decision making in a voting silualioll. Rcscart.h 011
voting bdlilvior !las (:.'xamined these anteC(;'dents in a way lhat (l) causal

bc.'lwl:'cn these varillbks are omitted, (2) rne(l')uu'c.jarl' ronlc'..:l­
specific, and (3) voting (hoil'e is the local out(ome variable. Hnwever. tile authors
argue thatunder'landing vOling choice behavior is also a viable strategy when
these constructs Jre co-employed in a causal SlruclUral rnodel, measures (liT
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redefillt'd for gt.'l1tt'iIlil.ation of the.' lllouel, ilnd olher (I')

loyalty. confidellCc', promoting and douating are alsn "utcome variables. In these
nmt('xt<;, voting bdtJvior may rl'quire difrcn'IlI charJctcrislics thJIl thost' in
previou\ rt'')carch, TI'It.' authors develop 'a [avorabk voter re"iponse llltH.ll'l' whicl1
they p(lsit is usdullor explaining voting choicT behavior. Results suggesl thai
sociotropic and egoCl'lltrit l'xpectatioll!-t togelher \vith ChJraClCr and cJpabiliLy
dimension> of leader and party image t'xert signifi"anl cifcclS on outCOtne
variables or favorclblc volt'r rec;ponc.;cswhill"" identity fit and ideology £it
(constructs devcioped a, an allt'rnalive to Ir"dili,>nal party identifi"a!ion
J11<:Jsures) panially this Inv()!v<:ntent k'vcls and voter types
are also entered into the analysis "s moder"tors. The author, lunher dcvciop and
lest tht· model in the cont<:xt of 20 It gennal parliamentary ekcliom in Turkcy
The results provitit' support fur the model and nt'W avenuc'S for further research.
The study trks ((\ build a comprehen,iw framework in understanding anti
modeling: choice..' behavior ill politit.'alll1arkclillg cOlltext by combining vdrious
constructs lrom bf.Hh political scicnn.' clnd COllsumer behavior IilcralUres,

3 - Any News is Good News: The Impact of Enduring and Situational
Involvement on Charitable Giving

.I. Andrew Pctcrsen, Assistant Profcsso[ of Marketing, University of
North Cilrolina at Chapel Hill, 300 Center Drive, Campus
Box 3490, Chapel Hill, NC, 27599, United States of Arnericil,
Aodrew_PNcrSen@lInc.edu, TantO Kushwaha

Research h"s shown thai many nonproflls bc'nt'lit greatly from pllsitlV<'news (t'.g.
Flutie Elkcl). Recently. though. there have been many c"ses of negative news
(e.g. Live$trong/L.lIln' Armslrong and Penn SltlldJerry Sandusky).
during the SCillldillsthese nonprofils reponed ncar record high donation levels.
Thi<i rai"ies tht, question as to whether Ilegativ(.' news actually has a effect
on dllnor giving behavior, a key research question of this slLldy. We usc a
contingency thl""ory•.lpproildl to devdop a fOrlCl'ptLialmot.lel which l'xplain:> thl'
relatiollship between involvl'IIlt.'llt (donor and limc spcciri<:). sillliltiollal
involvement and 11l'galivl' news sht.leks), and involvemcnt responses
(giving behavior). We empirit'ally test this framework with 26 ycars of data lrom
il major public univt.'r"iiLy Jod 26 Yt'aL's of nt:ws <;tories related lO thi.,
L1llivcrc;ity.As expected, we find that higher enduring involvemenl relates
positively to involvement responses. We also find thai situational invo(v(;'111l'1l1
1ll(lderJleS the relationship hel W('('1l enduring iLl\'olvement and involvement

Specifically. we find thal when news is positive donors witll high (low)
enduring giv(;' iIKrC'Illc..'lltJIIyless (more) and WhCLl news is nc.-.;gJtivt'
donors witb high (low) enduring involvemenl give ineremcl1lally more iless).
Additionally, w(' find Ihat spliuing the news eVCI1lS belw('en lhose stories under
lhe control of the universilY (e.g. "cademic scandals) versus guilt by associalion
(e.g. alum mhb('hnves) add additional insights on how non profits c<.ln rl'spond
successfully to news evctl['), The of lhis sludy begin to provide nonprufils
guidelines for til news events (whelhtT POSilivcor negalive) to

overall giving behJvior from their base,

4 - Reverse Use of Customer Data - Harnessing the Power of
Customer Data for the Benefit of the Customer

Gauri Kulkarni, Assistant Prufessor of Marketing, Loyol"
University Maryland, 4501 North Charles Strect, Baltimore, MD,
212 J0, United States of Arnnica. grnkulkarni@loyola.cuu,
Hanllll Siirijaarvi. P, K. K<lnnan, Hannu Kuuse/a

Traditionally data has becn 10 slIPPt.)rl a finn's value creillion
process by idt'ntifying Ille most profitable CUSLOmers,segmenting them and/or
generming opporlunilit:s within the rclJtionship

(CRM) framework. This approach 10 utilization of CUlilOmer data is
however finn-oriented and docs not "ddress the pl1tential of using customer dala
lor the benefit of the customer and lor tJ1l' support of the cuslt>rTIer'svalue­
creating process. Using a caSe sllldy research setting In the context of Finnisll food
retailing, this study inlroduccs Ihe (oncept of reVl:'rst.:'lise o[ customer data hy
emplricall}' exploring its value-cre"ting 0PI1<lrllluitil's for bOlh tIlt' firm and ils
cus!omtrs. 11 examines the shifl in focus from the firm's internal use of customer
data to extental usc and funkr LO the way in which firms can provide lilcir

wilh informJlion lhal (all he used as an input to their value-creaLing
In the of CXi'iling literature on CRM alld Scrvin'-Domil1Lll1l

logic. the study builds a nt·w "pproa,h to cllsroll1er ""t<' usagl' by redefining and
refining CUSlurrterdata from the customer uliliL)' of Ihis approach
is then empiricilllr lesled survt.'y data from the l.'as(' siudy conlCXL For
prIKliliol1l'rs, this uLllocks the full pOlential of CuslOlllcr data by providing
lIsclul insights into understanding possihilities of CliSLOIlH:rdata as a
m('Jnc; to J more scrvicc-<"1fienICdv.:lluc ([eolian approach [or lheir
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Willingness to Pay
Contributed Session

Chair: Robert Wilken, ESCP Europe Business School Berlin,
Heubnerweg 8-10, Berlin, 14059, Germany, rwilken@escpeurope.eu

1 - Are People Willing to Pay More for Social Goods?
A Meta-Analysis

Russ Winer, Professor, New York UniversilY, 40 W.4th Street, New
York, NY, 10012, United Slales of America, rwiner@stern.nyu.edu,
Stephanie 'fully

MallY companies havt' made significanl inVCSUllCrlt<.;in socially rc)poLlsihle
products. Environmentally safe cleaning prodllCls, foil' trade coffee, and eleclric­
cars arc just a few examples. While flIany pllblic surveys show thai people arc
willing to pay (WTP) more for such products, anicles in the public press and
reCelll sales resllhs of somc of the products havt: less optimism.
Consistent with the popular survcy reslills, many studies have found Ihat
consumers art' willing to pay a relatively large prt'mium for socially responsibit'
products. In this paper. we conduct a mc'ta-analysis of over 100 published and

sludit.'s ill a large number of producl catcgories. across and
using different data collection meLhodologies 10 beLl('r underSLand this importanL
marketing question. We use Iwo dependent variables: percemage difference
pc'ople arc willing to pay and Ihe percenlage of re'spondents from Ihe sllldy
willing to pay a positive amount. IndependenL variabie's include product type.
beneficiary of socially responsible behavior (environmental. human or animal
rights), geographical location, wheLher the sociolly responsible behavior is
eXlernJlly certified, whether the study results are based on aCl11al pu[rhast"')
(reveaicd preference), and a number of methodologicol variables. Some sample

aI',' as rolluws. For tlw percl'ntage WTP (It-peudent variable, we find Ihat
the mean premium is 20.1.% and that this percentage is lower for durables than
non-durablt,s, higher for goods where the behovior humans (e.g., labor
practicc's) than animals (e.g .. bigger cages). higher for Europe and AUSLraiiaand
lower for South America and Asia relative to the U.S.. and lower when the slUdv
uses real purchasing data than survey-based responses. '

2 - Shades of Love: Effect of Ownership Type on Object Valuation
Charan Bagga, PhD Candidate, Western University, Jwy Business
School, London, ON, N6A 3K7, Canada, chagga.phd@ivey.ca,
Neil BendtC', June COlle

The endowmcnt effect phenomenon and the u\,vlll'rship literature preuicl thell
owned obiecls are valued higher. U,ing a series of expc'rimenLs, we dt'mOnslrale
Ihal object valuation is also dependent on the type ol ownership. We
conceplualize three variants of namely -(omplete ownership," in
which an individual has tille and possession of an object for an indefinile
duralion, "leasing,' in which an individual has restricted titll' righLs and
possession for a limited duration and "'bornJwing." in which an individual has 110

title rights and onfy possession fM a Iimiled duration. We Ihat obiect
valuation in a complete ownership stale is the highest, followed by leasing. Objeci
valualion in I he borrowing stale jc; the least among I he three ownership typC'i.
Object valualion for all the three ownership variants still higher than when an
ohjen not pos essed. We eSlohlish the underlying nH'c],anism of
phenomenon. We find Ihatlhe effect of ownership type on object valualion is
mediated by the level of psychological ownership associated with Ihe specilk
ownership type. Further, we demonstraLe that the level of psychological
ownership for the three ownership types differ as Ihe CtHurihuting routes of
psychological ownership namely COl1lroi. intimacy and self-investment operate
dirrerently for each ownership type. To conclude. we contribute 10 the
endowment effect and owtwrshipliterature by demOnStraLing that ubject
valualion is also depcndt'lll on the Iype of ownership.

3 - The Impact of Stress and Level of Construal on
Willingness to Pay

Erik Maier, ESCP Europe Business School Berlin, Heubnerweg
8-10, Berlin, Germany, emaier@escpeurope.eu, Rohert Wilken

This rest.'arch investigates lhe impact of C(,H1SlIlll(;'rs' str(;'ss \.)1'1 their willingness to
pay (WTP). Drawing on C<lnsuuallevel theory, we propose Ihat consumers' suess
dctOreas<.''itheir level or construal, which in turn ckteriorales their evalUaLion of
produds. This effc'ct is caused by a focus shift from product charaneristics of high
kvel or COIlStrualllnder rdaxaLion, to characteristics of low level <.If construal
under stre'ss (study I). This shift decreases the price consun1l'rs arc willing 10 pay
[or a sample produci under stress (study 2). Product categury moderalc's the
impact of stress on WTP: the ckcline in consumers' willing11t'ss to pay under Stress
i, sm<1llerfor products of lower kvel of ron'trllalthan for those uf higher level of
conslrual (study,). This effect can be explaint'd by an additional utility gc'm'raled
from a match between a consumer's and the prodnc!'s conslrtl<11level under
SIrt:'SS. We extend existing rest'arch on the impact of relaxation on ronslIIlH.'rs'
willingness to pay by (I) adding Ihe stress dimemion. (2) introducing a within­
product perspective, ond (.') proposing product. category os a moderator.

4 - The Influence of Uncertainty on Willingness-to-Pay and
Willingness-to-Pay Ranges

Robert Wilken, ESCP Europe Business School Berlin, Heubnerweg
8-10, Berlin, 14059, Germany, rwilken@escpeurope.eu, Erik Maier

Thil) investig.l1t',) lilt:' impact llf consumers' 11I1CtTtaiJ11y on t1H:'ir
willingness-to-pay (WTP) ranges. Extending sLili inconclusive empirical evidence
(OOSI & Wilken, 2012; Wang, Venkalesh, & Chatterjee, 2(07), we propose Ihol
ul'crl'asing consumer uncertainty LOWJfds their and towards producl
performance ([) increases their WT]', and (2) decreases the size of their WTP
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ranges. Three experiments, in which we use several measures o[ ullcertailllY and
different research settings. providc' convergent support for these propositiollS. Our
results suggesl that mafh-Clers can Icvt'ragc consullwrs' WTP not only by

their pre[erenct's, but also by reducing their lIncenainly rt'gilrcHng their
own preference and producl perfllrl11ance. Intereslingly, increasing the number of
product ralings, as a means 10 improve COI1SlIrnercenaillty, consumers
willing LO pay morc', irrespecliw of whether the rating average is positive or
negative.
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Advertising, Ethics and Culture
Contributed Session

Chair: Kim Scrota, ViSiting Professor of Marketing,
Oakland University, School of Business Administration,

MI, 48309, United Stales of America, serota@oakland.edu

1 - Religious Orientation: How Do Religious Beliefs and Gender
Influence What We Buy?

Sridhar Samu, Assisranl Professor of Marketing,
Indian School of Business, Gachibowli, Hyderabad, 500032, India,
sridhar_samu@)isb.edu, Melarkode G ParalTleswaran

This paper l'xaminc.:'slhe religiolls orientation and g(;,l1dr:-ror consumers and its
impan on purchasing behavior. A survt'y ([067 consul11('rs) [ollowed by an
expcrimemal slud}' b used to tesL the hypotheses. Regression showed a
c;;trongimpact or tht' three religiolls dimensions on the rive purchase dimenfoiiol1s.
Of the Iifteen possible coefficienLs, nine were significant and in Ihe right direclion,
confirming tl1(' impaci o[ rt'ligious [acLOrs on Ihe purchase process. The
experirnental study had 311 studems. Religiosity was manipulated and gender
was l11easured. ANOVA was used LO leSt for the rnoin and imeraclion. 7 out
of 8 lI1ain c'ffects for religiosity and 2 OUI of 8 for gender were significant. The
interoction helween religiosity and gender was significal1t for 4 of Ihe 8 factors,
wilh religious lI1en having significantly higher values as compared LO tl1<' other
groups. The results indicote Ihatthe consumer's strenglh of religious beliefs
and gender have a strong impact Oil lheir pUrdJ3Se process. This is an important
finding for as this will allow markcters 10 undersLand how religious appeals may
be lIsed while direcling cOllllllunication to their target markel, cspccial1y men.
Men with stronger religious beliefs arc more likefy 10 respond positively to
product and religioLis aClivilies than women, and consumers with weaker
religious beliefs. FULure research plans arc 10 focus on Ihe specific religious
appeals and their timing and to study its impactnn ollilucle and consumptioll
behavior of con um"rs following differc'nl rdigions. Adv<:rtisements Ihat use
some of these are quite prevalcl1t in Ihe markc,t place, but a delailed study Ihat
considers all these factors will give a richer understanding of the process and
outcomes.

2 - Marketing of Halal Food and Shopper Behavior in Germany:
An Empirical Case Study on Ethnic Marketing

Volker Trauzettel, Professor, Hochschule pforzheim University,
Tiefenbrnnner Str. 65, pfnrzheim, 75175, Germany,
vo Iker. trau zet te I@hs-pforzheim.de

Retailers lace changing marketplaces. In Germany. of the large reLailers
h<1ve recognizc'd thot they Ihe chances to odaptlheir offerings to the
demands of Ihe muslirnic pan of the population thai rised by Ihe growing number
of immigranls in thl' last cit-cades. Huwev(;'r. the assortments o[ the traditional
relailers as well as lheir communication and sales processes does not refleel the
lI1uslimic consumer. The purpose of Ihis study is LO research on muslimic
consumer's pt'rception on supt'nnarkt'ts offering of Halal food. The empirical
results arc presemed and conclusions are drawu.

3 - Truth Bias and the Detection of Marketing Deception
Kim Serota, Visiring Professor of Marketing, Oakland University,
School of Business Administration, Rochester, ML 48309,
United States of Ametica, serota@oakland.edu, Timothy Levine

Most research on dec(.·ptivc markt'ling occurs al the inlersection of behavioral and
It'gallheory" with the intent 10 inform regulatory processes anti improve
marketing praclices. There is considerable research on tIlt' naturt' and
idenlification of deceptive advertising, individual differences in message
processing, and malerial injury resuhing Irom markeLing deceplion, bUI Ihe
litera Lure is void of dIcm to assess wheLher or not individual consumers can
distinguish deceptive from trulhful messages. In facl, the ,ubject been
dismissed as irrelevant, with the argumenl that a consumer who perceivc's a
deception has not been deceived. BUI the presumption in tl,is view is thai
consumers can. detect deceplion while others (annot. This pap'" argues that the
,"'<1tionship between actuolmessage verocily and comumt'rjudgmentlJf
truthfulnes or falsily is highly relevant 10 purchasing outcomes and conl"xlual
cues arc key moderatOrs or these judgments. An c'xperime11t (N = 1',507) assessed
Ihe accuracy of judging 96 advertising claims. Direct judgments (rather thao
normative or salienl belief techniques) were used to obtain subjeci-level data. A
Ihree-[actor design examined the influencc' 01 branding, perceived abilily to verify
(using experience, and credence claims), and base-rate (proportion of
truthful claims in a set) on jutlgmem accnracy. Results suggest content and aClUJI
veracity of individual claims has IimiLed impact on judgnwnt accuracy, However
truth bias. the consumer's tendency III believe or not believe claims, is an
important detcrminant. which is by siluational CU('S that increase or
reduce trust and make the consumer more or less susceptible to deceptive
markeling practices.
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Brand Depth and Brand Crisis
ContributedSession

Chair: Yuxllan Zhang, Hong Kong University of Science and
Technology, Clearwater Bay, Hong Kong, Hong Kong - PRe
swirlzhang@ust.hk

1 - Understanding the Strategic Implications of Brand Depth
and Breadth

John Roberts, Professor, London Business School, Regents Park,
London, NWI 4SA, United Kingdom, jhroberrs@london.edll,
Pam Morrison, Songting Dong

Brands are important market based assets and we have good {ools to calibrate
bflllld equity. Ho\vcver, while it is llOW de riglH,.'ur to undcrc;talld the
heterogeneity of tastes wlwil modeling conSlIlller behavior, reiativt'ly lillie elTon

bt'en devoted 10 understand lhe distributiol\ of brcll1d strength across lhe
population and its implications for brand :.ilrJlcgy. We t'xamilll' two of brand
strength dimensions, depth and breadlh. using a hierJl'chy (,f cffects model and fit
it to data. By undcfsl(Illding the distribulion or pern:ptiofls in the population,
togelhcr wi.th the distribution of dilJcrl'llt imponance weights at various stage of
the decision proce''is, we Ci:ln assess a vulnerability Jnd c10tll.

2 - The Role of Brands in Extended Service Contract (ESC)
Purchase Decisions

Moein Khanl<lri Larimi, University of Albena, 3-23 Business
Building, Edmonton, AB, Carwda, khanlari@u<llbena.ca,
Paul R. Messinger

l'nrchasing eXlcndl'd service ClJntracts (ESCs) offered alongside durablc producls
insures buyers against product failure beyond warranty coverage.
in an aHempt to advance our undersranding of factors thai inlluence ESC
purchase decisiuns. we use Ihe tSMS durable datasct (I) to explore the role uf
brands in the purchase of ESCs. Experience with branded producls can affeeL
perceptions uf produ<:t failurc rates for lllOse brands. We find Ihat both prior
within·CJlegory and prior cross·ctltegory experience wilh brands decrease the
likelihood of purchasing ESCs [Of Lhose brands in subsequent purchase occasions.
Our results fJt<wide furthcr empirical evidcnce for the crferlivcness of umbrclla
bnlllding in consumer risk reduction and lhe transrcn:J1n.' of perceptions
produrt quality. Retail SLOres can counteract the n('gative effen of brands by
persuading buyers lO bny ESCs III rough push strategies and adjustments
which may not be dirt'ctly observablt' in pant'! d..Jta. Our an..Jlysis pr(lvidcs
evidcnce for the significant rok of relail stores in posilively affecting ESC
purchase decisions.

3 - Brand Equity as a Mediator of the Corporate Social
Performance - Corporate Brand Performance Link

Nima Mehrufshan, University of Hamburg,
Welckerstr. 8, Hamburg, Germany,
ni rna.meh t'afshan@wiso.uni-lwrnburg.de, Alexander Perrnann,
Murk Heitmann

Brand managcment is incn:asingly facing challengl's due to C1lsh.HIH'r r(',lClions to

tile abundant inforrnalion on firms' ethicaillellaviors. We analyze till' role of
customcr based brand equity in the rclati'lllship actual internal and
eXLernJ] corporate social performance (C51') on brand demand Jnd sales
revenues. We combine three finn level data sets on esp, cnstol!1er based brand
equilY and accounLing v,Hiablt'''i covering 198 companies ovt'r a period of up to
fifteen years. While we observe no impan of CSP s(rengtbs. CSP concerns
dimjnish demand. Furthcrmo[t', this relationship is fully explained by CUSlomer
based brand equity. Sp('cifically, poor internal CSP. e.g.. corpora Ie governance or
employee mncerns diminish llw hrand equity dimensions brand
estecrn/rdcvallce and brand Brand estetm/relcvance in turn
nwdiales the link betw,'en CSP Jnd b;and dcmand as well as sales revenues. The
results have implications fur manJging CSP and ils impact on brand demand,

4 - Study of the Heterogeneous Impact of Product-Harm Events on
Brand Equity: Findings and Implications

Yuxuan Zlwng, Hong Kong University of Science and Technology,
ClearwUler Bay, Hong Kong, Hong Kong - PRe.
swirlz1Jaug@usl.hk, [(ristiaan Helsen

Though the market. response to i.l product-harm crisis and rumors
has widely been dOCUllwllted, severJI interesting questions lor bOlh scholars and
brand managers still remain: (1) Whallics behind the t1i[fcrt'ntial impaci of crisis
or rumor on diiTerenL brandsl (2) WhaL explains the differellcl' of the irnpc1<'lof
crisis or rumor on different products under the Sil 11 H:.' llI11breila brand (e.g., across
diffen.:rH price puirHs)? (3) To what <:':':tcntdnes tht' marktt to tl tTisis
and 10 a rumor within the SJme category vary and what could explain such
differences? We apply the uynarnic tinear model with sltlrhastic v'1I"iatiollto a
Nielsen dataset 011 Infallt Milk Formula (IMF) caLcgory including sales and store
t'nvironlllent dala for all hypcrrn,]rkcls in Shanghai IChiua). During the 2-y,'ar
pt.'dod covered by the data, two incidents took plact'; the melamine nisis in
September 2008 and a rumor about of well-known fort'ign brJnds being
melarnine-lainled in ('al'ly 2009. We address the qucstinns mentioned above and
examine how lilOSC differcnces can he explained by consumcrs' retying on
diffen:.nt inforrn.llion sources to infer products' quality after a producl-harm crisis
or a product-harm rumor. We obtain sevcral tindings: (I) A producl-harm crisis
and a produrt-barm rumor can diffl'l' uot lInly in lenn, of the degree of impact,
but wllilt is more irnponanL in tenns of differl'lll information ('ues signaling
products' quality rJ1ilt consuml'rs would rely un; (2) The information rucs thai
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signal products' quatily (c.g.. brand equily. publicily) exptain the differential
impaCl of crisis or rumor on differenl brands; el\ Those informaLion cues (e.g"
priet'o product packagl') Jiso explain Ihe differc..'IlliJI i111PilCI of crisis or rumor on
differt.'ut producls under the same umbrella brand.

5- An Investigation of Consumer Responses to Global Brand Crisis
Lianxi Z!tOll, Professor, Brock University, 500 Glenridge Avenue,
St. Catherines, ON, Canada, Izhou@brocku.ca, Alain D' AslOus

Brand crises lIsually give rist' 10 J deu! of negative publicily that attracts lhe
of consulllers and impacls 011 Lhe reputation of the blamed firm.

ThlTt'f\lre, in addition 10 the enormous co::.£:> Jssocimed with managing lhe
siwation. finns affe(·ted by brand rrises suller lrom imponanl linancial Il)sses
eaused by a decrcase in sales and a possible dilution or their brand t'quily.
UnfOrlllllillely. brand cri<.;cs lire becoming mure frequenl given the multiplication
p[ risks that finns bavt· 1{) fact' (flirch. t994; Dean, 2004; Klein and Dawar. 2(04).
The increasing cOlnplt:.x.ilyof products aimed at satis[yiug more and more
demanding COllsumcrs, Iht' pre"lIf(' IOward ll1anufacluring products at the lowest
CoSI, Jnd the:· tightt'ning of sli1ndilrch and It:gdl ronstrainb JS regJu.ls produt1
5ecuritv art' an l"aclOrs that contribute to create a business environment conducive
tll Ihe t"l(clIrrence ()f stich rri ...es. Givell lhe significant negative consequences for

that art' cngcllden.:>d by global brand crises, it is imporlillllLO understand
consumers' reactions in order to develop ellicicnt that
finns implicated in tlwsc incident<; can liSt'. The objl'Clive of this research is
Lherclore 10 understand the feactions of conSUl11crsas regards three major crises
involving brands. namcly the rt'call lIf Matl.d·s toys. lhal of Ivlaple Lt',,['sll"lt'at
products. anu that of Toyota's vehiclcs. Tht'sc recent highty Il"lediatisedbrand
crises are as research cOntexl to gCIH:.'fate findings rcil'val1t. for
globat brand crist's in gt'ncral. A set of research hypothes('s arc developed and
tt',>ted by a survey design with data <:ollectt.'d in Canada. Rt'search irnplicJl.ions are
dbcusscd within Ihc context of marketing COllHTIl,lnicJtions for managing global
brand crisis.
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Customer Loyalty
Session

Chair: Sudllir Vnleti, Assistant Professor, Indian School of Bnsiness,
2118 AC2, ISB Campus Gachibowli, Hyderabad, 500032, lndia.
Sudhir_ Vnleti@isb.edll

1 - Loyalty Programs: Reward or Rip-Off?
Peter Danaher, Professor, Monash University,
Dept of Marketing. Caulfield, Melbourne, VI, 3145, Australia,
peter.d<lllaher@rnonilsh.edu, Lilszlo Sajtos

The popular and consumer groups are vocal critics of tht' value of many
loyalty programs. They thal consumers have 1.0 spt.'nd a relatively large
amount at a retailer to receive even a ll10dest reward; hence the value of a single
point is insignificant. However. since the vast majority of a firm's loyalty program
members [Ire alrt>ady frequent loyalty points a«('rucd (an bt' viewed as
a bonus for a transaclionlhal wa') going to occur anyway. tn thh fase. J

more pertinent question is whetht.'r custorners art:.' fairly rewarded for
participuLing in loyalty programs. One way to gauge this is to compare the price of
a product 'purchased' 1'rol11 a loyalty program cJtalog usiug toyalty poinls wilb
lhe cost of the same product lHl 111<' open market. This empirical analysis can help
reveal vvhel.her COllSUllH'fS. in fact. receive C(IHlOIlli<: bcndits by remaining loyal
10 lhe same retailer or whelher lhey arc beller off [0 'shop around.' By using four
loyalty pfl.)grams across twO COtllllriCS,lhis sllldy finds large differences across
these programs, witb consumers only bellcfiting redeeming
points fllr high-priet'd items.

2 - New Insights on the Relationship between Customer Satisfaction
and Loyalty

Nadine Schirmer, Luclwig-Maximiiians-University, Institute for
M<lrkct-Based M<lnagel11('nl, Geschwisl.er-ScholJ-Platz I, Munich,
80539, Germany, schirmer@bwl.l1Jlu.de, Christian Ringle

The relationship between customer satisfaction and lo}-rally is key illterest for
both researchers and pranitioners. III this context, prior research has shown that
trust and commilment are important mediators of this relationship. Yet. l'mpirical
results sizClblydiffer. To somt;' extent, thest' rliffert'nces may be dut' to the
existcnce of dilferent CUSlOIl"lersegments Ihat el1lail distinctive outcomes for these

which not been appn1priately accounted for in past research.
Neglecting t.his heterogeneity among CUSIOIll(:.'r<;may result in invalid outC(HT1CS.

An integrative' model WilS developed for thio; rl'1ationsl1ip which includes ils
souu.'t's of COllllwtilivt.' advallldge as wel,1 as commitment and lrllst as

('or the relationship bet'lvc.'t'n and loyalty. To empirically
validate and subslantiate tilt' theorctically derivt'd l1lodel, we us('d the panialleast
squares structural equation modeling (PLS-SEJYl) method and induslry specific
survey nata in the context of petrol rt'tailing to estimate tht." relationships.
Further. we analyzed whelher lhe relalionship between CUSl(lmersatisfaction and
loyally is rather non-linear than lineal' as typically assumed. This was in
the gt'IH:.'raIITlpdcl as well as in lhe rIlediillor Illudd conLaining commiulH:.'Hl and
tru'it. Finally, we addressed the critical issue of helcrogent'ilY by drdwing on a
priori knowledgc for conducting PLS Il1Ulligroupanalyst's (PLS-.'vtGA).Tht' resulls
rcvealed significant differences in the CtISlOl1lerrelationships for branded and
non-brallded Iwtrol retaikrs, business and leisure pJlrOnS as well as for regulars
and non rcgutars. tn addition, we employed finite mixture PLS palh modeling
(FiMIX-PLS) 10 uncover l1J1observedbeterllgeneily across J11(1 wilhin Ibese
groups.
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3 - Present Loyalty: Theory and a Behavior-Based
Measurement Method

Songting Dong, Senior Lecturer, Australian National University,
HSM, LP Crisp Bldg 26, Canberra, 0200, Australia,
songting.dong@anll.edu,au, Ping Zhao. Deqiang Zou. Min Ding

The exisling loyalty iiteralure does not clearly de[jne loyalty on Ibe time
dimension. We propose that. differellliating preselllloyally from ruture loyally
leads to a less biasl"d and IlH)re aO,.'t1I"'llCmeasure of custoillers' loyalty, and
improves the abilily of predicling Iheir futur<' loyaily bdlaviors. We propo e a
framework or pr"sent loyalty and" 111<'thod. rqJUrchase acn'leratiun. 1.0 provide a
behavior-hased mea 'uremelll for present loyalty. behavioral prl'sent loyaily
nwasure is co,npared wilh widely adoptt:d intentional future loyalty nll'aSures
bOlh in theory and in an empiricai study. The empirical sludy demonstrates Ihat
thl:" intentiollal flllure IOYilhy mt'aSUl't'li;have a wl"ak power evt'n for
the ncar fUlure repurchase decbions. Comparatively. the behavioral presenl
loyally measlIre oblains a hil race of as high as 96.3% and captllres more than
twice the amount of illformJlilm thai C(lPI II red hy the hest intelltion models.

4 - Predicting Customer Value and e-Channel Disposition from
Cross-Sectional Survey Data

Sudhir Vo!eti, Assistant Professor, Indian School of Business,
2118 AC2, (SB Campus Gachibowli. Hyderabad, 500032. India,
Sudhir_Voleti@isb.cdu, Sundar Bharadwaj

A customer's vaiue to a firm depends a lot on lh,' CUSlomer's luyahy In the finll.
col1trolling for demographic and environ menial faClors. We invesligate 10 whal
extelllthe allitudinal determinants or self-rt'pol'lecl CllSltlmer loyail)' 10 tht' linn
hC'ip predict (i) sell-reponed and lransaction-based customer vaiue 10 the finll,
and (ii) self-reponed dispositioll lowards the electronic channel for transaning
wilh the firm. We use dala from a 2001 cross-sectiOlwi survey of the USl'rs of
online hanking for a US credit uilion, Cross-sectional data in surveys offer Iittlt' in
terms of inforrnalion or degrees of frecdom to estimatl' heH.'fogclll'OUS customer
rcspOllSl' paranU;'lt'rS, 'INc and delllollstratt' the applicatiol1 of a Bayesian
Scmiparamclric approach 1.0 l'<;timJ.tl'individllal-Icvd customer response
parameters. We segment the bank's clientele using estimates of individual-level
altiludinal delerminants of CUSlomer loyalty. We validate Ihe segmentation by
USillg aClualtransactions data to test for significant segment-specific differences in
cuswmer value lolbe bank and Customer dispositilln to the oniine banking
charll"'!. We lind that nur rnethod ontfwrfon", benchmark approacht's in yielding
well-identified segments of customers with dilferenlial vaiue and online llanking
disposition to the bank,

12- Geneve

Meet the Editors I
ContributedSession
1 - Meet the Editors

Edilors of leading journals ror markt'ling ac'ademics will present Ilwir edilOrial
polities and perspectives.

The following t'dilllrs are Sciellce; Preyas Desai: Journal
of Marketing Research; Bob Meyer; Journal of Markeling: Jeff Inman; Journal of
Consumer Research: Brian Ralchford; Management Science: Kannan Srinivasan.
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Advertising and Price Sensitivity
ContributedSession

Chair: Shuba Srinivasan, Professor, Boston University,
595 Commonwealth Avenue. Boston. MA. 02215,
United States of America, ssrini@bu.edu

1 - Price Advertising Offline Products with Online Competition
Ying Xiao. CKGSB, I Easl Changan Ave, Beijing, China.
xiaoying@ckgsb.edu.cn, Bing Jing

We study an ofnine Siore's decision to price advertise facing compl'tilion from an
online store which sl'lls tht, saml' product. All consumCfS carr purchase the
product from online but are uncertain of Iheir productl'alualion unless Ihey
incur a cosl to vi"iil the physical Slort'. We find Iholl. lht' prt:'sence of
online store docs not necessarily raise Ihe offline store's incentive to conduct price
advertising due 10 the increased price compelition when the search cost is high,
and the online store can be;.' worse off whell il becollws more costly LO visit an
ofUine store. The amine store's incenlive 10 advertise price also depl'nds on Ihe
dislribution of cunsumer t:valuaLion.
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2 - Allocating Spend on Digital Display Advertising: Investigating
Attributable ROI

Nazrul 1. Shaikh. Assistant Professor. University of Miami, Coral
Gables, FL, 33146. United States of America, n.shaikh@miami.edu.
Niva Shrestha. Mahima Hada

With consumers increasingly consuming media digilally. manufacturing and
media firm\ have made some <.>lrllClUral changes to their marketing mix
allocation. Firms haw incrc'ased ,pend on digilal media by 13.5% over the last
year. and specifically on pre-roll advertising. Wt· inve'tigatt' the dfeClivCIless of
this change in media spending. prest'lll findings from analY7ing firm's media
spcnd over two YCcHS ill two distinct induslrics - service and consumer products.
Using detailed weekly transactional data combined with information on all the
mullimedia (both online and online) communicalions used by a firm, we estimale
the' driCclCy of digital display adverli'it:'ll1t..'nl"i in driving customer alld sdles.
We lind that while digilal display media can provide high return of investment,
the faster saluralion rates of digital display media suggests lower spend ceilings.
For a marketer. Lhl' implictHioll5 of {lur findings Jr<:.' two folds; firs!. the high
reteI1tion fdle and early saluration dCITIJlldsfll'itoJ11izulll1tdia plans: whi{"h Jrc
different from ,tatic banner ads; secund, tlH' l11essageconv('yed through pre-roll
advertisel11euls. when supported by appropriate key word selc'clion, (for paid
search) has additiunal syJH:rgistic dfens. As such. our findings can hell) marketers
to identiry the optimal levels of execution and mix of pre-roll advertising within
their OV(' ra II onlint' advl'nising ilnd IIWft'by improve online dreclivt'l'lt'so.; and
ROI.

3 - Advertising's Impact on Price Sensitivity: How Do the Brand's
Mindset Metrics Matter?

Shuba Srinivasan, Professor, Boston University,
595 Commonwealth Avenue. Boston, MA, 02215,
United States of America. ssrini@bu.edu, Berk Ataman,
Koen Pauwels, Marc Vanheule

Markt'ting know IhJl ddvenising is an impurlant bflllld buildt'r with
stronger hrands commanding prin' premiullls with low('" price scnsilivil 1'.
Expcriments show opposing eHens: ads lower sensitivity through Ilrderl'llcc. bUI
increase il through consideration sel. Yet crilical brand-level queslions remain

How do ads change a hrClno's rrin:. C!Jl;ll1rnt"rmindst'l
metrics of awareness, consideralion. and liking depending on the brand's
Ilrice/qualily positioning and the characteristics of the calegory'? If a brand's price

Cclll be influenced by advertising, can it also be influenced by its
competitors' advertising. and if su. by huw l11uch? Our goal is 10 answer these
questions by linking advertising to prin' sensitivity through customer mindset
melrit's. To this end, we specify a Hierart'hical Dynamic Linear Model which
accomrTIOdalc$lhe dynamic dcpendencies among price scnsitivity and l'USLOltlcr

mindset metrics. and allows us lO quantify lhe impaci of advertising while
cOfllrolling for the fOfk-cls of promotions. I'rOduClline lenglh, and di'ilrihuliul1, We
estimate this mudd using seven years or sales, marketing mix. and customer
mindsel metrics data for brands in 33 product categories. Our preliminary
findings SlIgge;.'SLIhal own advertising lowers price sensitivity of an average brand.
while hflS no impClcl un price Own advertising
efrect for valuc brands is 1.3 x higber Vt'rsus average brands and 6 x higher versus
premium brands (ceiling dfecl). Overall. managers J1t'ed 10 proactiveiy measure
and track own and competitivl' advcrtising crr<,'cts011 consumer rl'SpOnSI.:to
maximize brand perforl'llilllct',

4 - The Whole-Number Processing Bias: Investor Sentiments and
Changing Stock Prices

Ashwin Malshe. Professor, ESSEC Business School, 00 VictOria St,
NLB #13-02, Singapore, 188064. Singapore, malshe@essec.edu,
Subimal Chatterjee

Consumers orten liSe an additive model 10 evaluJte multiple pcrn.'lltagc
informatioll. For example, in laboratory studies, consumers mistakenly think that
a 50% rise in prict' followed by a 50% drop will brin!llhe pritT back to the
originallewl (ralher tban 25% heluw the original level). This apparenl whole­
nllmber predisposition. or the tendency III add positive and negative percenlage
information wiUwut considering Ihe differelll hase numbers. is a widespread bias
ill consumer inFormation prOCl'sl\ing,However. as lIlt' laboratory studies leSling
this bias provide the percentage information simultaneously. they do not mimic
"real- changes (e.g .. slOck prices Ihat go up/down weekly. quarterly. yearly. elc.).
This rl'·"arrh. Iherefore, aims to generali7e the laborawry lindings to the hroader
marketplace where gainsllosses occur in a sequence. For example. would a 50%
drop in stock prices in Ollt' quaner fullowed by a ,0°/0 rise inlhe next bring
consumer 0plimism back to its original level (as predicted by the additive model),
or ket'p the oplimism depressed by 25%. Our data span 1.270 weekly
observations (July 198710 November 2011) and consists of (I) investor sentimertl
ill(IeX (pt'reel'll bullish. bearish, or neutral), (2) &.p 500 'lOck reLun", (3)
recession dummy indicators, (4) US monlhly production ind,'x, and (5) monthiy
indices on durable !loods. non-durable and services. We find that
in adjusted inwslOr seniiments (alter controlling for the efkct' of various
macroeconomic variables), foll'lwing changes in slOck market returns. mimic the
naive additive process as iong as we can accounl for recellCYcrfecls (if the
gainlloss occurs lasl) and adjust f,lr loss-aversion (i.e" recelll losses loom larger
than recent gains).
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Sustainable Innovation
ContributedSession

Chair: Hossein EslamL PhD Student, NUS Business School, Mochtar
Riady Building, levelS, 15 Kent Ridge, Singapore, 133028, Singapore,
hossein_ed@nus.edu,sg

1 - Sustainability Orientation: Drivers and Innovation and
Performance Outcomes

Hosanna Garcia, AssocialC Professor, Northeastern University,
DfAmore-McKim College of Business, Boston, MA, United States
of America, r.garcia@neu.edu, Scott Dacko, Marius Claudy,
Sarah Wilner

lucrcJsingly, m..lI1Y organizations ar(.' embracing <>L1slaillaoleway o[ doing
business JS a path to gn'arcr profil.dbility and a means of reducing harm 10 people
and the environmeLlt. One way organizations respond to this irnpermive is
through the devt'lopmclll of new, more c;ustainabJe products and services,
Sustainable innovJtion allows companks to Cllll'f LH:.'W markels and larget

increasingly ern-consciolls consumers. while new processes or re-designed
products also ran help save CPSIS by reducing materials l.lf waste. Overall.
sustainable innovativeness <:an be nn important vehicle lo rc{:onfigul"c the wbole
system by which orgdnizJlions creatl' vtllLlt.' and deliver lO vdllle ClISlOllH.:.'rs
(Reinhard, 20(0). Howevt'[, lillIe is known aboullhe role III sllch a 'sllstainability
orientation' in the innovation process. This ,>tudy aims to address this knowledge
gap by fOrllliuga bt.'llcr underslanding of (i) how companies huild a sustainability
orientation; (ii) Iww Ihis orit'lllUtion drives sustainable proouct and service
innovalions; and (iii) tht' impact nf these ilHlOvdtions crcatb1g more value ·with
less.]n the exploralOry study heft', we draw on inlerviews with mid­
and rop-kvel managers in nint' cOinpanies locdlt'd in the US, Ireland and the UK
to aid in tht' devc1opm('Jll of a preliminary framework, We emphasize both
product and service innovation becaust' to date, inl10vativeness in the conltXl of
sllsl.i1inobility has bet.'ll researched predominantly in product inHovJtion (Garcia
and Calamone. 2(02) and is ofit'lllinked 10 the idea of em-efficiency (Brez<:t,
(997). whkh broadly refers to product illlprovemems (e.g. using less
L'nvironmentally harmful malerials) and/or product rccit'sign (e.g., for
ret'ydabililY).

2 - Cultural Influences on the Usage of Reusable Products:
A Cross-Country Analysis

Myllng-Soo .)0, Associate Prot'essor, MeGill University, 100 I
Sherbwoke Street Wesl, Montreal, PQ, H3A IG5, Canada, rnyung­
soo.jo@rncgiILea, Rong Huang, Ernine Sarigollu

This study examin\.'s how the usage of rcuSJblc products differs across cOlllllries
varying on ,everal ndlural dilllension,. The sludy develops hypotheses based on
cult.ural dimensions such as fClTJininllylrnasculinily. IOl"uS of contro!. long lcrm
orientation, and colkctivisLll/individualism. Tht' hYPolt"le"i(:"sarc tested Oll four
most commonly used reusable products: coffce ITlllg. drinking boule .. shopping
llag, and paper '!\vo Western (Canada and the US) and two EaSlern countries
(China and Korea), based on differences on til(' mllllral dimensions, are sdened
for lile study. lL is hypothesized that people in individualistic countries 11"lOl"e

affecled by lheir own consciousness, whereas those in colhxlivc
countries arc influenced hy their pt'ers. In term,> of locus (ontro!, people
who strongly beliew they have cl]fllrol over their destiny and fUlure are more
likely to use reusable produCls than those who believe less in the conlroL For the
influence or liml' orientation, Ihis sludy proposes that. given similar economic
standing. thost· who Jrc more longwlerm oriented lise mort' products
than Ibose who ilr<.. less long-term oriented. Hegarding lhe fernininity/rnasculinily
vallie, people in counlries which silow lI10re femininity are more Iikdy to use
reusable products lhan those ill countries which show mure rnasculinitv, rksides
the underlying cultural chararteristirs, Ihis study also examines how nsage of
rcusJblc products js Jffcncd by various other [actors such as convf'nienct:, saving
money, and genuine concern for lhe environment. this study .
invcsligcHt'S how strongly rndkrialistic vtlIUt."spermeate each country and how
lllalerialism can be manipulatcd LO implement t'lfectivt' financial incentives.
Implications of the findings, panicularly (hose for improving U\t' of rcusable
produns for each country thal differ on cultural dimensions, are discussed,

3 - Social Responsibility and Product Innovation
Ganesh lyer. University 01 California-Berkeley, Haas School 01
Business, Bl:'rkl:'Ley, CA, United States of America,
giyer@haas.berkeley,edu, David Sobennan

Cc.Hl\lUllefli in many care about products tll.1t arc pt'rceived to be socially
responsible or environrnerllCllly friendly. vVe examine the inC(.'lltives or firms to
invt:st in product innOVdliorIs that to the social respollsibility COllCl'rns of
conSUIllers..l1ld (IHlllect the C.xiSt<:.'IlCt'of mark.ets for sodiJlly ITsponsible
innovatit.H}s to Ihe interplay of allrlJistic vcrsus social inlel"dClioIlS concerns.
Consumcrs have an altruistic preferellce for social responsibility and they incur
an intrinsic cost for consuming a product which is socially/environmet1lally
unfriendly, We assume I.hiJl COnSUlll(;'r!lo (Ire ht'tel"ogt'll(,'OUS in their intrinsic
altruistic costs. Consumers also lulVc social comparison concerns which are
endogt'nol.ls 10 lheir markel interaction. This can be seen as endogenjzing in a
markel sctting the impure altruism motives or warm glow and cold prickle that
have b<:en highlight<'d in the context 01 charitable giv.ing by Andre,,,,i (l990),
Consumers cnjoy a social warm glow benefit j[ they pur(1,ase a socially
responsible producl and IntTt somcone with a StlclaJly damaging product.
Conversely, they face tile social «lst (wid prickle) nf mceting someone wllo
possessesa socinlly responsible product if they are cOl1surning a socially damaging
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product. [n a competitive markel we show lhat lbe c<lld prickle rather than Ihe
warm glow dt'terrnines the in(cnlivc w innovate when the value of lht'
innovation is 1101 very high and when tlwrc is significant hCl.erogent'ily in tilt.'

intrinsic CP"it of «Hlsurning the product in the markcl. The innovation incentives
me affccted hy thc warm glow dleCi only iJ the damage caused by Ihe product is
suHici.ently large, wlwrt'as thi..' innovtltinl'l illcclllives are solei}: determined by lhe
cold prickle eHen in markets where lile damage is sullkiently small.

4 - Structural Model of New Technology Adoption with Uncertain
Payoff: The Case of Solar Panels

Hossein Eslami, PhD Student, NUS Business School, Mocbtar
Riady Building, Level 8,15 Kent Ridge, Singapore, 133028,
Singapore, hossein_ed@nus,edu,sg, Trichy Krishnan,
Surendra Rajiv

Marketing researchers have long been intcrested to model the diffusion 01 new
technologies to understand why different Ct.H}$U1l1l'f\) adopt ,ll different points in
I.ime. Howcver, 1l1()deling the underlying learning mechauisill to ,H.lOpt tbe new
technology with uneert"in payoff is an ongoing research fidd. III this paper we
propOSt' a micro lllodelLO capture tht' dynamics of adoption process accounting
lor payoff uncertainlY ond learning. We calit1rme the model using an individual
levd <tHtl on solar adoptions where aduption decision is visibk' to
others, The rcsults of the study w<luld bave implications for rcncwable energy
policy makers,

Thursday, 3:30pm - 5:00pm

• T001
01 - Montreux

Customer Base Analysis
Cluster: Intemetand InteractiveMarketing
InvitedSession

Chair: Shanfei Feng, Monasll Universiry, Department 01' Marketing,
P,O. Box 197, Caulfield East, VIC, .3145, Australia,
shan feLl'el1g@rnonash.cdu

1 - Since You Have Been Gone - Customers Win-Back
Ann-Christin Langmaack, University of Hamburg,
Welckerstritlle 8, Hamburg, 20354, Germany,
ann-christin,langmaack@uni-hamburg.de, Michel Clement,
Edlira Shehu

tn all incrt'asingly competitive markcl CWitnrnerwin-back becoIlws highl):,
relevalll ror managers of nonprofit organiZations (e_g., Bh)od Donation Services of
tbe German Rcd Cross). Especially the optimiz,llioll 01 direct donor contan (e,g ..
by mailings) has high managerial relevance for nonprofit services. [0 this context
it is impt.Htant 10 tJkt' the psychological phenomenon of lict?nsing. into account.
Since reminding people of their past donalions may license Ihern t<> not donale
again. We addrt'ss this by J large t'xperilnent using a rt'prt'sentalive samplE'
of J9.. 000 donors who were inactivc fur at It'ilSI 24 months. In a lx3 experimental
design, we locus on oplimization of direct markeling mailings with res pen 10 the
cmulion.lIl tlnd personal appeal for the respondents ("you have saved a life," "yoll
could saY(' a life," and "blood calnlllt he produced <1rtificially-) lO reactivate
inJClive donurs . .In p.Hticular, we refer to lilt' exact date Jnd location of the
donalion usage. We build on tlle lheory of planned behavior and control lor
blood donation motives, Empirical findings show that our experimenl'al
trealments difkr significanlly with respeClt<> win,back sUCcess (I.e" whether/how
oflen n parlicipalll donated aller Ihe mailing). Against the theory of Iiceusing we
find lhat Ihe t'molionallt-ner locusiug on pasl donation ('YOll saved a Iii,,') leads
to highest reactivation success.

2 - Customer Base Analysis in Social Networks: A Structural Model
Xi Chen, Ph I) Candidate, Hong Kong University of Science and
Technology, Clear Water Bay, Kowloon, Hong Kong· PRC,
chenxinh@usl.hk, Ralf van del' Lans, Michael Trusov

With tlle growth of soda I nelworking websiles and information technology, s<Kial
interaction between CliSLOrners has illlTC.ls{xl rapidly in ren'nl decades. This hdS
irnrOrlant implications for lht:: value or individual customers, Customers
not. only contribule directly to finn',> profits hy purchasing product!) or servict's,
bUI also indireClly through peer influence. In this paper, we (kveloped a novel
measure hJ value ClIslomers hased on a structural choice modd with social
interactions on nel'Vvorks. We deri"Tu the Nash equilibrium of a game
with incomplele information defined by the Ill(.ldel. This equilihrium leads to a
new l,neJsure cJpluring both dircCl and indircG cust.omer value, \Vt' applied the
propos('d model to delermine value of USt'rs in an online social nelworking
website. Por mpdel cstimal:ion, we dt.'velopl'd a siochast.ic Bdv(:.'sianiV1CiVIC
procedure to accommodate large sample sizcs typical in social network
ilnalysis. Our results ((Infirm Ihat the vallie 01 a customer consists of dirert and
indirect sources. Follow-up counlerfaclUal analyses show lhal our proposed

captures the valuc of customers more accurateJy compared to traditional
measures that focus 011 only one source,
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3 - An Empirical Investigation of Interaction between Vertically
Differentiated Channels: Case of Factory Outlet Stores and
Retail Stores

GatKa Soysal, University of Texas-Dallas. 800 W Campbell Rd,
Richardson, TX, 75080, United States of America.
gonca.soysal@utdallas.edu

in thc recent years it has been common practice for retailers 10 usc outlet
stores as a to achieve market expansion and price discrimination. MJny
retaiit'rs design and produce products ,oldy for the outlt·t slores Mid offer lower
quality products at lower prices through this channel. Through this vcrtically
differentiated channel offering, the retailers aim lO allraCt value conscious
customers who would otherwise not shop with Lhl' cornpan}' while continuing: to
St'rVl' higher v(l)umion through the traditional retail rhclnnel. The

channel is offered under the samc brand name (as a brand cxtensioni
10 exploit ule equity of the well-known brand. Howl'ver, ull're an' IWo main
concerns lor rnailers implementing this strat,'gy regarding cross channel
interaction. Callnibali13lion of retail store salts Jnd tl1(' impact of the experit'nce
wilh the lowt'r end channel on lhe behavior of COllSlITIlcr\.
Previous research on brand extensions suggests thai lTlultichannl'! consumers'
experiencc with lhl' oUIl<-t channel (vt'rtical brand l'xlt'nsion) mighl be
detrimental for the retail channel due 10 brand dilution, Using CLlSlOmerlevel
trlll1SaClillndala frol11 an apparel retailcr we investigatc tilt..' behavior of multi­
channel consumcrs through the faclOry oUllt't channel and lhl' rctail store
channel. We find Lhm on average adoption of the factory outlet channel increfl'>t:"s
consumers' spending with the relailer by increasing purchase frequl'ncy. When
we look acmss pre-ollliet annual spcnding distribution. we find some evidenCl' o[
cannibtllinllioll on thl' high-end or tht' distribulil)Tl, but tlS we.: movl' down, thc
overall impact of adopuon on spending is positivc. The oUllet channel is
successful ill capturing incremt'lltal business from custoTllers who would
otherwise not buy much from the regular store channel.

4 - Get Lapsed Donors Back: Assessing Marketing Effectiveness in
Post-Termination Stage

Shanfei Feng. Monash Universiry. Department of Markering,
P.O. Box 197. Caulfield East. VIC, 3145, Australia.
shanfei. feng@monash,edu

Not-for-profit organizations invl'st heavily on rdalionship managcment with their
donors. One of their major concerns is to motivate lapsed donors to give again.
AltlHlugh tht' organi/ations spend lots 01 marketing effons contacting lhese lapsl'd
dunors. il \Vfl'S not clt:ar whether thes," marketing communications were errectivc
ur nut considt'ring the rt.'latively low rdurn rate. LI1 this siudy Ilry to t"xarninc
this dfeClusing clata from a largl' not-for-profit finn in South Asia. The finn
has a regular donation program in which variuus donors subscribe Lo the
organization and commiLtO dona ling cl'rtain amount of money pl'riotiicaJly.
However, lIlt' urgJni7atiol1 did set' many donurs drop (lul or the program. The
organization in various marketing cHorLS (usually using solicitation
mailers and other clirect communications) ttl allract them back to thc program, f
examine the folluwing research qlleslions: Arc there any clifferent't's bel ween
donors who return to the organization vs. who do not? How long doe it tClkc to
rea tivale a lapsed donor? And, in clld, arl'lhc direct markeling
communications playing a significant role'? The paper a proportional
hazard model III answer Lhes,' questions. Interestingly. it's luund thatthc
Inarkcting COllllllllrliGllions did have a positive influence on rt'c1nivdling lapsed
donors. bllt in cl non·linci'lr W,ly. In another word. too many cumrnunicdlions
may resull in negative eflect. The paper draws meaningful implications to
managers in not·ror-profit industry.

.TD02
02- Lausanne

User-Generated Content - III
Cluster: Internetand InteractiveMarketing
InvitedSession

Cbair: Daniela Baum, Ludwig-Maximilians-Universitiit (LMU). Munich
School of Management, Geschwister-Scholl- Platz I,
MLinchen, 80539, Germany. bau m@bwl.lmu.de

1 - Using UGC Traffic for PGC Monetization
Inyoung Chae. PhD Candidare, INSEAD, Boulevard de Constance.
Fontainebleau. France, inyoung.chae@insead.edu.
Paddy Padmanabhan, Theodoros Evgeniou, Kaifu Zhang

Due lO the prolifl'rating content generation trend among onlinl' users. many
wcbsiles have embraced online pial forms to publish user-generated content
(UGC). Thl'se UGC sections allow consumers 10 voluntarily engage on tht'
websilesand gt.:'lwralc trt'JlH."'lldousanwunts of (lHltCnt 8t (Ilmost no cost to them.
but that raises qUt'stions of how the platform provider can derive monetary value
from ule UGC sel1ions, This is particularly ironic for lhose online COntl'n!
providers whost" major n'venue source comes from advertisl'l1lenlS on
their professionally-gl'lll'rated conrent (PGC) sections. as advertisers are often
reluctant to advertise in uec sl'ctinns due to uncertainty ahout rhe content
qualiLy. if hOSting UGe does not wntrihull' to an online·based [inn's
revenue much. and inslead. potentially scarcs away pee users, it may be
advisable to dispose of Ihe uec sections altogether and locus solely on Ihe PGC
sections. Invesligating a large, online portal that hO>ls bOlh PGe and uee
mntenl, we argue that a [inn can deliberately afreci the synergetic elfens of both
types of content by maximizing the role of uec 10 auain and retain users and
then transit thtl1l to tht.' PGC We llIodt.:'l an individual's sequential
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decisions including whelher lO visit Ihe website from PGC or uec sections, to
shift to the othl'r section. and evcnlUally how much PGC wntent to consume.
and investigate whal alfecls these consecutive derisions. Results show the elfeCls
of various r'ypes of UGe l'tIntent (e.g.. forums, hlugs, and albums) and Iheir
characteristics on dillerent decision stages. We also show the differcnt effeCls of
two types of t'untenl to shiltlhl' bouncers, who proportionally account fur more
lhan half of the entire populalion of users compared to the multiple-time visitors.

2 - Managing the Crowd: Prize Structure and Creativity in Online
Idea Generation Contests

Johanna Slot, PhD Candidate. Tilburg University, Warandelaan 2,
Room K 1028, Tilburg, 5037 AB, Nelherlands,
j.h,s!ot@tilburguniversiry.edu. Raji Srinivasan, Srefan Wuyrs

With the emcrgcnce of Web 2.0 technologies. online idl'a generation COlllestsare
growing in popularity. We examine the effect of the prize structure of online
conleStS on the creativity of idea generation. We develup hypulhl"es relaling the
tOlal vallie, numbl'r of prizes, and the variance of the prizt's (prile spread) to
tht' creativity or idl'as generated in the CllnleSIS. Wt..' test the hypothese using <Iatd
on 106 online idea generation conlests alld find that lotal prize value and Illnnber
of prizes increase idea C1't'alivily.whi'" prize spread decreases idea creativity.
Furthermore. the l'fIt'CtSof prize structure CharaCll'ristil'Son idea crealivity are
lmerdepcndt'lll. '>pollsorswho cue unahk to offer a high lulal prile value
can incrl'ase idca creativity by having many prizes of low value. Contest sponsors
should strive to set prizes of equal value as prize spread decreases idea creativity.
especially for wnLests with few wizes.

3 - Investigating the Interplay between Online Consumer Reviews
and Recommender Systems

Daniela Baulll, Ludwig-Maximilians-Universirat (LMU). Munich
School of Management, Geschwister-Scholl-Plarz I, Munchen.
80539, Germany. baumCej>bwl.lmll.de, Martin Spann

Online consurners face various difficulties in their purcha;)c decisiun making. Duc
to the huge selection of produCls and the vast amount of information availablc,
making the Jight decision and finding the product that fits cuslOmers' needs best
may be challenging, Online retaikrs and website providers lherefore try to
support potential customers in their decision Jllaking by providing
rt.·(:ommendalions gt'lleratl'd by [orrner conSUIllt"'rsas well as rccommendath)ns
generated by recommcndt'l' Previous research already analyzed the
impat1 or online consumer revil'wS on COllSlIrner behavior as wdl J<; the influt'lH.:C
of prOVidergenerated recommendalions. The goal of this Study is to analyze the
interplay bt,tween reviews al10 recommender systems on consumers'
deci\ion making. We analyze data of an online experimcnt manipulating Ihe
provision ()f consumer reviews and provider generatcu recommendations ror a
represt'ntative sample of online conSllnll'rs. We find that recommendations do
posilivt'ly inrJucnce consumers' purchast.:'decisions while recommendations or
dHfert.:'111 sources have a llt..'gative inlt:fdCtionerrecl. furthermore, we rind thaL
source credibility positivdY· influcnces consulllers to foll'lw the rccommendation.

.TD03
03-Bem
Social Media
Contributedsession
Chair: Mark Kilgour, Chairperson Department of Marketing. University
of Waikato, Waikato Management School, Private Bag 3\ 05. Hamilton,
3240, New Zealand. kilgour@waikato.ac.nz

1 - Art Marketing and Art Management Adapting the Mathematical
Model of the Hit Phenomenon

Kawahata Yasllko. KYl1shu University, Ka lIyagun Shinguulllachi.
Simollof1l5-8-28, FlIklloka. 811-0112, Japan,
pllrplemllkadesan@gmilil.cum, Ishii Akira

For art marketing wday. we can able to observe thl' response of pcople using
inlenll't like weblog, Facebook. Twiut'r ele. Th,'rermt', an activities could say lhat
it bl'came possible to sce the degre,' of advance and diversity of the influence
which it has on society, or promolion of cultlll'e and an. Malhematicaltheory for
hit phenomena III is the theory 10 model response of peoplt' in sOlieties using
statistical physics and it can be applied successfully. The key elemcnt of
uf lhe Iheory is tht"' daily advcnisemerll, direct communication (communicalion
with friencls) and indirect communicatjon (rumor). OlltPUt of the lheory is the
daily purchase intention of people. The calculated daily purcha e intention can be
cnmparl'd with the obserVl'd daily number of postings on twiller and blogs. By
the wedin ion and analysis using Ihis melhod. Ihe route for spreading culll.lre and
art can be considered more briefly. For example, the show lIsillg what an
museum, museum. and puhlic facility should be held in U1l' timing o[ when. or
advertising tinting Cind an advertising quantity can also he considered. Moreover,
it is al'1c for performing the art activities of what kind of colltents to make it an
index whether 10 be connected with the outreach Lo peop1l' who arc not
interested ill an, and to refer 10 il. From the real data on social media. we can
analyse Ihe strength o[ advcrLisernelll effects for TV. newspaper, net-news ites
and Faccbook separalely. [II A,ishi;, H.Arakaki, N.".latsuda, S.Umemura.
T.Urushidani. N. Yamagata and N.Yoshida. I ew Journal of Physil'S l4 (2012)
063018 (22pp) "The 'hit' phenomenon: a malhematical model of human
dynamics interction as s stOchastic process." Previous studies for box office in
rnarkcting science arc referred in ref. 1.
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2 - Is a "Social" Media Future Anti-Social?
Mark Kilgour, Chairperson Department of Marketing, University

of WaikalO, Waikato Management SchooL Private Bag .3105,
Hamilton, .3240, New Zealand, kilgour@waikalO,ac.nz,
Sheila Sasser, Chelsea Lockwood

Social fJ)tdia has evolvcd l,)vcr the past few yCcJrs to emerge (IS an important new
media format without rcquisitc scrutiny, accountability or longilUdinal rcsearch.
As individuals i1nd flrgani7aLiolls around the world rush to plan, devdop and
implement integrated media campaigns, there Jrc still questionahle anJlyli.cs
issues surrounding sotial rncditl. EVl'n as some cornpanics art' moving quickly 10

keep pacc with constant changes in Ie.,) devclop $o(iallllCdiJ strategies,
l"fHUrOvcrsics cnnlinuc Lo arise rclalt:d 10 social Lllcdia SCgll1CIlIuliofl
and privacy issues. Thc findings of this paniculJr social mcdia rcsearch highlight
diffcrelHTs in sodJI,nt'dia ,1lTt'IHiHICt' and appropriateness Clrros,;a longitudinal
time I"fallle through J triangulation or participant ()bSerViltion interviews. Delphi
expert techniques and anthropologicJI mcthod,. Various samplc grouJls
rcpn.'Sl'llling diffC:.'ITIlIdelnographic, occupational profil('s art' qucrit'd ill
two cliffercnt countries. 'ihowed disparate Jl.titudcs ami acceptance
of social media dominance, J\1uch more research is ncedt'd to beller lIuderslllnd
how this lllediJ worhs Jnd henv it is iJ1lcgraleo across vurious mcdia usage
(ontexts, as pan of the rru.:dia mix. Gn.'iller Ul"lCkrSlandingcan COllle from past
theories underlying st,KiallJchaviours and in particular areas 01 irneraclivity,
uSt"r cOlllrl.lL rel.llionship markeling, l'ngagcment, and lTIotiV.lliol.l.Granted Ihm
social media has hougbt abtult a radical change in how billions of people
communicate and some thal it is changing the very cnVirOnJll(;'nt in which
we interact. Given intefCIctit1r) is 1110:=;:t fundamental of human behaviourc.;, the
consequcnces will be signiricdnt. T}l{'s(' potentidl consequences dfC not just in
terms of how people engJgc Wilh businesses Jnd each other, but .:Jlso how
hUlTItlns hehave and lhink in Ihis SOcidl media era. This sllJdy is d Ct.HllinllJlion of
a scries of studies. Prior studies worked to\-vard uncovering a model of how
mediil chilllges Ollr basic conlllHlllication Jnd interactive processes, This model
le;id 10 ol o[ aboliL the pOlerJlial [utun-' thai social media is It'ading
us to. In order to gain an undcrstanding of that futurc, a Delpbi study of social
media experts was pJnelled to elicillhcir opinions. Preliminary resulls provide
significant in,ights into that fUlllrc.

.TOO4
04·· Monch
Panel Session: Modelling the Behavior of Decision
Makers: Structural Models, Agent-Based Models,
Bayesian Models and Beyond
Cluster: SpecialSessions
InvitedSession

Moderator: Rosanna Garcia, Associate Professor, Ntlrtheastern
Uniwrsity, DfArnon:-MeKim College ll[ Business, Boston, MA,
United Swtes of America, r.garcia@neu.edu

1 - Modelling the Behavior of Decision Makers: Structural Models,
Agent-Based Models, Bayesian Models and Beyond

Panelists: Rosanna Garcia, Tulin Erdem, Eitan Muller, Perer Filder

Thert' art' llunwrous ways 10 model agenrs' decision making; sOllie art' more
corn:CI than others, given a particular situati(lO, This spedal sessioll brings
together markcting thoughtleadcrs to discus, different approaches to modeling
decision.makillg. 6<1('h speaker willlHC\Cl11 advances in their area of expertise. A
discussion will follow under which siluations is Ihe proposeJ method
be,tused and what pitfall, to avoid when using thc modelling approach. The
inlent of the session is LO gencralc a ,>pirlted, hut rrkndly, dis(uSSlnn on
how one method or anothcr is bcst suitcd Jnd/or used.

• T005
05- Montblanc

Emerging Markets and Beyond
ContributedSession

Chair: Parrick Poon, Lingnan University, 8 Castle Peak Hoad,
Tuen Mun, Hong Kong - PRC, pinpOOl1@]ll.edu.bk

1 - Market Drivers in an Emerging Economy
l.alley Mac, Universily llf Macau, Avellida Padre TllJl)as Pncifil,
Taipa, Macau, lancyrnac@llrnac.tr1lJ, Felicitas Evangelista

Market driving strJlegy has considerable atlention in the stralegy
literJturc with a spur in till' numbcr of firms that displayed competitive bchavior
that is Jblc to transform thc markct in favor of their competitivc cdgc. Wc
conducted a qualitative ,tudy with tIlt' objcCtivC of (·onct'ptualil.ing thc construct
'market driving hy investigJI ing lhl.:' market behavior of thest' l1:lilrkel
drivers: in an emerging market. drivers .He firms tJ1ilt are able.:: 10 create
radical innovation in term, of cithcr products/services and/or markcting and tlllls
ahle 10 change and lctld the rnarh'L. rn·depth inl('rvitws w('re COl1dUCICd wilh
busincss-to-business tinns who are kl'y industry leaders in China, Result,
rcvealed a number of distjnguislwd characteristics ll[ market drivers. MJrkct
drivers !lot only have acute understanding of (heir CUSlomers, they afC (lISt)
proactivc in 01 Jnticijlating problems and cmcrging nceds of thcir
custumers. Thl'y also work closely with thcm to initiate ncw producls/services
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tailoH'd specitically III them. Most importam ,)f JII. thcy providc tOtal solutions
specific to till' making it difficult [or customers to switch to olher

Our findings rOmplCITlent and add new insighls 10 prl'ViOll,)
conceptualizalions of flltlrkel driving strategy whidl focus on
(Narvcr, Slatcr dnd MacLJchlan 2004\ and ovcrwhclming cnstol1ler's expeetJtions
(Jaworski, Kohli and Saltay 2000; Kumar, Sdwl'r and Kotler 2(00). Our linding,
also suggest (hat being market orienled is an eso:.;elltialpre·requisiLC rOt successl'ul
implementatilln of a rn<lrket driving Slrat('gy among thes(;' industrial firms.

2 - How Consumers' Subjective Knowledge Shapes Preferences in
an Emerging Market: The Chinese Car Market

Lixian Qian, Xi'an JiaolOng-Liverpool. University, III Ren'ai Road,
Suzhou l!ld ust rial Pa rk, SUl.hou, 215123, China,
Iixian.qian@'xjtlu.edu.cu, Didier Soopnnnanien

Whilst car markcts in 1110st devcloped economic, have cxperlenccd limitcd
growlh llwinly dill' to the financial crisis, the Chines{;' (ar 1TI1lrkei has
cxponeillial growth in tlw past decade. In 2010, China Icapfrogged the US to
bCOJlllC the biggest auI0IIlobile market in of vehicle sJ,lt.'s. However, a car is
a new product [or the Chincsc. A reCent McKinsey Quarterly repon (20t2)
'Building brand in Emcrging iV'Jrkct,' stJted lhJt 60 pcrcent o[ car buyt'rs in
China werc going to buy thcir lirst CMS lhis ycar. Thc kn()wledge that consumcrs
have about J product influt'nces their search which,
inflnenccs tWO kcy dccisilll1s whieh are particularly relcvant in the contcxt of thc
Chincse car markct (a) whcther to ll1Jy a car and (h) what tl'Pt: o[ car to buy.
HcscJrch on consumer kntlwledgt' is pJrtkularly relevant when consumers arc
learning about a new prod un. InICrl''$(ingly, II 1.1(;'(0111(;'5 important La recognize
thai consumer knowledge level can llsed as a st'grneruarion variable bt'cause
diffl'rent groups of consumer, have different levl'i, of knowlcdgc about titC new
product. Our rescarch empirically lTJodels how subjectivc knowledgc influences
consumcrs' dccision to buy cars and thc type of car, thatthcy buy. Research on
Cdr I11C1rkel prderl:'f1ct,-'sin many mdlure market.') (JELen ignore how consumer
knowledgc innucnccs prefcrence, for CJrs bccause such a product is familiar w
mt)':;L in markets. Vye Ul'I11(lI1Slrate lhat it is important lO include
knuwledge level Jnd its impact on consumer car preferences in emerging markels
like China. Implications [or car manu fact lifers in lerms of thc marketing strategy
to address tht, nt'eds of differen1 groups of consumers art' also highlighted in lilt'
research.

3 - Country of Market Effect in China
Shenyll Li, Assistant Professor, Shanghai University of Finance and
Economics, No.777 Guoding Road, Shanghai, 2004.3.3, China,
Ii.shenyu@shufe.edll.cll, Rong Huang, Siva K. Balasubrarnanian

We propose and te,t a Illodclol country of market effcct, which rekrs to the
consumer', t,) a product marh'ted in a pJrticular country. We conduct
an experimcnl of 2 (country of mark"t: U.S. and ChinJ) x 2 (country of
manufactllrt':U.S. and China) x 2 (product: printer vs. printing pJper) between
subjt'ci cksign to explore tht, dnd boundary of thi,> effect among tIlt'
Chinese consumers. We found U.S. as a dcstinalion market pOl)iLivdy inrJucnces
consumcr', purchasc intcntion. Thi, effect i, reduced if the product i, made in
U.S. Moreovcr, thc design image and innovation imagc of U.S. as J country of
market positivdl' medi,lte Ihe colllllry of market eHcn. It implics that U.S.',
dcsign and innovation images might spill OV('l" to thc Chincse markelcrs in U.S.
wilhin their home country. Moderated mediatioo anJlysis shows that cOllr1lry
of market dku i, conditionally mediated by the pridc imagc given the prtlduct is
mJnllfaClured in U.S. This resuh dt'monstrcl1es that only purchasing product\)
made in U.S. and Il1Jrkel.ed in U.S. might induct' Chinesl' consumer's pride.
Additionally, counlry of manuraClurc effect mediated by the inllovatioll image
but not the cksign image of country of manufacture. Hencc products made in U.S.
art' perceived to be IlhlrC innovmiv(' and influence consumer's purchilse
inlention. It implies that consumer\) believe IhJI U.S. maoufaciluers
withhold thc innovativc tcchnology if the product is made in China. However,
the design imagc beJrs no di[fercncc betwecl1 Chinese and U.S. manufacll.lrcrs,
Finally, the pride imagc I1cgJtiwly Illediatcs the wuntry olmJnufacture effl'ct
when the country of market is Chind. This result Chinese COnSlll1lt'r'S
t'lhnoCt'Lltrism in that Ihey [cd proud of purchJsing prodlH.1S rrlJde in China if
markcted in China .

4 - Consumer Animosity and Brand Country Association:
A Study of Chinese Consumers

Patrick Poon, Lingnan University, 8 Castle Peak Road, Tuen Mun,
Hong Kong - PRC, patpoon@ln.edu.hk, Lianxi ZllOu, Chun Zhang

Prior research hilS indicatcd thtlt consumer dnirnosity has negative impact. on
consumers' Willingness to purchasc foreign products from a particular country.
This study aims to examine tht' moderJling role of brand country association in
the effeci of conSlIlnt'r animosity on COn511111t"rpurchase intention for fordgn
pruducts from In offending country_ Irt addilion, individual thinking styles art' in
turn expectcd to innucncc the moderating dfecto[ brand ("oulllry association. fn
this slLIdy, it J {consumer animosity: high, low, and (onl1'ul) x 2 (brand t'OlHltry

JSSOci,llion: high \'s. low) x 2 (thinking stylc: analrtic vs. holistic) between­
subjects factorial design was conducted, ISO adult consumC'rs wert' randomly
recruited in mainland China. In gen('l"al, the results support the proposcd
hypolhc,es and find thatth,: higher the brJnd country as,ociatilll1 with an
offending <"Ountry, the greatcr thc ncgativc <1l.timosityeffect will be. I'll.nhermorc,
when the nll'1511IllCfS' IhJnking style is analytic, t.he moderating influcnce of high
(vs. low) brand «mIllry association on effect of conSUlTIt'ranimosity will
augmentcd. On thc other hanel. whcn the consumcrs' thinking stylc is holistic,
tlte moderating influenct' of high (v,. low) brand country associJtion on the effect
or consumer animosity will be wt'akened or ullchanged, Managerial implications
[or the formulation of brand manJgemel.1l ,trategies regardil1g the negative crfect
of ConSUl11crJnimosity are discnssed.
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Online Consumer Behavior
ContributedSession

Chair: Selin Germirli- Yerebakan, Bogazici University, 34342 Behek,
Istanbul, Turkey, selingermirli@gmail.com

1 - Impact of Negative Online Reviews on Consumer Purchase
Intention: Based on Product Information

.ling Qiu, Zhongnan University of Ecnnomics and Law, ZUEL of
China, Wuhan, China, qjingJ 07@[oxmail.com, Van Xinliu

Thic.; paper introduces lilt, impact of negative online reviews on consumer
purchase intention from the dimension of t1w product information. This sludy
Wit'S Lilt' experirnentalIlH ..'lhod, and analysis the irnpacl of producl information
which is divided into tangible and intangibk altribult's of online
reviews on conStlllll'r purchase illlention moderated by the type of product type.
Results suggest that the product information of the negative online reviews has a
significant effect on ('OflSlIIlH;'f inlerlliol1. Product type has no significant
moderating crfeCt between product information of t.he negative online reviews
and purchase intention.

2 - A StUdy of the Effectiveness of Online Scarce Promotion -
Comparison of Planned and Unplanned Buying

Xishu Zheng, Zhongnan Univcrsiry of Economics and l.aw,
Zhongnan University of Economics and Law, Wuhan, 430000,
China, chrisvinie@hotmail.com, Nian Lin, Li Zhao

Promotion can slimulatc' consumer's unplanned buying which is regarded as the
rn41in source of sales growth, illllay increase planned
buying shortfall as well. On one hand. online scarce promotion more significal1lly
influt'nct's consumer's unplannt'd buying and pldnned buying shorlfall; pn the
other hand, rrequl'1l1 Jnd continuing online promotion v\'cakcns its marginal
perforrndllce. Unckr such cirC\.lll1SLc3ll<:C,il bl'CUIT1('S imperalivt' for us to ascerlain
whether online promotion can contribute to the growlh of consumer's
purchases by conlparing the cHect of online scarce promotion on planned buying
and unplanl1t'd buying. Our empirical <lnalysis show that online scarce promotion
can decrease consumer's planned buying sllOrtrall. and also COl1)umer's
unplanlll'd buying, thus adding to consumer's ilclual buying relative to their
intended purchases.

3 - Social Shopping Motivation: An Exploratory Study
Selin Gelmirli-Yerehakan, Bogazici University, 14342 Bebek,
Istan bu!, Turkey, selingermirli@gmail.com

For many YCClrs researchers have drawn attelltion to the importance of social
moLivations in shopping. More recenlly, is becoming one of the
major ways in which people sodalizc' by the rapid emergence of Web 2.0,
provided an increasing growth of social networking site; (SNSs). Social shopping
emerges as the lalt'st innovation in online shopping and combines social
networking with online shopping. The distinctive feature of social shopping is ilS
plJwt'r of enhancing online shupping. experience by providing sudul inlcraction. [t
provides a platform that a customer can utiiize to interact with other customers
through a collaborative online network. The aim and scope of this paper is to
explore Ihe motives that lie behind social shopping viii qualilative approach. For
this aim, qualitative research is prderred, since becaust' of its exploralOry nature
it is very usl'ful before hypotheses are tested more rigorously by quantit.ative
research (Bryman. 1'188). During the research, Ihree focus group interviews and
three in-ckpth interviews arc conducted. The samples arc sdected regarding their
wide knCll'Yledgeon social shopping weosiles, and Iheir extensive involvement in
social shopping on a ft'gular basis. Tht' findings show that six dimensions cmergt'd
that arc; information seeking. new socio-networking. need for opinion
expression, opinion comparison. social bn.H.vsjng. and entertainment. These
motives indicate that. consumers engage in social shopping in order 10 seek
infonndtion, inlt'rac.t with olher shoppers, express and compare opinions. follow
up trends. and be entertained. This study e'tensivcly discusses these dirnt'nsions
and providt's an insight into the social shvpping motives.

.TD07
07- lV1onterosa2

Marketing Metrics
ContributedSession

Cbair: Ofer Mintz, Louisiana State University, 2117 BEe.
Baton Rouge, LA, 70803, United States of America, omintz@lsu.edu

1 - A Dynamic Multilevel Structural Equation Model of Key
Performance Metrics

.loonwook Park, Assistant Pro[essor, Southern Methodist
University, Cox School o[ Business, 318 Fincher Building,
Dallas, TX, 75275, United States o[ America, jpark@cox,smu.edu,
Seoil Chaiy, Seokoo Lee, WHliam Dillon

Conducting custorri r satisfaction tracking today is commonplace as empirical
evidence clearly sopports that CUStOmersalisfaction has positive impact
on firm·s performance metric. While the rellirns from customer satisfaction
trarking are clt'ar, how best tu gain insights from such surveys is not at all clear as
th<.:.' structure of Olstomcr satisfal'lion data presenls Slimc uniqu<.:.'modeling
challenges. Although most customer sali;faction tracking is wnducted over time,
it typically has a Cross-Sectional Time Series (CSTS) data strurlure in which
I11cnsurements or the same metrics ilrc colkcted over time but on a cross section
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of respondents with a nested structure. However, typical anaiysis ignores this
structure and either takes a cross sc<:tional or a time serics perspective. The
forI11l'l"dpproach fOCllst's on understanding the dt'tf'rminants o[ custOlner
salisfaction within a given wave, whereas the latter approach aggregates across
respondents ror undcrstanJing the trends over limt'o Both approaches, however,
are suboptimal ill thc Sl'Il$C lhat thc cross-sectional perspe<.-live the
dynamic mechanisms or CUSlOIllcr satisfactit)n mt'trics and the longitudinal
pt'rspc:'clive ignores customer heterogeneity. WI; propos(;' a model that can
accommodate both dynamic and cross-sectional aspects of customer saiisfaClion
tracking data simultaneously, To achieve this goal. we develop a new dynamic
multilevel structural equation model in which customer heterogeneity is modded
with a time invariant fador Structure nested within brand and introduct' a latt:>nt
state space dynamic specHicalion to Ihe ('volulion of the determinants of
customer satisfaction al the orand level. We test the proposed model in che
context of a large customer salisfacLion swdy in automobile category.

2 - Contributions of Quantity and Quality of Marketing Expenditures
on Firm Performance

Eric Eisenstein, Assistant Pru[essor, Temple University, Fox School
Business, 527 Alter Hall, Philadelphia, PA, 19122, United Stales of
America, eric.eisenstein@tcmple.cdu, George Chressanthis

Over tht' last dt'cade. nllllWrOUS scholars in marketing have emphasized tht'
importance of quanlifying the financial returns from marketing activity. Implicit
in this endeavor is the asslllnplion that it is not merely the amount spent on
markt'ting, but how intelligelllly the mark.eting budget is spent that matters. II"
nothing else, marketing researchers believe that puolished. validated techniques
are Iikdy superior to ad hoc In this research. we usc a llovd dataset
in an allempt to quantify the relative contributions of a number of variables to

returns on marketing invesuneut. Specifically, we examine; scale (finn size),
t.'xpendilllres on direct marketing Clclivities (e.g., managerial spall of control. pay
III salesforce, expenditures per salt'spersonL expenditures (In hack-end marketing
aClivities (e.g" markeling research. statistical analysis, segmentation, qualllitative
methl)ds), and we estimale the role of "so It" aspects of the corporation as well,
including cultural measures or lUl10vativeness and responsiveness. A
disl inguishing feature of our an,llysis is Ihe granularity of the firm-level dataset.
which is composed mainly of data directly from Ihe companies under s1Udy,
augmented by equally granular data gathered from experts on these companies.
Our results that almost all. items we lTH..'asurc an' predictive of o1.>jt·ctive
performance. Furthermore, the data support hypothesized interactions that
collectively reveal the value of inveStlllentS in markeling buth in quantity (Le ..
dollars spent) and quality (i.e., how money is speut).

3 - International Managers Metric Use: Antecedents, Consequences.
and Contrasts with U,S. Managers

O[er J\;\intz, Louisiana Stare University, 21 17 BEe,
Baton Rouge, LA, 70803, United States of America,
omintz@!suxdu, Imrall Currirn

In contrast t.o earlier work which reports drivers and cousequences of U.S.
managers' melric use. this paper investigates drivers and consequt'nces of
illlernatiofl.ll managers' metric use in decisions. \Ve address two
unique queslions. First. do five country-level regulatory and cultural variables.
regulatory disclosure requirements. uncertainty avoidance, power distance,
individualism. and orientation. explain differences in international
managers' metric use? Results indicate Ihat increased courtl.ry disdosure
regulatory requirements, lillct:nainty avoidance. and long-terrn orientation
decrease metric usc and arc more powerful in explaining differences in
international managers' lIletric use than power distance and individuJ1ism.
Second, do differences exist between drivers and consequences 01 international
and U,S. metric use? In addition to the aforementioned country-level
drivers, our resullS indicate significanl dillerences in metric and marketing­
mix performance hetween inwrnalional and u.S. managers based on a numoer of
rnanagt'rial, finn, t'nvironmc.nlal. and decision variables. Our
results alhH-v us to idenlify conditions under which intt'rnationa] managers are
less likely to lise metriC's and suggest strategies 10 increast: mt'lric use in such
settings.

4 - There is No Single Best Measure of Your Customers
Evert de Haan, Rijksuniversiteit Groningen, Neuelbosje 2,
Groningen, 9747 AE, Netherlands, even.de.haan@rug.nL
Peter Verhoef, Thorsten Wiesel

New CUSlOmerfeedback melfics arc introduced frequentl}', which promise to be
oetter predictors than l1lt.'trks, althuugh proof for these
statemc'nts is often low. A popular example of this is Ihe Net Promoter Score
(NPS) by Reichlwld (200'». which has since gOllen quite some attention in
ousiness and scientific literature. More rerently the Customer Effort Score (CES)
by Dixon et al. (2010) has been introduced. This melfic has been introduced as a
vt'ry promising new Il1t'tric lllat outperforms existing rnetrics such as custo-mer
satisfaction <1nd the NPS. The of our study is to compare these di[ferent
cuStomer feedback metrics with each other. and test their abilities 10 predict
cburn and changes in share of wallet and loyalty irtl.entions.ln our study we usc
dilta from a widc' range of Dutch custolllt'rS from approximalt'ly 100 differem
companies across 18 industries. Multilevel models arc estimated Ihatlook at the
finn- and custlllner level effects simultaneously. An importanl finding is that the
CES docs not deliver what it promises: customt'r satisfaction, NPS and loyalty
intentions outperform CES in terms o[ predicting future customer behaviM. An
important reason for the low predictive ability of Ihe CES is that the underlying
question only applies to a specific part of the cust<>mer base. Another reason is
that the CES only says something about a specific part of the wbole Cllstolller
service experience. We do find that the e[fecliveness of Ihe metrics differ per
industry and situation. Using clifft'renllllt'trics does improve
predictions significantly over the use of single metric models. Contrary to what is
being said by for instance Reichheld (200'». using a single metric is Ihus not ideal.
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Dynamic Pricing I
ContributedSession

Chair: Lu Qiang, City University of Hong Kong, pnOI, ACAD, 83 Tat
Chee Avenue, Hong Kong, Hong Kong - PRC, qianglu@(ityu.edu.hk

1 - Advance Selling When Consumers are Heterogenous
Xnbing Zhang, HK Polytechnic University, Hung Hom, HK, China,
msxubing@polyn.edu.hk, Yulan Wang, Bo Jiang

Advance selling o<.'fllrs when sdlers allow buyers to purchase at (1 lime preceding
ronsllmplion. Electronic tickets. smJrl cards, online prepayments, and other
technologiccJl (IdvanCt'S make advance st'lling for many, if llot a'l1. service
providers. Xie and Sliugafl (20() I ) have initiated an increasing research interest in
adverst' selling in marketing. fn their model. howcv(;'l'. the demand is eXlremdy
elastic (they assume that there Jrc only {)ne type of each «)nSUl1l('f

buy:,> J unit or pro{lun subject to lH."r willingness 10 pay) dnd so eitht'r ..111
COtHumers buy (in the advance selling period or in tlK' spot selling period), or
nobody buys. In this rest'arch, Wt.: eruploy a rnon;' realistic moth.'l with a linear
dt.'nlaIHl Due 10 lhis consumer heterogeneity, our lllouC:.'lt'xhibilS an inleresting
f.·quilibriul11 in which SOI11l' CO!lSUfIWrS choOSt, nol to purchase in tht' advance
selling period but end up making a purchase in the spot selling period if their
valuation of the product is rC£1!ized to be good. A new set or insighls into advance
selling art' offt-red. some of whirh are in sharp contrast to of Xie dnd
Shugan (200 I). For instance, Xie and Sbugan (2001) show that advance selling is

if the firm's cosl is very small. whereas we find thal advallCl->
selling is more profitable the smaller the marginal cost.

2 - Advance Versus Spot Selling with Consumer Anticipation
Rajiv Sinha, Arizona State University, 9643 S Dateland Drive,
Tempe, AZ, 85284, United States of America, rajiv.sinha@asu.edu,
Fernando Machado

Recent studies show th.lI individuals frequently engage in mental 'time travel' by
antkipatillg the pleasure or discomfort of future;' experiences. These abilities
rTlJUcr becaust.: they influl'nct' current decision making of consumers. We develop
pricing J110delsand derive new results to show that this Jnticipation utility
provides a flltinllJIt for JUValHT Our analysis, in tht' contexl of a
monopolislic finn [acing: heterogeneous consumers, shows that [irms call
optimally use a combination of advancl' and spot selling lO discriminate betwt.·en
anticipators and nOll-arIlicipalOrs. Int<:.'rt'stingly, (harging similar pricC:.'s under
both advance and spot selling Cd 11 bl' a good approximation to such discriminatory
pricing policies. We also demonstrate that the presence of anticipatory utilily may
prOVide firms with incentives to stratcgically rest riel product availability in Ihe
spot market, a potential cxplanCltioll ror tile rt'(ellt shortages of iPhoue4 Lind iPad,
Finally, we teSI and confirm our theoreticJI results by studying the relationship
between tlw disposition towards anticipatory 111ilityand pn...·on.kring bt'ht:lvior in
a random sample of ovcr 600 ('onsumcrs.

3 - Dynamic Pricing of Seasonal Goods: An Empirical Investigation
into Optimal Price Paths

Shalltanu MlIllick, PhD Candidate, ESSEC Business School,
Avenue Bernard Hirsch BP 50105, Cergy, 95021, France,
sbantanll.mullickC<llessec.edll, Nicolas Glady

\iVe develop () ll1Ddt'l to estimate SLOrc level, lirne v(lrying price sensi1ivities which
permit LIS to infer oplimal dynamic prices fllr seasonal goods. Seasonal goods are
sold over a finite season and have limited availability. Analylkal sludies have
demonslrated that. depending on the composition of customcrs, optimal prices
can incrt.'dse or dl:'creasc over time ilnd have also establis,l1l'u the relationship
bel ween optimal dynamic prices and price scnsillvities. We dcJinc customer
heterogeneity Jlong two dimensions: lheir valuatlon ur the product and Iheir
degree nf patience (waiting costs). The dil'lering demand environment lor
seasonal requires Wi to develup a l'lexib1l' dynamic hierarchical linear
model. We find thai optimal priees, alt.'r the peak sJles fwriod, should be

if. a sture has predorninarllly palien!, high·value CUSlnrners; wherl'as
optimal prices. after the peak sales period, should be decreasing if a store has
pred,)minantly patient, low-value customers. Our results indicate that to set
dynamic prices optimally, sl'asnnal goods relailers should exploit diflerences
across stores in rOnSlll11('!' characteristics,

4 - Dynamic Pricing with Evaluation Cost
Lu Qiallg, City University of Hong Kong, P7701, ACAD,
83 Tat Chee Avenue, Hong Kong, Hong Kong - PRC,
qianglll@cityu.edll.hk, Wei-yu Kevin Chiang

Wt.: a firm st'lling a new producllO a markct wherein customers arc
abollt their valuatioll of lht;, product. This llIlnTtainty can be resolve::d

through a costly search for product inftlTlttation. The market consists of IWO lypes
of consumers who differ in their altitudes towards risk, and thus the incentives
whirh 1l1lH.iVJtethem to in information st'.Hch vary. Thefe lWll periods
over which the finn can dynamically adjllstthe price to selilhe product. Based on
the price offered in each I'c'riod, the cllstnmers choose eilher 10 search, to buy, or
Il()l to buy. vVe cxamine the optimal irttt'rtl'rnporal pricing stralcgy under such
sellillgs Jnd provide insights illto how Ihe finn should induee the custo1lters 01
each type to over time.
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Advertising Creativity and Ad Content
ContributedSession

Chair: Leo Paas, VU University Amsterdam, Boelelaan 1105,
Amsterdam, 1081 HV, Nerherlands,

1 - How Advertising Creativity Interacts with Brand Strength:
A Field Study and Eye Tracking Experiment

Scott Koslow, Professor, Macquarie University, Room 639,
Building E4A, Norih Ryde, Sydney, NSW, 2109, Australid,
scott.koslow@mq.edu.au, Abmed A[-Shuaili, Mark Kilgour:,
Sheila Sasser

Are creative ildvcniliCI1H.'l1t()more crfeclivel And for what kinds of brands is rhe
effect strongesl? We that creative advl'nising [or major brands (i1l"1 put
consumers orr bt'causc they olready know a great deJI about lhest' lJrJnds.
However, consumers know little about minur brdnds so consumers' mt'muries ,He
a blank slal(: UP(Hl which creative advertising can write. Thus, creativity's crk'ct
cao be positive for minor brands, but negative for major ones. To inv.'stigate
runher. \lve $wn.ed with d ricld study industry dilta and 1hen cOllrirrned the
dft'cls in an eye Iraeking Induslry dala show that campaigns that
win (lwards for effectiveness also tend to \-vin awards [or creativity. Howt;'ver,
there art' clear differences in brand position. tt seentS difficult lor minor brands to
win cffl'<:tivenl'ss av·...ards without. dlso winning creativity awards. but major
br<Jnds can win cHecl.ivcuess <Jwards withfHl1 Illllch appareu1 cn'cllivity. lu an ey('
tra(king experiment, we confirm Ihat creative ddvt'nhing Icads to higher levels of
Jtlention and that attention leads to Ilh)re positive attitudes toward the

More CH'ati\'e advcrlis('JlH:nls als() liked, however,
Jtlitudl' toward lhe brand dirrers between major and minor brand,. Por minor
brands, the elfeer of creativity is positive. but lor major ones, the efleer is
negative. A parJllei cflcet is Seen in meJ110ry as well. Although creativity had no
d'feCl on I'ret' recall, creativity enhanced ad and brand recognilion for minor
brdnds. but creativity reduced Ild and brand recognition [or major brands. An
advertising strJtegy that emphasizcs rreaLivity lllay be crili<.:ally important to
minor brands' advertising, but major brands need to ilpproJch a c[eJt:ivity­

advertising strategy with caution.

2 - Application of Elaboration Likelihood Model to Single Source
Data to Forecast Behavioral Transition

Satoshi Nakano, Assistant Professor, University oJ Tsukllba,
1-1-1 Tennodai, Tsukuha-shi, Japan, nakanosawshi21@gmail.coltl,
Fumiyo Kondo

Elahoralion likelihood model (ELM) has been studied for many years as a modd
that nmSlll1lers who received persuasive communication perl'orm information
processing JI the of purchases. tJ1C1t COnSlIJ1H:rs[ollow l.wo
rnutes or differenl information processing. Le., lhe rOUle" or (he
"peripheral route" based on the presence or absence of tlte 'ability' and the
'molivation" to PW('t'ss informal ion. Ivlorioka (2009) applied the wncq)1 o[ ELM
10 singlt' source data hy using a binomiJllogit models. In order to improVl'
Morioka's EU..\, we propose a hierarchical Bayesian biJ1omiallogil lTJudd III

analyze the diffe-Tc!1et'Samong six hierarchical parameter groups that were
c1assili,'d by wute dnd initial state: (1) celltral wute or peripheral mutt'; (2) t.he
initial statt.' of <1ttituuc>behClvi!)[ group, recognition group, buying
expc'rience group). The variables ()[ change" fro ITt brand recognition 10
pnrchasing behavior were specilied as the dependent variablt' anrlthe "frequency
of adveniscmcnt ('onlact" and "informalion cues" as lhe explanatory variables.
We coml'ill"ed models with the [ollowing [our combinalions that diffc-rentiate the
route and the ioitial state on brand recognition/purchasing hehavior' (l) no
di[ferentiatinn: (21 route di[ferentiation; (.3) initial stall' differentiation; (4)
diflerentiation in initial stales and routes (our proposed modt'I). Our proposed
modd was selectt'd as the bestmodd among the models by Ihe model selec1ion
crilerion, DIe. We identified statistically significant factors on comlTlon
inrorl11iJlion processing of ntw products. Some of eXiJmp!(os wt're "ratiOfldl
decision" such as pril-e vs. quality in Ihe group of recngnition group in the c"llIral
route' and "TV" in the group of non-cognitive faclOrs in tlte peripheral route.
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3 - Fashion Followers Prefer Moderately Thin Models: Moderating
the Quadratic Effect of Model Body Size

Leo Paas, VU University Amsterdam, Boelelaan 1105, Amsterdam,
108JHV, Netherlands. I.j.paas@vu.nl, Denise M. Janssen

Advcniscrnerlls auempt LO improve consumer brand attiludes and purchase
intentions. These are morc likely to bt' realized when consumers have
j"lUSitiVl' ad atlilUdes, implying sJliencl' of (It:.;;thclics. such as
appearance of portrayed hUl11an modd(s). We address auractiwness of kmale
l110dds in prirllt'd ads, which is a funnion of thinness, amongst other fanors.
Man)' advertisements portray lhin female Illtx1els, some or whom are
unrealislically Ihin (Antioco et al. 20 I2). Howevn. Ihin models can negatively
affect women's mental health and health-related behaviors (Halliwell and Diumar
2004). Such negatiw conseqUt'tKt'S of thin l11ode" negaLively influenee ad
attitude (Andersen and Paas 2012). Thus, some cOlllemporary firms portray
oversized advertising models. t'.g .. UoiIevt'f's Dove CJl11pnign.Tht' use of lhin
models is partkularly predominam in lhe appan-I industry, it $1 ';0 billion indusl ry
in the VS and a <=:I 0 hillion induslry in The Netherlands, where the empirical

\'\filS conduned. 'Ne COl1Cl'ulrll(( ..' Oil Ihin models ill lhis product category. We
hypothesize and Find lhat verv thin lemale' models and oversized female models
both negatively influence ad Then: is an invened V-shaped relationship
hetween model body size and ad attitude, with a normal body size (i.e., a body
mass index [EM!] between 18.'; and 25) as oplimum. Moreowr, we expeel that
in the apparel product cawgory, lhe suggested quadratic relarionship is moderaled
by Ihe kmale consumer's fashion leadership level; Ihe optimal model body size is
lhinner fm fashion Il'aders and lhe inverlcd V-shape is f1auer for them (i.e., a
weaker peak and a weaker decline). We find empirical evid,'nce for the flatter V­
shape fur fashion leaders, till' V-shaped relalionship is moderated in our PLS
mudd.

.TD10
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Brand Equity and Brand Performance
ContributedSession

Chair: Natalie Mizik, Gary Shanshy Associate Professor of Marketing,
University of Washington, 412 Paccar Hall, Box 35.3226. Seattle, WA.
98195-3226. United States of America, natalie@uw.edll

1 - Brand Equity Estimation Model: An Integration of Consumer and
Financial Perspectives

Mana Olivia Rovedder de Oliveira. Professor, UN1PAMPA and
Universidade Federal do Rio Grande do Sui, RlIa Bariio do Trillnfo.
1048, Sam'Ana do Livramento, RS, 97573-590, Brazil,
manaoliveira@unipampa.edu.br, Cleo Silveira, Fernando Luce

Although there is a consensus abollt brand equity imporlance, a single, uniformly
accepted estimation model has not yet emerged, ndlher from consumer-based
brand equity (CBBE) or Financial-based brand equity (PRRE) perspectives. Hence.
ma.rketing professionJIs arc still challenged III cstirnalC the value of the brand.
Furthermore, it is important to build a brand equity eSlimatiol1 model. whidl
detens the consumers' perceptions {lnd also presents a 111tH1Claryestimation of
brand equity. satisfying shareholders' requirements. M"SI of the existent CBBE
models do nOl offer a mortetar}' estimation of BE and many FEBE models do not
observe ('ol1surners' perct'ptiol1s. l\10'it of Ihem no 1101 evaluJte lhe brands'
performance in future periods of timt'. This research developed a modelthal
permits estimation of hrand equity obserVing the consumers' purchJse intentions
and brand-swit('hing probabilities, by applying Iht' Markov Malrix. The brand­
switching malrix was estimated by a cross-sectional survey, using a logit choice
lllodt.'1.This research also invesligated tht.' IllOllt'tary value of the brand, using the
discounted cash flow mechanism. Our model allows the calculation of the value
of the brand "f a produ('t, in particular, as wdl as Ihe calculali"n of Ihe company's
brand. Our model enables the establishment of the link between customer
rnindset and evaluating the perronHance l.lr brand in market. comp(lring rl1t'
brand to ils compeliwrs. The inlegration between CBEF. and PEEE allows the
estimation ()f the financial return of marketing aClions, checking the comribution
of each of the drivers (brand awareness, pt'rceived qualily. brand loyalty.
pcrct'ivcd value, brand personalily and organizationJI a,>soclalions) in brand
equity.

2 - Mergers and Brand Equity: A Quantitative Analysis of Strategic
and Efficiency Motives

Yanlai Chu, NUS Business School, Biz 2, #01-01, 1 Business Link,
Singapore, 117592. Singapore. chuyanlai@nus.edu.sg,
Junhong Chu, Hongju Liu

.Motives and ror finns involved in mergc"rs and acquisitions (Mo'A$)
have been eXlensively exarnined in lhe Iilerature. However, consumer reactions
to M&As and their illlpact on demand and firms' pricing decisions are overlooked,
and tht' relative imponance of differellllltotives has not been compact'd. In this
paper we proVide a markeling perspective 10 ,v1&As, and investigate the influence
of tIlt' M&'As-induced consumer's prderence change on firm's pOSl-M&A
profilabilily. We empirically asse,s the impart of Lenovo's acquisilion of the IBM
Personal Computer Division on Lenovo's hrand equily inside China. We propose a
structural modelling approach in combination wirh lhe difference-in-difference
(1)fl)) lTlt'lhod 10 assess lhe change in COIlSUlllt:r's.intrinsic br.lnd prefl'rellCt· OUt'
10 lhe acquistion, and its impact on finn's profitability. The demand estimates
show that the Lenovo's acquisition of the IBM PC Division did considerably
enhance consumer Valuation of Ihe Lenovo brand. which in lum significanlly
increased Lenovo's post-M&A profits. From the counterfactual policy
experimenls, we find that withoul lh,' aequisition. Lenovo's lotal post-ME,A profit.
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would shrink by 45%. A decomposition of Ihe profit change reveals thatlhe gains
from lhe acquisition mainly come from the competitive advanlage endowed by
the Think By comparing lilt' impact or slratt'gic Jnt! efficiency motives on
firms' profits, we nnd lhal. quality is more effeclive than cost
reductions in raising profilabilil y.

3 - The Financial Performance Impact of Customer MindSet Brand
Equity: Only 10% is Current-Year and 90%

Natalie Mizik, Naralie Mi7jk J. Gary Shansby Associate Professor of
Marketing, University of Washington, 412 Paccar Hall,
Box 353226, Seattle. WA, 9819.5-3226, United States of America,
natalie@'uw.edu

We estimate the IOlal financial impaci of customer mindsel brand equity and
decompose the total impacl into the currenr-year anti future-term impact. We
derive important suhstantive insigl1LS.Consistent with prior research, our results
indicate thJt hrand equity, dS measufl.:'o by tnindsC:'l Inclrirs, pOSitively
impnl1s currenl financial perrOrmtlllct:. However. we also document brand
equity's significant and much impact t111 future finandal performance of a
firm: only about 10 or the IOlal Hnancial impact or brand equity is
reflected in current-year profits, where,1s lhl' remaining 90 percent of the
proFitabilily impan is realized in the fUlure. Brand equity models lhat rely on
contemporaneous product-market performance oUI(umcs-such as price, revenue,
and profit premium-to evaluate hrand's financial impact are missing the bulk of a
orand's financial ((Hllributi(m and. as a result. can have negative consequences
for hrand management.

.TD11
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Customer Satisfaction
ContributedSession

Chair: Edward Malthouse, Professor, Northwestern University, Medill
School, 1870 Campus Drive, Evanston, 11. 60208, United States of
America, ecm@nonhwestern.edu

1 - A Meta-Analysis on Finding an Adequate Compensation Type for
Recovering from a (Service) Failure

Holger Roschk, Catholic University Eichstaetr-Ingolstadt, Auf del'
Schanz 49, Ingolsradt, 85049, Germany, holger.ruschk@ku.de,
Katja Gelhrich

Posl-complail1lliterature has established compensation (e.g., 20 % discount on
purchase price) as a saliem organizational response to offset a (service) failure.
However, rhe rqlOrted erfect size of compensation on customer reactions
fluctuates. from non-significant/smalltl) very strong. We argue that a major
reason for this large variation lies in the broad spectrum of compensation types
(e.g .. discount. voucher. re-performance, exchange, apology) provided for
differenl failures (e.g., monelary failurt'. flawed product, [ailed service, lack of
allemion). This mela-analysis examines how compensation type and failure rype
explain tht, recovcry dfl'ct u[ compensation. We propose new classifications for
both compensalion and failure type by drawing on resource exchange theory. The
analysis yields three major results. First, we observe Ihe strongest recovery effen
when compensalion represel1ls a resource similar to Ihe failure it is supposed to
orrset. In particular, il11lnediate monetary compensation (i.e.; discounl or money
hack) is most effective for a monelary failure. monetary value compensation (i.e ..
re-perfonnance or exchange) is most effective for a flawed produl1 or failed
service, and psychological cornpensaliun (i.e., apology) is most effective for a lack
of allention. Second. immediate monetary col11pensaLion has a larger effect than
delayed monctary compensation ('.g .. voucher or store credil). Third. lhe resuhs
also prow that resource-based classifications explain the recowry dfect of

better thJn lht' current classHicalions of compensatioll (i.e.,
rangible vs. psychological) and failure typt' (i.e., outcomc vs. process, monetary
vs. nou-monetary. reversible vs. irreversible). Recommendations for researchers
and marketing professionals are provided.

2 - Do Customer Satisfaction Ratings Matter?
Jihoon Cbo, PhD Student, University of Michigan, 701 Tappan
Street, Ann Arbor, Mi, 48109, United States of America,
jihoonch@umich.edu, Anocba Ariharg, Puneet Mancbanda

Finns spl'ud a signHicanl amounl of muney 10 rneasure and track satisfaction
ratings in Illultiple induslries. These are used as proxies rur service quality
as objenive measures of service quality are usually hard 10 ublain. However, lillie
is known about the value of collening salisfaction ratings vis-a-vis business
outcomes, "specially at the individual customer "'vel. In addition, panicipation in
the ratings process is almost always lower than 100 percent. leading to a
possibility uf selection bias in the obtained ratings. We leverage a novel data set to
address these two big issues. We ftomtlte quick restauranl
industry, that provide us with individual level cross-sectional and time-series
objective' measures of service qualily, salisfaclion ratings and business outcomes.
We model the ,alisfaclion ratings incidence, the arlual raling itself. and lhe
interpurchase time via a lwo-slnge model. In tile first stage. we liSt' a system or
simultaneous equations wilh tlte first equatiun reflecting the custOlner's decision
lu provide a salisfaction rating and the serond, the anual raling itself. based on
the objective service quality, among orhl'r reasons. In tlte second stage, we model
the customer's inleqJUrchase time as a function of tlw estimated customer
satisfaction. Our results sheri new insights on the value or eollening satisfactiun
ratings. .
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3 - Firms' Costs and Customer Satisfaction
Hajdeep Grewal, Irving & Irene Bard Professor of Marketing,
Pennsylvania State University, 406 Bus Building, University Park,
PA, 16802, United States of America, rug2@psu.edll, Kapil Tuli

'Nhereas J lar8o<" body of lilcrawfc examines the effect of marketing actions/assets
ollihe top and bottom line melrit"S, few studies examine the relationship bdwt:'en
markrting actions/aSSt.'I'.; and lhc (USIS incurred hy it finn. In lhi<i swdy, tlw
authors build on economic theory to devl'lop argument' for the crfects ()f
customer sati"iraClion on the costs of produclug and st'lling of a [iflll. Employing a
Bayesian approach on a panel dala spanning a period of 17 years, lhe authors find
significanl heterogeneity firrns ilnd industries) in the dfc...'Cb nf (ustorner
satisfaction on the two cost metrics.

4 - Perceptions Are Relative: Relationship between Relative
Satisfaction Metrics and Share of Wallet

Edward Maltllollse, Professor. Northwestern University,
Medill School, 1870 ClIn\HIS Drive, Evanston, It, 60208,
United States of America, ecm@noJ1llwestern.edll, Lerzan Aksoy,
Alexander Buoye, Bruce Cooil, Ame DeKeyser. Tim Keiningham,
Bart Lariviere

salil)fdclion is widdy hdievtd 10 be it fundallH:'nIJl determinant of Itmg.
term consumer behavior and IOYlllty. Neild)' JlIl'XUlIlI academic ft.-search
absolute ratings o[ SdlisfJClion 10 prl'dici behavior, while finns across milny
industries almosl 1Illivc.:rsallylise ranks of sdlisfdetion and several Irll)(lds
have beell proposl'd based un the Zipf distribution <tnd the wallet allocmion rule.
This research advances the Ikld by prOViding the first rigOf()USlheoretical,
analytical, llnd (;'mpirical comparison of the..' appruacht'$ n:lming satisf.H.·lion 10

share of wallet (SOW; and Ull' number of brands in the considerati()tl set. We
examine exist.ing I11I)JelS, identify rlaws and propose improvements. We also
propose a new <Ipproach frnrJI hioSLatistic$, bela regrc"isioll models, where the
crrors [oll(IW a bctJ distribution and a logit link [unction rcldle:s a linear predictor
to the mean of sow. All models are compan.'d with survey d.lld fro,m LO

and 12 industries using cl weightcd least squared critcrion. Hilllk·!Jast'd
models subsLCllltially raUngs. Pr(lctkal implications arc discussed.

.TC12
12- Gefl(·JV(3

Meet the Editors II
Contributed
1 - Meet the Editors

Editors of kadingjollrnals for ffiJrkcLillg 3cildemics wiH pn.:'sentlheir cdiLOrlal
policies and perspeclive<.i.

The: following editors are represented: Quantitative Marketing and Economics:
Sridhar tvtoonhy; llltt'rnational Journal of Research ill Marketing: Eilan Muller;
Journal of Retailing: PraVel'1l K(lpaUe; Journal of Servke Research: Roland Rust.

• TD13
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Measurement
ContributedSessiofl

Chair: Thomas Relltlerer, 'NU Vienna University of Economics and
Business, Augasse 2-6, Vienna, Austria, thomas.rel.llterer@wu.ac.at

1 - Marketing Research using IVR vs. Human Operators:
An Empirical Analysis

Sergio "'teza, Assistant Professor Markeling, University of Guelph,
50 Stone Road Fast, Guelph, ON, Canada, smeza@uogtle]ph.ea,
Andres Acevedo, Patriei" Ross

Today's compeliLivc market requires firms to constantly insights <lbout
COllslIHH'rs'needs. For that purpose. firms Jnnually inveSI lJrgt' amollnts of
money in marketing research. Only in 20lO. the global inveslment in sueh sllldies
smpJssed US$,O billion (ESOMAR, Glohal !vlarket Research 20 II). Despite
advances in irnernel and otlwr smart devices. the lIse of individuals to perform
thesl' rcscarcht.,s is still predominant in moSI markets. In Latin AIlH:rlcJ. for
instance, than 80% of the marketing is performed Vid

telepholle or in facc-I()·[an· interviews. The lise or individuals 10 ('ollccl
illformatit>l'l comes with CJ COSL. \'\"hl"ll subjects respond LO hurnan interviewers.
they tend LO provide plcilsing answers (i.e. bias. sec Tourangeau
Jnd Smith t 996; Tourangt'<Jn and Van 2007). AdvalH ..Ts in voire rt'Cognition
Technologies are allowing 10 perform most 01" thesl' studies without human
inlervention. We hypotill'sizc that the use of such technologies (i.e. IVR's) avoids
Ihe occurrence of tl1(' SOcial-desirability hias. This result is cOllsistent with studies
that found that sdf-administered qucstionnJires also avoid lhis bias (e.l!. Chang
and Krosnkk, 2009). With the cooperation of a leading bank in Chile we test our
hypothesis in more than 5000 costunwrs (Half called by humans and half by an
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lVR). Our were ((.1I1-;lstenrwith our hy·por!lcsis. To 1!Jin more insights on
the issue we .llso iuvesligate different type of IVR voices (i.e. warm vs. neutral),
and dfl'ct in question ordering, bUI W(' didn't find any significant difft,rence. As
the lIse of ..Hltol11<ltl'd <iysIl'ms HI repliKl' hmnans is becoming common in many
applications. this study ddvancl'l) our underst.anding of tht' advantages of such
trend. In this nn·\, topic morl' studies are cxp<.:.'cll'd.

2 - Using Pre- and Post-Attitudinal Data to Explore Learning in
Instructional Marketing Games

Larry Garber, Associale Professor, Elan University,
2075 Campus Box, Elol1, NC, 27244, United Slates or America,
Igarbcr@don.eJu, Unal Buya, Bibek Banctjee

Pt'dagogical research h hampered by Ihe pilucity of valid of learning.
brought about by the rart that learning is a pr(leeSS that is eS()lerk, ephemeral,
complex and multidimensional, and thai confounds to learning outputs arc rife in
most any IeJflling ellvirOllJl1('I1L. 01'1(' ,lppro(1ch thought to aid validity is to collect
pre and 1'0')[ data. and examine tht' differences that result. due to inlc.:'f"w:ning
e;..:posun' to SOl1W particular learning tooL Herl', Wt' solicit prt' and post altitudinal
data 10 explore the (earning experic;lt.:e s(ellllning from participation in functional
marketing gam('s. Two hundred Ihirty-three undergraduate busillt'sS sludents
responded to a set of 12 allitudinal statements designed [(l measure learning on
fivt, pertincIlt t:o [he gJrne experience. The pre are frJrned
in terms 01 students' expectations of the game experience, the POSt statements in
terms of the experience itself. Additionally, slIJdents completed an inventory
rewaling their resp<,ctive learning styles (J(olb, (984). The resulting two data sets
were then input 10 (anl..Hlical (orrt'iation analysis, from which two I<llibian
Learning Style Type Plots were generated. SLUdcllls arc repn.>sentt.'d as points in
lhat it'arning styit' space, according to Iheir respective preferred learning styles.
lnterpretatioll of lhe shifts iu the positions of tIlt' individual stud"l1ls in tl"l<: post
versus pre conditions allows uS t(l infer the nalure of the learning that functional
mJrketing gan1l'S provided to cach of them. Ml:'thodolt.lgical and pt'dagogical
implications arc discllSsed. Additionally, the implications of Ihe results in different
rullural and the issues with thl' planned replication of this slUdy in India
,·vill be discussed.

3 - Estimation of Average Treatment Effects using Panel Data: Theory
and Application

Kathy Li, PhD Student, University of Pennsylvania, Wharto\l
School, 3730 Waltlut Street, Philaddphia, PA, United Stales of
America, kat!i@whartotl.upelltl.edu, David R Bell

This paper presents Llll ('C011tHTle1.ricmethod 10 c..:stirnale average tn:-atmt'tH effecb
using pand data.The estimation method is based on Hsiao, Ching andWill1
(2011); however, we significaJ1lly weaken the assnmptions imposed. We show
lhat. the average treatment. effects can be consistcllLiy estimated without the
lineJr conditional mean ussllmplion. N\oft.'over. we establish the asymptotic
distribution of the aVl'ragc I.rcatrnent effects estimat.or, which makes formal
inference possible. Simulation results strongly support our thcoretical findings.
\Ve apply lhe met.hod tu sales data frDm an onliue rctl.lik'r, which has lrit'd to Lap
into the benefits or traditi()[Jal retail by opening showrooms in selected cities
t.hroughoutlhe United States. We are ablt: lo quantify t.he treaUTleJ1leffect of
opening sho\ovrooms on sales iJnd find that avcrage sales in thesc cities havc
increased by 37% compared with lhe counlcrfaetua! sale if the showrooms had
not bel'l! opened in these cities .

4 - Structural Modeling with Graphical Models
Thomas Reullerer, 'NU Vienna University of Economic's and
Business, Augasse 2-6, Vienna, Austria,
Ihutnas.reullerer@wll.ac.at, Kathrin Gruber

StruClural equal ion modeling (SEM) is a widl'ly used lTIelhodology in lbe
bchaviofdl aIH] social sciences including marketing. SEM apprllaches typically rdy
011 SOI11(' strong tllt'orelic..:'11arguments fur devl'1oping J structural model which
implies a covariance slrUClllrc lhal accommodates for lalent faclOfs LO measure
directly nnobservablc ConstrUCts. Thus. their use is generally limited to well­
struclllred applications wilb a strong theoretic"I background and valid
measurement instrumcnls.ln many marketing contexts. howcvtl", Ihesi:'
assumptiuns do not hold. in addition. the causal il1lerprcl.al.ion of conventional
SEM remains undear and parametric modeling assllmplions arc oflen violated
(e.g., nonlinear rdationships, lalent c,,,,lounders, multicollinearity, elc.). The
present stlldy proposl'S the use or directed acyclic graphs (DAGs, a subclass 01
graphical N\iJrkov Modt'!s) as In tlliernative struclUfJI mudeling approach. Tht:
rncllwd is able to detect linear as well as nonlinear rl'iationships between
strl.l<.'turalvariables in a lllllitivariat(' model Jlld dot's £101 (;'xpcct a rigid underlying
theoretical framework. The structural relationships implied by the DAG are
derived using a model selection It'chniquc- wbich rt'C]uiresjust In initial onlt'ring
o[ the inVt'Slij.{atedvJriabll's. To IlW<lSlIrt'latent dinwnsions behind lhc dJI,) lhc
model searc.h'·algorithm is with fealures of itcm re<;pono;c theory, The
value of nAGs for struclural Jl1oelt'ling is in sirnulalioll experiments.
Under various conditions, l·ve sysl('Jlwtically violations of conventional
SElvl assumptlons and cornparc lilt" model pc:rformance using several fil indices
(such as, AIC, HIC, RMSE). The slUdy shows that DAGs produce stable and robust
and results andlurn out to be a viable alternative for strtlcluralmodeling.
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Innovation and Competition
ContrioutedseSSion

Chair: Sue Ryllng Chang, Assistant Professor, University of Georgia,
310 Herty Dr., 130 Brooks Hall, Athens, GA, 30602,
United States of America, suechang@uga.edu

1 - Effect of New Product Introduction and Cannibalization for
Multi-Brand Companies

Xin-Yu Zou, Chair for Markcting and Market Rescarch. University
of Zurich, Institute of Business Administration, Andreasstrasse 15.
Zurich. 8050. Switzerland, xin-yu.7ou@business.uzh.ch. Rene
Algesheimer. Florian Stahl

Th\' illlporlance of "udying the effeCl of nl'\V product introduclion and the often
accompanied side-dkcl-cannibalilation has always been highlighted. This is
especially IrUl' for multi-brand corporates since Ihey face 1I0t l)nly potential
cannibalizalion within the focal brand thal laullches a new produc!. but also
pnssibk cannibalization across differenl brands operated by Ihe corporate at thl'
same Limc'. Although there has been research regarding cannibalization in the
liLcrawre, quantiLative analysis on huw new producl Jrrecis Llll' \Jles dynamic
among sibling brands is by far ullder-researched. This study IIses time-series­
cross-section rnclhods (TSCS) tu invt.'sligate cannibalization during new proctlH."1
illlroduclilm. Based on the characteristics of the clalJ structure, we liSt' the
autoregressive distributed lags modd (ADl) to identify the effeer from rww
p",duct introduction. Tltt' model is estimated through tlte panel-corret'led­
standard-error estimatOr (PCSE). And with proper re-parameterization. the error
correction IEC) fmm of the modd providt's both shon-tenn and long-wrrn
dyn.amics of Li,e effect of new prodUd introduction. Under the background ()[ an
industry starling (0 recuver [rom a recession. lhe rt'')u!ts [rom this study shuw
how the inrroducLion of a new product afkcts sibling brands and competitors'
brands in Ihe aUlOmobile marke'l. Thus. our reslilis help corporate managers
beuef coordinalc new prodUt1 irurodu(tiolls among brands acruss categories 10
gain competitive advantage.

2 - Quality and Quality Claims: The Impact of Competition and the
Cost of Overstating Quality

Praveen Kopalle. Professor of Marketing, Dilrlmouth College.
100 Tuck Hall. Tuck School of Business. Hanover. NH, 03755.
United Stilles of America, kopalle@dilrtt1louth.edu. Don Lehmann

This paper examines the impact of cc'mpetition and the cost of overstaLing quality
on UJllimal qualily and qualily claims. We two rirms
il1lrodudng a new produCl and making one-time decisions about the produCl
quality. price, and advertised quality. Using a two period model which allows for
larger weight on future p<"riod sales. we find competition k'ads to ovt'rslating
qualily unless wnstrained by high legal COSl>. Most interesting. when competilOrs
are constrained to bt' truthful in their advertising due lO k'gal or other costs.
optimal product quality. and hence pOlenlially constllttt'r welfare. is lower. To
evaluatt' the extent to which managers would behave in line with model
prescriptions in different competitive and legal cost contexts. we conducted a
conjoint style study. III the rnair!. managerial intuition is directionally
with the model ,,-'snits. We also lind the modd assumptions and results are
consistent with data from the U.S. Federal Tradl' Commission (FTC) on deceplive
advertising cases decided between Angust 1996 and December 2002.

3 - Timing of New Product Release in the Presence of Competition
Mahmood Pedrarn. Assistant Professor of Markeling, American
University in Dubai, P.O. Box 28282. Dubai. United Arab Emirates.
mpedram@aud.edu

New product introduction is inherently a dynamic process. Firms must decide not
only the quality of the product they release but also the timing. Competition also
plays a role in determining when a finn should relt'ase its producl. In the corm'xl
of a I'rodut'l's life cycle. intuitively. firms strive 10 slagger their prl)duct
releases in an elfon to Yet. we dll not such a
behavior in the marketplace. In the auto industry. firms release competing
products within a year or so of their compditors. In the video gaming industry,
consolt .. mallufa<.·turers in virtuJI sync with regards to the release of their next
gent'fdlion products. Most rinns in various tech Iik.e computer
hardware. mobile phones. and digital C'ameras also t<,'nd to rdease Iheir new
prodUCISaround the same time. In this res<.'arch. an anempl is made In model the
bdlaviur of market parlicipanls tu find oul the optimal product release schedule
for c'ach competitor. In parlicular. various characteristics of sellers. consllmer
heterogeneity. and prodllct purchase and replacement behavior is included.
Conditions under which firms might opt lO follow a synC'hronized rdease
cheduJc are derived. as well as conditions under which Ihey will engage ill a

perfect out -of-sy"c release st rategy.

4 - Repositioning by Relaunch: How Does Relaunch Affect Consumer
Perception and Intemal Market Structure?

Sue Ryung Chang. Assistallt Professor, University of Georgia,
310 Heny Dr., 130 Brooks Hall. Athens, GA, 30602.
United States of America. suechang(q'uga.edu. Thlin Erdem

Rdaunch is the replaC'ement uf a product on the market hy a new version with
major changes in product nHltent and dt'sign. This study the impaer
of a rt:'laullrh on ("onsumer perceptions and, hClH.:e, inlt.'fllal market struClure. The
authors explore how relative brand positions in a prodnC't space will shift after a
relaunch and how brand repositioning as a result of a rl'iaunch
perceptions and choices. They also examine whether COl1Sum<.'rhabit persistcnee
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or variety sed.ing panerns change depending on the time since relauncll. The
authors adapt a spatial factor-analytic choice model b)' accollnting for a shift in
brand after a relaunch. while also allowing for consumer state
dependenle and Ihe impact. of Ihe relaunch on consulTler choice TI1l'

show tltat relative brand positi"", in the market map shift aher a relaunch
and tltat a relaunl-It does not always afkc1 consumers' state dependence palterns
with respect to brand attributes in the shampoo category.

Friday, 8:30am - 10:00am

• FA01
01 Montreux

Mobile and Social Networks
C1us er: Internetand InteractiveMarketing
InvitedSession

Chair: Manish Gangwar. Assistant Professor. Indian School of Business,
Gachibowli, Hyderabad. 500032. India,

1 - Pro-Social Behavior in Mobile Networks
Jayson Jia, Stanford University, 655 Knight Way. Stanford, CA,
94305. Uniled States of America. jayson.jia@)stanford.edu,
Jianmin Jia. Xianchi Dai

Pro-social behavior. which occurred within two-hundred person clans in
evulutionary environments. has taken new dimensions in J world where lnobile
phone users arc theoretically interconneered with over 5.9 billion acLive
suhsrribt'rs glohally. 1n a phom' survey and two randomized field l'xperiments
involving 10.000 subjects connected to 330,000 subscribers in a
tclc.'communicJlions network, in contexts ranging [rom donations 10 recycling to
helping strangers. we found that higher social status in a mobile network. as
inferred from connectivity asymmetry and iPhone usage, predicted less pro-social
beltavior. Higher status individuals were biased against Itelping lowt'r status
solicitors-a finJing which we tested causally by moderating network effects with
an accent manipulation (a stalll'i proxy) in a phont' solicitation context. We also
introduce new mC3'iUTCmenl techniques: we htelllify individuals' network
stnl(1ure (e.g. connectivity asymmetry) as kt'y predic10rs of imponant social
behavior. and use individuals' response 10 an experimental manipulation (e.g.
response rate and speed to a text message, amount of infonnation provided
during a phone call) as measurements of VC'rifiable behavior, whiC'h is rC'levant for
research topics including human interactions. communications, cldvenising
response. and phishing. Our results showcase the possibilitit'S of using large
network hased field experimeJ1ls to undeNand and predict real behavior.
Wherca pn:vious network is often by constraining instrumental
variables or within-subject experiment>. we usc exogenllus between-condition
manipulalions to directly lest t,.·ausalilY. crealC and demonstrate a geucral
experimental approach for nl'twork and wireless resc'arch which has gent'ral
implications fur social scien<.'t;' researd,.

2 - A Structural Model of User Learning and Multi-Category Usage
for Mobile Social Network Application

Dili Yao, INSEAD. 1 AyeI' Rajah Avenue, Singapure, 138676.
Singapure. dai.yaoCpinsead.cdu. Hcrnan Bruno, Lizhen Xu

The paper proposes a structural model of produCl usage in a selling where the
product is a service composed of sev<,'raldistinct types of activities. Users pay a
per-period suhscription fcc thaI allows them to access the service. During the
period. users can explore each activity to whatever l'xtent as they wish. Examples
of such produC1s include mobile apps, TV channels. computer games, emerprise
productivity suites. fiUll'SS clubs. etc. We model the joiJ1l consumption of several
within-service activities. using a modeling framework thaI captures the synergies
among them. Our model allows users to divide their usage across aClivities
according to their preferences as well as the dt'cision to discominue the
relationship (i.e. churn). learning is as wnsumer navigating ulwugh possibly
different latent segments, until his preference converges and usage of different
activilics stabilize. We use subscription. dail)' usage. amI churn data from a large
sample or users 011 a social nl'twork mobile app to l'mpirically 1<::sl uur model. and
condu('( policy simulations on (I) pricing policies. (2) produer portfolio
m3n3gt"ll1t'nt (in our caSt'. muting Olle activity), (.3) partial pricing on selected
activities (vs. full pricing), to prOVide managerial insights.

3 - Mobile Telephone Pricing: Contrasting India with USA
Manish Gangwar. Assistant Professor, Indian School of Business,
Gachibowli. Hyderabad, 500032, India.
Hemant Bhargava

Over 90% of the wireless mobile industry in India employs a prepaid (pay as you
go) plan. In contrast 90% of subscribers in matlll'c market sllch as US pick
fJOSlpaid plans (bucket plans). albeit long tenn contracts. 1ndian wireless firms fret
about tllis because prepaid consumers generally have low loyalty and generale
lower revenue per unit compared 10 post paid C'lIstomers. This is not surprising
given the pricing strategies employed by two markcls. Postpaid plans in US arc
quite atlraclivt' in terms of per unit prieto Orrt.'red io Ll1l' consumers in comparison
to prepaid plans. However, Indian postpaid plans ask for higher per unit price
from comuml'rs compared to prevalel1L prepaid prices. We develop a theorelical
model to understand under what conditions postpaid plaus will have higher per
unit price in comparison to pre paid plans and vice verses. The model explicitly
takes in to acnlllnt competitive prt'paid rn.arket rale to design opLimal postpaid
plan facing heterogeneous consumers. One or the key insights from Lhe model b
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thai consumers' higher valllJlion of poslpaid plJns combined with finns higher
cost LO serve (.'USlOIIl(;'rSin the prcscnn' of I..Kk of TIIechanism to enforce
and write long term contract leads 10 an unatlractive postpaid plan. Recent

KYC (kllllW your CliSIOllH:.'r)regulation for prepaid l:llS(OI1h'I'i further
reduces the dil1erenc( belwcen Ihe prepJid aud postpaid Cuslomers hassle cost of
gt'tling J new plan. In LereSlingly this mdkes uplimal postpaid tariffs even more
unaitroClivc, One of the recommendalions of lhe rnodel is 10 imernalize low('f
churn fdlt: of postpaid customers eVl,'n in the absences o[ contraclS in \.ksignillg
opLimal poslpoid pian I,l improve profitability, Using daw from Ollt' of Ihe major
tclecom provider we make specific recommendalions,

• FA02
02- Lausanne

Online Advertising
Cluster: Internetand InteractiveMarketing
InvitedSession

Chair: Michaela Draganska, University o[ Pennsylvania, Wharton
School, 3730 Watnut Street, Philadelphia, PA, United States o[ America,
dragansk@wharton,upenn.edu

1 - The Effect of Online Banner Advertising on Offline Sales
Lara Lobschat. Assistant Professor o[ Marketing, University of
Groningen, Department of Market.ing, P,O, Box 800,
Groningen, NL-9700 AV, Netherlands, lara.lobschat.@gmx,net.
Werner Reinartz, Ernst. Osinga

Mdny IIrms, including Ihose IhOlllwstly sell omille, alinCalt' itKft'asing paris of
tht',ir Jdvt'nising budg('l$ to online adv('nising. little is knuwn abollt
the effect of online banner advt>rtisillg 011 of[line sales nor about the mechanism
behind this pllleillial "HecI: do balliler Jds direClly affect "mine sales or is the
dkcl rnediOll'd Ihrough more wehsile "isils? More irnporrMuly, whJI is the
function or banner advertising: docs it serve a mort' inforrndtivt' or rather more
pt'rsui:1sjve role? In this ptlpcr. we answer Ihest.' questions by detcrmining the
cross-chanlll'1 elfecl, 01 banner advertising, while dislillguishing belween Ihe
informative and Ihe persuasive dfectof bonner ads, Towards Ihis end, we use
uniqlll' dolO thaI dOCUUlt'lllSonlim' dnd ofrJillc behovior at the iudividual
household level for sevenlt'cn sl1bsequt'llt onlint' advt'rtising campaigns by J

singk 'Ne (It-velop a hierJrchictll Bayl'sian model that alluws for both the
informative ilnd n)!c of banner Funl1er, \vc allow for a
direct impaci of bJnnef advcnising OIl offline sales as wd1 as an indirect dft'ct of
banner ad exposures through wcbsite visits. Our results suggest that banner ads
have tl purdy informative cfkt.."t on websjtt, visits Jnd o[fljnl' pUrdlJScs. Thus, our
rtndings imply lhat firms should only target COllsumers up to the poinl rhorlhey
become informed about the product olfning, Moreovn, we show thor Ihe dfeci
of banner advertising on olmn,- sales can be both direci and indirecL i.e" thrllugh
website visits.

2 - A Dynamic Model for Digital Advertising: The Effects of Ad
Formats and Message Content

Norris Bruct', Assuciate Professor Marketing, University of Texas at
Dallas, 800 West Campbell Road, Richardson, TX, 75080,
United States o[ America, llorris,bruce@utdallas,edu, B,P.S.
Ml1nhL Ram Rao

DigilOI advertisers call deploy a broad range of imuge formats Ihroughoul Iheir
campaigns. These include static furmats (G[F/JPG) that offer nl'ither animation
nor inleractivity; sirnpl,e flash formats (.swf fOrmal) tJJat offer animation but no
interaclivilY; and rich-media that offer hOlh interanivity and anima Lion,
'with dements such as sound, video, floating images, and lakeovers, among

In Ihis study, we develop a dynamic (state space) zero-inndled count
IllodcllO quanlify I) Ihe dynarnic drens of difkrcnt stalic (GIF) and il1lil11all'd
(Flash) ad formalS; and 2) Ihe l'1lcctiveJ1('ss of product and price ad impressions
served within tllt·m. Givt'u Ihe fonn of the nUnhllt'arity in the model, it is
eSlimaled using the Partide Filter, a Sequenlial Monte Cario algorithm; here
embedded Wilh oJ Nt·wton·Raphson ill'rdliv,' step to the; (analytically
intractable) oplirnal imponance function. which then improves computational
eHiciency, We rind, for instance, Ihal carry-over rates [or dynumic formalS (Flash)
arc significuf1\ly grealer Ihan for static formats (GIF); and thai the dkcls of
produci and price impressions diHer across hoth of formats. The study Ihen
considers the optimal media schedules given Ollr findings.

3 - Beyond the Last Ad: Attribution in Online Advertising
Ron Berman, PhD Candidate, University o[ California-Berkeky,
2220 Piedmont Ave" Bl'I'kelcy, CA, 94720,
United States of America, rordJennan@haas,berke1ey,edu

Online advertising campaigns typically utilize lt1ultiple chunncls. ad formats and
ad lechnologies to promole a product. In order 10 properly allocale resources and
cornpensall' dilft'rent channels fllr Iheir performance, an advefliser ueeds to be
able lo measure a cbM1I1e1'simpact imd muke complex allocation derisions, a
process known as auribu1.ion. As the currcn! trend is toward()
performance based measures, proper attribution is or paramount imporLilllce to
advertisers. I propose u new solution for Ihe altribnlion problem Ihal elicits
cooperation competing channl'ls. The te(:hniquc uses intuilive H[airncss"
criteria for its spccHication. Tht' anribution method rt'sulling frOin tht' model is
unique for each campaign dlld can be inferred fr0111 information aVJilab1e 10 tht'
advertiser. To exhibit the issues with current allribUlion heurislics, I analytically
(ompare the l11()lit fomIllon techniqllt's lIsed lOday 1.0 tht' new approach. An
application over reill (ampaign dilla from fnultiplc online advertising Gllllpaigns is
used In examine the impaci of aHribuLion 10 further work on Iiw
topic.
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4 - Internet vs, TV Advertising: A Brand-Building Comparison
Michaela Draganska, University o[ Pennsylvania, Whanon SchooL
3730 Walnur Street, Philadelphia, PA, Unired Srates of America,
dragansk@wharton,upenn,edu, Wt:'sley Hartmann

A key issue lor media plunners delermining the short' of Iheir adveni5ing budgels
to spend on trHt'rnct advertising is whether Internet adverthing CJn build brands
3\i effeclivdy .IS televi<.iion To address this we extend
tradiUonal recdll measurCJlwnt to facililate comparisons between
tnrernel fnnnJIS lek-vision. Spl'cillcdUy. we supplernem brand·message
surveys condurled during iht' campaign with a St't of surveys to
control for pre-existing brand knowledge, and usc a 1l1<lldlillgpwccdufe to
ensure lile pre-campaign sarnpil' is (\)mparahlc It.) tll(' in-flight one. For our
rmalysis, we 1I'it.' a rich datil set comprising 20 campaigns. acro'iS 1TI1lltipk
industries ranging from consumer p,Kkaged goods 10 lelecommunications, We
find subslJ.nlial cross-brand varilltion in pre-exisling knnwledge as wt'!1 as
varialion across advertising [nrm;l1s. In particular, individuals exposed 10 I rHc f1W I

ads have significantly lowl'!' levels llf pre-cxis1ing brund knowledge Iban
l('kvisioJ'l Such differences in Hinitia1conditiolls" suggt'sl biases in
comparisons l.)(;'lW(Tn fntt'nH,:'l and television ads. and pnssibly a mort' general
failure of the brands to t'sl.Jblhh lasting among individuals shirting
mediu cOl1$umpLion from TV 10 the Jntcrnet. IncorporaLing Ihese pfl'-cxisting
differences between media ftlr.l1lals results in brand lih 111t;'asurcsfor Internel ads
Ihal Me Sldlistically indistingUishable from cornparahle lelevision lift measures.

.FA03
03-Bern

Strategic Consumer and Firm Decisions in
Oligopolistic Markets: Session 1
Cluster: Special Sessions
InvitedSession

Chair: Stephan Seiler, Stanford Universily, 520 6th Street,
San Franciscu, CA, United States o[ Americil,

Co-Chair: Ahmed Khwaja, Yale University, New Haven, CT,
United States of America, ahmed.khwaja@yale,edu

1 - A Dynamic Equilibrium Analysis of Firm Expansion, Productivity
and Market Structure

Ahmed Khwaja, Yate University, New Haven, Unired Sl.ares of
America, ahmt'd,khwaj,1@ya1e,edu, Jason Blevins, Nathan Yang

This reseMdt explores Ihe role thaI inter-temporul productivity spiiiovers plJy in
industry dynamics and market Slructure, fn Jllany rClail induslries, there may
exist spillovers genl'ralcd from tbe st()re base lhilt lower ftllllre fixed COStS
or increuse IUlUf(' reVenUl'S, nle setling for our analysis is Canada's lasl lood
industry frol11 ils heginning in J970. to 2005, where W(': study all <.kcisions
10 expand across cities, We overcome the diiTicully of estimaling this seemingly
intractahk dynamic game of expansion with a large slate space and serially
corrc!(Il(;'d using a 2-slt'p particle filler mel hod. Our estimates
demonstrate that serially corrdateJ firm capability matters, and that a finn's sizt'
has In impart on the evolution of this product.ivity.in t'xpansion. Simulations
show lhat the dominance of M'cDollald's can be dttrHHilt'd to its produnivil}J, as
its market power diminishes if OTIC takes l)\·vay this adv<lIllllgC. Ln fact. its market
domillilllce is atlritHJled to not only its (Ibility to exploit inter-len1poral spillt.wers.
but: also ils retelltion of produrlivily gain'>, dominance is also rohust 10 a
sudden increase inlhe initial slOck of compeling outictS in 1970, or a sudden

in income during 2006. Through Inerger simulalions, our estimated
model provides some guidclllce as lO whether <I merged finn should adopt the
m<1Ilagl'I11CI11practices of a d.ominant partner like J\1cDoI1Jld's.

2 - Innovation Equity
HOIl N. Rorkovsky, University of Toronto, Toronto, ON, Canada,
ron,borkovsky@rOl.l1liHl.utor01lto,ca, Hon Goertler. Avi Goldfarb,
Brett. R, Gordon

Tn Illany industries, lhe innovations thai iI finn achieves through research and
dt'velopmeflt (Ro-D) art:' arguahly ils rnO'il: importanl asst'ls. Oespitt' (his. Ihe
literalure is lacking in tOols that can be used to Jssess Ihe value of such
innovations, or innovalion equity, in JI1 t.)bjective and systematic way. A%cssing
lhe value of innovution is complicated by Ihe factlhalthe R&D process is
inIJtTt'ntly dynamic and Successful innovation impacls bolh J firm's
(luTt.'nl Jnd fulure profils. but innovatiun is not always successful. propose a
method for measuring: innoviltion equity ill a dynamic equilibrium framework
thai aceOllnls for Ihe crferl of the inuovalion on bOlh current and future profits,
We apply this method to the Goelllcr & G'lrdOll (20 11) dynamic durable good
oligopoly 11'1I.1(1t'1of cornpetiliol1 in dll' conrpuLcr
industry, We measure the values of Illt' innovations ac;hieved by Imcl and AMD
belween 1993 Jnd 200'1-. Flirthennore, we ussess the effects of in
industry fundamentals-sllch as price sensilivily, lOste for qllalily, Iht: dfertivel1l'sS
(If investmcnt, markel size, and spillovers-on the value Ihat each firm gl'tS from
its slock of innovalion at J given point in time. The impact of fundarnt'ntals Cdl"l

be non-monotonic (and surprising) because of dynamir and (ornpcl.itivc
considerLllit>lls underlying lilt' decision lO invest in Ro·D.
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3 - Oblivious Equilibrium for Concentrated Industries
Przemyslaw Jeziorski, University of California-Berkeley.
Berkeley. CA. United Stares of America. przjez@gmail.com,
C. Lanier Benkard, Gabriel Y. Weintraub

In a rCCt'nl paper. Weinlraub. Benkard. and Van Roy (2008) propose a method for
analyzing Ericson and Pakes (1995) slyle dynamic modt'!s o[ imperfect
(oll'lpelilion with many In th.lI paper, they defined d notion of t'qllilibriurfI,
oblivious equilibrium. in which each firm is assumed tll make dccisions based
only on ils own Slale and knowledge of the long run industry state, but where
firms ignore current information about states. However, for some
illdustri"J<; it sel'ms likely that such obliviulis 51 ratcgic.'s would be too sirnpk hI
describe aClual bt'havior. In very concentrated markels in particular. onc might
exp"cl that the It'ading firms' stralcgi,'s might dt'pend on Ihe sIal" variabks o[ lhc
other leading firms. In Ihis paper we illlroduce an important t'xtt'nsion 10 OF.
designed 10 address snch cases. We develop an extt'nded nOlion 'l[ oblivious
"quilibrium thaI we call partially oblivious equilibrium (POE) Ihal allow$ for
there to be 1.1 sct of 'dominant finns,' whose firm states are always monitored by
cVl'ry other (irm in tltl' markct.

.FA04
04- Monch
Optimal Pricing Decisions
Cluster: SpecialSessions
Invi ed Sesson
Chair: Yesim Orhun, University of Michigan, Ross School of Business,
701 Tappan Avenue, Ann Arbor. MI. 48109. Unired Srates of America,
aorhun@lImich.edll

1 - Countercyclical Pricing: A Consumer Heterogeneity Explanation
Ali Umut Guier. London Business School. London, NW I 4SA,
United Kingdom, uguler.pbd2008@london.edu. Kanishka Misra.
Nau fel Vi Icassim

The well-documentcd phenon1l'non o[ countercyclical priCt·sgOt'S againsl
intuitiun, as basic ccollornic theory prcdil1s a price increase when Ihcf(,.' is.;tn
olllward shirt in the demand curve. 1n this research. lVt' provide a consumer
ht'tt'rogelleit)' hi) cd t'xplanation fllr ,"vhy the prin's or seasonal products might be
falling during their peak demand periods. We show theoretically lhat the oplimal
pricing 'Cheme [or a 1110nopolist could be C<luntereyelieal due lO lhe
hetcrogcneous sl'dsonal shifts in thl' consumer valuations. The firm exploits this
hcterogt:ndty, price discriminating so lhJt only tht: high('r valuation
are servt'd during lhe off-season. We provide empiril"al support for lhis
explanation based on IWO consul11er It'vel panel dalaSetS in the canned soup and
tuna categories.

2 - Asymmetries and Dynamics of Cost Pass through in the
U.S. Milk Market

Kanishka Misra, University of Michigan, Ross School of Business.
Ann Arbor, MI, United States of America. kanishka@)umich.edu,
Rornana Khan, Vishal Singh

Thi. paper analyzes Ihe channel pass through raIl" in the Ouid milk category. Like
moSl agrieuhural commodilies. prices for raw milk display large volalilily over
lime. Using a long panel data [nlm several markets DCroSS tht' US. we sludy the
asymmetric price by to increases versus dt'crl'asl's in costs of
raw milk. The mtllJt'ling approach lclkcli int() account asyrnmcLrit's associated with
both lhe magnitude and timing of CllSI pass lhrough. llelerogeneily in price
response across relailers is caplured using a hierarchical structure wbert·
ptJpUIJlion parametl'rs art' 10 vclry across rewikr..:; due LO observed and
unobservt'd [actors. Resuhs show that lhe COSI pass-through in lhe milk markt,t is
highly asymmt'lric, The instantaneous pass through for a COSt increase is about
70% as 0ppl)$ed to only 30% [or an equivait'nl cost decrease. One period later,
we find a 100% pass lhrough [or COSt increase •. while the speed o[ adjuslment to
a ol'gativc shock is rar slower. 'Nt' also find significant and economically
illl pnrtclll I heterogeneity acrose; retailers in their response to CoSI ShtKks. WI.::
estimate the largest asymmetry in African American neighborhoods.
suggesling that these neighborhoods arc the most vulnerable lO volalilily in milk
custs.

3 - The Value of Price Information: The Case of Italian Highways
Federico .Rossi, Bocconi Universil y. via Roentgen I, Milan. 20136,
ftaly. rossifeQ!lLrnibocconLir, Pradeep K. Chimagunta

[n lhi> paper we slUdy lhe value o[ price information. We invesligate the
introduction o[ fuel priCt' boards on highways in flaly during tht' period 2008­
2010. Using a unique dataset o[ daily. gas Stalion-Ievel prices, we measure the
effects o[ lhis exogenous information shock on lhe pricing decision o[ gas slations
located along the highway. Based ou such empirical evidence. Wt' tht'n develop a
consumer modt'l of [uel purchase behdvior and the ef[ect on [uel prin'
and consumer wei [arc o[ a mort' capillary diffusion of price boards along the
Halian highways.
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4 - New Service-Class Introduction: What Price Takes-Off?
Ycsim Orhun. University of Michigan. Ross School of Business,
701 Tappan Avenue, Ann Arbor, MI. 48109,
United Srates of America, anrhun@umich.edu

This paper analyzes a field experimenl conducted by a large Iransponalion
company lO determine lile besl pricing slralegy [or a new service class introduced
in ht'lwt.'en two previolls dassel) offerl'd. palld deHa un <;.crvin:'
choices o[ consumers and the exogenous pricing interventions. we firsl study thc
amount of t..'annibalizalion versus upscll associated with till' flew service
inlroduclion. We document relatively low levels o[ cannibalizalion. We Iheu
analY71' the determinants uf consumer to upgrade and price sensitivity
ancl recommend pricing and targeting slralegies thaI exploit lhe heterogeneily in
consumer re\plln\t'.

.FA05
05- Montblanc
Pricing in the Channel
ContributedSession
Chair: Salma Karrny, Associate Professor, University of Omnrio Institute
of Technology, 2000 Simcoe Street North, Oshawa. ON. Canadn,
salma.karray@uoil.ca

1 - Distribution Channel Prices and Pass-Through with
Reference-Dependent Demand

Hernan Bruno, Assisrant Professor, INSEAD.
Boulevard de Constance" Fontainebleau, 77305, France,
Hernan.B RU NO@inSt'ad.t'tlu

We sludy the pricing strategies [01' a firm selling thrtlugh a dislribulion channel in
a markt't with r('[erencl'-dept'ndt'nt d,'mand. Tlll're is a rich lilerature in
marketing and economics doclIlI1ellting lhaL conSUfI1cr, make purchase decisions
by comparing prices to a rekrence price point thaI gets updated regularly lhough
t'xperience. As a resuli. demand depends OJ) past markel pri es. and firms sbould
lake lht' impild of lhe;- current pricing derisions 011 fuw[e demand anu
profilability inlo consideration when designing pricing policies. In this paper. we
analylt' lhe equilibrium pricing slrategi,·s [or a firm that only reat'hes consumers
through a dllwnSlrt'arn illlcnnedi ..uy (e.g. a rnanuracturer who cllt.i through a
distribulOr). Our models allows us 10 characrcrize how reft-rence-dependenl
demand is tral\smilted upstream. In other words, the upstream firm faces a
demand tha! is a function of the rderenee·dependenL cousumer demand and the
strillcgic bt:havior o[ the intermediary. [n general terms, our [('Stills depend un the
pass-lhrough rale o[ Ihe inlerlllt·diary. Therefore, we St't kw reslrietions 00 Ihe
shape o[ the demand [unclion with respecl 10 price and reference price in order to
allow for diffl'relll pass·lhrough rares. We find thai Ihe behavior o[
depend nn the extem to which Ihey discoum [ulUrt· allll the concavity o[
lhe dt'mand [uuction. For ·fairly Iinear- ,kmand [unnions pass-through
decreases wilh the discounl rate. We also sl10w that the share o[ profits thatlhe
upstream firm ohlains is au function or the discuunt ralt', We illustrate
our resulls for ti,e a linear demand funnion. as well as with
conSlant-t"iaslicity and quadratic dt'mand functions.

2 - A Structural Model of Price and Inventory Competition between
Automobile Dealers

S. Siddanh. Ulliversit\' uf SLluthern California, ACC306, 3660
Trousdale Parkway. Los Angeles, CA, 90089-0443, United Slates of
America, siddanh@usc.edu, Jorge Silva-Risso, Dinakar Jayarajall

We conuibult' to the ernpiricallilerature on inventOry and price competition by
proposing and eSlimating a struclural empiricalllHltkl of demand and supply
amol1g aUlomobilc dealers in a specific geographical marker. On the coosumer
side. a demand equation Ihal specifically inwrpnra!es the impact o[ dealer
inv\'nLOry, assortment charaClcristics and price is ueriv('d from a utility
maximizatiun Illodel or a consllmer's dl'cision to pur<."hase a particular CJr model.
On Ihe supply side. dealers choose prices to mDximize profits, which delJend upon
tht'ir invt'1l1ory carrying CO$IS. Tht' ll11lUt:'1 is using Irans3nio!l data from
the entry-luxury and premiulll mid-sized sedan categories for the Los Angeles
marker. The proposed approach represenls Ihe first imegrated slUdy of bOlh the
clcITIJnd and (,jupply side of invt'IlLOry that also overcomes $(.'verJI
limitations of ('arlie!" studies. Fir t, ratllt.'f than lIsing a cross+senional analysis.
construct a pand dataset of weekly invenlory levds, pri es and demand [or each
dealer. Second. our modelexplidtly incorporales the service-lew I effect o[
inventory on demand. Ihus estimates o[ inveruor\' e1aslitilks lhat
caplure the service-level choires of Ihe deail'r. Third, our model also incorporates
lhe compelilion bt:'twet'll dt'akrs and lhe impact of pricing on u('I1l(llld and on
inventIH\'. The model provides the firsl t'xplicit qual1lification o[ lhe service-level
impact of inventory on consumer demand and the abilily lO measure inventory
elasticity alld also pl'rmils us to recover the inventory carrying costs \11 the rclJil
level. The moclcl mn help dealers and manufacturers manage their clt-akr
networks more errectively by providing insighls il1lo how inVt'ntory carrying costs
differ by dhu'ihntion chanllel.
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3 - Quantity and Price Competition between Asymmetric Channels
Chunming Shi, Wilfrid Laurier University, 75 University Avenue
W, Waterloo, ON, n2n le9, Canada, cshi@wlu.ca

In Ihis paper, we eXlemllhe seminar work of McGuire and Siaelill (1983) by
considering asymmetric channels difft'ring ill bast' and subslitlltability.
We .. consider quantity lOrllpCliLiOIl b<"Lwecn channl'1s. VVt' find that many
results in McGuire and Staelin (1983) will not hold for asymmetric d1annds
and/or qualltily competitiun.

4 - Periodicity of Pricing and Marketing Efforts in a
Distribution Channel

Salma Karri1Y, Associate Prol'essur, University of OnrJrio Institute
of Technology. 2000 Simcoe Street Nllrth, Oshawa, ON, Canada.
sa Irna .kJ rray@uoit.cJ

MUSI f(:::.t't1fchahollt coopt'faliv(,' (coop) progmms in chann('\\ relit's
nn the assumption that manufacturl'l's and rl'lailers dedde of pricing and
marketing eHons 'iimultalwolJsly. This paper t'VJIUcllt.'Sthis assumption
iJlH.I optimal pl'riodicity of pricing and markt'ling eHorl"t (MF)
decisions for a distribution channel. We tkvelop a game theoretic model that
accoul1Ls for pricing at each level of the channel, for the manufacturer's ME mix
strategies (a direc! ME to <:Olll.iumcrsand <:oop advt'nising progrJIn offered to Ihe
rclili1cr) and the retailer's ME wdl. We ohl.lin solutions for a biltltcrlli channel
ul1lil'r different vertical interaction scenarios; when Ihe channel is led by the
l11anu[;JCltln:r.the.:' rClai1t'rur when channel I11l'mh<:rsdedde si111ultancoll,>lvuf
each of their lTlMketing mix decisions (vc'nical Nash). We compare the of
pricing and ME dechion periodicity on outputS for ench channd ml·mber. The
main finding,) suggesl thal simultaneolls c1edsion-rnaking of pricing allu ME
nptimal only lor high enough levels of the manufacturer's ME e1fects. For very
highly effective rn<1rketing efforts, sequential play of pricing and ""E allows
channel members LO implement equilibrium strategies and achieve maximum
prorits thai wouldn't be ilChieVl'd wilh simullancollS This
highlights the importance of relaXing the simultanl'ous play assumption of pricing
and ME in a distribution channel.

.FA06
06- Monterosa1
Context Dependent Choices
Contfibuted Session

ChJir: LiJng Guo, AssoclJle Professor, Hong Kong University of Science
and Technology, Clear Water Bay, Kowloon, Hong Kong,
Hong Kong - PRe. mkguo@uSl.hk

1 - How Numeric Framing Affects Risk Perceptions and
Behavioral Intentions

Nevena Koukova. Associate Professor llf Marketing, Lehigh
University, 621 Taylor Street, Bethlehem, PA, ISO [5, United States
of America, Ilkoukova@lehigh.edu, Joydecp Srivastava

We propose that framing may cause consumers to respond differentially to
equivalent descripliuns of thl' same in[orrnalioll. Specifically, when the imparl
information jc; framed ndativt: frequency, rt':>pondcnls are more Iikdy to
("ngage in ri.sk-reducing behilviors cllld !t:'ss likl'1y to buy a product under Tll:g:alivl'
(e.g., require repairs, do not function satisfal'lory) as compared to positive (('.g..
do not require rep,=.ir<.. funetinn "idli,fdC1tJry) (lurihUll' framing. Howcv(.'r, when
the impact iuformation is framed os pl'reelllagl'. the effect no longl'r exists. We
investigate tilt' underlying process Jnd show that wl1t:'ll the imparl in(onnalion i5
prl'sented as uegativc (vs. positive) relative frequency respondellts exhibit highl'l'
negalive afCc(·t, resulting in higher pl'rceived risk and lower likelihood to buy the
produn. Finally, the differential dkct of negative relativl' frequency could be
l:'Iimil1cl1t'oby displaying lhe impact information both numerically and
graphically.

2 - Please Don't Tell Me, I Don't Want to Know it in Detail - Framing
and Perception of Increased Prices

TilTlu Zage!. DOClUWI Studenl, University uf ErlJngen-Nuremberg,
Langl' GJsse 20, Nuremberg, 90403, Germany,
till'll).zilgeICiJ'wiso.ll ni-erla ngen.de, Martina Steul- Fischer

This experimel1lally examines how differelll fral11l'sof increased prices
arc perceived and eVJlliaLCdby CUSIOlllers.Increased prices can be framed
aggregated with a rl'bJlc. <;0 thilt ll1l' price inal'Clsc..'is hidden for the CliSlOmers. or
lhe prin' inCfl'ast' and LIlt' rebate can bt' presl'nlcd separdldy and obviou,>ly.
When Lhe rebate is higher than the p"ricc incrc(l')c we show thal customers
pcrn'ivl' (1 hiddcll price increase morl' positively and fairer thill1 an obvious price
incr('as('. Even when Ihe price increase is relalively high but stililowel' thall the
ft'bate. Ciln rlt'r<:eivt' a hidden price inrrt'ast' as positivI..' Jnd fair.
However, customers call perceive the increased price more negatively and unfair
when the price increase is relatively high and olwious. We also find that Whl'll
Ct"llll11erSdl'h'ct the hidden price increase they evaluate the increased price more
positively and fairer compared to the obvious price increJsl'. We argue Ihat
ruStol11t'rs prder 10 evaluate Onll' tht· price they haw to pay. whl'n Ihe pricT
increase is lower than thc' rebale, they don't carl' about the hidden prict' increase,
evell when they have noticed it. We conclude that CUSlOrn<..'rsdOll't wanl LO make
the cognitive l'ffon to calculate Ihe prin' increase and the rebJle separately when
tht' price is hiddt'll. Howevt'r. wht'n CU<itorTIt'r<:. explicitly told abollL
the increased price, they perceive the price increase m,He negatively and less fair.
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3 - Choice Overload Problem under Context Dependent Presences
Namil Kim. KAIST, 3rd fioor, N22, 291 Daehak-ro. Yuseong-gu,
Daejeon, 305-701, Korea, Republic 01', namil.kim@kaisl.ac.kr,
Wonjoon Kim

traditional economic theory assullles a !lon-satiation agent. This assumption
plal1sibk wht'J1 lllake J choice between t'qually allraClive

products with llO prior prdcrl'I'1l't' .... rt"i lhl' prob<lhility or having II bCllt'r-filred
product i,1creases with the number of alternatives. Nonethde,s. Ihis more-is­
b.'uer SlOry is at least not bounded to a choice-making situation ill the rl'al world.
A lIumber of expcrillll'ntJI studies have provided SOllle evidence thai consumers
lend to deter from nlJking a c!loi(t.' or ..He kss with the LJrgt.: number or
ahernatives. This is rderred 10 as choice overload problem. However, evcn with
the huge amount or Oil ('hoin: overload problem, there arc still remaining
queslions; how to determine the Ihreshold that triggl'rs cllOice overload problem
and why tilt:, result,> o[ tilt' prccetlillg studit's JfC not nmsbtent amollg,>t each
other. To lilt'lit: qlH..'Sliol1"i. Ihis pt1lK'[ pn.'St'I1IS t) 1l1lIlH:.'rkJl mlldl'1 wilh
the context dependent prder"IKl'. In this model, we assume that consumC!"s
evaluate a producl agail1St all givl'n altl'l'Ilatives by each produ(l allribute and fed
loss if the prooucl is inferior in a rCrlilin illlriulitc. \oVith Ihis model. we show tllal
the choin'·ovl'rload prohlem is dggravated when individuals ilrc mort.: scn,>itive 10
comparison and put morc weight inlosscs than gains. Depending on the
lTlognilllde or tllesl' IWll raUSl'') one.! lllt'ir intcraclion, the benefit. aUilinabk rflllTl

having a bl'lIer-l'iued product can diminish even with low number of alternatives
or grow wilh a large number o[ alternatives. With these findings. this paper
"llgge'il,) lhat rndn,lgers ')!lollid considt'r If) cornparisorl and
their dcgrt":cof los\) avcrsicH1 when <kciding how 1l1ilny a!t<:rnotivcs to oncr.

4 - Contextual Deliberation and Preference Construction
Liang Guo, Associate Professor. Hong Kong University of Science
and Technology, Clear Water Bay, Kowloon, Hong Kong,
Hong Kong - PRe mkgllo@ust.hk

A number of studies suggest that prderences arc constructive and susceptible to
decision environment. Yet prl'£crcncc nlOstruclion can be sysll'mir and
cndngcnous. When prl'rCf(.'lKl' ordcring among opLions in a choicc S(.'t is Sle:tlC

dependent. decision makers can engilge in information acquisition activities (i.e.,
deliberatioll) !Jt.'forc Illaking d choice. St.'t'mingly irndevanl oplio!l<.i can influence
the incenlive lO deliberate and thus exert externalities on each other's preference
ordering. ClJll$tqucntly, contextual deliberc.llion lllay lead 10 the o.)fIstruclion of
prcrerencl's and yield behavioral anomalie, such as the comprornise effect and
ch,)i('t.-:overluad.

.FA07
0/ - Monterosa2
Health Marketing I
COf1tfitxJtedSAssion

Chair: Sarheesh Seenivasan, Monash University, S6.23,
Sir John Monilsh Drive, Caulfield East. 3163, Australia,
sa th eesh.seell iv as<1Il@)moI1Jsh.edli

1 - The Dynamic Impact of Nutritional Innovations on Healthy
Food Sales

Marcel r<ornelis, WJgeningen University and Research Center,
P.O. Box 81 30 Hlillilndseweg I Building 20 I, WJgeningen,
Netherlands, rnarcel.kornelis@wuLnl

food companies, and socie:'IJI take:' great e[fons to
stimulall' COIl\urners to buy product$ Ihat arc n(JtjuSl tal.ity and appealing,
but more healthy. As a COI1"il'qUt.'I1CC,many rood markets have experienccd
the enlries or novd food produ".-ts which arc, for examplt', low on fat or sug..1r
{n'e. NlilrilillOJI inllOValiOlls. however. arc of len llotlhe only major t'Vems in a
market. Indeed, foods markl''' may face multiple extraordinary shocks including.
among olhers. price <.-hangcs, nalllral disilslt'rs, rood harm crises, union strikes. or
...yslern LJreakUlIWI1l.i,which may JII affect Ihe food pllrcha5cs or <Ind,
indirectly. their caloric imake. The markel response patterns of Ihese
extraordinary shucks ":..111 bt:' very diffl-rent. Tht·V may creaLe a Ollt'·shot peJk,

diSJPP<:'IH,gradually converge to a fundamental market chJnge, or
immediate illter thl' market's long-term pedormClnCt' leveL]n lhis study w('

introduc{' a L('sLing Sl'QUt'LlCl' tl1JI dClt'nllincs alilhe major shUt.-ks in ..1 food
market and their ,>pt'cifk respollSe pCitlCrlls.Dtling so, idelltify how lInique
nUlritional innovation(j art' in slirnulating morc hCtllthful food choict's alllung
conSlllllers. The frarnework is applied to variOliS product groups, thaL vary in
It'flll" of nutrition.J1 contcnt, in Ih<.' Dutch yogUrl produci calegory in lhe periud
of 2002 to 2008. This period was characterized by the entry "f several fat-free and
,>ugiJr-frcc iJllt'rnarivcs. Key result') arc thar the !lovt'l producls crt'aLeolTIJrket
turbulcnl'e above and beyond tlte regular shol'ks thai appear ill every period. and
thai the wraillulllber of l'xtral)rdinary shol'ks differ dramatically across prodlld
groups. The substantial inlluence Iltatthe uncovered shocks may have on the
(aloric inlakt' of consumers is Jiso c1isrussed.
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2 - The Effectiveness of the Tobacco Display Ban in Canada:
A Field Study

Srabana Dasgupta, Assistant Professor, Simon Fraser University,
8888 University Drive, Burnaby, BC, V5A IS6, Canada,
srabanad@sfu.ca. Tinha Dhar

In Canada. tohacco display bans involves the restriction 01 rewil displays at the
point of sales. The primary motivation for this it'gislation is the helief that point of
sales advertising and displays innease LOhalwl usc, esp,'cially among younger
users. Tobacco retailers and the tohacco industry. however. claim that studies
supporLing such claims are severely f1awt'd in their design and provide liule
reliable evidence that tobacco displays playa significant role on smol-ing
initiation, prevalence, consumption or quitting. Givl'n lhesl' connicting views. it is
import ani for research to ul1lkrstand the true effect of hans and
c1ocunlt'rJl hoth it'S ht'llt'fiIS and cUSls. t:'xpt'rimental studies art' omduclt'd
in lahoratOry and create an artifirial environment which docs nOt mimic
the real world. Thus, the question can only be truly answered using field data
where Jclual choices of individuals ...He repr('sentt'cI. Furthermore. these
are limiting in their scope as they fail to adda'ss whelher retail display bans
rhanntd SJlcs to otlwr markt,ts as the illicit tubacco or the internet,
or whether th(' ban variely sceking hehavior among buyer"). {)r whether
display bans incrl'ase adoption of smoking cessalion produrls. In Canada. since
the ban was introduced sequel1lially over sl'wral provincl's. this creates a natural
e"pt'rimetlt wht'rc various variabks related 10 iniliation .llld
cOl1tinuiltion can be (·omparcd across the tremlnent (displ(ly ban) and control
groups (no display l'an). We use individual level data on smoking behavior.
c"lIeded over a period of roughly 10 years hy Statistics Canada. to impk'ment a
differene"-in-difference modd that allows us to t,'as,' out the various dfects 01
the display han al'ross treatment and cont wi gruups.

3 - The Ideal Beauty Effect on the Overweight Epidemic -
Theory and Evidence

Daniel Shapira, Ben-Gurion University. Guilford Glazer Faculty of
Business, Haifa, Israel, shapirad@bgu,ac.il, Amir Heiman,
Oded Lowt:ngart

Female models and film a,'reSSeS are playing a ieading role inlhe lashion
industry and therefore affect conSUll1ers set of values of appearance and beauty.
Nonetheless. in ClIntrast to the dramalic increase of the proportion of overweight
anti oht.'st' individuals in developed ClHlIllries among YOllllgSlt'r'\ and
females the Illodels' body size has considerably ,hrinked ovn the years. For
example, while in the 60s the ideal beauty body size (e.g. as represenled by James
Bond girls BMI) was located around the 27% percentile of young femaks
population in till" US (in ages 17 to 35) nowadal's il is only in the 3% percentile.
In this paper, we argue. that the thin females ideal model has an indirect
acc(')eraling errect on lhe overweight epidemic tJlnong youngs!t'rs. Using a neo­
classic economic Illodel thai t"apturl's an interplay betweeu two reference weight
points: that 01 the ideal beauty (Ihin body size) and of the median weight of the
PUpult.lIion. BOlh arreel individuals' decision of Ctllorit.:consumptiun. When these
two rderence poil1ls arc far apart, the thin ideal point becomes an unreachable
goal and, Ill'nCt', loses its ability LO bt· a restraining force against weight gain.
leads to a continuous increase in the II1l'dian weight 01 the entire population. We
provide >upportive evidence to our theory based on large s<:ale data from the
National Health and Nutrition Examination Survey (NHANES). We analyzl' the
US population BM! over the years vis-a-vis the ideal beauty body size proxies
while controlling for large sets of demographic variahles and lood induslry data.
0", study suggest that previous literalure. which blamed thin model as a cause to
anorexia. is only privillt' [C'lse of our

4 - An Emotional-Psychology Approach to Explanation of Adoption
of High-Risk, High-Involvement Service

Sachiko Ohno, Keio University, 4-1-1 KBS HiyoshL Kouhoku-ku,
Yokohama, 223-8526, Japan, sachikohno@a7.kdo.jp,
Akihiro Inoue

Although till' Ill'allhcare industry can he regarded as servit"e of high-risk. high­
involvement sector. there are many heahhcare services thaL an.' not really used on
the contrary 10 favorablt' aUitlH.le and intert'c;t. This rest'ar("h altt'l11plS 10 dt'rive
the implications for marketing strategy to promote a uterine cervi' cancer
vaccination, as an example of such a healthcare service, using gUilt and shame
emotions bas"d upon till' emotional psychology. We found that guilt emotions
tend 10 provoke arousal to anions and shame l'J11otions to avoiJance lu aClions
(e.g .. Tangney 1995, 2003; Barret 1995). So as to apply lhest· effects of guih and
shame ('motions to stimulate the adoplion hchavior of the healLhcarc service. we
first develop lh,' original scaks of guilt and shall1l' emotions. Because most of
existing scales Ireat the individual personality and develop in the context of
(!t'velopmt'lllal psychology. Ihest' are dirricliit to ust' in marketing O)l1lexl
(e.g., SSGS by Marschall, Sanftner, and Tangney 1994). First, according to
previous study, we derived lower constructs (caw;,,1 altribution. emotional
expt'rienc('. C'l11pathy) in guilt emotions and crnotiolls and implemented
the first survey to collen text data in order III devcio[ the candidate items for
these lowl'r conStructs. After running lht, text mining, ueveioped the £irst sel
of the items and implemented the second survey to examine the reliability.
discriminant validity. and ("()nvergl'ut validity based upon Cronbach's Alpha and
MTMM (multi-trait multi-method) analysis. Wl' succeeded in dl'vcloping the
wt'll-rdiable. wt'J1-validClleditems. And we rUIl lht' lhird 'iurvt'}' $0 dS 10 examine
the content validity of our developed scak's and turn intO sound rl'sults. We show
the details in the

5- What Do We Know about the Food We Are Eating?
The Effectiveness of Nutrition Labelling

Satheesh Seenivasan. Monash University, S6.23,
Sir John Monash Drive, Caulfield East, 3163, Australia,
sathcesh.scenivasan@monash.edu, Dominic Thomas

Oh,'sity is oue of the major public health concerns in II", world. As unhealthy
38

lood consumption is a primary cau,e 01 obesity, ntltrition labeling in the form of
nutritional information panels (NlI') has been mandated in several countries to
Iwlp comurners make informed decisions. Despite the mandate, the mit' of NIP in
inrlucncing consumers' producl choice'S Jnd hence its in curbing
unhealthy food consumption remains que'tionahle. In this paper. we study the
irnpad 01 IP from both sup[,ly and dl'rnand perspeclivt's. On Ihe supply side. we
investigate ho\y nutrition contents of food iLems have changed after the
introduction of labeling laws. On the demand side. we investigate the impad or

IP usage on actual consumer choice bl'havior to ascertain whether label usage is
in fact associated with choice of healthy food items. In additiun. we also analyze
the effectivcness of Australian N1P format. We use data from varil'ty of sources
including field observation. survey, syndicate nutrition data and scanner panel
data from a major Australian retailer. Our finding have significant implications
for marketers as well as public policy makers.

.FA08
08- Edelweiss
Dynamic Pricing II
ContriblrtedSession
Chair: Aras Alkis, Koc University, Rumelifeneri Yolu Sariyer, Istanbttl,
Turkel', aalkis@ku.edu.tr

1 - Dynamic Targeted Pricing
Chuan He, Associate Professor, CKGSB and University of
Colorado, Boulder, 419 UCB, Boulder, CO, 80305,
United States of America, chuan.he@colorado.edu, Dan Zhang

We consider drnJlnic targeted pricing in a market served hy a monollolist selling
a durahle good. Rational consumers exhibit heterogeneity in both valuation and
time prderence. Specifit"ally, consumers can purchase in dlher lhl' first period or
the second period. A discount la tor applies to pmchase made in the second
period. There are lWO customer segmcnt'\ charaClt'ri'led by different iIl1ra-segmeOi
valuati'lIl heterogeneity. The monopolist can price discriminate consumers based
Oil their intent.'mporal preference and/or heterogeneity in valuatiun. The
targeting technology of the monopolist ranges from primitive to perfecl. Under
static pricing where a single prke is charged to each cu tomer segment. we show
that targetl'd pricing leads to higher profit even when largeting is inaccurate and
the ,eller knows no more than the relative size of the twO customer segments.
Under dynamic pricing, prices arc successively reduced over the two periods. In
this case. targeling is generally profit enhancing but there are conditions under
which tht, mnnopolist is beuer off l'I1gaging in dynamic pricing only. We di cuss
the valne of price commitment in this context. We also compare the efficiency of
dynamic pricing with thal of targeting.

2 - Seasonality in Dynamic Consumer Inventory Models
Avery Haviv, PhD SludetH, University of Toronto, Rotman School
of Management", 66 Forest Hill Road, Toronto, ON, M4V2L5,
Canada, a very.ha viv09@cotman.utoronto.ca

Previous studies have lound that fOlward-looking behaviour plays an important
role in the decisions consumers make when purchasing storable goods. Static
demand models have been fonnd to overestimate price margins by as much as 30
percent. In dynamic models of storable good'\. rorward-Iooking consumers Jll':lke

their pmchasing decisions based on observed prices and their current inventory.
Because the inventory 01 ,'ach consumer is typkally not observed, eSlimates of
the inventory are constructed Irom the comumers' observed purchases and
presumed consumplion. To estimate consumption. inventory modele; have
assumed thalthe expected desirability or consumption of the guod is either
constant or follows a Markov prt,lccss. However, these assUJnplions clrc nOI
appropriate for goods that are more desirable at cenain times of the year. In this
paper, J estimate a dynamic inventory model that accounts for seasonal shifts in
wnsumptiun utility in the condensed soup indu try. Tu eSlimate the model. t
introduce a cyclic nested fixed-point algorithm. which reduces the computational
burden caused by adding sl'asonal variabies to the state space. [ apply the findings
01 this model to calculate optimal prices when introducing condensed soup into a
mark.el with a different

3 - How Consumer Response to Changing Prices Vary with
Regulatory Foci: Loyals vs "Loyals"

Aras Alkis, Koc University, Rumelifeneri Yolu Sariyer, Istanbul,
Turkey, aalkis@ku.edu.tr

Consumers try hrands, assess quality, establish their SJtisfaction with the brand
and depl'nding on how satisfied they are. they engage in repeat purchase. This
stylized story about consumer shopping is important, because loyalty to a brand
reducc price sen:>itivity and allow brand managers tu engage in price
discriminJtion. However, researchershave abo critici7.ed ignoring heterogeJ1l'ity
in loyalty alltl repuned how loyalty moderates the asymmetric rderence price
effects. The complication increases as one revisits the story above and factor in
("(1nsumer charactt"ristics in lonning loyalty. Based on the regulatury locus theory,
we argue that consuml'rs with a prevention fows are more likely than consumers
with a promotinn focus lO display an eXCl'SS preference for the 'statuS quo' hrand,
which stirnulatl's lurther loyalty. However the 101'ally Irom satisfal1ion and a
prevention focus has opposile consequences lor responsiveness to price changes.
While a satis[jed ('ortSU1ner is kss to increasing prices, a rOnSlllllt'Cwith
a preVt"nti,'n focus responds stwngly. Pricing with a behavioral loyally based
segmentation therefore is limited in effectiveness, if it overlooks the sourn' of the
repcat purchase. We test our hypothesis by using sranner panel data provided by
the Information Resources tnc (IRI) that indudes we"kly household tral1Sat":tious
in Eau Claire. Wisconsin metro area slOres. for the period hetween 2001 and
2005.

..
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Ad Targeting and Shared Consumption
Cont ibutedSession
Chair: Sebastiano Delre. Assistalll Professor. Bocconi University.
Via ROl'ntgen 1. Milan. 20136. Italy. sehastiano.delrl'@lJnibocconi.it

1 - Retargeting as Mean to Speed up Online Shopping Momentum
Isabelle Kes, TU Braunschweig. Hermann-j\hinch-Str I.
Wolfsburg, Germany. Lkes(a\tu-bs.de. David M. Woisetschlaeger,
ChristoI' Backhaus, Alexander Eiting

Unless sales ill l'-conllnerce have illneased Iremendonsly in the la" five years (1'­

rndrkclcr 2013). online rCl.aikr [rom innea-;ing Ilumbers of user lhtH just
browse thdr sitl's but leavl' them empty-hanlit'd. Online shopping can be >eC'll a>
an ongoing pron:ss thai cowrs fiVl' stages (e.g .. Kotler 2(1(12). The first cllmpkled
checkout is said to initiate all online shopping momentUIll (Dhar. Huber. Khan
2007). Recent studies show that itlterruplioos might have a negalive impact on
tht.' findl OUlCOl1h' or (J pro('t,'s... (l' .g.. Lambn:.·("hl,St'im. Turker 2010). Rt'Largclillg

combin<..·spersonalized rccomment!cllions or aetveni:-ing hased ()n consumer
inlt'rnal hro\Vsing of a [inn's websile.' with LI1<.' use or external hrowsing data to

trat'k conStlllll'rs across thl' web (e.g .. Lamhrl'dll. Tucker 201 I). Thus, in rase III
an it'llcrrupLion of a shopping proo.'ss it nil'S to bring lI"il'rsback ttl a priory visited
wl'bsite. This study .1ims 10 show if intt'ffllptions really harm the onlinl' shopping
momentum (l), if rl'targeting i" J mean 10 clost, interruption') in tht' online
shopping proress (2), and finnlly whl'ther relnrgeling ;pl'l'ds up thl' return of thc
user and thus the mOlllcntUIll (3). To answer these f(..'sc(lrch questions wc
conduClt'd St'veral field t'xperimenb including rt,tTivillg no, <;;randardi/t'd,
and perslmali7ed ad;. We joinlly modd buying and advl'nising processes with a
muILilcvel 'iimllltant:'ous equations eVt'nt history model. JS it is well suiteu for
handlillg individual level durillion dalil. intl'grates both proccsses, and allows for
rorrellliion bt:lwt.'en them .. Our result') show that retargeting is adequate to re­
enler the momentum. Still. cfft'ctivt'lless of retargeting as a boosler of the
momentum dqH.'lluS on when in the process the lISt'1" interrupts. On bJsis of our
resulls management and rescarch implicaLions an.' derived.

2 - Cookies' Best Before End - The Impact of Cookie Deletion on
Advertising Effectiveness

Alexander Eiting, TU Braunschweig University. Hernwnn­
Muench-Str. I. WoHsburg, Germany, a.eiting@w-bs.de,
[sa belle Kes, David M. WoiselschJaeger

Ht'targeling personalized (Jr advcrti,ing bJ'ied on
consumer iutcrnal browsing of a finn" website with Lhe ust' or c.:xlcrnal browsing
data to track consumers across Ihe web (Lambrechl. Tucker 201 1). ln both.
markcling rt'scarch and practice, il has long been recognized that greilt<.'r
specificity of a finn's interilrtioos with rtltlsumers should innease rt'levance and
consumer responsl' (e.g .. Hoffman, Novak 1996). As a result. retargeling has been
praised as the 'Holy Grail' p"'itchcll 201l7). The mosl common mel hod llf
identifying and tracking online consumers' activity involves Ihe pl"H.'l'l1lelllor
cookies on a consumer's hard drive that are Ihen otrered hilck to the websill'
during subsequent visits by tht, consumer. Against this background. online
advertisers f;lCC a decisive challenge: As (lnline oldvertising becollles more
pc.:'rsonJliztd, firms run the risk that customers will find the advertising ilurusive
and invasive of their privacy and thai reactance will lead them to resist thc ad's
appeal (While et al. 2008). Commercial studies show thnl 31 % of compuler L1scrs
clear their cookies in a mOllth-with lendency to risc (COm5('orl' 2007; 201la:
201Ib). We jOintl\' model a series 01 derisions (1) to click or nolLO click tile
ad. (2) to delele manifest io the advertising and the rookie deil'tion
processes, and (3) Ihe stale in tht' olliine purchilse proress wilh a multilevel
,imuhaneOliS hislOry model. We t'stimdH,' our l11odt.'l using datt.1
of tl large-scale riclJ experimcnl with a major fashion Jill! sponing goods retailer..
Results illdicall' thai the ellertiveness 01 the ad depl'nds Oil Ihe stat,: within the
sltopping process and that high adVl'rtising pressure leilds to cookie dektion. We
dcriv(' sl'vcral manag<"l'iill ill1plicilth)l1s I'n)m our findings.

3 - Measuring Attention to Advertising: A Comparison of Gaze
Duration and Duration of Page Exposure

Kaye Chan. University of New South Wales. Australian School of
Business, School of Marketing, Sydney, 2052, Australia.
kayc.chan@unsw.edu.au. Mark Uncles

Attelltion to adv('nising is all important metric for measuring advertising
This paper validtltt..,sduration of rage exposure from dickstft'am

dal3 as a measure, Usual approaches to measuremt'llt, such as surv ....ys and
tracking .•He rl'1alivdy static and art' dependcIlt on tht:: willingnC'ss of COIl$UlTIt'rs
to (ooperJlc with rt'scdrclwrs, By contrast. lite data captured by a "\o"cbsitt'\
dickstrCilm provides a ft'adily I1oll-invasive 1001. A within subjects
experiment was performed to allow measures to be directly compared. A wehsile
was dcveloped which contained a current digital edition of a gencral interesl
rnagazine (for example or Time Magazine) .. Following Ihe completion of d

questillilnairl' parliripdnts 'lOok a hreak' 10 read the magazine. A PO\t­
questionnairl' was administl'red following a filler lask. The participant's eye gill('

duration was o[>served Ihrough eye-tracking l'C[lIipment. ilnd page exposurl' was
collected from the websill>'S c1ickSlrealll. formal ;tatistical analysis was performed
at both a page- (n=2190) and individunl-leVl'1 (n= ,OJ which dcmonstrated Ihat
lht' gaze duration and duration (,If pdgC t'XPO\lHC wert' equivJlent.. Analysis of a
range of covariates (for example gender and prior readership) was
performed on bOlh sets of data and no significanl relaJionships were evident.
which ,how; tIlt' robu,tllt·;s of Ilw findings. Givt'n Ihe greater east' with which
pagl' duration claw can lw collected, the rccmnJl1cndation is to assess allcntion 10
adVl'rJising IJsing c1ickslream dala. This l-an be done wutil1l'ly and inexpensively
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and wOlild facilitale assessmCll1 of different behaviors on attention 10 adwnising .
By contrast. eye-Iracking is beS! reserved lor very detailed evalualion of
advertising, slIch JS copy ll..''\ling.

4 - Let's Go Together. Modeling the Effects of Shared Consumption
Experience on the Success of Movies

Sebastiano Delre. Assistant Professor. BtlCConi University.
Via Roentgen I, Milan. 20136. Italy,
scbastiano.delre@lInibocconi.it, Thijs Broekhllizen. Tammo Bijl1lol1

ConSUntl'rs IreC[uently jointly consume hedonic prodllcts. and often let their
derisions lit-pend on Ihe availability and willingness of l)thers to have

sh.lfed consumption Wt' investigate the impart of shared
cOlhumplioll l'xpt'riencc, a type Dr '){)(ial innUt.'IlCl' lhJI in<.Tcases Ihe t.'njoYll"lt.-'llt
of Ihe experience itself. on Ihe liferycic and sllccess of movies. The aUlhors
hYPolhe;iz,: thai Ihe effectivene;s of adverlising varies with Ihe importance
<.'Oi1sunH..'rst1uach to shared con'iumption and develop an AgeLlt Based
Modd (AOM) that is capahle of estimaling Ihl' moderating elkcls of shared
cOllsumptilln t.'xperil'IKt.' 011 the rt.'latiollShip'i bCLwt.Tll cxpt.'ndilures
and launch and posl-Iaundt silles. The sill1ulalion results of the l'mpirically
validated AIll\!\ show thoJt an increase in J.dvertising leads to (In clcquisition or
del11ilnt1-cspl'cially allaunch-but nOlto an arrl'leralion of dcmand. Further.
shllrcd n.Hl,)llll1pliotl experience slrt.'l1gthcns Ihe ef£eCb, lhat tht: acquisition
df('cL Ilt launch becollles slrongt'f JL higher level",> or shared n1nSlII1lption
experienn·. Our AIlM is empirirally validated against vast and rich information ,,[
the US motion pinun.· markl't and it I"1clp<; Illtlllagl'fS LO sLudy what-if scenarios
demonstrating the financial consequences of strategic decisions,

• FA10
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Branding and Consumer Behavior
ContributedSession
Chair: Esra Arikan, Assistant Professor. Dogus Universiry, Dogus
Universitesi Zeamet Sk. [slet1l1e, Bijliimii KBlok Oda No:500

Acibadem Kadikoy. Istanbul. Turkey, earikan@dogus.edu.tr

1 - How Fans' Engagement into Facebook Brand Fan Pages
Influences their Behaviors Towards Brands?

Laurl'1lt Flores, Professor. INSEEC Business SchooL 27, Avenue
Claude VellefJlux, Paris. 75010, France, Iflores@groupeinseec.com.
Karinl' Ra'ies

This research proposes LO test an integrative model with the objective of
identifyin!! Ihe anlecl'dents of brand loyalty and brand rerommen<lalion of
Faccbook brand rans. rndced, even if more Ihan 4 millions brands have fdn pages
on Facebook. very rew academic studit's are available to understand Ihe link
between consumer's inleraclit.HlS wilh (l brcmd on Fan'book and future behaviors
toward that braud (Gummerus l't aL 2(12). However. in a rdated ficid, virtual
brand communities, tTIJllY researcher<; have idt·:ntified a number of relationships
that of[('r a bellcr understanding of Ihc phenomcnon. De Valek & aL (2007)
highlight Lht' impact of smisfaetion wilh the community 011 cummunity
participation level. Panicipation level is identified as consumer engagernelll by
other authors (Bolton. 20 11; Van Donrll. 20 I01. Thl'se findings support tht·
impact of (()OSlIJll('r engagel11t'nt in hrand aClivities on their future behaviors
toward that brand. Moreover, some variabks such as commitmelll (Gupta and
Kim. 2007; Ra6l's and Gavard-Perrel. 20 I I) and commul1ity pcrceiwd bendils
(Outler et a1. 2002) were identiJied as 111l'dialing variilblt',. The pr"""ll research
propo.;;es to belief understand the rnech ..lnislTlthdl n.HlIWt'ts cnnsumt'r
el1gagcmelll with a brand Ian pagc and Iheir behaviors loward that brand. Using
struclural ('quation lllodeling on a unique dala Sl't available from Il'ading brands
in various categories ranging Irom packaged goods (food and beauty cure). to
electronics and apparel"). wt.' tt''it an integrative Illoud of the impat1 Facebouk
brand rans' engagcment on their bdtaviors Illward the brand. Results suppon Ihe
roll' of dif!<:relll variables identified in the domain of virtual brand communities'
research (Iud highlight th .... moderating roles of rroduct t·all'gory involvemenL and
brand a[finily.

2 - Mere-Alignability of Alphanumeric Brand Names: When Exposure
to Mercedes Affects Choice between BMWs

Berna Devezl'r, Visiting Assistant Professor of Markeling.
University of Idaho, 875 Peri meier Rd. MS 3161, Moscow. rD.
81844, Uniled States or America,
Kllnler Gunasti

The use of Ilumbers along with letlers in brands-in otht'r words, alphanumeric
brand nam,>s (ABs)-be,-aml' pervasivl' in many produrl categories (Boyd 1985).
In retail environment, often enCOUI1Lerllul11llt'rs as pan of brand
names (e.g .. Canon 5D3500 and 504500 cameras). While researrh on ABs has
eXarnilll'd dirrerenL types of hClw('ell brands and attributc<i, the
possibility that ABs Iherml'ives can funnion as indel'l'lllk'nl allribllll'S and get
traded of[ has 110t been explored. Currl'nt re,earch aims to address this gap.
proposing twO major CllntribuJioos. Firs!. based Oil Iht' numerology IiteralLJre. we
develop a mere-alignability hypoth,'sis to explain hnw ABs can function as
regular allribull'S-evel1 when they do not convey meaningful produrL
infunnalion-and geL traded off against uhjt'ctively diagnostir attributes. For
instance. il cboice belween Canon 5])3500 with 14MP vs. Canon 504500 wilh
IOMP potelllially involves hrand-attribute tradeofls. a resull, eveu mere
exposnre to merely aligned comp"titor ABs can arrcci Ihe choices of focal ABs
(e.g .. l'XpO\urt'I" Nikon SnOOO afre,-ting the dlOire betwe"n Iwo Canons).
St.'cond. we identify competitive categorizatiun a<; a boundary condition for the
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mere-alignability effecl such thai only Ihe ABs that are viewed as competiwrs
affeci the focal choices. Across four studies. we fiud support for our predicliollS.
Studies I and 2 show that consumer prt'fert'nces can be shifted easily tbrough
introducing compt..tilor ARs in Ihl' choice fOlllexl. Allhpugh Lilt, numbers had no
diagnostic villuc, consumers treat thclll as regularauributes and engage in AB­
anribllle tralkoffs. prolllpting SUbuplilllal decbiollS. Studies j and 4 furtht'r
revealed thai preference shifts disappear wlwn Iht' nonl"ocal brand is pt'rceived as
a non-competitor.

'3 - Category Variety Seeking and Brand Variety Seeking in the
US Snacks Market

B.P.S. Mnrthi. Professor. The University of Texas ill Dallas. SM 32
Schuol of Man,lgemenl. 800 Campbell Hoad. Richardsun. TX,
75080. United Stales of America. Illurthi@ntdallas.edll. Ram Rao,
Marina Girjll

Brand variety sel'king has been eXlensively \Iudit'd while category variety seeking
has not been silldied as much. In this study. we use snacks consumption diary
data from the US to study hoth Iypes 01" varicly seeking. One question Ihat we
investigate is: 10 whal extenl an.' hCJvy cOl1surn(.'rsof snacks abo the ones
engaging in greater varied consumption? From a manngcrial point of view lhis is
a relt-vant question. Should a seiter offer many varieties (brands) 10 meet the
needs 01" heavy snack consumers"! Clearly, ir heavy consumers do not t'xhibit
markedly higher levels 01" varied consnmption we could conclude that increasing
sales to them is heller accomplished by marketing mix aClivitks. On the olher
hand. il" Ihe Opposile holds Irue fM Clll1SIIl",'rs.we cold increase sales or a
produci hy offering more varit'lies of the product. Of-coursl' the same approach
could be Ilsed 1)1' managers to also understand varied behavior by

groups of consumers [or lJrgcting new varieties. Another question Lhat
is or interest is; how is an individual's varied consumption OVt'l" snack categories
and varied consumption over brand, within a calegory rel,lIl,d"! Again, a seiter
would lind guidance in how best to manage new product imroductions. Although
our study is restrictt'd to snacks. iJ,e answer to this qllestion provides an
underSlanding of whether a variety sl'eking trait mighl characterize individuals.

4 - Expanding the Boundary of Brand Extensions through BRQ:
The Influence of Style of Thinking

Esra Arikan, Assistant Professor, Dogus University, Doglls
Universitesi ZealTlet Sk. Isle line, BiilulTlu KBlok ada No:500
Adbackm Kadikoy, Istanbul, Turkey, earikan@dogus.edll.tr

Prior research Ihat markt'lt'rs should launch brand
characterized by high levels of perceived fit and avoid extensions marked by low
levels of fit. Yl'l. in real life, it is nOI difficllit to find eX<1lT1r,lesof brands thai have
been extended SUCCt'ssl"llltyinto relatively distant domains. Drawing on tht' brand
relationship qualily (BRQ) concept. this study introduCt" BRQ as a pOientialty
critical factor that may help explain this discrepancy. 11 is believed that BRQ,
together with perceived fit, acts as a key nomological factor in explaining brand
extension success, and Illediales the dft'cls of a wide variety of amecedents
(success on altitudinal and behavioral consumer responses to hmnd
extensions. The propoSt'd model is tested el"laralely ill Ihe COlJtl'XI of lhree
differenl lit scenarios (high·fit. moderate-fit, and low-fit). The results based on
data from a sample or 502 consumers gent'rally suppon the hypothesized model.
especially the significant role BRQ plays in Ihe context of moderate extt'nsions.
snggesting thai by strengthening their consumers' BRQ. firms can expand the
boundary 01" extension products. The study further examines how consumers'
style of lhinking-analytical versus holistic-moderates lhe proposed relationships.
The resnlts emphasize lhe importance of the Styit' 01" thinking for the
generalizability 01 the propl)sed model, revealing nol only that the responses of
analytical thinkers and holistic thinkers differ significanlly but also that within the
contexl of brand extensions, BRQ is a more importal1l con ern for holistic
thinkers.

5- The Moderating Effect of Customer Engagement on the Brand
Image - Customer Equity Relationship

GOI'tZ Greve. Professor. Hamburg School of Business
Administration, Adulphsplalz I. Hamburg, 20457, Germany,
goetz.grevc@hsba.de, Katrin Hinkelmann

Customer engagement (CE) can be ddined as nlStOmer's hehavioral
towards a brand or a finn. beyond purchase. resulting from

motivational drivers that leads to the formation of loyalty. tt can take place in an
online ur online whereas online CE has gained increasing aUcntiOll
dut' to the risc or social networking \ilCS. Especially social networking siles,
namely empower com paniC's lo engage (heir customers and potentidl
customers to greater il1leractioo. The contributions of this study art' as follow"
Firsl. a conct'ptual mockl fur the measurClTlent of and consequences
of CE is introduced. Second. a set of measures to capture anlecedents, level 01" CEo
and customer t'quily is developed. Third. the moderaling effect of CE on Ibe
brand irnage-ClIsl.olller equily relationShip is teslt'd. The model has been
elllpirically tested by collecting data on a facehook I"anpageof our stndents. Fim,
a survey has been distrihuled to colleCi data about antecedenls or CE, st'cond. by
conducting an experimenl on the slUdents fanpage, engagement behaviour has
bet'n direCl]y monitored to avoid single source bias within the data. To estimale
the main effects as well es testing the hypotheses, partial leasl squares was used.
The study pruvides insighls in two aSpt't1S: First, a model [or t'xplaining customer
enagemenl behaviour on a facebook fanpage is derived. Second. the analysis
shows a significant negative moderating impaci o[ CE on Ibe brand image­
customer equily relationship. Thus, the results call give managers insights, how
engagement behaviour It'verages customer equity and therefore might have a
IIlcasureablc economk benefit for companies engaging on a social networking site
instead of focussing on traditional bralld builing aClivites.
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Group and Context Effects in Choice Modeling
ContributedSession

Chair: Sotan) Katsllmata, Nagasaki University, 4-2-1 Katafllchi,
Nagasaki City, Nagasaki, 850-8506, Japan. katsllmat@nagasaki-u.ac.jp

1 - Incorporating Group and Individual Dynamics in
Group Choice Models

Sam Hiethmllller, Doctoral Candidate. Australian National
Univer ity, Hesearch Schoul of Management, LF Cri p Building 26.
Canberra ACT 0200, Canberra. 2600, Australia,
samllel.riethml1l1er@anll.edu.au, Ujwal Kayande

Many impurtal1l decisiuns arc made hI' groups. The aim 01" Ihis paper is III develop
a mudd of group choice thai incorporates both individual and group dynamics,
while addressing key lilllitatillns Wilh existing models. Current approaches
assn me that group preferences come from individual member preferellces. This
approach fails to rt'cognizt' that individuals ma)' have different preferences
dt'pending on their role in the decision. Whal an individual wants for a group
may be difrercnt [0 Whlll L1H'y want for thl'IT1St'1vC\.Orawing on work ill sodal
psychology. this paper introduces the idea of lJ1ultiple·selves. By considering the
dHkrem sets of prderences Ihat an individual Ulkes into the group cit-liberation.
lYe ol"lera new approach 10 modelling memher inllllence. We estimate the degret'
u[ billS in past studil's when trying to estimate from individual
prderences alone. Furtlw,.. whiit' prcft'rence heterogeneity is well studied in
marketing, choice variClbility-rhc degree to which ('!loin's Jre dt'lt"rministic Of

random is less weliunderslOod (Louviere, 2001; 2006). Although recent sllldies
have begun 10 incorporate heterogeneity in choice variation into individual
ehoice lTIodels, there is no sludy thai has examioed lhis in the cOlltext of differellt
decision-making units and in particular in gfllUpS. Our modd incorporates both
sources of heterogeneity. We calihmlt' our ITIll<jel through d four-wave choict'
experirnenl in the context of partners selecting a holiday destination. By
providing a c1can:r of who is innucncillg a group decision, this
sLudy allows managers to devdop mOTC targeting stralegies. and
ll]1{JefslcJndLll(:' implicmiol1s of lUrren.'IlI tlt'cision-l11akil1g on choice
outcomes.

2 - A New Model of Context Dependent Choice
Prithwiraj Mukheljee, PhD SllIdenr, ESSEC Business School,
Avenue Bernard Hirsch, BP 50105. Cerg)' POllwise. 95021. France.
prithwiraj.lTlukherjee@essec.edu, Ayse Onculer

Economists have concluded that the phenomenon of Context-dependent
preference is inconsistent wilh the par.:tdigm of value rnaxirni7..(1liQI1as iL violates
the principk of independence 01" irrelevant allernatives. We however propose Ihat
this is not so. We dt'vdop a linear mulii-atlribult' ntility theory (MAUT) model of
utility that demonstrates thai context dependent choice is consistent Wilh value
maximization. (11 our descriptive model, MA(JT scaling constants are nol
invariant, they are a fnnction of utilities derived I,y the consumer from the
alLribute of Lht' options prest'IlL in a sel. Using behavioral argul11t'nls
01' imaginary consumpLiolland cognilive dissonance. we derive the valu('s of
these scaling conStanlS. Our model predicts importal1l phenomena like choice
reversal due lot"<, addition or a dominated a"ernative. preference for bundles of
goods Wilh congrucllt benerits and extrt:mt'!H;'SS averl\ion. It (all also be used lO

analyze lhe lwrformancc or Ilt'W products against t'xisting products in a markcl.

3 - A Two-Stage Decision Model of Mobile Phone Choice:
A Social Network and Service Perspective

Yuho Chung, The Chinese University of Hong Kong. Shatin,
Hong long, Hong I(ong - PHC, yuho@baLmsmaii.cuhk.edu.hk.
Jianmin .fia

Tn salurated mobi'" market. an t'sst'ntialmethod by which mnbile
manufactures gain (ompctitivc advantage is LO understand how phone users
choose their phones and in what ways Ihey use their phune ervices. Wt' present
a two·stage hierarchical decisiou model Ihat incorporates hoth phone'lype
decision and hrand-choice decision. We argue that customers may firsl consider
whether they st'1ecl a smartphone (phone-lype decision) and tht'n decide on
which hrand and modt'l 10 choose (brand c1lOiredecisiun). The phune-Iype
det'ision may affeCl cuslomers' brand-choire derision. In addition. the factors
influencing phone-type decisilll1 may differ [rom those influencing brand-choice
decisiun. nn Ihe literJlure on lecl1llulugy adoption and social·nctworks, Wt'
examint' the role of social networks in smart phone adoption. We empirically
investigatt' the issue nsing a nine·month period data set from a
tl'iecoml11unicmion operator and find lhat network variabit's suc" as social
tie strength. network externality. and tkgree of centrality affect smart phone
adoption. In particular, phone users wilh strorig social ties, large nelworks, and
high degre" centrality Me more likely to adupi smart phone. In the brand-rhoice,
model. Wt' show lhat lhe st'rvice usage of voice calis, lexi messagt's. and mobi'"
Internet are decisive for choosing l110bile pbone brand and model. Our findings
provide new insigtll inlo the faclors affecting smartphone adoplion and phone
brand choice. In addition, our resulis arc useful in developing more appropriate
J11t'asurt'Sof social-rU:lwork variables in Ihe mobile phone
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4 - Random Regret Minimization for Consumer Choice Modeling:
Assessment of Empirical Evidence

Thijs Dekker, TU Delft, Jaffalaan 5. Delft. Netherlands,
dekkeuhijsCii!gmail.com, Caspar Chorus

This inlroduces 10 the field 01 markeling a new discrele choice model for
the analvsis of riskv and riskless Illulriaurihul(-> consumer choices from

scts. Thh r,Hldorr! rninimi'l.llion model (RR1\:\). which
has IwO years ago been introduced in the field 01 LTanspon by Ihe aUlhor. forms a
regrt'l-based (,ulll1t.crpan o[ the canonical random utility Jnaximizillion paradigm
{l{UM1. RHM consumes no more parameters Lhan the mosl parsimonious form of
RUM. and il katures dosed form Logit-Iype choicc' probabifities. As a result. RRM
models-in eilher MNL, Nc'sted or Mixed Logit forms-arc easily eSlimable using a
range of ((,(lI1llt-d) "ioEtwarl' p.:.lckagt's.Since its very reCcllt illln.H.luction a
rclJlively small bUI growiug body 01 fileralure (30 sludies, reponed in 20 papers)
has eJ11ergt'o focusing on RRM's lheuretical propt:rtieo; and/or on l'mpirical
compiHisons wilh Ht.H\'\, Choice (onlt'xts fealured in rlw..:,e empirical cOlllpari"ltHlS
include choices among travel alterndlives, leisure clctivitics. durable goods, uilting
profiles, Jnd health carc options. This paper assesses and l'mpirical
results thal have been huilt up so far, with the aim of finding out 10 what cxtelll,
when. and how RRM can form a viable alternative for RUM. The paper shows
Ihal RRM (including Ihe hybrid RRM-RU:V\ ml1del form) oUlperforms equally
parsimonious RU.M counterparts in a majority of dat(lset"i in te::rms of model fit
and abililY. Although differences in f)crfonnance are quile small. the
two paradigms often result in markedly rlHft.'rent ITIJJli1gt'l"iaIimpHc3tions due to
oflt.'n "ltlbslarni.,l in elasticities, 10 pay flH;'dSllH.'S and
markel share lorecasts. The paper explains how RRM and RUM can be used
joirllly to arrive ;3t 'bt'!laviofally robust' SI rategies.

5- The Experiential Set Choice Model Based on a Heterogeneous
Knowledge Structure of Consumers

Sotaw KalsunwtJ, Nagasaki Universily 4-2-1 Katafuchi, Nagasaki
City, Nagasaki, 850-8506, Japan, katsulTlat@nagasaki-u.ac.jp,
Makuto Abe, Akihiro Nishimoto

In Ihis re!;{-;'tlrch,wt: propos!:' a choice model for SGlIll1Cr panel data (bt"haviorcll
dala) based on a subsel concept. lhe experiential set. As many previous papers
have poillted Ollt, consumers do nol have perfecl information concerning
objective Jllcrn<Jtivt's-for the product catcgoric<:; and £1llriOUI('S of eJet!
brand. Furthermore, they haY(' a heterogeneous know1l'dge structure of lhe
objee:tive alkJn<llivcs. i\.lt.hough marketers and resciJr<..-htrs recognize lh,lt it is
impon£1m lO inCOrpl,HaLC these latenl h<.'llavhHsof C'onSUIlH ..'1' inforlllCHion

processing illto \.'mpirical models. we can obst'rvl: the choice result only [r"om
behavioral d<ua. Hence many cholet' models aSSUlllt' tbat consumers have perfect
illrurrniltion .lbOUI the." markel dl'u.l that Ihev t'Villl.lillt.·all of (heir available

£11 the time of purthasc and CtH"npare thel11 in a rational manner. To
address the above issues, we reexamine lhe contt'ptual moJel of C(HlSUll1er
bchavinr, focusing especially on the information sCJrch process and dyne.lIllk
kno\.'\'kdg<:growlb. We propose a choirl' model hased on these th<;orl'tical
concepts, As ahovt.\ Wl' can obtain only behavioral
fro III scanner panel data, we a$Slllne a dynamic purchase process mooel thal is

to behavioral dilla. The proposed model has the lollowing advul1lages.
Firsl, Ihe llllldl'i is Iheorelically sound cOlllparc'd with existing choice lllodds thai
assume inrnrrnillion. Second, wt:' verify Ihat the Illudel provides higher
prediclive performance, Iherehy allowing us to usc it as a forecasling model.
Third, tlw model offers many implications concerning ((lnSUll1ers' slale of mind.

• FA12
12- Geneve

Decision Making
ContributedSession

Chair: Silu Yu, Zhongnan University of Economics and Law,
183# EastLake High-Tee Devel.opmelll Zone, Wuhan. 4'30073, China,
yusiluec@163.colTI

1 - Cross-Cultural Differences in Price Search Decisions
Suppakron Pattaratanakun, Cambridge Judge Business SehuoL
Trumpingtoll St, Cambridge, CB2 I AG, United Kingdom,
suppakorn@cbs.chula.aClh. Vincent .Mak

We H'pon two laboratory experiments oesigned to invt"\ligalc the ilnp£1clll!"
cultural bi](kground on prkc:: search decisions. In bOl.h lWO groups of
subje(ls, [rolll an EaSlern (Thailand) and Weslern (Ihe UK) cnliliral background
respeClivcly, p• ill similar iLlct.'Lltivin'd price sec:1n:h lasks. Sl'Jrch C'OS!S

within each search task were COnSlJfll with st.'arch in I but illcreased
WiU1 seJrch in Experiment 2. In the low st>arch COSt cllndilion in Experiment 1,
bOlh cliiture groups under-scarched rdalive 10 lile expccll'd payofl-IT1Jximi'l.ing
optimal su·ategy. tn contrast, in the same experimenl's iligh search cost condilion.
EaS!nn subjecls over-sc'arched while Weslern subjects' decisions were close 10
oplimal. Simildr wt"J"e obtaint'd in Experimtnl 2: Eastern subjecls over*
searched as lhey did not seem more willing to acccpt. higher prices JS the COSI pn
addilional search increased. Further analysis suggests that our results ar.e driven
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by bdng more sensitive to ')unk (051S and thus more susceptible to

escalJtion of commitment than vVesterners, a notion tllm corrob\)ralC;.'s with
previoll\ Iittraturl'. This difference did not creal(' signific<l111l'ffecls wlwn search
('osls were lo\-v, .JS in the ltn,\' search (OS! condition ill Experiment I. Huwever. it
caused significdnt ovcr-')carching Jmong Eastern subjecis in the '),1 me
experiment's high search (OS 1 condition, (.1I"1d also when search t'{.lsts incn:'ast'd
steadily in Experimenl 2. Our study highlights an impOrtMlI and systematic
difft.'rencc in st'arch behavior bd\.'\'l'cn Easterners JrHl VVt',>lt'rners..Mort" generally,
our results e,emplify Ihe perils of generalizing conclusions Irom behavioral
research in markcting as wt.'ll JS judgnH:'nt and decision making-which hJve been
conducted largdy in Ihe West-across cultures.

2 - Exploring Context Effects with Consumer Mindset Data
Across Cultures

Selin Ergunctl, Koc University, 1220 iVlanning 6 LA, CA, Istanbul,
Turkey, sergullcu@'ku.edu.lr

Context erf('ClS have been thl' focus of o.llargc IiLerature in psychology, markding
and t'conornics for till' paSl decades. Two of the 1110St important and robusl
O.Hltl'xt erreets art.' the atlracl.iorl effen i.c, the higher atlraclivl'lH'SS of d fOCdl
alternative when a (slighIly) inlerior oplion is oflcred nexl to it. and Ihe
(Otnpromise dfect, i.e. higher aitracliwiless of the alternalive in Ihe middle
rdalive Ihe ones al exlremes in lerms of produci characteristics. The present
<)tIJdy contribules J cultural analysis by f.'xarninil1g the prominence of rlH.'\e two
context erfcns in emerging versw> rnalUre markets. As deraikd in Pauwels et al.
(2013\. emerging and mature markels are likely to diHer in cultural and
economic f'lC1nrs. JI has been Jb-o ShO\-\fl.llhatindividuals of emerging and malure
markels difler in Iheir reguliJIory focus. Moreover, Muorali (2005i has related
regulJlory r.,cus to context dle"ts. Taking aUlhese links iUIO consideration, Ihis
research provides a broader h10k al the COtllexl erlccts across cullures and
presents a more comprehensive J"rarnework: irnpact of the culLUral and
economic differences on conlext dependency is media led by individuals' sdf­
regulatory orit.·I1IJlions. j·lence, ITIJl1agcrscan expecl J higher promint.'on' of the
compromise effect, bUI a promirwnre or the dltrartion efl'ec1 in emerging
vs. maune markets. To examine our prediclions, we distinguish rOl1lext eHects
I"rorn markl:ting by observing consumer allilllde changes with
respecl 10 Ihe varialinn in constnners' price and qUJlily perceptions. Our dala
belongs to an emerging and a mature markel and cornbines markeling dill.d with
consumer mindsel variables. We spedfy a 2-allribule producl space and delinc
Ihe dimensions as produci price and brand quulily.

3 - Projection Bias in the Car Market
Jorge Silva-Risso. Associate Professor, Marketing, University of
California, Riverside. 900 University Avenu(', 201 Anderson Hall,
RiVt:rside, CA. 92521. United States of America,
jorge.silva-risso@'ucr.edu, Devin Pope, Jaren Pope, M.eghan Busse

Many rlccisions lhat.pcopit' make require thell] 10 predict their future utility. For
t.'xarnpic, choosing a job, planning a vacation, buying a house, and buying a car
are all important Ufe decisi\HlS that require predicting: future utilit}' across a
variety of (hoice dimcl1s,ions. Projection bias is the tendency to overpredict lhe
degree III which one's rUIUre lastes will resemble one's current lasles. WC' lest for
evideI1({, of projection bias in J large Jnd very important a consumer
car market. Using data for more than lorty million vehicle transactions, we
explore the impact of till' wealher on purchnsing decisions. We lind Ihat Ihe
choice to purchase J convertible or a 4-wheel drive whicle is ilighly dependent
tin thl' weatht'r at the lime or purchase in a way that is in(ol1sistt'lll with classical
utilily Iheory. Wc' show IhJI sail's of runvertibks. 4-wlH'el drives, and veilicks
Ihal nrc hlack in mlor arc highly influenced hy idiosyncralic varialion in
temperutllrc, cloud cover and sno'Vvfall. We show that for convertibles. wt'atht.'r
thJI. is warmer and skies that are ckarer Ihan seasonal averages leaclto a higher
number of sales. COll1rl.llling for seasonal sales patterns, our estimates Sl.lggt'sllhat
a local ion thai experiences a mcan lernpc'ralure Ihal is 20 degrees higher than
normal will experience a 0.22 percentage point increase in tht' percentage of total
vehicles sold I.hat art' cOllveniblcs. Purchases uf 4-wheel drive vehides are also
very re:-.pono;ivt.'III abnormal weather varialion-par1indarly snowfall. Our results
suggesl that a snow slorm of approxilTllllely LO will incrCllse lht'
solcllilal have 4-wheel drive by about2 percentage points ov('r the next 2-3
weeks (6% sales incn'ase). Black vehicles arc kss likdy to be purchased whe" Ihe
weather is warm and sunny.

4 - An Empirical Study of the Positive and Negative Effects of Online
Service Guarantee

Silu Yu. Zhongnan University of Economics and Law, 183# East
Lake High-Tec Development Zone. Wuhan, 430073. China,
yusilllec@163.cotfl, Xueni Li, Xiaoling Li

Service guaralltt'e is a dilemma for c·scllers. As it will increase buyers' purchase
intenlions, but it may lead 10 more relurn goods too. The research makes an
dfon In study the innllence lllechanism 01 guarantee, in order tn help

10 make.:' lheir retail decisions. The rt'sulls of Ollr empirical analysis indicate
thai tht' higher lhe strenglh of service gUJrantt"e is, the higher (kgrec of Ihe sales
level is. Besides, service guarantee will influence lhe refund rate with inverse U­
relationship. So it is lH'CeSsarylO select a level of guarantt'e.
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Finance and Marketing I: The Team
Contributed Session

Chair: Stefan Worm, HEC Paris, 1 Rue de la Liberation, Paris, France,
worm@hec.edu

1 - The Role of CEOs' Self-regulatory Orientation in Defining a Firm's
Business Performance

Johanna Fri\scn, Researcher, Aalto University School of Business,
P.O, Box 21230, FJ -00076 Aalto, Helsinki, 00 I 00. Finland.
johannaJrosen@aa!toJi. Cecile Cho

This sLUdy al the imillicarions of a CEO' self.regulatory orielllation on Lhe
firm's bu.iness perfonnancc. Specifically, we fonls on IIYO aspeels of CEO sclf­
regulation: assessment, concerned with critically evaluating entities or stdles in
relation to allernatives, and locomotion, rdall'u LO a commitment to movcmcnl
from state to Slale. TIll' business performance imlJliCalions of CEOs reneCling
assessme11l and/or locomotion are sLUdied empirically with a sample tlf 346 lirms.
To aCCllUnl for the dft'ci of environmentalwrbulence Ihatthe focal firm is facing,
our sampk consists of lirms operaling in nwrkets characterized by diflerel1llevds
of markct lurbulence, competitive imensily, and tecllllologicalturbull'l1n'. A
slructural equation mndl'i on Ihe data rewals thaL, iu general. CEO locomoliun i'
found 10 bt' po ilively associaled with firm performance, whereas the effect of
CEO assessmeut is non-signilicanl. Thus. firms WiLh " CEO rellecting high
locomotion generally appear 10 outperform others. 111lerestingly, hvwewr.
compl'titive illlensily is found LO moderatt' this rd"tioll>hip -the higher the
competitive intensity, the the performance impat'l of CEO IOCllmotion.
Funhermon:. in envirorunt"llls ...·haraCtlTi1t:uby high a CEO
characterized hy high assessment is lound III have a positive impact on firm
Ilt'rformancc. whereas under low cOIl1!ll"tilivt' intensity this cUCCI is negative.
Thellfetically, our research contribllles to the research un CEO by capLuring their
motivational mindsctS and examines how the minO\cL'i are linked 10 the firm's
strat<.'gicactions. For managers. our findings poilll to the importance 01 pairing
CEO personality, especi"lIy in ternts of sell-rq(ulatory orient"tions. with the finn's
market environment and the ralC uf change in iL.

2 - Liability of Middleness: The Moderating Role of CEO Attributes
Xiaoyu Zhou, PhD Candidate. Peking University, ROVlTl SOL
Building 3, Haidian District. Beijing. 100871, China.
xiaoyu7JlOu@pku.edu.cn. Xiaorneng Du

Political connclolion hLlS become a hoI lupk or l11arkl'ting rest."an..·hin the
pasL twO decades. growing body of l'wnumic and strategic literature on Lhe

of political conneClit.n that kind of business­
government relationship hl'lps firm 10 secure favorable regulatory conditions an,1
access l() resources such as bank loans, which uhimately increases the value of a
firm and improves its performance. Therefore, political connection ha' particular
importance for bu iness survival and success in emerging market countries with
weak market in titlJlions alll) legal protection. As an important antecedelll of
political connection. the size vf firm has been widely discllssed. This study
aucmplS 10 increase the llndt'rsLanciing of how finn Sill' influences the willingllt:" ')
01 private firm CEO 10 build political conl1l'l1ion. While lJervivus findings show
small Hrms rely more on husiness-govt'rnml'nt our resear<"h, in
with populmion ecoillgy lht'vry. proposes an inverted U-sh"ped relationshilJ
hetwcen firm sizl' and CEO political connection. Additionally, we provide an
UlJlJerechelon perspcl1ive by considl'ring tIll' moderating wit' of two CEO
auributes (i.e .• CEO agt' and CEO managerial experience). Using a nativnwide
cross-industry survc. of private firms in the largest emerging market of China. we
operalionalize lhe me"surcmelll of political connection "s the willingness of CEO
10 become a member of the ruling Coml11unist Pany and ulili,e Ihe human
capital (i.e .. employmem) as the measurement of firm sill'. Our results show that
firm size has "n inverted U-shaped influence on CEO political connection. and
this rel"tionship is f1aller in finns with "ged CEO and in finns with CEO that has
managl'rialexperience in fvreign-vwlll'd elllerprise.

3 - The Productivity Trap: Punishing the CMO for
Satisfying Customers

Ming-rlui Huang. Distinguished Professor. National Taiwan
University, I, Sec. 4, Hoosevelt Rd., Taipei. Taiwan· HOC.
huangmh@ntu.edu.tw

The existingliter"ture suggests a salisf"ction-productivity tradeoff in pursuing
profits. This tradeuff may create a produclivity trap for CMOs. such thm Ihey
would he p"id less than Ihey deserve when tht'y improve customer smisfaction
for a prodlKlive firm. We develop a productivity trap mudelto account for Ihis
phenomenvn Lhat integrales the satis[activn-pro<!uctivity tralkolf lilerature in
marketing with the profit-compensation filt'rature in accuunting and finance. The
model is tested with 14·year customer satisfaClion and CMO compensation
unbalanced panel d"ta and the results are compared with those for ClO
compensation. We demon traLe that there is a salisfanion-produl1ivity Lradeoff
for firm profit and this may result in CMOs being punished with a lower level of
compensation Ihan they deserve for improving cuslOmer satisfaction, if the
prodUCtivity level of the finn is high. By further examining the ·trunure of
ompensalion, we find that when CMOs are paid with eqllilY. they are no longer

[lllnisllt'd. The results provide implicatious fvr the design of compensation
packages LO avoid punishing CMOs for satisfying custumers. Specifically, equity­
b"sed compensativu should he used nl()re in CMO compensation packages 10
"Ileviate lhe punishment that they arc mure likely 10 fan' than otlter functional

42

4 - The Value Relevance of Top Management Team
Marketing Attention

Stefan Woml. HEC Paris. I Rue de la Liberation, Paris, France.
worm@hec.edu, Jialie Shen, Sundar Bharadwaj

firmly believe that they should be in Ihe firm's driver's seal (e.g. Vargo
and Lusch 2004), but in realily the allention paid 10 m11rketing issues by lOp
management ll'ams (TMTs) is fairly limited (Hydl', r andry, ,1r1d Tipping 2004;
Mcgovern l't al. 2004; Nath and Mahajan 2(08). This paper examines to what
l'Xll'nt firms' ability to k'vcragl' 'Hv'T mJrktting altt.'ntion is contingt.'nt upon
marketing callabilities. TMT mMkeling attention can Illltetllially affen firms'
valuc in llh' :>tock markcl ill cOl1trJc;ting First. incrt.'ast.'dTMT markl'ting
alll'ntion can signal thai linns will take a long-term perspl'ctive in utilizing and
managing the valuable inlangihlt' markt'ling «'>\t'IS which form the ba,,>i"i for
sustained business perfonnance. Second. hcightt'ned T/\\T marketing allentil'"
may abo costly [ulltre ffi.lrJ..eling investments. Gi,cn the widening
marketing Ci'l>.lbilitiesgap (Day 20 I I). many finns may nOi bt' ablt- to cffidelllly
implement these marh'ling initiatiVl's. thns hampering finn value. The study
dewlops and tests a higlll'r·order measure of T.."tT allemivn using a
novd statistk'al texwal analysis framework. Th,' hypotheses are tes1('d with
publicly availahll' panel dala co",isting of SfrP 1500 firms from 2000 to 20 IO.

.FA14
14- Zurich

New Product Adoption
Co rbuled Session

Chair: Emmanllelle Le Nagard. Professor, E SEC Busine school,
Avenue B. Hirsch. Cergy POllloise. 95021, France. lenagard@es ec.edu

1 - Adoption and Rejection of New Consumer Durables:
A Goal-directed Approach

Rcmco Prins. AssiSlant Professor. VU University Amsterdam.
De Boelelaan liDS. Amsterdam. Netherlands. r.prins@vLl.nl,
RlIud Frambach

When conSidering the innovation adoption deci'iion or COllsumers, research
typically ,,'orllrai)ISadoptt'rs clnd nOlhJdoplcrs. In these non-adopters arc
generally assumed to be a relaliVl'ly homogenous group. However, the group of
non-adopters consisls of «",sunll'rs who ddiberatdy choose not III adnpt
(rejecters) and Ihose who haw nOi madl' a dl'cision yet (e\'"luaLOrs). As we show
in thi, study, fl'jeClL'rs arc surprisingly differem from evalualors. and at the same
time show some imllonant similarities with "doptcrs. Thevretic"lIy, we take an
integralivl;' approach by combining gOill-directeclduopliull al1leCCdrllLS Wilh
wnsumer characteristics to show that innovation perceptions differ between
adoption stages. depending on the type of consumer. We arc specifically
intere<;tl'd in the innovation pcrccplions of rejecters cornpart'd to adopter; and
evaluators. Empirically. we conduct a survey among 756 Dutch consumers in
which we as ess lhe "doption stagt' Ihey are in (i.l'.: evaluation, adoption, or
rejection). FUrlhcnn<.lft', we l11eaSlIft.'their pcrn'plkm"> un functi<lIlcll and
p ychosoci,,1 dimensions rl'garding 3 new consumer durables. as well as a set of
psychographies 10 accounl [vr cuStomer hetcrogt'lleity. Using" multinomiallogiL
lTludd, Wt' find that rejt'clcrs art' <:;ignHicamlydirrt'H'n1 from in Df

innate innovalivcl1t'ss and in terms or their innovation perceptions. Our findings
suggest that blHh adopLers and active rejecters arl' not that di[[erent in the sen,e
Ihal Ihcy wcre both able 10 m"ke a delib(.'ratl' dl'chion -either pvsitive or
negative, wherea consumer in the evaluation stagl" ,till e>.pt'ricncctoo many

to decide. Thl'SC Hndings have importtlnlll1l'oretical and managerial
implications.

2 - Consumer Disadoption of Old Technologies: The Case of
Fixed to Mobile Substitution

Ralitza Nikolaeva, lSCTE-lisbon University lnstitule.
Av. das For,as Armadas, Lisbon, 1649-026, Portugal.
rali rza.n ikolaeva@iscte.pt

Some technologies "re quickly suppl"nLed by innov11lions, yet others cvnLinue co­
existing with ule new technologies. Why? What makes an old technology
obsolete? This qUl'stioll is import""1 10 both techllo!ogy providers alld polit·y
mak,'rs as the switch to I1l'W technologies rnight requirt' invcsul1cnt"i
by the b,,,ilH'SS alld public Sl'ctors. Many COllsumers continuc usillg the old
technology aftt'r ule adoplion of Ihe new one. Thl' nt'W technology becomes a
substitute ollly when conslllners di adopt the old one. lJutlhe reasons why
consumers cvntinue vr SLOp using an old technology are grossly under­
r<'se"rched. At Ihe 5<1111e time, the di,adoplion of old technnlogit's is as an
essenli,,1 huilding hlock in the identification of disrupl"e technologies. This sllldy
takes d muhi-Ievel perspective LO investigate the consumer disadoption decision.
The multi·levd perspective looks at environmental and supply sidl' f"clOrs as well
a consumer characteristics. We investigate how the model applil's to the ca e of
fixed to mobile phone substillltion. Combining dala from a consumer pallel across
eight European coulllries together wilh country levl'1 dala "hout subscriptions,
regulation. clnd cultural factors, we obtain preliminary results confirming some of
the main propositions vf tht' model. Tamely, the disadoptivn of old technology is
affcned by instillllillnal forces. network dfc.-ts, markel strUl"LUre.and cultural
characteristics. On the supply side, Ihe availability vf new fealures "nd reliability
in the new technology along wilh competition between providers a [[ects the
disadllpLion dl'cision. Consumer and lifestyle factors art' discussed as well. The
study helps in increasing our understanding of technological regime shifts.
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3 - How to Sell Smart Grid Appliances: Addressing the Right Needs
of Decision-Makers

Benedikt Ri)mer, LMU Munich and TU Munich. Cemer for Digital
Technology and MgnH .. Arcisst r. 21, Miinchen, Germany,
roemer@cdrm.de, Philipp Reichhan. Arnold Picot

By selling amhitious cn\'ironmental !!oals. governmcnls worldwide push for
cnerg}' systems II) hecome nlllrc stlSlainablt'. As lhe supply of rcnewahle energy
v..ui<.·s in time. there is')11 incrcCI,>ing for SlOrJgc.:
capadly. l(owC"l'[, as huge in(rdslrUCIUrl' projects arc lacking acceptance. it
l) promising 10 foster the diffusion of distributed dl'ctridly systems (1::5$)
as part of a IUlure smart !!rid. Small-scalt' ESS are tll ht' installed in privale
households. \Vilh priVJIl' hUUSt.'hulds as lht' main customer, marketing is an
importanl issue. Thus. Ihe aim 01 our siudy is l() idcnlify [aclors influencing
th.'chioll-makl'rs ill privale htHl'il'holds 10 .ldopt ESS. Addiliolldlly. work oul
relevanl needs thai should he addressed in markeling activilies when selling
Sll1nl'l grid applianccs such as ESS. We do lhis by anal)'zing large-scale surV('y dala
of r<lndofl1ly chosen OUI of c1 databJ<.;e within Germany.
the largest EuropcJI1 ("{millry wilh a fJS1-growing generaLioll [rom rCJH.'wdble
energie". To .lllaly1c lhe research qUt'stiuns we d(:vl'lupcd a cOllceptual
!"rumework and it llsing a strul..'lUrall'quation model. Thus, found slrullg
l'lllpiricill suppOrt for our research modcl. Our re,ulls show thal the adoplion

is influenced hy environmental c1w..lrl'lll'SS illld that concerllS about the
security of supply, pl'rreived autark}' flllt! f\o(iaillorm hdVC il significant posiiivl'
influl'ncl' on Ihc l'lISlOlllers' intl'ntion w purchase ESS. Of these. aUlarky and
social norm !lilvC the highest impact. We discuss hllW our findings trJnslat(' into
mea\iurl'S for product developmt'1lI ')l1d marketing of ESS.

4 - The Resistance to the Adoption of a New Sales Force
Automation System

Emmanuelle Le Nagard, Prufessor, ESSEC Business School,
Avenue B. Hirsch, Cergy Pontuise, 95021. Franct'.
lenagard(tj>essec.edu, Nit:k Althuizt.'n

Then' is a VJ<i1 litcralurl' on IHlW pt'opk cprnc 10 Ll(Cl'lJt nnv tl'chnologil·". De'\pill'
the accumulated knowledge about lhe faclOrs lhal influence adoplion and ust.'. as
slIlllrnari'lc.'t1 in Ihe Unified Theory of Acceptance and U\\;' o[Te<:hllology
(UTAUTj. thc implcmentalion o[ ncw tcdlllologics in prilclke often encounters
ft' blanct'o somelimes leading 10 blatant fa iIurt'S. DrJwing 011 different adoption
and lI'\C rnockl<i,such .1<'; technology anTptilllCl'. dirrll"iiun of innovations anti
IS success model. our sludy aims to shed light ou factors that may help manag,'rs
LO ea)ily ilklllify Jnd assuage pockcls of resistance. In Ihis longilUdinal study. we
lake a vcry pragmalic approach by direClly linking easily observable syslcm­
rddlcd, PCf<iOIl-rl'ldh.:d and organizcltiun-rdalt'd l'xplanalury variables tu UU1COlnt.'
measures of lechnology u;e (over lime) in order 10 identif}' the mosl imponal1l
CInd pCnli"tt'l1l o[ [t:'shtance. The l!;ltil CollCCll,d for this study (c.mcern\
lhc multi-phascd launch of a nt'w salcs Imcl' aUlomali,)n system al a large
multinational high-H'eh company anosl) EuropeJIl countries. We survcyt'd
278 illlt..'nded at an early ,.HId latl'r phasl' of the irnplemcmillion process.
and also galhered dala on their aelua!. computer-recorded use of the new sales

i1UWfI"lJtionsystcm. PrdiminJry fim.iing\i show five dislinct group" lhJl
differ in their acccplance and use of the new SFA (e.g .. skeptic; and
which GlIl be idl'nlified by a nurnht'r of easily observable <:harancrislirs. An
implication may be lhat we need to devisc dHlcrenl strategics for differel1l groups
to case rcsi,;;tann' or spreJd Interestingly, we aho Untl a lillbstantial
discrcpancy belwcen slaled intentions aud actual usc. Additiollill results will!.>e
prt'senlCd at Ill(' conference.
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Friday, 10:30am - 12:00pm

• FB01
01- Mcntreux

Social, Mobile, and Local
Cluster: I terret and Interactive Mnrketing

Invited Session

Chair: Peter Pal Zubcsek, Universily of Florida,
212 Bryan HJII, P.O. Box 117155, Gainesville. FL. 32611-7155,
United States or Arnt:rica, pzubcsekCa'ufl.edu

1 - Mobile Targeting: How Timing, Location and
Personalization Matter

Michelle Andrews, Uniwrsity "f Texas at Arlingwn. Arlington, TX.
760 13, United States of America. andrcws@ltfa.edu. Xueming Luo.
Cht',· Wei Phang, Zheng Fang

Mouile l('chnultlgies t'llallk markclcrs. lO Cilnsumers by time. location, und
personalization, This sludy builds on a large-scalc randomized or
short. llH.'ssagl' scrvice (SJV\S) St'llt to II ,7lJ4 mobile Wi;.' identify that
temporal targeting and geographicallargcting individually incrl',]sc Sil!cS
plirchas(.'s. Surprisingly. the effects on sail'\ of employing thest' lwo strategies
simultanct.Hlsly are not straightforward. \NheLl targeting proximal mobilt' lIsers,
our rindings reveal a Iltg<llivt., lime rt'iationship; sending

yields a 197°!t) increuse in lilt' incidence compart'u to sending
them two·day prior tn the promotcd evenl. Ho\,\'(;'ver. when targeting non­
proximallllllbile users, there is all in\Trted-U. curvilinear relationship. Compared
to Illes>ages SCIll one-day prior. samc-day messages decreasc purchase incidence
by 72'Yo, and twu·day-prior messages ,llso purchase incidence by 35 1l-h.
We also show how mes">agl' pl'rsunalizmioll and cuswmt'r scenarios act ,as

lhat ilccount [or Ih<: dkcts. [11 a (ollow-up suppkllll'lllary
surveys find thal consumer construallcvt'l is the underlying process accounting
for tht: dkctivl'lll'''iS of rnohilt' targt'ting. Conf\l.Illlcrs who received SMSs clost: in
time and location engaged illlllore CQncrete kvels of mental conslrual. which
increJscd thl'ir purchase intcotlhrollgh consume involvement. High construal
levels also reduce tht: degree III which consulllers perceive ullsolicited SIV\SS as
intrusive. These findings suggest thal underslanding the who. when, where. and
how o[ mobile targeting is Cfudal. l\tlarkt:tcrs can 'i,)\'e mOlley by
carefully designing their mobile targcling campaigns.

2 - Effectiveness of Location-Based Advertising: A Randomized Field
Experiment Comparing PC with Mobile

Dominik Molitor, Ludwig-MJximilians-Univcrsitat (LMU). Munich
School of Managemenr. Geschwister-Scholl-PIJtz I, Miinchen,
80539, Germany. molitor@bwl.lmu.de. Anindya Ghose. Martin
Spann, Philipp Reichhan

Locarion-hased sCJ"vicesprovide inlormalion to mobile users aboullbeir physil'al
pl'llximity 10 different businesses (e.g., shops. relailers and restauranls) and offer
promotional coupons. rP-lracking als(,) allows companies tu targel users
browsing Ibe we'b with thcir pnsonal compull'I' (PC) and offn promotional
coupons. In uddilion. for product-rclollt.'d inforrTlollion (e.g.,
geographical distancc to omine locations or discounts) implies a cognitivc elf'm
depl'ndenl on the position of Ihe offn on Ihe Sl'rcen. Thl' goalo[ Ihis study is 10
experimentally tCSl Ihe eflect 01 geographical dislance bl'lween thl' USl'r and a
lTIJiI ,tofe on users' mohile choict's hy isolal.ing the di,tann' effec[ from the
ranking dfet·1. Using data from a large-scall' randl)rnizcd ficld experlmelll
involving 10catil1l1-bascd advenist'l11CIHSon mohile phones aud PCs, we fil1d lhat

chokes Jrc uffected by the illlcrpla)' hl'[WeCn informatit.lfI 011 gcographkal
tlislann' and the rank of Ihe offer on l!w \Cfecn. We discuss how location-based
sl'fvicc" providt' a new of information buyers and sellt'rs.
new forms of l(lCal commerce.

3 - Social and Location Effects in Mobile Advertising
Peter Pal Zuocsek, University of Florida, 212 Bryan Hall, P.O.Box
1171 55, Gainesville, FL, 32611-7155, United Srates of America,
pZllocsck@ufl.edu. Zsolt Karona, Miklos Sarvary

As Ihe worldwide number of smanphollt' users has crossed lhe 1 hillion mark.
markelcrs are also increasingly using COnfilll11crs'location information [or hetter
targeting advt'nising llH:.'ssagessent 10 mobile devices. Yet. lillie is known aboul
the relationship b4;:lwt:'cnconsumers' movement patterns and the c:fficiency of
mobile adverlising. In this paper. we study mobile advertising responsl' in a p,llwl
of about 200 subscribt'rs or a mobilc operawr ill a Pacil"iccoul1lry. The dataset
spalls aboul live months during which participants w(.'re targeted with COUpUJlS
from rctJikrs in various product calegoril's via a sTTlcHtphon<.'application. Thc
data contain thl.' inilial responsl's to and the actuJI convt:'rsiolls of such o[[crs,
detailed demographic and psyehographic in[ormalion as well as information both
on lhe location of panicipants (based on GPS coordinates) and on their sociallil's
(bOlh in lhe form of referrals. and in terms n[ ·co-Iocalion'). In our paper. wc
compan' the stJlic rl'fl'ITalti<:\ to dynamic ("o·!ocatioll ties and find that
ml'lllbership in tht.' prior netwurk accounts ft)r substanlially larger diffl'rences in
advenising response. Vve (llso unCl)Ver specific individual movement palll'rrls
(e.g .. Ihe Sill' of the 'core arl'il' surrounded by poims thai the subscriber visited
oftell) that correspond Lo illcreased advertising response rates in cenain producl
cJIl'gorit"i. Our restills practical implications [(Ir marketers enga1{ing in
mob ill' ,)dvertising,
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.FB02
02- Lausanne

Online Word-ot-Mouth
Cluster: Internetand InteractiveMarketing
InvitedSesson

Chair: Liwu HSII. Assistallt PrLlft's or. University of Alabama in
Huntsville. 301 Sparkman Drive, Hul1tsville. AL. 35899.
United Slates of America, liwu.hsu(g'lIah.edu

1 - Generalized Model of Advertising: Incorporating Electronic
Word-of-Mouth into Advertising Model

Yana Ponomarova. PhD Student, ESSEC Business School. 65.
Rue 51. Maur, Paris, 750 II, France, yana.ponomMova@esscc.cdu,
Nicolas Glady

.Mcukl'ting miJnagt'rs liSt' an inrrea"iing variety of lTledia vt'ilirlc50 for advcrLi<;ing.
Such expansion is illlensified by socicll weh technologies aod nser-gcnerated
content (UCG) that provide marketers with JItl'I'IlCltivc advertising inSlflll1H:'I1IS.

Electronic Word-of-Momh (eWOM), an ahernative media springing from the
Wl'b 2.0 innovations is closdy rclall'dlO UGC and is IJ ually defioed in terms of
consumers' references to products or thJI are rnJd<..' available to wide
audience via Intnnet. Current research investigates Ihe dket of eWOM on
catc!(ory purchase incidencc. brand choice and purchasl' quanlity dccisions using
an extended version of an intcgratcd utility-maximizing framework. This research

a unique nJuhi-charuH.,'1 COlll\urncr panel providt'd by a major PMCG
manufacturer Ihat matches hou\chold purchases, cldvertiscl11cl1\s seen on TV,
online banner exposures. and ocial network discussions. Such dataSN allows to

c\VOM in tht.' contexl of social net.work. Using this measure. current
study invesligates the effect of eWOM on rtHlsllllll'r purchase decisioll-rnaking.
the role of sodallies and orand involvement iu Ihe rl'lalionship, as wdl as
contraSb the efficiency of the alternative media (eWOM) and traditional
awareness-raising channl'ls. El11piricalmodl'l based on Hierarchical Bayes
mcthodology accountS for obserwd and unobsl'l'wd eonsumer heterogcneity and
as cl n' ull, pruvides marketing manager:> wilh sugge ...tions for multi-channel
advertising strall·gies.

2 - Birth and Death of eRumors
Ylliaka Hamaoka, Professor, Keio Universily, 2-15-45 Minato-kll,
Mita, Tokyo, 108-8345, Japan, hamaoka@fbc.keio.ac.jp

The clfective l11anagel11enl of rUl110rs is an important issue for markl'tcrs. This
study, analyses the rumor that 'a LOxic substance will be rell'asl'd with the
explosion of a chemical plant.' This rumor was spread through Twiller during lhe
Great East Japan Earthquake on March I 1.2011. Through lext mining, we find
that TV news Ihat repoM('d the nre and explosion in an oil industry complex
caused fear and anxiety aboul the indden\. rl'sulting in the generation oJ Ihe
rumor. alsu find (hat during tht' diffusion pn)ct'ss, the rumor ,loses SOllle

dl'tails. is distorted, and is selectively fOCLlSNI (Allport and Postman. 1947).
Besides. consistcncy and trustworthiness nf Ihe rumor is enhanced during
diffusion. By analyzing the social network, we lind that the source of the rumor
was not an opinion leadn, but an ordinary high school girl with only 150
followers. Interestingly. the diffusion of the rumor was accekraled whl'l1 it was
retweeted by a famous aecoun\, who was asked to do Sl' by a [ollower. We
conduct a lime st"ries analysis 011 the numbt'1" of with false informJlitJn.
corrections [or Ihe lalse information. TV ncws appearances. and news rdease
timings fcom the oil company. 10 al gOVt'rnmCI1L, and Illt'dia. We find thal
TV news of fir" and explosion in an oil plant callsed fear that resulted in the
gL·I1t·ralion and diffusion of falsl' information. This Significantly affected the
number of false informalion and correction tweels. We find that the numoer of
correclh)n tweets is insignificill1t cOlllpared (0 false information tweets. ·Press
rdeases from reliaoll' sources such as the oil company and Ihe I"CilI goveDlment
initiated the diffusion o[ correction in[ormalion that suppressed the rumor.

3 - The Effect of Groupon Deals on Online Word of Mouth
Yue Wu, INSEAD, I Ayer Rajah Avenue. PhD Office, 2nd Floor.
Singapore, 138676. Singapore, yue.wu@insead.edu, Kaifu Zhang,
Yakov Bart, Theodoros Evgeniou, Paddy Padmanabhan

Nowadays a lot or 111(;'rchants{Irc running their promotions and issuing deep
discouut (around 50 i Yo) thn.1ugh onlint' deaJ websitt''5 Groupon. This business
generates billions of dollars per year lor daily deal websites. However. it is not
clear whetht'f dnd LO what extent ,host' dt'als improve or hun J11(jrchanl
reputation. vVe collcned fCSLaUrant (kal dalJ in two major cities in US for six
momhs, together wilh all relevanl online review data from Yelp Inc. the mOSt
plIpular restaurant review w('b'iile in US. We investigate how Groupon deals and
consumer characteristics influence the rating dynamic. Preliminary analyses show
that (t) ratin!(s tt'nd 10 be lower after a Groupon deal is launched than odore and
that (2) a rating is especially lower if it is given by a consnn",r who has jllst
rl'deemed a deal.
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4 - Online Word-of-Mouth and Finn Value During a Product
Recall Crisis

Liwu HSll, Assistant Professor, University of Alabama in Huntsville,
30 I Sparkman Drive. Huntsville, AL, 35899, United States of
America, liwlI.hsu@uah.edu, Shuba Srinivasan

Product recalls; companies fear Ihem. customcrs hate them. and inwslOrs pay
dose atlel1lionto them. In this silidy. we examine whether and to what extelll
online WOI\!\ call hun it company's shilrcholder vdluc in evenl or d produCl
recall risis. We identify and (.pnati()Ilalize four metrics of onlillt, WOM that ma)'
moderate th,' negatiw prodllct recall dr.-ets; volume, valence. spread rail', and
breadlh. In addilion. this resl'areh assesses whelher online WOM effects arc
homo!(ellt'ous across orands. Rl'search to date has nOl yel considered whether the
effects 01 online WOM are different for big versus small brands when assessing
the nq;ativ .... impacl of crisis event.; on finn value. This rt',)l"arch first ulili/.t's an
event slUdy ml'thodology from a sample of 186 product recall announccments to
quantify the ef[ectS of product recalls on aonormal returns. This research thcn
asse'se' Ihe moderaling effects of online WOM and brand characteristics un
cumulalive ahnormal returns. Findings sugge<tlhat product recalls result in
significiJntly neg.ative iJbl10rmal for finns . .FurthermOrl\ negative online
WOM exacerhates the negative dkclS of pfllduct recall crises on lirm vallie. Thc
faster spread of online WOM also ncgalivdy "ffells finn vallie during produn
recalls. ''''ore imponanlly, such negative cHects of the valence of online WOM on
firm vallie i)re Iuwl'r for big hranJs thall mall branrls. indicating an insurann'­
like prolcetion of sharcholder value from oig brands. In contrast. small brallds
benefit [rom the larger voilime of online WO \, possibly dill' to overall brand
awareness building. For managers and research alike, this sludy underscores the
managerial relevance of Iraeking melrics of unline WOM and identifies
upportunilies afforded oy big brands during ,1 produci 'Teall crisis.

• FB03
03- Bom
Strategic Consumer and Firm Decisions in
Oligopolistic Markets: Session 2
C1us or: Spc'CialSessions
InvitedSession

Chair: Przemyslaw Jeziorski, University of California-Berkeley,
Berkel··y, CA, United States of America, przjez@gmail.com

Co-Chair: Ahmed Khwaja. Yale University, New Haven. CT.
United States of America, ahmed.khwaja@yale.edu

1 - Finn Learning and Equilibrium Selection: An Application to Retail
Price Competition in the Milk Category

Brett R. Gordon, Columbia University, New York, I Y. United
States uf America. brgordon@gmail.coll1. Ron N. Btlrkovsky

Empirical mo,kls of impt'rfl'et compt'tiliolloetweell finns typically iml"1'e Ihe
assu1l1ption that Nash equilibrium or Olll' of its refinements generates observed
behavior. However, it l11ay nOI always be reasonable to assume thai all observed
behavior is the result of Nash play. Finns ma)' require time and effon 10 Il'arn and
implement Nash slrategies. Moreover, in with multiple equilibria. firms may
also need time to devdop criteria for selccting amongst Ihem. We develop a
model and estimation approarh thill some of Lhest" assumptions.
Spt'cHically. our model allows different equilibria to be played in diflerem market
and time pniods. Shocks to demand or costs induct' firms to move from one
equilibrium 10 Jllulher via.1 learning giving rist' TO (til (;'quilibriulll
sell'clion meclhlnism. We apply the model to help explain the pricing behavior we
observe in the retail milk categor)" which woulcloe difficult 10 explain u ing
standard models of oligopolislic price competition that assume the same
equifibrium is played in all markets and time periods (e.g .. Bcrry, Levinsohn, and
Pakcs 1995).

2 - Free to Choose? Refonn and Demand Response in the English
National Health Service

Stephan Seiler. Stanford University, 520 6th Street.
San Francisco. CA, Uniled States of America, ssciler@stanford.edu,
Martin Gaynor, Carol Propper

Tht' imparts of choice in public st'rvice'i tlre controversial. We e>..ploil II rdorrn in
the En!(lish National Health Scrvice to assess the impact "f relaxing Cllnstraillls on
patielll choice. We estimate a demand model 10 evaluate whether increased
choice illLTcased demand elasticity facl'c! L1Y ho'pitals with rl'!(ard to clinical
qllafity and waiting time for an impOrlanl surgical procedure. We find ,ubstantial
imparts or the removal or restrictions. Pa[i<..'lltsbecame more responsive LO clinical
quafity. Sicker patienls and beLler informed patients were more afft'ctl'd. We
ll'verage nur rtlodelto calculate plltenlial bellefits. We [jlld incrcasl'd demand
responsivt'ness IL-d to a significant reduction in mortality and an increase in
patient welfarc. The elasticity of lIt-mand faced hy hospilals posl-refolln.
giving Illlspitals pOll'ntially Iclrge incentives tn improve their quality of care and
find suggestive evidence that hospitals responded strongly to the enhanCed
iLKl"llives due to inl'reclSed dl'mand daSlicity. The results sllggesls grcatl'r choiL'e
can enhance quality.



INFORMS Marketing Science Conference - 2013 FB04

3 - Retail Entry in a Multi-Brand Environment: Empirical Analysis of
Cross-Channel Revenue Effects

Scotr Shriver, Columbia University, New York, NY,
United States of America, ss4127@colul11bia.edu, Bryan Bollinger

Technologkal advances in digital collllnullications have rl'sulted in a IJroliferalion
of dlj)nnels by which (on$lIllH'rs WiLh providC:'rs of goods and services.
Incft'asingly, rt'lailer ... IllClnagt.'.1combination of gl'Hgraphiclllly uhiqllitolls 'iJlway5o
on' channels such I';-ClH11nlcn:cwcbsi{t's, mobile applicatiol1s and cawlng-drivell
ealllTlllerS, in addilion IOlraditional 'brick and mortar' outlets, A key question of
inlcreSI 10 marketing practitioners and academics is how LO 1ll('aSl1Te the
economic cOlltribution or (.'ileh of I.hc.)(' ch.l11nels 10 tht' linn. Spl' ...
managers wish to know to what eXll'll{ llle various channels act as slI'lltcgic
((lmp!t'mcnl'> {hi'll drive i'ldditiollal demand or as strategic -;ubstillltt''' lhi'lt
cannib,dize onc another's salt's while incn ..'asing operating custs. As the opemtiol1
of t,'hJnnels has become stJndJrrl business practice, optjmal channel
... rr.1Legy is incrt.:'asingly fOl"u..cd on idenlifying (he \Cl of slon: locations
that profitably complement their digital counterparts. In this research, we use
data from a North ArneriGIIl specially rt>wilcr to measure the rl'venuc impart of
physical Slllfl' emry on existing WeI> and catalog channels. Tbl' \tlld}' adds III the
Iimilcd ('mpiricallile[aturc on demand effects, lind is the [irsl to
consider lhl' case of a mulli·hralld relailer, \Vc develop and eSlillliHc an
individuJI·lcvl'll11odt d l thai provides rich conlrols for unohserv(lbll.'s and customer
hl'tcrogelleity to mitigale biJS concerns potcntially present in existing r('search,
Wt' opcratiullJlil.t' entry e[[ens in tt'rms of di'>t(llH.'t meJsure" t.lnd dell1onstratt'
how our modd estimates 11I,ly be lIS(.'u to ...ekcl proritabk location", for nt.'w n:l.lil

4 - An Equilibrium Analysis of the Effect of Consumer Brand Equity
on Firm Brand Profitability

Raj Sethural11,1I1, Professor, Southem Methodist University, 6212

Bishop Boule'vard, Dallas, TX, 75205, United States of A merica,
rsethma«(ilcox,sl11l1.edu, Hichard Briesch, William Dillon

This addresses three questions: What is tht dfcn of comuTller level
br.lIld l'qllity lin rinn I(.>vt'l brand profil'i? How does CUIiSUIlU:"f t'C]uily .lffeci Ollwr
finaJlcii.'11outcomc') such al) rcvenucs and ratio of channel profits? 15 rcvenue
prtmiul11 a good OUlcome l11easurt of brand <,quily'? We define consumer it'vel

ill It'rrns of iner('mental ulililY for brJnd and ils impact in a
markel consisting of lWu brands alllL one retailcr. Our research approach lISC')
,'qllilihrium allal}'sis suppkmelltt:d wilh numerical Our modd yield
several qualitative insights: (i) investing in equilY yield, larger prolits for tl",
brand with higher category and brand rJolertlial; (ii) higher IJrice sensitivity ill lhe
market diminishes the abilit}' LO gel high profilS through l'quit}' l'llhancemenl;
(iii) tbe prl'st'nce of.l rel(lill:r signHicdntly diminisht's tht' profitability of eqllity
enhancemenl for Ihe manufaclUrer bUI the presenet of a private label does not
significalllly aller the profital>ility: (iv) IOwl focal brand and ('hannel profit>
increase with consumer equity. representing a win-win siLUation for bollt
manufacturer and retailer; (v) rl'venue premium I1waSUfl' is In excellent outcome
measure fur lracking movl'llu:,'nt of COIlSUmt'rbralHI t'quily for a givt'I1 brand blH
it is nOl a strong lTIeCl\ure f(,lf tfCKking varia Lion in consumer equity across
markets or cal(.'}.wri(.'s.The managt.:rial irnpliGHiollS of lhes(.' findings and
dircclions for fulure rescDrch discussed.

.FB04
04- Mancil
Online Markets
Cluster: SpecialSessions
InvitedSession
Chair: Avi Goldfarb, University of Toronto, 105 SI. George St.,

ToronlO, ON, Carwda, AGoldfar!J@rotman.uloronto,ca

1 - How Do Consumers Search for Products on the Internet
Chris Nosko, University of Chicago, Booth School of Business,
Chicago, IL United States of America, cnosko@)chicagobooth.edu

Resl'an h into COllSlIlTlt'r ha::- traditionally t'ilher 011 how
consul11crs learn prices assuming perfect knowledge of which IJrodul'ls l'xistand
Iheir charactlTistics or that COIlSumers are familiar with all product
ch(Hancristil"1) lip to all which is as part of () scarch
proctss. These assnl11ptiuns have been driven in part by a lack ()f data on lhe
whole st'arrh funnel. In Ihis project. I ask how realistir are lht'sl' assumptions?

iutt.:'rnal t'Bay data I a til abit' to examine [undallH:'l1tcll ahout the
consumer search proces:-;. My panel datasel includes variJtion across consumers
and across time, alil\wing me to disentag1l' consumer heterol!eneit}' from produl'l
...<:.'(lrcl-1 ,kci ...ioill.,. lmponantly, my dJl.l<;el. includ(,<i illrorrn(llioll on the "''',Hch
refint'ment process (query information and c1ick-throughs). consideration set
(whal the search engine relllrns), and the ultimate purcha,,' I no-pllrchasc
decision, allOWing nll' lO look at Ihe whoit' purl'hase funnel. tllse thest' dala 10

l'las\il}' eonSllmel'S into different types and examine how these diffl'l'el1ltypes
respond dillerentiilily to observed rllnsidt'fation S('iS. lthen ask how a finn should
uptjnlillly choose nmsideralion Sl'lS when lhey art' both i1 product of cOnStllTH"r
choirt:' and firm actions. In Ihis GiSt' the consumer choice is what query (0 lype ill
and the firm aCli(1I1 is what resllits to return lO the consurner. In olher settings
this could (urrespond 10 firm promoliunal aClivilies tllJI lIltt:r :)t'ts
given consumer-dirl'oed IJrodllo searches,
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2 - Advertising Spillovers: Field Experimental Evidence and
Implications for Returns from Advertising

Navdeep Sahni. Stanford University, Stanford, CA,
Uniled States of America, Sahni_Navdcep@gsb,stanford.cdu

[n this paper I use data from rJndornized field experimcllts on a restauranl·scarch
to provide ('vidence;' for positive spillovers from advertising, wlwreby a

finn'.:; ddvl'flising (.11'1 pn ...ilivdy .1ffeCl it\ compt.'lit.or'\ In Ihis empirical
context, I find lhat a restauram's advertising benefits some (ll its competilOrs thal
St.'rVl' the same cubille, Furthl:rmure, Jmong individual ... who brows(' the same
number of pages, the positivc spillovers occur for individuals who are exp()l)cd LO
the t.Hi ft.'w times. For individuals \·"ith more dO CXrHISUIT, the advertiser gains itS
Ihe spillovers disappear, After discussing the empiriralevidence, I \how the
C1dvt'rlising spillovt'rs (".111 IcCld to low rei urns for thl' advl'rtiser anu aho (lffl'ct th<.'
shape of lhe ad-response curV('. I illustratl' lhese by building a model
wherl' ad t'xpO"tHeS incrc.;'ast,'tht' likelihood of both tilt;' advertiser and its
competitors entering II'll" consull1er\ COT1<iideration for purchase, Ikcause tht'

individual\ consider the competitOrs 100, compctitillfl increaSe, which allows
for the possibility thalli", impaCl of till' ads will be small, When ad expusurl'
occurs multiple liml's, the likelilwod of lhe individual choosing the adveniser
from the considcralion "t.:I increase." pOS'iibly inCfl'asing Ihe rnarginallTturno;
from advertising allow levels. Apart from explaining the low elkctiwness of ads,
thi" model also providt's J mt't'hani\H1 cau"ing tilt, curve of
adwnising 10 be S-shalJed. Because of inertia in [()nSllllll'r choice, the S-shape 01
the curvt.' call be mort' prOmilH.'nl in the longer term. Going back to the
expt'rilllellt.ll data, I find "'Uppllrl for the of lhe model. Low
of couses contemporaneous gains for the advcrtic;l'" ilnd its
competitors. H,owc\'er, at the following pun..'hasc oCCc:lsion the sallle ad cxpo:)ures
can IIcgatively irnpaCl lhe advertiser as a resull of high spillovers,

3 - Pricing Online Content: Fee or Free
Anja Lambrecht, London Business SchooL Rege!1ts Park, London,
United Kingdom, alal1lbrecht@london.edu, Kanishka Misra

Online contenl providers lrade orr between advertising and snbseription
rcv(,'nucs. The)' can on advertising revenues and forego subscription

{Jr, dlJrg(' for their content and earn revenues. At the
"cll11C time, charging for COnl('lll willlikdy lead tu lower advertising rCVt'nUl'S. We
build (I unique data Sl't from lht, sports wl'bsilc ESPN.colll to sludy lhis queslion,
Importantly, ESPN.com off""s till' majorilY of content for free but charges a
membership fee for a subset of articles. This subset varies by day and by sport. We
coJlen data on the number of Iree and paid anicles IJtr day and spon, ,1S well as
lhe number of unique visilors, pagt..' vieW'i and tilllt' spenl for (,(leh type of artide
per day and SPllrt over a 12 months period. We estimate how ll1l' numher of free
and paid articles afleets viewership of the sile, We empiricall}' quantify the impact
of Ihe number of paid articles em thl'" in number nf subscribers, and the
dccrease in lutal pagt.' views. COllntcrinwilivdy, we find that in pcri(lJs of low
exogenous demand, the firm dot'"s bl:nt'fit from such charges. the firm
docs not bl'nefil fn)[lJ charging fur a(c('% to conlcnl in periods of high
exogel1l'ous demand, '''lor" g,'m'rally, this that a sliltil' poky, such as
always charging for all COillent. or the same amount or contelll, may not be
vplimal but that instl'ad finn'i should varying what amount of (onlt'nl
they give olfer for frl'e or against a fee Wilh demand,

4 - Is Crowdfunding a Marketing Tool or a Finance Tool
Avi Goldfarb, University of Toronto, 105 St. George St.,
Toronto, ON, Canada, AGoldEarb@rounan.utoronto.ca,
Ajay Agrawal. Christian Catalini

Crowdfunding is lr.lnsilioning from a to a legitimtllt.' source or early
stage capiwl. 111 addition, bccause invl'$IOrS ill nowdfunding pfl)jt'cts often
rcct:jve the product once lite funds arc raised, CTowdfullding fJIl bc secn as a way
10 usc CUSlOmers10 finanl'e productilln. In olhl'r words, crowdfullding
illveslmenlS an'" sometimt:"s ... irnilar to advann'd ..., tht'n"by providing
emreprl'neurs with information on Ihe p\lIemial viabilit}' of their produn in the
marketplace. Using data 011 evcry pr()jt'ci I'unding on Kickstartcr over a two ycar
p('riod, Wt' l'xilmint' lht' bendits and risks of thi", fUllding nwchani';ITI. In
particular, Wl' explore which of the funded produns are successfully brought 10
rnarkl,t and 'whal thai for Ihe riskiness o[ sl'cing (rowdfunding
investments as advanl'ed pllr('hases, We show thar those crowclfunding projl'cls
that are mOSl sUl'('('ssful ill allral'tillg funds (relalive lO expt:ctatiuns) arc those
thai arl' mosllikely to fail to deliver ti,e produCiS as promised, This result
highlights Ihe risk of crowdfunding investnwrns as adv(HlcNI purrhaSl''i. Inslt'ad,
they are beller seen as prohabilistic advanced purch<1ses thal often fail 10
malerialize as desirable produClS.
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Advances in Retailing I
Contributed session

Chair: Lal, Professor, Harvard University, Soldiers Field,
.Boston, MA. 02163, United Stares of America, rlal@hbs.edu

1 - Why Superstores?
HYOlll1g-GOO Kang, Hanyang University Business School,
222 Wangsimni-ro, Seongdong-gu, Seoul, Korea. Republic of,
hyoungkang@gmaiLcom, I-Lailey Hayeon Joo

What makes people go to super5lores? Exisling literature lends to focus on
COllllwtilions hetween superstores and sl11all supermarkets and changes in sodal
welfare caust'd by tht' expansion of superstores. We instead analyze the
POo,ilioning or ann develop poliry implic3Lions. Superstores incredse
lhe consumer interests 01 rich households. doubk-income households, owner
drivers. raw ingredients huyers (e.g. fish or meat). We also investigate how Ihe
rt'gulalioTls against sllperslOH.'S iJrreCl COllsurner

2 - Internet Dependency and Intention to Shop on Bricks and Mortar:
The Mediating Role of Attitudes

HeLa Ayed, MaPreCoB, El Nacer 2, Tunis, Tunisia,
ayed_hela@yahoo.com, Leila Chams Ben Ghacham,
Mohamed Nabil Mzoughi

This study introduces [nlernet Dependency ([])) as a predictor of alLitudes toward
fashion sites and intentions to shop on bricks and mortar stores. Sample is
cornposed of 20S Tunisians girl adolescents. Tbe predictive influence of lD on
3llillldcs toward fashion siles and inlentions to shop on brirks and mortar and the
moderating role of altitudes toward fashion siles was empirically lested using
structural equation mudd. Results show the wtally moderating role lIf altitudes
toward fashions siles between ID and intentions to by on brick and mortar shops.
10 significantly explained allitudes towards fashion sile, but did nol directly
predin bricks and morlar intentl<l shop. Tbe influence of \l) dimensions on
attiludes toward fashion sites was confirmed. Marketers should facilitale access 10
fashion siles because auiludes tOward fashion sites influence purchase intentions
in bricks and morrar SlOres. This research helps companies to know the different
goals of th,' usc of Internet. whicb will be highlight in their marketing strategies.
They also can change the vision of adolescenlS who are preoccupied to usc the
best WJys to o.IHullunicate. act llnd how to approach others. FurlhenTlore
glamorous world can give softness 10 everyday life and escape from what is
happened around. Limited r,'s,'arch has been conduct,'d to ,'xamine ID and
fasbion. There are still no enough sludi,'s Ihat analyse the effects of virtual world
on real world.

3 - Category Killers at the Brink
Rajiv Lal, Professor. Harvard University, Soldiers Field. Boston,
MA. 02163, Uniled States of America. rlal@hbs.edu. Jose Alvarez

-Category kilkrs. - those highly locused retailers Ihat specialize in a calegory of
goods including Barnes fr Noble, Best Buy and Staples. wer .. once the bane of
mass-market retailer'.;' existenn'. Their wide assortmcnt, aggressive pricing. large
Slorro;, eXIt:'J1sive store network. and deep expertise in the calegories lhey served
proved Cl massive competitive advantClge. '"For 1l1C1ss-markctrelailers thal can
real1 ([uickly enuugh, this upheaval is survivable." Today, hll\'VCvcr.th,'se same
distinguishing may prove to be lhe undoing of the big·hox Slores.
We believe that relailing generally is at a tipping point, with category killers being
the first significanl casuallil's of the revolution that is occurring. Herail store assel
produclivity has been in decline since Ihe start of thl' recession in 2007, and we
bdieve this trend will accelerate over the coming years. The Internet has created
a daunling situation for category killers, one that will eventually impact almost all
of retail. The focus that marie categury killers so powerful in the 19S0s and '90s is
creating the conditiuns for their struggles in 20tl. Clearly. this is a new world for
store retailer. To wrnpt'tc with online competitors. rct.ailers will Iwed to be agile
both in elimiualing or downsizing calcgorics that do not benefil from tlH,.'i.r stores'
assets, and in intruducing new calegories thill cannot be bought withoutlhe help
of Ihe core assets of their stores. An ever-evolving retailer that understands how
key store-level assels can be deployed in a category to create a compelling
shopping will st"paratt' tht' winners from the bankrupt over the next
dt'cade.

4 - Dynamic Time Warping for Retail Trends
Ozden Gur Ali. Koc University. Sariyer. Istanbul, Turkey.
oali@ku.edu.rr, Efe Pinar

Retailers would like 10 identify new economic and social developments affecting
thdr SCI as to dcvdop strategies and 'C1clirs lo t,-'xploil or eliminatt" them. Wt:
usc Dynamic Time Warping (a lllethod that is successfully used by the machil1l'
learning community to identify SiJllilarities in sequences-even though their
timing and speed may differ) along with more traditional measures of time series
similarity to automatically identify potelllial leading or coincidelll indit'ators of
sales lrends affecting parl.icular geographies, <.·ustOrlle[ sl'grnenLs, or cJlegories. We
experimelll with the sales data of the leading rctaikr 01 Tmkey. and adjust sales
for price. promotion and CRM activities. seasonality and holiday effecls. We
dynamically combine Ihe adjusted time series according 10 potential cause of Ihe
impt'tlIs, and explort: whe[]w"r thest' lft'llds can he lIsed 10 irnprovt' furecasting in
addition to managerial insight generation.
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5- Price Formats and the Success of Store Brands:
The Mediating Effect of Trust and Fairness

Sudipt Roy, Assistant Professor of Marketing, Indian School of
Business. Gachibowli, Hyderabad, AP, 500032, India.
sudipcroy@isb.edu, Sridhar Samu, Sheikha Alia

The overall objt'clive of Ihis research is to examine the link between unexplained
price volatility due 10 differenl and two related but distinct constructs,
lrust and fairness, alld look al its managt'rial implicalicHls. We compare 'VhJ price
format' - EDLP (low volatility) and Hi-Lo (high volatility). We hypOlI1l'size tbat

trust EDLP stores more, and t'valuate them to be more fair.
in lhese slores they arc expected to have a higher Willingness to buy products for
which retailers take un all the responsibility. i.e. the store brands (abo called
privatc labels). We experted national brands to remain unaffected by store's price
format. \Ve .:11,,0 examine regional differences (USA VS. lndia). Study I confirms
Ihal consumers trusled the retailt'r more when it followed an EDLP pricing; the
effecl was stronger ft,)r [ndian consumers. Another interesting finding was that in
the EDLP format conditil,n, Irust !owards tIll' relailt'r for high deal-prone
American respondents was highl'r Ulan moderate ones but U,.. effeer was revl'rserl
for Hi-Ln formal condilion. Objeerive of study 2 (in progress) is to examine the
link betwecn formalS, Clnd lruSI and willingness-tO-purchase It,nvards store
branrls and national brands. As bd'>rl'. wl' hypothesizl' a link hl'rwl'en high (low)
price volatilily and negative (posilive) evaluation, but for store brands only.
Rxl.lnt rese.Hch in related dredS n."cpgnizt:s thai consulTlt:r perceptions or trUSt and
fairncss inllucncc relational exchanges between consumers and rClailcrs. We
expeci this paper to extend our understanding of Ihe consumer decision making.
Jnd also help mangers pricing decisions in ('nVironlllt'll1.
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Attention, Memory, Learning
Contributed Session

Chair: Andres Ml1sakm, Duke University, 100 I'uqua Drive.
Box 90120. Durham. NC 27708. United States of America,
arnusalem@duke.edl1

1 - The Influence of Memory Processes on the Selection of a Result
on a Search Engine Result Page

Tamara Ansolls, University of Warwick. Warwick Business SchooL
Coventry. CV4 7 AL, United Kingdom. tarnara.ansons@w\)s.ac.l1k,
Norbert Schwan:

Utilising an online search engine has become J ubiquitous conSUlller expericllce.
For example. aC((lrding to romScore's 2013 UK Digital FULUre in Focus report.
unline UK consumers sei'lfcht'o 161 times OIl avt'rage in Dccembt'r
the usc of search engine marketing techniques like search engine optimization
illustrates Ihe importance of online search 10 finns. Researchers have found that
feaLurt's nf the search engine result page (SERP) alters the likelihood of results
being sclerted. Bevond tJw auributes of the SERP. w,· examine how consunwrs'

process n;ay guidt' selection. sought to how SERP sekclion
is guided by memory processes as Ihis offers a way for marketers to make use of
thl' existing knowledge Ihat consumers might havl' in mind when conducting a
search to inrJucllce a result's selection. For example, suppose a consumer was
planning d trip 10 San r:rancisco. If lht' consumer has bet'll rest'arrhing San
Francisco, l'l'nain terms (e.g., wharf) might be salient in mcntory because of their
relevance 10 San Francisco. Thus. when condlJeting a subsequent search (e.g., for
a hotd) the prescncc of a previously encotnllercd tcrm in a result option might
influence the consumers' selection. We examined Ihis possibility experimenlally
by pr('senting parlicipanls with a series o[ words thaI were studied for an
ostensibly unrelaterltask. which was followed by a online search task Ihal
manipulalcd the inclusion of prcviously encounlered words in results on a SERP.
We find that when results contain words that were ,'ncotnl1ered prcviously, those
results '·w,,· ntore more likely t:o be selecled. Thus. firms can utilise knowledge
aboul what terms arc salient in consumers' mem'lries to COnStruCI result oplions
that include these terms. increasing its likelihood of being selected.

2 - On the Cognitive Search for Consumer Preferences: Integrating
Eye-Tracking and Electroencephalogram

Chelsea Wise, University of Technology Sydney, PO. Box 123,
NSW, Broadway. 2007, Auslralia, chelsea.wise@lnrs.edu.an.
Rami Khushaba. Sarath Kodagoda, Jordan Louviere

Consumer neuroscience js d rapidly t'volving Held of marketing research that is
focused un the integration and applic<ltion of neurosciemifie methods to Ihe
research discipline of consumer behavior. The key contribution of this paper is to
cornpkmelll tht' advollcenwnl. of such rt'search lhrough lht illvestig.llion of the
human brain activity, denoted as electroencephalogram (EEG) signal. Irom the
different brain regions while panicipants undertook a choice lask designed to
elicit prekrenees fllr a markeling product. We analyze the deClroencephalogram
(EEG) signals collerted from the different brain regions by focusing on the study
of how event-rdated potentials (EHPs) are modulated by the marketing stimulus
and how the ERPs evolve uver time. The commercially availahl,' 14 channel
EntOliv EPOC wireless EEG headset was utilized and the collected EEG data was
related to the specific choice options wilh a Tobii X60 eye Iraeker. Fifleen
panicipants were rt'cruited for lhis experiment and wert' shown 57 selS;
each choice set described three choice options. Our results indica Ie significant
hrain aClivity on the frontal (F3 and F4). parietal (P7 and PSI. and occipital (01
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and (2) regill!1S,with ERr shilts along Ihese regioos. Our experinwnlal resnlts
also show that pClrticipants spent Inure looking non-preferred items ill
each choice set at lilt.' beginning of tl1t.' experimeIlt (l'XpIOralion mode). whilt·
reducing Iholl lllllt' progressively 10 indicml' significlJlll amount of
processing ao;;signed to prd<.'lTl'd itl'ms (exploitJtion 111ndc).

3 - Is it Now or Never? Limits to Inductive Learning in Consumer
Dynamic Judgment Tasks

Robert Meyer, Professor, University of Pennsylvania, Dept. of
Marketing, The Wbarton School, Philadelphia, PA, J9J 04, United
States of America, meyerr@wharton.upenn.edu, Jeff (Cexun) Cdi,
J. Wesley Hutchinson

Consulllers are often prone to error \'vhen making decisiol1$ lhat involve the
strategic consideration of fuwrc (e.g., search. finJncial planning).
But while asslllnptiolls of dyllamic optimality are likely lO provide poor

of in[rt'qlJ(,.'nlly-ntJde derisions. they rnJy l1l'verlhelt.'s.\ serve,: as a
good as asymptotic characH:ril.atioll of frl'qut'ntly·rnolde decisions where
consumers have h':Hl (I chance tn learn. In tllis paper we rcpi,)rt the findings of a
program of research tbat has songht 10 define tile tlll'Orelical and empirical
boundaries of experielltiallcafning in strategic decision tasks. Using data from d
fJnge of laborawry dyn.llni<: derision "ve find wide variation in asymptotic
learning abililies. Alone eXtreme, individuals seem capable of (kwloping Jl('arly
perfl'ct 'as-il' knowledge o[ the expeCied valne o[ the maximum o[ N draws [rom
a distributinn (a calculalion central io search and bidding problems) after as IltUe
as one plt'CC of feedback. At the otht'f t'xtftllH.'. learning io; alrTlosl non-existent in
sellings where kedback cornes in the form of lost opportunities that
coulller-factual reasoning. A tax(,)nomic framework is proposed for guiding when
assumptions of dynamic optimality are likely III be more or less plausible in
empirical structural models in marketing applic3lions.

4 - Experiential Quality Learning in Consumer Brand Choice
Suman Ann Thomas, Assisranl Professor, Indian School of
Business, AC2-2126, Level L Gachibowli, lIyderabad, 500032,
India, sllman_t.homas@isb.edu, Jiang Zhiying, Surendra Rajiv

learn aboLltlhe qualilY o[ a product through multiple consumption
experiences frol11 repeated purchases. 1n IradiLionallt"arning model, II consumer is
assuHled lu make brunc! choice using the overall quality evaluation thaI. is formed
based on her cntire consumption history, However, behavioral literature on
informiltiOll processing aud mCIllury·based judgment suggests that the consumer
stOres Hot jusllhe overall qualilY inlormation (in tIle semantic rncmory) but also
context specific usage expl'riences (in Ihe episodic memory). \,yhile making a
brand choice, she lISes pieces o[ information from either o[ these memories,
depending on idiosynCfJtic traits (such as gendfr etc.) Jnd situational faclors
(such as involvement of Ihe CllnStllner in Ihe choice process). She can make nse
of either th(' overall brand eVilJuatiol1s or the context specific product uSJge
experie.nce depending upon whot is more salient during the shopping trip Jnd
then mak<' the brand choice. In this papcr, we propose a structural cronomelric
model with Buyesian kJrJling that allowf.i the (OnSlllller to use either or lhese
recall mechanisms while making Ihe cltoice. Further. lite consumers ill our model
have impedtTl memory i.e., memory relrieval and rel:JIl occurs with errors. This
('xplicitmodelling of Ihe imperf('ct memory allows us 10 econometrically idenli[y
and distinguish bel ween U1C alternative retrievdl Tile paper also
auempls to empirically test hypotheses about [actors (from results of
experimental and MRI.-based studies) that afieci the recall [rom semantic versus
episodic We calibrate tht' proposed model using SCJnner panel dJt.l 011

laundry delergents. We find that consumers arc more likely to recall past
t'xpl'rielH.'l'S rather Ihan an existing belit:r whilt, making a choice.

5- The Importance of Feature and Object Fixations in Choice-Based
Conjoint Analysis

Andres Musalem, Duke University, J00 Fuqua Drive,
Box 90.120, DurhalTl, NC, 27708, United States of America,
alTlusalem@duke.edu, Ntartin lvleissner. Joel Huber

Researchers [rom different disciplines have worked on Ihe qu,'stion o[ how
altention and preference are related in everyday decisions. One stream 01
research has demonstrated that prcferenliallooking rakes place, i.e. thai subjecls
focus their aUl'lllion OIl feCtlUrl's and objects they like. Another stream of
found evidence for l1lere exposure effects, showing thai subjt:cts more likely
choose objens they (are forced 10) pay more allention 10. Bringing rogel.ber that
knowledge, it has been argued that attention directed aod preference directed
processes (lrc connected in a positive feedback loop leading to the final decision,
which nteans Ihm allentlon gradually shirts 1<l the rInally chosen obj,'cts in the
form of a cascade process. Renening Ihese findings back to coni"int analysis, we
explore the possibility thai attention is focused ()n liked [eaturcs and obj(.'ets and
atteoded Icatures and obj('cls come to bt' liked more. eyetracking
ledUlologV wt' assess fixations for ctmjoint choice tasks. We lhcll estimate a
rOnSllIlll'f utililY model and find evidence of fCilllire foclis where i3ltt'ntion to a

;.1fnplific·sits utility, increasing thl' ulility of positive [etlture:> JrH.l the
disutililY 01 negalive ones. We also find evidence o[ object focus where alieJ1lion
to an object amplifies the magnitude of the utililies associated with all 01 its
features. Furthermor,,, Ihese twO e1lects (fealure and ohject locus) become
stronger as Ihe decision approaclws. Finally, our Iindings underline Ihe addilional
value o[ combining eye-Iracking and choice data. In Ihis regard, we rind that a
consumer choice model which includes [eature and object fixations prediclS
holdout choices substantially belier than one calibrated only based on choices.
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Health Marketing II
ContributedSession

Chair: Hongju Liu, Assistant Professor, University of Connecticut.
School of Business, 2100 Hillside Rd, U-l041, Storrs, <:1:
United States of America, hlill@business.llconn.edll

1 - How Business Cycles Affect the Healthcare Sector: A Cross-
Country Investigation

Jail Meyer, Maastricht University, Tongerseslraat 53, Maastricht,
Netherlands, j.meycr@maastrichllll1iversity.nL Kathleen Clceren,
Lien Lamey, Ko de Ruyter

The healLlH.'{Ircsector hilS gained a 101 or research inler<:sl by marketing s(:hnlars
because of its high t:col1ornic and so(itll imporlillKe. Whik the long-It.'rIll
relationship bel ween GDP and heallhcarc l'xpcndiLUrcs has been
J't'searcht'd It.l i..'xplJin diffcrt'IKt'.;; ill ht'althrare spending betwt'C:'n the
mid-term li.<,., business-cycle) perspective has currently been overlonkl'd. In this
paper, we explore tbe bnsiness-cycle sensilivity o[ b(llh the public and private

of lhe heahlKJre seClor. and c.lSSCSS itf.i long·terrn consequences aero):) 27
coullt.ries wt.lfldwidc. We find for a vdriahilit)' in responses to lhe
business cycle, both across spending sour...-es (Le .. public vs. private) and JCfOSS

counlril'S. rndt'ett while consumers and/or governments consistently CUI bark 011

hl'alt.hcare <.'xpcndilUres during I..'connrnic contractions ill SOIllC countries, in
others private and/or publk hedIthcare buyers have the tendency to spend mOTe
when the economy declines. Moreover, we find important long-term
consequences of business-cycle sensitivily. We SllOW that COSI cUllings during
c((lnomic dowllturns ill Ii'll' privatc part of lilt' healthcarc SCt-tor reduct' lhe
growth in I'hl' heallh ....WIUS of I.ht' population in Lilt' long run, while public cut·
backs increase tlte long-term growlh in IOIaI healthcme expenditures. Finally, we
,'xplore a sel ,,[ lactors that might. drivl' husiness cyrle JluclUations of public and
privale healthcilrc expenditures. It elllerges thill (I country's heahhcare system
and its preventive act.ivities IHe influl.'lll.iul predictors of cyclical
sensiLivity in the healthcare Sl'ctOr.

2 - Is Universal Healthcare Universally Good?
Srirall1 Venkararaman, University of North Carolina-Chapel Hill,
McColl Bldg .. Kenan-Flagler Business School, Chapel Hill, NC
27599, United Sl.ates of America, venkats@kenan-fiagleLunc.edu,
V. Kumar, .1. Andrew Petersen

In Onober 2006, Ihe statl.' of Massachusetls ITIJndi.llt->dlhJI. all residenls must
purchase health insurance (commonly reft'rrcd LO as RomncyCare) Of face a tax
IJl'ualty. This study the irnp.lrL of the passage or HomneyCare OIl the
demand for oUl-of·pockt't diagnoslic tesling (now cpvercd once yearly
with no CO·pdY under ROrIlJwyCdre t'Ven 'when patients Jrc Jsymplornatic). Using
a novel group-trajectory rnau:hing eSlimator and 7 years or c1I5tomer-kvcl data
(over 7 million appoinlments from 2002 to 2009) [rom a leading provider of ont­
of-pncket diagnostic lesting services, we find that the law: (i) decelerated tbe rale
at which dcmJnd for oUI·of pockct servicl's increased in suburban Jnd rural
markets. and (ii) decelerated the rate al which d"maod [or out-of pocket services
decreased in urban markets. This suggests that on average Im·v increased the
patient weH ..He o( suhurb ..Hl"Hld rural residents and reduced till' patient welrare of
Urll<111 dwellers relative to Iheir peers in other \VC show thJI these ncl
effects arc J combination of Ihe changes in the size of Ihe market of insured
patients (from JboUI 1 uninsured in N\assachusetls versus dboul 17.1 'Yo in
the U.S. in 2006 10 about 6.3% uninsured in Massachusells versus about 18.4%
in Ihe U.S. in 20 I0) coupled with the adjustmenls in Ihe supply 01 healthcare
providers ill response tt) the law. The highlights the need to pay
atlClllion 10 the supply of healtlKJre JCCt'S'; so as to realize the gains from the
passage of universal healthcare. Our results also lend credence \l) Ihe inclusion o[
supply-side inCl'ntiVl'S in the A1fonlable Care An (commonly rderred tu as
ObmnaCare) that (Ire nol pan of the origin;:]l J\1assachusclts healthcare law, as
long as Ihe incentives aft: largl'1<.:d10 the righl rnarkt'ts.

3 - Online Health Management: A Study of Patient-Physician
Communication via Social Media

Phylis Mansfield, Associare Professor of Marketing, PenlJSylvania
Srate Un iversi ry - Erie, 5 I 0 [ Jurddll Ruad, Erie, PA, 16563,
Unired Srales of America, prnrn Mary Ber..!) Pinro

First illlf\)duced as a mealls of nlainlaining COrHact with current lies or
recofllH.'eting with old social media has IHoved into the [(.'dlm of business
')lrdlcgy, and more recently. iOln the area of health care (Duggan and Brenner
2013; Hawo 2009, Smith 201.1). 11 is estimated thai there wert" nearly J.43 billioo
users of social networks worldwide ill 2012, \vhich reprcSl'nled an increase of
19.2% ovt"r 20t I ligures. filtTbook is 11K' lOp nt"tworking site, with 837 million
users worldwide. all illnt'ast' of 27.4(Yo from 2011. The Uniled
is Ihe leading Facebook country by number of users, wilh a total of 141 million in
2012 (EMarketer.com). The current sludy invesligales the use o[ sodal media as a
means of communication in an online health management context. Specifically,

study measured patienls' auitudes toward l'[l}ails. lexi messaging, ano
FaccboCJk as communication media with their physician's office. The data WdS

collected from a pediatric medical practil't" in the northeastern United States,
surveying 245 parents or guardidns o!' the paticrJls, Ninety·six pcrct'nt or the
sample reported having access tv the Internet. With regard 10 their interest in
receiving messages about upcomiJ1g appointments via a'xt mcssages or email, the
mean o[ 5.4 [," each method (I =No 1111"rest: 7=Very Inleresled) indicates a
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[avoral)le response. Additionally, the respondel1ls' indicated an interest in
receiving child-related health informatioll via Fat'ebook; means ranged from 4.7
for 'common illnesses' to 5.3 for 'answers to parents FAQ's' (both on the I to 7
scal,' above). This data. and addilional r"suhs from this study, imply an
acceptance of soc:ialmcdia as il (,(lJnmunication mcthod between patients dnd
physicians.

4 - Skepticism and Credulity in the Market for Healthcare Services
Eric SC'hmidbauer, Indiana University, 1309 E. lOth Sr.,
Bloomington. IN, 47405. United States of America,
eschmidb@indiana.edu. Dmitry Lubensk y

rvledical overtreiJtmcnt is considered a major contribul(lr In rising COSts in the
United States hcalthcare market and statistics abound l<> document its t'xislence.
At the same lime tl1t're is significant evidence of medical underlrealmenl
stemming [rolll patients' LO t.lwir physicians' orders due 10 illack
of unsl. The co-existence of bOlh over- and undenreall11ent is puzzling - Ihe lauer
requirc's a high degree o[ pat.iern skepl icism while tIl<' [onner requires a lack
ther,'o!. We posit that Ihe answer In this puzzle lies in twO defining characterislics
of Ihe doctor-patient relationship: asymmetric information lwtwecn an
uninformed patient and an informed hut biast'd doctor. and the ability of the
oOdor to re.>uict the patiel1l's available actions. A patient consults a doctor to
learn ht'r trnt' state of health and rl'cdves recommendalions for treatment. The
patient may fully expect the dOGor to be biased, yet can still rationally draw
infert'nCl' from Ihe doctor's prescribed dCl.ioIl. Furthermore, a ratient may rejt'CI

the proposeotreatmt'nt in lieu of an available outside option llllt oftt'n cannOI
induce lhe doctor to prescribl' Jl1 "inlermediJlc" In.'iltmenl. 'We dernonstrilte Ll1<1t
these IWO aspects o[ the dOClor-patit'nt relationship are sufficient to
simullJneously generate over- and un(krtreJLment in a rully rational mudd.
Although previous marketing researchers have t'xplained non-compliance in
terms o[ the patienl's perceived costs and benefits generally or in terms o[ trusl,
none have explicitly modeled Ihe rok' of asymmetric information in determining
these.

5- The Path to Drug Choice: Paved with Promotion or Persistence?
Niels Holtrop, PhD StlIdent, University of Groningen.
P.O. Box 800. Groningen. 9700 AV, Netherlands. n.holtrop@)rug.nl,
Jaap Wieringa. Maarten J Gijsenberg. Philip Stern

Physicians have a special posilion in the phannan'uticalillarket: they function as
between ptltienLs and phdrmaceutical firms. decisions whether

and what to prescribe to patients inlluence tht' overall sales and hence drive the
success of a drug. These decisions are amongst others influenced by markeling
aClions (such as detailing;' the structural persistence of physicians and physician
characteristics (.Janakiraman et al. 2008; Kremer et .11. 2008). However, which of
these rorces is deciding fanor relllains a scarcely rt.'searched C]llcslion. We
study this question using a longillidinal dataset colllaining the prescription and
detailing histories for a panel of physicians for branded and generic drugs in ten
categories. Moreover, finns in these categories are engaged in a c01l1arketing
agreement: the companies markel the same cherni.cal under a different brand
name. By colllrolJing for product difkrences in this way. we isolale Ihe
contribulion of marketing actions, 5truclufa! persistence and physician
characteristics on the prescription choice. Subsequenlly. w,' investigate twO
strategic choices (inns make wiLh respect 10 drug devt'lopl1lt:'111Jnd detailing thtll
potelliially influence th,' choin' drivers. and judge their ef[ects on drug
prescriptions. We stndy whether firms benefit from developing Iht' drugs
themselws or whether they should [ollow other finlls instead. and wJH'ther they
should detail a flow physicians a 101 or lake a broadt'r approach to detailing. We
lise a hierarchical Bayesian multinorniallogit rnodd, wl1ich allows us ttl study the
choice behavior of individual physicians. This way our recommendations for firms
can be specified to tbe indiviouallevel. leading to truly individual markt'ting.
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Price Competition I
Contributed Session

Chair: Daniel Halbheer, University o[ Zurich. Plattenstrasse 14,
Zurich. 8032, Switzerland. daniel.halbheer@busincss.uzh.ch
1 - Cognitive Dissonance and Price Competition

Hl1ihlli Wang, Duke University, 2608 Erwin Rd. Unit4JO,
Durham, NC, 27705, United States of America, hw59@dukc.edu.
Wilfred Amaldoss

C,msnmers experience cognitive dissonanct' when they hold incompatible
cognitions in lheir minds. In this parer. we incorporate the itka of cognitive
dissonance in a model of \palial competition and examine ilS implications for
pricing strategy. Prinr research has shown that in the presence of demand
uneenailllY or information asymmelry it is more prolitabil' for a firm to advance
sell ils products rather than spot s<'ll them. Wc' show thai even ill the absence of
dernand uncertainty and information asymmetry. advance s"'ling is mort'
profitable if consnmers arc susceptible to cognitive di>sonance. Traditionally,
consumers pay a lower price for produci bundles. Yel the prospeci of cognitive
dissonance can motivate consumers to pay a higher price for a bundle than the
Slim of the prices o[ its cOJnponents. We also idt'nlily circUll1Slanccs when it
profilable for Ihe finn 10 engage only in advance selling. alld when it is profitable
for the firm to of[er consumers the option 10 advance buy as well as SPOI buy.

48

2 - Fattening Competition
Paul Dobson, Norwich University o[ East Anglia Business SchooL
Norwich Business School. Norwich, NR4 7TJ. United Kingdom.
p.dobson@l1ea.ac.l1k, Eitan Gerstner, Jonarhan Seaton.
Rawla Chakraborty

Is competition resulting in more choice always good for consumers? This paper
considers the phenomenon of supt'rsizing unhealthy foods wht're food vendors
COIllIH..'Lt'by orrcring significant qUdntity discounLs 011 larger portion sizes over
regular sizes. Healthcare experts bdieve thai increases ill portion si7es, and
particularly tl1<' emergence of eXira-large, sup,·rsiz.ed portions served by food
velldors. have contrihuted significantly to the obe,ity epidemic. TI1<' paper shows
how {,(lmpcliLion Ci,lll roud cornpanil's 10 urfer differcnt portion sizes 011

tht'ir menus and entice conSUJllers to trade up to supersized
portiol1 Silt'S and. overeat whilt' penalising health-conscious COI1$LJI11t:'rs wilh high
prices for sticking 10 regular portion sizes. The bargain prices oHered for
supersizing can be so generous as 10 be below their incremental cost ann result in
a I<.)$S or ecollomic welfare; a fcawre which intense competition can c'xacerbatC:'.
Aside Jrom Ihe impact of obesity on heallhcare costs, the prospect of an economic
welfare loss provides (\ furlller justification [or pressuring food vl'ndors to reduce
supersizing for unhealthy food. The paper assesses possible policy measures and
busioess rt'sponses to eount.er the harmful effects of supersizing and eUOlurage
consumers to C01lsume in moderation. As well as IlH.'aSUfCSrelated specifically 10
portion silt'S. Lht' paper considers broader, structural medSIHCS lhal mighl
beneficially affcctlhe nature and intensity oJ competition belween food vendors,
incluoing planning and licensing restrictions that could provide [or variety and
choice while curbing thl' excesses of fatlening (Ollllll'titinn arising frOnI over­
served markcls ""\lith desperatt.:' compt.'lilOrs.

3 - Product Recommendations and Price Competition
Sofian Bahani, Roc University, Rutnelifeneri Yolu 34450 Sariyer,
Istanbul. Turkey. Skander Essegaier

This paper studies the slrategl<' implications o[ tbe use of recommendation
systems by rompeLing retailers. We develop a gill1H:' theoretical model to explain
how product recommendations enable cOlllpeting retailers to reduce the intensily
oJ price competition and geoerate higher profits. Our model captures, in a stylized
way, some key featuft's of the rornpt'l.ilive st,tting in book rt"tailillg 011 the
Internet (Amazon.com vs. Barnesanonoble.com). We consider two retailers
serving tht'il' uwn slore-loyal customers v"hill' competing over sto[e-switchers.
BOlh retailers carry a similar a5S0rtJnl'nt of products that are imperfect substituws
(e.g .. gardening bBooks). All ClinSUllll'rs, both 'store-switchn5' ,Hid 'slon'-Ioyals:
have heterogeneous preferenct's over Ihese items. 5[ort'-lo)'als art' addressable in
a way lhal ')witc!H:'rs are not: CJch retailer has the ability to send its own
loyals a recommendation. Building on evidence from the behaviorallilerature
that indicate that recoITlnwndations CLln increase prderence. we SIHJ\V lhal in
equilibriulll, both n'tailers rccurnJ11t'nd the saTIle subst't or items to their
respective loyals. This is because relailers who recommend tht' same items have
the same incentive lo raise prices [or the rCt'OITlrnended items. lhereby taking
advantage of the enhanced preference and the larger d,'mand stemming from
their store-Ioyals customers for these items. As a resull, competilion between the
two stores to sell the recommended itt'ms to store-switchers would be muted.
SLOres competition for the non items. however, would be more
aggressive and price would decrease. Overall. w,' show thai both retailers achievt'
higher profits.

4 - Self-Serving Behavior in Price-Quality Competition
Daniel Halbheer. University of Zurich, Plattenstrasse 14,
Zurich. 8032, Swil'zerland, daniel.halbheer@business.l1zh,ch.
Marco Berrini. Oded Koenigsberg

Managers like 10 think well of Ihemselves, ami of the firms thai "mploy them.
TJowevt'r. pDsitive illusions can bias a manager's evaluation or market outcomes,
self-servingly crediting snceess on the superior quality of one's own product but
blaming failur,' on the aggressiVt' price of a competitor'S offering. These distorted
allributi'lllS stem from Ihe idea thal product qualily better serves the manager's
motivation for self-enhancement and self-presentalion than price: prodlKt quality
is seemingly more ceillralto the finn, less susceptible to external market forces.
and more stable over time. We pl)sition our theory in the psychology of
alttibulion. del'ine seH-serving behavior and pruvide l'xperimemal and survey
evidt:'nCt' of Ihis phenoIllenon. and develop a model c.l[ price-quality competiLion
that incorporales the empirical findings. In particuldr. we: first study the natural
benchmark equilibrium provided by unbia>ed decision makers. We then
introdun' seH-st'rving behavior ill the pre<.;ence of myopic principals. c)r or
forward-looking principals who anlicipate Ihe limitations of managers and set
firsl-period decisions accordingly.



INFORMS Marketing Science Conference - 2013 FB10

•

.FB09
09- Mimosa
Media Channels
ContributedSession
Chair: Til'fany Ting-Yu Wang, Associate Professor, School of [nfonnatics,
KNU, NO.1 Kainan Road,Luzhu Shiang, Taoyuan, '3>857, Taiwan -
ROC, tiffan yt.wang I22@gfIJail.com

1 - Are Small Media Under-Utilized?
Sterfi Frison, PhD, KU Leuven, Naamsestraat 69, Leuven, Belgium,
stcffUrison@kuleuven.be, Pcter De l'vlaeyer, Chrisrnphe Croux,
Marnik G. Dekimpe

Advenising remains one of lht' lllO"it popular marketing insu'unwillS. and mJny
.'iludics, havl' looked CIt its sales However. ,noSI studies l;'Hhcr looked
at the lata I spending of a brand/finn (vall Ht'erde el al.. JMR 20 (3). or I'ocused on
lhe most popular media. such as TV and newspaper/print (Deleersnyder el al..
JMR 2009). As such. Iillle is known on the dfectiveness or "smaller" lllediJ. sudt
as billboard and cinemJ advertising. In spite or their lower share. huge amounlS
are still SPCLlt on tlH.'')t' nledia. Zt'nilhOptinll'dia report') 2012 worldwide vClllles of
over 32,200 and 2.700 million dllllar, respectively. Also, while some brands never
use smaller others spend over 10 perCt.'JlLo[ their budgel on them. Ln
this study, we focus on these smaller media. and address queslioIls such as: (i)
tht'y more (lr less prone to be cuI hack during economic downwrns lhan otht:r
media, iii) what is thdr rdative effectiveness, both in the sllOrt and long run. and
would lhis warrant a higher pfllponion of towl budget". (iii) if so. for whal
brands and/or product calegorics? and (iv) do synergy dl'l'C1Sexist belween these
"smaller" media and the more popular ones, which could be anolher mOlivalion
for a more intense u,age (Naik and Raman . .JMR 2003). Tn address thest'
questions, we conduCl a large,scJfe empirical investigation involving the
advertising Spt'J](jing hislory of over 200 ePG brands across buth ll1ajor dnd
smaller mediJ. To separate shon- and long-run effectiveness, we build on the
error-correction specification described in van Jleerde el al. (.JMR 20U" which
we augmenlto capture potenlial synergy dfeels (Naik and Raman, Jl"lR 200.1).
Moreover, WI' explicitly account for the fact lhalthe selective usc ollhese smaller
channels may be endogl'nously delermined.

2 - Optimizing Cross Channel Media Decisions:
An Empirical ROI Comparison

Justin Kim. Managing Partner, Analytics, Sapient (I1l)PHASIZE,
I. 5 Ketchum St., Westpurt, CT, 06880. Unil-ed States of America,

jkim5@sapienJ..cotl1, Ryan Stcwart

Integrating nnlin't:' and offlint' media stratt'git's is becmning more critical to today's
marketers. Hence, central La marketing/mcdia mix analysis are cross media
interaclions .. their effc((s, thl' resultant impacl on RQJ and ITlt..dia
spending optimizatiol.l. II is well docuITI('nled that any hiJS induced by
misspccificmioll llf cross cffects in the model can C.:lllse inacl'uralc cSllrnaLe (l[
HOI. The reccnt developmenls in marketing science lilerature show three
different mo,1e1 formulations of cross media effects: Bayesian Dynamic Linear
lllodt'i (Dinner. et al. 20ll). Veclor Autoregressive Model. (Pauwels. l't al. 20l2).
and Sll'llctural Equation Model (Yamamoto & MatSunlllra, 201 J). This paper
studies t'mpirical (oJnparisons of th(.""' above three model formulations by
employing the data from livc diHerenL industries, financial, insurance, retail,
dertronics and FNICG. The results Illay shed light. on (I) rross validation ul'
different stalis!.icalledllliques in terms of mod'" performance. and (2) what
business Jnd It'arning can be generalized acro:>s industries. [n addition,
the meta analysis aims to suggest how S(}lll(' of the and
contradinions can be interpreted from managerial standpoint. of vie\\' and also to
discuss how each modd formulation can i.mpruvt' by utilizjng diHt'fern lTltldt'l
specjficalion from real-world data.

3 - Direct and Indirect Effects of Print Media Covert Advertising on
Sales of Consumer Durables in China

Xia Wang, Renmin University of China. 59 Zhongguancun Street,
Beijing, China. Lily Dong. Chunling Yu

As a result of the diminishing dkctivt'nt'ss of tradilional advertising, !'inns arc
increasingly turning to covert advertising w promole goods dnd st'fvkes in loday's
marketplace. Covert advertising is a form of communicalion tbal involves
marketing activities Lhat embed brand inlormalion into outlets not typically
nmsidered advertising terrain, which hdS auracted gretll interest frtllll tlcaderni<:s
and praClitioncrs and been widely uSl'd in various media ol1tkl.s. However, the
Iilerature reveals littli.: evidt"I1Ct' on wlwther these inveslments payoff Jnd no one
has answered the l{tlcstion of how or if covert advertising in print media can help
generate sales. The current research llses a longitudinal daily data of conSUTller
durablt's ill China to study l1w eXLent 10 which covert advenising in print media
inl'luences sall·s. The results provide support to the hYPolhesis thal printl11edia
coven advcnising has posilivt' impact on firms' Silk's. III addition, covert
advertising has doal elleCls all sales: the direct crfect.tbrough its original copy, aod
t.he indirect cfre(tthmugh llll' onJi,,,,, exposure. The authors offer direct.ions for
funher research and implications for covert advertising management.
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4 - Impact of Goal Orientation and Interpersonal Connectivity on
Social Media Advertising

Tiffany Ting-Yu Wang, Associate Professor, School of lnfonnatics,
KNU, NO.l Kainan Hoad,Lttzhu Shiang, Taoyuan, 33857, Tdiwan
ROC. tiffanyLwang122@'gmail.cotTl

Previous research has verified the cnhancelllcnt t)l persuasive message
effectiveness by tbe regulalory fit belween goal pursuit sirategy and a person's
go,)} orientation nr regulatory focus. III SENt of tilt' data from a
:>dmplt: online survey, pn.'vention·oriclltaliort Jnl! talking/sharing i..'XpCril'IlCe$ of

visitors 1.0 FdCt'lWOKwen.' found to rt'spenivdy ancl iurreJse irritation
reactions to advenhl.'IlH.'l1t':!on this Sill'. Tht· rl.'gulaLOry fit bCLW(:C;'1\ prc\'ellt­
orielltation and talking/sharing cxpCri('JKCS \-vith FB pOSitively increases
interpersonal cOllllcctivily as shown ill Lhis study. This research has also
rnanifcslc:d lilt: posilivl' impart of sodalil.3tion. COlli III I lrIity connection, and
ulilitarian experiellces WiLh FB in general on favorable reactions 10 ads.
Nevcrthclt'SS, interpersonal connectivity was found to moderate t.his
positive irnpacL of surh 011 rcaclinflS: LO ads.
Purthermu({.\ illl<.'rpersonal connectivity is [ound 10 pl.lsilivl'ly moderall' the
highly pDsilive n:lation<;hip general FH utiliLllrian experience's
cOlltribut.iCJllllnd its sustainability fims' wd)page tJli.liltlrian experience.

5- Online Search for Health and Medical Information:
What Makes it More or Less Likely?

Tuck Siong Chung, Nanyang Technological University, Nanyang
Business School, Nanyallg Avenue, Singapore, Singaporc,
atschung@nlu.edu.sg

'Nc draw on the extant IiteraLUre on COl1sumer information search behavior and
propose facwrs that will afkct ,,,,line hralth and mediral information

i\rnong olht'r findings, we find lhat who online ,He
healthier indicating that Ihe infoflnJtion online is lIsed as much to maintain good
health as it i<; to restllve health aud medical In addition. individuals always
turn to the online ellviromnel1t for information no mailer what health and
medical decision making prOCl'S$ Lhey arc u5ing. Furthl'rmore, individuals do 11(11
sce online information as a substitute hut as,J supplcment for tilt· information
from their !leall b care providt'L We also find Lhm Ihe most impof'tanl factor
driving individuals to search online is the perceived lwndits derived from the
health in[ormal.ion obtained. V/t.' conclude b}' providing sevt'ral [t'colllfnendiltion,;;
011 hlnv the health and medical wehsilcs <:ould betler tht' needs of Ihe
on line users,
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Longterm Effects of Branding
Contributed Session

Chair: Celll Bahadir. University of South Carolina,
1705 College Street, Columbia. Sc. 29208, United States of America,
ccrn. ba hadir@moore.sc.edu

1 - Consumer Choice and Brand Performance under the WIC
Program: Short-Term versus Long-Term Effects

ROl11iHla Khan. Assistant Profcssor, Ozycgin Univcrsity, Nisamepe
M<lh. Cekmekoy, Istanbul, Turkcy, romiltl<,.khan@ozyegin.edu.tT,
Sanjay Dhar, Ting Zhu

The Special Supplemental Nutrilion Program I'or Women, lnfanls and Children
(\Vlr.) program providt's supplemental food tn pregndfll W(HIlCn,

infants and children who arc idclltified to be at nutritional risk. Participants
receive voucher,> to purchase from a Iirnitcd Sl't of approvt'd produC1s which Illust
lllt'CLlllinirnurn nutritional requirefllents, TIlt' gOil! of the program is 10 improve
health and nUlriti,)I1 amongsl the bendiciaries. and to establish ht'althy ealing
habits which will persist twyond participation in the program. Manul'aClurers
desire inclusion of tht'ir prouucts ill the pr(lgrdln nOlonly (or Ihe short term
ecunomic benefits, bul d!sO as a means of building long tefm cuStomer
relationships. While some theories of consumer behavior would suppon these
outcumes, other theories suggesl1hal. the bcnefici.:r! t'ffecls arc less Iikdy to
materialize. Since the product is free to participants. brand equity. perceptions of
quality and willingn{'')s to pay art' likely 10 be negalivc.:'ly impacted. Negative
associations may also develop bl'cause the product is pan of a restrined choice
set, motivating panicipanls lO revert to le% hcalthy choices to express lht'ir
freedom. \,yhich effects dominate i<; all t'rupirical question wiLh
l11aoageridl ancl public plllicy implicati(ln:>. We lise palll'l c1ata from thi..' reclCiy·LO·
ellt brcakfa>t cereal category to invesligau: the illlpaC! o[ p,Hticipatioll in lht' \-VlC
prc)grJIl1 on consumcr l..:hoiccs.During the program, find thm participants shih
their dwires lowJnl the \-V1C-appnlved prodllc1s. Tlwse gains .lre "ihurt·!ivt"d, a<;
once participants exit lhe program Lheir choict's shift ilway [rom lhe
approvt'd scI. of prnducts. The nel df"11 varies with consumer demographics and
brand posilions.
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2 - Role of Predisposition and Information on Consumer Choice and
Equilibrium Market Price

Ones un Yoo, Assistant Professor, University College London,
Gower Street, London, United Kingdom, oncslln.yoo@llcl.ac.llk,
Rakesh Sarin

The prolilcralion of consumer revicw sites and socialllledia provides today's
consumerswith greall'r Jccess LO inrormc.1tionabout a firm's products than ('ver
before. Whilt, informaLion do play an important role prior to purchase, Ihe
predisposili<'10 a consumer may hJVC t.lboUI J product call oflt'l) play a dnmiLlant
role in the detision outcomes as it in[Juc'IKes how Ihe information is intnpn'ted.
COIlCt.'pllidli/ing such interplay ht'lWcel1 prcdisposilion and infllrmatillil in a
conSUlller's p"rchase choice is of crilical importance in lllarkl·ting because lhe
influt'nce of predisposilion, when aggregated across 1.11(' consumer populalion.
ronsliwles the brand equity of a finn in the marker. rn Ihis paper, we pres('tlt cl

model of consumer purchase choice inwrporating the role of predisposilit1n and
infonnation. ]11 particulJr, our model ShC,H,\'S that when a conSUJller to:; preetisposcct
to liking tl certain product. having less inrorrllation ahollt lhe prodUCl inCrt'ilSes
her likelihood of purehase hl'cause she is willing to give more benefit nf the doubt
about the product's quality wben she knows it's;. Wc' aggrc'gate the influence of
predisposition in the individuallt'vd t" the populalion lO conslruClthe
demand curve. We investigate til(' pricing ch.:dsiol1sor rirrns under lilt' resulLillg
demand curve in the monorioly selling. and find a unique equilibrium price in
tht' cOInpelitive selling. Ollr modelllot only generalizes previous r(,,'iultson
pricing decisions under brand l<lyalLy. but also presenls novel insights into how
the shape or heterogeneity in the predisposition levels in the consumer
populalion imp<lctsthe rirm's pricing decisiuns. \rVe discuss Lilt' cxplanatory pcn-vcr
of our model and resnlts.

3 - Short Life Cycle of an Experience Product's Long Life:
A Bayesian Approach via Signaling Strategy

Goksel Yalcinkaya, Assisrant Professor of Marketing, University of
N('w Hampshire, 10 Garrison Ave, Durham, NH, 03824, United
Stares of America, goksel.yalcinkaya@unh.edu, Tevfik Aktekin

Ao t'xperiencc' product's qua lily is dHfieulL LO assess prior to purchase, largc'ly due
10 the limited availability or information befon' con,umpti,'n. In the absence of
information. firms routinely usc certain markel signals to provide product quality
information lO consumers. Accordingly, thi, research proposes Bayesian modds
Wilh both dt,tt'rminislic (vi<l covariate')) and prohdhilistir effecls (via individual
successive product release effects) to examine how certain signals can be used by
£inns 10 convey unobservJblc product quality inforrnatioJlto consunll'rs. The
resulls of this study, based on the motion picture industry data, indicale that there
arC' crilicalmilcsLol1CS ror launching long lasLing products. We.: SIHIW lhal
consumers perccive the conlinuity of core product allribuleS as quality signals,
particularly for early instalhm·nts. Further, we find strong evidence of a posilive
relationship bel ween shorter lime lag of releases and performance. Howcver. the
results also indicate thal, ror a small fraction of products. too short or a time lag
between [deases affects the performance in a ncgaLivc manner. furthcrmort'. our
findings reveal that the "brand- SUppl1rl diminishes its importance after several
sucCl'ssivt.,introdu<'1ions.

4 - Acquiring Portfolios of Customers, Brands and Technology:
When Do They Pay Off?

Cern Bahadir, University of South Carolina, 1705 College Street.
Columbia. SC, 29208, United States of America,
cem.bahadir@moore.sc.edu, Sundar Bharadwaj

Firms arcllrnulcue rnarkt't-basecl assel\ such eli) brands, relationship') or
technology to enhance their compelil ive advantage in the markel place by
acquiring other firms. The changes in lhese asselS should signal the 'quality' or
the linn's fUlure cash flows to inveslo" becausc hrand. CUSlomer,ilnd technology
asset> enable firms ro introduce successful new products. arhieve customer
loyalty, and chargc' prices. Surprisingly. investors lend to reacl
unfavorably towards mergers and acquisilions (M&Aq. On avt'rage, acquirer
firms' shareholders esperience weallh loss foliowing an M&A announcemenL In
lhis study, the authors investigate inveslors' reaclions l\1 changes in the firms'
acquirt'd markl-'t-bast'cl 110\lt'1 panel data !')l-'I that Iracks tht' acquired
market-based asselS over time. The findings indicate lhatthe stock markel rt'acts
favorably to changes in individual asselS. bnt does not react positively to
simultaneous changl'S in the asset porl[olio. This resuh suggests lhal investors
pcrcl'ivc advt:rse selection and PO)t-Jcqui'iitioll intcg.raLioll challenges It) be mOre
importanl. than pOlcntial Sylll'rgies Jmong tilt' ponfolio of ass('tti.
Howevl'r, the negative reaction is mit igatcd for firms with IWO learning
rncchanisflls, namely greater JcquisiLion and pari nering experienn' that enable
lhem to hc'tter select and intcgrale lht, portfolio of markel-based assets.
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Choice Model Designs
ContributedSession

Chair: Fred Feinberg, University of Michigan, Ross School of Business.
701 Tappan St., Ann Arhor, MI, 48104, United States of America,
feinf@umich.edu

1 - A Monte Carlo StUdy of Design Procedures for the Nonparametric
Mixed Logit Model

Andreas Falke, University of Regensburg, Universiliitsstr. 31,
Regensburg, Germany. andreas. fa Ike@wiwi.uni-regenshurg.de,
Harald Hruschka

We determine c1nciel1l designs for dHlice-bast'd conjoil1l analysis lIsing lhe
nOnparil1TIl'lric mixed logit model which captures latent consumer heterogeneity
in a very flexible way. Differt'nt mcthods gl'J1('rating one or multiple designs are
tested. Addit ionally we apply Hallon draws and delermine a minimum potential
dcsign for prior draws lO reduce compulation times caused by accoul1ling for
lat"lll heterogeneity of consumers" As main design efficit'l1(1'criteria we consider
a measure rt'laled to and entropy. As .H.ldilioniJl we generate
designs both randomly and by an approach which starts from orthogonal designs
developed ror linear models. We romparc the e design procedures by simulating
dllliet's for diffc'renl constellations on the basi' uf the nonparamelric mixed logit
model. Using. Ihest' simulated choi<..·cswe cstim3Le ptlrarncler5 of the
Ilonparamctrk mixed logit mudd ill the ncxt SLCp. ANOVA with roUL LIlt'an
squared error bel\,vcl-'nl'Stimalt'd and tn.lt' coerficient values as dcpeIH.!t'1l1
variable shows that a less complex elnropy-basc'd design procedurl' performs
about as well as a procedure which aims to produce ten D-oplimal designs" On
Ihe lither hanc!, random tksigns and procedures generCllingont' design on the
basis of the D-error related measure and by the approach starting from an
onhogonal design art' signiricantly less accurate.

2 - Estimating Individual-Level Choice Model Parameters:
A Comparison of Econometric Approaches

Andrei Slrijnev, Assislant Professor, Univer ily of Texas al Dallas,
800 Campbell, Richardson, TX. 75080, United States of America,
strijnev@utdallas.edu, Seethu Seetharaman

We focus on the estimation of individual-level choice model parameters using
individual-level choicc data. Pm this purposc" we usc two different dalaSelS which
contain large series o[ observaliom f1'lltn each respondel1lthat allows us to
reliably estimate individual-level choice model parameters, referred to as true
individual-level elwin' model parameters, for each respondent. We lhen compare
Lht.' relalive abilities or thrt.'c fOITll1101lly lIsl'd ESlimation Approaches on pookd
choice dara across respondenls: (I) Class Approach, (2) Random Effecls
Approach. and (3) Hierarchical Bayes. RandoJ11 Elfens Approach, in the recovery
of the individual-level choice model parameters, explanation of the observed
choice olltC\1mes in the eSlimation sample, as wc'lI as the prediction or individllal­
level holdoUl choices. al various levels of availab'" degrcc's of freedom fur
estimation. We find lhat all three approaches '"arc well in lerms of dosely
remvering the true individual-level choiet' model parameters, explaining
individual-level choices in the estimalion sample. as well as predicting 1ll11dolll
choices, "sperially whell compared lO a pooled approach thaI ignorc's
heterogeneity in choice modd parameters acmss respolldelHs. In fact. the pooled
approach does poorly, when compared to thl' three approaches. even in terms of
estimating the average values of the choice model parameters across individuals.
Further, we find lhaltht' Lalent Class Approach fares the best among the three
approaches ill terms of parall1l'ler recovery, model fil and holdoUl prediction,
outperfortning lhem in lertm of holdolltpredictions even in data-sparse
estimation condiLions.

3 - Habitual Choice and Model of Dynamic Screening
Hyeyoung Yoo, Korea University, 145, Anam-ro, Seongbuk-gu,
Seoul, Korea, Republic of, myhy0929@)korea.ac.kr, Jaehwan Kim

In markel, people's behaviors are repeated day by day, in the study of Quilln &
Wuod in 2005. lhc'y memioned lhat aboul45% of peori!t"s daily behaviors were
repeated. These behaviors arc called "hahits.· and "habits" often affects choices
ov<:[ lime. Thus indt'lltifying Jnd targeting habiLUal customers can lead markC'tl'rs
to more erficiellt spending on rnarkl'ting activities. Quite a rew research have
bet'n dllne 10 deal wiLh hahitliJI choice. Htlwever, most of Ihe marketing )lUdit's
focused on the 'consequence' o[ lhe choices from the habils, nOt how habitual
choice was rormed or where il is rrol11. In this study, we attempt 10 t'xplain how
habit affects consumer's dl't'ision'lllaking process, lhrough the screc'ning
rnodel(e.g .. Gilbride and Allenby 2004). Weekly conjoint data during 12 weeks
Wt're used to observe habilual e11Oin', and thc' parameters of dynamic serc'ening
model wefe eSLimated in the hierarchical Bayesian framewurk. Managerial
implications learned from the habilual buying are discussed
including the configuration of efficit'm promotional program. Key Words: non­
cumpl'nSiJlory decision. habilual choke, scrt'ening rule. dynamic choice.
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4 - Evaluating Efficiencies of Conjoint Choice Experiment Designs
EJina Tang, University of lIlinois at Chicago, 601 S. Morg,ll1 Sr.r('er,
MC 243, Department of Managerial Studies, Chicago, IL, 6052 L
United Stares of America, elinatang@gmail.com,
Stefanie Biederman, Min Yang

Conjoinl choice t'xpcriments are widely used ill lc:\ling customer acceptance of
new product designs, in prc)dUCl positioning, clnd in assessing the appeal of
adveniscrnenls, All efficielll design nOI only SuVC S<llllplesi1l', but Jiso
the process of neW prodlici development. How do we derive a highly efficient
design? Although there art:: somt' algorithms Jvailable fur st'Jrching for J good
design, none of them can derive d global optimal design. Among the aV(lilabll'
algorilhm, the most popular one is Ihc ('oordinalc-cxchangl: algorithm, \-vhkh has
proven fast and efficienl in the context of new product dt'velOlJlIlCnt. The
clIllniinllll' exchallgt' algorithm dept'luis on Ihe initial design. Tilt' commonly used
approach in currentlill'ralure is tn stan wilh many (e.g., 1,(00) initial designs
and choose the best result among all trials. While it is true thatlhe higher
number of initial designs (HIC choose, the rnor(' efficienl Lht.' resulting design, thl'
computation lime Cdr; be extremely long. A moderatt: conjoint choke design
could IJke days or t'Ven weeks to run. However. one dnt's not really knllw Ihat
llw derived design is eflkicnl unkss one trics ('vcry design CIS c.1 staning
point. This is imlJOssible (,'Vl'll for a vcry moderate SCi up, nol LO llH.'llliofl real
world new prlH.iuCldesign problc:.'rnswhere there can be Illany auriuutcs and
ITl,c]fIV ll:'vels of carh attrihule. To address lirnitations, we (kvelop an
appr;)(Ich or evaluating the efficiency or a given design. The approach can serve as
a guidJnce of constructing highly efficient design Without using a large number of
initiJ.l We di"il'lIsSsome numerical results ,md also illJpJiGlliOIlS of lhis
JpfHOarh 011 new product design and clinical trial designs,

5- Correcting for Covert Selection Processes in
Consumer Evaluations

Fred Feinberg, University of Michigan. Ross School of Business,
701 Tappan St" Ann Arbor, Me 48104, United States of America.
feinf@lImich.edll, Yuanping Ying, Linda Court Salisbury

A common goal in marketing research is lo understand how olle evaluates
products thm hiJve been filll'red through some type o[ scrt'cnitlg or sderu?11
process, Typical examples include post-choice satisraClioll ratings. certain Irec
recall tasks. or Ihe rJevelopJl1l'111.of consideration sets followed by brand choice. In
sllch silUatioll<i. hcbavior is (oI11ingt>nl not only on thl' (Iltern,Hivl'S being
evaluated. bUI Ihe choice contexi in which they have become aVJilabk, crealing
dirfering degrees of SCICClivity, In this Wt> consider situations ill which a
polylomous selection prncess limits which ilertls offer up subse<]uenl illiurtnation.
'liVe propose that not f1l'xibly rnodl..:li11glhe corrclathHl betwl'cn <Iud
evaluation across conditions can lead to syslcmatic, errOl1eous illtcrpn::tatilHls l)[
CllVariatl:' effects 011 t:'valul.lIion. We.' illustfCItl' this by examining two expt'rimcnts
in which subjects choose among. and then evaluatc', a frequentlY-lJurchased
consumer good, as '\-vell as uala first eXJrnined by Ratner, Kahn and KahnemJn
(l999). ResulLs: illdicatt> 110t only st.rung selection biases. but that tr,lditiorl<ll
specifications o[ the choice process-presuming selection bias does not vary across
choice conH'xts-can lead 10 markedly different interpretations of variable effects.
Our findings show that the size and composition or a choice set arfeCis the degree
of correlation (hoice and l'\-"alut.ltiol1, cHid further suggest thdl. foregone
alternatives can playa disproportionate role in sdectivily. Moreover. railing III

account rnr selectivity across experimental even in
experimental seltings. can lead to inac<.'uriltcSUbSlil111ivl'inferences i1bOlil
consumers' choiet" processes.
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Information Asymmetry
ContributedSession
Chair: PinM Karaca-Mandie Assistant Professor, University of
Minnesota, 420 DelawJ!'(' Street SF. M,y\C 729, Minneapolis, MN,
55108, Uniled States of America, pkmandic@ullln.edu

1 - Optimal Incentives in Cross Selling: An Economic Approach
Andre Decroupp(', Vienna University of Economics and Business,
Thalwil. Switzerland, andr('.decrouppe@)gmx..de

Cl'oss·sclling is the pra(tict' of selling. addiliol1al producls to ell1 (,'xjsting CliSIOlTIcC

II has tht' pott:'lliialto boost revt:l1Ucs. Both thl' company and the cuslomer
bcnetil fr{)ln cross-selling. For many multi-divisional com!>ank's, with product l)r

strUClures the attempt 10 rt:'ali7c Ille hellefits or
cross-selling generatcs irKentiw-probit'ms. We identified three prol>it'ms spread

business levels. Pirslly, in mllS! io\tances the management
t1IH.iereslimJtt's the self-interest or business units and the effect of incentives.
Secondly, manag('l's Orten Icnd to IUtdt'rratc the fear of tile business units of
dissatisfying their key accounlS by selling unfamiliar products In tllem and
then'by LO risk their mutllal Irll,>l relfllionship, Fiually, there is an apprt'fH:'nsioll
tllat a business unit might act opportunislically by selling products or services of
the otllcr business unils Wilhollt added vaJue to the customer, in order to increase
their shon-lt>rrn payment. I'n pcHalld the lI11il Ihe rulure
business with the ClISlOl!lt'rand in cOllsequence the company's revCllue. We
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anJlyze the dirkrent incenlive problcms by applying principJI agent Iheory and
the theory of repeated games. [n this way we bridge belween business
administration Jnct cconomi<.'s. Thl' pJp('r prove,; that Ihe companies managl'

issues best hy orrering the righl It:vd nf (monetary) The need is
known hut Zldcquate and inC('nlive structures art' often lacking in
currCllt business prJCI ice. here Jllwlldrncnt$ shall lake place.

2 - Consumer Preferences for Ambiguity over Time
Ayse Onculer. Professor of Mark('[ing, ESSEC Business Sehoul.
Ave. Bernard Hirsch, Cergy, 95021, France, onculer(<j)essec.fr,
Yuan yuan Liu

Prcvioll,) reports that consumers art.' generally ambiguit}! avcrse for high
probabilitit's blll they arc ambiguilY for low probabilities. Since risky and

prospects art' usually unr('solvt'o until some [Ulllft' date (the success of
I1t'W prnduCI invt.'stlnl'l1l.s. mergers, consumer products purchast'd rur lhe horne.
etc.), the current siudy examines the impacl v[ limc on ambiguity prdcrcnccs,
Our exp<"riuwolcll results show d robust effcct of time: temporal di<ilann: mitigates
ambiguity-:-ceking bchuvior at low probabilities and at high

dft'(l is consistelll JcrO$S dHfert'nl probabilities. ambiguity
levels (variance Mound a fixed probability), temporJI distances Jnd methods in
e1iciling ambiguity aliitudes (choice IJsk and probability-ambiguity tradeoff task).
We propose lwo lIuderiying processes that may prodllce such au effect: (i)
temporal dislJIlCe shifts individuah' fDCliS from feasib.ilily (probJbilitit's) to
desirability leading to indifference to\-vards ambiguolls Jnd
unambiguous with compilrahk outcomes, and (2) temporal changes in
t.ll1licipatcd disappointment (elation) imparl .Jl11biguity prdereun's, Resolution iu
the prc5cnt, with its immcdiate gains and loss<:'s, heightens anticipated emotions
that cncouragl' ambiguity Jvcrsion for higher probabilitit:'s and Jmbiguity seeking
ror lower probabilities. Howcver, ruwn: resolution reduces reliance 011 alllicipatcd
emotional responses and thereby tempers tht' extremity '11' ambiguily preferences.
The implication is IhatlJresent-oriemed decision rranlt's inllate ambiguity
preferences by S1iJ11uIJlingafkct and/or mak.ing people foclls (In the prohability
inrorrnaliorl of a prospecl. may contrnl r{)r these (endencks by
enlisting more futuH'·orienled frames.

3 - Signaling Effects of Critics
Daniel Kairnann, University of Paderborn, Warbmger Stl'. 100.
Paderborn, 33098, Germany, Ddlliel.Kaimann@wiwi.t1pb.d(',
.Joe Cox

On(' cause or imperfect or i1syrmlletric illl'l)rmatioT1is the fnel that informJtion
gathering is conjoint with costs, which may Icact to rudimentary in[t,)nnJtioo
search by market panicipant5. Experit'nce goods rt'presenl an example lJar
t:'xcelknce for Ihe presence or information ilsyrrlllH:'try among consurners, JS they
arc characlerized bv the CtHlSUlllt'r'S a prioi lack of in forrnJI iO[l abDut a product's
tjllality before Ctllls;llnption. All effecli\'(' way of reducing inf,)rmation
asvmrnClrics is tht' transmission of a credible signaL Critical staH?menlS (If

aboul the quality 01 a product or service represent such a signal and
can have a signiHcant irnpJel on unit SJlts. \Vith lhe help or her expert reputation
and conseqllel1l[y her high credibility and reliability, critics have direct influence
over her readers Jnd accordingly on product lkmand, In order 10 empirically
verify the inrluC:.'nce of crilic reviews on market SllCCC:.'SS, we pUl togC:.,ther a dataset
consisting of a sample of 1770 vidt·() games and their sales figures hetween 2004
and 20.10. We O.HlCt'ntrate our Jnalvsis on five COllSOleand .handheld dt'vices. The
video game came trorn the 'internet portal j\'\clacritic, a website lhat
reviews t:'lltcrtaillHlcnL products on lhe basis of a weighted average of rnJinslrCMll
critiraJ responses. First rt'gression resllits confirm the signaling eflect of critics on
mark.t:l sales ..M.clacritic review are positive statistically significant. The
slatistical signi[icancc rc:.'mains if reviews arC,' added to the
anJlysjs. Ahhough our findings and iHC preliminary, we provide sirong
empiriG.11 cvidC,'llce th031 critics take the position of an influencer. Their reputalion
l'fkCls as a signal that heirs conSlimer 1.0 c1Jrify their uncertainties and

suppon their decision making process.

4 - The Role of Agents and Brokers in the Market for
Health Insurance

Pinal' Karaca-Mandic, Assistant Professur, Univ('rsity of Minnesota,
420 Delaware Stred 58, MMC 729, Minneapolis, MN, 55108,
United States of America, pkmandic@lItr1n.edll, Rog('r F('ldrnan,
Peter Graven

Heallh insuranft;' markt'ts in the Uniled Sidles arc by irnpedl'ct
infonnmiol1, complex products, and SUhS1Jntiai search friclil)ns. Insurance agents
and brokers playa significant role in helping these prob!t.'ms.
However. little is known ahollt lite rdation between Ihe Slnlctllre of the
agent/broker market and access and affordability of insurance. This paper aims to

lililhis gap hy investigating lhe influence of agenl5/brnkers on hl'alth insurmlCe
decisions of small firms, which Clrc particularly vulnerable to problems of
financing ht,()lth iusurancl'. Using a unique rnerubcrship databasc frum tht>
National of I1cJllh Underwriters together witb a nationally
repreSt'IHiilivi:' ::.urvcy of employers, we find that small rirrns in more curnpelitive
agent/broker markets afC more likely to offer health insurance and at lower
prl'miurns. Mort'over. premilll'Tls arc less dispersed i.n IlIprc (ornpt>titivt'
agentlbrokt'r lIlarkets.
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Finance and Marketing II: Market Assets
ContributedSession

Chair: Alexander Edeling, PhD Student, University of Cologne,
.Albertus-Magnus-Platz, Cologne, 50923, Germany,
edeling@wiso.lIni-koeln.de

1 - How Do Stock-Market Sentiments Affect Product Category
Demand? Case of Organic and Virtue Products

Jaakko Aspara, Assistant Professor, Aalto Univcrsity School of
Business, P.O. Box 21230, Aalto/Helsinki, 00076, Finland,
jaakko.aspara@aaltoJi, Xlieming Luo, Ashish Kumar

This sludy examines the effects Ihal slOck markel selllil1lents have on consumer
dl'mand in sdened pwduCl categories. While the business press is rq>lele wilh
claims such as "stuck prices and aspirin salt's arc inversely rdaled"such claims
hJVC so fdr remained speculations and have..' "never bt'cn formally
(cnbc.com). To fill this research gap, we concentrate on IWO produn categories, in
which we hYPolhesize siock market selllimenis to have influence on consumer
demand. Tht' rirsl focal ((llcgory is organic vs. non-urganic proc!ucis .. Van
Doorn and Verhoef 2011). The second focal calegory is vinuc- v'. vicc-related
products (e.g., Hui. Bradlow, and Fader 2009). Regarding slock market
sentimerlts. we rocus 011 bull vs. bear sClllimt'nts (i.e" upward vs. downward
rnovemelllS iu slOck prices) (e.g., Baker 'l1'Jd Wurgler 2007). as well as on stock­
market kar vs. confidence (I.e .. th,' VIX index: Frazzini and Lamonl2008;
Whaky 2(00). [n summary, our research question is: How are Ihe dl'mand
pallcrns of (1) organic vs. non-organic products and (2) vice vs. virtue producls
affected by the sLock markel'S (a) bull vs. hear sentiment and (b) fear vs.
conHdencc? Ttl invl'-tigalc IhCloit' we examine rt'tail-'Horc levc!50caIlTler
data from a large U.S. retail chain. and link it to stOck markel dala. Our produci
category demand data comes from a panel of hlHlseholds shopping in the
northeasl US region (multiple for a p,'riod of (\ years from January 2006 to
Dl'ccmber 2011. We analyze th,' data wilh a Vl'ctor auwregre"ive (VAR)
eSlimalion Illodel. W" find Lhat positive (\'5. negalive) slock markct sentiments as
well as 'lOck market fear have differenLial effects on Ihe tkllland patlt'rns of
organic (vs. non-organic) and viCt' (vs. virtue) producls.

2 - Customer Satisfaction and the Cost of Capital
Manin Artz, Universily of Mannheirn, Castle, Mannheirn,
Germany, rnanz@bwl.uni-mannheim.de, Marwan EI Chamaa,
Holger Daske

There is mOlillting evidence d(,)curTIt'nting that customer satisfactiun is related 10
shareholder valuc. However, the prccise underlying mcchanisms of lhis link arc
less wellunderslood. Especially the effect of customer satisfaction on one specific
driver of firm value-the COSl of equity capital-has nol been analyzl'd yet. This is
reluarkablt· given its frequent in marketing decision models. [or instance
customer lifetime modding, as a discount faclor. We argue Ihat a reason for lhis
gap mighl be measurement challengcs and offer an accounting-based implied cost
ur equity capital measure as a solution. This IlwaSlIrt' is derined as LIlt' internal
rate of relurn that equales the currenl slock price to the present value of the
market's expened fUlure residual flows w shareholders. Expected flows are laken
from nnandal analysts' exp,'ctations close to Ihe point in tillle when m'w
customer satisraction data b available. To mitigate concerns o[ pOlcnlial analyst
failures, we additionally forecast fuillre earnings by a vector-aotoregressive
forecasting model. Customer salisfaclion data is laken from ACSI, IIsing a
cleaning procedure which eXlends thai of Tuner, Larker, (2009). B01.h
approaches-analysl expectations and forecasting paramclers- show Ihal firms
Wilh hight'r salisfJClion exhibit lower C(lst of t:quity CapilJI. controlling
fM a largc set of covariates and different cconometric specilicatlons. Wc further
find Ihal bOlh forecasled and realized following 12-months stock returns are not
significantly relalcd to Cllstomer satisfaction, underlining the missing usefulness
of stock returns as a measure for COSI of capital (Hughes, Lill, and tiu 2009). The
economic effeCl of cuslomer satisfaction is small, hut ecolwmically still
meaningful.

3 - Disclosure of Customer Metrics, Analysts' Behavior and
Financial Performance

Kapil1\.Jli, Associate Professor of Marketing, Singapore
Management University, 50 Stamford Road, Singapore, Singapore,
kapilrruli@smll.edu.sg, Bernd Skiera, Emanuel Bayer

Over Ihe las1. few yt'ars a large body of literature in markcling has examined Ihe
effects of changes in cu'tomer relaled mt'tri,'S on investors' perceplions of fllturt'
cash AlulOUgh many alllitors of lilerature call I'or more disclosnre of
CUSlomer metrics, lillIe research in rnarketing examint's the antt'cencnts ann
consequences of the disclosure of these melrics. This is surprising as empirical
research in Ihi domain is likely In lead 10 nndings th<ll an-' of importance for
investors, financial analysts. policy makers. and lOp managers of a finn.
[nlcrestingly. popular media indicates Ihat managers are opposed to greater
disclosure uf marketing related actions and/or assets as such information (an
,'asily be used by competilors and thcrefore result in adVl'rsc finandal
consequeoces. Accordingly, the primary objective o[ this prest'nLation is to
examinc the antccedenls and consequences or the disclosllre of cnstomer related
metrics. Using multiple data source" we examine 360 annual reportS of 56
publidy-listed US Iirms in the telecommunication industry over 17 years I'or
disclosnres of Cllstomn relaled metrics. We analY'le what tYfll'S of firms dl clnse
which kind nf customer rdaled metrics under whal kind or econumic condilions.
Tn addition. we examine if the disclosure of customer related metrics is correlated
with higher analYSIS' following as well as lowering antilYSis" fort.'cast errors and
dispersion. Finally, we analyze whether greatcr disclosurc of customer rdated
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metrics is likely to have an adverse effect on financial performance of a firm
argued by managers will) oppose greater disclosurc of marketing actions and/or

4 - Marketing's Impact on Firm Value - What Do We Know?
Alexander EdeJing, PhD Student, Universily of Cologne,
Albenlls-Magnus-Platz, Cologne, 50923, Germany,
edeling@wiso.uni-koeln.de, Marc Fischer

Since Ihe demand for the r;nancial accounlability of markeling programs is still
in capital market orit'ntcd firms. bOlh iJnd managers arc

eager to know whelher marketing actions (e.g., advertising) or asselS (e.g ..
customer equily) have highcr valuc relcvance. A qual1litative approach lhat
integrates the eXlant re 'earch findings and eSlablishes empirical generalizations
concerning the impact (If marketing actions and asst'ts on firm vahJt' is still
lacking. We fill this research gap by conduning a ml'ta-arwly is of prior
econometric estimatcs of Ihe impact of markcling variables on r;nn valuc. As
effect size, we use the markeling firm valul' elasticity, i.e., tl1<' perccnlage change
in firm market valucllion due to lht' percenlage changt' in a marketing variiJule.
This ml'tric is easy to interpret and helps comparing findings from studies wilh
differem measures of finn value (e.g" market capitalization, Tobin's q and
rei urn) and markeling (e.g., advenising expendilurcs, customer satisfaclion).
Based on 430 elasticities drawn from 70 dalascts across 73 studies, we find an
overall mean elaslicity of 0.36. We also show Ihal estimales are
significantly higher for markeling as el variabks than for markeling action
variables, indicating that inwswrs put greater emphasis on variables Ihat are
closer 10 aClual market pt'dormance. Furtl1l'nnore, lite study rewals the
modcraling ellen of various research characteristics related to modeL data. time,
induslry, geography and publication sial us. These findings help markeling finance
rcsearchers 10 calibrale their study set-ups and check the plausibilily of their
findings.

5- Understanding Price-to-Earnings Ratios of High-Growth Firms
with Customer Metrics

Emanucl Bayet:, Goelhe University Frankfurt, Grlineburgplarz I,
Frankfurt, 60323, Germany, embayer@wiwi.uni-frankfllrt.de.

. Bernd Skiera

Fundamental comparative analy,es of firms "ften usc the price-to-earnings ratio
as a key financial rnetri _, This ralio (ocuses on the price, also known as rnarket
capitalization or equity value of the linn. and un earnings. II is used in various
merger and acquisilion (M6·A) silualions, initial public offerings OPO).
rcstruclurings, and inveslment decisions. Despite its great practical relevance-Lilt'
prin'-to-earnings rJlio is stillihe primary vJIUaliun metric among practitioners-its
link to changes in markeling success. reflected in changes of cUSlomer melrics,
remains unexplored. This article devell>ps a model to relate customer metrics
(relen1.ion rale. aC<luisiliun COSIS. profit per customer. and number of acquired
cuslomers) to Ihe price-to-carnings ralio. The model shows that impJ'l1Vel1lenlSin
cuslomer melrks have non-intuitive and surprising effeCts 011 lhc
earnings ratio. FunJ,ermorc, tbis research shows thai high-growth Iirms'
price-to-earnings ralios follow jusL two shapes over time. These shapes allow for
rclalively easy inlerprelalions of highly positive and even negative price-to­
earniogs ratios among high-growth firms. An empirical analysis of NASDAQ 100
firms' prit'e-to-earnings ralios confirms the shapes. Also, thc empirical analysis
shows Ihat models wilh customcr metrics predict futore price-to-earnings rJlios
more predseiy than traditionalmodeis nsed in accounling resl'ardl. The link of
customer metrics to price-to-earnings ralios thus t'nahlt"s a better understanding
of Iheir irnplical.ious and helps narrow the gap belweenmarkt'ling and finance.
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Organizing for Innovation
ContributedSession
Chair: Hyun Jung Lee, Ewha Womans University, 11-1 Da....hyundong,
Sudaell1ungu, Seoul. KOt:ca, Republic of. hyunjungledO@grnail.com

1 - The Impact of Corporate Ownership on Innovation
Sourindra Banerjee, Assistant Profcssor, UniversiTy of Warwick,
Warwick Business SchooL COvelJl[y, CV47AL, United Kingdom,
sourindrab@gmaiJ.col11, Jaideep Prabhu, Gerald J. Tellis

Does a Hrm's on maximizing shareholder VJlut" help or hurl innovation? Do
firms with other forms of ownership (stalc, family) do bettcr or worSe in lerms of
driving innovation'? In the ahsence of systematic research on these questions. we
examine more dosdy the relationship belween family, stale, foreign and widely­
held ownership and innovation. To dn so, we deve!0l' a theory about how risks
and re,ourees drivt' firtn with differenl Iypes ilf owm'rship to fOCllS Oll difkrent
Iypes of goals and hcnce on dilferenl Ieveis of inuovation over lime. Our theory
also examine, the role lhal managemcnl involvement plays in moderating the
influence of ownership on inllovation. We lest our hYPolheses using panel data
from 200 I to 20 lIon major Indian firms in the banking, oil and gas. power,
metal and capital goods sectors. The results show ulat finns with greater family
and foreign ownership innovale more and create more value from innovation
while finns wilh grealer state and widdy hdd ownership innovate less and create
less value rnlm innovation. Our results ell 0 show thai greater
lllanagl'111l'l1l (a opposed to Slall' and family) involvl'l11cnt leads to more
innovation and value creation from innovalion. We disCllss implications of these
findings for rese.Jrch. practice and policy alikt'.
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2 - Firm Decentralization, Market Research and Product Proliferation
Vinct'fl[ Mak, University of Cambridge, Cambridge Judge Business
Schoo!, Trumpingron Sueet, Cambridge, CE2 I AG, United
Kingdom, v.mak@jbs.cam.ac.uk, Nektarios Oraiopoulos,
Jochen Schlapp

Empirical evidence suggests that Iirms often launch new products with Iittil'
market research, in a proliferation pf unprofilable rroducts in Ihe

In Ill(: preSent <1ltl'lll}l1 10 this phenomenOIl from
tlw perspecti\es of lirm decentralilmipn. To begin wilh. we develop a model in
which t1 finn u.Hl')iders bring.ing chht'f ur buill of two new products LO markl'1. It
i\ 1I11Certc1inIww the ITIdrhCl would 10 ctlch product, hut llle firm\ managers
could dcddl' to gather more inrOfrtliHioll through costly mar"ci bdon'
Lhe hring-tn-market decisions afC Inadt'. Wt,.' first analy7l: an illlcgrJlcd firm lhal
dccic!(",U'lllflllly 011 il'i ITIdrkcL t'rr(l[h. \Vc tht'll ltln\idc."r (J decelltrdli/"d

in which the products are dcvdopcd by dirrt'fcnt managers whose
research dforts arc not observable. laslly, we ron,ider the partially decentralized
caSt' in which thc ITIJI1Jgcrs' n.'sCJrch and outcome ... Jrt' (,b\ervahlc bUlnot
COlllral1ihk. ]n thl' dccclltralil.l'd caSl':", focus on COl1tracb IhaL reward each
milllagt.'r hy Ihe of his own product (if it i:.-.launda:d) as well JS the
owrall performance of wilid",ver produCl(') arc launched. [n general, we find
lhat decentralization lead> 10 less market research and higher prolilcration of
(Unprofilahle) products. However, when ,narkel research is sufficiently accurate
whilt, it'\ (ost is IlltH.!L'r.lle. tht-' dt.'cenlrali'll"'d !'inn inl"('Jllivi'l'\'s ll1illlagt'rs 1.0 carry
OUI more research Ihan the integraled finu. We also find Ihal, in an integrated or
partially decentralized finn, rrocluct proliferalion may have a n,)[1-moJlolllnic
delwndt.'l1ct' on lhe cost or markel rescarch: Whl'll ll1..ukct rcscJrch i\ sufficiently
accurale. the nurnht.'f of producls launched b kast when research is JllodC'fall'ly
Clhlly.

3 - Optimal Introduction Sequence for a New Component Technology
across the Product Line

[van Guitart, PhD StudenL JESE Business SCh(IU!, AI'. PeMson 21,
BilrceJona, 08034, Spain, iguilart@iese.edu, Guilherrne Liberali,

Stefan Stremersch

t-t1nsidcring the launch of a new lornpOIll'llt ledlIlology, a manufacturer
n('eds 10 decide in which product or an ","ire produ(·t line LO insert this new
technology. Some manufaaurefs firsl in'>crt a Jlew technoloyy in their high-cnd
prod IIt1 '\ (lnd then go down in lht" product line. iVlolors lhal first
introduced Ihe electric engine technology in the Tesla Road'ler, a $[ 10k car al Ihe
high end of its fangt'. Other manufaclUrefs firsl introduft.' the new technology at
lhe low end and Ihen lake it up markc!. For inslance. Toyota launched
hybrid engine lechnology in the Prius and then illlroduc"d it in Ill<' (amry and
Ihe Highlander. Whal slrategy is optimal is a hard problem LO solve, because of
Ifileteol"fs h<.'lwl'en the eXpt'cl.cd margin\ and for different models, and
the k'vel of ledmological quality available at dillerern points in time. [n Ihis
paper, we develop a mathematical program tll solve to this problem. We explore

innllCllCl' of difft'rent segmt'lll- and firrTI-c.,pt:cificva[iables on the optimal
ord<'l" of emry across segments. Subseqllently, WI.' show how to apply the model
lIsing a combination of expcrt<;' opinion, Jnl! consumer prt·ft'fcnccs estimated
frllm a logil modd Ihal uses aggregated produn-Ievel dala frolll Ihe allLOlllotiVl'
industry. [inally, we wmpare the results of our modd with the resulls of diffe"'1l1
heuristics uscd for introduction, conduding Ihat our model performs betler Ihan
the heuristics. Therdore. l)Ur model can on l11anag<:'riJI
decision making regarding the introduction timing or a new tCdlnology JCfOSS
wgmcilts.

4 - Building Value Creation Capabilities and its Impact
on NPD Outcomes

Hyun Jung Lee, Ewba Wornans University,
11-1 Daeh\'undong, Sudaemungll, Seoul, Korea, Republic of,
hyutljllnglee30@gmail.com, Jae H. Pac

Many praclitiol1('r and scholars re("Ognize thai the primary pursuit of husine,s is
to (Tl'Jlc and mailll..:Jinvalue (Conller 1991). Finns Ihal failed 10 J.CqUi[l'

appropriate knowledge and adapt to lurbulentlllarkl't environment to develop
innovative Ill'W produCT to suil [ht' rapidly rhanging po\ition of competitors
and market nect'ssarily lose their customers. According 10 resource based and
knowledge hased perspectives, the firms' abilily 10 generale value is a function
bOlh of the rt'souro;\ and capJbilities involved in value (:rcation Jlld of how lll\'
prol'C\Sl' ..... of villul' crCcllion arc organil.crl clnd rnaoJgcJ by participating
individuJI5 and organizatiuns. Thuugh ul1(kr .....tanding what value is and how
value is creatcd has illlraClcd \ignific:anL3ul'JlIion the past riccade
(Anderson, Nl3rus and van Rossurn 2006) thcn' j<; liult" consensus 011 whJt value
creation is or on how il can be achieved tlepak, Smitll and Taylor 2007). Drawing
from Ihe klluwlt'dgc.' vit'w, wt:" and t-'rnpiricdlly test a nmn"pwill
model lilat eXJlllincs ht)w organizational fa(wrs (i.e. lOp managt'lll('nt risk
marketing and R&D cooperalion) influence knowlt'dge acqnisition, which resulls
in v.:lluc creation capabilities" Funht..'f1llore. thb slUdy tl'C\ts thc innut'llce of valuc
Cfeilliull capJbilitks in 11t..'W product d('vcloprnt.'I1l OulCOl11C [(.'Iketed by cn'ativity
and PD speed. Our empirical resulls revealthal pfllduct knowkdge generally
l'nhanccs two rliml'llsiolls of vallie creatio!l capahilities, Il('W product
devdopment \NPD) and markeling capabililies. Howl'ver, markel knowledge docs
nOI necessarily improve NPD capabilities. This study contributes to Iht' marketing
\U"i.1legyIil(-'ratuft:'hy t'xplorillg thi;' relatiollship"i ilmong Ifl,HkN and product
knowledge slock. a firm's value creation capabilities. and NI']) onlwmes.

Friday, 1:30pm - 3:00pm

• FC01
01- Mcntreux

Social Networks and Social Influence I
Cluster: Irterret and Interc:tctiveMnrketing
InvitE:.'ClSession

Chair: Zsolt Katona, Univnsity 01 Califurniil - Berkeley, Berkeley, CA,
Unired Stares of Americil, zskaronahaas(q)gmail.com

1 - Identification of Influentials in Virtual Social Networks:
An Agent-Based Simulation

I'Jenning Ahlt, University of Duisburg-Essen, Mercalor School or
Milnilgemcnt, 65 Duisburg, 47057, Germany,
henning.ahlf@uni-due.de

Virtual ...ocial nel.working havl' become irion' and more popular over the la,;,t
lew years, attract miHions of users wDrldwi(h; and arc grnwing exponcnlially
(KalOna, Sarvary, and Zubcst'k 2011). The increasing ampunt or virtually
connected consumers leads LO a socia!Mdrivcll inl'ormation exchange about
prod.ucls, brands or servifl''i. \rVithin social nl'twork'i, influl'lltials call be
cOllsidered .:'IS kt'y Wilh high influcllce capabilities, unique comJllunication

and important struelural nelwork positions (Weimann el al. 2(07). For
rnarkclers all understanding of soci(ll inl'lucnce ic.; key to hcndiL from conSlHll(;.'r·
LO·con')UlTIer interactioll ;II1UIO address potcnliall1(,w customers by lIlililing Illes,"
influl'tll.i.lls. So far. virtual ::.ocial nel\vurk Clllaly..;istlt..'gkcls interpt'rsonal fJl"lurs of
influence as well as an individual consumer dechion making perspel"tive. The

of individual intcractioll and Ihl' liKk of l'mpiri<:al dala from virtual social
networks r('quirt' cl res(.'an.:h method. which nlOdeis individual consumer

as a <ompl", and adaplive Therdore, thl' author lkvclop, an
agent-based simulation modd to t'xplorc and investigate.' processes or \ocial
influence by combining perceiV<'d social aClivity, perceived siruclllral po,ilions
llnd intt'rpcrst)nal relationship charaClt'ri\tics with an individual decision making
perspeclive. Simulatiun reC\ulls indicale that importililt members in virtual social

arlO inadequately idl'ntifit..'deilher through structural nt'twork or activily
respectively. The paper that agenl-based simulation provides a

del"}l<,.'runderstanding of sodal inflUl'nce pruCt'sscs in virtl ....ll social nt'lWlHks and
serves lTIarketers as a superior opportunity for identifyiog socially influl'nlial
nelwork members.

2 - Viral Marketing via Online Social Networks: Competing for
Your Friends' Attention

Sarah Gelper, ROltt:rdam Sc!tool 01 Management, Burgernecster
Oudlaan 50, ROllerddJ1l, 3062 PA, elherlands, sgclpcr@r,m.nl,
Ralr van der Lans, Gerril vall Bruggen

Mark<.'ting via online sociJI networks h hecoming increasingly popular. One of its
al1ractive fl'atures is that members of so<.iJllll'tworks can plity an active role in
')prt..'adinginformation. Tn thi"i raj)(:r we invesligate lilt po\irion of individuals in
')o(ial networks, how this posilion affects cOl11rnl1llicati,)n behavior. and what Ihis
implies I'M seeding viral marketing compaigJlS. The Iheory of excbange nelworks

a'; the framework for idt"nti{)lillg Ilt'twork rnernbers that play')l1 important
role in the propagmion of viral ciHnpaigll'. Il inlroduces the nOlion rhat

in social networks may he neg'.lIivdy connened. This fTl('(lI1S thaI
messages from dillerent senders compele lor the allention or recelvers of these
messages. Using data on the propJgotion of D viralmarkcting cJlnpi.1ign Oil all
online social net\-vork with over rour million network mcmbers. we rind thai
influential nc:twork member:" arc individuals with many contJCb who thc.'mselvcs
h.lVe un Iv kw other connections. For t1w:.-.c lhcrl' is little compt'litiun [or
attention' and Ihey arc. therdore. Illore likely lO rcspond. While influt'ntial
nelwork members oblain a highl"f reach if thl'y decide 10 forward viral mes,ages,
lhey haw a IOlVer forwarding pn>babililY due lO compelilion. These opposing
ef,,"CIS lead 10 Ihe necd for trading-off Ille p'lSiliv,' and Ilcgative featnres of
inflnentialnetwork Illelllbers when selecling effective seeds. Wl' show thai
seeding strategies can be significaOlly improved by competilion and the
trackMoff between the forwarding probability and influencc intO account.
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3 - All Online Friends Are Not Created Equal: Discovering Influence
Structure in Online Social Networks

Michael Zhang. Professor, HKUST. Dept. of ISOM, SBM,
HKUST, Clear Water Bay. Kowloon, Hong Kong - PRe.
zhang@lIst.hk, Chong Wang, Xi Chen

Online sotiailletwork g,'lIerates an onlille mapping 01 >odally conneCled
illdividual>. These inlerlinked relalionship nelworks enable lIew lorm> of
marketing aClivitit's that lakt, advalltage of Ihe emlll'dded interpt'rsunal innuellet'.
H",wver. all online friends are 1I0t crealed ,·qual. Despite possible similarity of
pu"ilion5 in tht' ndwurk structure, two diHcrt.'nl friends of JI1 individual m..1Y
('xert 'iignific:dlllly dirrCfl'nt innucncc. In the context or (111 online sociall1l't\Vork.
we cxarnilll' th ..., inrJul'lln' slrucll1n: on LOP of the nC1\vork truClUn.'.
modd with a reversible jump J\'\arkov Chaill MOille Carlo I'roCt'dure is proposed
to estimate (t) individual slIsceptibility 10 "Kial innuellce, (2) dyad-level Ii,'
>lrenglh within each relationship category, alld (3) across-calegory comple 'ity of
sodal in!luellce among online cOlltaClS. We implemented the proposed model 011
a data set l'Ollec.1('dfrom a sncic,)I media sile. Our suggcc.,t Lhat then.' is
signifit.alll hC1CTlJgcncityill indiviciual-Ievcl sodal influcnce stntdure in terms of
m"'gury ClImpl,'xity ond susceptibility 10 sudal innuence frurn different
calegories. We identify distinClively different pallerns with respect to how aClivily
inlensily iIlH..'riH.'l with individulli connectedness to tktl'rrninl' inrluencc structUfl'
across relationship calegories. These resulls offer insights into why seemingly
similar viral markeling erfof[s may havl' difrl'n-'ntOllt-(Ollles. The
melhodology can be usdullor managers to improve the crfectiveness of lheir
targelCd marketing plans.

4 - Social Media Marketing: How Much are Influentials Worth?
Z50ft Katona, niversity of California - fkrkeley, Berkeley, CA,
United Slate of America. zskatonahaas@gmail.colll

This paper Ihe cOlllpetiliun b,'lween finns for ."cial media influencers.
Firms spend erfon 10 cunvincl' inrlucnccrs in a :>ocial Ilt'lwork Iu rc.'collllnt'nd
their produ I. The resuhs show thallhe value 01 an in!luencer depends on the
Slrurtllrt' of Ihe infJut'nn' Ilt't\·vork. Influencers wll .., t'xclusively (OVt'f J high
number of consumers art' more valuable 10 finns than Ihose who nll'stly cowr
consumer also covered by other influencers. The wlal effon expended hy firms is
determined by Ihe in-degree dislribution of the network. Firm profils dre highesl
when th 're arc many consumers with a vcry It)\'V in-degree or with very high in­
dcgrl'e. Consumers with an intermediatc Ievt'l of in-lft'gr<.'c (ontributc nl'gativdy
10 profils and high in-degree cnnSllIllt'rs increase profits when market
compelition is not intense'. Prices arc gt:lwrally lower ,·vlwn CC,JrlSUIlWrsare
cov('rl'd by many innueneers, however, linns arc nOt always worse off with lower
price'). The nallJre or consumer response to recommendations makes an
imponam difft-rence. When first impressions dominJIC, finn profils for denst'

Jrc hut \,\,hell recOlTlI1lt'ndatiol1s hJVC J cumulative influence
art' as lilt' nelwork ht'<.'olTtcc., An t'xlension models the

inCenliVl's firms provide to in(Juencers and how Ihese allecr infloencers' nctwork
rorrnalion behavior. DinTI mom.'tary incentives It'ad LO l1l'tworks and
consumers coven'd by many influencers. Such networks arl' only oeneficial to
[inns when market cumpclition is nul \'\Ihen Ihe rHarket is more
competitive. finn> are beller off providing smaller direci ineelllives just enough I,)
l'J1surl' a sparsl' coverage of consumers by innuencers.

• FC02
02- Lausanne

Modeling Multichannel Performance
Cluster: Inteme and Interactve Marketng
Invi ed Sesson

Chair: Vibhanshll Abhishek, Assistant Professor,
Carnegie Mellon University, Heinz College, Pittsburgh, PA, 15203,
United States of America, vibs@clllll.edu

1 - A Model to Determine an Optimal Shipping Fee Policy
Christian Doppler, Docroral Student. Goethe University,
Frankfurt, Griineburgplatz 1. Frankfurt, Germany,
doppler@wiwLuni-frankfurt.de, Bemd Skiera

Shipping let' policics involvt' tht' determinalion of shipping ft-es and free shipping
mnditions. i.e .. cUlOfl levels above which customers no longer haY<' to pay
shipping Its dch:rminatilln is funJallH'IlIJI ror any onlillc retailer
fcc in(Juenn' CUSlomer behavior and as shiplling cost can cat up
a Substdllliaillart of Ihe profils 01 the retaikr. This paper ti) pre,ellls a new model
tn detennine the optimal shipping fee policy of an online retailer. (ii) develops
and inlensively tt'St an innovative flIelhod 10 ,-alibrate all functions. (iii) uses Ihe
flIodei in a rNI-worid applit'ation. (iV) compares the resulls of dilferent shipping
ke and (v) derives ret'ommendalion, aboul Oplim,)1 ,hipping fee p,'licies
in different situations. Our resulls show Ihat shipping fees significal1lly in!luenn'
Ihe numher of orde" and the average order value. The t'xperimcl1Is that we
conducled in the real-world application also'uppon the prediclive validity of Ihe
results of onr model. An eXlCl1>ivesimulat;on also oUllines Ihat our newly
developed colibrJlion method work vcry well under many different
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2 - The Dynamic Resource Allocation for Multi-Channel
Online Marketing

Michael Trllsov. Assistant Professor of Marketing, University of
Maryland, Smith School of Business, Van Munching Hall,
College Park. MD. 20742. United States of America,
mtrusov@rhsmith.lImd.edu, Hongshllang lice Li, P. K. Kannan

Recent technology innovations enJble man\, online linns 10 targel and reach thdr
pott.'ntial customers through a variel}' or channt"b such search engines, display
banrU'raet" ociJIITlt'dia, tlnd t'mail. interaaiolll) lhrough
dilferelll Illnch poi illS playa critical role in leading 10 site visits and nhimate
convl'rriions. when rIlul1ip1l' online marketing channels \\ca\'c
to acquire and t'onvcrt custOlllcrs. it becomes very difliclIlt for rinns to give

<ledit lo individnal channel> for such conversion. Therdore, il also
becomes difficull for firms 10 understand and tea>t' out the ellectiveness of a
single markt'ting channel in errening trial and cunverol\iol1 . \Vithout knowing the
incremenlal retum on investing in each channl'l, the day to day decision on

investment becomes compkx and most times In addition,
COt.itl" art' n.-:aliz<,'din a differl'l1l !"''''ely in thl' conll'xt or rnulti-<"hannel online
markeling lhan in the lraditional marketing selling. Commonly, marketers
r1u;.'asur(.' thl' cr£ccLivcnessof a single markc1irtg channel using an aggr<.'gatl'
1Il('aSUl(', which i, solely on the lasltouch Ihe CUSlllmer has made before
cOllvcrc;ioll. Many praclitioners and rest.'archcrc;are aware or Lht: shortco!1lings or
Ihis so-called last-touch model, and have proposed alternalive methods 10
mCCl:>ure Ihe incremental dl'enivent'ss or a markt'Iing channel.. rn Ihi\ paper, Wt:
propose a dynamic oplimization model of resourre allocation across multiple
digilal channel, Ihat account' for user specific online behavior, channel
corllrihlllion 10 future probability a ... wt'll a'\ lhe ('osI asc;ociatl'dwilh
reaching Ihe consumer through the givt't1 channel.

3 - Marketing Attribution in a Multichannel Customer
Relationship Setting

Marcel Goic, Assistant Professor, University of Chile, Repuhlica
70 L Santiago, Chile, mgoic@diLllchile.c1, Kirthi Kalyanam,

Jerath

To contan customer . plans consider multiple t'hannels ranging
rro!1l Irilditiunallllt-'dia adverliliing to new Inlt'rlll'1 marketing lools c;uch as
sponsored advertising in search engines. In Ihis scenario. the problem of
measuring the impaCl of each marketing effon on the customer base or marketing
clttrihution is one of lhe key in the design of successrul campaigns
and in th,' allocalion of resourn's for each initiative. The main goal of this
rc earch i to explore how a multichannel COlllaC! with tht' coslomer affects his or
her of a purrhase and how much allribution ,hould be given
10 each lOuch poilll. We propose a parsimony model wh.-re the propt'nsily 10 buy
and us,' each channel is medialt'd by lalenl inventories 01 informalion which
accllmulate Lle; the customer gel in ollltaet with tht' rt'lJiler. Using a dala el from
an online retailer who tracks customn> who visit his website and the marketing
channel Ihat originaled the visil. we empirically invesligate the impact in the
purchase process. When anolyzing the browsing and purchase oehavior afler a
contact, Wl' find siguificant differt'nce acro\S channels. In other words, Ihe usc of
sume rhanucls is assorialeclto larger probabililies of generaling navigation
panerns Ihal will generale a sale. We abo lind that the brow>ing history has a
differenl impaci depending on Ihe channel and thaI l'harmels play different roles
in lhe purchase process. While some of them auraC! CliSlOrner 10 the websilt'.
olhers ure used when ClI$tollwro;are to make c1 plln.h.le;e. Finally ignoring
Ihe COlllaCl hislory can generate biased t'stimalt'd or even reverse the channel
order in lerms of their ability In generate value to the company.

4 - The Long Road to Online Conversion: A Model of
Multi-Channel Attribution

Vibhanshu Abhishek, Assistant Professor, Carnegie Mellon
Univer ity, Heinz College, Pittsburgh, PA, 15203, United States of
Ameri a, vibs@cll1u.edll, Peter Fader, Kanik Hosanagar

Jrc exposed (0 ad\erli\t'rs a ross d number of channels. As a result, a
conversion or a sak may he Ihe result of a series of ads that were displayed 10 the
consumer. This raises the key qu,'siion of allribulion: which ads get crcdit for a

and huw much crt'dit du t'al h of Ihc"it' c:1th gel? i<o ont.' o[ the most
imponant issues facing the adv('nising indUSlry. Although the i-sue is well
documenled, current solotions art' often simplistic. Currel1l practices apply
simplisl'" methods alLributing the '<lIe wthe most re<,elll ad expOSllre thai
pl'nali7.c prior exposurt'S and give undue credit 10 ad exposures funher down in
the con\'Crsion funnel. In this paper, w,' addre» the f}roblt-Ill of allribution using
a unique data-set rroll1 the onJint' campaign of a car launch. "Ve a Hidden
Markov Model of an individual consumer's behavior oased on the concepl of a
conversion funnellhat caplures lhe consumer's deliberation proce s. We oost'rve
Ihal dWerem ad formats. e.g. displ"y and "'arch ads. aff,'n Ihe consume"
difft-renlly and in differelll states of IIlt'ir ded<ion process. Display ads usually
have an early impact on the conSUJ1lt'r,moving him from a state of ctormJncy to a
stale where he is aware of the produ t and ilmight eOler his consideralion set.
However. when the consumer actively inlerans with Ihe,t' ads (c.g. by clicking on
them). his likelihuud to con\'Crl con ideraoly increases. St'condly, we pl(' enl an
allriotuion based on the prop,m'd model thaI a"igns credillll an ad oased
on lhe int'rernental impaCl il has the cun mller's prohabililY 10 conven.
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Strategic Consumer and Firm Decisions in
Oligopolistic Markets: Session 3
Cluster: Special Sessions
InvitedSession

Chair: Ahmed Khwaja, Yale University, New Haven, CT,
United States of America, ahmed.khwaja@yale.edu

1 - Can Price Promotions Cement Store Loyalty? A Dynamic
Structural Model of Spatial and Temporal Search

K. Sudhir, Yale University, 135 Prospect Slreet, P.O. Box 208200,
New Haven, CT, United States of America, k.sudhir@yale.edu,
Ahmed Khwaja, Navid Mojir

Price promoliolls are widespread in gro(.'C'ryrl'tailing. Households seeking lnw
prices can search across stores (spalial) and across Lime (temporal). Yet the
existing literature on strllclural models of t;<:Jrch has focu'\ed only on
endngcoously modeling spatial ()r temporal search-hut not bo(h
simullant'ously. f(lcusing only on Ollt' of the dimensions (ill) It'ad to biJS jn the
eSlimation or search costs ilnd misleading: (Oullterl'aclU<11sill eV(lluating the rok of
price promotions. This paper therefore develops the first dynamic slrllctll.rJI
model of temporal and spatial search model that lIeSIS a Jinite horizoll model of
spatial s(:'Jrch JCfOSS within JI1 infinite horil.lHl ITllldd of temporal
over time. We estimate the model using household purchasing behavior in the
milk category allOWing [or discrete heterogeneity in ,earch co,t, travel cost and

luyalty and continuous helerogelwity in price sensitivity. \"/e use Ii'll' E·M
algorithm in combination with malhematical programming with equilibrillm
constraint (,'vlPEC) approach tOl'stimat,' the model. A two segment model filS

della bcsl. where one <)l'gmcnt of (Ot1SUIlH:.'rs with lo\-v search cost, [ravel cost and
primary SIOft.' loyalty, searches more spatially relative to a second segment with
higher search (ost. lrave! cost, ilnd primary store loyallY. \Vilhill eilt.."h segment.
there is significi.ll1t)wterogendt}' ill price s(:'nsitivity, rt'suil.ing in
response to price promotiolls-moderating th" level of temporal search. Tn
coml>ination, the seJreh (and travel) COSt alld price heterogeneity allow, liS to
characterize four Iypt"':' o[ search segmellts along tht: spatial and tcrnporal
dimcnsions: spatial, temporaL spmio-temporal and incidental search.
Coun(( .... rfactliJls 011 changes in prornotional frequency and depth demonstrate
qualit.atively different rcsponses among tbe rour search segments. III particular, in
contrast to the ron\Tf'ltional wisdom that price promotions reduce loyalty by
inducing grt'aler switching bdli.lvior, eSI'll'ciallyamung pri<..'e st'llsitiv(' hpuscholds,
we find Ihal ,>carch and travel costs Illoderalt' the impact of price prol110tions on
Store loyalty. For highly price sellSitivc' housdlOlds Ihat haw high search and
[ravel costs, an increase ill price promotions increases loyalty to their primary
store, bt'call'ic housd'lolds now h•.lve the option 1.0 gt't lower priCe'S merdy by
temporal search at the primary Our suggest that price promotions
can be a loyall y enhancing device for stores.

2 - Dynamics of Option Value in Subscription Business Models:
The Netflix Model under Operational and Technological Change

Vineel Kumar, Harvard University, Soldiers Field Road, Boston,
MA. United States of America, vkurnar@hbS.edu, Yacheng Sun

The Nelflix business modd is now used for a wide varkly of products, including
Lextbooks, an, lOys and ewn planes. The essentiJI ideJ behind the model is that
of sharing, with til<' company owing the product. and lending it for use by
con.)unll'fS. Consumers of len have a quota of prodllCls Ihal they can "borrow"
and must return a pnJduct It) gel a new one. We examine the unccrtainty that
nmSltIllC[S fJ<..T ill Ihis moclcL and how they may 10 suhscribe to a quota
higher thall Iheir acwalusage, in order to have the option value ()Iusing Lhe
produc1 when necessary. \Nt' operationali1.c t.his model on data obtained from a
Netnix-Iike DVD rental compJny, and condu([ counterfactual simulations 10

unde,stand the impaci 01 operational changes (transkr time) and technological
changes (instant ,1VJilability of products), and determine how ,narkeling
inSlrUmelllS (product and price) ought to he optimally configured based on these
changes, and dctt'fmint' hllw thest' changes irnpacl the revenues of the COfTIf-hHIY.

3 - Learning by Doing in the Solar Photovoltaic Industry
Bryan Bollinger, New York University, 44 West Fourtb SI.,
New York, NY. United Siales of America, bbolling@'stern.nyu.edu,
Kenneth Gillingham

The solar pholOVoltai<:(Pv) indllstry in the United Stales ha5 been the recipient of
substantial production subsidies (Il the federJI and state level. ilften by
bOlh environmental cxternn!ith.'s dnd dynafnic spillovers from learning-hy-doing
(LBD) in the diffusion of the Lechnology. However, empirical evidence on the
precise nature and magniLllde of tbese LBD spillovers is nonexistent. despite
billi,nns of dollars of sub>idies. Using a rich dalJSet on solar PV inslallations in
Caljfornia, we e. amine LBD spillovers in a model of solar PV sllpply, while
allowing for economies of s(JI(;', market power. and the dyna.mics of pricing.
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Chair: Dinah Vernik. Assistant Pw[cssor, Hice University, Jones
Graduate School of Business, Houston, TX, United St,1[es of America,
vernik(g'rice.edu

1 - Positioning and Pricing of Horizontally Differentiated Products
Canan Ulu. University of Texas at Austin,
I University Station, Austin. TX, United Slates of America,
cana n .uluCljlmccombs.ulexas.edu

We proviue \tnlclUfdl results Jnd J solutiol1 n'll'lhod for tit-signing horizoI1tdlly
diHerentiated product lines-optimizing product positions and prices-under fairly
gt'llt'ral COnSlll11t'rchoice Our choin: model is J of the
basic HCllelling-Lancaslcr localiol1al Chl)ke mock!; Consumer tastes (ideil'l
products) follow J gcnera) disrrih1l1iol1; suhslitutioll ciislItility (transportfltiof1 cost)
can bc an asymmet.ric convex function or product-spatial distance; and th('
market may 'WI be fully cowred. W" formalize the notion that a ,hift of
consumer tastes Inward one end t')f the product spacc cannot rcsult ill a shifl of
the optimal product line in the opposite direction. For a tlnimodaltaste
distribution, we show lhat with fl''>pCC!. to the product thaI cover,> thl' IllIHJt' (or
one of two products adjacent 10 it) prices and markt't shares drop toward the tails.
Hence, higher popularity is always associdlt:d ,"vith higher - altl101lgh
pricing, positionil1g, relative market share illld popularity of prodlH ..'lS arc all
cndogt'l1lJlIS in Ollr modeL Our solut ion Illethou is exact for discrete consumer
ta,le distribulions. Whereas. for continllous distributions. it requires lower and
upper bounds. which can be cOll1put"d efficiently usiug shone;t path
formulations aud they asymptotically converge to the oplimal profit.

2 - Assessing the Value and Consequences of Direct Store Delivery
Channel Arrangements

Mumin Kllrtttlus, Vanderbilt University, Owen Graduate Scllool of
Management, Nashville, TN. 37203, United States of America,
lTlurtlin.kurtultts@'lwcn.vanderbilt.edll, Canan Savaskan-Ehen

Djrcct -;tore dt'livery (DSf)) is i'l channel arrangement where the retailer relit'S on
a manufacturer for distributing and cxecuLillg operations for ils own
products. The growing popularity III lht, DSD pranice in certain products
cJtegories over the years is a stf(Jng indicatOr that nSf) has great pOkl1lial.
Despite the widespread adoption of DSD by fllll1H:rous n'tililcrs and
manufacturers, very little forrnal research has been conducted 10 underst<lnd the
economic drivers behind this practice. Our research is rl slep in this direction and
offers tl model bdM..'d analysis pf tilt, c('onOl1lic drivers (md implications of nsn for
both manufacturers and r{'tailers..

3 - Bundling Strategies for Vertically Differentiated Products
Dowthce Honhon, Assistatll Professor, Eindhoven University of
Te,hnology, Den Dolech, 2, Eindhoven, 5612, Netherlands,
d.b.l.p.honhon@tuc.nl. Amy Xiajun Pan

\Ve study how a retailer chooses tbe profit·maximizing bundling for
vertically differentiated produt.'ls. called components. \InLIer capacity constraints.
We charJrterizt' condi'ions undt'r which no bundling. pure hundling and miXt'd
hundling stralegies arc optimal <llld providc efficient methods to calculate optimal
prices. Wt' alsu "i1udy when offt'ring unly lhe complete bundle or only
components may lead III a sub,wntial profit los,.

4 - Managing a New Product Introduction through Quick Response
and Advance Selling

Dinah Vcrnik, As,istanl Professor, Wce University. Joncs Graduate
School of Business, HouslOn, TX. United States of Ameri,a,
vernik@rice.edu, Fernando Rernstein, Preyas Desai

lnnovatil)ns and new products arc (he growth (or companies in most
rn,Jrkcr'). In markets '>ltrh a" COllSllrr1l'rautornobiks, ilppliann:',>, and
computers. it is very diffi(uh lil predict (OnSUlllefS' tastl'S and prefercnccs. As a
result, even after significanl mJrkCling rescJrch, manufacturers and r{'tailer face
signHiGlIlt uncertainty aboul consumers' re"iponse to new producls. \Vhile ncw
product research in markcting and other allied areas have examined challenges
fur many marketing rnix decisions, distribution <..-h,ll1ncl issues have nol
rt'c('ivcd as much dllcntion. 111 Ihis pdpcr. we examine the impact 01" dt:mand
uf1Cerlainl)' for ne.w products (ll1 distriblllion channel managelTlt'nl. In particular.
we study how lwu irnponarn strategies La deal wilh (kmand uncertainty affect

retailers and the entire dislribution channel. Tlwst' two strategie'i
are quick response il11(1 advance selling. Quick response is a production i,md
distrilJution strategy designed to rapidly react to changing mark,'t conditions by
adapting production quanlities and delivery 10 mcet t.he changing
market This model is cnrrently adopted by many firms, including
technology and fashion rnJnuf(lCturers (e.g. t.he Spanish .lppard company Zara).
1n advance sdling. J manllfactuft'r rnay require a COll1l'nitmt'l1l on ordcr
quantities (advann'd sale) by Ihe ,,·tailer 10 manage the demand unn·rtainty.
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1 - Does Brand Loyalty Really Happen for Children's Market?
A Comparative Study from Indonesia, Portugal, and Brazil

Jony HaryalllO. Associate Professor. Satya Wacana Christian
University. 52·60 Diponegoro Street. Salatiga. 50711. Indonesia.
jonyharyanto@yahoo.com, Arnaldo Coelho, Llliz Moutinho

Childrt'n', market is very challenging and pOlel1lial. In Ihe very dynamic and ,'ver
changing face of Ihe children's markel. identifying and bt'ing able to optimize Ihe
factors thai Can preserve product dominance is key LO product longevity. This
paper 10 identify factors which as the antecedents of brand
10y"lly in children's market. We did a semi strucwre inlerview in Indonesia.
POrLugal and Brazil to validate our model. We Jlso did a smvey within these three
countrit":s 10 our hypotheses. Tht" findings of II prclirninary study. semi·
structllred interviews and pasl research suggesl that brand personality, brand trust
and brand sJlienn' important anlcCt:derus to create l'lllotional bonding in the
children's market. Meanwhile. bralld loyalty was identified as the wnsequ"nce of
en1l'tional bonding, aUlobiographical memllry and habillialion. 11 is hop,'d Ihat
this siudy can contribute to the body of knnwledge and understanding of Ihe
factors alld their inter-relations Ihal can contribute to the development of
auwbiographiral memory and bralld loyalty ill the children's market.

2 - Validating SME's Supply Chain in China -Institution Perspective
Ming-Chih Tsai. National Chung Hsing University, Department of
Marketing. 250 Kuo-Kuang Rd., Taichung. Taiwan - ROC.
mctsai@nchu.edtl.lw. Yu-Chi Lu

Chi'll'se small- and medium-sized "Ilterprises (SMb) have contributed
signiric3ml) 10 the national economy. However, SJ\ttE do not appear to
implement SCM and consequemly receive fewer advantages. otahly product
qualill' of Chirlt'se manufacturers has nOt reacht'd a satisfacwry level. S,\;IEs arc
generally regarded as easily innuenced by external forn's. The intensive supply
chain manufacturers duslcrcd ill China have increased so<.ieta)
However. to date research fOCl"ed on institution dimensions and the role it plays
in SCM has been limited. As China is rapidly turning itself from world lartory to
world marh'l. knOWing Chinese business behavior is imponant for global
businl'ss. As a resull, this study aims 111 asse,>s Jnd validate Ihe coercive and
mirncLic influences of Chinese channel members for produn Quality performance.
The manuldclurers under Taiwan and Southern China institutions are chosen for
comparison. Based largely on institution tllt'ory and supply chain references, six
hypotheses are developed with measurementS assnciated to construe! a
cOllceplllalmodel. Valid dala of t2t manufaCllIrt'rS is collected and rdiabilily and
validity examinations are carried out prior to palh analysis. Result analysis
indicates that the supply chain resource is nOI present in Chinese SME leading to
the high failure rates. In ll'nns of institution forces, Ihe SMEs arc significalllly
inrJucnccd by coercive power although China is more by upstream
suppliers whereas Taiwan is by downstrealll distributors. On the other hand.
China pern'ivcs mimetic inrJuence ,non' heavily than Taiwan hut the influt'l1ct"
proves ineHective in improving product quality. Finally, tht' developing Chillese
SME institulions arc explored and discussed.

3 - Power Asymmetry in Intercultural Sales Negotiations
Tayflln Aykac. ESCP Europe Business School Berlin. Hellbnerweg
8-10. Berlin. 14059. Germany. raykac@escpeurope.eu,
Robert Wilken. Frank Jacob, Nathalie Prime

egolimions in busine"-to-busilless markets between selling and buyillg
companies cross national borders. Oftl'Il. companies
possess different power levels. which impedes valu"-daiming for low-power
panies. Extant literature on power asymmetry dill'S not consider attributes of
negotiations between parties with different cultural backgrounds. a selling Ihat
theoretically predicts interesting results. Tht"" <tudy t"es an intercultural
selling tu examine power asymmelries. Unlike most studic • we manipulate
power through team size and extend the inveo;ligation to culturally mixed teams.
The t'mpirical n.' ulls e,;;huw Ihat the high-ptHvl'r Il.:lny till' negotialion,
which makl's the low-power party adapt its strategies to the culture-bound

of its 1110re powerful (ounlerparL. low-puwt'r negotiators do
not 11(.·cessarilysuffer from an inferior power POSititlil as the U'il" of integrative
slratt'gies is posili"ely linked to their individual profits. To further challenge our
kl'y proposition. we conducted an additional study with symmelric power dyads
when:' only solo negotialors bargained wilh cilch III her. Tn COTllra5t to ilsymlllt"tric

power 'll'gotimiolls. these solo vs. sol" settings arc more charal'terized by the
specific culture-bound negoliation styles of both hargainers. [n other words.
bargainers arc not overruled by Ihe culture-specific Ilegotiation strategic' or duo'
opponent. They can rather rely on their own negotiation strategies for the
achit'vcrnent of high UlltComes. for intercultural sales 11l'gotiaLions, we
advist· potentiallow-pnwer eilher III insist l)fl negllLiations with an
equal size of altendants lor both opposing parti,·s or to loClls on tht· use of
integra live strmegics.
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Chair: Mihaela Alina astasoiu, PhD Student, Western University,
Canada. fvey Business School. 291, Windermere Rd., London. ON.
N6G2J9. Canada. alina.nastasoiu@gmail.com

1 - Materialism and Beauty Perceptions Amongst Young Female
Pakistani Consumers

Farah az. Lectllrer. Karachi Univer ity. Institiute of Business
Administration. Karachi. Pakistan. fbaig@iba.edu.pk, Jami Moiz

With lhl' increa 'cd media exposure llnd the availability of numcrous beauty
brands the female consumers have chaoged the definition of tht' beauly ideals.
Numerous research,'s have been conductl'd which determine the impact of ll1edia
on the ll1aterialisli lendencies and the consumption palterns. The purpose of thh
research is LO <lclermine wht'thcr there is any rdatiunship belwcl'n materialism
and the importance that the young female consumers all3ch to beauty and
appt'artJl1ct:'. Tht:' research was conducted in two phases: first pha'>e was
qualitative and second phase was quantilative. The qualilalive research was done
through f"cus groups. The target respondents were remalt's [)etween age< 16·24.
college going/university going studL'llts. ThirLel:n focus groups were wnducted
both in Karachi and Lahor,·. Tile qualitative phase was followed by quantilJtiVl'
phase. Surwy was done in the cities 01 Karachi. Lahore. Islamabad. Rawalpindi,
Multan and Sukkar. It was a self administered survey. The survey sampIt- size wa\
450 respondents. The resear,h was analyzed with SPSS. Fal10rial Analysis,
correlation. and regression techniques were lIsed. Six segments were identified
through factor analysis; (fadilionalists. Ratiunalists. switcht·rs. pretentious. sdf­
conscious and beauty collscious. The different segmcllts identified indicated

in orand luyalties. materialistic tl'ndendt,s and motivation in thr
purchase of bcauty products. The rcsults haw implications for the marketers in
terms of product devdo}l11lt'1l1. positioning and communication. The limitation of
the study was that it was wnducted in thc urban cities 01 Pakistan. Tile rural
areas might point to a different scenario.

2 - The Development and Validation of a Consumer Confidence Scale
Volkan Yeniaras. Kadir Has Universiry. Kadir Has Caddesi. Cibali,
Istanhul, Turkey. volkan.yeniaras@khas.edu.tr, Atllonis Simitlliras,
George Balabanis

The paper deals with the operatiollalization of consumer confidence. Progress in
the consum"r confidence research is hampered by the "xislence of multitude of
conceptualizations. Tile paper tries to consolidatc the different approaches and
offer a valid all-encompassing "perationali/ation. Empirical work indicates that
five-dimensions underlie tIlt' consumer confidence COllet'pl. The dintcnsions
follow confidence in the main stage of the buying process. namely. the need
recognitiun. information searrh. allernativl' evaluaLiOIls, purchase <kcisions. and
!lost-purchase outcomes. The study employs a novel methodology to ensure the
content validation of the new t'perationalizalion of consumer confidence. This
aniclt'. attempts to bridge Ihe gap in the literature regarding Ihc content
validation, an issut"thal has lung in the marketing Iiteralure. via
a data Iriangulatioll thal is used during carll' tages of the scale development
procedure which is on a cornbiniHion of focus groups, experimental
procedures, individual interviews and expert reviews prior lO collecting survey
dala to address previous limitalions. Cross-validated evidence for the wntelll
validity of the revised conceptualizatioll of consumer confidence is reported.
Survey dala ubtained (n=415) from a development sample are used for
measurement purificalion and prefiminary validation. A cross-validation "I scale
in a new survey data set (n=311) obtaincd from real consumers indicales strong
support for lhe dimensionality. reliability. discriminant and
nomological validity or tht· revised consunwr conri<.kllrc conslnll'ts alld the
existence of minimal melhod bia . Finally the study provides information on the

of the confidell1 consumer scgnl(·nt.

3 - Variety Seeking and Complex Consumption Behavior -
An Analysis of Path Data

Alberto Marcati. Professor. LUISS University, Viale Salvini 2.
Roma. 00184. Italy, arnarcati@luiss.it. Riccardo Massari,
Pierpaolo D'Urso

Variety seeking.. i.e. tilt' biased hehavioflll or an individual consumer
switching brands. induced by tht' utilit}, she tit-rives from the change itself
(MCAlister and Pessemier t982), is an irnponant driver of consumption decision,
and has been thl' objel'l of a rich stream of research. dating back to the fiflies and
pointing 10 the fact Ihat il is a rnulti-dinlt'nsionall'Oncept. The cnrrent wide pread
availabilily of path data. i.e. data that account for s"qul'nces of chOiet·s rclatedlO
the purchase or post-purchase aClivity (Lar..on. Bradlow and Fader 2005;
KamaKora 2012). opens up Ilt'W and exciling 0IlPortunities and calls for all
adaptation of Iraditional roncepts and models. We arc analyzing an original st't of
data. collected rOUl.inely by a s('rvice provider ill a EurOI)ean ski resorl. rll-tailing
Ihe sequence of lifts that have been chosen hI' skiers ill their daily activity. for a
full week. By using Ihe Damerau-L"venshtein distance IDamerau. 1964;
Levt'nsillein. (966) across paths. we pl'rform a c1ustt'r analysis of paths and wt'
compul.e Ihe rnedoids. i.e. ·al·tual· palhs o[ a small number of individuals. Ihal. are
repre<"ntalivt' of a larger group of c'onsum,'rs (in our analysis, rt'Speclively t4
m"duids and 330 indiViduals). We th"n con,ider those medoids and mea,ure for
each of them (Gijsbrl'chl. 2000; Handelsman, 1987; Trivedi, 1999; van Trijp and
Steenkarnp, ]996): brt'adlh (number of unique Iifls). width (number of IifIS),
varit'ty imkx (numb"r of shift> between lifts), entropy (balance in lIlt' distribulion
of lifls). centrali7.ation (connectedness of the path). Finally. we analyze the
relationship among those and discuss the hYPolhesis that variety
sl:eking is related to usage and that heavy users tend to be also variety seekers.
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4 - Predicting Churn through Variety Seeking Behavior
Mihaela Alina Nastasoiu, PhD Student, Western University,
Canada, lvey Business School, 291, Windermere Rd., London, ON,
N6G2J9, Canada. alina,nastasoiu@gmail.com, Mark Vandenbosch,
Neil Bendle

Comumcrs differ with respect 10 the variety tlwy scek among the offerings of a
servin.' provider thai charges a flat suhscription fee (e.f!.. ilJ110ng the fi.lcilitiesof a
recreatioll (t'111l'r or Jlllnng Ihe ChMll1l'b of a 1IJ1Hp,1ny). \-Ve
invcsliyatl' till' relationship this varil'ly-')ccking propl'Ilsily and the
likelihood uf churning oUI of lhe provhkr's CllSh.nIlcr pool. Results ill coIlSUIlU:'[

behavior experimental lilcraturc.' SUppOJ"l the i(ll-a lhat is a
predictor of churn. For example, has been shllwn to i1l-t as a sdf­
pacing: mechanism Lhell allows {.'(IfISUIlH..'rs10 enjoy a givell set of over long
periods of lilllC; \0 COll1milled CllstOfTlt'rs,ln' mort' likely 10 bt;' v(lril'ly·\t;"'ek.('r",
Moreover, thc finding tilat more varied ,equen('es are hellcr evalumed in
retrospect. and the fan thJt they arc per('l'iwd to offer bCller value for moncy­
lend rUflher SUPpOfl 10 tlw Ill'gotivt' relation bt'twL'\,.'n varicty-<;('('killg and churn,
Wt' It.'st Ihili rdaLiol1ship on dota frOlll SiriusXJvt (a radio broadcasting olmpclny),
First, Wt.· devl'}op a new me<:lsureof varil'ly-,>cl'king amung music Ch':HlLwls.
Flirtht'nnorc. W(' show that this I1lC.Jsure ha,> good predictive power in several
,-;pl'cificatiolls of the sUfvivallllodcl, eVl'n after allowing for
heterogcneity. We wmpJre the rcsults of several models: a Cox paniallikelilH'od
mudd, whl'rt.' llie ba'it.'lint.' h,l/anl remains llnspl'{'ifil'ci. as well as full likelihood
models tilat impo,e an exponential or Wcibull distribution on the baseline
hazard, OU( resulls \how that varici y·sceking IllCilSU((.''') arc very useful in
discriminating uelwecn customcrs at high \lr low risk t)f "hurning dnd (i.lll lhus bl'
an ...rrct'tin: ITlilnagerial tool.

• FC07
07- tvlonterosa2
Service Marketing
ContributedSession
Chair: Dlibravko Radie, Prolessor, University of Leipzig, Grimmaische
Strasse 12, Leipzjg, 04109, Germany. radic@wifa.uni-Ieipzig.de

1 - Determinant Factors of Consumer Behavioral Intentions in
Electronic Financial Service Encounters

Hiueaki Kitanaka. Takushuku University, Kohinala 3-4, Tukyo,
Japan, kiwnakil@ner.takllshokll-u.ac.jp, Keiko Toya

The purpt.)se of lhis p<lper is to cmpirically examinC;.' tht' relationship Jlllong
<icrvkt' ('nrOllfllcr CtJII.:;lflICI'i ill electronic finillKilll services. Servict.' l'IlCOUlltl"ris (1

dyadic interactive process bClwcell servin.' providers and conSllll1l'rs. Service
C;.'ncounter is as one of the 1110st imponant managerial tasks for service
provkkrs because Ihl' degr('(;'of managerial capJbilitics of scrvice encoulller
Jfrcns overall p(,.'rformanccs o[ service providers, Prior servin' sludit.'s havt.'
identifit'd service qUJliL)', values, satisfaction, i.lnd behavioral iIllt.'nlions
as kev constructs in ,>crviccellcounter slUdv. Behavioral inlCl1liolls art.' a S('t of
a('li";ls consumers will t.ake iu the pust l'tlt'OUllll'r phase, Widely accepted
actions of bchuvioral inlcn lions arc l) rcpl'tition of servict's. 2) n.'coIllIlH.'ndation
(If servin's to Olh('rs, and 3) fct.'dback un ")crvin-'s 10 strvire providers. Repetition
and rcct.)mllltndalioll arc impt.)rtanl because they arc directly related to Sl'lVicc
prOViders' revenut increLlses, Feedback also important because it will bring
opporliinilits for <;ervin' providl'rs to n::nify the currtllt sit and
opcraliollCllstfuctllrcs, In ordl'r to ('x.:Imine the relationship JJl10ng service
encountcr construcls, Wl' have developed a modt'l to be t.'xarnilll'd, The model is
designed with a special focus of measuring direct and indirl'ct inflt.ll'nn'S from
construrts of st'fvicc quality, pCr<:dved value i.lnd satisfaction LO the three
or hdlavioral Intelltions COIl$lrtH.:tIlll'ntkmcd above. Using empirical data
llhlaint.'d from a wt.'b-bcls{'d un {'leel runic financial ...ervin .. Wt' will
examine t!Il' model and disntss academic findings JS well as practical
impkml'lltations followed by a wnclusion.

2 - Return on Service Amenities
Holand Ruse Distinguished University Professur, University o[
Maryland, Robert H, Smith School of Business. College Park, MD,
20742. United Stiltes of America, Trusl@rhsmith.lltlld,edu,
Rebecca Hamilton. Michel Wedel. Chekilan Dev

Finns often vit' for competitive adV(ll11Jgcby providing Cldditionol "crviu',>
(amenities) to tlwir customers. tn t.hl' hot"1 indu,try, for exampk, analysts use till'
tt'rm 'amenity creep' to describe the constant pn.'ssure for brands to dillcrcntialC
hy .Jdding .:;crvices <illch as filllt'ss ce-rJLers(lnd high-speed 10 Iht'ir
offt-rings. We build J model of how service amenities prnduce financial return.
The profit:> from JITIt'llilies adst, from two increasing iniliJI choice
and increasing revenut's from repurdlusc. The rl'jHlr('hase drcel Cdll ilsclf be splil
into incidcnce nl' futurc pur('hase (yes or no) and additional rcvenue ('onditional
on rl'lJUrchase. We apply Ihe model in the ('Onlext of hotel amenities, using"
large-scale custolller d..ll ..1ha":>l' providt'd by J lTJajor hotd chJill, employing
hkran.-hical Bayesian estimation 10 estim.lltt' til{: model, The estimation results are
then used to evaluate [tturn on invcstllH.'nt for twO service for each or

hOld brLlncls. 'Ne find ,!lilt return varit'o; 0<"1'0':;<; ,1I1"1t'niLic\and thai Ihl'
return on a single amenity ('an vary substantially across diffcrent brands. The,,'
cmpirical result> show that Ihe pattern o[ on amenities can he complex,
and thm l'a('h brand nCl'ds til carefully ('valuate the profitability of earh servi('('
amenity, We wnclud(' that the t110del can servc as a useful d('rision tOlll for
rnJnagers deriding which servic(' amenities to pwvide to their customl'r',
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3 - Service Productivity: Improving the Trade-off between External
and Internal Efficiency

Dubravko Radic. Professor, University of Leipzig, Gritrtmaiscl1e
Strasse 12, Leipzig, 04 109, Germany, radic@wifa.ttni-Ieipzig.de.
Tilo Bellm

Thc ('(H1ccpt or productiVity dilfers hetwe('n servi('('s and manllfacllJring. This is
mainly due 10 the inseparability between produCtion and con'llt11pti,'n wbich
It'JUS to Ille following Ird{Je·Orr:Whell inpul resources inlo lht.' service process .He

('osi-dficicnry is rJis(,:d. hut ell lhc sallie lime perceived qualily of du'
t.kut'Jses which Ie,ld" to a negative revcnllc-dficit.'l1cy. In this we

will adclre,s thi, trade-oil, which mo,t service companies [a('(', and demlll1Strate
how this nadc-orf bt'lWecn (o:)t·cfficicncy and rt.·venue·effickncy be
improved by changing lht.' framing of the customer-service prt.)vidcr inLerJction.
In (1 1l(lllJrcti field l'xp('rilTlt.'1l1. tllt.-' defdult <jelling fDr the clt'dl1ing pro('('s" ill <1
hot.el was altered alld the amount 01 cleaning as a l1lea')urc for cost related
efficiency anti ")Jtis(,K!ion as a measure tor revenue-efficiency observed.

... ullS conlinn lhClt an allered defi.llilL selling G1I1 improve servin' prodtlCliviLy in
the CU$wllll'r-providcr interanion sinn' coSI rdilted efficit'nry
improve,; while thl' rCVl'nut.' related Illl'asure docs nul change significtll1tly.

• FC08
08- Edelweiss
Price Competition II
ContributedSession

Chair: O. Cem Ozturk. A,sistam of Marketing, Georgia
Institute of Technulogy, 800 West. Peachtree SI. NW, Atlanta, GA.
Uniled Siaies of At1lt'rica. CetTl.Ozlurk(qlscheilcr.gatech.edu

1 - Coordination of Price Promotions Within a Product Line
Maxim Sinitsyn. Universily of California. San Diego, 9500 Gilman
Drive #0508, La Jolla. CA, 92093, United SliJtes of America,
ITlsinitsyn@ucsd.euu

In this pi.lIK'r, r d question of how J firm producing rnultipk substitute
products should coordinate its price promotions, I JTlodel pri('e cOlllpl'tition
betwet'n tW() Hrms, each produ ...ing two prod thai Jrc hori'/ontally
dirrcrerllia(ed WiLh respect to some charaClerhtic. Consumers an: divided into
loyals, whl) pnrchase thcir preferred product, and switchers who have

preference" fur t I'll' four products. Thl' preferenccs of the switcht'rs
arl' mlldckd nt'stt'd logil with lh ... SlfUCturt' of the IlcSh determined by
whetl",r tl'll' )witchers substitut.c l'asit'r b,'twl'en diffeTl'nt types of the products
belonging to thc same firtn (brand-primary specification) or betwcen different
brands (type-primary spt'lifi('ation), I find tilat for the brand-primary lllodei. tht'
firms r.lTely prolllote their producls tOgl'thcr while for thc type-primMy Illodel.
joint prolllotions Jre frt'(]IH-'nt.

2 - Effect of Reference Prices on Product Positioning and Pricing in
Non-Durable Goods Markets

Sajcesh Sajeesh, City University u[ New York, Baruch College,
One Bernard Baruch Way, New York, NY. 100 I 0,
United Slates uf America, s,sajcesll@baruch,cuny,euu. Amit Mehra

\Vl1ik the existence 01 r('f('ft'IKe price in COllsumer decision Illilking is
CX1l'Il<.iivelydocuml'nh:'d in prior ft.'scarch, kw slUdies hav\,.' focused 011 its
implications for firm')' stratcgic behavior. Wt' fill this gap by examining IH)W

produo po\itioning and pricing in a non-durable good,> rnarket h by lWI)
types of reference pri('es: (i) avcrage prevailing price in the mJrkctand (ii) past
purchase price. Customers gain additional utility if their purchase price is less
Ihan tilt' reference pri('l', Our Jnalysis ShllWS that: (a) finns opt for Hi·to pricing
with prices in Period l .:Ind lower prin.:s in Period 2. (b) competition is
exacerbated between fin", in both periods, leading to lower pri('es and profits.
and. (') produl'l differentiation reduces. Th;, happens hecause the marl/inal gain
in markct share frnrn reducing priu's is lhJn tilt.' bcnclHTlJrk case 'where
rdercllcc prices arc not COil ·idercu. This dfect increases price ((,)rnpetitioll in blHh
pl'riudli. Fllrlhcr, hight.·r in Pt.'riod 1. which b('rulIl(' tilt, rc..-'ft'rt:'nn'
prkes for Period 2, \cad to higher CUStOmer utility in Pcriod 2. Although this
across period dlen dampens price competition in Period I, the pro-competitive
('fft'ct is sironger than the anti-compl'tilivc l'fft'ct resulting in (a)
and (h), Further, onc may expc(l finns 10 n.'dlH."l'price compelition by increasing
produl1 dirferl'llliJtion. Contrary to this expcclation, we find that firms get locked
in a prist)llcrs' dilemmJ situalion and ll10ve their product positions closer, thereby
intensifying competition. Finally, we l'xarni!)(.' two alternate of the
rderence price effect and find Ihat if consulllers USt' only past purchase pri('e as
their refen'llCl', it is for firm!' 10 make higher profits in P.... riod I, htll not
overall.
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3 - Pricing Optimal Contingent Products in Marketing Channels
Sihem TabollbL Associate Professor, lIEC Montreal,
3000 Chemin Cbte Sainte Catherine, lv\omreal, QC, Canada,
sihem.tabollbi@hec.ca, Georges Zaccour, Peter Kon

This IMper studies the pricing of finns belonging to a vertical channel
struclllre where optinnal C<.>nungent arc sold. Optional cOllting,'nt
prndU('b are dlilraclt:'rizt'd by lIIlil':l1eral derndnd inlt'f(kpt'IH.k·ncit's. That is, Iht'
base prddnct can be used independently or a contingent product. On the other

. hand, the comingt'nt product's purchase is conditional un the possession of the
bal)(;' produ(l. aim to examine the opLimalilY of loss-leader pricing in it context
where the intertit'pendel1lproduCls arc t'ontrolled by difkrent firms located at
two levels nr the distribution channel and to investigate the impact of competition
at the contingent product's market. Tbe prol>lem is modeit'd as a game play,'d
between a manufacturer and a (two) retaikr(s). The ntanufaclllrer controls the
transfer price while one of the retailt'r(s) the ba,e produl'l's relail price.
Under both tht, monopoly case and tlw competitive caSt', the retaikr(sl Cllmrol(s)
the contingent product's retail price and Ibe manufacturer is considered as the
cha nnel kader.

4 - The Impact of Local Market Exits on Rival Pricing
O. Cem Ozrurk, Assistalll Professor of Marketing, Georgia Institure
of Technology, 800 West Peachtree Sl. NW, Atlanta, GA,
United SWles of America, Cem.Ozturk@scheller.gatech.edu,
Sriram Venkataraman, Prudeep K. Chintagunta

During ecnllomic IUnllOil'i, ("ol11panies usually recon ickr Iheir retail nt'lwtlrk
strUClure in order to lind ways to cut costs, reduce intra,brand competition, and

to demand contraction. Local market exit is an option that companies in
many industries such JC; motion picture. airline. rcwil gasoline, hospilaIily, and
di'icount oIten (,'xcrcisr to achieve t hCSl' goals. Therl'fore, it is crucial for
managl'rs Jnd policy makers Itl understand tlH' impacl or market exits un
product market competilion, particularly on pritTS. The purposl' of this paper is to
measure the impact of local markel exits on the pricing behavior of rivals in the
cotllext of the U.S. aUlOmoL,i1eindustry. Using a unique and extensive auto dealer
pfllu"l dat,) set inducting monlhly Oh'il'rVdliolls al lht' deah"r/vehich" level. we
provide some empirical evidence on Ull' spatial heterogl'lIl'ity of price erkcts of
local market exits. We then investigate a variety o[ mechanisms that could
explain this heterogeneity.

• FC09
09- Mimosa

Advertising Planning, Budgeting and Ad Effectiveness
ContributedSession

Chair: Percn Ozturan, PhD Candidate, Koc Universitv, GSB
Rumelifeneri Yolu, Sariyer, Istanbul, 34450, Turkey, '
poztllran@ku.edu.tr

1 - Decomposing Advertising Budgets
Ceren KolsaricL Assistal1t Professor, Queen's University,
143 Union Street, Kingston, ON, K7L3N6, Canada,
ckolsarici@ousiness.queensll.ca, Demetrios Vakratsas, Prasad Naik

l3udgeling is one of the most complt'x decisions in markl'ling. Dt'spite rt'search
agrel'ing on CO!1Stalllspending as the optimal advenising policy, this rarely

in redlily. Puhing or rJighling scllt'dull's Jrc quitC" COIllIl1t1n ror many
brands suggesting a sub,optimal behavior on marketers' side. Arc managers
aCling irrationally or call we Jrgllc [or "rational Our is
motivated by precisely this question. We Drgue that one of the many challenges
[acing managers in the budgeling proccss is the uncerlainty of markeling
erfl'ctivl'ness, Tu overcome this urJ.l"l'rLainty. managers experiment by deviating
from the ba,dine spending. lL is only through this p,'nurbation Ibat they can
measure and drt'ctivtl1l'ss. The greater the uncertainly, lhe greater the
perturbmion will bl'. Based on relevant literature we decompose the adverusing
budget into four benchmark colllpunents: a) baseliue spending. b)
experimentation. c) competitive spending and d) p,'rcentage of sail', We
investigate the contributioo of each of component to the hudgeting decision aod
discuss the proportiollol managerial overspending through the lise of adaptive
dual control theory. Wc empirically derive the advertising respome function and
discuss the implications on the optimal advertising policy. The empirical
application 1)1lggeSI'ilhat advertising budgets arc predominantly benchmarktd hy
the percentage o[ sales (65%) 1lI.,thod. while the role o[ baseline spending (5%),
experimentation (3%) and competitive sales heuristic (2%) is quill' negligible.
Roughly 25% uf the budget is overspending. The ,'dvcnising response follows a
piecewise IiIll'Jr function, suggesting a bang-bang type optimal polity. The
findings provide insights inlO the manal,(erial decision-making process which are
discussed.
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2 - Carryover Effects of Communication Activities: A Meta-Analysis
Soenke Albers, Professor of Marketing and fnnovation, Kuehne
Logistics University, BrooktOrkai 20, Hamburg, 20457, Germany,
soenke.albers@the-klu.org, Christine Koehler, Vamsi Kanuri,
Murali Manuala

OVl'f 30 years Itave passed since Clarke (1976) derived lirst generalizations about
the size of advertising carryover crfects. almost 20 years since the re-analysis of
his dalaset by t eon<' (1995). In this tinl<' span l'mpirirai evidence on carryover
efreCI'i has substantiaJly grown, rgnoring the Il)ngtcrrn impact of communication
instrullll'nts may lead to suhopLimal allocJtion decisions with St'vcre proHt

However. rccelltllll'la-dnalysis prilnarily conCl'lltrated 011 the
estilllawd shomenn clDsticities. With our current analysis we try to fill this
research gap. Our dataset includes 1.075 observations of estimated carryover
eHeets from tighl riirrt'rcnt carryover models fuund in 109 ('('0110111(.-'1 studies
conducted in the time period from 1962 t(\2012. Furthermore we coded 45
independent variahles to capture possible determinantS of carryover size. The
resulting mean advcrti!-ling carryover or o. '57 is very close to thl' value of o. '59
reported by Clarke (t 976). For personal activities Wl' receive a Slightly
higher l11t'an value of 0.65. To get further gCllerllli/.able insights how the
carryover varies with rl'SpeCllO covariatl's 'iuch as region, product mdllJrit}', and
time we prnvide results of the estimation of a hierarchical linear moclel.

3 - Timing of Advertising Pulses
Maanen J Gijsenberg, Assistant Professor of Marketing, University
of Groningen. Depanmenl of Marketing, P.O. Box 800, Groningen,
9700 AV, Netherlands, rn.j.gijsenberg@rug.nl, Vincent R Nijs

[n many industries, brJnds systematically switch advt'rtising on and off (Dube et
al. 2005), a phenolllenon "tt('n referred 10 as ),lulsing. The O[Himality of such
pulsing strategies has bel'll the focus of a large stream of normative research.
While ome studies daim that even-spending stralegies an, preferablt, (e.g.,
Sasicni 1989), more recelll work confirmed Ihe optimality of pulsing (e.g., Naik l't
al. 1998; Dube et al. 2005; FreirrlCr and Horsky 2012). It has bcen argucd thaI. in
gcncral, the brands may bendit by timing I scheduling these pulses in-phase with
IIwir Illai n <:omp,·tilors (P,Jrk and Hahn 1994; Freimer and I-Iorsky 20 I2). In this
sludy. we investigate the timing of advertising actions ror close to 750 CPG brands
in over 120 product categorics over a four-year period. We first identify the diren
competitors for t'ach brand Jnd thcncrnpirically model the advertising decisions
of IhcSl' competing brands. We expect brands. in gt.'l1l'fJI. 10 timc tht'ir advertising
actions with Ihose of Iheir main competitors (Frl'imer and Hursky 2012).
Howevcr, out-of-phasc timing bchavior is expected for bran,h that differ ill a)
advertising intcnsity. b) adwrtising effectiveness, c) retention rate, and d) brand
power (Park and Hahn 1994; Freimer and Horsky 2012).

4 - The Blind Leading the Blind? How Brands Follow Similar Brands
in Advertising across Business Cycles

Peren Ozturan, PhD Candidate, Koc University, GSB Rumelifeneri
Yolu. Sariyer, ISlanoul. 34450, Turkey, pozturan@ku.edu.tr,
Aysegul Ozsomer Tunali, Koen Pauwels

While descriptive research !'inds !'irrns c!errt'ast' thdr adverlising spcnding during
economic uownLUrns. prescriptive research indicates increasing it is beneficial for
finn perrormance. This paper aims 10 tackle this paradox by bringing in the wit' of
social innuence amung I11JrkeLing managers Clnd examine imitation bdlavi()[
between din'CI competiturs JS a potential explanation [or procydical advertising
spt'nding. Building Oil strategic groups literature, the research propOS('Sand shows
thai sirnililrity with respect tt) rndrkct shaH', price it'vels, and consumer milld
share leads firms to beh<we in a similar way when they decide on advertising
spcnding. VI/t' conduct a time series analysis over a oataset lhat covers six
consumer packaged goods categories through 200 I and 20 I0 from Spain and lind
that imitation is inflt.l('Juial through downward busincss cycles.

• FC10
10- EMBA 1

Sales Force Integration
ContributedSession

Chair: Thomas Steen burgh, John L. Colley A5s0ciate Professor.
University of Virginia· Darden, 100 Darden Boulevard, Charlottesville.
VA, 22903, United States of America, steenburght@darden.virginia.edu

1 - Aligning Marketing Campaigns and Sales Force
Somnalh Banerjee. Doctoral Candidate, University of Central
Flurida, 4000 Central Florida Blvd, Orlando, Fl., 32816, United
States of America, sbanerjee@bu5.ucf.edu, Pradeep Bhardwaj

Most markcting campaigns for produClS that rt'quire 'sales assistance' arc
conduned with the purpose of generaling ,ales le."ls thai can he f"lIowed up and
closed by sales force. However, such an arrangement or marketing-sales interlace
leads to Il,e t110ral ha7ard in team problem for the firm. The current industry best
practice to deal with the issue is to USe It'ad qUDlification mechanisms. We study
coordination medwnbms that can help firms achieve higher lewis of
coordination and l'friciency. Our results indifcJlt.' thai t1wre exists a gap between
the efficient and the coordination achieved by use o[ lead quali!'ication
teclllllllogies. We find that a contract involving a lournameJl1 for marketing
agents with an endogenous prize aud a bonus plan [or individual sales t't11ployees
achieves effiCiency when uncertainty is heltlw a threshold. We extend the model
to consider rompetiuon between linns and find that though in the equilibrium
[irms always want to coordinJte lheir sales and marketing teams, equilibrium
represents a Prisoner's Dilemma when service mmpetition high compared 10
price competition.
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2 - IMC Strategies Involving Agency Relationships
Olivier HubeJ, Universiry of California-Davis, One Shidds Avenue,
Davis, CA. United States of America, orlllJel@ucdavis.edu

In many industries. managers usc on hnth advertising and personal selling tn sell
producrs (e.g. prescription drugs). One key characteristic of thest' instruments,
whell used logetlwr, is that tlwy are often synergistic To formulatl' optilTliJj

integrated Il1JrkCling ')trJl.cgics in such COl1lcxt'i, we propose a dyoJITIic principal
agel1t lllodello t1ndt'f>tand the strategic irnplicat.ion<;of thclit.' synergistir cf[c('ls on
prOJJ1olit)oJI bUt!gels. Chdf<lcterirc the optimal stralegit's (e.g. dfort and
advertising) in doscd·form and derive novel J.lloc<Jtjol1rules for integrated
marketing commutation strategies involving (Igcncy relationships.

3 - Cross Selling in the Banking Industry, the Value of
Recommendations among Branch Sales Managers

Guillermo Armelini, Professor, ESE Business School,
Av. Pla7a 1905. San Carlos de ApoC]uindo, Santiago, RM, Chile,
gannelini.ese@lIandes.d, Scbastian Maldonado, Erica Salvaj

Cro,\s selling t:llfails producr,;; in the finn\ prodllCl line thilllhc CU\IOllWI'

docs not currently own. Previous studies have developed modcls. hased on pasr
CWilnrnerbehavinr, to understand what products should tbe firm cross seLl to
which customers al which lime. Ho\vevcr, as recent researches showed (INO

problems arise wil.h the indiscriminate lISC or cross selling mndds bdscd un past
information. First certain, CUSLOmerswith persistent adverse behavioral traits
(e.g., limited \pt'llding) might t'xhibil a uownward unprofitable
relationsbip the rnorc thc firm cross-sell them. Secnnd, cuswmer bchavior might
rhangC' over time and the drivers of such changes ITlight nol be in
a database:. Encouraging salt" .. managers 10 selll.heir ClI.;;lnllwrs through
recomnlCl1dations (referral) other business units might be a way to overcome
the aforementioned problem. Reallik' cases showed thai. following this strategy
firms can significalltly improve their !let profits. fn this paper we study conditions
undt.'r which (Ustolll(:r cross selling Gill hi..' improved I hrough renHllllll'IHJations
or sales managers across business units. \-Vc use (l rich data set that combines the
nl.lmbt'r of rCnHI1l11t'ndmions and slJccfssful (lutConws JlTIong 2'52 Silks managers
who l'elong to 8 different business units nf a financial group. Onr results indicate
that cro'is-sclling is 1110re effective among busint:so;units wilh a nalural sequence
of consumption (e.g banking first and inveslment lhen). that inccntives arc Ilseful
to increase cross selling rdte across business units with not natural sequence (c.g.
banking first and tr"vt'l Sl'fvice then), that the of recornrnendatiolls do
not increase the likelihood or croSS·selling and that the salt's managers' trailS do
llot affect thl' cross-selling success rJle.

4 - Pricing for Sales Leads
Jan Peiser, Maastrichr University, Tongersestraat 53, Maastricht,

j.pelser@maastrichtnniversity.nl. Dhruv Grewal,
David Cox, Ko de Ruyter, Martin Wetzels

Jdenti[icJlion and manageJ11ent of ales it'ads is an importanl .Hea of interest for
marketers. Suc('essfully initiating hliSilH.'SSwith new customers requires
i(kntification of the right prospect5 and lightly managing the sales process, In
recent yeilrs, companies hJve chosen a number of dirrercnt approaches LO lead
nl.i1nagt'l11t'nl.. To t'nsure lead quali.Ly. SOIlll:' firms cvn!ualt' pruspects t'lAntrClllydfu.I

assign pre-validal.ed leads 10 sellers in the appropriatl' markels. However, recenl
evidcnce shows that in such a system, sellcrs may perform worse in following up
011 a'isigned lh.lll tin self·gt.'nt.'raled kads. a potential n.·lnl'dy, a SyS!t:HI is
proposed in which salespcople dfectively purchase pre-validated leads. Such"
l),1'slt'111 has the potential lo optimize lead allocalion and ultimately increase salt'S
to !lew customcrs. Importanl <ju('Slions however arc: Would salespeople pily for
leads'? And. how do Lhey evaluatc lead attranivcl1t'ss? [n cooperation with a
Portune 500 compuler tl'chnology rrlJl1ufactur:er "nd service provider, we survey
a large sample of reseileJ" )(llespeoplt: with J conjoinl questionnaire. We l'xal1lint'
ho\!\' sl'Ucrs evaluate differt'lll.lcads .lnd USc..: Latent Class Anulysis to uncover
hcterogeneity in the rcsponse to lead attrihutes. Specilieally. we find cvidence
thdl different exic.;t who evaluate It'ads difrerently. Wt' ...how th.lt it'ad

has [I Slrong crret'l Oll lend attraclivencss for certilin segmt'llts,
while otht>rs seem to be less convinced that n:J1trJlly-villidated leads are s'lJpt'rior.
Sirnilarl}'. we find lilrge vdrialiol1s ill price between segments. Finally,

show that seller charactcristics, such as risk avcrsic..)n, an imponant
impact on lead evalualiuns. Based 011 uur findings, we derive implicmions for lead
generation and allocJlioI1 programs.

5- Implementing Corporate Entrepreneurship: The Marketing-Sales
Interface During a New Product Launch

Thomas Steenburgh, John L Colley Associate Professor,
University o[ Virginia - Darden, 100 Darden Boulevard,
Charlottesville, VA, 22903, United States of America,
sreenburglJt@darden.virginia.edu. Florian Kraus.
Michael Abearne. Jeffrey Boichuk. Willy Bolander, Carmen Lilltec

Busilll'ss-to-busincss !'inns communicate with cuswmers primarily by way of the
sales force. In LUrIl, the successful implementation of corporate enlrepreneurship
is lilfgely dependent upon rhe actions of sales managers and salespeopk in
business-w-busil1t'ss markets. eXJminc the effects thai markctillg managers'
influence tactics have on sales fort"l' compliance with longiludinal data lhat span
five months after the launch of an innovative new proouet in a Fortune 500
cornpany. This dataset allows us 10 study the mnsequences of influence.lactics in
a tcmporal manner. a design feature of om study that m"kcs a signifit-ant
contribution [(J Ihe li[crarurl'. Complying wilh another's infltlcIlct.' during a nnv
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producl lnunch is inherently temporal in nature; enlpiriral testS to date have
rdied on cross-sct'Liol1ol JI1Jlysis. H.esu!ts illdkate thJt whereas indireG influence
(Le., inspiratinTl and (otl::>IIIIJlitH1)takt's time to ITlJni[cs( itself in tht' saks force.
dinxt inl'lut'llce pressure,) hns imrnediatl', albeit short-lived. returns. Further,
the findings suggest that markcters should consider sales launch
comrnitlnl'l1t bcfprt' determining which influl'llCl' tactics 10 cmplllY with
salespeoplt' and thilt (,msultillive influcnce docs not influt'nct' salesperson
complial1l't'.

• FC11
11·· ErviBA 2

Bayesian Methods
ContribUledSession

Chair: Sam f1ui, New York Universiry, 40 West 4rh Sneer. Tisch 9.10,
New York, NY, 07310, United Stares of America, khui@stern.nyu.edu

1 - Ingredients and Consumables: Inferring Consumption
from Purchase

LlIduvic Slounn. Ductoral StudenL University of PellusyJvani.a,
The Wharton Sehoul. :n30 Walnut Streer, Philadelphia, PA,
19104, United Sl'atesof America, slOlIrrnlu@wharlon.upenn.edu,
Eric Bradluw, Raghuram Iyengar

PriM research has applied dirl'rt utility models to explain the purchases of
lllultiple gootb in multiple quantities. In the conlext of cross·Gttegory purchases,
researchers hJve modeit'd the interactions categorics through correlated
error terms aud corrdated prdt'ITlKe While these apprn;)ches can
Jcrommodatt' various pattcrns of substitution and complcmentarity, lhey lack an
economic inwitinl"l for why such a corrdatiOll should exist. \-Vc propose a direct
utility I11pdcl that CJplUreSpro(iuct complemeruarity in a new way. In our
[ramcwork. two complcrncntary goods two pans of a composite good. from
which a utility is derived. Consull1Cfs buy ingre(iients that they «)mbine to nwke
coIlSLilnablc,. and then enjoy tlw utility from tbe consumables. While the
quantities of constillIahlcs uSllJlly unobservable. we lake a Bayesian approach
to uncover them from the quantities of ingrcdienrs purchased. We apply our
model lO estirnJlc Ihe ('ejllSU1l1l'rs' preferences for cOllsurnables. This novel
approadl shcds light on individual cOllsurnpti(lIl patterns and on the intera(tions
that exisl hdwt<:n cOll1pil'menlJry categories.

2 - Modeling Music Preferences
Moon Yunng Kang, Assistant Professor, KAI.ST College o[ Business,
87 Hoegiro Dongdaeml.ln-gll, Seoul, Korea, Hepl.lblic of.
mkangCiilbusiness.kaist.ac.kr. Jaehwan Kim

Music is becoming ubiquitous. Many pt'ople stJrt every day waking lip to their
favorite song. IiS1l'l1 lO music on tht.'ir way to work "ll'1d at vvork, and music
in the hackground at restaurants. gym!-i and slort's. music is not
wellllllderslOod by both ilcadcrnics and praClilioners in marketing. Wht."'n
defining: music, it is nt'CcssZlry to consider the Cc..)fICCptof music music is made lip
of the dements of mt'iody, rhy-thm, instrumentation. lernpo, mode. pitch.
harmony ancl mctcr. While a rc\'\' sllIdies in marketing have music as their focus.
none of them have considered music from a comprehensive and quanlitJtive
perspective. In addition, Illusk-related studies in marketing are mainly done in
the cOI1It'xt uf advertising. The fl..KUS of this is on developing J betlef
undCrSliJnding of muc.;ir prefen.'nCl's, Our rest',Hch approach involves (he usc of .1

conjoinl to decompose tlle of eacll musical clement and a
hierJrchical Bayes rtlOdelLO measure iudividuallH.'lcrngeneity [or tht"' preference.
The resuhs suggest tilt' Ileed lor developing a rnodding framework Ihal informs
music cboice decisions in markt'ling by fonn.:l1ly incorporating ,individudl
preferencc toward cach musical element.

3 - Bayesian Multidimensional Scaling Incorporating Dimension
Reparameterization with Variable Selection

Duncan Fong. Professor of Markcting, Pennsylvania State
Universily, 456 Business Building, Department of Marketing.
University Park. PA, 16802. Unircd States of America, i2v@pslJ.cdu

Ttl analyzc data collected front surveys where subjects Me asked to rat" multiple
stimuli. rnullidimensional scaling (MDS) is commonly used to produce a joint
'>p..Kl' Illap of subjects and stimuli in a reduced dimensionality in order to gain
insights into the intcr·r('!atiot'1ship among these row and column entities. In this
paper, \·ve propose a new Bayesian vector MDS prorl"'oure incorporJting
dimension rcparametl'rization with J variable seleclion option to dClermine lhe

<lnt! sil11ultanet,lllsly idenlify the significant covnrwtes thJt explain
the slimulus positions in the joinl space map. vVe discuss how we solve
idellliliabiliry prohlems that art' typically associated with a vector "'IDS !11odel and
demonstrate rhrough a simulation example that our proposed mudd
a bl.:'IlChmark model. An deelling with nHlslullcP;;' ratings of
large sport utility vehicles is presellH'd lU illustrate rhe proposed methodology. W.·
Me able 10 obtain interpretable and managerially meaningl'lIl results from our
proposed model with vJfiabk sckction while dcmonstrating that the
perfonnallcc' of the benchmark model is cO!11parativdy ullsatisfactory.
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4 - Analyzing Moment-to-Moment Data using a Bayesian Functional
Linear Model: Application to TV Show Pilot Testing

Sam Hui, New York University, 40 West 4th Street, Tisch 910, New
York, NY, 07310, United States o[ America, khui@stern.nyu.edu,
Tom Meyvis, Hen ry Assael

To understand how consumers respond to cOl1linuous hedonic t'xperiences
(ranging from viewing a TV shtH'v 10 a painful medical procedure). researchers
oftt'n colleCl continuous COllSumer rec'dback ('1ll0IlwnHO-1l10Illt'nt' (MTM) daw)
in dddilion to conslIIllers' ('valualion of overall cXI.ll'rit:ncc. By analyzing how
thc...·sc1\1TN\judgments arc integrated inlO ovt.'rall t'va!uiltions, researchers can
<.klermiJlt' how the SlrUClure of an cxperkncc influcnc<:s consumers' pOSl­
experience satisfaction. However, this analysis is challenging because 0f the
runctional nature of MTM data. As such, previous rc'st'arch has typically bc'en
Iimiled to idt'lllifying the o[ heurislirs. stich ciS rdying 011 aVt'rage
intensity, peak, and ending. We develop a Bayesian functional linear model 10

study how the different 'moments' in che MTM data contribute to the overall
judgment. Ra,ed on an integral equation, our <lpproach incorporates a weighted
average of MTM data as well as the role of specilic 'palterns' (e.g., peak, trough)
in driving overall judgment. Lhus nesting previous approJches suchtls the 'peak*
end' rull' as special cases. We apply Ollr metl1ndology to analyze data on TV shuw
pilots colleCled by CBS. We lind that our method provides belter holdout
prediClive performance compart'd to the heuristics-based methods. Fnrthc'r, our
results sug.gest that (i) Lht' lasl quinlilt, of a TV show is weig.hted around four
times as much as each of Ihe first four quintilcs. and (ii) patterns such as 'peak'
and 'trough' do not play snbstantial roles in driving overall evaluations for TV
shows. We dis"'lIss the rnanagerial iJnpliCillions of our results iJnd other potenlial
applications of oor general methodology.

• FC12
12- Geneve

Online Customer Response
ContributedSession

Chair: Mark Elsner, University o[ Cologne, Albertus Magnus Platz,
Cologne, Germany, elsner@wiso.uni-koeln.de

1 - Online Smile Cues: A Double-Edged Sword of OCSR on Online
Customer Consequences

Xueni Li, Graduate StudenL Zhongnan University of Economics
and Law, 20-3-401, Yangguang Xiaoqu, Hongqiqu Hoad, Jianghan
District, Wuhan, 430024, China, shirleyleeO J 30@grnail.com,
Silu Yu, Weini Li

Among the myths taken as faCl by frontline employees is the bt'iid tll<1t smiling to
t.heir wt.luld alwavs innt'ClSt' s.llt's. but il seerns not trw: when online
custOmer service represel1la;ives (OCSR) smile to online shoppers (though cannot
really 'smile' l)nline, OCSH usually apply emoticons, such as A_A, and
onomatopoeia, such as 'haha: as online smile cut's). The research finds that
online smile cues would help when OCSH conduct behaviors, but harm
when Ihey do in-role bt'haviors. Tlw research. is composed of three empirical
studies. The first provides evidence ror role behavior theory that extra role
bt'havior it'ads to better wstomer consequences than in role behaviur. The second
experiment shows lhat lHllinc' smile cues would help e'tra role behavior to get
even ht'll:er results. while smilt's would make in rok behavior less favorahly by
online shoppers. In the last study, we conduct a survey to verify our hypotheses
among the mediatOr eust()mer-employee rappon and its relationships with other
cUSLOmerconsequcnces, such as clIstornt'r sillisfaction, referral intention and
CUS10mcr loyalty intention.

2 - Text Mining of Online Reviews: A Methodology for Analyzing
Sentence-Based Customer Opinions

Sanjoy Ghose, Professor of Marketing & Associate Dean, Hesearch
and Doctoral Program, University of WisCllnsin-Milwauk.ce,
P.O. Box 742, Milwaukee, WI. 5320.1, United States of America,
sanjoy@uwm.edu, Shaoqiong Zhao

Word of mouth has long been recognized to be an influential variable in
marketing. With Ihe growth of Interne'l applic(1riolls, Imditioni11 word of mouth
has evolved into the onlinl' fonn in a variety of wcb·based oUllets where
individuals spread their perceptions \'ia the wriuen word. These expressions are
ofIen in the ronn uf online reviews OJ of products and services.
Tradilional marketing research involves analysis of nWl1t'rical information such as
thost:' [rom raling scale rt'SpOllses. To analyze reviews, an
entirely diHerent class l)f modeling approach needs to be utilized. In this paper we
all<.'/Tlptto t'xtract the essence or the information present in cunsumer reviews by
using a sentiment analysis type ap]Jroarh. Spedfically we develop text-mining
modt'ls that can make predictions of Ihe llvt'J'JIl evalualions of online reviews.
Data was collectc'd from a well known website using a WebCrawler type
technique. The target is a binary variab1l' and techniques of text milling including
dimension f('duction, feature selertion and others are utilized. Sevt'ralmajor
machine-learning algOrithms art' applied for U1l' analysis of cusromer comments.
The overall rt'sults compare favorably with those rrom standard nUllleric based
quantitative prediction methods. [n addition, the text mining methodology helps
us identify the key leatures that arc related to positive overall evaluations 6f
onliue usc'rs. tdetltification or key ft'alllres will be 01 considerable help to
rnJr.keters in designing lht:'ir kt."yword choices for mort' {-:ffective application (If
scarch engine strategies,
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3 - Text Mining: Moving from Content Analysis to Predictive Modeling

Paul Wang, Senior Lecturer of Marketing, University of
Technology, Sydney, P.O. Box I n, Broadway, NSW, Sydney, 2007,
Australia, PauI.Wang@uts,edu.au, Con Menicras

Text mining is,:1 tt'nn thai is fast becoming commonplace in marketing
research industry (e.g .. Miner et al. 20 t2; Zanasi 2005). As the text analytics
technologr evolves, a finn's ability to eHicienl.ly Jl"ll.llyzc llI1slrllctlired text
inforrnaLioll is increasingly being viewed as an effective way or gaining a
competitive i1dvamagt'. To date the most C0l1lJll011form of text mining jn
marketing research is content aualysis, i.e .. using tht' frequendes of keywords to
determine importance, Slructure and hence 111eanings or themes rrom all
unstructured leXl COlll('nl about products. servict's. competitors, and/or
customers. This paper explores various te'tmining methods and
applications (e.g .. those provided by SAS, SPSS, R. NVivo, Leximancer, and so on)
by examining a case study for a major airline interested in bUilding its brand
equity. We compare qualitative and quanlitative research lllt:""thods, 10 thost'
obtained via mining and modeling verbatim tc'. t data. We demonstrate that lext
mining provides advantJges in rost. lime, reSOUfCt'S. and scalability, when
compared to Illore traditional methods such as structured qualitative and
quanlitative rest'arrh. \"v'e argllt;' lhJtllnslrllctlired and free-form text hds

pOlt'ntial 10 possess the richness or qualitativt' research output and the predictive
capability of qual1litative research method. We show that te't mining also
produces key client specific drivers, in addition to insights un how to implement
those drivers. This accomplished by exploring different text mining software
applications to find a solution 1.0 convert text data into a tetrachoric corrdation
matrix and run mullivc.1fiatcdata analyses such as factor analysis and reliability

4 - The Importance of the Source in Personalized Online
Banner Advertising

Alexander Bleier, PhD Student, University of Cologne,
Albenus-Magnus-Platz I, Cologne, 50931. Germany,
bleier@wiso.uni-koeln,de, Maik Eisenbeiss

In relargeting, online bannt.'rs are tailored to individual consumers according to
their recelll shopping behavior. Although this increasingly employed method
might milke banners more rdevanl to consumers, they milY also perceive it as
overly manipulative or privacy intruding. rn lhis study, we show that consumers'
pr.eviolls trust in.1 banllrr's source (ils ddverlising cornprlny and display wt'hsite)
eliminates this prevailing "targeting trade-off.' In paniwlar, when a company is
well-trusted, it can increasc' its hanners' perceived informativeness through high
personalizalion wilhoultriggt'ring (()rJslIlllers# ncgalivc emotions. In contrast.
when the Cllmpany lowly trusted, highly personalizt'd banners arc not
perceived informJlivt,', bUI instead elidt anger. Thest> outcomes are
moreovt'r amplified by l'Onsurners' previous trust in the display website (111 which
a banner appears. tf both source eompont'nts arc previously not well-trusted, a
highly personalized ad erodes trust in lhem even funher. Togt'ther, these cfil'cts
finally t:'xplain consumers' behl1vjoral responst's to highly pt"fsonil!izt:'d bdnlH:,rs:
while well-trusted companies achic've significant increases in click-through, view­
through, and Jlurchase probabilities, lowly trusted !inns suf[er the direct opposite.

5- When Does Online Content Matter? The Role of Source and
Message Characteristics

Mark Elsner, University of Cologne, Albertus Magnus Platz,
Cologne, Germany, elsner@wiso.uni-koeln.de, J'vlaik Eisenbeiss,
Werner Reinartz

Onlinr Inedia are a cOl11binJtion of user-genera led content and traditiondl
journalism. Both types have considerable impact on firms, brands, and products
in a variety of ways (e.g .. brand perception, product reviews, sales). Therefore,
marketers are in1t:'restl'd in understanding tht' that i) lead lo d
dissemination and visibility of cc'nain topics and Ii) affeCl company relevant
SlICCt'SS measures. \Ve investigate fJctors related to tIlt' message (e.g., sentimenl)
as well as the source (e.g .. degree of interacLivhy or reach) to model the impacl of
online media content on different success We account for the facl that
dilft'rellt online llledia platronns (e.g .. blogs, news site. boards) difrer
[ulltlal11t'I1IJlly in Ihe way infonnalion is generated, provided. i1nd disseminated.
The [lndings of this project will help managers and researchers gain a hetter
understanding o[ the interrelated clrcClSof different types of online discussions
thal crncrge from dirrcrt'lll pl111forrns.

• FC13
13- Luzern

Finance and Marketing III: Innovation
ContributedSession

Chair: Palll Valentin Ngobo, Universite Orleans France, Rue de Blois,
Orleans, 45000, France, paul-valentin.ngobo@univ-orleans.fr

1 - Attenuation of News Value: An Empirical Study with Best
Companies Lists

Chayoun Kim, Northwestern University, Kellogg School o[
Management, 2001 Sheridan Hd, Evanston, IL, 60208, United
States o[ America, clJayoun-kitn@keUogg.northwestern.edtt

This paper analyzc's tJlt' stock market and news value of Best Companies
lists. We usc evc'nt-study method to measure the stock market reactions to the
Fortune's 100 Best Companies to Work for and Best Companies for Mit1oritil's,
BusinessWet'k's Best Global Brands, Porbes' America's Best Big Comparties,
Business Ethics' 100 Best Corporate Citizens, and Universurn's 100 Top MBA
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Elllplt)yefs lists. By the stock market Wt' can learn how
trudel's. as consumers. Lake the news and react. where we infer the news Vil!Ut' hy
Ihe rt:anions of Ihe lrJders. Our n'scJrch [ucuscs on ho\o" much oj a news vallIe.
if any, t1w Best Cornp.ulit's Lists havl', how traders react 10 this news, ilnd how
the ne\V$ value of the list evolves over the y"ars. We lil1dthat the l1ew, yields
significant abnormal rl'tllrns to the <.-nmpJnicsill lhc lists except for Fortune's
Best Companit's for Jv\inorilies,. but the significant abJlornlill returns .:In.' mostly
col1(l'fllrated ill the first 2 or , yeMs and then the news value 01 tlw Iksl
Companic$ Lists diminishes. We call this phenomenon a, 'Al1enuation of News
Value.'

2 - Going Public: How Stock Market Participation Changes Firm
Innovation Behavior

Simone Wies, ,Maasrricht University, Tongersesrram 53, Maastricht.
Netherlalllis, s.wies@lmaaslrichwniversity.l1l, Chrisl'ine Muorrllan

Innovation ii) d marketing action of high stratcgic [elevance and a potential source
or compctitive advantage. Yt.'\ the high rusts J:S well as distant and U11Certaill
payoffs temper these lH.:.'llents,turning innovillioll into a major l'hallt'llgc for most
firms. This applies in panicular to publicly listed finns that are exposed 10 unique
$tock market incentives. While public firtns enjoy improved access to financial
capital, they art.' constrained in their strategic choices as they have to deliver on
short-term stock mMkel exp,'ctatiurtS. This lension translate$ into opposing
impacts on firm innovation activily lhat we explore in this paper. V\'e do so by
examining new product introductions of ePG finns thill go public during
sample period Irom L980 until 20 1'1. This quasi-experimental St'l-up is
complemented by a (01111'01 group of j 58 firms 1hal remJ.in private throughollt
lhe sample period. We find that the net dft'ct of stock market Iisling is all in(lease
in the number of prOdlH.1. Introducti01ls thaI. comes al Llw expense o[ ,) shift
{tH.....ard more incrcnwlltJI innovJtion and away from brcakthrough product
inuoduclions. Instead, puhlic finns offer more with each
introducli"n (i.e.. diflerel1l flavors, package sizes. elc.) and reduce new product
introduniol1s into product categories ulal afe new·to·thc-firm. \,Ve contribute 10
literature by sho'wing.) role uf thl' stock m,ukct Jnd the lJrocess of going public in
dfrcning finn behavior. Finally, by lIsing a quasi-experimelltal appn)dch, we art'
abl,e to rule out COIH.'erU$ wilh regard lO unobserved omilled
factors.

3 - Explaining Cross-Country Differences in the Effects of R&D
Expenditures on Risk and Stock Returns

Paul Valelltin Ngobo, Universite Orleans France, Rue de Blois,
Orleans, 45000, France. paul-valentin.ngobo@univ-orleans.fr,
Hubert Gatignon

The role of R&D spending has been assessed in a nllmber of fields indllding
marketing, economics, finance Jnd strategic management. Although tbe focus
varies aC[(lSS fields, extent researcll has made significalll COlli rioutions in
particular on the dfeets of REd) spt.'nding 011 firm performance. However, Ihis
rest'arch ha<; dorniniltl'd studies. the
empirical evidence has been limited to major developed economies: USA, UK.
Canada, und Australia. Tht'refore, the diffcr(.'nces in environmenls ill
which inveslOrs value the company's R&·D expendilUr(;'S have nOl been examined.
Thert' is even lilnited comparative research focusing (In differellces across these
devel,)ped economics (e.g.. comparing the USA versus Japanl)r Europe). In our
research, we examim, the extelll 10 which investors' response to R&D
eXJ)endiwres differs across a broad rJnge o[ countries. We tesl about
the rolt.' plaYl:>d by institutional factor') in explaining. ("(oss-country c1ifkrences in
investors' L"t'sponsc to R&D expl'lldilures. Our Jflalysis is based 011 dat':l [rom more
than 5,000 companies in 25 counLries Over 14 years. A hierarchicallineJr model
with lall'nt variables is eSlimat(;'dsirnuhant'ously on this f(lobal database. Our
analy$is reveal$ that lhe eHects o( Rb·O on $1()ck returns. sY$tl'matic risk, and
idiosynualic risk vary significanlly across (lHltltrii.:'\. In particular Wt...> establish that
the way a country protecls inve::;tors' interests, the innovativeness or the country
and its rt'ligiottS affilialilllls explain the extent to which R&D expendilttres
inrIucIKl' stock returns, syslernalic risk and idiosyucratic risk. We discuss the
impliccltions of these r('\ults fllr a firm's globJI vallie creation through innovalion
strategil''i,

• FC14
14- Zurich
Innovation in Emerging Markets
ContributedSossion
Chair: Mohammed Alnuwairan, PhD Student, Manchester Business
School, 232 The Edge Cl.woes Srreet, Salford, Un, M35NF,
United Kingd<.>rn, lTIohatnmed.alrtuwairan@postgrad.rnbs.ac.uk

1 - Help or Hindrance? How Global Innovation Clusters Hurt and
Stimulate Each Other

Nukhet Harrnanlioglu, Assistant Professor, Koc University, College
uf Administrative Sciences, and Economics, Satiyer, Istanbul,
Turkey, nhannancioglll@ku.cdu.tr, Koen Pauwels, Gerald J. Tellis

Silicon Valley has been a highly productive duster. Governrnenls world wid I' havc
Iried to emulate its success by fostering 'silicon' c1uslers of their own. Prior
research has not addressed (I) how these clusters compare in term, o( int1llValion
pr<>dUClivity:Jnd (2) whether and how global innovation c1uslers compele with
versus stimulJle cach other. This sluoy to address tbesl:' Tllt' iluthors
study the irHer-c1uslC!.rdynamics of Jour dusters in C!.1TIt.·rgingmarkets, Bangalure,
Beijing, Taipei, and Tel Aviv against those in three developed markets, Silicon
Valley, Tokyo, and Cambridge.The authors analyze the dynamics of intcr-c1uswr
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productivity with a vector (VAR) model or three innovation
melrics (patenls, startups, and new product coml11erdJlililtil)ns) at a monthly
kvd OVC-[ (\ I () period (L 999 - 2008), accounting for private equity, LPO and
venlure capital investmcnt in each duster, and GDP. il1l(:resr rate and lhe PhD
tilknl. pool in each couJltry, Findings indicate that Sili<..\)JlValley has an enduring
regional adVi1l1tilgc despite the growth of 0lht'r global clusters. Contrary to
convenlional wisdom. emcrging feed rmher than hun developed dusters,
while develupl..>d hurl lhe produclivily of emerging (lusters. Emerging
cluster") (Ire ol"tt'n mutually competitive. The authors discuss the implications o[
these Iindings.

2 - Technological Leapfrogging in Emerging Markets
Gerald J. Tellis, Professor of Markering, University of Southern
California, Marshall School of Business, Los Angeles. CA,
United Slates of America, tellis@usc.edu, Deepa Chandrasekaran

Nc\-'v technologies the pOlcntialw improve consumt'r welfare,
consumer productivity, and facililate revolutiunary services, Art' emerging
markets catching-up in ad(l!1ting new lcdlllologies over time l)r ('vcn leapfrogging
developl'd markcts? What tl'chnologks an.' {lcHtkularly susceptible to catch-up Hr
le...lpfrogging'? What factors drive and Jc<.'pfroggingin emerging mnrkclsl
To adtlres$ Ihese questions. the authors analyze markel penetratilll1 01 I, old-new
lechnology-pairs across 117 developed and emerging countries of the world.The
autbors find that cJ.lch-lip and leapfrogging art' They vary
drdfTl.l1icallyacross Cillt.'gories: very lu\v for work pruducts, high ftlr flln producis.
and very high for touch produns, Emerging Jllarkets atl1<:'arly 2/3rd lhe
pt'l1t.:'tration levels 01 <kvdoped markets, Time-to-calch up is reducing over
calendar lime lor hOlh touch and fun protluns in devcloped markets and for
lOuch products in l'IlH:rg,ing markcls. .Hld It.:apfrogging arc pril'Twrily
driven by lire h)w rl'lalive price Ollhl' new technology and the low penetration of
the prior technology. Surprisingly, nJtional wealth is not J significant driver ll[
catch-up or leapfrogging, Thus, relative price trumps nalional weallh a driver
of the hJ'lard of lhese twO events. Catch-up <lnJ leapf[ogging arc pnfticularly
impor1anl [or touch products, because the servc as new t.cdlllological
plalforms for revolutionary scrvices in education. inl(l[tnation
dissl'rninatiol1, and distribution of governmenl subsidies and il1<:ellLiv('s.The
authors discuss lhe implicali(H1S01 the findings.

3 - The Hesitant Hai Gui Return-Migration Preferences of U.S,-
Educated Chinese Scientists and Engineers

Robert ZeitbalTItTler, University of Calirornia-Los Angeles,
Anderson School of t"lallagemetll, Los Angeles, CA,
United Stares of America, roben.zeithammer@anderson.ucla.edu

i\t\an(lgcrs, research administrators, dnd Pl)!iCY maker"i need a greater
understanding of the fiJCll)rS that drive return migration decisions of foreign
STElvl (sciellce, technology, engineering, and mathemJ.ti<'s) docloral graduates of
U.S. universities. To address this need. we report the results of a latge multi­
school conjoint of return rnigralion preferenn's among U.S, STEM PhD
students from China. The survey presents the respondents with potential job
olf('rs and yidds individual·level eSlimates of eitch rt'spondent's indir''C1 utility of
a job as ,) function of location. job stalUs, and salary. The estimated preferences
imply IhJI Chinese docloral g.raduates currt.'lllly tend to remain in lhe United
Stales because 01 a large salary disparity belWe(;'l1the two countries rather than
hecause 'If an inherent prefereoce lot' locating in the United States. Given the
estimatt:'d prderences, we conduct several policy-rdevJl1l countcr·factllJI
simulations of return migralion.We dOruI1WI11 dt'11logrJphic hetcrogeneity in job
prderenct.'s that policy ITIdkers (;)n exploit 10 COlll1l.eraetthe potential reverse
brain drain.

4 - Reverse Logistics: The General Environment Analysis of Emerging
Economy Country

Mohammed Alnuwairan, PhD SltIdenl, Manchester Business
School, 232 The Edge Clwoes Street. Salford, Un,
United Kingdom, mohammed.alnuwairan@postgrad.mbs.ac.uk,
Munirah Almousa, Stephen Eldridge

Rever$e I,)gislics is a process by which a manufacturing (;'mity syslematically
retrieves previously shipped products or pans Irom lhe poiOi o[ consumption,
Inanul'.acll1rillg. disnibution or US(' for possible recycling, remanufacturing,
disposition or dispo'dl (Dowlarshahi. 2(05). This paper explores the cttrretl1 state
of r('verse logistics in differt'll\ industries of thl' Kingdom of Saudi Arabia (KSA),
fn particular th(' gencral envirl)rll11cnt l)!' polilical. economic. sodal. environment
It'chnology and legislalioll were analysed in ordt,!, lO identify lhe factors lhat
derive or hinder revcrse logistics applicalion ill KSA. Further, the cunenl reversc
logistics pr{lcticl's in KSA arc (,VilIUillt'd against Ihl' practin"s in developed
counu"ie$, whicl1 have beell reponed ill the litnaillre, in order to identify
opportunities for industries to improvt.' their revcrse logislics operations, The
approJdJ used is a Cilse study ilLlillysis of five organizations froHl differt'llI
industries, which were d[awn frolll the pIJsti<..--s,oil, and steel processing
industries. Secondary dilt,l collectiol1. dircct observation. and 5crni- structure
interviews mcthods were used in the case studies LO facilitate comparisons with
existing lilerature on reverse logislics, The findings suggest lhat irnpkm('l1lalion
of reverse logistics ill KSA is in th(;' early slage. Reverse logistics appear 10 be
predot11inat1tlydriven by economic (artors and an: highly dependent upon rht'
capabilities o( third-party logistic$ service providers. A general environment of
reverse logi$lics Iritmework i$ developed Irom the li1eratufe and evaluated for
implemenlatioll in KSA. In conclusion. managerial implications and fUlure
resl'arch dircctions art' presentcd.



FD01 INFORMS Marketing Science Conference - 2013

01- Montreux

Social Networks and Social Influence II
Cluster: Intemetand InteractiveMarKeting
In\ited SessiOn

Chair: Srinath Gopalakrishni1, Prolessor 01 Marketing, University o[
Missouri, 434 Cornell Hall, Trulaske College 01 Business, Columbia,
t'vlO, 6521l, United Stales or America, srinath@missouri.edu

1 - Co-Evolution of Purchase Behaviors and Networks
Sang-Uk .lung, Assistant Prolessor, University o[ Auckland,
o[[ice404, OGG Building, 12 Gralton Road, Auckland,
New Zealand, su.jung@auckland.ac.nz

As onlilw social netwurks continue 10 grow, it is becoming mure crudal for
marketing researchers to model and understand the social illleraetions among
custOlncrs. Although distinguishing social from homophily is essential
to undersland the intefCorrelated behaviors iJITIongcustomers, thefe arc rew
sludies Iu dale wnsidering hOfllophily and influence silTlulianeously. The primary
goal o[ lliis sludy is to simu[taneously examine homophily and influence
procc!)ses related to consumer purchase decisions in an online social network.
Using a slochaslic aClor-based model, we conSlrucl a metbodology to capillre Ihe
joinl interdependenl dynamics of networks and behavior. We apply the modd 10

a rive-year longiludinal sample al a unique user-level datasel [rom a popul.u
online gaming C<lmpany in Korea. The data contain in[ormalion aboullhe
relatiollal ties between garners, items or products purchased by each individual
and individual garner demographics. We find Ibat co-evolulion patterns of
nelwork and pur(-hasing behaviors are dilferen!, depending upon the attribules of
produClS. Implications of Ull' model for largeted marketing policies are discussed.

2 - Detecting Influential Consumers in the Twitter Network on
Competing Products

MakotO Mizuno, Associate Professor, Meiji University, School or
Commerce, 1-1 Kanda-Surugaelai, Tokyo, 101-8301, Japan,
makmizuno@gmail.com, MakotO Abe, Naoki Shinbo

Targeting a few iufluential people, lermed influeucers or influenlial, allhe early
slage of WOM campaign has bet'll considned as an d[jcient strategy If> cause a
large size uf information c.ascade (e.g., Katz and I..azarsfdd (955). This
expeClalion may also hold by markelers in Ihe age of social media (1\viller,
Facebook, etc.). However. Ihe results of exisling empiric-al silldies ou Ihis issue are
nol consistent: one silldy found a significanl influellce of 'hubs' having a large
number of links in a social network service (GOldenberg el al. 2009) and another
found the instabilily of seemingly in[[uentia[ users in Twitter networks (Bakshy et
al. 2011). The latter sllJdy suggests thal even if a WOl"t C<lntagi'ln starts lrom a
few people with many followers, it is toO costly 10 cll'teel and activate thcse
people. To wl1lribule this debale, we introduce a microscopic approach to
measure more prerisdy "influence'" alfhtrlg consull1t;'rs networked yiJ social
media. The data is collected from Twiller logs, selecling lwet'IS (pOStS) on
competing smarlphones_ iPhone and Android, and identifying the nelwork based
on a 'who [ollows whom' rdationship. We apply a disaggregate sl<Khastic model
familiar in marketing science in order III individual informdlion­
contagious behaviors and to tt'st wheLher or not influ(:'nce exists among
nelworked consumers. This study is expected to offer an answer ['11' the debate
around influl'nccrs in social media from a Hew rlt'rspt'clive. To elicit practical
implicalions, we need 10 conduCl a multi-ageIll simulalion to explore the possible
effective strategies fur leveraging WOM (ontagion in social rrlt::dia. Finally, we
discuss the !imilation and furtl1n developmelll of this research.

3 - Health Marketing with a Focus on Social Networks
Oi Fang, Arizona State University, 1500 E Broadway Rei.,
Tempe, AZ, 85281. United States of America, dfang3@asu.edu

Health and marketing are nOl only relevant, they also raise imptlrlant QueSlions.
The consumer faces a high leve[ of uncertailllY and imllerleet in[onnalion in a
contexL in which wrong decisiuns havt· an important irnpan on Iheir
Rescarchers have pnlposed many difkrel1lmelh'lds [or developing long-lerm
[orecaslS of prUdU(1 adoplions in a populalion. Dul' to recenl progress in lhe
app!it'd mathematical research, innovation adoplion pron'sst'S in Ihe population
can be represenled using network lheoretic models in which cUslnnters in Ihe
largel populalion are represenled as nodes, and Ihe potel1lial comaCIS belween
Ihem are represemed as links (or edges) connecting Ihe nodes. This is especially
importanl in health industry because consumers rely on recorrnnendaliollS of
friends and [amily more often due to tJ,e uncerlainty and risk Ihey face in
choosing llt'W products. fn Ihis paper, we t'xrend the basic Bass lTIodcllo include
some simple eharaclerislics o[ the lopology of social nelworks through which a
new producl is adopled. Our nelwork-based Bass models enab[e us 10 answer
such a question: 'whelher inlluence spreads by a process where a [t'w clost'
friends have relalively strong inlluence on adoplion, or whelher a large number
of dislal1l influencers, each with relatively weak influence'!, In this sludy, we will
learn about characterislics of the largeled populalion, namely C<lnSLJmersll[
health produCls and innovalions, such as their income, gender, age. elc. More
importanlly, we will study how illlerpersonal C<lnneclions influence one's
aduplion of a new product- Ihal whetber new product. forecaSting is more lied lu
charaClerislics of the social nelworks snch as c1nslering and small path length or
to produci analogs for pre-launch forecasling.
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4 - Linking Social Network Structures to Sales
Prospecting Outcomes

Srinath Gopalakrishna, Prolessor of Marketing, University 01
Missouri. 434 Cornell Hall, Trtllaske College of Business,
Columbia, MO, 65211. United States of America,
srinath@missouri.edu, Andrew Crecelius

The lerm -sales funnel" characterizes the progression of a lypical sale in a well­
defined sequence of SlepS. The firsl at1.ivily, and probably U,e mosl impOrtalll in
Ihe sales process, i, prospecling. Managers ofIen romplain Ihal salespeople fail 10

pri'lritize their lime properly to this activity (Jl'hnston and Marshall 201 J).
cspt'cicJlly nuLing tht' undcrinvt'stml'lll in effort to consistcntly gt'ncrJtc salt's
ICilds. From lhe salc:sperson's perspl'tlivc.-'. prospecting is very frustfilting as it is
difficuil to se,' immediale gains from Iht" d[orl deployed. Advances in
wmmunicalions lechnology might he alleviating Ihese problems as social and
professional contacts have become eXlfc:'l11dy important information sourct'S thaI
salespeople rely on to ideiHify releval1l prospeclS. [n Ihis paper, the authors
conduct all empirical study of the soda! network strllclure of several hundred
agt'llls belonging to an insurance company in the Unill'd States. The network may
be viewed as a mcchanisnl that provides vdludblc referrals to the agents and helps
LIlelH reduce LIle extent of cold-calling. Our research proceeds in three steps - we
first draw on Iheories in sociology proposed by Granoveuer (J 973) and Bun
(1992) tu assess and c.h.'scrihe various lypt'S of networks. Next we link observable
agenl eharat1erislics 1,1 Ihe lype o[ nelwork Slrnellire observed 10 assess lhe
model'') prt'diclive VJlidily. Finally, we link an Clgl"'nt's$ocial network Slructure 10
OUlcomes, in this case, lbe number of sales reads (Quoles) generated and the
conversion ratt' of those quotes. We discuss InJnagerial implications of our
findings lo assist managers Clnd to bCllt'r manage tilt' "a It's prospecting
activity.

• FD02
02- Lausanne

Multichannel Marketing
Cluster: Internetand InteractiveMarKeting
InvitedSession

Chair: Els Brellgclmans, KU Lcuven, Korte NiclIwslraat 13,
Antwerp, 2000, Belgium, els.breugelmans@kuleuven.be

1 - Are Offline and Online Channels Either Substitutes or
Complements? The Evidence from Beauty Products

.lee Yeon Kim, Yonsei Universitv, 3.32 Daewoo hall, 50 Yonsei-ro.
Seodaemun-gu, Seoul, Korea, Republic or. k.ashley@yonseLac.kr,
Jeonghye Cboi

We challl'nge the symmetric relationship of sales performance belwl'en
and online (-hannels. We propose a conceplual framewnrk [or Ihe lllulii-channel
performilnce of experience producls. Thai is, the online channel subslilules for
the off[ine channel, however, Ihe o[fline channel serves as a complemelH for the
online channt'1. We fun her propose th.lt the t'XIt'IH of SlIbstillltilln dnd
complementarity depends on Ihe purchase convenience and showrooming
convenience, respet1ively. To teSI the proposed theory, we obtain sales data from
a multichannel retailer of Ihe major COSmt'licbrand in Korea. Unlike hooks. CDs,
diapers. etc., 01t' evaluarion or products arc bast.:d on Clollal consumption
experience. Our empirical findiugs support the asymmelric erfects of cross­
channel sales performance. The (eumularive) online experience hurts online
sales, while the (cumulative) "fflioe experience helps online sales, and lhis cross­
channel ef[t'ct varies according 10 ill(' extent of purchast' convenienet' or
showrooming We con<..'lw.lt'with.J discussion of irnpliral-ions for
mullichannel research and praClice.

2 - How Bad is Online Shopping Cart Abandonment?
An Investigation across Multiple Shopping Sessions

Stanislav Stakbovych, Assistant Professor of Marketing, Monash
University, P.O. Box 197, Caulfield East, VI. 3145, Australia,

.lie Zhang, Michel Wedel,
Yuanping Ying

Shopping can ahandonment is the bane of many online rctailt'rs. Lndustry
cSlimatcs for shopping can abandonment rales are very high in general. Olher
Lhan the appart"lll. n'asons such as poor site design, high shipping charges,
comparison shopping, ele., online relailers know lillie aboul the underlying
reasons of shopping cart ah,Hldonml'nl, lei alone what 10 do wilh the abandoned
shopping carts. While this issue has drawn auenlion among markeling academics
recently, previous research on the topic has mainly focused on studying the
oulcome alLhc end of a single shopping session. rn this study, we investigate
consumers' online pun:hasc behavior JCfOSS mullipk shopping sessions with dO

emphasis on the shopping can abandonment plwnomcl1on as well as purchase
QuanlilY decisions. Ulilizing click-stream data provided by an onHne grocery
relailer, we study consumers' shopping can, order, and purchase quanlily
decisions across multiple shopping sessions by developing a joinl model of Ihest'
l..it'dsioJls within and across IihoppiJlg st'ssions. \rVe eslimate tht' model in a
Bayesian framework. Our sludy shows thalthere is a strong inlerdependen«'
across mullipit' sessioltS and indicates that customers frequently break a shopping
trip into muiliple shopping sessions. Tn addition, Iheir shopping cart and order
decisions are influenn:d hy markeling mix offerings, which implies Ihal markelers
can consumers tu lransforrn dn "c3bandolled n shopping cart inlo an
order in the nexl shopping session.



INFORMS Marketing Science Conference - 2013 F004

3 - The Effects of Varying Channel Experiences and Direct Marketing
on Customer Retention

Chun- Wei Chang, Assistant Professor, Governors State University.
I University Parkway, University Park. It, 60484,
United States of America. cchang@govst.edu

CuswlTIcr retention and churn have receivcd inl.:re(}sing research attention in the
field of customer relJtionship in recent years. Researchers WJnt 10
make more ilccurate predictions of custolT1erIifctime value (eLV). which requires
,JccurJI.C l',>timatl'') of n.'lcnrioIl rale, and knowing how and when a ClJSlotrlC[

terminates his relationship \-vilh J firm. i.nSlt"c'H.i (iaS5uming lhallle stays with LIlt'
firm for life. Such research is hankr for firms ill non·col1lracllldl service settings
because the termination of relalionships is difl'icull to observe, and lhu"i retenlion
rates used 10 calculate eLV are nOl easily evaluated. This paper provides a
framl'work 10 t'SlilTltllc: a n..·I.:11ioIlShip dyncHnks in tl non-('olllmclual
whose customas' dropout time is not dearly stated and easily observed. I
incorporate the dfcCl$ of chdnncl experiellces Jnd markcting communications 011
relationship dynamics, alld liSt: a nested strU(lure to UCl('Cl purchu<ic preferellce
dnd channel cvoluUol1 simultancously until/death' or iJ tlnd identify
a rnun: (iujanivc-orientt'd Tilt, proposl'd nested rnullinomial HMM
addresses changes ill preference of purchase incidence and (hanllel elwin:' across
Lime with respect to VtlriOllS relationship Sillies, and deals with the irnpat't of
marketing communications Jnd channel experiences on customer as
govt,>r1H:dby lr.HlsitiollS relationship stales. The model t"xt(:'nds prior
Studies of customer retcntion in non-contractual servin' sctUllgs by cstimating
retention probabilities. which are driven by various channel experiences and
direrl marketing, and ilh"Orpt)fillillg channelew,lution for Jniv(' state cuslflrners.

4 - Cross-Channel Promotion Effects in Multi-Channel
Grocery Retailing

Els BreugeJtnans, KU Leuven, Korte Nieuwstraat 13, Anlwerp.
2000. Belgium. els.breugeltnans@kuleuven.be. Katia Campo,
Huying He

An important consideration for ITlulti·<.:h.Hlflclft'tailcrs is which prolllolion
strategy to (ldOfn acn)'iS channels. This not only requires insight into c1ifftrcnces in
proJ1lolion dfc(liveness a,ross chilllnels-which milY provid ..., opportunities for
promotion diHerentiation-but als() in potential ncgativc cross-channel effects,
This article examines rroS$-chamlt'1 promotion effects in an onlilw-offlint' lTIulti­
chilllnd grocery context, and focuses on immediate cros ...·dwnnp! prornotion
effects on category purchase decisions. as well as detayed cross-channel eIleGS on
OHlSUIllCfS' promotion sensitivity. vVheTl promotions in one channel have all

irrllnecliJte negative effeet on purchase decisions in the other channel. the
resulting cross-t"hann<:! shifts in (cll.cgory sal('s should be taken into account for
the allillysis and planning of multi-channel promotio)) actions. 'when a
high prOlnotiol1 frequency ill lin .... channel lead\ 1.0 prumotion al1liripalion ann
reduced promotion sensitivity in the "ther channel, offering diflerent promotions
in lhc online Jnd o[flillc ChilIHIl"1 may the risk oJ long·ttrm erosion in
promotion dfcrliveness. To analyzl' these irnlllediaic and deldyed cn.Jss-channd
promotion dfct'ls. we usc an integrated modding approach and esUJnate a Tobit
U I1ltldel that purchast' incidence Jnd spending decisions in the ('(Hegnry.
Jnd dUlL allows for channd-spt'cHic and timc·varying promotion clfeels. The
results show thtl! promotions ill one cbannel bilVt' un important
llegative, immediate dlecl on catt.'gory purchase decisions in the tHher channel,
but thai a high pr0J110ll0n frequency in 011<;' channel docs not significantly reduce
fUlUre promotion sensitivity in the other channel.

• F003
03- Bern

Emerging Market and Beyond
Cluster SpecialSessions
InvitedSession
Chair: Kaifu Zhang. INSEAD. Fontainebleau, France.
kai [u.zhang@insead.edu

Co-Chair: Yang Li, CKGSB, Beijing, China, yli14@gsb.columbia.edu

1 - Shadow Banking and Relational Contracts in Emerging Markets
Jian Ni, Johns Hopkins University. Baltimore, MD,
United States of America. jniC<!'jhu.edu, Qiaowei Shen

private rinancial service market in the clllerg,irlg economy is often
characterized with the jn[ormallendillg, high interest rate and IlIrhulcllt
rrrmsdcliollS, esp(xially for the sllJ.lll-tIHllt:'diurn enterprises. Rast'd on the
relational comract framework. we build a stylized contractual creditor-lender­
borrower 1110tkl while taking into account the impart of exogenous ecollomic
shock. We then test the model illlpliciltioll using a proprietary data sel of Chilwse
underground loan market. We show as the lending relationship advances, tbe
oHuraclULlI tt'nI1S bcctllncmort.' fav()rablc to the borrower, evt'll though
C(ll1traclUill enforcement is difficult in llll' emerging markl't and lilt: bOITowt'r
could have the moral hazard problem. tnterestingly. the tension between
incentive provisit)t'1 and contractual cll[orCCl11cnt bt'lps alleviat(.' the moral haZard
COilCl' rll. However, exogenous (r{'dit supply shnek favors longer-tenure
borrowers. but might induce higher default (moral hazard). The study provides
imvortant implications on how lo manage (ustl>lner relatiunship in the service
industries or the emerging market llsing relational/formal cont.ract.

63

2 - A Dynamic Game of Entry and Expansion in the Chinese
Fast-Food Market: KFC vs. McDonald's

Qiaowei Shen, University of Pennsylvania. Philadelphia, PA,
United Srates nf America, qshen@wharlOn.l1penn.edu,
Aamir Rafiql1e H<1shmi. Ping Xiao

We stlldy the relationship between market structure and the entry decision 01
relail chains in tbe context of entry and expansion 01 KFC and McDonald's into
the Chinesl' falollMfood market. Tn ask the question of how (1 chLlin's
derisions about entry into a new ITldrkct and expansion within all existing market
arc a[ferted by the sizl' and the proximity of its t.)\-vn and its rivc,d's nt:lwork of
OlltletS. We specify and estimate a dYllamil' game of entry ilnd expansion which
allows for multiple eflects of network. including economies of density and
cannibalizath'Hl dfecl within OIlC'S OWIl chain LInd lh<:.' positive spillovers 011
dt'mand and co<;t 'iide ,)S well (I') the cornpt'tillO!l ('[feet from tbe rival chain. V'Ve
l'stiJll(lt(.' the sizt' t)f diHcn:1l1 within- ilnd chain network effects and
perform counterfacwal Jnalysi') 10 further eVJluiltl' the importance of thcse
dfects 011 (hains' expansion Stf(ltCgy.

3 - Brands and Stereotypes
Kaifu Zhang. INSEAD, Fontainehleau, France.
kaifu.zhang@insead.edu

Products from ccrtt.lin dt:veloping countries ure often assocl3ted with a
low-quality image. Lacking knowledge about specific brands, consumers
,0metill1c, apply ,,,eh il bro,lrJ-bnt,b "m-n'otypc" to both high and low quality
brands from the same country. This paper studies the strategic aspects of this
phenomenon. \Vc discU5S (J) high quality finns' incentivcs to promolc their
individual branch in order liJ 'hreak fret" from tht, group sttreul.ypc, (2) tht.'
conditions under which th<, gr,Hlp image can be collectively improved, and. (3)
the slrcllegh,' options for a national brellld promotion Jgency who is con((,.'rnl'd
abulIl Ihe l)v(:'rallcountry image and the linns' welfare.

• F004
04- Monch
ISMS Doctoral Dissertation Proposal Award Winners
Cluster: Special Sessions
InvitedSession
Chair: K. Sudhir. Yale University. 135 Prospect Streel, P.O. Box 208200,
New Haven. CT, United Stmes of America, k.sudhir@yale,ed"

1 - Improving Survey Construct Accuracy through Uncertainty
Inferred from Voice-Based Responses

Hye-jin Kim, Pennsylvania State University, University Park, PA.
United States of America, bxk262@pslI.edll, Hlianhuan Shi.
Min Ding

MJrketing survey methods such as (lI:>tomcr satisfaction surveys usueJily only
consider the semantic aspt'ct or responses, without accounting h)r uncertainty in
such [t'\fHHl"es. To address this limitation, we propose the llse or hllrThlll voirt' as
all alternative data collection formal thai allows uncertaintv to be inlcrrcd based
on pilCh, anolcllljJoral features extracted from a ;'cspondent's voice.
Built upon research in computer science, we desiglll'd LInd te\It.:d a l'l1etht.ltiIhat
uses a set of lraining questions to clidt different (uJ1)Cl'rtainty Jcv(')$
from und lise this information and tht' corrt.'sponding extracted voice
ft'aturt,> LO train a machine learning algorilhm (classifier). Thl' da.\sificr, which
requires to be trained on('(' using the voice data uf J panel of n,;sponucuts, is then
applied to infer unccrtainty in r<:.'spt.H1SC$to a vLlriety or survey contexts. Our

application is a 'IIrvt·y lor loral resrallr.JrIlS in which
satislacth)n is measured from multiple items. For each ilem we treat the point
estimate (i.e., tht' subject response) as the mean and the lIncerldinty as tbe
variance LO re'i.veight the sJlisraclioll construct lIsing inverse variance weighting.
The model incorporaling the rcwl'ighted construct is shovvn 10 predict repeat
purdws(' choices beut'r lban the bt'nchmark modd with the unmodified
construct, thus providing evidcnce thul incorpnr()ling uncertainty inferred from
voicc ('LIn improve the aCClIrJcy of marketing insights from survey
responst's, W,' also demonstrate that the voice-based IIll'llwd is practical lor
marketers In implelll(-."ni.

2 - The Attribute-Based Multi-Armed Bandit for Adaptive
Marketing Experiments

Eric M. Schwartz. University of Pennsylvania, Philadelphia. PA,
United St.ates of America, ericschw@wh<lrlon.upenn.edu.
Eric Bradlow. Peter Fader

As business experiments become morc popular, firms InlHf(' bcyonu 'testing and
learning' lowards 'earning while learning.' Onlint' advertisers, for instance,
deliver doz ....ns (If differcnt iH.I cretltivt''i wt'bsites with the goal of acquiring
customers. Over tim(;', tht,y adapt by aJl...,cating more impressions to

ads on each wehsite, Butl10w can they do this as profitably as
possible? We fr<II1H.' lhis as solving tht' lT1l1lti-arrncd bandit problem. This paper's
contribution is to extend existing rrtetllOds lor bandit problems to handle various
components of real-world adaptive marketing expniments (e.g.. attributes 01
actions. lInol)served dilferences in context. hatched decisions). The key
innovation is dpplying hierLlrchiGll models to randomized prohabHity matching to
solve the b'll1dit problem with tbose t'ornpol1t'nls. The benefits of this new
approach art;' demonstrated l.IHougll a fidd experiment with a large n'lrdl hank
using online advertiloling to acquire (tistoITIc...'rs.The IIp})foi)(h is compan'd to
benchmark rrtetlltlds via sil11l1lationsludies. providing insights into the types oJ
the bJndit problems in wl1kh certain types uf methods to olltpcrfllrm IJlhers.
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3 - Competition in Corruptible Markets
Shubhranshu Singh, University of California - Berkeley,
Berkeley. CA, United Slates of America.
shubhranshu_singh@haas.berkeley.edu, Ganesh Iyer

Emerging markets orrer significanl business opponunilies. However. local and
foreign firms selling in lht'se markets are of len faccu with corrupt agenlc;. This
paper the marketing strategy irnpIicaliollloi for rirl1l'\ compding fur
business in a corruptible market. I consider a seuing in which a bnyer (a firm or
govennlll'I1l) seeks to purchase a good through a corrupLihk agel11. Supplier
firms, thaL mayor may noL be a good fil. compele LO be selened by Ihe agenl.
Only Ihe agern observes whether or nOI a firm is a good fil. Corruption arises due
to incentive of the agent 10 selcct a non-deserving firm in exchange for bribes.
IIl1lJiliveJy and as exp .....cted. a suHiriel1tly large monitoring of the agent eratli,illcs
corruption. BUl the interesting point is that incrcilsillg the monitoring from an
initial low level can I)ad.fire. making Ihe agent more Iikl'iy 10 sekcl a non­
dt'serving firm. firms hecome rt'!uclant 10 Orrl'r bribt'\ in responst' hi higher
monitoring, iI now b('comes likely the agenl receives a bribe offer, in
equilioriulll, only rrom il non-deserving firlll. This nOIl-1ll011t>LOllit· behavior

il diffirulL for Ihe buyer to reduce wrropliOIl. The impliralion is IhaL Ihe
buyer shtluld choose ei1her to bl" ignorallt or 10 take draslic measure'i to limit
corruplion. Funher. [show Ihat unilateral anli-corruptioll controls. ,uch as the
Fort.'ign Corrupt Prnnices Act of 1977, Oil a U.S. firm set'king husint.'s"i in a
corrupl foreign markl'l rail actually in(rcase the profils of the U.S. firm. This is
because such a control Oil the U.S. finn pUiS pressure on Lhe buyer to SCi
monitoring at higher levels and reduct,s corrupliOIl.

• FD05
05- Montblanc

Channel Management
Contnbuted Session

Chair: Suiatha Chandrasekhar. Strategic Insights,
1875 I Street, Suite 500, Washington, DC, 20006,
United States of America, suj@srrategicinsighrs.com

1 - Managing Role Stress in Buyer-Supplier Relationships:
Governance Mechanisms and Market Uncertainty

Maggie Chuoyan Dong, Assistant Professor, City University of
Hong Kong. Tat Chee Ave., Kowloon, Hung Kong, Hong Kong ­
PRC, mcdong@cilyu.edu.hk. Yulin Fang. Vivian Xu Zheng

According to rok theory. both supplier and bUyl'r have their own expectalions of
the privileges and obligations of the olher party and itself in Ihe exchange
rc.:liltionship. Deviarion rrorn or confusion of tht:'<;e expectations by either pany
inevilably leads 10 bilateral role Siress. which is mauifl'sled by lensions and
incfficiel1l-y of the relationship. Sud, role slress mal' be more pervasive in
emerging markeLs wilh Irequellt changes. Clearly, Slralegil' approach 10 manage
role stress is needed, yet prior research has rarely examined Ihe mechanisms that
can reducl' role slress in buyer-supplier relationships. This study rl'presellts Ihe
rirst efforts in examining the rok of dirrerent governalll*t;' J11l:;·chanism.s,such as
trJnSat1ion-specific investments clod relational norms. in reducing rok stress
between buyer and supplier. Furthermore, we compare which governance
mechanism work .. bt.,lter in redudng roll' SII'l'SS IInlkr market
conditions. We empirirally test the ZoncepluJlmodel through a survey of J4 I

dyads in China. The rt'sulls thai hoLh Iransaction-specific
investmenls and relaLional norms rail redurl' role amhiguiLy hut not role confli(i.
Under uncertain market conditions, the reducing effect of relational norms is
slrenglhened, but 11ll' dfl'ct of Lransaclion-specifir ilwl'slml'ms is weakened. Both
Iypes nf role Sire'S negatively affect buyer's as well supplier's performanl-e.
These findings nol only contribute lo supply chain l1lill1agt'mt'l1l rt'search bUl also
provide importam implications for supply chain members in managing role stress
in Ihei r rcldt ionships.

2 - The Valuation of B2B Relationship: Focus on the Impact of
Relationship on Value Trade-Offs

Kyungok Yoo, Doctoral Stttdem, Korea University, J 45, Anam-ro,
Seongbuk-gu, Seoul. Korea, Republic of. malsuko@korea.ac.kr,
Jaewook Kim

The B2B relationship is considered as one of the important factors that has impact
on markt'ting performance in lots of InarkeLing there are a
few researches Ihat find the impact of relalionship on Ihe perfnrmance e'valualion
proces of Ihe rdaLionship when company makes decision relaled 10 B2B
relationship because of bounded rationality madl' by Ihe relalionship itself. This is
dut' to the belid that decision making or might be ratiunal
unlike the dl'osion making process of individuals. Even though the coml",ny
customers ar(' rdatively more rationallhan individual consumers. companit.'s'
decision making are also made by human and based on perceptions. Therefore, if
existence of relationship itSelf can make some influences on perceptions about the
pann", company and these percepLions can make Lhl' value constrtlct (trade-orr)
of Ihe rdationship with the parmer company. relalionship mighl change Ihe
decision such as relationship continuity. In Ihis researrh, because IllUSt judgments
depend on otility or value, the relalionship is considered to Ihe farwr that
innuencc lInjlldgments by valuation procc:'ss. In ct'rtaill relationship, benefits
have bigger weightlhan in trade-orrs sysLem or benefil is perceivl'd
bigger than physical benefits and sacrifices arc percl'ived smaller than physical
siKrifices. 1n other words. Ihe aUlllOrs try 10 dl'monslrate thai the impact of

on trade-offs system in 1l21l relalionship "·ILing.
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3 - The Impact of Sales Visits on Mere-Measurement Effects:
Evidence from a B-2-B Setting

Ying Xie, Associate Professor of Marketing, University of Texas at
Dallas, 800 West Campbell Rd, SM 32, Richardson, TX, 75080,
United States of America, ying.xie@utdallas.edu,
Ramklttllar Janakiraman, Xiaojing Dong

It is Iypical for firms 10 survey customers to seck information on thl'ir purcha'e
intentions, as well as in[ormation relatt:'d to prOduCl'i they urfer and abollt the
sail· ... perSOlls wirh whum inleract. Prior lilerature has t:'stablished lhat
just asking customers their behavioral intentions can change their subsequent
behavior. This cffect is commonly refcrred to as merc*l1wasurement cHen.
Allhough nll're measureml'nt e1lect has heen establisht'd as a robu,t
phenomenon. t.·x1aIlI studies have investigatcd rill' issue in business-Io-consumer
seuings and do nol examine the role 01 marketing effons. The objective of Ihis
SllHiy h 10 o,yslt'llliJtically examine and quantify lllen-'-meJSUft'ment t:'f[t'Clo,in a
uusincss-lo*busincss sClling, in which customers get to interact with sales
reprl'St'nlalivt"s from various o.)mpeting firms. Leveraging a unique behavioral
dala and rt.'pealed panicipillion <lat.1. we e"\C1mint'the inreraction erreClS
between mere-measureml'nt effects visils by sale; representatives on
cuslomers' likelihood to usc the products. We propose and eSLimate a
disaggregate-CliSlOmC'r level model. in which competing firrns act stralegically in
Liwir Jllocation or sales reprl'scnrativcs across nlSlOmcrs. 'rVe l:s1imate our modd
using MCMC methods. Our results indieale thai the snrvey panicipalion has a
posiliv(:' din:'cl dreet on con\Ul11er choice lwhc1vior even in a compelilivt.· ')elling.
Hl)\·vevcr. also lind that a Ilcgativc interaction erfcct exists betwecn survey
participation and SJIt's visits. Based on our results, W(-' derive stralegic implications
rur Ihe ue,ign/exeoI1ion of survey rctiearch and coordinalion bctwt.'en :>aleo; force

and marketing research practice .

4 - Aligning Marketing and Sales for More Effective
Channel Management

ujatha Chandrasekhar, Strategic Insights, 1875 I Street,
Suite 500, Washington, DC 20006, United Stares of America,
suj@strategicinsights.com, S. Sri ram

[n this re'search, Ihe authors focus on how and marketing alignmertl helps
distrihllliull channt"1 cffeniveness in il eros ... 'it'ction or Indian industries. Tht'
sectors examined arc manufacturing, Iinanciat services, and healthcare. The
researchers have used ule KOller, Rackham and Chandrasekhar (HBR, 2006) and
Ihl' KOller. Walcott and Chandrasekhar (2009) framework tn examitlt' Ihis
relationship. Research objeclives: I) l'xamine ule relationship hetween the level
uf functional alig.nment berween sales and marketing and di triuuliun channel

2) how till' undefined, ddiJwd. aligned and int,'grated
lewis of relationship impact dfccliveness in B2B and B2e channel management;
3) understalld specifically the sales-marketing alignment strategies used by
praclicing managers ro align direct and indirect channel drt"Clivent'ss. To e.>.plure
this subject empirically, the aUlhors examine the quality of the working
relationship between sales and markeling in everal companies spanning

The data Wille frOIll of markeLe", salt's personnel and
suppliers_ via imerviews and an onlil1l' assessln,'nt questionnaire. [n Ihi we
relaLe the perceived levels of contribulion of sales and MmrkeLing 10 di tribution
channel encnivencss. We a1'-;o an'ount ror ((.Hnpany size, geographic region and
industry variability while addressing the following questions: What arc Ihe
perceived contributions of Illarkeling and sales alignrnem to channel
effeetiv('IH:ss? What differences l:;'ITH.'rgein imparl of tilt' relntionship ill R2B
vs B2C companies? What sleps can a company lake to improve Ihe working
relationship ben'lICen sales and markeLing?

• FD06
06- Monterosa 1

Consumer Decision Making
Contributed Session

Chair: Xianchi Dai, Professor, Chinese University of Hong Kong,
Shatin, Hong Kong· PRC xianchi@baLmsmail.cl.1hk.edu.hk

1 - Disaggregating Preference Stability into Core and Supplementary
Product Attribute

Fangzhou Xu. PhD Candidate, University of Guelph, 128-302
College Ave. W, Guelph, On, Nl G4T6, Canada, fxu@uoguelph.ca,
Theodore 0 ewonhy, Towhidul Islam

Whelher preferences of prodtKI innovations are positively or negatiwly
hJS betll a long-sLanding dt'bale in literature. Some researchers argue

that product innovations (e.g. incrememally new products) arc perceived as
crilical to produCl SlJClt'SS. sOrlie in"iisted Ihat innuvative pruduct"i (e.g.
really new products) may caUSe 10IVer('valuations and preference inslability.
leading to low adoption and hinders consumers from appreciating new
To recortli!l' Ihis dt'bate, we suggesl an alterrtalive view of decomposing I'roduCl
preference into attribute preference. Specifically_ we classify product attribules
into (,'ort' and supplementary c:att'gories and that innovations or
suppIt-memary allrihul,'S should be more favorably and Iheir preferences
should be morl' srablt' acruss than evaluatiuns and prderenct:"s or innovative
core attributes. In olher words, Ihe nature of Ihe innovalive prodocL anribute (Le.
core or suppl,'mt'nlary) can prl'll'rence stahililY ill the producl. lew!. W,'
funh"r poslulate lhal Ihe mechanism underlying Ihe observed preferl'IKe
instability dne to core attribute innovation can be explained by the dual cognilive
syslems use to process illnovaliw inforrnalion. Ihe expliciL COVIS
(cottlpetition belween verbal and implicit systems) system relying on working
memory, and rhe implicit CaVIS system operating on visual-spatial memory
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withOllt relying on executive functioning or working Illemory. Prelimbwry resuhs
of our sLUdiC's dClHOnSLrJ1Cour Findings from (HI I" studies arc
L'xpected to influcl1n: product comrnUniGlliun '>lralq;ies by improving consumer
eVc.llllcJt.ioIlsdnd prl'fert'l1Ce stability of l1l'W ill.nl)ViHiol1s, aLld art' especially
beneliciJI tor managers launching inno\'(ltioI15 with changes of product functions.

2 - Influence of Temperature on Consumer Decision
Jungmin Jang, Doctoral Candidatc, Korea University, 145,
Anarn-ro, Seongbl.lk-gu, Scoul, 136-70 I. Korea, Republic of,
happy _min@korea.ac.kr, Song 011 YO<ln

Current rcseJrch examines the effect of environmt'l1lallcmpcrmure on consumer
dccisi{)[}-makinf!. Specifically, we argue that consumers experiencing relatively
hot (above II S?) temperature are likely 10 process information more thoroughly,
rt'sulling in less derision errors and gn.'ater information Our JrgllHwnts are
b<lsed on the following two prernist's. Firsl, comlllon English metaphors
relate 'hOl' wilh 'dngcr' or 'passion' as excmplified ill the 'he has c.1

hOI and 'he is burning up: lhl' concept uf angerl passl()rJ will be brought
to people's mind while being exposed to hot temperalure. Secund, anivation o[
anger/passion is shown 1.0 be with gn..:aler a<:tilHl tt'ndcncil's(rrijda
1986; 2005) al1d heightened action lendencies in turn leads to grealer
in[orm,llion processing e1fons(Lallf,'n 20101. Two laboratory swdies Sh'lW
findings consistent wilh our assumptions. In Siudy 1 participants induced to feel
hoi by holJing <l heJliug pad (vs. neutfJI pad) during decision-making used
heuristics, bt.'llet' show lower c01nputation errors in solving tlw bal and bJscbaH
problem (in Frederick 2(05). Siudy 2 tests otlr hypothesis using two dirrnelll

ITH.:asures:the type of choice peolJlc rnJke and Lhl' posl-choicl' recall.
Panicipants in the hOI temperature condition (vs. those in the conlrol), lend to
engage in gn..'al.er ilnalyscs 'when choosing an option .JrH.I hetlef
recall of allribute information lollowing the choice. We believe Ihat our resulls
shed imponallllighl into the way in which a suhtle change in ambient
tt:"lllperattlrCafft.'<.'tsconsumer choice process and Olilcnrnc.

3 - When Does Playing Hard-to-Get Increase Romantic Attraction?
Xianchi Dai, Professor, Chinese University of Hong Kong. Shatin,
Hong Kong - PRe, xianchi@baLmsmail.cuhk.edu.hk, Ping Dong,

Jia

Fol,k wisdom suggests that playing hJrd-to-gt,t is an dft'Clive Slratt'gy in romantic
auraelion. However, prinr research has yielded little suppon for this belief. This
paper seeks to rlTOIKile lhest" contrasting views by investigating how two
hitherto lInconsidl'red factors, 1) psychological commitment, and 2) the
aSYI11lnelry belween wanting: (Jllotivatit.lnal) and liking (..lf1"eetive) can
dett'nnine the efficacy of playing hard-IO-gei. We propnse that when person A is
not commiued to pursuing further rdations with person a, 13 playing hard-t.o-get
will reduct' bOlh A's willll.ing Jnd liking Ilr B. However, when A. is cOlllmiued to
pursuing B, B playing hard-to-get will increase A's wanling but reduce A:s liking
of B. 1\>vo studies confin11 these propositions. In study I, participants r"ad
descriptions of a meeting with J dating partner, \-\'110 was described to be either
someone Lhey had crush on or someone randomly assigned to them, Lind was
eitber cold or warm 10 them. Participants evalualed the partner along both

and ll1otivalional mC(I')urcs. In ,>wdy 2, participants interaClC(! in a

speed-dating session and then Ihe male participants evatuat,'d the female
participant (llong a(fct,AUveand l1lotivJlionall'valuJlions. The femJll' partidpJnt
was a trained LO behave either warm or cold. Consislent with our
prceJictioll, in both participants filled the dating partner as more
ill lerms of affeClivt' measures in the co,ld lhan ill lhe WiJrrn conditioll, irn.'spcnive
of the cOflunilrnent level. However. mOlivational evaluations show('d a difrercnt
p...lllcrn. Being cold led 1:0 more negalive rnOlivJtional evaluation than being
wartn when the target of the strategy was nOl commiued to building (l

relationship, but reverse was lruc when the target had high COmmill11t'l1l.

.FD07
07 - Monterosa 2

Customer Equity Through CRM
ContritJuted Session

Chair: Evscn Korkmaz, Eraslllus University Ronerdarn, Burgerneester
Oudlaan 50. ROllerdam, :lO62 PA. ekorkmaz@rslll.nl

1 - A New Look at Customer Relationship Management:
Reducing Risks by CRM Strategy

Tae Ho Song, AssiSTanT Professor, Pusan NaTional University, 30
Jangj<:n-dong, Gumjung-gu, Busan, 609-735, Korea, Republic of.
thsong@pusan.ac.kr, Shijin Yoo, Sang YOl1g Kim

ArJdemics and prac!iliollt'rS have claimed that CUSlomcr rclJtionship
IThlllJgernent (CRM) enhan<:es a cumpany's long-term pt·rfonnance by creating
and cuStomer value. However, (l significant number of companies
ad"pling CRM have cast strong doubts on CRM's abilily of creating sustainable
long-term perlonnance. This doubt has been even growing undt'r the (lIlTent
compeliliv(:' marketing l'nvironmenll). There is an urgent G11I for researchers 10
develop a new insight inlo tht' role of CRM in today's turbulent business
environments. The present research investigates il nt'w role or CR1V\ ill
producing superior firlll performance. First, we c"'veloped a game lheory model
betwct'n two competing firms to compare d CRM·oricnted strategy (i.c. t C1Jstomcr
equity rndxirnizal.ion) widl a 'ihort-tl'rm profit-oriented strategy (Le., short-term
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proHt maximi7.Jliol1). Second. wc found out Nash eqUilibrium mnong the existing
strategic pairs hased nn simulation. Third. we tllt'n applied tbe Illodel to the
dynamics of (ustornc.:r dill;) in the Kon.'an Il'lecommlillicatiolls
industry to empirically test nUl" hypotheses from Ihe analytical
model. The results Sh'lW Ihat a finn can benelit [rom a ClUv!-oriellled stralegy by
reducing its risk rallwr than enhancing the linn performance. The pH.'sent
rcscJn:h discloses new JdvcuJlagcs of CRM strategies in the current C(HTIPClitive
envinlnmcnts.

2 - Customer Equity: What is the Impact of the Model Adopted
in the Results?

Henrique Marlins, Fedcral do Rio Grande do Sui,
WashingLDn Ltl's 855, PorIo Alegre, Brazil, hcmfllls(9)gmail.colll,
Fernando L.uce, Cleo Silveira

Thcre is C1 recent about marketing accountahility Jlld marketers facing
the t1leir investments. In r<lnicular. the acoJllnlabilil)' of
illlangible ilSSt'lS has beell receiving great 3U{'lltion from academicians due In its
llleJSUreIllent difficullies. Within these intangible aSSt'ts, CUS1()rner Equily (CE) is
a notahk olle ond b important to any firm so lhal aca{krnicians and pnltlitiollcrs
have been se,Hching for a good mcasure to lifetime valuc aud SCVefiJ!

differellt approaehes haw been proposed. Because these approaches usually differ
in its vJriabll's 'tht.' value of (llstorner equity In<l)' vary [rom one Jpproach 10 the
other' (Kumar and George, 2007. p.162). Thus. il is imponant1\) explore these
differences in order 10 understalld each of olle Ihe approaches and to expand
their ust' within fil1<:lll<.'ialmanagers and sharchold.:rs. Therefore. uur paper aims
10 Il1t'aSUfl' CE five differt'llt theoretical moods and C'herk its sl'Il'\itiveness
tn lhe Usi.ng MATLAB, Wt,' made silTl.ulations to different
values in these variables and checked its impaCi in CEo Furthermore, we made 3D
slmulaLioll!'o, which enable us to measure CE ill various levels of retcnlitHl rall'
and margill sitllultaneously. Our results suggest Ihat: I) in spite olthe sall)t' data.
the me.Jsured CE is different between lhl' lestI'd models; 2) in all models, Ihe
retenlion rate had an exponential reltllinn with measured CE; .3) ill our data,
increasing ll1(' rell'lllion rate to abollt 80 0/h or more, suhstanliillly increased the
measured CE; and, 4) to maximize Cl:, l1l(lllagers should choke improvc retention
rille or margin regarding tht' 1110tlelllsed. flesidcs. dll implication is thilt
aCddemicialls should include v.lrious CE ll'lt'aStilTS .lS tesls in fUl.ure
papers.

3 - The Synergy Effect of Loyalty Program Integration on
Customer Equity

Dae Yun Park, Doctoral Candidate, Korea University. 145,
Anam-ro, Seongbuk-gl.l, Seoul, Korea, Republic 01,
daeyun@korea.ac.kr

lY1any holding companies" nc\'\' stratcgic direction in loyalty m ..:nkcllng is to
integrate loyally programs of tbeir subsidiaries, which had been run individu.Jlly.
into a single program. We define Ihis type of IUy.lliy program as "family
program." The of this sludy is 10 investigate I) whelher a [amily program
(Tl'ates syncrgy effecl by loyalty program inlegration in the perspective of
customer equity and 2) which is the focal source of synergy erfe,.t among
acquisition, and cross·selling leading (llStOlllt']' equity if it is SlH.Yt'ssful
to ctlSWI11('requity enhancelllcllt. To r(:(lch our objective. we firstly conlpare the
levd of cuStomer equity before and after loyalty programs arc integrated into a
family program and lhen decompt)se customer equity of bt'forc and ilfter mt'rging
loyall y programs into Jcql1i'iilion .. retention .. Lind rr(lss-st'lling. The dJIJScl for tht'
ernpiricJI analrsis is froIll a srwdfi<: holding company in Korea. This cornpJrly
launched Ihe family program in 2010 and subsidiaries joined this family
program. We obs,'rved lour firms which take YO% of total sait's. Transa,·tion
rl'cords are from about 120.000 Illcmbers who registerl'd 10 thl' family program
durilll( ,hre,· ye.ns between 2009 ,ll1d 2011. Empirically, we can find that family
program cnhallcc customer equity and spt'cifi('ally, cross-selling is main driver o[
synergy effect.

4 - Market Segmentation in Buy-Till-You-Defect Models
Evsen Korkm.az, Erasmus University Rotterdam, BlIrgcmcest'cr
Oudlaan 50, Rottcrdam, 3062 PA, NeThcrlands, ckorkmaz@rsm.nl,
Dennis Fok, Roclo[ KlIik

Buy-till-yoll-defen (BTYD) models provide predictions on melrics related to
cust.omers' tr,lllsaction .. alTloulll Jnd timing, as well as customer
IifcljllH', for cOl1lpanie\ operating 1l1H.ler J !10[}-coJ1traclllJl These
mostly perform well, <lltJ1oUghell times tl1t'y predicl unreasonably long lifelimes
for J suoslantiJl fraction or customers. Bascd Of) empirical arw(ysis on diflerenl
datasels. we argue that such long lifetime predictions (an result [rom
existelKt' of multiple segrnenls in the cwitomer base. tn most caseS there arc Clt
least twO segments: OIH.' consisting of CUStolTIt:'r'iwho pUrChCi'iConly a few linlt.·,)
and the olht'r of those who arc I'requent purchasers. To date the heterogeneity
introduccd through hierarcllical modeling in the BTYD models is insufHcknl to
account for such segrneru$, thereby producing cx.trcme predictions. \,ye present
an extension over tht' curren! BTYD models wllt're we allow for segmenls within
the customer Nlore specifically, we consider a mixture of log-normals as lhe
heterogeneily distribution, a variant (\[ the lJierarehical Bayes lHEI Pareto/NBD
model. Our mudd the t'xpl.:H1aiory power of BTY]) models as: we an'
now Jole to evaluate impact of customers' characteristics on lhe mernbcr5hip
prohabilities of differell1 latent class,'s. The proposed model has heen tested
against Ihe benchmark Pareto/NBD model ISdHnililein el a!., 1987) and its HB
extension iAbe, 20091 on a data set [rom a large grocery e-retailer in the
Nelhnlancls. We show thm tile accuracy of predictions on tlJe population aud on
lhe individuallevd improve subslanlially by allowing fur latent classes.
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Advances in Pricing
ContributedSession

Chair: Vinay Kanetkar, Chair, Associate Professor, University of Guelph,
Dept. of "'tarketing and Consumer Studies, Guelph, ON, NIG 2W I,
Canada, vkanetka@lIoguelph.ca

1 - Decomposing Pass-Through in Regular Retail Price
Chaoqun Chen, Doctoral Student, Northwestern University,
2001 Sheridan Rd., Evanston, 11.., 6020 I, United States of America,
c-chen@kelJogg.nonhwestcm.edlJ, Duncan Simester,
Blake McShane, Eric Anderson

When wmmodity prices [Iuclllale, manufaclurers respond hy changin!! thcir
wholesak WSIS which, in lurn, forces retaikrs to considl'r whelher and how
much 10 adjust Ihe regulJr price. While lhis is an eXlremely widespread
phenomenon, Ihere is lillie evidence 1111 regular price pass Ihrongh. We fililhis
void hy making recourse 10 a highly unique and eXlrernely comprehensive
dalasel: a census of all the wholesale price changes faced by a large US relailer
covering sixty packaged good,;; cJlcgorie5.over a four year period. To rnodd
regular price pass Ihrough, we build a Illulti-slage Bayesian hierarchical model
Ihal allows us to study bOlh whether and in whal direction a relailer changes tht,
regular prin.' in response..' 10 a wholesale priet' change as wt.'ll as the magnilUdl' of
that ch.Jnge. Our flexible model accounts for category heterogeneily and
asymmelric respunse to who"'salt' price detTc'ases Vef'US wholesale price
increases. A key finding is thai pass Ihrough is extremely asymmelric: when
wholesale prices increase, Ihe regular rrice is very likely 10 increase while, whl'n
wholesale prices decrease, Ihe regular price is very slicky and Iypically docs not
Chilllge. I"\ore spedfieally. wht'n Ille rl'tailer decide" 10 raisc Ihe regular price. lJ

one perccnt increase in thl' wholesale price typically leads 10 a greater Ihan one
pCrCl'lll increase in the regular price. Our results are consiSlent with the menu
costlllodel and a lllcJnLlgcrialdesire tt,) maintain a constant percent gnlss margin
on prl/dUcls. (Le., margin mainlt.'nann:). Finally, the empirical analysis illustfJll:
the importalH:e of our multi-stage approach as a single stage mudd provides a
pour fil to Ihe dala <lllll yil'id, misleading emrirical in[erenc·e.

2 - A Cloud Computing Pricing Model
Nazim Taskin, Assistant Professor/Lecturer, Massey University,
Massey University Quad Building 13. Albany, Auckland, 0745,
New Zealand, n.taskin@massey.ac.nz, Tay[un Keskin

The major purpose of Ihis sluuy is 10 l'xaminc thl' cloud services pricing schemes
and how they can improve previous pricing models by expanding the consumer
set with time incunsistent behavior. industry of cloud computing services is in
its infancy. and firms employ prit.."ing models ba.sed 011 conventional information
goods. Wl' offer a new approach 10 cloud services pricing consiul'ring thl'
consumer discounting behavior. Firsl, we propose a baseline 1lI0dei based on a
proril maximizing monopolisl serving to both rational and time inconsistent
users. Our results reveallhat Ihe monopolist can profit from impatient USNS. In
<ldditilln, Wl' extencltht, baselinl' model wilh the ef[c'ci "f dl'layed l1l'lwork
l'xternalities becausl', by nature, information goods exhibil this properly strongly.
For Ihe laner case, we show that Ihe efkct uf nelwork l'xll'rnalities reduces Ihe
impact of impaLil'nl hypt'rholic and the bl'ndilS ll'sS from
lirne-il1l'un,islent behavior. This study contributes lo pricing tht'ory and
practitioners who make pricing d<.'cisinns for cloud computing services.

3 - A Multi-Period Model of Scheduling the Product Line
Sales Promotion

Zelin Zhang, Assistant Professor, Renmin University 01 China,
Mingde Business Building 59 ZhongguanCI.IIl, Street. Haidian Dist ..
Beijing, 100872, China, zhangzeiin@rbs.org.cll, Yihau Zhang,
Murali Manrrala, Xiaodan Dong

This paper [ucu 'es on lhe scheduling the sales prumotion in a multi-periud
manner for Ihe monopolislic firms that carry morl' than one product. Thnse firms
"ffcr a product line with superior anel inferior products targeting 10 high-end and
low-end segments corrcspoudingly. A sales promotion on the superior produci in
one period will aUract a rurl iun of low-end ,n.yay from buying infl'rior
pr()(Ill(.1 dcpt'ndillg 011 lht, strt'ngth of tlw promotion, We also consider sak's
promotion's carryover effect which means dmong tbose low· end consumers who
bou!!hl the surerior produci in Ihe last pl'riod, pan of Ihc'm still choosl' 10 buy thl'
superior rroduct al Ihl' full price in Ihe next period. This can be explained by
good O[ ft'edback in lIsing the superior product. Evt>ntu(lUy,thost· low­
l'nd consumers will reven back 10 the original Slait' gradually if no new
promolion launched. This is Ihe benefil uf the conducing sales promntion. Bill Ihe
harm of tile promo lion is Ihe seller has to bl'ar the opportunily profit loss from
high-end consumers. ]n this srudy. by consielering all the faClors above. we build
an analYlkalmo<lcllu address lhe pricing and scheduling of the produn line sail'S
promolions in mulliplc perillds.

4 - Are All Price Elasticity Estimates Biased? Role of Purchase
Quantity in Price Elasticities

Vinay Kanerkar, Chair, Associate Professor, University of Guelph,
Dept.,!f Marketing and Consumer Studies, Guelph, ON, N I G 2Wl,
Canada, vkauetka@uoguelph.ca

There is a general agreement that price is important factor in slistaining revenue
gcnt'ration of any organizalion. \rVhCll consumers purchdse multiple units of Ihe
same good. researchers have a wlwthc[ 1(1 unit price or package price
to understand demand for good and lor service. For eX<lmplc, i[ a package Ihat
can wash 40 laundry loads is priced al $8.80, researcher Illay use package price
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($8.80) or unil price ($0.22) as an indicator of price. Tellis (1988J reponed a
mela-analysis Sludy involving 24 studil's which rl'poned 367 pricl' daslicity
eSlimatl's. More recent meta-analysis by Bijmull c'l al (2005) included 8 Lresearch

with 1851 price e1asticily estimates. BOlh stuJit's conduded Ihal. on all
awrage price elasticily is around -2. Howevl'r, il is surprising Ihat bOlh sindies do
nOt include del ails aboul pricl' itself. Thai is, tlll'rt' is no discussion whether price
is measured as unit price or packagc price. Tt' understand impaci of Illissing
varidbles on estirnJl.cd of daslicitil's, sl'vl-:ral simulation experiments wt're
conduned using a Iinl'a r. log-linl'ar, logislic and market sharl' auraetion models.
For a linear model. monte carlo simulalion indicaled Ihat when unit price and
package Silt' are not corrdalcli. estimated parameters were biJsed but priet·
elasticily was nOI biased. When unil price and padwge sil.e were correlaled (price
discounting or premium). missing variables generally in biast'd price
elasticilies. Similar rinding werl' also found when Illodl'is Wl're non-Iinl'ar. The
research also used discrete choicl' expl'rimental data whl're dl'll'rgenl dwices
were simulated. The estilllatl'd choicl' e1aslicilies appear 10 be affl'cted by missing
pilckagt' sile ilnd unit price. The magnitude of hia ec; is enled along with
sludy delails.

• F009
09- Mimosa

Store Brand Power
ContributedSession

Chair: ""lark Vroegrijk, Post-doctoral Researcher, KU Leuven, Korte
Nieuwslraat 33, Alltwerp, 2000, Belgium, mark.vroegrijk@kuleuven.be

1 - The Power of Store Brands: An Integrated Framework on the
Drivers of Store Loyalty

Rita Coclho do Vale, Assistant Professor, Cat61ica Lisbon, Palma de
Cime, Lisbon, Portugal. ritavale@ucp.pt. Pedro Verga Matos

Storl' brands, alSll known as privale labl'i (PLI, offer retaill'rs the possibilily o[
increasing and reinforcing CllSlOmer loyally. By introducing their own SIOll'
brands, rctaik'rs (Ire able to of[er unique anel products that customers
cannot rind in olhl'r rl'tailers (Ailawadi. Pauwels & Stl'enkalllp 2008).
constituting also illl Oppur1l1llity for them to deliver a value-plus product that
satisfies the CUSlomers' needs. However, inslead o[ c'nhancing loyalty lowards the
retailing stores, PL) can he simply crcClting incentives for consumers 10 become
morl' price Sl'nsitivl'. always searching for the cheapesL pl'lxluels. Despitl' the
acceJer<lling growth of PLs, lillie research tried LO o[[er an inlegrated approach 10
ils role as drivt'r of store loyalty. In Ihis study we conducled an onlilH' survey that
was answered by individuals Ihal arc responsib1l' for their household purchases.
A lotal of 560 participants completed the qut'slionnairl'. Thl' SllrVl'y followed an
inlegratl'd approach 10 store loyahy drivers, including in one single Iralllc'work
several driven-facrors for luyalty (in-store [actors, economic fac1ors, and Pl.s
loyalty). This is an innovative approach since pasl sludics tend IOlypicaLly focus
their analy,;s in one single faclOr, mnsl of Ihe limes just analyzing in-slore facwrs.
Addilionally, a rl'tailers' classification was made basc'd on Ihl' lype of
snpermarketS panicirants indicated to purchase in regularly. This allowed an

analysis airning to identify which driving-facturs playa more significanl
rolc among Ihe threl' difil'rent supermarket categories (low-price, medium cOSt
and prt'llliunt). Findings highlighlthl' slrong power of Sle)ft' brands, in panicular
the e1'fc'Cl thatlhese may havl' in lerms of creating loyalty lowards Ihe stores.

2 - Risk Aversion and Preference for Store Price Format
Koichi Yonezawa, PbD Candidate, Arizona State University, 7231
E. Sonman Arroyo Mall, Santan Hall, Mesa, AZ. 85212, United
States of America, KoichLYonezawa@asll.edu, Timothy Richards

ConSUllll'rs arc uncTrlain about relail pricl's Ihat vary from day LO day and placl'
to place. The;' typically purchase many producls across many calegories on a
single rurchase occasion, do not makt' a detaill'd purchase plan, and do nOI have
complele pricl' information before thl'ir trip. Thesl' shopping behaviors do not
alluw lhl'm to sl'arch for eVl'ry price in Iheir baskl't. How do consurrl('rs dl'cide
where 10 shop under utlcenainty abontlheir ba,kel price? For Ihis purpose, we
examine pricing behaviurs by retailers. Retailers design pricing slrategies that ("an
be characterized as a choice of storl' price lormal belwl'en offering everyday low
prices (EDLP) and hi I low pritTS (HILO). EDLP and HLLO are
charanerizl'd hy Illl' mean and Lhl' variancl' of price. EDLP SLOrl'S set pricl's which
are conStanl over lillle, while HLLO stores set prices which are higher than EDLP

on but use frequent sale') fealuring deep disCllUIlt prict's on a
smaller SCi of products. We devise <In experiment and ecotlomc'lric mode1lhal
rl'wals how consun1l'rs' risk altiludes influl'nce SlOre choice. The experimenl
consi 'IS of twO stages. In the first slage, Wl' idenlify whether subjects arl' risk­
averSe or risk-taking and in Ihe st'cond stage, we lesl whelhl'r ri k-averse subjects
terld w hoose EDLI' SlOres and risk-laking subjecls choose HILO swrl'S. We find
Ihe pricing stratl'gies allow risk-awrsl' and risk-preferring consumers to self-seleCt
SlOre [ocmal. Risk-aversl' consumers perceive Ihat shopping al HILO slores is risky
due 10 higher price variabilily and have an incenlive to choose EDLP stures. On
the other hand, risk-taking consumers prder Htl.O torl'S bl'cause Ihey have a
posilive probability of finding a product wilh lower price.
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3 - Effect of Walmart on National Brands and Private Labels
Pranav Jindal. Assistant Professor of Marketing, Pennsylvania
Stale University, 479 Business Building, University Park, PA,
1680], United States of America, pranav.jindal@psu.edu, Ting Zhu,
Pradeep K. Chintagullta, Sanjay Dhar

The presence and enlry o[ Walmart changes how consumers shop in different
product catcgories. In this paper we study the effect o[ Walman on brand shares
by o)l'llparing l'flurkt'L shares for dHfcrell1 brands at WJlmJrt ':Illd olher
Prl'iiminary cvidenn' ,bow, that Ibe prl"l'ncl' of Walmart .,ignil'icamly aflects thl'
shares o[ Ilational brdl"Jlls and privdle brands in different Wtlys. Further, we study
whctber these differenccs ran be altributed tll (l! lower prices and/or assortment
at Willmar!. (supply side). (2) scgment "f consumers reacbed I'y Willmart or (3)
wilhin Consun1t'r diffcfl'IKes bClween shopping atWalman and othcr stores.
Teilsing Ollt llwse Jnd dt'lTI(lW:1side [aoors has irnporl,ll"1l policy
implications for manufiKturcrs' dislrihution channt'l dc\"'isions.

4 - Vertical Positioning of Store Brands
Eunkyu lee, Professor, Syracuse University, 721 University
Avenue, Syracuse, NY. United States of America, elee()60'syr.edu,
Hwan Chung

Siort: broJl1cLli h,we bl:,'COl1H'a signifh..".HllpOrLiOll of retail business, outpacing the
growth of nationJI brands in tl1<' dccadl'. The quallty repulatilll1 of Slorl'
brJnds hds also steadily improved. and all increasing number of consumers now
view some store brands as heing comparable or even superior to It'ading national
brands in quality. COIl$t'qut'nl1y. not all store brands an: low-quality !o\'v-prin'
alternatives to national br(lIlJs, and retailers lUust strategically selc(t swrc brand
ql1allty levels relJliw to nalional brand quality positions 10 maximize CJIl'gory
rrofil.s. However, tht' existing literature 011 strlfC brand positioning lTlainly focuses
on horizontal positioning, ofrering guidelines for venical positioning. This
study iHIJlyzes a retailer's store brand quality decision in verlkally difft.'rcmiated
prodlKt with a game:' Ihcnrttic model composed of (Jill' or tWO national
brand manufacturers Jnd a relailer. \'Ve show lhal the f1.Jlurc of J n.'laikr's storc
brand quality pl1sitioning is quill' diffl'refll frolll the manufacturer's l1atkHlal
brand positioning dt'Cisiol1 guided by t.be need for In
conlrast, Ihe retailer's store brand quality decision is shoped by three key strategic
forces-lhe 111t'lrkctexpansion for(Oc, the retail ITIJrgin force. Jnd the consumer
profitability f",ct'. The balance of the,,' forces varies depending on Iht· 1I1iderlying
distribulion of conSUIllers' quality rons(iollsIlCSS and, therefofe, kJds 10 diffcrl'Ilt
store brand posjtions across differellt both in the bJse
Inodel as well as ill Ihe expanded model or multiple lliltilHlal bl'Jnds and multiple
store brands. \Ve present some empirical evidence supporting Ihese thcorctical
findings.

5 - Can Economy Private Labels Help Defend Against the
Hard-Discounter Threat?

Mark Vroegrijk, Post-doctoral Researcher. KU Leuven,
Korte Nieuwstraat 33, Antwerp, 2000, Belgium,
rnark.vroegrijk@kuJeuven.be, Els Gijsbrechts. Katia Campo

Traditiol1ul retailers orten ernploy price-hased strategies to defend against hard­
discounters. One increasingly useel appwaeh is lhc introduction of an economy
privatt' Iilbel (EPL) - a respollSe lhat filS wilh the growing intercst in lllulti-tiered
privcltl' label prvgrarns, Ho\:v(;'ver, the jllry i.') still out on whether EPLs
aClually shield traditional supermarkets against the hard-discolll1l.cr Ihreilt. To
shed light on this issue, we ronduct a "diffcretKl'-in-diffcrenre" analysis across 48
produll ratt.'gnrics, in which we (ompart' rel,)ik'rs' IO(jsc"i In hard-discounters in
the absence wrSllS presencc of an EI'L. Our rl'SullS show lhot traditional rt·tailcrs·
vulnerability to hard·discounlt'fs varies \videly aCfOSS cat('gurics: whLle hard­
discounter el\try enlails substantial sak's in some l'(Jtegories. ii hardly affects
otbers. Linking Ihese efleCls to the inrrodnnil)(l of EPLs, wc find IhJt EPLs are not
an cf[enive defense lool, "alTOS$·tlH·-board"; there are sevcral categories in whkh
lradilional fet(liJcrs art' to hanl-discounters, hut where EPLs do not
hdp their SiIllJlit.HL Still, for (I subset of CJlegories ill whi(,"h they are
harmed, tradilional rctailers can effectively reduce their losscs I)y stocking such a
low-tier privilte IJhel. We idcmify Gltegory d,.H;Kteristics thai Ihe
effectiveness l)f EPLs, thereby providing guidance to rewilers on \vhere w carry
such producls. We also lincll'vidence of mOIllentuIll, showing thdl as the EPL is
rollcd out aCrt)<)s more catcgories, it becomes a more powerful "defense
mechanism."
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Sales Force Performance Assessment
ContributedSession

Chair: Ahmed Timoumi. Doctoral Candidate, Koc University, Rumeli
Feneri Yolu, CAS 171, Istanbul. 34450. 'filrkey, atimOllmi@ktt.edtt.tr

1 - Metrics for Assessing Salespeople's Performance:
An Empirical Approach

Wei Zhang, Assistant Professor. Iowa Slate University,
ColJege of Business, Ames, It\, 500 II. United States of America,
wtzhang@iasrate.edtt, Ajay Kalra

Silks managers have to make several decisiolls sudl JS where salespeople should
be locCltt'o. which ones should bt.' sent for trainjng or retraining and the Iype of
training. and crucially which ont'S should bc promolcd or fired. These decisions
required dssessing the relative performance of salcspc(,)ple along different
dimensions. These l'VillUillions an' difficull as salespeoplc might be in c1ifferent
taritories with diflerl'nlmarket potential. may be in different channcls and sell
different producb. Evcn in the same territory selling the same
produ('ts fa<.'l' a difft'rc.:.'111CUSI(,)tnCrInix. We propose a ne"w set t,)f metries to assess
$Jlt.'sfon:c lI:>ing sales hislury data. Using II dala set of au IorIlobile
insur,Il1(l' sales to small business owners, we conceptuilHze Silks pt'rfonuilllCl' as
consisting of duet, c1illll'I1Siol1s:generating leads, abiJity to (onverl kmls tu

und upselling. Tn assess the relative sales pcrl'orrnance. we filter out the
irnpacr of systemalic factors such as agent characterislics (e,g.. channel type.
territory, market sile). Tlwrdorc, our a110\'\l5a dirt'Cl comparison of a sales
agent wilh any other agent. We also accounl for prospective customer
charac1t:ristics thelt allow liS to between salespeople who are truly
capable and those \vho arc fortunate ellough to have gotten a customer mix Wilh
a high prt.'dispusilioll to buy. Finally, we provide a 'grade Curd' for each sales
agcllt using scveral rnt'tries. By dccomposing ubscrved sales into customer
characteristics. sales person's chariKleristics, these can Jid sales managers
in the sales Clgents' strengths (lnd weaknesses and also in reward
allocation. Our Illethodology is useful for a wide variety of applications, wherever
rdative perforrnOIKl' needs to be judged,

2 - Does Salesperson Prioritization Pay Off?
Margot l..oew('nberg, Chair for Marketingand Market Research,
University or Zurich, Andreasstrasse 15, Zurich, 8050, Switzerland,

Markus Meiner,
Rt:nt' Algesheimer

A firm relies Iwavilv on th<:' success uf its salespersons. Oftt'n monetary rew(lrds
arc regarded as rncLhotl of choic(' to motivate salespersons. However, in recent
years the effectivl'lless of non-l1lunclilry has lwen proven [or CllstOIl1t:'rs,
\Vhere<ls customer prioritizalilln gol a lot or allention OVt'r dlt' lasl years,
comparable research on is few and far hetween. Filling this gap, we
introduce the COIKcpt of salt'spcrs(,1o prioritizillion. Salt'spersol1 prioritil.ation is
defined as bringing special attcnlion to lOp-lin salcspnsons in the form of a nt)n­

We dist'111;ll1gIe the relationship belWl't,'n priuritizalilln dnd
individual perflHmalKe of salespersons by answering the [ollowing rescarch
que:;tjons: (I) HJS sJIl"':>pc:rsonprioritization a positive ilnpad on a salesperson's
individual performance'! (2) Do the sales o[ a salespt'rson acccil'rate wht'n gelling
closer to lhc necessary n.'quin:lnent for a reward? Answering Ihese qucstions
Jl10ws praclitioners to incrca:>e the of their syslcnl. To
answer our rcs(:'Clrrh "ve use J1Hl!uhly sales datJ from 2005 till 2012 of
700 salespersons of a service firm. By applying a piecewisc linear random effects
model. wc lind that prioritizing salespersons has illdt'cd a positive impJet 011 lheir
perforrn<-Hlce in the yt.·ar. We are also dble to confirm an ,)(ct.'leration
of salt's when a salesperson gelS closer to the sales which is required to
be rewarded. This rest:'Jnbles a behJvioral pattern I'h3l has been previously found
in research on customcr loyalty programs. We Jddress lhe implicalions of lhese
results in tit-tail.

3 - Career History as a Determinant of Pay Level and Pay Structure
of Sales Managers

Alircza Keslwvar'l, PhD Candidate, HEe-Paris, I. Rue de la
Libt:raliutl, ch B - Residence Expansiel, JOllY en Josas, 78-350,
Frallce, alireza.keshavarz@hec.edu

How do finns v"llut' inuuslry, finn and ocotpJtiotl his!ory of sales managers'?
Recent decadt's h,lve been ChilriJClt'rized by high instabilily in employment
relationships, Sales management job in finns has one or lilt.' highest turnover
rales lhat fnrct.'s firms to constantly hire individuals with very diverse sct of
industrial ':1Ilt! (l((UrKllional cxperit'lH:es. As individuals with differcnt career
histories enter inlt> similar positions. it is incrcdsingly irnportanl to compare these
difl'crent experiences in ordt'r to understand whether diflel'cnt roules of ('nlry
into lilt' job Jfft'Ct '\ubSt''1Ut'lll oulcomes such as pay 1t'vel (Iotal pay) and pay
SlruClure (rillio of variable 10 towl pay). Using a J /251h employec-emplOyl'r
matclwd panel o[ Frencb population over 1976 10 2DD'! and drawing on human
capilol theory in labor economics Jnd management lileraturl' 1 have devdoped
and tested several hypolhcses about soil's managcrs' pay il'vel and .pay structure
wilh respect to their career histories. The results suggest that, [irs!, tlwre is an
inverted U-,haped relalionship between both thc number of firm and industry
switches and Ihe pay fevel [Dr sales Second, there is aU-shaped
relationship between bOlh the of firm and industry switches and lhe rati()
of variable 10 rotal pay for sales manager. Third, sales manager's experienct' in
currellt industry iut'feJsl's Ihe poy level and de<'rl'asl's the ratio of variable to tntol
pa}'. Finally, greater experience in salcs IUJnagcmcnl oc(upalion and greJler
nUlllbt.'r of switcht.'s Jl'fOSS occupations bOlh decrease ratio of variable 10 lOlal
pay for sales managers,
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4 - Optimal Delegation of Retail Sales Force Management and
Compensation to the Manufacturer

Ahmed Timoumi, Doctoral Candidate, Koc University,
Rumeli Feneri Yolu, CAS 171, Istanbul, 34450, Turkey,
atimoumi@kll.edll.tr, Anne Coughlan, Skander Essegaier

Many retailers rely on a manu(acturer to (ully manage his brand's space in the
slOre. This could include managing the sales (orce by designing and paying lor
tht'lr compensation plan. Why would il relailer delegate lhe compensaLion 01 its
nwn in-slOre sa!t·s (orce, thereby losing control over them and their induced ef(or!
to a scl[-intt'reS!l'd lllilIlufacturcr? This suggests sales [urn: comrwllsation
plans as a coordinatiol1 tool in the channel. Sales 10 salc$pcrson t'Hort
depends on many faClors. Some 01 these art· related to Ihe selling environment
but others arc related to the characterislics o( the sold product. When Ihe
ll1anu[aclurer h.)" heller information on characlt'rislics thell1 the rt'tailer
because or his superior knowledge of his brand, he has less unct'nainty about the
sales effort rt'sponse function and marginJI salt'':; productivity in particular. Hence.
the IllClnufl3clurc.:rmay actually he morc eHiden! Ihall the ill indUcing
oplimal sales d(elfl. This efliciency is shown lO r<,sull. in a lower per-unit cosI o(
,alesperson d(urt [commission) (or the dlilnnet. which reduces Lhe selling price
given lilt' same cffon 1l'vel. Howevt'r. hy delegating sales ft)rce compensation to
the manufacwrer. lhe relailer docs lose Pilrt o( her control over Ihe sales wthe
manufaetorer and lhus risks sofferin!: from manurat'turer opportunism. We solve
this Iradeo[f thai tin" relailer fan-'s and wt-' investig.ll(.-' under what cunditions the
wbole channel and the relailer arc beller 0(( by dele!:alin!: sales force
compensation l\) the manufacturer,
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Conjoint Analysis
ContributedSession

Chair: Alexandru Degeratu, Senior Marketing Expert, McKinsey and
Co., 55E 52nd Street, New York, NY, 10022, United STates of America,
Alexandru_Degeratu@mckinsey.com

1 - Identifying Relevant Attributes in Conjoint Analysis using Data
Mining Techniques

Sebastian Maldonado, Universidad de los Andes, Avda.
San Carlos De Apoquindo 2200, Las Condes, Santiago, Chile,
smnldonad(0)uandes.c1, RiciHdo Montoya, Richard Weber

On" o( Ihe main !.asks 01 conjoinl analysh is to idel1lily consumer prcl'erences
about pOlential produCl '. Accordingly. differenl eSTimalion methods have been
proposed LO delermine the corresponding relevalll auribules. Most of these
approdches rely on lht' pO'iI·processing of tht' eSlirncued prdert'IHTs to dett.'Trnine
the importance o( such allributes. This work presents a new approach to identily
lhe illtribules U13t conSUJl1ersuse to evaluate alternatives ill 3 choice-bolsed
conjoint context. Tn pJrticular, we propose a rrl(.'thod I hat simultaneously
identifies consumer preferences while considering only the IlloSI relevanl
auributes. Our approach has two appealing characteristics (i) il is grounded un a
Suppon Vt'ctor Machine formulation that has proved imponalll prediClive abililY
in marketing contexts and (iiI il obtains a. more parsimonious rcpr('scnlalion of
consumer preferences than the traditionalnwdd. We repon the results 01 an
t"xlt"J1siv(-'sirnulatioll Mully Ihat shows thai unlike ndsling llll'thods. lhe proposed
approach can accurately recover the modd parameters including the relevant
attribules. Additionally, we use a conjoilll choice experiment to illustrate the
eharacteri'lics n( the proposed approach. TIlt' results show lhat the proposed
method has bener fit and performance than Iraditiol1dl appnl3chcs and
that irnprovc..'sthe understanding of <.."U<itoIlH.'r

2 - Optimal Experimental Designs for Nonlinear Conjoint Analysis:
Solving the Conundrum

Agata Leszkiewicz, Universidad Carlos III dc Madrid, Departlllcnt
of Business Administration, c/ Madrid 126. Getafe, 28903. Spain,
aleszkie@ernp.uc3m.es, Mercedes Esteban-Bravo, Jose Vidal-Sanz

The ([WIlitI' o( resullS frUIll conjoint experinH'nts depends heavily eJll lhe product
concepts evaluated by the respondent. To reduce the wst of experimelll and
respondents' fatigue. ideally they arl' presented with a combinLltiunof just a few
alternatives, which allows efficient eSlimation of the preferen(es towards the
produci and its attributes. Thus opLimal experimental design maximizes the
infOflnJliOIl from the rt:'spofujeru.or cquivo.1!cll1lyminimizt's Lhe
paramet,'r variance. CA Iilerature considert'd a YMietyo[ utilily models lor which
the vdriance is a fUflc.1ion o[ both dcterrnini'\lic r('grt"SSlIrsand unknown model
parameters. Tberefore, the design elticieney depends nOI only on product
attributes, bUI also Oil the pan-worth l'oefficit.:'nl"i 10 be eslimatl'd. Prt'vious
Iilerature deall with this puzzle by imposing assumptions on Ihe unknown
parameters: (1) choosing an arbitrary vector. or applying prior knowledge aboul
the preferences; (2) postulating a probabilily distribution over the parametric
space. Therefore. l11t' design is efficienl only ir tilesc assumptions arc correct. Litlle
is known aboulthe robuslness o( the design dficiency, when the true parameler
deviale [n.ml the values. tn the extreme rase, if Wt' knt'w tilt, valuf' of
true parameters, there would bt' no reason to do the experiment in the first place.
We propose a general approach LO compute optimal conjoint designs in problems
in which the covarianCt:: matrix depends on the unknown parJIlll'ter. We solve
this problem using e((icienl methods (or robust optimization, and provide
numerical exampies (or discrele-choit'e experimenls, and other common
nonlinear specification o( utililY
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3 - Accounting for Heterogeneity, Utility Covariances, or Both in
Conjoint Choice Models?

Friederike Paetz, Clausthal University of Technology,
Julius-Alberr-Str. 6, Clal1srhal-Zellerfeld, 38678, Germany,
friederike.paetz@llI-ciausthal.de, Winfried Steiner

tn the context o( conjoint choice models. we propose a new Iinilt' mixture model
framework (or estimating two 01 probit models. While the Finite Mixture
tndependenl Probit (FM-TP) n'1l)del independence, tht' Finitl' Mixture
Multinomial Prohit (FM-MNP) model dllows to consider dependencies bt·tween
alll'rnatives, In an ernpi.ricalconjuint choice sludy. we compare both mocle1lypes,
The modds are eslimalcd under varying numbers of segments lIsing an
6 pet1alion-Maximization algurithm. While the 6-step involve> a Gillbs Sampler
to compute segment mernbership expectations, the M-step uses a llFGS algorilhm
til IllJxillli7t' Ihe log-likelihood function. Model selectionconcerning lilt'
appropriate mllnbt'r or se!:ments is carried oUI by using informalil1t1 criteria.
While Ihe FM-MNP model performs besl on the aggregate markeT level (i.e. yields
a I-segmenl Solulion). a 2-segmelll solution resuh, under the FM-IP model.
Obviomly, Ihe absl'nn' of utility covariann's ill the FM-IP model is compensaled
(or by assigninj.( consumers to di((erent markel 'egmt'nts. while the FM-MNP
model substilnles IItility covariances fllr heterogeneity. We illso find that choice
share prediClions are rather rlOSt' betwt'en the FM-IP and FM-MNP model. Hence,
bOlh fit and prediClive performance rneasures suggest that the simultaneous
cnnsidt'fJlio!l of IItility £Ind helcrogent"ity (Ft\·\-MNP model) noes not
pay o(f. at least not ror tilt' empirical data analyzed here.

4 - The Impact of Corporate Social Responsibility Violations
on Marketing

Michael Riechen, PhD Studelll, Kuehne Logistics Univt'rsity •
The KLU, Brooktorkai 20. Hamburg, 20457, Germany,
michael.riechert@the-klu.org, Raoul KUbler, Soenke Albers

Corporate social responSibility (CSR) has become a major area in business
research as well as in practice, Wht'feas lTIost studies (ows on the positive
OlilCOI1lCof sustainable, social. or rcsponsiblecorpor()l(' Jnivities only lilt1<.. light
has shed on lllt' OulCOlTlesof unsocial corporille behavior '0 (ar. Current examples
from wrporate practice undt'flillt' Ihe possible risks o( social misbehavior, like e.g.
longtime markl'l-share losses or insuperable image losses. To cI'(ectively rcaCI to
lhe;e ohvious threats marketers need 10 exanly know, how a CSR crisis does
arrt"Cll1weffcctivenessof lhe dHfert.'111 marketing in"ilruIlH:'nt"i, U"iing: an
experimental study and an innovative conjoint approach (Baner Conjoint).
which incorporates social pressure il1lo the measurement methodology, the
authors investigale tht' moderating crfeets o( a CSR crisis on the ef(ectiveness o(
pricing and tll<' prodnct qnalily by calculating elasticities lur both price and
product performance, Funhermore, the authors investigalt' I10w these effecls
differ between produel categnrit's (hedllnir and tl1ililarian goods) as well as
violaling and non-vi()lating companies. The resuhs show Ihal pricing is severely
affected by a CSR-violalilln whereas higher degrees of pwduci quality mal' be
able to compensale (or CSR-violaliuns, tn addition. we show thaI the ckcrease in
price effectiveness docs not only a!'(eCllhe violatOr bnt also the non-violalOr
while we cannot show allY significal1l and unequivocal elfeet of produCl category.
Furtlter a CSR viola lion docs increase the [Jroduct qualilY elaslicity of the non­
violating produci and simulianellusly decreases the produn quality cIa licily of
the violating cornpetill1r.

5- Learnings from 10 Years of Running Conjoints for Strategic
Decision Making

Alexandru Degeratu, Senior Marketing Expert. McKinsey and Co ..
55E 52nd Street. New York, NY, 10022. United States of America,
Alexandw_Degeratu@mckinsey.com, Ankila Gupra

Conjoint-based markel research is a frequel1lly-used high-pOlenLial way of
gaining valuable insighls lrorn the market. Un(ortunately. the emire prllcess, from
defining Ihe managerial need to providing th,' conj"illl-based
recommendations is so long and with;o many hidden obstadt's that il ohen falls
way shon o( generating its pOlt'nlia! impact. Some 01 the factors affeCling the
outcOllle are beyond researcher's control, but many arc! After more Ihan to years
of conjoint-hased market l"t'scJn:h.many hllndrt"nsof high-complexity conjoints.
in tens of countries and with many produci cale!:nrit's. we arc ready to share Wilh
you some 01 the drivers o( success you can - and should - COntrol.This
presenlati"n will be focusing lin fanors during (a) sampling ilnd sample design.
(b) managerial and Slillislical de ign, and (c) conjoint e$timalion; and will give
you a St'IlSt' of what is achievable acro:>s markets (Le., cultures) and pruduct
categories,
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Auctions
ContributedSession
Chair: Martin Spann, Ludwig-Maximilians-Universilat (LMU). Munich
School of Management, Geschwister-Scholl-Platz I,
Mtinchen, 80539, Germany, spann@bwl.hnu.de

1 - Estimation of Beauty Contest Auctions
Hema Yoganarasimhan, University of California-Davis,
One Shiel.ds Avenue, Davis, CA, 95616, United States of America,
hyoganarasimhan@ucdavis.edu

J:katllY ..'St$ JlKtiollS (lrc procur<"'Jllt'llt rncrhanisrns where lilt: Cluuinncer
does nol spt,'cify an all()(Jlion rule; instead he picks a vvinner based not. only on
prire, but also OLI1<'r consider- aLions snch as repuLation or qua lily. Unlil<e
traditiunal price-only auctions, beauLy contests havc llO dosed-form bidding
"rategi,'s and pOlenlially suffer frurn mulliple equilibria. We prt'Senl an
cstimation methodology that addresses these challenges and can recover the cost
L1istrihu- liun of in bt'(Il1lr contl'sb. 'VVl' formulall' beauty as lWo­
stage static gJl11eS of incomplete inJormmioll, and prc<.i('llt a tWO-Sltp Jllcthod to
estirnale Ihern. A key aspen of our Iwo-stt'p melhod is its abiliLy to accoum lor
auctiun 1I11obscrvabil'sw.;ing finite unob- serv("u types. V\/e show that
unobserved JllctiOI1 typt:s an:' nonpi:.lrarnetrieJlly idcntHic.,'dand can he recovered
in the first step using an EM-li"e IhHlparametric algorithm. These art' then used
in Ihe second step to reCllverCOSt dislrihllti(ll1S.We prt'sent an applicalion of our
method in the online rrcdancillg COlllcxl.We find thal $<:.'Ih:r Illargins
(l11arkelpownj in this l11arketplJceare 15-27%. We also find thai not accounting
for unob\t.--:rveu helt'rogt'l1t'ity can significantly bia.\ estiITIJlt.'$ of costs.

2 - The Impact of Individual-Level Consumer Surplus on Subsequent
Willingness-to-Pay and Consumer Behavior - An Example from
Online Auctions

Eric Greenleaf, Prol'essor oJ Marketing. New York Univt'rsity, Stern
Schuol of Business, 40 West 4th Street, Rm. 813, New Yurk, NY,
10012, Uniled States uf America, egreenle@stern.nyu.edu.
Inhye Kang

Consumer surpltb is cl cClltral concept in economics and consumer behavior.
However, most studies of COllSlllTltr surplus have I'DClIscd on rJfLOrS lhm Il'nd 10

crecHe or d<:':Otroy \Urpilis. Mt.lrt' work is lH'cdl'o OJ1 ho\Y earning nmsurner \urphls
alfeCis future C(H1Sllllll'fbehavior. We examine Ihis question in the cOlllext of
individual biddn behavior in eBay auctions. We lind that individual-level
C<HI,\Ulllersurplus t'arned in tht'se i"lIIClioll<t incredc.;esbi(kkrs'
and olher bidding behavior. in sUbst''!lIenl aucuons. We also find Ihat bidders
rCJet to earning zero consumer surplus, much as feact
dislinl'tivcly to J price of zero in the markClplact'. These results suppurt lhal
earning consumer surplus hus importallt tempor,l!. UOwllstrearn consequences for
consu rnerso

3 - Measuring the Impact of Price Matching Guarantees on Price
Dispersion and Willingness to Pay in Auctions

Peter Popkowski Leszczyc. University of Alberta,
School oJ Business, Edmonton, AB, T6G 2R6, Canada,
ppopkows@ualberta.ca. Eman Haruvy

A price matching guaranlce (PMG) i<t a promise to mJlch i1 competilor's lower
price. A price beating guaralllee (I'BG) is a prnrnise tn beallhat price. We wnduct
J controlled field experimenl Involving pairs (If sirnulllHIt.'OlISauctions to study
lll<.' impact of ll1e pre$cnce versus absence ur PMC alld PRG on consumer search,
price dispersion and willingncss to pay (WTP) for products. Results of a large SCJIc
controllcd field experiment indicate Ihat consumers switch less belween auctions
wht.'11 t.'ilher a Plv1G or a PBG is preSt'IlI. compared to allrlion pair'i without Cl
PMG. This results in higher prke dispersion for auctions with t'ither a PMG or a
PBG. On average, selling prices arc higher ill aucuons with a PMG or a PBG
compared 10 idt'nlical JucliollS without CI PMG or a PBG. W(' fUrL!ler observe
inCfea"icd hidder entry in aucth)os Lhilt provide a PBG.

4 - Competitive Lead Purchase by One-of-a-Kind Service Providers
Atanl.l Sinha, University of Colorado, Leeds School,
Koclbel Hall, Boulder, CO, 80309, United States of America,
atanll.sinha@)colorado.edll, Yacheng Sun

The marketpl<lCefor one-of-a-l<ind servires is large and fragm('nted. Providers'
dcet'''-':'to [lIl1stJrlH.'rs lidS btTn facililf11t.'d hy l"Hllint.' infurnediarit's, whirh
obtained from con"illrncrs to providers. Providers' lead-purchase dcdsion has
important implications for providers, consumers alld infomediar)'. This decision is
challenging providers f3ce ullcertailllics aboul (l) the poten!ial cost of
performing the selvice and (2) winning the projen over compeling providers. A
uniqut' dala St't from a nation31lead illfonlt'rliary provides a Ilovd opportuniLy to
investigale the decision calculus behinrl providers' endogt'nous lead­
purchase decisions. Empirical analyst'S of rcrnockling nmtractor) and
financial planners lind similarities in the two types of prOViders(e.g" the
willingness to buy a Icad decreases with the nlllTlbl'r of pOll'nlial providt'r\) and
>triking difftol't'IKes.Remodding conlracLors arc more Ii I<ely to buy it'ads with
high mean value of CtlflSllmer'sinvestment, but less allracted to leads wilh high
1I1llTrtainty in invt.'stlTlcnl. The opposile i\ true fOf financial planners. Wl' develol>
a Iheoretical framework (() provide an explanation. Thc resllILssuggesL thatlhe
decisions of financial ..He more aligned wilh till' model assurning
ralionality, compared with Ihose of remodeling rontra(1ors. We finJlly discuss lhe
implications 01 our finrliogs for providers, lhe infometliary Jnd COl1sumer;.
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5- Pay What You Want as a Marketing Strategy in Monopolistic and
Competitive Markets

Martin Spann, Luclwig-Maximiiians-Universittit (LMU), Munich
School of Management, Geschwister-Scholl-Plat7. L Miinchen,
80539, Germany, spann@bwl.lmu.de, Robert Zeitharnmer,
Klaus Schmidt

Pay what you want (PWYW) CJI1 be an atLractivc marketing strategy LO pricc
t1iscriminale bctwel'll fair·milldcd and selfish CustOIl1ers,10 hilly penetrate a
rnilrkl't withollt giving tnvay llw produrt fDr frct', and 10 underclit ctlrnpCLitors
that usc pl)5ted priccs. We reporl on lahorJlory experiments that identify causal
lil("tOfSdetermining tht., Willingness of to pay voluillilrily under PWYW.
Furlhermore, 10 see how wrnpetilion afferts Ihe viahility of PWYW, we
impll'ml'lll rTI,lrkeh in 'which a PWYW "e1k'f competes Wilh (11rilditiollJI selkr.
Finally, we endogenize the market structurc and lei sellers choose tileir pricing
'>lrJIt'gy. TIll,,' cxpt'riIlH:o'lIJI resulh that OUlcol1lt.'-hasctlsodal
Jntl slrategic cOJl>ideraliol1sto keep Iht' seller in Ihe marl<el can explain why and
how lIluch buyers pay voluntarily 10 a PWYW seller. We find that PWYW can he
via hie in i"iolcllion, bUI il i"i les"i <';lICCl'\,:JlIli")" ,1 l'tlrnpt'lilive c.;trall'gy bCC,ll1St' it dut's
nOl drive traditiol1al posled-prict· sellcrs OuL of Ihe marker. lllstead. the existence
of a posled-price compctitur reduct,s buyers' pilynH:.'nts and prcvl'nls IItt' PWYW
seller frolll lully pelH'traLingIhe marl<er. II' given the dwice, the majority (If sellers
opt for selling a posled pricc rJther Ihall a PWYW pricing. Wt, dbeL'" the
irnpliralions of these resulls lor Lile usc of PWYW as a markellng strategy.

• FD13
13- Luzern
Finance and Marketing IV: Time and Space
ContributedSession
Chair, Peng ZOll, Associate Professor, Harbin fnstilLtte of Technology,
No13. Fayuan Stret·t, Harbin, 150001, China, zoupeng(rohil.edu.cn

1 - How Business Cycles Change the Relationship between New
Product Introductions and Stock Performance

Thomas EichenlOpf. PhD SllIdenl, HOll.erdam School of
Management, Burg. Oudlaan 50. Rotterdam, 3062PA,

etherlands. teic!1el1lopf@rsm.nl. Berk Ataman,
Gerrit van Bruggen

Despite the eSlilblished positive rdatioll$hip belween innOvtlliOfl'i clnd value
creation, many lirms CU! back 011 innovJlion in difficult t'conomic times
and postpone Ihe introduClion of new products till a recovery begins. One reasou
why [inns l'ngage ill 'ill<.'h suboptiI11al hehavior might be thl:.' deilnh t.lf empirical
evidence tin tilt.' value rckvann' of Ill'W product differenl slages
of the business ('yde, as previo", studies focus mostly on the performance
relev,H1C("Dr Rfd) l'xpeIH.liturt'''' Wl' ttl c.;1ll'd light on i'SllC hy <;tudying
whether and 10 what extt'nt different lypes of nt'W product introduclions (e.g"
tt"chnology·bJsecl vs. J11ilrkcl-bast'd innOvJlions, minor major innovJlions)
create firm \/Jluc in periods of l"OnlraCliollS l'XpJIlSions. Our
basic premi,,' is lhal during economic contractions shareholders respond more
favorably 10 new produn introductions thal orfer betler value to the CUSIOlller<t,
whereas the.:' pO,)ltivc rt'')pt.lnse 10 new prorlllct\ llmt art.' minor modifications of
t.'xisting altcrnLilivt.,.)will bl' al.telludt<:d or even n:vl'rsed. During ccoIlomk
expansions, the difference in stocl< market re,ponse lowards different Iypes of
IW'W prnduct inlrodu<1illll,) will parity To It.'51 thec.;e expectations we
l'sLimate a $(ock return respoll$c model using 22 years of quarterly data on new
produ,ol introducliol1s from a 'iiJmple of firms in lht' consumer packaged
goods induslry in the United StJtes. The of lhis study will increase
marketing nU1I1dgcrs' undcrl)tanding of inl10valilln"i during tough times and hdp
them optimize return on ilHIOvJlilln inveSlrlUo'rtlSby adjusling the timing or new
proc!uCllalll1dlt's baslod Ull macroeconomic nmditilHlSo

2 - Investors' Risk Reactions in Times of Crises:
A Natural Experiment in Selected EU Countries

Nikos Kalogeras. Maasllicht University, Tongersesrraat 5),

MaastrichT, Netherlands, n.kalogeras@maastrichtuniversity.nl,
.Joost M.E. Pennings

Rect'lll research showed thai by dewupllng the risk resp'lflse behavior of
individual markt'l panicipallls into the separJtc compontl11s of risk perception
and risk al.lilndc. a lllore robusl conceplualization and prediction of their risk
behavior is po\Siblt-.FUrllwrmOl'e, it WJS argued thai lhe influencc of risk
illl,itUC!t:Sand risk per(eption 011 bdlavior can use dot formulJl.c l'Hl'Clivt'
marketing '>lralt.'gies and public polic:it''j in case of crisis. The question arises
whethcr or not Iht· influent't· of Iltese risk variables dtangt's (jVtT tim" and,
hence, whether nlarl<"ting strategies and public policies mUSt be adapled. The
finllndiJl crbi\ in G(o'rTIlclny,thl:" Nt.'lherlanch, fll"U.l in 2010 ilnd 2012
pftlvidcd us with a nalural experimelll 10 examine the relationship between risk
anitudes, risk perceplions. and risk bdlilvior (lvcr time. Implicalions for
rnarketing·!llauagcIllt'llt and rinancial policy arc discus"it'd.
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3 - The Influence Mechanism of Overseas Investment Bank Rating on
Stock Fluctuation of Chinese Internet

Zhanpeng Yang, Zhongnan University of Economics and Law,
Hubei, Wuhan, China, 273381625@qq.com

Whether the dfiric'ncv information of China's Internet enterprises which arc
Overseas Listing can be effectively transferred to capilal market in credit crisis, the
fetling inforrnaLioll provided by invct.;ITllent bank ')hould playt'd a) a [nIdal bridge
for list lirms and investors. In order to prohc' the innuence mechanislll of the
'raLing information provided by invest111l'Ill h.Jnk. w(,' choose Chillesl' concept
slOcks related 10 a credit crisis in till' United States capital market in 20 II 10 do
our empirical research. Our slndy found that. rekasl' time of rating report. target
stOck price and enterprbe target market play significant innuence on the
nunuation of stock prices. and the ranking of inVI'SlIm'nt hank has played an
important moderating role.

4 - Corporate Social Responsibility and Market Value in
Emerging Markets

Peng Zou, Associate Professor, Harbin Instiwte of Technology.
No13. Fayuan Street. Harbin, 150001. China, zoupcng@hil.edu.Ct1.
Qi Wang, Jinhong Xie

Along with the l"tJpid growth in reCent years. t.'1lH'rgingmarkets have also
encountered some ri5ing social and ellVirOnl1H.'llhll isslIe\) which draw incrcasing
attention on CSR in these markets. Relative 10 a large number of CSR sludies
focusing on Ikveloped markets. however. researcll on CSR in ellll'rging Illarkets is
rather'i(",Hce. In this study, we lhe finJllCiallllarkt"t responSt'$ to Ollt'
of CSR disclosurc - the Socially Responsihlc [nvestment (SRI) index
announceJ11ent in emerging markets. Till' evt'llt study based on Ihe SRI index
arlllOUIlCell1t'IIt ill Chillel reveals that being induded in an SRl index is associated
with pOSilivC'abnonnal returns, implying that although l'Jlll'rging market'i arc in
lhe early stage of devt'loping CSR, doing CSR well to be lisled on the SRI iudex
dft.' nol only vaJuahle 10 emerging-market lirms hut also plays an important role
in building awarel1l·Ss. However, nol all firms bendit equally from being included
in an SRI index; The positivc financial value is stronger for tile COl1$umer­
products firms and tilt" global expandt'd finns. FlIrlherl11t1rt", while bUlh a £ifill'S
advertising spending and R&D spending create valucs to stakeholder, the two
marketing activities play different roles in creating financial value through the
firm's CSR !It'rlorrnance; While thl' finatKial value is strengthened hy large R&D
spending. it i'i wf..'akened by large advertising \pl'nding. Our findings underscore
thc impurlance uf CSR for local firms and Illultinalionals in cnlt'rginy
markets and provide some guidance to markC:H..'I"S and policy makers on how to
promote and conduct CSR dfn1ively.

• FD14
14- Zurich

New Product Design
C..ontributedSession

Chair; K N Rajendran, Univcrsily of Northern luwa,
342 Curris Business Building. Cedar Falls, fA, 50614-0j 26,
United States of America, raj.rajendran@uni.edu

1 - Affective Computing and New Product Development
Devallathan Sudharshan, James and Diane SllIckert BS/MBA
Enduwed Chair and Professur, University of Kenlllcky, Galton
College of Business and Economics, Lexington. KY, United States
of Arnnica, devanal'han.sudharshan@uky.edu, Rodoula Tsiolso,
Ben Liu. Olivier Furrer

In New ProdlKt Development (NPDI processes identifying the right opponunities
and lhl' COIKept to hc dewloped i, the foundation on which the entire new
prodnct edifice rests. II' done corrcctly. a slrong successful structure willelllerge.
From the COllsurner rescarrh literature it is prima facie lhat adding formal

of emolillll would enrich the NPD process. Up to recently, emotions have
been ignurl'd bet.'ollse ilffect has heen misunc!t:rstood and hard to measure. New
instrln;,ents such as the Enlllgram and the I'fllduct Emotion MI'asurement enable
the rTll'aSlIrerTlellt or consumers' emotional re.ll'lions to product and could assist
in 1"I'D. Funher. therc is a need to build imo new products interactive cJpabilities
thai have the ability to il1teraa using, a full range of communication capabilities
including l'lllotion sensing and emolion ilH.ludng modalities, We sought to build a
value-centcrcd design model that would serve as a corl' structure to U1HJerstand.
develop, and guidl' further ill integrJling models into PD. Our
search, philosophically guided hy the L,'ad U,er approach, led us 10 the field of
Affective Computing. Significantly grown and developed in the lasl decade. lhis
field is a multi and inter-disciplinary field at the cutting edge of modeling
emotions for lheir irnp!t:mentatiun in fompUlt'rs. In order tu do SUI ITIdchine
impleml"llable models of emotion have 10 bl' devl'1oped and that is why this fidd
becomes of paramonnt imerest. Further, stKh models are ealibraled using
traditional psychological/markl'ting resc'arch as well as mcasurement
ml'thodologics from neuHlcognilivc scil'nce. This paper providl's some postulatcs
and describl's a model of ,'mol ion thai can bl' imp"'ml'lllcd for NPD. It also
suggesls open research queslion'> dlUI prt'$t"llb lillme t'xamples of il11plell1t:'lll.atioll.
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2 - How Long to Squeeze that Creative Juice? An Empirical Study of
the Impact of Movie Production Timing

Fangyun (Tom) Tan, Assistant Professor, Southern Methodist
University, Cox Business School. 6212 Bishop Blvd, Dallas. TX,
75275, United States of America, ltan@cox.smu.edu,
Josh Eliashberg, Karrik Hosanagar

WI' cmpirically examine the financial impact of prodllt'tion duration in a multi­
stagt' process of producing a creative product in the context or American Hlm
making .. In partinrlar, w(' analy'l(' a novel data Sl't to shed liglll on huw the IOlal
production time and duration of individual stages affects box ollice rcvenues. We
find Ihat IOtal produt'liontime is negativl'1y associaled with box office revenues.
In particular. 1% additional total prnduction dl'1ay may lower box ollice revl'nues
by appllJ\imately 0.94%. Among lhc' individual prnduction stages, duration of
post-production and distribution phasc's are critical. with stagl' duration of both
slages heing negaLively associmed with box office revt'nues. Our study a first
attempl to link operations managl'ment, marketing and filmmaking. It can hl'1p
studios beLtl'r understJnd how to prioritize produaiun planning Jnd minirni'le

impilCl of production dday.

3 - Mitigating Agency in Teams: An Empirical Analysis of Film
Production in the US

Vishal Narayan. Assistatlt Professor of J\ilarkcling, Cornell
University, 375 Sage Hall. Ithaca, NY, United Stares of America.
vn28@('ornell.edu, Vrinda Kadiyali

l\1any marketing activit it's lake place in teams. Yel teams are slIsceptible to agcJ'cy
issues. First, agents or team members can Irl'c-ride on their team's efforts,
espt:'cially if lIloniloring is hard dnd art,' lCdITI-pt:'rformance based. Second,
there can Ill' double·sided agency, i.e. the IJrincipal can misbehave, c.g. by
misappropriating team output. Theory predicts that repeated interactions can

agellcy. To lll(:'asure whether, what types of, and under what conditions,
rl'pcatt'o intC.:'factionscan improve team uutput, we use data frOln production
teams of 1.123 U.S. films rdeased in [999-2005. TIll' prOdut'lion tl'arn comprises
the prouucer (the priIKipal). directllr. screenwriler and ll'atl/suppurting
aClOr/anress (all WI' measure sewral individual-It'vcl and t!'am-Ievel
experil'nct' and productivity measures. We also control for potential I'ndogeneity
of repeated intt'rIKlions. The e"'onomic and cconolnt"lric l\ignificanct' of fllllnber of
repeated interaction and the primacy of principal-agel11 repeated interaction poim
us to agency mitigation and lheir effects on team output.

4 - What Does It Look Like? An Objective Measurement of
Design Similarity

Thomas Schreiner, Universitat Hamburg.
Welckerslrafle 8, Hamburg, 20354, Germany,
Ihomas.schreiner@wiso.uni-hamburg.de, Thomas Fandrich,
Mark Heilmann

Nuwadays, market,> ror conSUIlH,'rproducts art' iJ1(Tl'asingly saturatcd and
lechuical product specifications art' oflen similar. COllSequI'nlly, product IkSif(ll is
onc of the dimensions gaining importance for dirferentiating from competitors.
We producl c1t'l;jign for two car st'gments (sllhcompan and
mid-size crossover) hased on imagc's for threc viewing angles (front view, driver's
sidc view, rear view). For each car 122 characterislic points arc placed. typical
lines and angles (e.g .. shoulder. angle of hood) arc calculated and design
complexity is mea>lJred by kilobyte sizI' of cornprl'ssed imagl' file. Based tin this,
Wt' measurt' design similariLy for each segment and dpply a search algorithm to
represem survey data of 761 respondenls on subjective similaritics of car designs.
Result, show thatlhe objeclivt' measure of similarily can reproduce the
multidimensional scaling plot of consumers' similarity perceptions accurately. In
additioll, lhi'i procedure idenLifies lilt., key uriver of visual dl-'sign sirnilarily.
Importantly. these key drivers arl' almost idenUcal for both car segments. Not
unlike judgments o[ human faces. consumers examine the fmnt view in great
dClilil, whereas LIlt.' rest of lhe car is considered based Oil its holistic extcrnal form,
Our methodology equips produCtlllanagers with a supportive tool for product
pusitioning and sales predictions of new products, prior tn running survcys on
design perceptions.

5- Identifying Attributes that Really Matter using the Kano Method
K.N. Rajendran, University of Northern Iowa. 342 Curris Business
Building, Cedar Falls, lA, 50614-0126, United States of America.
raj.rajendran@t1nLedtl, Shashidhar Kaparthi

It is of great interest to product development as well as marketing pcrsllnnc1to
identify pmduct attributes that really matter to consumers. While the quality
managcITIl'llllitl'ralurc 5uggeSts resl'ardlcrs are aware of Kano's method of
identifying and classifying attributes to bettcr understand customer-defined
quality, a similar awareness appears to he lacking in the marketing
However. this does not imply that researchers in the marketing area are
unl'Oncerncd wilh the nawre of produl'l attributl's or lhdr impact on satisfaction,
loyalty. or even 'customer delight' (e.g., Oliver'et al 1997. Finn. 2005). Howcver,
we fed that it is worthwhile exploring whl'ther applying the Kano method III

identify must be, one-dimensional, and attractivc' attributes of a market offering
provides us with new insights. In the present exploratory study, we are applying
Ihe Kano method llll'valuale the nature of various attribules of an of
higher learning. which may be a first in its (}wn right. We will bc obtaining
responses rrom current students, using a Kallo Lype of qucstionnaire
elt'ctronically throllgh the web. abont attribules rdated tll both acadl'lllic and
non·acadl'mIr dornJins. We hope not only to classify the auribules, and make
appropriate reconullt'ndations. WI' expect to cxamine whl'ther till' importance
and nalure of illlributes Vi\ry by student characwristics. Bast'd OIl our t'xperienct'
with previous informal Kano studies (as class projects), we expcct some intriguing
restllts.
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Social Media and the Brand
Cluster: Intemetand InteractiveMarketing
InvitedSession

Chair: Mark Vandenbosch, Professor or Marketing, Western University,
Ivey Business SchooL 1151 Richmond Street North, London, ON, N6A
31<7, Canada, iv1Vandenhusch@'ivey.uwo.ca

1 - The Impact of Social Media on Brand Loyalty
Yaniv Dovcr, Assistant Professor, Dartmouth Collcge, Tuck School
of Business, (. Camp Brook Drive, Hanover, NH, 0.3755, United
States or America, yauiv.dover@dartmouth.edu, Scott Neslin

We examinl' the reldlinnship betwecn the CtHlSllllwr·s exposure to social media
communications and brand loyalty. [n rdation to traditional media, social media
dlll1Hlds exhibit technological flexibility, illlcraclivily ilnd include (l

"'social" componenl. This potentiilily can induce a more profound cHeeL on the
consumer's as well as shllrl·lt:rIll behavior. Especially inlt'resling illH.1 a
key issue [or brand manager"> is the crealioll and maintcnance or brand loyalty.
Brand loyalty is manifested 111051 prominently by bigber inlrinsic prcrerence for
the brand. This l'nsures the consumer buys lhe brJnd on a ('ontinual b(lSis.
Ht.)w('ver, hr(,llld loyally may also he manifested in differential rl'SptH1Seto the'
brand's J11,Jrkeling efforts. For t'xarnple, lhe brand loyal ClistOIl1l'r may pay more
(lucl1tion 10 a hmlltl's advertising. Therefore. any of impact {)f

suclal media 011 brand IllyaIty must consitkr slldal media afrects baseline
preference as well as responsiveness to marketing. In order t() address thc5e issut'S
we propose to lise a Hidden Markov Modd in which exposure to social media
leads to different loyalty stutes. Eaell loyalty Slate i.s charaClerized by a dillcrent
set of and response parameters. The transition loyalty
Slates depends on exposure to firrn- and peer·generated sociat media, marketing
('frOrlS across lradiliondl and online Jnd prt.'vi<'Hl\purchase behavior. This
modeling approach offers inslgills into how firms can 1t'verage sorialmedia
outlets (and combinations of traditional onllets with social medial to affect long­
term brand loyalty and provides J coherel'lt framework in which the relationship
betlVeen brand loyalty and consumer-peers interactions is measured and
explained.

2 - Social Media - Effects along the Brand Value Chain
Markus Kick, Research Assistant and DoclUral Candidate,
Llldwig-Maximilians-Universi.lal in M.llnich, Kaulbachstr. 45,
Munich, 80539, Germany, kick@hwl.lmll.de

With about 1..5 billion ust'l"s worldvvide, sorial media platforrns and espt'cially
cJt'l1ronic word-ol-mouth (eWOtvt) playa key role for mJrketing m1magers. As
they lose direct control of lheir brands in a web 2.0 environment, there is In
inhen.'nt necd 10 understand tht, proccsses of how sodalllledia might impact
their busines5. However, research outcomes are diverse. I'ragllltnted, and, due to
a multitude of not easy 1.0 exlraCL By of a qUillililtiv(' Il1t'ta­
analysis, I analyze 94 top-lier social media articles and develop a framework to
systematize effects of the exogenous constrnci tWOM on the different stages of
the brand value chain (i.e. consumer mindst't metrics, product and markel
performance, and financial pedorrnancc). Contributions IhJl address eWOM­

on the CtmS1lll1t-rmindset consistt'lll1y ,1SSlUlH:' a positive Iillk.
thty purely rely on experimental S,'lupS in artificial environments. Effects of
eWOM on online performance measur<:.'s (e.g. online sales ranks) are also
mostly positive_ Nevertheless. the results get more ambiguous whell mort'
conclusive indicators (e.g. total sales) are considered. The research stream
focusing on the impact 01 eWON1. on financial performance relics on large scale
datasets where volume (I.e. th<:.' total amount of eWOM interactions) is
domina ling valence (Le. whether postings arc positive. fl<:.'lItral.or negative) as
performance indicator. lVloderating effects Jlong the brand vdlue chain (JI1 bl:'
classified ill four cdlegori('s: sl'l1drr. receiver, message and platform relaled. r g.ive
advice for companies how to use (.'WOM in viral marketing ((]l11paigns dnd how
to pl"t'dict fUllJre performance using cWOlvl convcrsati,olls. From a resc(lrch
perspective, especially th<:.' concept of eWOM*valt'n(c is inconclusive and needs
furtllt'r clarificalion.

3 - Branded Social Games: Impact of Player's Behaviors on
Brand Equity

Darnien Renard, Institut Mines-Telecom, 9 Rue Charles Fourier,
Evry, 91, France, damien.renard@telecorn-ern.cu,
Christine Balaguc

Branded sodal gJllles repreSt'nl a new advertising conCl'pt used by marketers 10

interact with their social community 011 social media. Their objel'tives art> tl) drive
traffic, readl prospective cuslomers, and increase hrand awareness. Their

on brand equity, tilt' now expt'rience. and the influl'JKe on
consunH.'rs' per,eptions still remain to he answcred. The aim of our research is to
measure tl", e[feCls of participation in a branded social game 011 the brand equity?
In this way, we conduci twO studies. The prt'lirninary study examines the
relationship between player's pnformanct and Jl1lecedents nf the flow
cxperience. The resulls demonstrate Ihat ptayt'rs having a medium score pt'rceive
more cballenge than Ihose with J high score. They also believe more in their
ability to succeed the game than lh,)se \vith a low score. From Ihis result, we have
studied tbis calcgory o[ players. III a second study, we have found thal the
participation in d br.,HIded sodal game lend tu promote lhe flow l·xperit'IlCl'.
facililate lhe learning process and modily brand perceptions.
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4 - The Effect of Engagement in Social Media on Purchase Behaviors
Mark Vandenbosch, Professor, Western University, Ivey Business
School, 1151 Richmond Street, Nonh, London, ON, N6A 31<7,
Canarla, mvandenbnsch@ivey.ca, Bobby Calder,
Edward Maltbotlse

The rise of social medid is enabling nc\·v brand contact points that arc more
engaging and Such interactive contact pt)inlS have the pt)lential to be
highly t,rft'ctive they require the COill.\Umcrttl 'kan fonvdrd' and actively
process tht' hrJnd meaniug. Bnt littit' is knnw abnut wh"llwr tlwy alfect I"lt,'hase

Using data frOIll Canada's AlH iV1LLES Reward Program (A!\J1RP), we
dndlyl.(' several studies that independenlly rapture social media pJrlidpdtion dnd
AMRP umilc" accumulation through purchases. These bdore-aft<.:r-with-control­
quasi*cxperillll'lltal design studies cover a range of sodal media contJClS
conll'st':>. evenlS and Pan:'book rontributions. \Vc find Ihat particirhlliull
mile accumulation behavior over a cOlltro'l group and after controlling for
contest bchavior. We propose an explanation for lhe effect. and discuss its
implications ()nd applications.

.SA02
02- LaUSimne

Adoption of Online Channels
Cluster: Internetand Interactive
InvitecjSession

Chair: Qiang Ltt, Senior Lecturer, The University of Sydney Business
School, Crn CodringlOlJ and Rose Streets, Sydney, Australia,
steven.lu@sydney.edu.au

1 - Are Early Adopters of Online Channels More Profitable?
Targeting Right Customers at the Right Time

Jing Li, PhD Candidate, Eindhoven University of Technology,
Den Dolech 2, Eindhoven, 5600MB, Netherlands, jing,li@tue.nl,
Umut Konus, Fred Langerak, Koen Pauwels

Multichannel finns need to identify prOfiLJbJc JCfOSS channels Jnd
understdnd how custolner buying behavior evolves uver time. Innovollion
diffusion thct)ry illlpli('s that distinct consulller learn abollt and adopt
an innovotion al diffelTnl timing. it is slillunrlcar early
adopters of a llew onlille ch(lJlnel, are more profitable than oL!H:.'rcustomer
groups. and mure important, how the profitabililY of these groups evulves over
time. Addressing these issues will help linns dfel'tivdy allocate IImiled resources
and adjust marketing strategi('') ovt'r timt'. This research investigates the Jyndmics
of CUSlOmerprofitahillty from different customer segments. Specifically, we
t'mploya nOIl*!1o!TIog('I1COliShidden Markov model together with J latenl class
model to rnodelthe transition among unohserved latent stateS of different
CllSLOllIcr segments identified on lhe hilses of cuStomer profitability, online
channel adoption duration and mulli-ellannd usage. Tills melhod allows us to

examine the enduring eITecls of time*vdrying covarimes on shifting ClIstolll('rS to
a di[(ert"nl lalent 'ita 1.('. \V<:: s:ix-year cllstomer trans,lcfiollal dill,l provided by a
Inajor U.S. c1c..:troJlics rClailcr and {)Vcr ten*year transactional data from a largc
Francc multichannel retailer that sells uatura] heJltb products. Our data allows us
to illveslig.llc the dynamics of CliSLOlllerprofitabilily in difft'rent customer
scglncnts in product calegories. We nffer inlplicdtio!1s for further
research and prJClice.

2 - Balancing Channel Exposure and Channel Profits: Retail Platform
Adoption and Management

Qin Zhang, Assistant Professor of Marketing, University of Iowa,
21 East Market Sireet, Iowa City, lA, 52242, United States or
America, qin-zhang@uiowa,edu, Tat Chan, Fan Zhang

Sdling products lhrollgh an online rcLaii plalform (t'.g .. AmanHl l'v\(Hketplac(' aud
eBay stores) has been all incrl'asingly popular channel choice for (ompanies
(manlifaClurt'rs nr retJilers): in addilion to the companies' own stores. Using a
well eswhli)hed retail platform gives a com]1<lIlY immediatt' exposure to its vast
cuswmer hase. Moreover, the exposure may bring fUlure saks to the company's
own store JS some customers Illay dlOose 10 buy frorri thc company store
after the initial exrwrienre with th4.' compdny through the retail plallortn.
Furthermore, tht: ret,lil platform may bring in additional custorners, who only
hecome aware o[ the company store fh)m the customers of lhe plall'onn.
However, I1wre art: al'io lrade-ofCs of II"iing the retail plalfonn. It creates dirco
cornpt.'litiOI1 with the company store_and m(lY calise channel cannibalization
among customers who i'llready have abollt the cOInpany's own store
and would have bought the producls fh)rn lhe comp(llly dircclly if not given the
option 01 buying frol11 Ihe r('lail platform. In this study, we ('xamine the factors
thai ,Jffcn trad('-ofJ's of adopling a retail platform and the strategies thal ((In help
a company maximize its pro[its fn)!l1 both dJanll(..j.;. We first propose a
simultaneous nlOdei of customers' channel choices and expenditurt: decisions,
wbert' non-pricing strategies Iik(' product assortments are lhe main marketing
it'vers. We apply the pn,pt,sed Illodet 10 a ulliqu,' individual Itvei purch,lse dala
from start-up Chinese fruit company which seIls premiulll fr('sh fruit in ilS own
(In line store aftl'r initially only selling the proChll1S througl1 an well-known onJillt:.'
retail platform. Using the model estimates, wc thcn conduct policy simulations to
aJ1S\·verour research questions.
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3 - Adding Clicks: Understanding the Impact of Adding an Internet
Channel on Direct and Indirect Channel

Qiang Lu. Senior Lecturer, The University of Sydney Business
Scbool, Crn. Codrington and Rose Streets, Sydney. Australia,
sreven.lu@sydney.edu.au. Y. Yang. Y. Ulku

The popularity ollhc' tmemet has created a complell'ly ncw distribulion channel:
the online channel. which enahles firms to reach their consumers directly al
relatively low COSts. Consequenlil'. the adoplion of lilt' Internet channel will have
huge impa Ion how finns manage their with their intcrrnediarks.
their prj(,.·ingCiitral<:gies.lnd sales at the direct and indirect channels. In this pllper.
we huild cl hierarchical model to hav..- a comprdll'nsive investigation of iJdding an
fmernet channel on different ehannds. Specifically. we exam how thc' adoption
ollhe Internet channel by a large hotel in Europc' influenced price, price
dispt'rsioll and sales 'H."rosscOllsumer and rool11 lypl.:"S ill clirrl"'rerll
channels. Our resolts sitow that tltc' Internet cltannel has different impact on the
direct and indirect channels. And our re,ults also suggest that the impact "f
adding the 1Il1ernl'l channel varks segments and room IYP('S.

.SA03
W-Bern
Emerging Markets in China
Cluster: SpecialSessions
InvitedSession
Chair: Yang Li, CKGSB, Beijing, China, yli 14@gsb.colltmbia.edu

Co-Chair: Kaifu Zhang. INSEAD. Fonraineblcau, France,
kai fu.zhang@insead.edu

1 - Market Recovery Strategy after a Major Natural Disaster:
An Empirical Study of 2008 Sichuan Earthquake

Qi Wang. Professor, Stale University of New York at BinghamtolJ,
P.O. Box 6000, BinghilrtllOn, NY, United Stmes of Alllericil,
qiwang@binghamwn.edu, Yani Dong. Jinhong Xie. Wei Li

'ollu)"dl dio;-aSll'rs'\lIch CiS ('(lnhqullkes, nooc!s and bllrricll!lt's nnl only faU$t' Ins$ of
life, property, and ecological resources, but also disrupt markets. creating sevcre
social and e((>nomic impacts. How quickly and completely markets recover from
nalllral is delermined. in part, hy recovery strategies impll'menled by
govr-rnJl1l'nl aUlhoritil's ilnd local business.The potential rok of marketing
decisions by local govcrnmcnls and busint:'sseo;-in the ft'COvery of disasler-sLrickl'n

has received little academic attl'lltion. This study examines the
effectiveness of such markcting decisions on lOurislll afler the May 2008
earth'luake in Sichuan, China. Our analysis yields several interesting findings.
First, we find lhat [ht' cnlrallCt· price of il llIuriSl JUrJCI.ion has a pOSilivl' impan
on salcs before the earthquake, but a ncgative impal·t on sales after tbe
earthquake. Second. we compare the effect ivem'ss of twO types of regional
promotions sponsored by tonrist auraetions: n) tradeshows held in a Chinese
city, and (2) special held at the tourist auraction itself. We find that neither
markeling at1ivity signifi antly affens toUriSI demand befor<' the earthquake.
Howevcr, during the recovery period, holding special events at tourist auractiom
significantiy sliLllulat,·s tourist demand. Finally, our results show that while
tradeshows sponsort'd hy lourist auractions have no impact on demand either
hefore Of after tht:' cilnhquakt:'. Iradeshows held by government after tht:'
earthquake significal1lly increase tourist demand. These findings identity some
unique characteristics of LOurism in l"merging markets and provide llseful
guidann.' LO the government anel tourism industry on how to rejuvenaLe dt.'1l13nd
aher natural disasters.

2 - An Empirical Investigation of the Rise and Fall of the Chinese
Group Buying Industry

Chunhua Wu. Universily of British Columbia. Sauder School of
Business, Vancouver, Be. Canada, chunhua.wu@sauder.ubc.ca.
Xinlei (Jack) Chen, Ting Zhll

Following the success of Groupon [nc" thousands of group buying platforms havt'
emerged in the Chint'se market since 2010. Mt'Mlwhile. the lIlajority "I them
have died by the end of 2012. It is quite unusual to observe such tremendous
industry dynamics in a very shorl time window. In this research, we huild an
empiricai modt'110 investigate the factors thallcad to the rise and fall 01 the
industry. We art' particularly interesled in understanding the role of vel1lure
capital in driving the platforms· strategic l'ntry and exit decisions. Using a unique
panel data Ihat track the perfonnances of lIlore than 2.000 group huying
pial forms and the investment decisions from venture capital firms. \Vl' are able to
recover the industry dynamics and perform countc'r-[actual analysis thal uncovers
Ihe impaCI or vcnlun.' capit(ll on ilu.luSlry evolulion.

3 - The Heterogeneous Impact of Studio Advertising versus Online
Word of Mouth: Evidence from Chinese Movie Industry

Yang Li. CKGSB, Beijing. China, yliI4@gsb.columbiil.edu
The Chinese Bllliion pk-lure industry has undergone fast growth in recent years
(i.e. expected to surpass U.S. hy 2020). Tht· majority o[ the moviegot'rs in China
are young adults who arc' also heavy Internet users. This study invcstigates how
Chinese movie consumers rc'spond differcntly to official information that stern
from movie sludios and to inl'ormalion created hy their pecrs. and how
information abont a movie', qoality that nrigina\('s from repotable ,ources (i.e ..
critics) interacts with reviews created by regular consumcrs. Preliminary results
show that. for movies of certain genres, moviegoers are heavily infhll'nced by
online word-of-month. and movic studios in gel1<'ral have not ,ufficiently
invc-;tcd on ()nline marketing sources compared to traditiolldl advertising
channels.
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4 - Social Identity and Consumption - The Effect of the Hukou
System on Household Consumption in China

Mandy Hu, Assistant Professor. The Chinese University of
Hong Kong. Room 1105, Cheng Yu Tung Building. Shatin. NT,
I-long Kong - PRe, mandyhll@baLcuhk.edu.hk. Ninghua Zhong.
Ming Lu, Binkai Chen

In China, the household registration system (Hukou) segments the t'mire
population into two group" P,:ol)le with urban Hukou and people with rural
l-lllktHl. They are mUlually exdu\ive. Hukoll is an importanl idellLily for lhe
Chinese and determines many aspecls 01 their lives. However. unlike gender or
race, Hukou stalus is not direnly visibk. An individual inherits his Hukou status
at birth. He may change it latt'r in the life through a few channels. Traditionally
urhan Hukou is considered III be superior to the rural one. Using nationally
representative data on urban household wnsul11ption, we compare lhe
t,:'xpenditllre ur thrt.·(: groups of pcupk in Chinese dtic'i: people who
arc born with urban Hukou. people acquire their urban Hukou later and peopk
with rural Hukou. Built on social identily theory, we show that people with
acquired urhan Hukou identify ,he",,<:Ive, with urban Hukou holder, I"ing
visibk goods (clothing. housing, transportation and tclccommunication).
Meanwhile. they devotl' larger shares of expenditure to durable and self-benelit
consumptil)l1s (household equipl11ent. mcdicine and healthcare) than the t>lht'r
two groups. Peupil' born with urhan Hukou, on the other hand, differentiate
themselves by consumptions rdaLed to fulfilltm'JtI (education, colture and
enlenainment). We demonSlrate [hat inco111e, household demographic
information and i>lstitutional policies only partially explain the differences.

.SA04
04- Monch
Game Theory: Pricing and Communication
O:JntributE:.'CJSession
Chair: Teil Bendle, Assistant Proressor of Marketing, Western
University, Ivey Business School. 1151 Richmond Slreet North.
London, ON, N6A 3K7, Canada, nbendle@ivey.uwo.ca

1 - Sponsored Search vs. Search Engine Optimization:
Competitive Strategies for Internet Retailers

Amit Mehra, Indian School of Business, Gachibowli. Hyderabad,
India. amit_lllehra@isb.edll . .Jagmohan Raju, R,Hn Bala

We forrnuhHc J Illudd of competition between a small Inlt'nll.'L
retailer ami a branded retailer such as Amazon, where traffic is directed
to the retailers through organic Of sponsored links at search engines. Thus.
retailers can invcst in search engint' optimization (SEO) 10 improvc CUSlomer
[fJrriC through organic links, or invesl in keyword bidding 10 gt:'t Ihb [rarne
through sponsored links. We unCl\vcr several insights regarding the mix of
investments in these twO options. For example. wheo hid costs are low. il would
appear that I Ill' small rCLailers can invest only in sponsored links. However, Ihis is
precisely when we find that these retailers invest in SEa. Tht, reason i at low bid
COSIS, the branded retailer also inVl'sts in sponsored sCdrch as a strategy
10 counll'r lhe small H'tailer. Hence. the small retailer must invcst in SEO to gain
customcrs. Another issue we explain is the ob,ervation in popular press that that
unbranded retailers Illay be underinveslillg in SEO while l)verinvcsting in
sponsored searrh. We find thaI at intermediatt' value, of bidding COS". tht' small
rc'tailers choose not to invest in SEa. and rely only lll1 sponsored links. The
reason is by making this choice, the small henefit by neutralizing the
branded retailt'r\ incentive to compete for sponsored links.

2 - The Effect of Location on Pricing Strategies
Marielle Non. Assistant Professor, University of Groningen, P.O.
Box 800, Groningen. 9700AV, Netherlands, m.c.non@rug.nl

Evcry day low prking (EDLP) is a well-known pricing ·lralegy. which originated
among supermarkets, but is also incrt'asingly used in relailing of durables, e.g.
elt·('tronics.Previous fesearch Oil the sLmh"gicchoke of a rewilef ror an EDLP
strategy has mainly focused on the role 01 the consumer shopping basket, but this
faCLor to play only a minor role for durables. Instead IIf the shopping
basket. this paper considers Ihe effect or location of a store on lItc' pricing slrategy.
The analysis shows that fc'tailers that arc located close to competitors prefer an
EDLl' strat'·gy. In contrast. retailers that have no compelilOrs close-by preft'r a
High-Low (HILO) pricing "ratt'gy, with a relatively high standard price. and
tempurary deep discount<;, Another uutcome or the game-lheoreti model is Ihat
the HILO retailers mainly attract cht'l'ry-picking consomers, who do not mind
shopping arollnd to find the lI,'" dc'aL Tin1l'-constrainl'd con umers with
substantial travel costs instead lend to visil a c1ustt'r of EOLP retailers. The EDLI'
retailers have higher profits than the 1-I1LO retailers, mainly because the EDLP
retailers allranmtHe traffic to their slOrt'S. However. if retaikr, arc frce to choose
their locati"n. not all of them chollse to be close to ClIl11petitors.since a very
strong concentration of retailt'rs might compete away most profits.
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3 - Why the Meek Won't Inherit Madison Avenue (or Wall Street or
Even Main Street)

Neil Bendle, Assistant Professor of Marketing, Western University,
fvey Business School. 11 Sf Richmond Street North, London, ON,
N6A 3K7. Canada. nbendJe@ivey.uwo.ca, Mark Vandenbosch

Market logic suggests that selection pressures d1ange participating populations.
regardless o[ lilt' competitors' psychological pel1chants and cognitive limitations.
Some this logic to argue lhdt the findings of behavioral t'(onnrnics Jpply
only ttl poorly functioning markets. To invl',>Ugah.' this pOSSibility.we examine
evolution in markets and traditional market logic by arguing thilt
selectioll pressures may drive market panicipants Illwan.is nnn·\tanodrd
behaviors. Using canonical evolutionary gaml" chk"ken. we ilfwly'lc whether
overconlidence could thrive despite sdeClion on profits. We demonstrate lllat,
given tl full range of olpproaches in tilt' iniliL11 rni'(, ovcrnHlfidtnl pcHticipanh form
pan of the population in equilibrium. Furthermore, we sh,)w thaL when
reputation matters in th<:' market (e.g. [llr bankers, lawyers and advertising
eXt'cutives), ullderconfidence will be eliminated, but <Jverconfidt'ut actors will
persbt and may even dominate the l'nlire populatiol1. The finding thilt mMket,
with selection pressures can t:nO.lurage nOll-standard economic in

innea5cs theoretical suppOrt for behavioral cl'()nornics.

4 - When the Buyer is Not the User
Axel Stock, University of Central Florida, P.O. Box f61400,
Orlando, FL, 32816, United States of America, axel.stock@ucf.edu

Much of the acadernic literature in marketing 011 studying a buying
process wh<..'re rompJnit.:s sell to (onSl.lm,:'rs who maximize uwir utility choosing
betwet:n different tlvailable options in a product category_ Howt:ver, in Il'Illny
markets the purchasers of the product are not the same as the users. For example,
ill the rnarkt,( for toys, companies [ace the challenge o[ having to implement
appropriate l\rlarkcting strategies while recollciHng prdcrences of children and
parcnts IhaL Oft"'ll oppose cach other. We analyze a game tht.'orcl.ic model o[ such
a market where a «lmpany tries to reach a segment of consumers that does not

lh<: purcha)(;' decisiun. However, purchusers' utility depends partly on user's
enjoyment o[ the product. We derive the optimal pricing and advertising policy
[or the firm in this scenario while considering both push and pull strategies. We
eXlclld our. analysis lllthe competitive cast'.

5- Coalitions, Auctions and Bargaining in the Market for E-Books
Rajeev I(ohli, Professor, Columbia University, 506 Uris Hall,
Graduate SdlOOI of Business, New Yurk, NY, 10027,
United States of America, rk35@colllll1bia.edu

\Vc characterize tht, COfe o[ J couperal ivt., game in whkh a publisher sells <>books
through one or bOlh of two retailers, Apple and Kindle. We sh'lw that an auction
o[ jll>n-exellisive sdling rights using til<' Vickrey-Clarke-Groves (VCG) method
obtains an outcome in the core and yields tile ilighest-po>sible payoffs among all
core olitCOI11eSfor hoth Apple and Kindle. The publisher obtains higher valul'
lhall Irom L1ll' VCG aunioll il it. engages in strategic, sequential bargaining with
thl' two retailers. The resulting subgame-perkct Nash bargaining solution is also
in core of lhe g,lllH..'. The minimum value thalthe publisher cau obtain from
bargaining b lh" entire va.lue gt'l1l'ralt'd from saks Itl consumers who own huth
Apple and Kindle N<Hably. bargaining in tht' case yields a unique
SOlllt!'lI1,despite the tact thai the total bargaining value is not constant. This

is in COJllrast with ft''\UItS that stralegic hargaining involving mon:' than two
players does not typically yield a unique solution even when Ihe tlllal bargaining
valul:' is COJ1Stillll.

.SA05
05-

Channel Strategy
Contributed Session

Chair: Chi-Cheng Wtt, Professor, National Sun Vat-sen University,
70, Lien-hai Road" Kaohsiung, Taiwan - ROC,
chicheng@mail.nsysu.edll.tw

1 - Strategic Decentralization with Inventory Commitments
Sudheer Gupta, Associate Professor, Simon Ffilser University,
Beedie School of Business, 500 Granville Street, Vancouver, BC,
V6C 1W6, Cauada, sudlteerg(g1sf Ll,ca, H.arish Krishnan

We analyze strategic deccntralizcltion incel1liv<:'sill supply chains
finns fare pri<..'(' sensitive demand and lleed to decide on both inventory
levels and retail price. Two competing" supply chains art.' modeled. Manufacturers
dIO(}\(;'wl1clht.-'rto ddegat"e dt.Tisioll rights 10 pricing and/or inventory decisions
to rerailers. We show that delegation 01 botlt price and inventory decision leaves
bOlh manufaclllrers worse off: complete delegation is thus equivalent to
delegating tlte invenwry decision alone. However, and the supply
chains, may have an inn.'ntivc 10 partially' delegate decision rights. We show tbar
delegalion of price dt'tlsiol1 10 retailers while retaining control o[ inventory
decision (which is equivalent It,) it inventory COl1lraCl).restores
tbe strakgic benefits of deeentralil.iJlion as extensively analyzed in the Jiter,llure.
Next. we analyze returns policies (buybacks) sltOW how such contracts could
abo lw I.Isc<1 to ')trcllt.'gk dl"'(t'IHrJlizmion effecl'\. Our work [hus integrates
the diverse literature in channel structlJre and supply chain management. We
generalize decentralization incentives in channel structure decisions windude
slOchastic demand and inv<:.'IlHJry con"iiderJ.lions. while prOViding iI novel,
strdtcgic explanation [or ccrtain supply (hain contracts that havt: primarily been

viJ argurnerus.
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2 - Channel Strategy When Consumers Comparison Shop
Sridhar Ntoorrhy, University of Toronto, 105 S1. George Street,
Toronto, ON, Canada, rtlOorthY@.'rotmart.ltlOrortto.ca.
Yongmin Chen

This paper analyzes consumers' shopping behavior und ilS implications for
relJilers and manufaclurc-rs. In lhe reJI world, Stlme retailer*; sell only Ollt" brand
in a ciltegory while otherloi mulliple briHlds. A lTliH1Ufactllrer can chot)se to
become a single-brand retaikr by integrating forward, but becoming J ll1utlibrand
retailer requires the coopcratinl"l of other maIllI[acLUrcrs \villing to sell through ils
retail operation. Retailers' rt'wiling strillcgy and manufacturers' channel strcncgy
(HC thus intertwined, and both Jrt' informed by (\HlSlIl11t.'fS'shupping bdl<lVior.
This paper argucs Lhat consumer shopping COStS creates a demand for rnulti-Ilrand

but I11rlllUfanurl.:TShave to weigh loyalty. slore loyalty, and
chunnel coordinution considerations in deciding how to reach their lTIurkclS"

3 - Channel Structure and Money-back Guarantee Policy
KezllOu Wang, University of illinois af Urbana-Champaign. 350
Wohlers Hall, 1206 S. Sixth Street, Champaign, IL, 61820, United
States or America, kwang('@illinois.edu, YUl1chuan Liu

'rYe sllIdy rl'tailers' inCt.'ntiv<.:s10 provide rrHHley·back guarantee ('satisfaction
gllaranteed or your money back' policy) \"vhen selling a single product in a
competitivt.' environment under diffcrt.'111channl'1 structures. \Vc analyze,) galTlt.:
where two compcting retailers simultancously make decisions whetht'r to offer
nHl!wy-back guarantee, (MBG) under each of the three diflert'lll rhannd
structures: I-Ilboth channels are integrated). t-D (mixed structure where one
channel is integrated and the otlwr d(,cl'ntraliwdj. and D-D (both chanl1eh are
dl·l-entr;rlizedj. Our r,,'tllts ,how that whether d reraill'!' offers MAG depends
crucially upon the' perceived likelihoods of product return of the two retailers. as
well as upon the distribution channel structure in whicll the retailers compete.
tnterestingly. lite ltiglJ-lypc' retailer (i.e .. the retailer with relatively lower
likelihood of product return) is more likely to "ffer "'·tHG in an inll'gr"ll'd channel
than in a decentralized channel (f-D vs. 0-0, and [-I vs. f-D), whereas the low­
type rt'railer is more likely to offer MIlG in a decentralized channel than in an
integrated cltannel (t-D vs. t-t, and D-D vs. I-D). Tlte manufacturer's and the
retailer's different incentives to oller MIlG may ,bed light on why offering MIlG
is III OloiI common among rnanufaClurers wiLh low prohJbility of producl rdurn
and retailers with high probability o[ product return.

4 - Manufacturer's Response to the Retailer's Extended Warranty
Chi-Cheng Wu, Professor, National Sun Vat-sen University, 70.
Lien-hai Hoad" Kanhsiung, Taiwan - ROC,
cbicheng@mail.nsysu.edu.tw, Lu Hsiao, Ying-Ju Chen

Traditionally. the role of retailers is to take responsibility 01 selling to the
consumers the physirdl products dt'siglH":dby the manufacturers. Nevertheless, in
the after-sales service market. tltey become capable of offering lheir own
'products.' lhe eXH'IHkd wJITJnties, on lOp of lhe manufa.cturers' hase
warranties .. Tn such J scenarit.), the manufacturer and tht: relailer collaborate in
selling Ihe physical pmdncts. but compete in selling Ihe warramles in the after­
sales markeL Con[ronled with tlte sali,'nt threat from the retailer's capability of
(.If[ering extended warr(llllit'S, we investigJte Ihe prlJfitability t.l[ thrce s1fatcgit's
from the manufacturer's perspective in" distribution channel: .I) deter - selling
his own extended warranty and deterring the retailer; 2) acquiesce - indUcing the
rClailer 10 offer her own extended w,Hr,Hlly. and "1} collaborate - repairing for the
retailer's eXlended ,..v<1rranty, We find that acquiescing to or collaboraling with the
retailer may be bCIl<'licialfor the manufacturer. This pOSSibilitydrises because
when the mallUra(lUrer honors tht' retJiJer's capability. tic no longer has to ovcr­
diston his bast' warranty to deter the retailer's suategic movemenL The
rnanufaetlln.:r may b<"l1t'fil froTll collaborating with tht.' rC1Jik'r because he can
indireclly flffecl tht rt.'taiJcr's warranty design and extran revel1ue frolll
the retailer through appropriate contractual arrangerncnts. Moreover, the
manufacturer may respond to the retailer's threat by lengthening the base
wiurarllY rather Ihalllhe extended W,HrJl'lly IhJt be.;lrs the brunt of the retailer's
challenge. Notably, even if the retailer is more cost dficielll in repairiug for
consumers, acquiescing to tht:' relJikr may not l1t'cessarily benefit the
manufacturer.
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Social Influence and Culture
Contributed Session

Chair: Ull1ut Kubat. PhD Candidate, Akdeniz University,
Mellem Mah. 8. Cad., Etmen Sit. E 131. K:3 D:9, Antalya, 07030, Turkey,
u ll1utkubat@akdeniz.edu.tr

1 - Exploratory Study on Changing Consumer Cultural Trends in a
Developing Economy

j'luma Amir, Assistant Professor, TnstilUte of Business
Administration, Room 108, Main Campus, University Road.
Gulshan e IqbaL Karachi, 75270, Pakistan,
huma.amir@hotmaiLco.uk

Study examines extent of change in altilUdes i)r conSU!llers towards bridal gold
jewelry and has its foundatioo on self-conn:pl and likstyle theories. 1\vo focus
groups of represetllative respondents revealed faCtors to be tesled as conformity
to social norms, theft concerns. materialism, consumer psychographics. and
financial security ilnd 129 mothers-in-lilw-to-bt- and brides-to-be belongiog 10
middle-income sociaf classes Band C were surveyed. Findings reveallhat though
wearing gold jewelry at weddings is not consumplion. it
no longer ilppeiJrS to playa pivotal role in establishing StiltuS ill1ll worthiness.
Cluster analysis idt:'lllificd two dislinct sl"'grnents: Group I cOllsid<.:.'rt'dlhernst.'lves
Illore trendy, modern in their outlook, and riltllcr spendthrift, preferred 10 have
their own individual fashion slyle alld were concerned abont Iheir looks. Group 2
showed less inclinatiOIl towards modernity, were more cilreful in their
expenditure and less concemed ab<ltll their looks and rated higher on making
their owo personal [ash ion statemerll. Whereils security issues and fear olt hefl
were considered transient £eatures that deterred brides Imm wearing gold jewelry,
fashion and a modern outlook resulted ill an attitude shift 10 stylish, non­
traditional jewelry of less expellsive malerial. more so ill Group t than ill Group 2
·who still insisted on possession and presenting of gold jcwdry {'ven when the
bride wore wntemporary Ilon-gold ornaments thilt matched the bride's oUlfit.
The study also reveals thatthoogh gold is still being bought in abnndanCt', and
will continue to do so in the near future, a trend has been set which will gain
rnomelllUI11as consumer choices inffeaS(;'dnd LOlcrancc towards non-conformilY
to the norm of gold adornllH.'1l1 increases.

2 - The Role of Social Comparison Direction and Comparison Target
in Service Delays

Yillg Ho, University of Macau, FBA, University of Macau. Macau,
yingho@utrlac.mo, Nga Cheng Chan

Refert'ntial explaniltion (e.g., comparison with Olher custolllers) is often used to
reduce the negalive effect of service failures sll(h as service delays. Existing
sludies focus on downward rompJrisoll with tJ1e belid Ihat a conSUIller wiil kel
it'ss unhappy if sihe is wlllpilred to other consumers who have worse experience
than him/her. This research argues thilt during service delays, customers often are
uncertilin ilbout how long tilt' service dday will last. Given Ihe uncertainty,
upward comparison may be an effective strategy if the consumers assimilate with
the upward referent group and thus believe that their final outcome will be as
good as lht' comparison targcl. 'Focusing Oil two major elements of slKi111
comparison. namely comparisun din:Clion (i.e., upward comparison YS.

downward comparison) and comparison (i.e., similar others vs. dissimilar
others), we propose that assimilatio!1{contrast mode that the consumeI"') engage in
lllay affect the way they interpret social comparison information and hence lheir
saLisfaction and revisit intention. Existing research on assimilation and contrast
(e.g., Horen &. Pielers, 2012; Ruys et ill., -2006) suggests Ihat whether the
consumer will assiIllilate with or contrasl [rom tJ,e comparison target derentls on
whether they consider the comparison target as a valid cOJnparison bt.mchl11ark.
We expect comparison with other similar consumers may signal the presence o[
comparison slandard and kad to contrast. Comparisun with dissimilar others
signals the abst'ncl' or a (ornparison slandard cJnd thus results in assimilation. As a
result. downward (upward) comparison may be mOrt' effective when making
social comparison to similar (dissimilar) others.

3 - Fake it Till You Make it: Effect of Promoting Domestic Brand as
Foreign on Consumer Behaviour

Harsh Dadhich, Doctoral Student, Indian Institute of Management
Ahmedabad, D 14 R 19, Ahmedabad. 380015. India.
harshd@iimahd.ernet.in

brand origins, whctht'l" or 11IJI, innuence ClHISlII1lers' choices
(Thakor & Lavack. 2(03), Brands, even domestic, often projeci themselves to be
of foreign origin through adverlising, names, styling Jnd other i3sSociat.iolls with
foreign counlries, Consumers in emerging markets have been found LO have
inclination towards foreign brands (Kinra, 2006: Godey et al. 20J 2). However.
this cannot be gellt'rJ!iscd across product categories as product categories rnay or
lIlay nOI have coul1lry specific anchor to them (Usunier & Cestre. 2(07). per
theory of impression milnagemelll consumers use purchases to creilte a
favourable social image (Eagly & Chaiken. t 993). literature supports that
jwrccptiol11tJwards foreign sounding products is in luxury anu hedonic
calegories (Godey et ill. 20 t 2). Also, '<Kial desirability can lead to consricuous
consumption-likely to be in form o[ foreign brilnds. Similarly, consumers are
Illore sillisl1ed with products from other countries when origin matches wilh
product specifications (Darling & Arnold, 1988). This paper posits that: (PI)
consumers with higher social desirabilily Me likely lO have higher purchase il1leru
1()wards foreign brands. (1'2) Consumers are likely to have higher purchase
intention towartls brands perceived as foreign in the produci categories which
have natural cOUl1lry-specific ancllors. (P3) For luxury products. consumers are
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likely to draw higher salisfaction frolll foreign brands. As per cognitive dissonance
Iheory. when true origins are learned, Ihe consumers' bclief aboul a brand's
origin changes. making tht'!n kel (Festinger. 1.957). (P4) Consumers
have negative.: t'Vdllllltion of domestic br..1I1ds which were promoted as foreign.
(1'5) Consumers draw less satisfaction from domestic brands whicb were
promoted as foreign.

4 - Acculturation, Brand Cultural Symbolism and the Role of
Advertising Language on Brand Evaluations

Umut Kubat. PhD Candidate, Akdeniz University,
MeltetTt Mah. 8. Cad., Etrnen Sit. E BI. K:3 D:9. Antalya, 07030,
Turkey, utTtlllkubat@akdeuiz.edu.tr. Vanitha Swaminathan

This research how bicullurals (Le .. people who identif), with Iwp
distinCt cultures) respond to bilinguill advertising. We argue Ihat biculturals can
be distinguished intO muitiplc types derending on their accnlturalion (i.e.,
whether bkulturals ilre sYl1lhesized bi(ultlilais llf host-culture-orit'ntetl
biwlturals) and that this acculturation tyre moderates the impilCl of bilingual
adverlising.The research conlt'XI is people uf Hispanic origin residing in the
United States, Across three exp<.'rimcl1ts, we show that a orand's cultural
symbolism tllodnates the impacts of bilingual advl'ftising (vs. English-language
advertising) and ilcculturation type on brand liking. This research aiso higltlighls
the role of bicultural ideLltity integration (BH) as J key process mechanism that
rnediates these dl'ects. We argue Ihat the mediating role of bicultural identily on
reaclions to bilingual advertising only holds for that are low in cullUral
symb"lism. Finally. we provide additional evideoce o[ process by manipulating
nn. Tht' results (eveal [hat participants who afe asked to think t:lbOlil

commondlities between the host and the cultures are Significantly more
likl'iy to evaluate bilingual ads favorably than participants who are locused on
tlHferences between the two wltures.
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Bundling
Contributed Session

Chair: Sreya Kolay, Assistant Professor, University of California.
[rvine, Paul Merage School of Business, Irvine, CA, 92697,
Unired Stales or America, skolay@uci.edu

1 - A Conjoint Model for Self-Designed Service Bundles
Raghurarn Iyengar, Uniwrsity of Pennsylvania,
The Wharton School, 3730 Walnut Street, Philadelphia, PA,
19104, United States of America, riyengar@whanon.upenn.edu,
Kamel Jedidi. Vithala R. Rao

Many services (e.g .. AT&T, Veri7.on. and Comcast) are increasingl;' prOViding the
flexibility for their WSlOmers to build their own bundles. For ins!ilnce. AT&T
offers two differt'nt phone services-Iandline and wireless-and customers can
choose either OrIC of these services or a bundle and subsequt:ntly custvrnize t'ach
service with available upgrildes. Wl' develop a conjoint model for how consumers
cboose ilmong services. bund1<'s. and service upgrildes. Our model is grounded in
utility theory ilnd illiows for a common budgel ((Jllstraint. It also illiows for the
bundle ulility to be sub-addilive, additive and super-additive to accommodale
bundling situations where Ihe bundied services are complement. independent. or
subSlilUtes. We use a hierarchical Bayesian procedure to estimate Ihe proposed
model artet caplUre ((Jusumer heterogenl'ity. We t<'SI the proposed lllodel on dala
from Monte-Carlo simuldlions Jnd data from a experiment where
consumers art' askt'd to choost' arnong st.>Jf-ucsigl1l'dservices and sc[vi<"t' bundles.
We show how the model can be used [or demand estimation and pricing of
services. bundles, and upgrildes.

2 - Bundling of Competing Manufacturers' Products
Vithala R. Rao, Cornell University, 35 I Sage Hall, Ithaca, NY.
United States of America, vrr2@((lrrtell.edu, Nanda Kumar

tn the packagl' goods industry retililers commonly promote bundles which
comprise of products milde by competing manufilcturers. Acwrding lothe trade
pre')s this can calise tension between t.he manufaCLurers and retailers. [n this
study, we seck 10 l'xarnine when bundling of competing manufacturers' products
can bendit not only the retaj}t'f hut one or both of the manufaClurers. As a
benchmark we will rirst examine a setting where Ihe two manufacturer
simultaneou,ty decide their product strategy, which enlails choosing one of tJlree
uptioos: (a) sell the two products separately (b) o[fer only the bundle or (c) offer
the bundle and the products separately. Given Ihe produt'l strategy. the
manufactures decide Ihe wholesale prices and the [etailer then sets the retail
pri(e. We nexi examine il sClling in which Ihe manufacturers set the wholesale
price 01 their products and allow the retililer to tlecide whether or not 10 bundle.
In the event thilt tlte retai1<'r tlecides tu buu<l1<' he illso decides whi(h bUlld1<' to
offer. In CuntraSI to the benchmark the retailer lllay decide to create a bnudle
comprising o[ the nJmpeting manufacturers' products. Tlw profitability of these
scenarios will depend on ronsulllers' preferences for the buntlle comprising of
competing Ill<lIlUfaeturers' producls. We will estirnale lhest.'
preferences using a conjoint experimem and then take these preferences as given
and characterize the ortimal bundling strategies.
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3 - Optimal Selling Strategies for Sequentially Offered Events
Sreya Kolay. Assistant Professor. University of California.
Irvine. Paul Merage School of Business. Irvine. CA. 92697.
United States of America. skolay@ucLedu. Hajeev Tyagi

Event organizers often sell.J series of events IhM occur sequentially over time, lor
example, concert series wilh muitiple performers, film feslivals. and spons
tournarnelll.S. C\)I"1Stllllers nldy clljo}" more than Olll' evenl in the series, ilnd I,he
evenlS may diller in popularity with the audience (e,g, IwO operas of dillel'ent
pvpularity in successive rnOIl! tis. games followed by 1l1OfC popular
regular-season games). rn Ihis pilpcr, we examine the optimal pricing slrategy of
such an evenl organizer. \Vc analyze how t.he event organizcr's dl'cision on
whelhel' 10 sell events in a hundle andhlr individually and how 10 price Ihe
bundle and individual evenlS are infh.lt'nced by Ihe following facIOI'>: (i) the urder
in which events llccur-Le" Ihe more popular event followed by Ihe "'ss popular
evenl or viet' (ii) [hi:' of difference in relative poplliaritlt's of
eVt'IllS; and (iii) whelher the st:Her ('.)1"1 nedibly cOlllmil upfrOlll to the price of the
luture event. We show Ibat while the order in wbicb evel1lS OCCl/r plays no role
in t11<.' "eller's optimal pricing when it call commit upfrolll to the price of the
future eVctlLS, it docs ilff('ct the sdll'r's pricing str[l[egy when it cannot commit
upfrollt 10 the.' price nr a future cvellt. dlld furthermore. the scHer rrcf<:rs to
introduce the less [lo[lular everll firsL We also show how the seller's optimal
pricing straLegy may r(loge frl.lrn offering full.mixed hundling (the bundle of the
two events as well as both evenl, separately) to offering pill'lial bundling (the
bUildle and lmly one evenl sepJrately) as the difiert'IKe in popularity of the
eveIlIS

4 - Bundling, Inter-Temporal Pricing or Both?
A Normative Assessment

Ashutosh Prasad. Associal'e Professor of Marketing.
University of Texas - Dallas. Jindal School of Management.
800 W. Campbell Rd" Rich<1rdson.TX 75080. United SLates of
America. aprasad@urdallas.edu. Vijay Mahajan. R, Venkatesh

Bundling c.lnd pricing arc two pl'rvdsivc fnrrns of price
discrimination. Yet the combined power of these strategies has relllained
unexplored ill (lc.,llit'mic research. Our sludy examines thl' appeal of hybrid
straLcgies in which the lwo forms of price discrimination are combined. Real
world mt.1tivdljon for our study comes from Walmart's use of such hybrids in the
I)VD catcgory. OlIr model has (I 10(...11 mOllopolist offt.'ring two produClS 10 J

O1arkl't of and myopic consumers. The seller inclIrs zero Of pOSitive
marginal cost 011 CJch product. The scller's baseline str,ltegies arl' the three static
bundling stnllegies-purt components. pure bundling, and mixed bundling-and
lraditiun.ll price skimming. We compare these againsl three.' hybrid stralcgics: (al
pure cOJllponel1ls in period 1 followed by pure bundling in pc'riod 2: (b) pure
bundling in pt'fiod .l and pure in period 2: and (c) st'quential pme
bundling, Our results suggest that hybrid forms of price discrimination can be
superio!'- though not always, Pure bundling in period J followed by pure

in period 2 is quil<.: dS a hybrid Lt is optirntlJ when
margil1ClI COStS are significant and many. but not illL consumers lire Slralt'gic
Sequelliial pure bundling is o[ltimalunder low marginal costs. However. wilen
Lilt' market consists of strJlegic consumers only. Lraditional mixed bundling is
optimal. When a rnajprity of ((HlSUllll'rs tHC myopic, price skimming is besl. We
also plt'Selll results (\n pricing pallerns uncler Ihe optimal stralegies,
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Cause Related Marketing
ContributedSession

Chair: Reetika Gupta. Associate Professor of Marketing.
Lehigh University. 621 Taylor Street. Bethlehem. PA,I80 I 5.
Unired States of America. reg205@Jehigh,edu

1 - Fighting for a Cause or Against It: A Longitudinal Perspective on
Revenue and Survival

Keith Botner, PhD Candidate. University of Utah. David Eccles
School of Business. 1655 Campus Center Drive. Salt Lake City, UT.
84112. United States of America. keltb,botlJerCn'utah,edu.
Anti Mishra. Himanshu Misbra

Nonprofit charities, most for-profit organizations. fact' a unique rhallellge
in having 10 consumers Wilh (jult' to no spending in traditional
advertising. Many times, only I11l'arlSof pcrsuash.m is in a charily's name,
which, for e,ample, t'Ould be framed as posiliw (i.e,. 'for' something) or negMive
(Le., 'against' sOJ11l,thing). \Vhil,c n:s\'ardl shows that ncgaLivc messages have
greater immedi<1tl' impact than positive messages. much it'ss is known in the long
terrn. Thai is, while II I"lt'gdlivt:'franit' rnay still oUlweigl1 a positiVI: frame OVl'f tlu­
long tenn, a reversal is possible, To test these opposing predictions. we aim to
answer two key qut'stions, First. which type of frame. positive or negative. is
likely to gdflWl' gn.'dt('r shon term ver"us long term rontrilHllions'? Second, is 13
negative framed charity likely to survive longer than a positive charily. or vicl'
versa? To answer tl1t'se questions, we use data submitted by <III ('harities filing
wilh thc Internal Revenlle St'rvice over a lcn year period. ulilizing hierarchiral

lllodeling [0 e;l(llmint revenuc palLtrns over time (lllc! survival anulysis to
slUdy which lypt'S of charities arc more likely to survive, In this research. we rind

influence or a posiliv ...' neg.:'ltive frclflu' over time. Thc(lrt:'llrally, in
examining Ihe less explored longitudinal influence. we infonn existing framing
research wilh the finding that a positive frame prevails over a negative frame in
the long l(:.'rtll. From oJ practiral perspective. our findings sliggest that the rnanncr
in which a charity is can influence one's altruistic behaviors diffcn:nrly
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over time, giving rue to charities in selecting a name based on tht'ir 5lratt'gic aims,
Our t'mpirical nlldings also extend into such area,; [IS economic::> and quantitative
modeling.

2 - Fear vs. Hope: Organ Donation Decision
SlI1.·atTeerakapibal. Sasin GlBA of Chulalongkofl1 University, Sasa
l'atasala Building. Sui Chula j 2.. l'hyathai Huad. Bangkuk. J0330.
Thailand. suraueerakapibal@sasin,edll, Pavirra Jindahra

The severity 01 organ donor scarcity has become go\'ernmcrlls' dwl1<:.'ngearound
Ihe world, More Ihan 100,000 people need life-saving organ transplants yielding
an avcroge of 18 dcaths a nay in the United 1n thi$ study, we aim to
provide insight into [he scarcity of orgJn dona lion problem hy examining how
hope and lear influence organ donaLion decision proces,es in Ihe contexi of no
default option. In particular. clilturall'elalt.'ct drivC'Il beliefs Ukc superstilion in
addition tn knowledge, altruistic, and reciprucity are investigated. Using the 2004
Thai National Statistical Office survey dala, a st'ries oJ Illuitinomiallogitlll<ldt'ls
Jrc cstimatt:d. We lest orgJJ1 dnnalion dedsion l.<.Innate, Ullsure. not donate)
against fear derived from superslitioUs beliefs, hope on altruistic belids, and lear
fl'llrn rr('iprocily belids, We find Ih,Htlw JnrwJrd looking fear from superstitious
beliefs discourages organ donating decision whereas fear ('rom reciprocity bt'lids
and based on alnuistic beliefs boost organ donation. Education serves as a
shield against lear frolll sUI""mitious be lids, II respondenls fear to lie on lile
Tt'<."t'ivillgend. the detrimental eHect of fear of It.lsing organ in the next lift' is
miligatt'd. inct>nlivt.' is nol a significant determinant for organ doncllion
derision, We lind Ihatlhe 30-49 and 60+ segments are pOlenlialtMgets for organ
dtlnaLiull campaign. while its dfl'cliveness on fernales is rather limiled.
Implications l)f bl)l)sting nrgan donation are then discussed.

3 - Crossing the Recycling Bin Boundary: The Effect of Product
Distortion on Product Disposal Decisions

Remi Trudel. Bostoll Universiry. 595 Commonwealth Ave,. Boston.
MA, United States of America. rrrlldel@bu,edu, Jennifer Argo

This research investigates the impacl of product distonion. which arises during
the COllSl.llnptioll proct':">s,on J consumer's dedsion to n-'cyell.' a product or throw
it in Ihe tr"sh, A fkld study and livc' ldborawry sindies linrlthal if tilt'
cnnsllmpthm process diswrts the pfoduct suffici.ently [rom its original form and
function (i.e .• changes ils and/or at'sl.hetics), it is pert't'ivcd as less useful and
in turn is Illllre likely to be' thrown in the garbage (as opposed 10 recycled), The
results also show that product distortion impacts behavior irrespective of
the overall amount or volume of malerial. Wt' additionally rule ouL allernalive
explanations related It) dfl>n and perceived impact on the environment. The
nndings Jre of interest to both behavioral res(.'Jn..-hers ilnd WiLh
implicJtions for as a whole.

4 - The Heritability of Preferences for Eco-Friendly Products
Arvind Rangaswamy. Pennsylvania State University. Smeal College
of Business. University Park. PA. United States of America.
arvindr@psll,edu. rillanhuan Shi. Min Ding

What are the deterrninants of consulller preferenees for ceo-friendly products?
Gt:nelic prt'disposilion could Dl' a key delcrmindl"H, bUl Ihis is a charactl'rist.ic thdt
has received limited attention in the literature. Studies in hdlavioral genetics
hdVC demonstrated Ihat genetic [actors do account for a significant proponion of
the hClcrogeneity in such pro-environrncntallraits as pro-sodal tendency,
altrlli,m. and mher dimensions of personalily, In Ihis study. we collected dal'a
frol11 abollt 350 aduillwin pairs to Ihe herildbilily of preferences for
eco-frit'ndly producls, We measure an individuaL's general prderenres for eco­
Iriendly products as well as preferc'nces for eco-frit'ndly product attributes via
conjoint lneasurl'Tll(.'llt. ,\;Ve Jiso explore tlw (.'xtcnt to which gene-environmeJlt
inlt'ral'lions shape these Preliminary results indicate that certain
Iypes of product preferences for eco-frielldly producls arc driven by genetic
[(.lclors, which suggests t11ilt marketing camp.1igns tl1.1t target entire l'Jmilies could
be dfcclivc lor [lrolllOting eco-friendly products aJl(1 pro-euvironuH'ulal
behaviors.

5- When a Green Product Backfires: Examining How Consumers
View Negative Side Effects of CSR Initiatives

Heetika Gupta. Associate Professor of Marketing.
Lehigh UniversilY. 621 Taylor Street, Bethlehem. PA. 18015.
United Stales of America. reg205@'lehigh,t'du. Nevena Koukova

Some recent marketplace activity has demonstrated Ihat CSR efforts by
companies Jre svrnclimes C1crompanied \-vith adverse side creCch (t',g .. SUllchips
nt'w green packaging is als() noisy). rn our research, we examine whether such
adverse.' side influence thE:' reactions to CSR initiative and tht' brand in
general. We pro[lose Ihat consumers' belids about the synergy between the

a firm d<:'vot<:.'sto their ethical and functional attributes (Gupta and Sen,
201 » explain lile impaet of adverse s.ide effens o[ CSR initiatives, SOllle

bdievl' thaI is d positive ..,yncrgy between clhkal and functional
attributes cOllstruing the ethical atlribut<:., JS a signal o( the superiority/quality of
the ot11(:r, functional i111rihutcl)or the product. As a result, consumefS with
[lositive sytlt'rgy belids view Ille adverse sick dlc':t (e,g" noisy [lJt-kaging) <IS a
further confirmation of product qua lily prel"crring a product displaying oegativt'
CSR side dfcrts to one (hJI dot'') no!. Howt.'ver, conSlJlners with negalivt' synergy
bt:licfs believe thJI investment in elhical allributes detraets resources front
investmenl in other funetional allribules, As such, due to their lack of
to CSR activilies. Ihey will be unf<lvorable 10 products thai practice CSR in
general: whelher they display adVe'fst' siclt: effects or no!. In Ihis research. we

how difftTcnccs in (unSllJ11t'rs' belids drive conSlllllt'rS'
reaclilHlS to llegative CSR side efferls, We also aim to outline boulldary condilions
for the deillonstrated effects. Froln a rTlJnJgcrial standpoint. our research offers
insiglm inlo [lOlelllial stratt'gies Illarketc'rs cart uSe to benefillrom tht'lr GSR
activities.
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Assortment
Contributed Session

Chair: Arjen van Lin, PhD Student. Tilburg Universily, P,O. Box 90153,
. Tilburg. 5000LE. Netherlands. A.I..J.G.vanLin@lIVl.nl

1 - The Effects of Assortment Organization on Consumers' Decision
Making: A Fluency Account

Yi Li, PhD Stlldenr, HEC Pa ris, I, Rue de la Liberation,
JOllY en Josas, 78350, France, yi.li2@hec.edll, Selin Atalay

Retail space and assortment organi7cJtion is an important i$slIC for retailers, and
brand mJn ..lgcrs. current work 'it.'cks to understand impat1 ()[ various
assortment organizations on COLl umcrs' perception. l'valuJlinfl anc! inferences. To
SlUUY the impact of various orgalli7iJlioll\, Wt' how ,>patial
organization impacts conslimers' atlcntion allocation and information-scarch
pattern. Building on receJ1lliteralure on altention, we argue that both attention
allocation and inforrnalioll c;earch patlcrn can predict the brand thJI ('(JIl$urnc,"rs
are likely to 'choose'. We also investigale how sal.isfied consumers will be wilh
the shopping experience given the s..arch su-ategies they used. The current study
tllkes a fluency theory account to explain the effects of assortrnCnI organizlItion in
rclJiling. We argue that the impact l)[ rt..'tail aSSOrllllt.'l1torganization on
consulIlers' fluency expt'rienccs in informatioll search and dcxision-making.
impa(1 dlOice. Two eye-trilcking expt'ril11t'l1ts explored Ihe links between
assoruneut organizaLion, fluency, produrt evaluatiou, and rhoice, as well as
shopping experience (satisfaction). When the assortment <>rganization was
unfamiliar thus disnuerll. individu'lJ...perct'ived Ihe JSsortlllt'nl as less favor,r1hlt.·
but conveyed higher trust in U1C product quality from this assortment. Both the
favorability of the layout and the trust in prodnel quality droY(' the likelihood to
purchase from the assortment. Eye-tracking data revealed that anemion
alloclliion to various product fcaLUrc information diHcrcd JaO$S JSSOflmcnt

organizations. implying thai parLicipants strategirally r<'ly on difft-rem product
infonnathlll to make decisions. BOlh allocated Llilention and brand evaltlCllioll
contributed to prcdicting Ihe e1lOireof the produn and brand.

2 - A Tempting Assortment: The Effects of Assortment on
Multicategory Purchase Incidence

Sllngtak Hong, Doctoral Student, London Business School,
Regent's Park, London, NWI4SA, United Kingdom,
shong.phd20JO@london.edu, Knnishka Misrn, Naufel. Vilcassill1

ProdlH.1 II SorlnH:nt planning is one oJ the stralc,.'gicderisions I.hal reJdilers faCt'.
O[ten, grocers ne,'d to determine jointly Ihe assortment for a group of categories
in a particular space; the checkoul aisle, end-of-aisle shclws. and freel.er space 10

list a few. Although previous sllldies of a single product rategory have shown that
consumer' purchase decisions arc influenced by various asperts of product
assortment. ther<' is lin it' known aboul how tht, produrt assortment of one
alegory aff,'cts a consumer's decisions in other categories. While there have been

siudies of consumers' multicalegory purchase decisions. the foclls of such studies
has been the erfects of price and promolions. The goal of this researrh is to
under land the irnpJClof product .....ssurtments on consumers'
catt'gory purchase incidenre detisions. In our empirical analysis, wc apply the
I11ultiv,Jrialcprobit model with a hierarchical strudurc 10 two [nl7cn food
calegories-frozen meals and ire cream. Tht· ntodd makes lise of comprehensive
data sets from both household panel sranner and slOre-level sales, and we
operationalizc t'lltropy of assortment as il proxy [or consumers' pcrct'jvcd
assortment variety. We find that households perceive ule twO categories
independently with regard III price or promotion effects, yet their category
purchase decisions are afk'cted by the assortment varielY of hoth catcgories;
positively by own assortment variety. whereas negatively by cross assurtment
variety. The finding is complemented tIl' an online experimellltl'sting the
calegory display proximity as a potential trigger of th,' eHects.

3 - Retail Market Basket Analysis using Multi-Criteria Decision
Techniques: A Case Study

Dougla MncLachlan, Professor Ernerillls, University of
Washington, Foster School of Business, Box 3S3226, Seattle, WA,
98195, United Slates of America, macl@uw.edu, Reza Sheikh,
Afshin Mirzaei

Wilh advancements in information technology, rerail c"mpanies have
accumulated huge or data that arc relatively unlapped. Decisions Llboul
producl assortment and shelf space allocation have a significant effect on
customers' purC,,'hasingdecisions and ran provide n:tailers with a competitivl'
edge. An approach using TOPSIS-a l1lulti-criteria decision making (MeDM)
method-is employed til analyze data obtained from a supermarket hain store
over a period of 4 months in 2011. Shortly after implemeoting profitable baskets
suggt'stt'd by tilt, algorithm, tilt' result was illlproverneO( in d(1jly transactions
providing a 14.7 l1<'rreOl increase in the company's sal,'s index.
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4 - Hello Jumbo! The Spatio-Temporal Roll-Out and Consumer
Adoption of a New Banner

Arjen van Lin, PhD Student, Tilburg University, P.O. Box 90153,
Tilbllrg, 5000LE, Netherlands, A.I.J.G.vanLin@uvt.nl.
Els Gijsbrecbts

This paper explores the dynamics 01 consumer reactions to the national roll-out
of a oew banner after a large-scale acql.lisitilln. In particular, the authors study
how til<' plldse-out and gradual reillan'meni of the old banner across Illcal
markets, allens consumers' store choice process. The proposed mod'" links
adoplion of the nt'W banner 10 (i) the Imanagemnll) support of the old banner's
Sinn's prior 10 (onvcrsiol1 and (ii) consumer learning aholll the new banner. Such
learning may or(ur prior tOlhe opening of a lot'al store (through advertising and
network effectS) as well as after the opening (through aClual visits). The l1lodel
also for (,lldOgt'IH'ity in both tilt' sequcnce or t'l1try by the relaiJc.->rand its
advertising spending. In the empirical application, the authors usc Ihe selling of
the national roll-oulof a new EDLP player, after its acquisition of a leading Hi-Lo
elwin. The refit program took lwO y,'arS' and store openings w,'re supported by
tell'vision and POP advertising under the theme 'Hello lumbo!'- increasing brand
llWarl'l1t>5Snr the new banner .and informing nmSUlllt'rs about thl' change. [n Iwo
cc,HlI1tcrfClctlidls,the CllJlhoJ',)examine how alternative entry \lJdtCgics, and
ongoing support for the old bannl'r, impacl consumer adoption of Ihe new
banncr. Ihereby proViding guidelines for retailers in selecting a sucressful roll-out
strategy.

.SA10
10-Asuka

Sales Force Motivation
Contributed Session

Chair: Tanjim Hossain, University o[ Toronto, 105 St George Street,
Toronto, ON, M5S3F.6, Cat1nda, tanjim.hossain@utoronto.ca

1 - Sales Contests: How 'Sour Grape' Prize Structures Enhance
Salesperson Effort and Performance

Jeffrey Boichllk, Doctoral Swclent, University of HOllston, 334
Melcher Hall, HoustOn, TX, 77004, United States of America,
jpboichuk@uh.edu, Nilaclri Syall1, Michael Ahearnc, James Hess

We study thl' optimal design of sales comests when applied to sale, forces of
aSYIllTl1c'.'tricendowments. The practical we tackle j<; thai sales forces art'
oflen compllsed of 'tars. core performers, and laggards, with stars often taking
home till' Itlp prizl's. What type of prize slructure, then, may enh,lnc<, Ihe
motivation of underd,'gs who arc unlikely to win the top prize'? We sholY Ihat lhe
theoretical IHld ernpirical finding'i pertaining to sale COllt('SIO\utili',ing monetary
prize SlrUrlures do not necessarily transfer to those offering non-Illonetary prize
stnJelUrl'S. Our cemral prt'mise is that conditions exist wherein rank-ordered
prizes are optimal when applied to sales wmests Ihat offer non-monetary priz,'s.
Through laboratory and lield experiments, we compare monetary prize struClllres
with those Ihat offer rtlulti-allribute, non-monetary prizes. Both our game­
tht·ofc..'licanalytical model and our rt'slIlls demonslralt' IhJI pri/t' structures
ufrering multiple winners. rank-or(kred prize'S, and a cOl1so!iltionprize thJl
dominates the top prize on some amibute. indtKe Ihe greatest amounts of effort
and perforrndnce. \Vc rdcr 10 lhl'se pri7l' structures as 'suur grJpe' pri7c
strllcturt's. Recall Aesop's fable, The Fox and the Grapes. After trying as hard as
he could to reach Ihe grape" the fox trolted away and said, 'Oh, you aren't even
ripe yet! [ don't need any sour grapes: It was the sllbjertiVl' nature of the grapes
that allowed him to downgrade Ihe importance of altaining them. In a sales
selling, surh prizes allow salespeople to pref,'r what is available to what is not,
and we find thal core rwrformers and laggdrcl dre more rnotivdtt"U in
this situaliun than they are when cash prizes arc uffered.

2 - When the Wheat Lies among the Chaff - Salesperson's Luxury
Brand Effort in a Multi-Branded Environment

MOlilTlita Das, PhD Sludcnt, HEC Paris, I Rue de La Liberation,
Jouy En Josas, 78350, France, lTloull1ita.das@hec.edu

Recem studies have shown that brand idenl.ificatilln can increase the salesperson's
effort lOwards the brand. However, the literature is silent about l11uhipk brand
idelllificalions thai multiple brands at a store may elicit. And. while on
assOrtment documenls ilS impact on consumer and store It'vel OlilCOI11t.'),lillie has
bet'll ("xplorc:'d011 how multiple brclnds within an assOrtmenl affect
effort allocation. The author proposes Ihat brand slatus differelKes within lh..
assortment innuence the direction of salespeople's effort allocation amongst high
dnd Inw 5ltlltliS brands. Dr.H·ving frol11 a YdSl literalure un sodal idt'ntity theory
and perreived fit. the author imrodurl's a model that captures Ihe salesperson's
efforl allocation in a multi-branded selling ,'nvironmem using alespersoll and
store manager matched data. Keywords; brand identifiration, assonrt1ent, luxury
braod', status differences, perceived fit, salesperson cffon allocal.ion; sale,person
pnforrnallre.
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3 - The Role of Fairness in Sales Organizations
Vincem OnyemJh, AssnciJte Professoc Babson College,
231 Forest Street. Malloy Hall, Babson Park, i"lA, 02457,
United Slates n[ America, vonyemah@babson.edu,
Dawn Iacobucci, Barton Weitz, Dominique Rouzies

This study examines the impact olsalcs force cOlltrols (c.g., 1l1i1nZlfH:'rial.
procectural. outconw, behavioural, bureaucratiC) on salesperson satisfaction,
fairnc<.;sperrqllion ...lnd sale, pc;'rforrnancc. In an analYI\is of 2,742 sakspeople in
more than 20 countries, we show that salespeople's perceplion of fairness is
drivt'll by sevl'rJI control elements bu!. docs not. influence sales performance.
Thcl)rt'lil..'al cxplaniltit)I1S for the findings ann suggestions Jor ruturc resctlrrh are
proposed.

4 - President's Club or Wall of Fame and Shame? Extrinsic and
Intrinsic Motivations in Contest Design

Tanjirn Hossain, University of Toronto, I05 St. George Street,
Toronto, ON, IV\ 55366, Canada, tanjim.hossain@utoronto.ca,
Mengze Shi, Robert Waiscr

This paper studies tht' interaction betweeJl monetary incentive slwetun:' and
SdWllll' in conleSIS. lo designing a (onlt.'st. a finn mtlnagl's the

incentive struet'ure through the spread of rewards ollcr<:'rtto consecutive ranks.
The firm also chooses a recognition sdlt'll1e: whether to publicillly announce all
winners ilS il group ('President's Club'), announce the complete ranking ('Wall of
Fame and Shame'), or nol to make any publir ClnnOUIl ..:t:Hll'nL Results froITI our
laboratory cxp<;'rirncnl:' show lhat the: choice or recognition schemes alfcclcd
dfon lkdsiotls. lv\ufeover, there wen.' significant interaction bt:lwt'cn 1l1l111Ci(HY
incentive >tructores and recognition schemes in effort decisions; for example, on
3vefJ.ge. -President's Club' induced Sl.IbSt<tIlliJlly 1110re effor1s than 'Wall (If Faint:'
and Shame' lIllder () low reward spread, hut not under a high reward "ipreild.
These results mH1<'rsrO[('the importance of jointly dccidinl::! incentive structure
and n.'cogni,lion schemt' in theon·tkJI 1l1tH.kling as well as ill managerial
decisiollS.

.SA11
11- EMf3A 2

Dynamic Econometric Models
ContributedSession

Chair: Florian Stahl, University of Zurich, Plattellstrasse 14,
Department of Business Administratioll, Zurich, 8032, Switzerland,
floriJIl.stahl@business.uzh.ch

1 - Applying SUR (Seemingly Unrelated Regressions) and Dimension
Reduction Methods in Market Mix Models

Ekaterina Trurneva, Business InreJligence Group, Bid. I,
II Ordzhonikidze Str., Moscow, 115419, Russian Federation,
ekaterina.trutneva@bigdedsion.ru, Ekaterina Atanasyan

The mel hod shows actionable approach 10 overCOllle the key issues of the
markeling pro(l"'sses-multicolliIlt,.Hity in factors ilnd the Jf11biguily (I[ cJulial
rclZllionship between analyzed vJriahles (elld<,)gcnily concerns), AIl1<,mg mclny
methods, targeted at endogenity and multicollinearity consequt'nn's adjllSLrllenL
there were selected lhe tHICS which provide the robust results ill siwJtion when
kngth of lime serit's data is no long('r Lhan 24 f!1vnt.hs. Tht' pap('r is hased t.lI1l.lw
marketing and business information availahle for Russian on the
example the digital company husiness case. We provide the detailed overview
Ilf 1ht;' dillll'll"ioll reduction mel hods for muhicollilwarily issues ..Hid simultaneoll\
equalh)l1s alJproach as the <,)Ilts of the most effeclive to overcollle endogcllity.
These methods are perceived not just as the proper ones for robust modeling. but
also as the easy to implement and inlegrate in the real husill(;'SS process. [n the
anicle there is described the background of these issues in Russian and worldwide
practice. The one of the key villues of tile model WilS its integration in the
company annuiJl strategic planning routine. The paper contClins Ihe overview of
the recognized sources dt'scribing underlined problems lUld alternative ways For
its solution including Schmalensee, Sethuraman, Tellis, Fransens, PilUWe!S,
Hc.ll1"isens,Bagwd, Larnhin find otht.'rs. Currell! situation in Russia with data
supply for the advanced statistical business is also described: which data SOurCes
are availahle Ior the researchers, l1PW usudlly such projects are carrit:'d 01.11 Jnd
how man(lgemelH or the proc(:.'ss il1flt.H:'nces the melhod selet-Lioll and the dala
availahility.

2 - Data Fusion over Multiple Time Periods to Develop Pseudo
Longitudinal Data

Cat.herine Fretl1ev-Bentham, Senior Lecturer, The Universit.y of
Auckland, Bag 9201 9, Auckland, 1142, New zealand,
c.benlham@allckl.and.ac.nz

Cross-sectional data are much rnore common thallongitlldinal data for studies in
rrwrkeling. Hovvcver, longitudinal dilla oflt.'n yields richer CllnSlIl1ler insights. Tbe
purpose of this study is I<) develop a multiple imputalion metlwdology capable of
-morphing" repeated eross-sectional surveys inlO pseudo longitudiual dala. The
method is lested using Nidst'n's "I'ilnel Views" Survey, which allows fOl'eheeks
on the validation olthe matching e""reise. Tradilional distance hot
prOCCdl.lrl'S were utilised to mmch individuals from St:parate dala filt's using tht'
nearest neighhor melhod. Since matching variables were Jneilsured on both
interval and nominal scalcs, Ihe distaJ1l'e between matched units was calculated
using I-Gl)wer's similarity measure. Units ·were rnatched wilhin age cohons,
which were defined because of the theorelic,)1 between age groups
and consumer ochavit)r. A number of simulations were then conducted to test the
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method under di[fcrent condilions. Several obligJtory for the use of
data fusion to creale pseudo 10ngiLUdinaidata arc disL'ussedand four conditions
required to achieve a successful fusion over ll'Jultiplt tinw periods an: derived. In
panicular. this research dcknowlt:dgc..'s tht: significance of time invdriaru
rcldti()l1ships when fusing data acl'()SS different time periods, the imporwnce
of the relationship bel'ivCt'll matching and specifk variables (Le., those variables
the analyst. wishes to track over time). and tile ehoict' of recipit'lll and donor data
files· \·vhich is not a5 sl.raightForward LIS with traditioTll::1ldata fusion since such
data distributions can ehange over multiple time periods.

3 - Understanding Common Trends in Sustainability Strategy:
A Binary Data Dynamic Factor Analysis Model

Ch.arks Kang, PhD Swdent. The Pennsylvania State University,
406A Business Building, Smeal College of Business, University
Park, PA, 16802, United States of America, cak314@psu.edu,
Rajdeep Grewal

SustCiinability refe[<; Iii an approach thelt l"rcaleS long 4 tl'rrn shareholder vallie thai
derivt's from economic environmental. Jnd social developmenls, Firms can

sllstainabilily in three ways: First is to irnpruve Oll "good'" sllswitwbility
activities such ilS dev(:.'loping dean energy; sl'cond is to diminish "bad"
sustainabilily sudl as reducing hilzardous wastes; and third is 1.0 use a
combination of the IW(l ::aralcgies. Firms s'witch among these three slIslainabilily
strJtcgics over time- to cope with social pressures Jnd new regulations. 1n
addition, sorne sustJinJoilitv activities have been considered mort' "imrWrlanl"
lhan other In env'ironlTlt:ntJI dt-'velopl11t'llt. for P()II11tioTl
prevenlion hJS been 'widely impkl1'll'llled by firms wllile using lllaterial
has not oecn popular, Howcver, sparse academic res('arch investigates rl'1ese
phellOmCnJ. Tu address lhis (rilical issue, Wl' set'k to answcr two research
queslions: How docs t.he structure or firm's sustaillahility strategy evolve over
tirn,,' And which suslilinabilily activity is irnporlam fm earh of three
sustainabililY dimensions? We analyze KLD STATS data which are binilry
longitudinal data for "good" and "bad" sustaiJlahility Jctivities. We model firms'
sllstainability activities using a bin,Jry dynamic factor analysis (DFA) where
underlying strU([IHt,'S can be identified by uIlobserved factors and Ihe importance
can be inferred by factor loading. To the besl "f our knowledge, there is no
dynJmic [Jcwr model that can deal with multivariale binary fonna.t data such as
the KLD STATS datil, whkh is our methodological contribution.

4 - The Impact of Recalls on Customer Acquisition and Customer
Retention in the Automobile Industry

Florian Stahl, Assistant Professor, University of Zurich,
Plallcnstr<Jsse 14, Ziirich. 8032, Switzerland, f1orian.stahl@uzh.ch,
Lucas Beck. Mark Heilmann

The number of product recalls dranli:llically in lhe last ye,H,> and hecollw
a relevanl research topic. In litis paper, \'\'(.' Jnalyz(' the impact or recalls on
(UStOIlWf Jrquisilion and customer retention in the automobik industry. Our

empirical analysis bases on a sampk' that consislS of 13,800 aUloUlobile safety
recalls issued ill the u.s. and actual purchase da.ta of more than 700 car models in
44 different ilU101T1Ubil,'brands sold hdw,'en I')'}') .Hld 2008. We derive t:I1$IOJJ1t'r
acquisitioll and ('USlOlll('r [(..'tentl<,)O rales frOl1l first-order iv1Jrkov car model·
switching 1ll<llriCt.'s.Our results indicale sart·ty recalls have only a significanl
negative impact Oil customer <1cqui()ition but n(}t on customer retl'nlion. This
implies thaI customers of an affectcd CJr model and driv('rs of i.1I1uther brand
I'erceivt' silrety recalls in different way.

.SA12
12 Genove

Empirical Generalizations
ContributedSession

Chair: Blake McShane, Northwestern University, Kellogg School or
Man<Jgerncnl, 200 I Sheridan Road, Evanston, IL, 60208,
Uniled States of America, b-rncshane@kellogg.northwcstern,edu

1 - A Model of Mature Market Growth and Decline
Steven Shugan, McKethan-Matherly Eminent Scholar Chair,
University of Florida, 2030 NW 24th Avenue, Gainesville, FL,
32605, United States of America, sms@ufl.edu,
Debanjan (Deb) Mitra

Markt.,t growth is fundamental to mark.cling. Frank Bass' s
explains the growth or nc\v product markets. This paper develops all analogous
theory for the growth of mature JlIdrkclS. which explains growlh
consisting of intt'rmitlcill rist's, declines or stClgnatioTl.Our theory suggesLS that
slIcn'ssful and unsuccessful expt'rimcntatiol1, in every pt:'riod, causes numerous
changes among markct participants. The enviroTlment sorts through those
changes determining winners Jnd losers, Growth requires a sufficient number ()[
large changes Ihal GlliSe di\placerncrn in !"narket positions, as diflerenl market
participants become winners and losers. So one non-obvious falsifiable
implication of our lheory is that displacement precedes growth and slability
precedes decline. We teSl our theory's predictions (hypotheses) using l11ultiple
publicly available datilsets, making our tests easily replicaled. We highlight the
results for two datasets (SilIeS lor WI" tOO firms for 55 years ilnd ,,11 ilulOmobile
models for 25 years). Neither lrends ntH lagged growth ran explain fUlure
growth. Even the elllry of new prodnets is unable to explain growth. Howevcr,
our theor\, of environmeulal sorting explains market growth and decline in very
dif[ereut COlllt'xts without lhe llet:'d for eXlIgenou<; context-specific explanalious
and faclors. All of our qUJnlilativC:' (bulh ;,bort-tt'nn and long-term)
are statistically significanl.
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2 - Exploring the Empirical Bias in Digital Marketing Research
Morana Fuduric, Faculty of Economics and Business - zagreb,
Trg. J.E Kennedyja 6, Zagreb, Croatia, morana.fuduric@gmail.com,
Ana Javornik, Andreina Mandelli

Numerous concerns have been expressed aboul the declille of collceptual papers
(Yadav, 20 to). Such call for a more detailed analysis
thiH would the underlying reasoning relatl'd to thest' patterns .. such
exploring the link between Ihe empirical bias, Ihe accompanying decline of
conceptual papers and reviewing-relatcd changes injoufnals {Macinnis. 2005}.
This paper examines Ihe of empirical bias and relaled queslions wilh a
spedal focus tJn digital marketing ilS on(' of the incn:asingly imporlant domains in
marketing (Kaplan and Haenlein, 20 I0). Firstly, we discuss a framework for
exploring ann under-,lanrling empirical hias in digilalmarkeling In
particular, Ihis paper aims al examining differences in ratio between published
conceptual and empirical digital marketing papers. We adopt the researel,
lIsed by Valla" (201 O) 10 3'i.St'So; tilt' changing pal terns f>t'rtailling ttllhest' two
calqwries llf artides in highly-ranJ..e<.J marketing journals (namely JM, J,\1R. ./CR,
MKS, JAMS), with the addilion of Iwojournals (JIM, JCMC) Ihal specifically
investigate digital contexts. The year 1996 is defined for Ihe studl'S cUloff, as the
year one or tht' initial digital marketing (onccpluali7aLions was proposed
(Hoffman and Novak. 1996). Secondly. contenl analysis is applied 10 examine 16
years of puhlications and 10 differentiate helWel'n conceplual digital papers,
conceptual n"n-digilal papers. empirical digital papers and empirical non-digilal
papers 1991; Yadav, 2010). Thirdly, we explore in more del ail the
subSliJ1Hivc rod or conn.-ptllal alld empirical digitalnwrkt,ting papers. Finally, as
Ihe preliminary findings indicate' the salience of empirical research, the
impliralinns for the field uf dig.ilalmarkeling are discussed.

3 - Meta-MANOVA with Application to Choice Overload
Blake McShane, Northwestern University, Kellogg School of
Management, 2001 Sheridan Road, Evanston, IL 60208,
United States of America, D-Illcshane@kellllgg.northwestern.edll,
Ulf Bockenholt

til Ihis paper, we imroduct' methodolugy thaI clllows ror lIll'ta-analysis or lTIuhi­
factor experiments that follow a wide variety of experirnelllal designs. Building
on the REML mixed model. our methodology aecommodales (i) an arbitrary
number or mcxlerators each with an arbitrary 1l1l111Ul'ror !l've!s, (ii) an arbitrary
number of dependent variables, (iii) subjt'cts and various of
wilhin subjecls designs. and liv) very general slructures for the

and random eHeels. Further, each experimenl in thl'
can have a differenl experimemal design and, indee'd, it is possible 10 use our
methodology to conduct a mela-analysis even when no 'complete data·
l:"xperimt'ots Jre ilvai)ilhle. Finally, Wt' prt' elll our nWla-analytic rt'sulls in a novd
ANOYA-Iike formal Ihm aids in(('rprelability. We apply our novel methodology to
forty-six from sevel1leen reeenl papers Ihal sludy the effeel of choice
overload 011 differenl dependel1l variabks ulili7ing up 10 [our different
moderalors of Ihe dlect and find, across a wide variety of depl'ntl"1ll variables
and modemtllr , an effect that is bOlh strong and moderated.

.SA13
13- Luzern
Finance and Marketing V: Communication
Contributedsession
Chair: Don O'Sullivan, Melbuurne Business School, 200 Leicester
Streel, Melbourne, YIC 3054, Australia, d.osullivan@mbs.edu

1 - Media Mix Decisions and Firm Value
Pablo J. LopeZ-Tenorio, Director of Master in Marketing Science.
ESIC Business & Marketing School, Avda. Valdenigrales SIN,
Pozuelo de Alarcon, 28223, Spain, pablojose.lopez@esic.edu,
Jaime Romero

life growingly required 10 lhe rinancial impa("t or their
decisions actions before senior managemenl. financiall'xeculives and
shareholders. Previous research has shown that advertising :>pending increase Ihe
magnilude 01 firm value and ils slahility across time. These lindings are very
important ror the marketing field. However, we ignore which specific advertising
decisions clre more adequate to increase rirm value. In this research Wt' aim 10
parlially fillihis gap by analyzing the impact of budget allocalion among
competing on company value.TlI fulfill our objective
the finn value and advertising l'xpendillJrt's in three dilfert'l1l media (television,
radio and primed media) of 84 companies during a perilld of S years. Panicularly
we employ vec10r aUloregressive models in which company valuc' and advertising
spending are variables. We analyze dala at a monlhly level. Our
preliminary resulls suggest Ihal thc' innuence of each media on finn value is
different. Particularly, we have found Ihal television spending has a stronger
effect on company value than primed media Similarly. prillled media
,HI;' more appropriatl.:' to gnJ\\1 compJny valtH:' than radio adverlising spending.
These results both theorelical and implicaLions. From a
theoretical perspec1ive we contribute 10 clarify how Illedia mix decisions call
increase value. For advertising managers in$ighls could be
hclpfultn l'xtraet a higher rt'turn from Iheir media plans, Ihus improving the
efficiency of their decisions. aulhor funded by FUlldacioll Rall1Un Areces
and by Plan Nadonal [+0+1 - Minisierio de EcollolTI'a I' CompeLilividad (projeel
EC02012-3 L517). Advertising dataset provided hy Am' Media S.A.
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2 - The Roles of Advertising and Marketing Capability in Influencing
the Financial Impact of News

Guiyang Xiong, Assistant Professor, University of Georgia,
148 Brooks Hall. Teny College of Business, Alhens, GA, 30606,
United States of America, gyxiong@uga.edu, Sundar Bharadwaj

ews repons thm carry positive l)[ negative sentiment about a firm influence Ihe
finn's stock price performance. This study examines Ihe role llf firm colltrollable
marketing ractors. namely. spending and marketing capability. in
moderating Ihe relationship betlVeen Ilt'WS sl<lries and firm stock returns.
Drawing on a panel data sample of nver 7000 firm-monlh obse,,·alions. the

ilHJicalt' lhat the 1110deraiing role'> or Lilt.' two markcling fa ...·tors (HC
nJlnplt.:l1lelllary: while ildvcrtising rl'illforces thl' positive impact o[ positive newS
on aunormal stock returns. marketing capability miligatt's the negative impact of
nt'gativt:' flews reports. Additional art' cunductt'd 111 t"XpIOft' lhe

underlying mechanisms via which Ihese moderating effens occur. We lind thai,
whereas the moderating effect of marketing capability is auribulable to its
influence on lhe level and volatility tlr future cash nows. advertising moderaies
the effect of news by impacting inveslors' aLlenlioll and to news.
The t'conornelri( analysis Jccounts for the potential endugeneity betwl'cn

stock returns, and marketing variahles. Till' results arc also robu,t to
alternalive meaSUrt·s and analysis approaches.

3 - Selling Losers and Keeping Winners: How Goal Dynamics Predict
a Reversal of the Disposition Effect

Arvid Hoffmann, Assistan1 Professor of Finance, Maastrichr
University - SB6, Department of Finance,

51, M.aa trichl, 6211 LM, Netherland-,
a.huffmann@maastrichtuniversity.nl, Jaakko A'lJara

A well-documented hehavioral pauern gUiding consumers' invesunent choin's is
dispnsilion errect, which to the lendency to sdl winning investments

too earLy, whiit' holding on 10 lusing investmenlS too long. This bias has negative
wt-'allh . dS typically, lusing investments continue 10
ul1dl'rpt..'rform while their winning inV('stlllelll" cOnlinul' to outperronn. Using a
goal-sysLemic framework, the presenl research identifies boundaries for the
disposilion effecl by predicting Ihe specific ronditions under which consumers'
u ceptihility 10 lhis crren is reversed. Experimelltal result indicatt:' thai

conditions include situations when: ([) a ,uperordinate (savings) goal is activated
by a subtle prime. (2) overall progress towards a (savings) goal is negalive. (3)
investment opportunities have the l'apacity to serve JlIcrnative goals. such as <;elr­
expression, besides the l11aximiLatiul1 uf rinancial returns, and (4) a superurdinate
savings goal with a clear looms close.

4 - CEO Stock Options CMO Power and Marketing Expenditure
Don O'Sullivan, Meloourne Business School. 200 Leicester StreeJ.
Melbourne, YlC 3054, Australia, d.osullivan@rnbs.edu,
Geofl Martin

Recellt stuclit's hilve t'xarninecltht' rt'latilJl1ship Chid Executivt' Ofricer
(CEO) c'quily incenlive's-stock oplions and sloek ownership-and marketing.
Separately, studies investigaled the role and of the Chief
Marketing Officer ICMO) within finllS. [ntegraLing tlwse two research streams we
examine Ihe interplay hetwl:en CEO equity incenliVl's and CMO power in
inflnencing expendilllrt'. Our SindI' has Iwo goals: first. to propose and

a theoretical relationship hetween CEO SI'lCk option \Wallh-an important
compOlwnL of CEO incentives-and markeling e'xpenditure; seond, to examine'
how C""O power mode'ralt's the relationship [lelwc'en different Iypes of CEO
slock oplion weallh and marketing expendilllre. Specifically, we Iheori;e Ih,'l
marketing expendilure is a posilive function of both CEO slock option wealth and
the future prospective wealth associated with CEO stock options. We also theorize
Ihatlhe impacl of CEO stock option wealth on marketiog I'xpendilurl' is
positively by CMO power. 10 rontrast. we argue thai CMO power
mitigatcs the impact Ihattht' rutufe prosptclive wealth inherent in CEO stock
options has on marketing expendilure. Drawing on dala from ExecuComp and
Compnstat, we test our expectations is a study of publicly traded firms between
t996 and 20 I I. Our findings have implicalions for the Stratl'gy and
rnarketing·financt' Iileratures, ror pranicing 'it'nior executives and
boards of directors.

.SA14
14- Zurich

Consideration Sets and Segmentation
Con nbuled session

Chair: Michel van de Yelden, Erasmus University, P.O.Box 1738,
3000 DR. Rotlerdam, Netherlands, vandcvelden@ese.eur.nl

1 - Age-Related Models of Loyalty in Radio Listening: Station
Recency and Listening Duration

Gilles Laurent, Professor. I SEEC Business Schools,
27 Avenue Claude Yellefaux, Paris, 75010, France,
glaurenr@groupeinseec.com,Raphaill<: Lambert-Pandraud

Oldl'r consumers, an importilnl economic targe'l. have been shown be more brand
loyal for produCls and In this papt'!", we model facels o[ loyalty 10
radio slat ions. Older consumers listl'n 10 and ollkr stations; when listening
to a stalion, the duralion of the lislening episode is longer. We analyze a French
2007 audience panel dilla, which tracks consumers' lislening behaviour over
Ihree conseClnive weeks. We first model whether they Iislen 10 long-c'stablished
vs. stations: fullowing a political change in 1981. radio Slopped being a
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governtllCIlI monopoly Jnd many new SlJlh)os were introduced. A binolnial
model mlillyzes, among the stations that a consull1er lisltfls lO, whether they are
old Of fen'nL \rVe :>how thai itTlfkIC!'i positively tilt' probability of choosing (\11

pld station. Se<.."ond. we ll1odt'ldw number of SIJlion<;.l consumer 10. A
Pois':lon llH\del shows that older consumers lislen 10 fewer stations. Third,
separate Poisson models of the number of uld stations and of the Ilumber of
recent stilliollS reveal> opposite clrccts of agc. Fourll1. wc model the duration of
the first Iislening episode a conSlI.Jllt'r on each day. whil'h is Illci.lsured
discrctely (in quartcrs of an hour). A beta-binomial modcl wilh spikes cvidences
that (.lld"r consumers have longer listening epis(xlt's. These four analyses allow us
to contrast behavioral profiles o( radio listt'l1t'rs across age groups.

2 - Forecasting Substitution Patterns when Consumers Diversify
Their Consideration Sets

Michael Palazzolo, University of Michigan. Ross School of
Business, Ann Arhor. Ml. 48104, Uniled Stales of America,
palazzom@umich.edu, Fred Feinberg

When finns "ffer ll'Iultipk products (e.g .. aUlOlliobill's). decisions about prodnci
line changes require accurate [o[(.'Ca\)ISof !'l()\'Y consumers substitute belwcen
products inside and oUlside the line. \;Ve develop u Ill'W framework for (orcfusting
such substitlltion palterns, using stated consideratiun set data for the automotive
ITltlrkl't. A common assumption in consideration models applit'd III llIulti­
produ(1 markels (c.g .. van Nicrop et al. 2010. ) is th<11 cbanges to (thc first-stage
utililY) of anyone alternative would leave Ibe firsl-slage utility (and
consideration probability) for •.1IlY other unchanged. Our I'rallH:.'Wtlrkallows for
modeling explitil interdt'pencknce arrH.mg I,be UlililleS of lnuhiple yet
avoids the curst' of dimt'llsionality. Wt' usc our fr.lITleWork to model
diversification in consideration sets: wben consumers indude alternatives with
differenl valucs "f an altribulc (c.g" diffcrel1l LlliUlufal'lurers) in Iheir
considcration St'ttO maximize Ihe expected v<1luc of Ihcir Iinal choice. We show
thar diversification should occur if (J) utility or an attribute is at letlst panially
unobservable to the consumer, and (2) the unobserved purtion of utilily is
positively conel<1ted across alternatives ,haring a v<1lue for Ihal attribule (e.g .• all
vehicles mdue by (l given manufacturer). 1.f consumers diversify their
consideration sels. standard approaches (thai ignorc ulility interdependenec) ter,,1
to ovcrt'stimatt' the inlpact of prnduct line by ignoring (I) the 'shielding'
eflen of within-linn substilution alter produel rml(lvals or declines. and (2) Ihe
l"ilJ1nibalization that OtYurs when new produl'ts arc orrcn:.'d or existing products
are enho.nccd.

3 - Explaining Environmental Consciousness at the Individual and
Cross-National Level: A Meta-Analysis

Meike Morren. VU University Amsterdam, De Boelelaan 1105.
Amsterdam, 1081 HV. Nelherlands, meike.morren@vll.nl

Environm('nlal CllnsciotlSIH:.'SSis becoming increasingly inlponant in stlCicly <:llld

l"ompJnics need 1:0 respond 10 consumers' nceds in this area. However,
consulllers wilhin and across cuunlries differ in the eXlent to which lhev "vam lu
play an active or passive role in protccting the environment. Many studies
attempt to prnrilc Ihese green consumers based on socio-dt'IlH)grJphic or
psychographk variablt's. Cultural dilTerellces belween coumries are explained by
tile country's we"llth, the composition of the populJlion and tilt' envin.J0111t'I1lal
quality. Some studies lind Ibat pcople in wealihy nations are more willing to pay
for environmcnt (Fr<1nzen & Meycr, 20lO) whereas other ,tudies find Ihat
el1vironmcl1tal(oncern is lower in \vealthy nations thJI1 in poon'r nations
(EnThnin & KemptOn. J994; Dunlap f,. Mertjg_ 1997). Wilhin countries. some
find tl1.11 negatively rdates 10 income (Ruberts, 19(6)
while others find a pOSitive relation to education (Dimnantl.)poulos,
Schlegdlllilch, Sillkovics. &. Buhlell. 2003). The great varialion among results
may be due to diverse and inconsislent methods Ih<1t are used in these studies
including the s.llTlpling appn.1Jch ..Bll! the operariol1alilatioll of environmental
consciousness. Further, as the l11t'th,)ds used are based on different assumptions
about tlw data. they likely import different biases in thc resnlts. This is the first

in In()rkctiug lhat ainls to shed light 011 lhe potential
methodological cxplanalitlrls al the COft· of the dilIcrenn:s found inlhe
reldl ions hips ween nation's weaLth, composition of the population and
environll1cntal COI1SdOllsness,

4 - Online Profiling and Clustering of Facebook Users
Michel van de Velden, Erasmus University, P.O.Box 1738,
3000 DR, Rotterdam. Netherlands, vandevelden@ese.eur.nl.
Jan-Willem van Dam

In a rt'!<1lively ,hon p('fi(ld (11 time. soci<11 media bave acqUired a promillt'nl role
in media and daily life. Allhongh this development brought ab,)uI scveml
academic endeavors, Iiter"IlUrl' cOJlcerning the analysis or sOfial mc<Ha data to
invcsl.igalt' one's CUS1(Hnersbase Jpru.:'ars til be limjted. In this paper, w(' show
how data frilm the social nelwork sitt.... Fa(d)ook GIll he uperationalil.cd 10 gain
insight into the individuals connected 11.) a company's Fact'book site. In partk'ular,
we propose oJ data collcltioll framework 10 obLJin individual specie data und
propose methodology to explore uscr prolcs and idcntify segments based on these
proles. We i1lnstrJte our methodnlogy by applying il to Ihe Facebook page of an
intcrnalionally wcll-known profcssional foolball (soccer) club. In our <1nalysis, we
idenlify four c1uslers ,)f uscrs Ihat differ wilh rcspect to lheir indicatcd "liking­
proles.

Saturday, 10:30am - 12:00pm

.S801
01- Montreux

Impact of Social Media Investments
Cluster: Intemet[lnd InteractiveMarketing
InvitedSession
Chair: Kalyan Ram<m. Professor. Nonhwestern University,
1870 Campus Dr., EvanSTOn, IL, 60208. United States of America,
kal yrarnan@gmail.coTil

1 - Effects of Social Media Interactions on Consumer Mind-Set
Metrics and Sales

Lisette de Vries. University ol' Groningen, Nettdbosje 2,
Groningen. Netherlands, I.de. vriesCo.'rug.nl, Sonja Gensler,
Peter S.H. Leellang

A.t social rncdia, con"turncrs can illlcract with Cirrus by, for cxample, becoming
fans 01 a brand's Faccbook page <1nd by liking, sharing. and commenting on
funH'nl posled by tlw firill. Finns lhus a platform for (i.e ..
firm·[acilitatcd interactions), COllsumers can further interact with each other
aboul brands by llsing 1l1liao)blogs or reo.Hnmt'ndation sitl.:'s (I.e., non·firrn­
lilcilitated interactions). Although both t)'pes of social media interactions are
proliferating, linlt' is known on tlw effects of hoth intt:'ftlctions on finn outcomes.
'We contribute tn the Ii.terawrt' by providing ill"tights into the dynamic and
reciprocal relatioJls bct\VC('Il rirl11- and non-firm-facilitated social media
interactions, a firm's media expenditures, consumer and sales.
In an cmpirieal study. we show tilal !lolb firm- and non-linn-facilitated sodai
media inleranions do innuence mind-sel. mctrics and sales. To study these
we lise a VARX model. Frollliorecast error vilriance decompositions we infer that
socialmcdiJ intcraclions t;'xplain J substantial pan of mind-set mdrics and sah.:s;
for awareness the intcractions explain aboul 5'¥0, (or prclercnce approximately
I2 l Y.." and for sales ah01.l1 lO%. By lIsing irnpube response analyses, we ohst'rvt'
thJI. firrn-(acilitatt'd social mt'dia interaclions influence aWJrencss positively,
which is a leading indicator for saks. Morcover. non-firm-facilitated sodal !11edia
interaclions illlluence conSlillwrs' lor thc firm's brand and addilionally
directly affeci sales. All effeClS only ('xist ill Ihe short-tenn.

2 - Social Media and Advertising Interaction Effects
Lai Jiang, Assistant Professor. University of British Columbia,
Sauder School of Business. 2053 Main Mall, Vancouver, BC,
Canada. lai.jiang@sauder.ubc.ca. Bryan Bollinger. Michael Cohen

This paper explicilly models the crfectiveness of social media exposures and Iheir
interaction wiLh banner and televisioIl advt'rtising in driving consurner purchases.

allcnv for acn)ss marketing !"orms in both the creation ()[ form­
specific goodWill as well in these good wills in contributing to
COllSumer utilily. Our l110dd allows goodwill froll'l tr,1ditional forms of advertising
to decay at different rates Ihan goodwill created through
possibly dut' to in the emotional connections CUnSlllllt'rS form w'ith
brands as a result of the different marketing channels. Our single source data
ullows us to asst'SS bOlh tlw Shc..Ht·termand 10llg·terrn marginal contributions of
sndalmedia and advertising on S<llcs.

3 - The Effect of Social Media Marketing Communication on
Customer Behavior: An Empirical Investigation

Ral1lkumar .Janakiraman. Texas A&M University. 220 Wehner.
4112 TAMU. College Station, TX, 77843. United States of America.
ram@mays.talTtll.edu, Rishika Risbika, Ram Bezawada,
Ashish Kumar

Extant studies illlhc area of digital marketing have primarily focused on user
gt'neTdled Ctlntent and its dft'CI on various performance rnelrics,
is no study 1.0 our knowledge that has Ihe df('cis of finn gt'J1er.ltcd
content in socia! media 011 custOmer behavior at the individual customcr level.
The prilTl<1l"yobj"Clive' of Ihis study is to fililhis critical gap by examining Ihe
clTcCls of finn genera led ((mlent in social media on customer behavior.
Lt'veraging a data in which we complt'Jl1t'Ilt tht' detaikd activities in a
firm's social media page with individual customer level transaction dala, we
model the effe(1 or COlllenl crcated hy tJH:' focal firm in its social media 011
key ("ttstomt'r behaviors. We also examinc for Ihe interplay between firm
gl'nt:rdled content. aIld lnarkcting cOIll/nunicatinn in fonns of media. Wi::
estimalC our proposed rnodclilf custOITH:r ht:hdvior using hierarchical Bayesiilll
mcthods. We tlddress cndogencity issues Ihat arc lypicallO social media using
appropriJt(, e(ollometric lcchniqul's, Based on our rcsu.lts,we conduct a number
01" simulations which we use to olfer prescriptions to managers nn how to
Irverage SOd..ll rnt'dia to engage with their and to improve
accruing to social Illedia expenditures.
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4 - Dynamic Interaction of Social Media and Marketing
Communications

Kalyan Raman, Professor, Northwestern University,
1870 Campus Dr, EvanstOn, lL, 60208, United Srates of America,
kalyraman@grnail.com. Yijay Yiswanathan

Social mcdia incrcasingly dominale lhe Ii,'es of consumers, hUllill1e is known
about how they interact with tht: firm's marketing effons over
time and how Ihis inleractilm translJ1CS illiO markct performance. vVe propo<.ie
and empirically validale a dynamic modd lhal links salcs 1<' the inleranion

socia) mcdia and the [inn's cornmunicatiolls spending level. Both
advertising and social media OIay (,'llhdI1CC sales but lht'rc an2 costs ...iall'd
with both these anivities. Siudies show that social media Illay nOl alway haw a
bendicial impact ou sail's. This raises lhe queslion-is there an optimal inveslment
Ievd for 'iUcidl flwuia ali there b for advl'r1isiug? L1'it' our mudd III figure
out the dynamically optimal prolil-maximiziug Icvels for advertising and social
media. We present theoretical results showing how the optimallcvels of
adverlising and $odal media change oJ$: the nrm'!\ cnvirnnllH.'1l1

.5802
02- Lausanne

Modeling Online Behaviors to Improve Pertormance
Cluster: Internetand Interactve Marketing
InvitedSession

Chair: Rakesh Niraj, Associate Professor, Case Wesrcrn Heserve
University, 10900 Euclid Avenue, PBL 222, Cleveland, OH, 44106,
United States of America, rkn I O@case.edu

1 - Mathematical Theory for Hit Phenomena as Marketing Science
AkiTa Ishii, Professor, Totwri University, Koyamacho-minami 4­
10 I, Tottori, Japan, ishii@damp.lOtlOri-u.ac.jp, Hidehiko Koguchi,
Koki Uchiyama

For marketing loday, we can able 10 ohserve the responsc of consumers using
inll'rnellike web log, Facebook, TwiILer etc. Mathematil-altheory for hit

J I is lht' Iheory to l1lotkJ response of consumers in societies u\ing
stalislical physics and it can b,' appli<'d 10 daily incomes o[ box
business. onlilll' music rl'nta car business an many other consumer goods. The
key dement of dements of the Iheory is the daily adverlisl'ment. dirt't1
communication (communicalion wilh frknds) and indiren communicalion
(rumor). Output of the theory is the daily purchase intetllion of consumers. The
calculated d,lily pllrl'hase intention can he compared with the observed daily
number of postings on lwiuer and blogs. Using this theory, we can analyse Return
on Invt'sUnl'111(ROI) for advenisemellt. From the real data on social media. w,'
can analyse the strcnglh 01 advenisemcnt e[[ects for TV, newspaper, neL-nl'WS
siles and Facebook separately. Therefore, Ihe malhemalicaltheory for hit
phenomena can be a powerl'ullllarketing 1001 10 analyst' lhe advenisemeJ1l e[ft'ct
in the market. Since lhe theory h very general. it can be applied to any cOUillrit::s
having inlernet. The data 01 posling as blog or twiILer is observed using HntlOlink
service and the TV adveniselllent data is obtained Irom M Data. Ll] A.bhii,
!-I.Arakaki, N.I\I\abuda, S.Umcmura, TUrushidani. N.YamagaLa and N.Yoshida,
1 ew Journal 01 Physics 14 (2012) 0630 18(22pp), "The 'hit' phenomenon: a
rnathelllatit"al 11100(;'1 or human dynamics iruerctiOllS as a $tochastic
Previous studies for box ()fficc in marketing science is rdl'rrl'd ill reLl.

2 - Incorporating Consumer Browse Data: Extended Item-Based
Top-K Recommendation Algorithms

Xiaomeng Du, PhD Candidate, Peking University, Room 416,
Building 4, Zhongguanxinyuan, Beijing, 100871, China,
fancia814@gmail.com, Meng Su, Xiaoyu Zhou

Personalized recommendation SystClllSarc becoming increasingly popular in c·
commerce. More and more Iinns rely on reC<lmmendalion syslems 10 drive lheir
business. One of lhe most popular recommendation approaches is item-based
recommendation algorithms, which recommend by finding prOdUf(S that (lre
sirnilar to olher products 1I ing consumers' purchase data. purchase
data do not contains complete information to reveallhe real prl'ferellce of
consulllers. The purposc of this pap<'r is to extend till' ill'm-based IOp-k
recommcndation algorithms by incorporating cOllsumers' browse data, which
contain'i uSt"ful in(ormZltion in revealing Ihe prt'fert'l1ct' of con"iUIllCrs.First. by
ulilizing consumers' browse data, wc extend thc cosinc-based method of
modeling lJ,e similarity between two products and build four different models
subjCt1cd 10 different condilions acwrding 10 different brows,' and purrhase
combinations. Second, we tesl Ollr exlel1tlt-d algorithms on a simulaled data set
which includes 120 wnsumcrs' browse and purchase.data on 120 products.
Finally. we apply our extended algorilhms 10 a real world dara sct which is
provided by a global online B2C comp'llty. The data sel includes the browse and
purchase dala of 11.936,932 consumers on products during 5 mouths.
Both rC'iuhs of Ihe data and lhe rt"al data SlllH-V thcll our t'xlt:>ndt"d
algorithms Significantly outperform lhe traditional ilem-based algorithms, in
terms of Itit rate (HR) and average reciprocal hit rank (ARHR). Specifically, our
eXI('nlkd algorithms lift salt's compar"d 10 random algorilhms and
7.846% compared 10 lradition item-based algorithms.
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3 - Does Auction Design Affect Participation and Performance?
Evidence from Crowd-Sourcing Platforms

Chong Wang. Assislalll Professor, City University of Hong Kong,
Dept. of IS, College of Business, Tat Chee Ave .. Kowloon.
Hong Kong - PRC, alex.wang@cityu.edu.hk, Yili (Kevin) Hong

Crowd-sourcing plalforms enablc firms to distributc tasks to talented workers all
over the world. A significant amount of jt,)bs are out"loufccd to freeldncers lIsing
differl'lll illlctioll mechanisms ill lhes(;' marketpla((.'s. HOWl'vcr. there is a dearlh of
t>l11piricalinvestigation aboul tht' C[fCCl of aUl1ion I11t'chanisl11dl'sign on bidder
panicipiltion clnd market perforrrli1nce. Using proprielary trans,lClion uala [rom
onc ,If lhe largest online crowd-sourcing platforms in the US, w<' empirically
comparc 0lwn bid buyer-dctermined rcverse auctions and sealed bid buyer­
delerrnint'd reverse auclions. Guided by our theoretical diswssion. a set of
inleresting ohst'rvillitlrL"it"nwrgt' from the sludy. In gt'lleraJ. ctllIlp.Hed to open-bid
auctions, sealed-bid auctions attractlllor(' bids and have h.lWl'r winning prices
(COSt lor thc buyers). However. it i, les, likely for seal-bid auclions 10 successfully
result in a contract belwcenlhe buy<'rs and th,' winning bidders. We amibulC lhe
performance difference betwel'n the lw(} mechanisms to the "'scrt:cning effect" o(
opt"n-bid auctions, which detcrs low quality providers from entering the Juction
and reduc<:.'\selection error. We discuss L1ll' implications of l)Uf findings for
aucliulllllechanism dl'sign in crowd-sourcing platfurms.

4 - Choosing the Right Tools for the Job to Boost Online and
Offline Sales

Hakesh Nirilj, Professor, Cilse Weslern Reserve
University, 10900 Eudid Avenue, PBL 222, Cleveland. OH, 44106,
United Slates of America, rkn 1O@case,ec!u, Tanya Mark, Jan Bulla.
fngo Bulla

On one hand. consumer buying from mulli"le channels (c.g .. lmernel and rctail
store) i' linked 10 an increase in lll<' number of purchases and more prolils
(Ansari et al. 2008, l't al. 2(07). I-[O\V('ver,research also finds lhal
rnullichannel enthusiasls are less brand-Ioyallhan retail store customers (Konus
,'I al. 2(08) and long-Il'rltl purchase incidence dccrease, wilh inert'a,,' in 111lernel
channclusage (Ansari el al. 2008). Tht'sc cOl1lradil'lOry findings point 1" the ueed
lor more research 10 disentangil' the long-tcrm effects of markeling aClivities and
rhtll1nel choice across challllcds 011 huying behaviour. One pos')iblt' explanation to
lhese counter-intuitive Iindings i, that prior models in the channel choicc
literalllre ignored dynamics inherenl in consumer buying behavior over long
term. Ignoring dynamics might lead In errOIlCOus paramcter l' 'lilllatt's when
modeling consumer behavior (Fader and Hardie 20 I0). such, we explicitly
modelthl'st' dynalllit·s by eXlending Ihe Poisson hurdle rnode110 I) allow for a
multinomial dL'cisioll in the.: first pan of the model to account for dlannel choice,
and 2) the impact or Illarkl:ling promotions 011 a consumer's propensity to
buy by introducing random coefficients driven by a hidden Markov chain. Using
data from J multi-channel rt'tailer over a nint"-year period, wt't.'mpirically
validall' our model. Our results indiratc how accoul1ling for dynamics changes
lhc conclusions aboul which type of markeling activities arc C[feClive in
promoting SutTle-channel and cross-channel purchase bdwvior.

.5803
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Emerging Markets in India
Cluster: SpecialSessions
InvitedSession

Chair: K. Sudhir, Yale University, 135 Prospect Street, P.O. Box 208200,
New Haven, CT, United States or AmeriCil, k. udhir@)yale.edu

1 - Analyzing the Performance of Brands in Fragmented Retail
Markets of Emerging Economies

Y. Kumar, Georgia Stare University, Room: Rm. 400, HCB
Building, J. Mack Robinson College of Business, Atlanta, GA,
Uniled States of America, vk@gsu.edu, Denish Shah, Vi Zhao

In emerging markets. relail sail's primarily occur Ihrough small, independenlly
rllll relail Slort'S wiLh limited shl'lf space and reSOUf(.·CS. Consequenlly, nul all
productS of popular brand_ are likely l(J bc available in a typic••1small siled retail
Slore. In such a scenario, one of Ihe critical faclOrs driving brand performance (or
manufacturers such as consumer packaged goods (CPG) finns in emerging
IllJrkCIS iloi the t'xtt,'ntLO which ils pruducts (vis-1>vi'\ cOlllpl'lilOr,,') .He aVililablt:
to cousumers. However, this information is difficult 10 infl'r from aggrt'gall'
markel level datasets that arc typically available to manufacturers for diagnosing
their markel level performance. In this rcsearch, we propose a novel
melhodology III enable markelers 10 inler thc joint distribution of product
aSSOrLllll'lllthat a consumer is likely 10 ·while making purchase
decisions. We achieve Ihis by empl"ying only aggregate market level data that arc
typically available tn managers. Upon applicatiou of the metlllldology with real
world data lrom an cmerging markel coul1lry we find lhat the proposed approach
nUL only oul JpprOJrhes from e.Xlanl bUI also
enables managers 10 gain additional diagnoslic insights with respecl 10 the impacl
of relailer stocking (in addition 10 consunwr preference) on brand performance.
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2 - Transaction Costs and Technology Adoption in Emerging Markets
lshani Tewari, Yale University, Yale School of Management,
New Haven, CT Unlted States of America. ishallLtewari@yale.edu,
K Sudhir

This paper identifies lransaction COSlS associated with branch banking which drive
cuSlorners to adopt I11nbilebanking. High I.filvellimes and poor service push bank
CUSlorncrs towardlollhe mobile plarforTn. However, these cO"i'lS are rnore likely III
CnCOlJrogcmobile lise for rather thtll1 tnll1sacti()!1·intcnsivl:
tasks, suggesting that branch banking may olfer higher quality for (enain banking
needs. Imetl'stingly. less affluent households are disproponionatdy more likely
avoid thl..' branch in [avor of the.: mobile due to poor servin:. This finding sheds
light on how discriminmion may be all imporLJt1t driver of sen-service technology
adoption. especially in <:rncrging markels, 'For banks in rlH:''):(' market'), tht'
presence of very high trzlIlsact'iOl1costs arising from institutions and culture create
J large st'gment of potential (ustom,ers eager to adopt new technologies.

3 - Paying for Intermediate Output: A Field Intervention
Xi.aolin Li. University of Minnesota, Carlsoll School of
Management. Minneapolis, MN, Unitcd Slatcs of America,
lixx1012(ihlmn.edu, Om Narasimhan, Ranjan Balletiee,
George John

Thi5 paper studies the question or pelying il1l't'lltive compt'llsmion to employees
who produce an interrnediille Outpul (like leads). We slLldy a finn in a large
emerging rnarkt't that currently paid COllllllis5iollSto one group of employees
(telt'callers) for the inlt:rnH::'di':lIe ulitpul (kads) in addition 10 comrnissions paid to

anlHhl'!" group of employees (salespeople) for the final OUIPUl (sales). We develop
a hidden aelion model of this setting, which discloses lhal paying for intermediate
outPUl piV<ItsOil the <;trategi( llHnplerneraarily (versus subsli\Uldbility) betweell
lhc intl'rmcdiale and final For instance, if the sdkspcrson's dfnrls increase..'
wht'l1 their telt.'caller generated leads lhen sl:rJtcgic substitutability
holds, and commissions for leads is 110t warranled. VVe this firm to
drop their cOIll.missiOlls for the interrncdiatl' Olltput, reasoning that indu(rd
dfon would reduct' the tdecalkr gt'nerated leads. Crucially. obsnving the knock­
011 effect (In sales discloses wlwther the are Slr.llegirally rornpit'ITlt'ntary or
subslitutable. Dala on 15 individualtelecallers and 29 matched sakspeople over
19 prt·- and 12 posl-il1lervention montJ" shows a 4% drop in leads, but a much
smaller drop il1 SilIeS. suggesting lhal strategic substilUtability holds for this finn's
sales funnel. We..' folli)\·v up with a SlfllCtural C(()[lOIl1('trit: estimation of th(" key
primil.ives and find Ihat efforts increased 4.4(Yo in response to Ihe
18% drop il1 tdecalkr eflon. This t'ombinalion of an analylical model, a field
intervention and structural Cl'onometrics provides cOllvcrgillg cvidellCe about the
conditiolls ul1ckr whicl1 paying incenlivt'$ for irHt'r111ediateoutput is warranted.

4 - The Impact of Offshoring New Product Development (NPD) to
Emerging Markets on Shareholder Value

Venkatesh Shankar, Texas A & M University, College Station, TX,
United States of America,
Nicole Hanson

tn recent years, there has becn J. 1'1I1ldamentilisbifl in thc inrH)Vdlion archill'('lul'e
portlolio and SlrtIClUf(' of illnovalionsi of many global firms. such as Boeing.

General Ell'elrir. Procter & Gamble. :md Oracle. Tht'st, firms are increasingly
offsht.Jring nt'w pruduct dtve!opl11t"JlI. (NPD) to emerging markt·ts (led primarily
by Lndia and China) priJnarily bt'causc of tht' r,lpid economic growth in emerging
markels, the severilY of economic downturns in developed markets, and the
emergence and growth o[ low-ellsl, highly lrdincd work[ofCc in emerging
markels. However, not much is known abonl how dlective such offshoring

are. \-\'hat are the shorl-terrn and long-a'fLn returns to shareholder
value oll)flshoring NI'D to emerging markelsl We develop a conceplllal
[ramcwork and cmpiricolly invcstigiHc this important rcsearch question using an
iUIll)vation dalasel of 150 publiG,lly traded Nonh Americau-headquartered global

who offshorcd SUlllt' of their NPD ilClivities 10 lndia. \-Vt' propose lhJI
the source of resour<:es (intcrnal vs. extcrnJllacqllired) behind innovation
architeClure determines the dfeel of NI'D of!slltlring on finn value. We lind that
internally driven innovation archilecture has a negative relUrn un shareholder
villue, while externally driven innovation archileclure has a positive r('turn on
sharehoider value. Fnrthermore, we lind thai marketing capabililies and finn size
moderate Ihe dirt'elion and size of these cffecrs. We anticipale Ihe lindings to
have significal1l theorclicai and managerial implications for planning and
maLlaging innovations in an increasingly interconnected world,

.5804
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Game Theory: Product Quality and Innovation
Contributed Session

Chair: Subramanian Ralachander, Professor, Purdue Univl'rsity,
Krannert School of Management, 403 W. Stal'e Street, Wesl Lafayettt·,
IN. 47907, United Stales of America, sbalacha@purdue.l'du

1 - Competitive Pre-Announcement in a Context of Bilateral
Information Asymmetry

Sumitro Banerjee, Associate Professor and the Ferrero Chair in
International Marketing, European School of Management and
Technology, Sehlossplatz I, Berlin, 10 178, Germany,
surnitro.hanerjee@esml.org. David Soberrnan

Vye exarnint.' .:HI incumbent firm's decision to pn'·annollIlce J nt'w product ht:'fore
ilS launch in markel where it is lhreatened by the entry of a superior producl.
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While the entrant's prtldUel is superior. Ihe buyers of the incumbem\ producl
incur a switching cost if lhey buy lilt' enlranl'S pruduel and in addilil)n the
prOmiSl'G nl'W product can match the l'ntranl's product qUJlily. 'We show Ihat ill
fnarke[s where the inCTt.'lrll'nlal benefit of Ihc t.'l1tl'J.fIt'Sand the incurnbt.'nt's new
prod un is rdJtivdy high, the incumhent pre-announces the new product Whl'll

conSUlllcrs have rational <.'xpeclJtions JDOUl tilt' future. Surprisingly, the higher
the switching coslthe lower is the likelihood 01 pre-announcemenl and higher
the profil or the entrant under pre-d,IHlOlIJ1ct'lTIerll..Thert'after we eXtlminc the
case of asymmetric in[Orlnatio!l where the illt'lHlllJcnt is unaware of
consumer switching cost and the entrant is unaware of aClual benefil derived by
the consulTlers [rom its product.

2 - Effects of Competitor's Referral on Product Quality and
Consumer Welfare

Hongyan ShL Assistant Professor, Nanyang Technological
University, BLK S3 BfA-32, 50 Nanyang Ave, Singapore,
Singapore, hyshi@ntu.edu.sg, Baojun Jiang

In this Wt' study a entrant's pr(lduct quality (lud pricing dc('isiorJs
in a market where the el1U'ant pays a referraJ fee to th(' incumbent to gain access
to its customers. We eXJrniul' how tht' inl'tllnbcut',\ referral fee slructure (e.g.,
revenrle-sharing versus fixed per unit of sales) directs the emranl'S product
ljuJlily dl'cision and conSUlIler wdfan'. We show Ihat tilt' inrul11beLlt's rdt'Hal ft'e
dedsi(,n critically dept'nds on its knowledge of Ihe enu'anl finn's technological
efficiency in quality design. We specify the conditions under which pooling
equilibriulll exisls such Ihat the entrant ("\1Oosesa quality Ievello conn,al its cost
c[ficiency ill auemptlll obtain a favorable referral lee. Wt' also sludy the effect of
the incumbeIlt's acquisition of tht' potential entrant on product qUJlily and
consumer welfare,

3 - Game Theoretic Cost Allocation Model to Enhance Co-Operation
Pong Yuen Lam, Associate Director I Professor, Chinese University
of Hong Kong, EMBA Program, No. 12, Chak Cheung Strect,
Shatin, NT, Hong Kong - PRC, lampongyuen@cuhk.edu.hk,
Yuho Chung

How C(ln markcter allocJlc cost savings among multiple pJnies to maximize lheir
likelihood of For example, how (an J franchisor convince
franchisees 10 sh.He national tldverHsing cos!? There are lhree minimum

First, all parries should share the total cost. Second. the cost
allocaled to each party should be less lhan or equallo the original COSt of the
pany wilhout cooperalion. Third, the model should allow some pank's (uut not
all) lO cn-operate. fnslead o[ direclfy applying tilt' Shapley value by using absolute
cost savings to derive (t)st allocation, we derive a 1110r(' geIH..'l'ell solution for two
panics by an argument on the lise of ahsollHC savings or percentage
savings in lhe simplc5t case or twO parties ilnd generalize:.' it to three or more
pariit's. Shapley eXi.lmines all pennutatlons of all parties; permutations
may lead to different (ost allocations fDr different panies. Getling all parties to
agree with the 'penllutation' concept is difficult in pranin', b,'cause A and B may
agree to co-opcralc (,lnd thCll AB neguliatc with C. AB is a combination, not a
permutation. To determinc the cost allocation bt>twecn two parties, we begin with
the followiug general e.,pn.-ssion. where <:1 is Ihe cost for party t to an alone. c2
is Ihc COSl for pany 2 ltl act alooe, and c12 is the cost lor panies I and 2 illhey

lO co-operate, We CJn then that the cost. allocation between two
parties should be to divide tile absolute amount of savings. (cl+(2-cI2). equally if
we want to maximil.e tht, joint probahility o[ (\-\'O parlies 10 co-operatt'. W,I1t'thera
cost allocation lllOdt'} will havl' 'will Ofl whclher its
assumptions are acceptable and understandable by practilioners. and whether il
has tlleort'lical suppon.

4 - Premium Offers with Product Purchase as a Signaling Device
Subramanian Balachander. Professor, Purdue University, Krannert
Scllool of Managemeill. 403 W. Slate Streel.. West Lafayette, IN,
47907, United Slates of America, sbaladw@purdue.edu

A marketing manager has St'veral sales prOlllolion tools $lH.'has coupons, rchafes
JIH.i contests to choose from in preparing a sales promolion plan, One such sales
promotion device is lhe offer of a (ree or subsidizt'd gilt or prenlillll1 with
purchase of a produn. Casual empirical evidence suggesls thaI brands tend tn
differ in the extent to which employ premium offers as part of their
promotion plans. While premium "ffers may have sewral objectives, in lhis
paper. we explore the signaling implications of offering premiums or gifts with
purch.lse. Specifically, using a gallw-lheore!.ic framework, Wt: lhe
conditions under which a premiuJll orlering can be iI signal of quality of tJle
produG whose purdlast' is required (or d ct.H1sUUH:.'r to avail of the premium. "'lie
analyze the characteristics of lhe separating equilibrium and the pooling
(.'quilibrium uf our model to derive in'lights. then compare the signaling
effectiveness of lhe premium offer with other signals such a price and advertising.
Our research derives implications for the tksign of the premium oller [n)m d
signaling point ot' view.
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5- Signaling in a Horizontally Differentiated Market through
Word-of-Mouth

Sreelata Jonnalagedda, Assistant Professor, Indian Institute of
Management Bangalore, E 208, Faculty Block, Bilekahalli,
Bangalore. 560076, India, sreelata@iimb,ernet.in

Word-of-momh can significamly influence nlmUTllef" perception of products.
Firms thl'refore clre interested in understanding and managing this marketing
phenom<"'1l01l.For eXdmplt\ websitcs like (,Ilable 10
choose agents who are picked tll try new products for free and spread their
opinion about them. model d monopolist firm that operates in a horizontally
diflerentialed markel. The finn has private information ahout the lype of her
product and signals this by her choice of agent. The agelll experiences the produl1
and communicates his message to consumers: both the and consum('fS are
distrihuted Over the hori7onta! space according 10 Lllt'ir prderence. We estahlish
conditions tinder which Iirms separale lhelllselves lhrough the lype 01 agem they
choose w generate bun. We find Lllat comrary to imuitiotl there are conditions
Linder which a finn <:hoosestln Jgent who does not itlign wilh her own type, we
explain why such equilibrium may arisl·.

.5805
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Movies
ContributedSession
Chair: .Rahat Ullah, PhD student. KAIST, GSCT (CMP LAB),N-5
Building, KAIST, 29 L Daehak-ro, Yuseong-gu, Daejeon, Daejeon,
305-70 I. Korea, nepublic of. rahalUom@yahoo.com

1 - Estimating Consumer's Movie Choice with Non-Compensatory
Decision Analysis

Youngju Kim, Korea University, Korea University Business School,
AnamDong, SlIngbukGu. Seoul. 133-070, Korea, Republic of.
aaO 124@korea.ac.kr, Jaehwan Kim

The ainl of lhis slUdy is understanding <.'onsurner'smovie choice lIsing non-
....ompenS41Iury decisiun model. Lt't' aSSlInlt' Ihal yOll art.' planning 10 go to the
movic' Iheall'r on lhis weekend. When you surl the inlernet 10 find the allractive
movie, you might be under a dilficully If) select one in the various movie options:
all manner of genres are there; many actors SOllle recl'ive rcview'i
from critics; some alread}' went viral: When peuple conlrol1l this kind 01
situJtiun, where having rnany choice options with various choice criteria. they
Oltl'll use tllln-compcnsalory decision rule. To relkct lhis choice behavior in
cOllsumer's muvie chuice, we adapt the non-compensalory dc'ci ion model. The
data was galhc'red using choice based conjoinl analysis and it is estimaled with

IV1CI'\t\C.The findings Slid, LlS investigating how movie-related variables
do their role in lhe screening slage and choice slage will be shared in onr
presentation.

2 - Optimizing Movie Release Timing across Channels and
International Markets

Sumaiva Ahmed, University of New South Wales, Level 3
QuadrilIlgle Bu.i1ding, Sydney, Australia,
sumaiya.ahmed@unsw.edll.all, Ashish Sinha

Managt::rs ufLen face Ihe problem of whell 10 relcLlsc Jirterenl vt'rc;innsor a
produCi such as a 1II0vie at Ihe box ornce (130) or on OVD. The inlerdependent
nalure of Ihese channels, where the perlormance of one can impact posiliwly or

on the performance of lTIeaJl<; thul Liming the release of
dif[erem channel- is extremely importalll for linns. This problem is l'Ompllundc'd
lor firms thai s,'rve glot>almarkels. which presents additional decisions about
when 10 release for different channels in multiple geographic markels. For
example, lhe movie could be released simnltaneously in every channel and in

markeL, ur released al diHcrent times rur every channel and ('very rnarkt,t,
or SOllle combinalion of lht'se Lwo. The inten.it'penrlelll nalure of Ihc')t' re1t'as{:'
decision makes it diffieull for managers 10 oplimize lUla! sales. The goal of this
paper is to develop a model 10 assislmanagers in making llptimalliming decisions
acruss Illuhipk channt.-'Isdnd rnarkets. We devdop a coplllil modellhal
incorporates movie. channel and market features to understand film perlormance
in each separate market and channel, and link them wgether using a pair-copnla
conslruction in order to understand the dependence struClure and predict wlal
sales. We also incorporale heterogeneity aero" movies, channels and markels. We
e timate the model on a data-sel of over 400 movies between 2005-20J O. While
we focus Oil thE" llloLion pidurt> indu"ltry, our modelling approach is easily
extendible to any market where lhere are depl'ndences he1ween channels and
geographic regions. Finally we conduct a "bake-oil" belwec'n our model and a
varit'ly of Oilier Illlldt:'ls in the lilerature, Jnd "how the improvenH'nL ill
managerial decision-making that comes Irom implementing our model.

3 - Like the Book, Hate the Movie? Understanding the Drivers of
Adapted Movie Evaluations

Amit Joshi, University of Central Florida, 4000 Central Florida
Blvd, eBA, BA-lT, 308V, Orlando, FL, 32816, United States of
America, amit.joshi@ucf.edu, Huifang Mao, Zachary Johnson

Movies are frt'quently adapted from best-selling books and .,ther sources, and
mDvie sludios usually spend millions of dollars promoting this cOllnecuon.
Though anecdolal evidem'e may suggest that consumers familiar with lhe source
material (book) would rale lhe adaptation (movie) lower, Ihere has been no
scit'milic sludy into this 'adaptation penalty: Resulls from ,J mulli-melhod
analysis using data Irom both controlled experiments as well as secondary
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sources, confirms an 'adaplation penalty' effect wherein consutllers generale
reduced evalualions of nllwies adapled from books as compared to an original
screenplay, an efleCllhal emerges independent 01 the book quality and whelher
consumer' read it. .\Ioreover, this e[[eel is qUdlilied based on the moderating
impact 01 Comtltllers' Need lor Uniqueness (CNFU). Our restllts provide an
important lh<,'oretical contrihution LO the Iitl'raLUre on hrand extensions, while
also having sl'veral usdullllanagerial implications. regarding the promotion 01
movies.
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Applied Theory in Marketing
Cluster: SpecialSessions
InvitedSession
Chair: Juanjuan Zhang. Massachusetts Instilllte of Technology,
77 Massachusetts Avenue, Cambridge, MA, Uniled States of America,
jjzhang@mit.edu

1 - Word of Mouth Bias and Optimal Communication Strategies
Yogl.'sh V. Joshi, University of Maryland, 330J Van Munching Hall,
Collegl.' Park, MD, 20742, United States of America,
yjoshi@rhsmjth.umd.edu, Andres Musalem

We analyze a selting in which dissipalive advertising can be lIsed as a signal of
ullobserved quality of an experienct.' good, consumer') share information via word
of moulh, and realized word of moulh mighl potentially be biased. We study LI,e
impact 01 lour distinct behavioral word of mouth biases reponed in extant
lilerature: negativity, po itivity, disconfirmation and confirmation, un a rirrn's
communicdliun strategy. A priori. one might expect thai £or instance when
consumers di proporLionallyshare more Ill'galive eXflericncesover positive ones
(i.e. negativity bias), a firm should be more cautious aboul seuing high qualilY
expectations. as rational consumer beliefs are reduced more strongly hy negalive
experiences under higher expectations. Intl'reslingly. we sltow that when

drc (L1isproportionalely) ITlort' likely to share negative a
firm becomes more aggressive in set ling high expectations. This is because when
negative word of mouth is prevalent and consumers hear aboul a negalive
experienec', Ihey are more Iikl'iy 10 be forgiving while updating lheir beliefs. The
linn lhis, and consequently becomes more aggressive in selling high
expectations. Similar results hold when consulllers share surprising experien e
more than cOIl\istent \;V(' show Lhal (.lur resuhs are rohusl 10 differing levels
of consumer awareness, and the presence or absence of rc'peat purchases. Overall.
we conclude thai as word 01 mouth biases increase, a lirm fim!s it optimal to shift
to J more aggressive communication strategy.

2 - A Model of Brand Portfolio Strategy
Matthew Selove, University of Southern California, Los Angeles,
CA, United States of America, selove@marshall.usc.cdu,
Jeanine Miklos-ThaI. Micbael Raith

Experimel1lal and empirical re,earch shows that the success of brand extensions
is driven hy lwU main delerminants: firsl, the perceived qualilY o[ the brand. and
second, the 'f'it' between the brand and lhe extension product category. ExiSling
game-thcorctic analyses of branding, howevcr. ignort' the role of fit. This paper
incorrH)ralesthe notion of fit inlo a game·theorclic model or branding cmd derives
implications for a lirm', optimal dynamic brand portfolio strategy. Consumers
learn about a firm's skill along multiple dimensions of mmpetence through their
experiences with products under lhe same hrand. Different dimensions of
compelence may mailer in dilferel1l product categories. Our model implies lhat
product calegories are more related if there is high overlap between Iheir relevant
eompelence dimensions, and a brand is a beller lillor a product category ilthe
brand owner has already proven its abilily on the relevam dimensions lor Ihat
category, Thus, sucCl'sslul brand extensiol!S provide a basis for luture brand
t'xtc'nsions into relaled categori,'s and grallually enlarge the breadlh ollhe l>rand's
credibility. In some cases, a t>rand extension thai is unprofitable in the shon term
could be profilable in the long lerm by making luture brand eXlensions possible.
Conversely, a brand extension lhat is profitable in Ihe short term could he
unprofitable in the long lerm by diluting Ihe information provided by the brand.

3 - Information Disclosure and Ratcheting in Dynamic Setting
Jiwoong Shin, Yale University, lew Haven, CT, United States of
America, Jiwoong.shin@yale.edu. Brian Mittendorf, Dae-Hee Yoon

This research examines how ratcheting affects a relailer's disclosure and
investment incentive and how a manufacturer responds to lhe rateheling
probkm Ihrough whuksale pricing. We consider lWO period game where a
relailer rereives market demand information after it purchases products from a
manulaclllrer in the lirst period. Based on Ihe privale signal. ilthe market turns
out to have guod potential. a retailer can make investment 10 funher increase thc'
markel profitability and the increased market prolitahililY can neate hendits for
bULh a retailer and a manufarLurcr. In this dynamic selling. we shuw that under
certain conditions. ratchetjng arising frum dynamic consideration of retailer (an
help manulacturer to induce retailer's lruthful information di closure in the lirst
period. which increases IOta! supply chain elficiency.
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Behavioral Pricing
Contributed Session

Chair: Monika Kauferle, University of Cologne, Albertus-Magnus-Platz
1, Cologne, Gemlany,

1 - Partitioned Pricing of Hedonic Versus Risk Mitigating Product
Features Given Prior Risk Perceptions

Dipankar Cbakravarti, Professor, Johns Hopkins University, Carey
Business SchooL I00 Illlernationul Drive, Ea Itimore, MD, 21202,
United Stares o[ America, dipankaLchakravarti@jhll.edu,
Joydeep Srivastava, Hajesh Bagchi

We report three studies examining how I.wior perceptions of perrormance risk
IllOOeratl' product evaluJtions \-",hen the prices IIf risk milig<lting utilitari,:ul
(versus hedonic) product fc(lwrt's are presented in partiollcd Of consolidated
fashion. When COOSUl1ll'l":, as')t'SS low (produc! pcdormilllCC) risk. panilil.lned
prlcing of iJ risk-mitigating fCilLUre (c.g., J warrarl1y) makes the risk more salient
and lowers evaluations. Here, panitioning the price 01 a hedonic feature (e.g ..
slyling,) ddlens dllcntion .lVvay frorn risk to consumption and raises t'vi;lludlions.
[0 contrast, if consumers perceive usage risk W he high. lhe risk
rnitjgJling feature lowers perform,HKe concerns and raises evaluJtions.

2 - Payment Sequence Preferences: Paying too Much Today and
Being Happy about it Tomorrow

Bernd Skiera, Goethe University Frankfurt, GrLineburgplatz L
FrankfUrl, 60323, GertTluny, skiera@wiwi.uni-frankfurt.de,
Fabian Schulz, Christian Schlereth

AdvanfC payment systems arc popular among utility provi<..krs. insurance
providers and guvernuH.>lltS. In these systems, service providers commonly predict
their CUSLOmers' usage for a hilling period (usl1alJy a year) and set (rnolllhly)
advance payments such that the SUIll uf advJllce payments equills the vahJe of
predicted l1sage, Any dirfcrencl's hetween aClual and predicted usage are balanced
at tlw end of Ihe billing peril1d. surh thai customers eilher receive a refund or
have 10 rnakt:, an eXlra payrneru. This paper analyzes i.f lhi.s common practkc is in
the customers' and the provider's intt:ft'st. rn an experiment. we show that
Cl1Sl()ml'rs prefer LO make higher advancl' payments I() increase the probability of
refund receipt alIo are cyell \-villing to pay more for such sequences,
observation is ,inconsisleru with dis(Ollllled Ulility theury. bUl can be explained by
('USLOl11cTs··riskaversion, emotionality and prt'fcrencc for dis-aggregated payments.
In consl'qUt'I1Cl' payment also affect (U'itolllt'r and bt:hJvior.
Merging surwy and billing data of 1340 e!l'etricity customers outlines that
CUShHners who paid J hight.>rshare of thdr yearly bill in advance Jre less price
conscillllS and mort.' likely It) recommend their pruvider. The analysis o[ billing
dal.J [rom more than 20.000 custPlTlcrs rt::veals thill pilying more in Jdvance also
reduces churn and tarirf switching risk. Thus, service providers and customers (lrc
bl'lIer off if payment schemes are designed such tbat WSLOmers pay a higher
share of thdr total bilJ in advanc('.

3 - Limited Memory Consumers and Price Dispersion
Levent Kutlu, Assistant Professor, Georgia Institttte of Technology,
221 Bobby Dodd Wuy, Atlanta, GA. 30332,
United Stares of America, levenr,klttlu@econ.gaterh.edu

This paper l11l' dfet..'l.s of a limited rnernory on the price competition
belwecll finns. The arc Clware or their nJcmory limitations and use
I heir limited memory 10 cJl.q:;ori1.e the prirt'$. The valuation of the consumers art'
assumed to be heter0tlelH:'OUS, In panicular, lhe valuation functh)!1 is linear. The
lI11rot!urtion (If hc[(:rogt'neily in the' (onSU[1wr valuation t'nables us to examint'
the {;'fft'ctsof price discrirnination, lvVe examine bOlh uniform lllld price
discriminaUoll scenarios. [I' tht' consumers categorize prices I1C)o-l)ptimally, il is
pc)ssible lO ob<.;<:.'rvl>price dispersion ('ven when each finn charges a uniform price.
However, if the (()nSWl1ers optimally choose their categorization scheme. then
lLIliJUfJll price

4 - Reference Price on Brand Choice across Online/Offline Grocery
Channels: Internal vs. External

Javier Cebollada, Associate Professur uf Marketing, Public
University of Navarre, Campus Arrusadia sin, Pumplona, 31006,
Spain, cebollada@unavarra.es, Mana Arce

We study lhe influence of Refen'IKt' Price (RP) on consumer brand cht.lict' across
the online and offline ch,:ll1nels of a grocery The rdercnce price is a
mental price (onSUrIlers form and compare against lhe actual price of lhe product
before rndking (I decision. l\vo kind of rden'nee prices hJve been
identifkd in th(' Iiteraturc: Imernal Reference Prices (IRP, ()ased on past prices
stored in memory). and External RderelH'c Prices (ERr. based on eurrl'l1t prices at
the point and time of purrhase). We analyze the shopping behavior of a sel of
multichannel hOilseholrb who purchasc inlerchangeably in the unline and offline
channels of the same grocer in the Gltt'gnry of orange juice. We find LhJt when
purchasing offline, both IRP and ERP have a significant effect. On rhl' other hand,
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when purchasing online, only IRP have a significant effect. We also investigate
the moderating role of COl1sumers purchase frequency on the effect of lHP aud
ERI'. Whereas for frequcnt Sllllpl"'r, thl' prl'vions results Iwld, for infr('qul'lll
shoppers, [hl' effert of ERr innea,,:s considerabll' at bo[h channels. From these
results, n'col11lTlcndJtions for management can be made. For example.
under a rewilillg SLralt>gy (high r<:.'gularprices with frcqucnL and deep
discounls), to strongly innut>nct conSlHlH:'rs offline, retailers should nOl only have
to promutt: Ihe brand hut Jlso promote it with d discount large enough to position
the brand's price under the mean price in the category. In the online channel, just
a small pmmotion of the brand would be needed. That is, the depth of discounts
should be greater ofllil1l' than online.

5- The Effect of Reference Products on the Price Image of Retailers
Monika Kaul'erle, University of Cologne, Albertus-Magllus-Platz 1,
Cologne, Germany, kaeuferle@wiso.uni-koeln.de, Katia AllexL
Werner Heinartz

As pan of the shopping prlK't.'Ss, dlOO$e a store [rum d of
alternatives. This decision carries greJICr implications ror salurated rnarkets.

the'll' "torcs are often equJlly accessible. ru this case. typically
base their dccisi(')l1 on other distinguishing criteria, such as for stOT(.' price
ev...lludlions. Ceteris paribus, consumers prefer the Store with the lowest prices
(price level image) and/or tht' best value for mont'y (prict' value image).
However, the objective evaluation of oJ store's price image is dlilllenging i[ not
impossibit' ilS il requirt's full inforrnation on Ibe prkl's of all products as well as
the ability l() evaluate each product's price level and value. Thus, consumers use

cues to form theirjudgt.'llU'llIS. Ont' such impurtant Cue is tht: so-callt.'d
rdt'rence product (RP), i.t' .. a limited st't of products that ronsurnt'rs USt' for price
comparisons, Ret.ailers CtUl belll'fil from lhis by iH.i<lplingtheir
pri(ing strategy arcordingly. They rould redure the prices of RPs while keeping
the prices of all otht'r products conSiam or even increasing them. Thus, it is
cruriallor retailt'rs (I) to understand how and under which conditions RP affect a
'itore's pritT image and (2) to be ahle 10 idenlify these crilical products. Jl1

experimental setting. the authors find thdt price reductions o[ RPs leJd to a more
favourable price ilnage CV('11 if a [irm the prices of nOll-RPs. Iksides, the
study reveals charaneristirs of Rl's which hl'lps retaiit'rs LO identirv RPs in order
to optimize their pricing strategy. The study contributes h) t'xisting research as it is
the firsL sLUdy lhatlllcil,\l.Irt.>sprin: image as t.wo-dimensional construct (price
level and value image) and that shows the el11piricallink of RPs to a store's price
ilTIJge.

.5B08
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Corporate Social Responsibility
Contributed Session

Chair: May Wang, Assistant Professor, United International ColI.ege,
28 Jinfctlg Road, Zhuhai. China, ywang.llic@gmail.cnm

1 - When Doing Good Leads to Increased Customer Loyalty:
Which Finns Benefit from CSR?

Jenny van Doorn, University oJ Groningen, P.O. Box 800,
Groningell, 9700 AV, Netherlands, j.van.doort]@rug.lll.
Marnix HUgel., Peter Verhoef, Marjolijtl OnrnSt

Tn extend previous rest'arch on the dket of corporal<' responsibility (CSR)
011 customer olltcomes. Ihis study explains variaLiol1 in lilt' rdationship ht,twecn
CSR and customl'r loyally. We adopt tlte theoretical lens of social identity and
organizational'. identifi(ation theory to describe the joint dfect lIr CSH and
compan'v. individual rt'lationship characteristics as well as product Jnd contt>xt
fdetors on customer loyalty. Social idt:lltity posits thilt who nrc
psychologically attached In lilt' organization arc more loyal and willing to expend
l'ffon LO snpport it. We expect perreived CSR efforts 10 be of particular relevance
in situatioLls wh<:.'n these idcntily-bJsed rt'latil)llships are thn..'Jlcrl<:d. Identity
thn'ats CJn be sought in different factors impacting the relationship a
has with a compauy. such as orgJnildlional individual rdationship
characteristics and prodnct and context factors. We th('re!ore study a wide range
or (Olliingt.>ncit.'sat the organizational, individuJI Ctlstoml'r llnd industry levd to
explain the rl'1ationsltip between perceived CSR and customer loyalty. We find
that Ihe pnsitive effrn of CSR on Cl.lslOlller loyalty is stntngn when customer
relationships arc weaker, as for instance indicated by low satisfaction levels. In

with social identity thl'ory, we find that intense competition makes perceived
CSR more imptlrtanl for cUSltlmer loyalty. probably to inCH>ase the distinctiveness
of the idenlity. A n,nnlhln{s CSR record may furthermore (ompeO'iiJle for the
abscnct.' of visual iJt'nlific(lliol1 opportunities when purchasing visible
pn)ducts and services. S\vitching barriers also enhance the importance or
perccived CSH <"frorts ror CUSLOllll'rloyalty.
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2 • The Effect of Social Pressure on Corporate Social Responsibility
Paola Mallucci. Universiry of Minnesora, 32 J 19th Ave. S.,
Rm. 3-150, Minneapolis, MN, 55401. Unired Srares of America,
malll1004@lImn.edu, George John, Tony Cui

The goal of this study is to helter understand consulllers' reactions to products
featuring choritable Tbesl:' corporate social re,ponsibility (CSR) aUions
l'vokc Iwo toffeets: 'warm glow' (lnd 'social prt''isun:: On 011(;' hand, ,hl'\C prnduC"b
appeallO cuStol1lt'rs because the warm glow they tkrive from choosing a product
associalt'd with a c1onalionto lllt'ir favored GHlSl'S in<..'fec)s(.'swith the size or thl'

donation. At the c;aIlH:,' time, when donations reach J threshold amount.
consumers kcl "ncial prt'ssure10 hehave generulisly. While such pressure might
move a consumer to purchase the product, i1l11ightalso lt'ad them to opt out of
the market to eSt-ape the pressure. Intuitively, wJrm glow efkns benefit till'
producer. However, might aversion to social pressure imply that rational finns
never liSt: charitable donations to appeal to consumers? [n thret' separate
t.'xperimenl), Wt' find empirical evidt'nct' for warm glow St:nc.;iliviLyJl1d c.;ocial

aversion. We quantify tJ1Cse effects with a utility function that embodies
these opposing effects and find them apprt>.ximaldy the sante ordt'r of magnitude.
To develop this idea fnrther, we build a model of a profit-maximizing finn that
rccuglliz('s warm glow and social pressurt' clversiol1 prdcrenn's of its l:USLOmcrs.
Under both monopolistic and duopoJistit' market structures, we show that when
WJrnl glow i\ large enough, a firm will donate al su[ficienI levels I(l t'voke social
pressure, despile tht, demonstrated customer aversion to social pressure. Put
differently, despilc the negative effect on consumers' prderenccs, employing
sodal in a CSR conlext (all bt., profitable. \-Vhy? fnllliLively, social
pressure diminishes price sensitivity.

3 - Go Regular! Who Gains from Large-Size Soda Bans?
Randa Chakrabony, Senior Lecturer in Business Management.
University of East Anglia, Norwi<'h Business School, Norwich,
Unired Kingdom, r.chakraborty@uea.ac.uk, P,wl Dobson,
'Eitan Gerstner, Jonathan Seaton

A storm of controversy greeted the decision to ban eateries Irom selling large soda
sill'S over t6 ounces (500 ml) in New York City from March 2013. Proponents
have argued that the size cap will lead to reduced consumption of large sugared
drinks that are contributing to the obesity epidemic. Critics have argued that such
a ban infringes consumer sovereignty. is discriminatory. auu/or will prove
indkctivl'. Yel, oth!.'J" citiec; and other countries Jrc now conl.cmplaling similar
ban.,;. This paper \.·onsiders how eateries and consumers might rt.'sponcl to such a
hun in respcct of (hc prict.'s sel and amounts consumcd wherc consumers have.'
different preferences: sOllie happy 10 supersize their sodas for ['arllain prices with
liule thought for health consequences; but otllers keen to restrict their calorie
illlake frum sugar....d drinks and ignoring the of biHgain prin's for IIHg....
soda sizes. We investigate the direct and immediate econolllic effects frolll a ban.
not the longer-term health effects from changed consumption patterns. These
direCl economic effects havc tended to be overlooked in the wider dd,ate otller
than the view that industry out through diminished sales and mn,umt'rs
determined to drink large amounts will haw In buy and pay for mullipk units,
Le. a potenliallose-lose situation. However, this view ignores how a ban might
affeci wndors' pricing behavior in targeting diffnent consulller types. As this
paper show', it is possible-but nOt inevitahie-that both consumer welfare and
t'conornic welfare could incrt'else with slIch a large sirt' han eVt'1l Wht'll to
reduced sales, This provides an economic argumt'nt in suppOrt of the ban in
addition to J heath argllmenl. Nevertheless. this economic Jrgument comc\ with
a nUlTIbt'r of imponalll caveats.

4 - How Does the Explanation after a Crisis Affect Consumers Trust
and Distrust towards the Company?

May Wang, Assisrant Prol'essor, Unired Illternational College.
28 Jinl'eng Road, Zhuhai. China, ywang.uic@grnaii,coll1,
Xiaoyun Chen

The goal of cl communication strategy in Ihe face of a crisis l\hould be evenLually
10 restore consumer trust. CompaJlil's have to consumers' attributions of
blame. as wdl as their negative thoughts abuut tile brand, by fJrtlviding a (kar
explanation about the crisis. Effectivt' explanations will help restore consumers'
trust and aver! the distrust. Whelher truSt and distrnst are distinct wnstructs or
the opposites of a tn"t-distrust colllinuulll has been a debated wpit' in various
fields. In a context nf crisis, the companies involved have to take into
cUl1sidcralioll the interests of bOl h consumers and themselves. On thl' olle hand,
they net'd to fulfill cOllsumers' requests. On Ihe:' other hilnd. the also
nerd to consider their own interests since companies in crisis may hesiltJlt' to
wnkss their faulls due to legal considerations. The companies haw to cam
money by n'uudng to sOll1e ext('nt ..lIHIII1l'y du not rl'1y soldy Oil the
requirement· and needs of COllsumer . Therefore. b()Lh consumers trust and
distrust may exist simultaneously in tbi scenario. The first focus of this study is to
theorize and test the dfects of explanatiom on consumers trust and distrust from
persuasion and knowledge-based trust perspective, Based on attribulion Iheory
and the COIKt'pt of locus of control in literalllre. two kinds of explanation were
uesignt'u ill the This study furtht'r examines Olll' contingent factor.
i.e. consumers' skepticism towards Ihe brand. [lased un schema theory, this stndy
takes a doser look at the interaction elfects of explanation and this consumers'
trail of <.,keptici m tuwards the brand. rn this study, we lll\semblea framt'wurk that
highlights when specific communication stralt'gies should be used to help a [)rand
restore consumer trust and avert dist rust.
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Return and Complain Behavior
Contributed Session

Chair: Ricardo Montoya, Universiry of Chile, Departmenr. of Industrial
Engineering, Republica 701, Santiago, Chile. rll1ontoya@diLuchile.cl

1 - The Analytics of Product Return Episodes: Impact of Restrictions
on Return Privileges

Michele Samorani, Assislant Professor, Operarions Management,
Univer ity of Alberra, 3-20B Business Building. Edmol1ron, AB,
T6G 2R6, Canada, samorani@ualbena.ca, Paul Messinger,
Aydin Alptekinoglu

We provide an episodic analysis of conS\IIll('r I'l'lurns and analyze the profitability
of ITtllil pruc!lIl:1 [('turn polich',; in light of this analysis. A product rl'turn cpisod(,'
consists of a sequellCl' beginning with a new purchase, it rt'lunl of that product, a
repurcha,e of a similar product. etr .. concluding with a final purchase or a final
return. Using cluster analysis. we idenlify empirical return palterns of ahuse (that
for panicular segments of episodes are very unprofitahle). We consider
cuslollli/ed n·turn policies ror particular consumers or episodes bCl'i(,'d 011 CI
rdatively simple profit model that we propose, We distinguish hetween and
ana lyle the advantages and disadvantages of adaptive versus fixed screening
restrictions on rustomer return privileges. Our empirical analysis utilizes tht'
ISMS durable datasel (I) for a large consumer ekctronics rl'lailer in North
America. We seek 10 predict whether episodes art' profitable (before they begin)
and consider tht' profit irnpIicaliOlls of various rc)trictions on rt"turn policies
(blacklisting based on measured attributes in the data).

2 - Empirical Analysis of the Effect of Out-of-Stocks of Fast-Moving
Products on Customer Behavior

Ricardo Montoya, University uf Chile. Department o[ Induslrial
Engineering, Republica 70 I, Santiago, Chile,
rrtwnloya@dii.uchile.c1. Marcelo Olivares

Out-of-srocks (005) remains a large problem for rf'lailers, wilh 005 rates that
fall in the ranlle of 5-1.0%. Custon",rs facing an 005 may choose to buy a
substitute product from the same ston', may delay the purchase and decide to

come back later III buy when it bewmes available or may decide not 10 purchase
from lhe store anymore. These scenarios have lIif1crent cost implications for
retailers. and therdore umkrstanding how a customer behaves wi1l'n
encountering an 005 is essential w quantify the economit' <ost, associated 10

them. Past rest"arrh has investigated the potential eHect of 005 on CUlilOI11t"rS'

behavior. Most of such research relics on physical store audits that provide
mea ures of 005 at specific periods of lime. Howl'ver, this procedure may failw
correctly identify customers facing an 005. Especially, in Ihe case of fast-moving
products. Wl' USl' a novel dataset nJlit'eted through digital cameras that record the
in-shl'lf availability and identifies 005, In addition, we have pOint-of-sales (PaS)
data from relevant transactions during the studied period. We use the time-stamp
of the POS transaction 10 link the in-stllck data with the CUSlllmerpurrhase data.
A key feature of the supermarket we study is that a large fraction of their
purchases are from loyahy card holders. This is used to conStruct a panel dataset
of customer purchases. which enables us III control for customer heterogeneity.
Our findings CJn help store managers in LWo ways. First, we estimate the er£el..·l
(iusl sales and substitution) induced by product 00 and u e il to assign a
[inancial value to the cost of 005 considering consumers' response III such 005.
St'cond. these findings ran help 10 dett'rmine the optimal servicf'levelthat
retailers could offer.

3 - Integrating Relationship Marketing Activities into Organizational
Complaint Handling

E Javier Sese. Assisranl Professor, Universiry of Zarag07a,
ClMaria de Luna, sin. Zaragoza, 50018, Spain, javisese@uninr.es,
Jesus Cambra, 19uacel Melero

This research fncuses on investigating the effect of relation,hip markeling
activilies on customer pro[itability when the CUSIOlnerhas expe,ienced a service
failure and filed a complaint. While the effect of rdalil1nship marketing on the
devt'lopmcnt of sliccessful relationships hilS rerdved cOllsidcrablt" attenlion in
prior rt"search. studies have frequelltly ignored lhe consequences of irnplcmcllling
rt.:latiunship marketing campaigns when thl:' clIstc,,)merhas complained to the firm.
Several managerially rekvant questions emerge: Do CUStl>mersreact positively to
relationship marh'ting wht'n they have experienced a service failure? Can
relationship rnarketing leverage the impact of complaint handling on customer
profitability" Or docs relationship marketing instead cause more damage to the
relationsllip becausc customers perceive that tllesc investments can be better used
to more effeclivdy resolve the complaint? To answer these questions, we propose
a conceplllal framework to understand the dirl'et effeClof relationship marketing
on custonwr profitability as well as its indirect cf!t'Cl through the moderating
inflnence in the relationship between complaint-handling and profitability. The
framework is tested empiricJlly in till' financial services using longitudinal daw
for a sample of 791 customers. Using a latent cIass model to control for
ht'lcrogeneity du,' rt'sulls show Ihat while for sume CUSLOmers investing in
relationship marketing leverages the impact of complaint-handling on CLV, for
lllhers relationship markeling decreases the of complaint-handling.
Also. this research olfers insights into tht' profile of customers who react
negalively to relationship marketing, providing companies with some guidelines
10 more effectively allocate rl'1ationship marketing resources.
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Mobile Marketing
Contributed Session

Chair: Scott Neslin, Dartmouth College, Tuek School of Business,
100 Tuck Drive. Hanover. NIl, 03755, United States of America.
scott .neslin Cd'dartmOtl tho ed u

1 - Consumers Un-Tethered: A Three-market Empirical Study of
Consumers' Mobile Marketing Acceptance

Fareena Sultan, Northeastern University, D'Amore·McKim School
of Business. Marketing Group, Boston, MA, 02115, United StJtes
Of America. f.sulwn@neu.edu. Andrew Rohm, Margherita Pagani.
Tao (Tony) Gao

This study examines factors influencing consumers' JCCCplJI1CC of mobile
marketing antiS> three influential markets. namely U.S.. China and EUfope. In
developing an integrative COIlCl'plual m()del ou (OnSlIlllt'rs' iHlitudes and
behaviors toward mobile markeling. the authors go beyond current

or Jf('Cpti.ll1fC modds (primarily the TAM and innovalioll
diffusion models) to unile technology-based factors with consumer charaet('ristics
centra] to mohile marketing in explaining (OIlS1J1Tler altitudes. wl'lJ as
consumers' suhsequent acceptance of and panidpation in mohik markcting
'H.1ivilks. Mort: importanlly, they eXi)rninc t.he moderating roles of t.'OTl$lll11l'r
dlaraeterisLk's such as personal clltadlll'lt:'lll. (LO the mobile device),
innovdtivcnl:.s), and risk avoidance on Ihe dfl;'t1.Sof technology factors (e.g.,
usefulness perceptions) on allitude toward mobile marketing. Focusing on
Generati"n Y co",umers. the conceptual model is empirically tested with data
from U.S.. China. 'md Europe using the struclUral equatiolls modeling approadt.
The findings illustrate cross·lllarket dirrerences Jnd simUJrities regarding
the relationships bt'h ...'een individw-I1 8 level characteristic), attitude, (lnd ITIohile
marketing activity. Hesearch and manageric11 implications of these findings arc

Keywords: Global market ing, rnubik marketing, COll$Urnl'r accepl..Ince
nf new rnJrkeLillg platforms, innovations diffusion, branding .. wirdess
communications, anel youlh consumers.

2 - Evolution of Mobile Services in UK Retailing:
A Longitudinal Study of Developments and Expectations

Sonja Laarri, Aalto University, Dept. of Marketing. P.O. Box 212>0.
Helsinki, 00076, Finland, sonja.lani@aallO.fi

A ago, lhe exaCl implications that mobile lcchnoll)gies would hav(' OIl

businesses were diffinlh to discern. Today, Ihest' implications rim be widely
observed due tll rapid technological development. In retailing, mobile services
have become increasingly important as rl'tail can be through
mobile anywhere, anytime. \'Vhilc mobile e[forts ill retailing have gained
a growing interest in literature, there is little longiludinal research on tht'
development of l11olli!t'services in retailing [rom lhe emergence o[ the first
services umil reCent devdopm('nts. This study examines the development 01
mobile servic(':) in a UK rt'te:lilillg contexi from a lungitudinal perspeCtive. The
empirical pan induded an archival data collection for a Iwdve-year time frame
frOITl 1999 to 20L I in two UK (('tail induslry mt1gazint's and one newspaper. The
findings o[ the study present four central stJges of moliile commerce
devfdoprnent. The first stage was charactcrized by the high txpenations lowards
the first mobile phllnes with ..Ill llllt'nll'l access. Text message st'rvicc(j domin ..llcd
tht' second )tage. while the ldunch of srnJrlrhones reve..)!uliollized the SCt:'l1t' in
the third stage. The [ourth stage saw the imroduclion of advanced services such
as the scanning of bar codes. These stages depict how technology was lim
highlighted over services and how the emphasis shift"d over lime. The slUdy
discusses also the changing aboul mobile technologies and services
that arise from til<: data form of a hype cyde. Suggestions art' pmvidt'd on
how to validate Ihis hype cyde. This study brings new insight iuto retailing by
capturing tlw evolution o[ mobile services ill four sl.Jges. Thus, future
implications or mobile lcdmologics and developed may be easicr to
predicl.

3 - The Evolution from Mobile Users to Mobile Shoppers
Mingylll1g Kim, Yonsei University, SK Global HOllse.
Yonsei·ro, Seodaetllul1-gu, Seoul, Korea. Hepublic of.
mingyung.kim@yol1Sei.ac.kr, Yerim Chung, Jcllnghye Choi

Smartph011t'S haw penetrated rapidly and mobile shopping provides promising
rnJrket opportunities to rl'wilers, However. lillie is known "bout mobile
shopping. We combine mobile bwwsing dala. 1110bile panel survey, and mobile
panel charJCl.eristics together and thrl't' sleps ill rnohik shopping:
adoption of shopping apps. and purc'hase and throllgh slwpping apps.
TIl<: expl<lfawry look into mobik data and its <'l11piricalanalyses provide three
11('\·\'" substantive findings. Firs!' Lhe variables of Illobile:.'browsing improve

of mobile shopping dllli rhe extt'l1[ of improverncru depends on
the mobile shopping steps. Second, lhe information aboul shopping-linrelat('d
apps helps to understand who would adopt shopping apps. Third. purchase and
spending thruugh shopping apps can be predicted by I.h(' browsing information of
shnpping apps and shopping·unrelated apps have little-w-no usc. Implications ror
rnohilt' relailing rcsearch dnd practice an.' discusscd.

85

4 - The Impact of Mobile App Usage on Consumer
Purchase Behavior

Scot[ Neslin, Dartmouth College, Tuck School of Business,
100 Tuck Drive, Hanover, NIL 03755. United Stares of America,
scotLneslin@d,lrmlOuth.edu, Harald van Heerde, Isaac Dinner

Sl11cHtphones presellt firms WiUl a host of opportunities to illlcraci with
CU,>WIlH.'fS, but also pose a difficult strategic challenge. On(, particularly common
OCClIrn.'IH.'<..'is when J r(,lilikr cremes an app allowing CuStOllH ..'rs /() ilCCtSS

inforrrlJlii.Hl about the retaiiL'rs' offerings, although a limiled ability to purchJsc.
Whik JppS allow (OnSUlllers to JClivt'ly with tht., retili.!er, a pressing

is whcther dpp usage has J positive impact 011 the bottum line all
channels: consumer purchi,1$C behavior, This is till: primary issU(..' W(' address in
this research. Our data cOllsist of over (1 lhollsJnd customtfs vvho have
downlo,Hled ,lH app lhJI features ,) 'product of tlie day' for J high l'nd dOlhillg
retaikr. For each cuswmer we e..)bservca lime scries of app access as well as
purchasing both the featured product thfllugh the app (which is not price
discount.ed) as well as products in other dlJnncls. We [orlTlulilt("
models of (I) accessing Ihe app Jnd (2) purchase of feJtured products, purchase
of prodlKts from the fl'a1.url'd products' category. ano tulal retail
through bUlh Internet dnc! the bricks·cHld-IlHxtar SlOn'. The..' access 1l1t.)deJ
in<:orpor ..1tl'S sl:asonality, previous purchase behavior. rixl'd crfecls, advertising.
Jnd importantly. exogL'1l0US updates (improvcments) Lhe retailer makt's to thc
dpp. This exogeneily ,Jllows us to idenlify I ill' cHert of app llS,)ge \HI the plJrchdse

lJehavior Ilwdt'l. J>rcliminary results suggest Lhat apr> lIsage increases tbe
Iikdilwod of subsequent purchJses. even Jfter controlling for seasonJlity and
fi xed drects.
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Structural Models
Contnbuted Session

Chair: Yll YlI, Assistal1t Professor, Georgia Stille University. 35 Br(lad
Street, Atlanta, GA, 30303. United States of America, yY1l5@gsu.edli

1 - An Empirical Study of Pre-Market Licensing for Drug Innovation
Manuel Hermosilla. PhD Candidate. Northweslern University,
Kellogg School of Management, 2001 Sheridan Road.
Evanston, IL. 60640. United Stales of America,
m· he 1'1nosilla@kellogg.nonhwestern.edll

To lake JdVantflgc of produ(tive efficiencies and tirne·tu·rnJrket,
transactions in markets for technology should occur earlitr nn in the lcdJlwlogy's
ckveltlprnenl (Arora et a1.. 2001). However. subslallli.ll cnnlr,Kling delavs ,He
cOl'lul1only observed. suggesting lhat frictions may playa rdevallt roll'. Focusing
on the market for developing biopharmaceuticals, f develop J structurallllodd
that charact.erizes lWo prominellt t.ypes of imperfections, inrH)Vdtor-bilscd adverse..'
seleclion and moral hazard. The model is ('stilnatl'd exploiting variation in time·
to·liccllse decisions. contrJ<..'l design, and dev<:.'lopment lransitions. Hesults
crystJlizt' the intuition Ihal compounch with low priv(1tt'ly UhSt'fVt:'d(]Ilality an'
more likt",ly to l'1llt'r the tt'chnology nwrket than their high quality counterparts,
and condilional on doing so, more likely to do it sooner, highlighting the role of
t.he .1dver'\t' sde('tion problem. while IHHI·("onlractible innovator CrrOrl. is
estimated W sigllificanLly impact d<:.'vdopml'lltal success, contract design
successfully Llligns inccnlivc..''ifor ib provision, rcducjng the burden of the mOT..I1
hazard problem.

2 - Learning by Doing and Consumer Switching Cost
Yul'eng Huang. Tilburg University, Warandclaan 2, Tilburg,
5037 AB. Netherlands, y.huang(g'UVLnl

This paper attempts In explain the long duration before a compact ('oJm('ra LIseI'
decides tn transilion 10 a single-Iens·reflex (SLR) camera. despite the lalter
product's much beller piclurr quality. I devt'Jop a theory that is new to the....
empiric(.lllitcrJlure on dynamics. put. i) consumers'
photographic specific human CJpitJI . i.e. their ahility to product' good pictures­
increasc(j along Wilh thdr experience acnllllulatiun; Jnd morc impOrlJntly ii)
such human capital is only partially trdllskrred I() a different lype of camera.
hencc creating <l switching whirh is kt.'y to expltlin lhe slow Iransition to 5LH.
cameras for 1l1(,l11y consunJers, l t'slimatt' the evolution process of the COIl\lI11H..'r

human capiwL <.15 well as their (kcisjon process of carnt.:ra purchasing, from J

unique data on both camera own('rship and quality of pictures. There is strong
evidt.'llct' for both learning by doing aud switching cost:. The implied
markup for lhe same gn)up of consumers wht'll their hUlllan capital has matured,
is l2.3'% bigher than when they are at their initial stales. [n addiUoll. median
consumers i)re willing III pay as much as d price premiulIl to permanently
diminalc..' the switching cost - )uggcsting d huge potl'ntial welfare gain in doing
lhat. Finally. my ((Il111lerfactudl experimenl.s sho\v that firms do have an
inceJ1live to prnvide such invcstmeJ1ls, particularly in pres('nce of competition.
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3 - Very Simple Markov-Perfect Industry Dynamics
Nan Yang, Narional University of Singapore, Business School,
15 Kent Ridge Drive, Singapore, yangnan@nus.edu.sg,
Jaap Abbring, Jeffrey CampbelL Jan Tilly

This paper dl'velops an econometric model of firm cmry, competition, and exit in
dynamic oligopolistic market,. The model entertains market-level demand and
cost. shocks, 'iunk enlry rost\, and paraIllt.'ters lhat capturt' economic barriers 10
entry and the toughness or price compl'tition. Nt'vertheless. its analysis is very
simple. We show that tht, Illodel has an essentially unique symmetric Markov­
perfect equilibrium that can be compnted quickly by solving a finite sequence or
low-dimensional contraction mappings for their fixed points. We develop a nested
fixed pOint procedure for the model's maximum likelihood t'stimmion Irom
markt'l-levd panel dala and compare this pron'dun:'''s perl'ormance to thai of a
mathcmatical pr()gramming with equilibrium constraints approach. The
franwwork is rich enough for d rangE:' of applications, C)uch as the weHare Jl1iJ1Y'iis
of fcquirerncf'll5. and environrnenlCllld\V$. J\1or<:"over,

provides a point ror the analysis or mort' gcneral mt)dds.

4 - A Structural Model of the Post Patent Ethical Drug Market
Yu Yu, Assistant Professor, Georgia State University,
35 Broad Street, Atlanta, GA, 30303, United States of America,
yyu5@gsu.edu, Yi Zhao

us policy makers have been looking at various ways to curb the rising Itealtlt care
costs in USA, including way') to promote lht' USt' of generic in lieu of hrand
drugs. However, such a policy intervention requires a structural understanding of
the generic drug markel. In this paper, we study consumer's buying behavior and
gt'lwric COmfll'tilion in lht' POSl palt'nt ethical drug markets. Specifically, We:.'

l1ighlight three interesting and puzzling features in this market: I) the increasing
trend in brand drug prices; 2) the -pioneering advantage" in market shares
enjoyed by tlte first gcneric drugs enlcring the market; and » tbe gradual
changes in brand and generic" drug prices. Although tltere have been papers
dt'monstrating some of these pheno!l1enon, our paper is the !'irstlO incorporatc all
the three phenomenon in the same lltodel (witlt speci!'icatioll of both supply and
delnand side) and empilically estimate tlte parameters fro!l1 aggregate data. Wc

two classes of with price st'l1sitivities, which explains
the brand price incrt'ast.'. We identify ('OnS1l1l1t'rs'switching cost betwel'n different
drugs, which accounts for the generic "pioneering advantage· and the gradual
changes in brand and generic drug prices. We also t'stimate the production COStS
of orand ami generi(' drugs oased on tlte supply side model. WC conduct policy
simulations to illustrate the eHect of: I) ObcJlllflcare on conSUnll'T sensitivity
towards brand and generic drugs; 2) patients' belids about generic drugs and
their equivalence wilh hranueo drugs: (llld 3) governJlH:'J11 regulation over generic
drug prices.
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Competitive Response
ContributedSession

Chair: Jimi Park, phD Student, Korea University, Business School,
Anam-Dong, Seongbuk-Gu, Seoul, 136-701. Korea, Republic of.
j imipk@korea.ac.kr

1 - Competitive Interactions in Promotional Strategy among
Prescription Drugs

Abhik Roy. Professor, Quinnipiac University, Marketing &
Adverlising Dept, SB·DNF, 275 Mount Carmel Avenue, Hamden,
CT, 06518. United States of America, Abhik.Roy@quinnipiac.edu,
Mary Schramm

An aggregate llll.h.kl is 10 capt.ure Ihe compelitive iUlt.'raclions
brands or prescription drugs on marketing activities such as delililing and direct­
to-conSUl1ler (DTC) adwrtising. Special cases of the general model developed by
Ama1doss f, He (2009) are considered, with different levels of brand speCificity in
the corllellt of DTC advel1ising, Tht' proposilions from this model art' It"sied using
data on promotional spending (detailing), DTC advertising, prices and brand sales
lor prescription drugs in a nurnoer of markers such as depression, cholesterol,
en::"Clile and osteoporosis:. This is combined with qualitative analysis
of Ihe coment of DTC advertising-ddssification of the advenising as either
promoting the drug category (disease based) or brand specific. Jl is found that
brands. whicl1 promote the treatment category in their adwrtising arc St<lckclberg
leaders in detailing spending but not in DTC ad spending. In other words,
strategic behavior on promotional activities is related to the level or brand
spedfidty in the creative corllellt of adverrbing, However, competitive in
detailing or advertising spending, whether the strategic behavior is independent
Nash or Stackelberg leader-follower, does not depeod on elasticity of demand
with respect to prke.

2 - Exit, Market Research and Entry: When, Where, How?
Markus Christen, Associate Professor, INSEAD,
Boulevard de Constance, Fontainebleau, 77300, France,
markus.christen@insead.edu, David Sobennan

The marketing Iileratllre has focused on examining the dfect of competition art
market entry decisions and markett,ntry order. lillie is known about how the
observation uf entry/exit by firsl muvers in a markel affects the entry and
information gathering strategies of followers. By staying in a market, the
incumbelll firm ttl e11lra11lSthat it is a viable market, al least for one finn.
A new entrant cO;lsiderillg cnn)' between this market and other markets which
have yet to be emcred. must also choose oetwt'en lcvds of markt"
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uncertainty. How does this affect the market research derisions of a new entrant"
Should it do market research in the competitor'S backyard or should go where no
finn has gon,: bl'fnre and research a Ilew market? How is this decision affected by
ractors like market conditions, research COSlS? Our research provi(ks insight about
whelher market research is more likely lO be observed io markets (hat have
already been entered or in market that arc virgill. In addition, we demonstratt'
how illlnrmative exit and HlZlrket research affcCllllarkct outcomes? We are also
able LO predict how cost conditions lead 10 either increased markets or increased
competition in existing markets'?

3 • Hypercompetitive Rivalry in Contests
Jeff (CexlIn) CaL University of Pennsylvania - Wharton,
3730 Walnut Streel Suite 700, Philadelphia, PA,
United States of America. caicexun@wharton.upenn.edu,
Robert Meyer, .Jagmohan Raju

Outcomes 1)[ (onlc5ts in rnarketing and economics depend on how agents think
about competition. To arrive at accurate predictions of compelitivt: OI.ltCOJ11t'S,

identifying critical v,Hiablt's that innuence behavior is (ksirable. Drawing from the
Iiteralllre on social comparison. we propose a stylized theorelical modelo[ two
hYPt'rcompetitive agents engaged in l'ompetition who care about-in addition to
his or her absolute performance with regards to the other
agent. Theoretical propositions suggest that such behavior may in J

Prisoner's Dilemma for the tlVO agents, and is in line WiOl empirical evidence. We
develop our model further to examine the effects of in
hypercompetitiveness, and explore whether hypercompetitiun can endogenously
arbe in the presence of uncertainly in perfOrJ11allCe and the need to signdl for
quality.

4 - Investigating Competitive Reaction Volatility: The Measurements
and Propositions

Jimi Park. PhD Studell!, Korea University, Business School,
Anam-Dong, Seongbuk-Gu, Seoul. 136-701, Korea, Republic 01,
jimipk@korea.ac.kr, Shijin Yoo

Virtually no firms are free from competition. They show various kinds of
competitive reaction (CR) such as rClCllialion versus accommodation and direct
versus indirect rt>actiol1s 1.0 d rival's marketing actions. Although a firm's CR
should be understood as j] serit's of managerial actiuns. literalLlrt' has not
considered this.temporal aspect of CR. This research examines whether and how
a firm's CR differs over timt' and develops a modd [or mt'asuring and
understanding this competitive reaction volatility (CRV). Our model is based on a
rolling-windows time series analysis dnd is applied to the CRY of price and
advertising in the sally snack category over a five-yt'ar time span. We round that
the competitive reanions arc indeed volatile nOl only in the case of direct
reactions, i.e., price (advt'nising) changes arc countered by price (ad) changes.
but in the case of indirect reactiolll. i.e., price (ad) changes are coul1lered hI'
advertisirlg (price) changes. Wt' further dl'll1onstrale that tht' CRY is conting"l1l
upon the market positiol1S of the attacking and defending orand. For example,
the CRY bt'twt'en clost' compt'titors is dif1t'rem from that between comrwtilOrS
rdatively apart. Due to the time varying com!,t'titive reactions. consumt'rs may
delay or <ltTelera1l' purchases that will bring demand uncertainty. which in turn
allects the finn's Juture investment decisions. In addition, this sludy may answer
why the most pred0111inant cOJnpetilive I'cadion is non·reaclive in previous
research since, for example. sornc fluctuations of competitive reaclions may he
averaged OUI. to zero. Managerial implications regarding competjtive strategies are
disrusst·d as well.
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Social Influence Online
ContributG'CISession

Chair: Patrali Chakrabarty, Assistant Professor, fndian [nstitute of
Management Bangalore, A202, 11M Bangalore, Bannerghalta Road,
Bangalore, Ka. 560076, Jndia. patrali.chakrabarty@iirnb.ernet.in

1 - Does Peer Pressure Always Lead to Conformity?
Monic Sun, Stanford University, 2315 Melhorn Dr, Alhambra, CA.
91803, Unit'ed States of America, monic@stanford.edu, Feng Zhu,
Michael Zhang

TIlt' need to conform and belong lO a group is widespread among animals. and is
of teo considered as a fundall1el1lal human na1ure. While the need for uniqueness
is also documented for human beings in individualislic societies. many theorists
doubt whether it can be seen as a fundamental human need. We investigate
whether the need for uniqueness constitutes an innate human nature. In a field
experiment wilh 16.298 subjects in China. we examined whether they
cooformed lO or diverged frCIl' the most popular choit'es among their friends. The
experirnent aJl(lwed us to dimlnalt' confounding efrec.1s such as pre-t."xistillg taste
similarities between a subject and her friends, the need 10 signal one's group
identity to the gencral public, and the possibility of learning from friends' choices.
We found that, on average, a subject was more likely to diverge Irom lhe popular
clwice among her friends as tht' popularity of Ihat choice increased. Divergence
was even more pronounced when Ule subject was reminded that her choice was
visible to her friends. l'llrthermore, female subjects and subjects born in more
afflut'nt regions bad a strunger need to be diffnent from thdr friends. Onr results
suggest that we di111inate contextual influences. uniqueness seeking
enwrgt:'s as an human nature even [or uf a collectivist
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2 - Modeling Civic Socialization and Purchasing Intentions in the
Context of Social Media and 810gs

Despina Karayanni, Assistant Professor of Marketing, University of
Patras, University Campus, Rio, Patras, 26500, Greece,
karayan(a'otenet.gr. Nickoletra KOll1sogiannopoulou

This study provides il model Oil civic SOcidlizC11ion and purchasing
intentions in lJ1(' context of sociJl 111edia and hlogging. Specifically. we examined
data ,(,lit-ned by an nll-Iille survey frolll ISO individual participJiHS (18-60 ye.lrs
of age), to (klt.:rminc: i) the ('ffl-cls of social capitJI motivation, civic partidpation,
personal identily declaration and risk pern."p[iolls ti.e., rt'gardcd as sOriuliZeHion
alllCCt:UClllS)upon civic sndJliLillion dnd self-conrid(;l1cc (Le., regarded as
socialization outcolm's) .lnd, ii) Ihe dkcls of civic socialil.<llion.llld scI(­
confidence upon t)[lC'S purchasing intelltions. The model was tested lIsing the
AMOS sldlisl.iral progrfllTl and proved 10 he robust. However, Ihe signHkdnt
relalionships partially assessed Ihe sludy hYPolheses, implying Ihe relative
interpretation powers of the sWdy's anlecedents upon civic socialization
oulcomes, respcnively, Moreover, Ihe hypt"llhesized effects of bOlh civic
socialization and sl'1fv confidence upon purchasing iOH.'ntions w(,'re SIJlistically
s:ignHicaru, leading 10 usdul irnplict.Hions and din'clions {or
For example, we ne<,d 10 delve to further Slre.lms of rt's<'ardl, i.e" the political
scil'n('t' and the politi\.v.JIcummunicat.ion theory, LO interpret the ability of dvir
socizliization to all'ect purchasillg inte1l1ions, It appcars thai if participmion in, and
interaclion Wilh Sodal Nkdia lIlay infillenCe..'one's tkt'ply mind·t'l1lrel"lched
political, economic or social .lltiludes, which wckle with the unconlrollable
environment and onc's Hfc valut's, then the influence urwn buying decisions
which are issut's of comparably lower signilicance (Lt'. as they dre mort' or less
colltrollable by tl", Iluyl'r). m.ly he regarded as a normal sequence,

3 - Online Reviews and Consumers' Willingness to Pay:
The Role of Uncertainty

Ying!u Wu, Assistanr Professor of Marketing, University of
Wisconsin-Stevens Poinr, CPS 41 7, 1901 Fourth Avenue. Stevens
Poil][, WI. 54481, United States of America, ewu(muwsp,edll,
Jianan Wu

Numerous studies are conducted LO investigcllt' tilt' impact of online fl'views. from
which we find mixed influenn's of review volume VrHiance on companies'
marketing oulcomes such .lS sales (Chiniagullla et aI., 2010; Zhu aud Zhang,
20] 0) and price (DewallI' & Ederingtoll, 2006; Li et al.. 20091, Several important
researel",s haw elllerged to explain the mixed results on sales price (l'itlwr
market l'quilibriUlll price or consumers' willingness to pay) at Ihe market lev ...·!.
The perspective or mismatch cuSI ff03rnework (Sun, 20 J2) argues that dut' to
consumers' !JCtcH)gencous product tastes. the impact of review variance varies by
review valencl', The perspective of classic expecled utility framework (Wu and
Ayal" 2012; Wu et al" 2013) argues that due 10 heterogeneily of consnmer
uIH..-erlainty preferences, t.he impact of revil'w variance varies by conSllrner risk
attitude, Both frameworks have gained good empirical support. but they do not
accommodate each other. MorellVer. neil her of the proposed models call explain
the mixed impact of variance by valt:'llfe at the individuallevcL ""Ie extend Ihese
-;trcams of rcsearch dnd argue that the iJnpacts of vulume dnd variance
Illay occur at the individual level, regardlt'ss uf a consumer's prlldll<:l tasle or risk
allillllh:. We proppsc lhat a consumer's unCertainlY weighting leads to her
prcfer<..'IH,,'Ctowards review volulllc and variance. Such prcfcn,,'ncc not only varies
across individuals oased OIl risk ultitude. out also chung('s within all individual

011 revit:'w v.l1l'ncl'. Studieo;,;are conducted to Ihe impart of
bidirenional sdler reviews (e,g, eBay review formal) on consumers' WTP, The
framework is tested llsing an study and an online empirical study,
Results from both provide good support. for Ihis broadt'r framework,

4 - Social Marketing through Choice of Online Product
Review Medium

Patrali Chakrabarty, Assistam Professor, Indian Institute of
Management Bangalore, A202, llM Bangalore, Bannerghalta
Road, BangaJore, Ka, 560076, India,
pa Ira Ji, cha kra ha rty@iimh,erner.in

Product reviews gefll:raled on sodal nelworking sites influence customers'
perception of products, This helps customers idelllify th<, products that beS! mat.ch
their idiosyncratic llsagt' condifions. ""It' nmducl t'xpt.Tirnents ill a simulated
eC(Jlnmerce cnvironmCntlO gauge if sourC(' credibility is adversely alleCled when
the r('view is hosted on a sorialnctworking site, versus it is hosted on an
ecommerce websile, [n this Wl' embed a moderating influence of Iype "f product
(one dircctly associated with iI cause one dl(lt is not), 'V\le observe
theJI revie'\vs ,gt'llerJted for products wilh a social cause surfl'r low sourCt.'
credibility when 011 social Ilctworking websilcs. Howt·ver. the size o(
network booSt5 the credibility o( such reviews,
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Social Networks
ContributedSession

Chair: Puueet Manchanda, University of Michigan,
Ross Schooi of Business, 70 I Tappan Streer. Ann Arbor, M1, 48109,
United States of America, prnanchan@umich,edu

1 - The Effect of Personal Customer Communication and
Sweepstakes in Social Networks

Joerg Burkhardt, Research Assistant, Friedrich-Alexander­
University of ErJangen-Nuremberg, Lange Gasse 20, Nuremberg.
90403, Genna ny, jnerg,bu rkhardt.@wisO,llni-erlangcn,de,
Martina Steul-Fischer

COlTlpal1it'$use social networks (e.g, Facebook) III conllllUnicclte with their
rustol1H.'rs and 10 get rWw fans or followers. This research (,:'xperiml'nlJlly
examines h(lW customers should be addresscd in socialnt'lworks and how
sweepstakes as frl'qucnlly llsed instruments to allrJct fans Cdn make a
COlllriblition. \Vc compare personal and impcrsonJI customer commullication in
Farebook as Ihe biggl'st social network worldwide, We lind Ihat personal
cOlllrllunirJlion leads LO a higher \0 comply in Facebook Ihan
impersonal communicath)1'1 and pcrsonal COlllflll1nication is perceived morc
([,l'dible, We also find that women sbow a higher willingnl'ss 10 (ollow" company
i1thl' contan pl'rson is a m,lIL However, men show a bigher willingnt:$s to follow
i[ the contan person is a woman. Ba\ed on the resulls about the of
sweepstakes on the willingnt'ss to comply we show Ibm the kind 01 prizes in

innllcnces panicipation. In our experiment we use three different
kind of prizes: (I) prizes wilh dent'asing values (ont' prizl': 5,000 <.... lwo prilt'S;
2, SOO q Ihree prizes: 1.000 g, (2) one prize wilh a high value (]3.000 g and
(3) malerial prizes (TabIeIPC). Prizes with de-creasing valnes promole tIlore
participation in swccpc;wkes than llilC high-value prize and one highvvalue prize
leads 10 il hight'r panidpellio[l thall material prizt.'s. We also find thelt n,'vealillg
pt'rsonnel data. whidl is LIlt' main purpost' of sWt'epslakes and important for the
acquisilion of n ....w customers, leach to a disproportionale in participation
in sweepstakes, Consequently. sWI'epstakes art' Il'sS suilable for lhe acquisition of
fans, Tn addition, we find an intcraction effect of gender. risk aversion and
willillgness 10 participate,

2 - Unraveling the Effects of Top Marketing and Sales Executives'
Experience: Social Network Perspective

Aditya Gupta, PhD Candidate, Pennsylvania Stale University,
406A Bus, Building, University Park, PA, J6802, United Slatl'S of
America, aug20@psu,edu, Rui Wang, Rajdeep Grewal

[n markets. lOP marketing and sales executives, TMSE(s),
have considerable influences on firms' customer strategies. Their prior work
experiences t'ndow these executives with tacil knowledge of the markel and
influence their strategic choic.:'t'S,Nloreover. TMSEs' prior experiences Glll indic'ate
the flow of information, knowledgl:', and resources among org"lllizalions. Thal
their movements from Olle finn 10 another result in a or organizational
connections. To study this pattern of organizational connections, we conslruct a
cornplt'l.e TI\t1SB l'xperienct' Iletwork belsed on the work t'Xperit.'llce records of
TMSEs at 1]3 semiconductor firms in Ille US, We consider variahles (i,e"
indegft'l', oUlllt'grl'c. anu structural holes) and their interaction with TMSEs
experience variabit's (i,e" time with tlte finn), Jnd with finn level rnarkl'ting
variables (I.e., markt:l orit"ntellion). In ulIr model we Jccollnl for unobserved
ht,terogeneity using latent segmellts un inlercept (keq)ing explanatory
vc;Hiahles same across Sl'gmcl1b) Jnd also corrt'CI for enuogcneity o[
network variables Llsinglalent instrumenlal variables approach. Our results
suggest that Ihl' network constructed represents a now or social resources and
markct informat.ion among firms, finn's lTlarketing r('$ources bt'nefit frllm TMSEs
joining the finn: representing bringing, in or knowledge [rom previous firms, J\1orc
importdntly. the finn's fTlJrkeLing resourc(;'') <llso benefits [rom TMSE'i leaving the
local finn IOjoin other firms and this is explained as Ihe path embedded sodal
capital. Path embedded social capital, can facilitate value creation .lnd is
associated Wilh firm Further. [inn's (thiUlY to absorb social
capital is very (ritledl in realizing the value frol11 the TMSE nt;·\work.
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3 - Work or Network? How Human Brand Managers
(and Who They Know) Shape Job Market Outcomes

Cesar Zamudio, Assistant Professor, Marketing and
Enrrepreneurship, Kent State University, 800 E. Summit St..
Kent, OH, 44240, United States of America, czamudil@kem.edu,
.Julie Guidry Moulard, Angeline Close

A product's attributes that LO assess product qualiLY.
Analogously, human brands. such as celebrities and job candidates. use human
'brand llles 10 market lhemsel\'t's LO putential 'buyers.' Curn'nl research implicitly

cues arc by the human brand alooe. However. the potential
role thal 'human brand managers: such as agl.'llls.middlemen. or academic

play in shaping market outcomes remains unknown. \Ve conceptualize
role of human braod managers and empirically invesLigaLe their eHl'cts on

markeL outcomes in the comext of academic placements. We posit that a job
randiuilll:"s advisor-tht' candidate's human brell1u lTIiH1Jgl"r-cJnd the auvisor's
social rdationships serve as ao additional signaling mechanism for the candidate.
We lest our hypotheses using data fwm the marketiogjob market. We find that

influt.'nCl· caIH.tidalt's· s'llaries through their own resl'arch productivity
(+$442.24 per 101' article published) and Sheth consortium attendance
(+$4.082.77), but not iOlerviews or campus vbits. Additionally. the crfeCt of
advisor\' social reiaLionships is hypothesized 10 vary in strengLh lkpending on
how visible they ilrc to markct participanls. As urh, we also lIlH.'ovcr hidden
'communities' ()r advisors using a social netw(lrk clustering algorithm on ("0­

placement pauel"lls. We find that wl1<'n advisors belong to dense co-plarenwnt
communities, bl'nefit from addiLional AMA inll'rviews (up to 4.74).
additional campus visits (up to 6.32). and additional salary (up to $1 1,548.33)
after cuntrolling for candidale quality. This implies lhm human brand managers
shape job market outcomes directly ami by nctworking with olher managers. and
thatlheir role in signaling value is SOIll<:.'timcssuperior 10 Ihc human orand's
quality.

4 - Performance in Multilevel Marketing: An Empirical Analysis
Pllneet Manchanda, University of Michigan, Hnss School of
Business. 701 Tappan Street, Ann Arhor, MI, 48109,
United States of America. pmanchan@umich.edu. £lInsoo Kim

Multilevel marketiog firms are usually organized as tree Iletworks with each node
(independeOl distribulor) charged with tIll' respollsibility of adding lower level
nodes. Each node carllS revcnue in nne or twO ways - via suIl's LO lowcr level

and direct sales III end customers. While thl're arc a lot of opinions ahout
the viability of the multilc'velmarketiug firm for an independent distributor. there
is a pauciLy of data based analyses in ule literature. We leverage a novel dataset
providt:d to LIS by a large multilevel 111arkcling firm to cxamine the delcrminant
of performance of independent distributors affiliated with the firm. Our results
\uggest that differences wiLhin and across Ihe \uh-netwurks (thai comprhe the
whole network) arl' related to performance.

Saturday, 1:30pm - 3:00pm

.SC01
01- Montreux

Social Media Dynamics
Cluster: Intemetand InteractiveMarketing
InvitedSesson

Chair: Wenjing Duan. Associate Professor, The George Washington
University, 2201 G Streel". NW, Washington. OC, 20052,
United States of America, wduan@gwu.edu

1 - Understanding the Dynamics of Social Product Usage
Tingting Fan, ew York University, 40 West 4th Street,
Room 92 I. New York, Y, 10012, United States of America,
rfan@stern.nyu.edu, Eitan Muller, Peter Golder

Social products (e.g .. smartphones and Fan'hook) have heen widely adopted. BUL
adoption cannoleflsure the success of these products. Companks realized
that just getting a consumer 10 adopt their product does not help marketers to
slIcct:'ed if do nOI Wit' it regularly, Htlwever, our undt'rsl.lnding of how
consumers use soda I product in a relatively long term is very limited. We study
the dynamics of social product usage by tracking college [reshmen's usage of
srnartphones and Rl'nren.com (China's Facebook) for 8 weeks. The usage data
also includes usage incidence and duraL ion of earh product feature (e.g .. message.
t"mail, and camera on smarLphones). A multi-calegory model of
discrete/continuous choice is used 10 simultaneously addrt's\ produer feature
usage iucidencl' and duration. Wt found Lhat the usage time of bOLh smanphones
and detreases owr time. However, the usage time 01 individual
feature varit-s-Iht, usage tiJ1lt' of major felliurt's (t'.g .. lext Illt'SSi'lgc:s)increases rirsl
and then decreases; whereas the usage time of minor fealtJres (e.g .. email)
decrt'ases along time. Furthermore, we found thaL the past usage of one leaLlire
has 'spillover effects' on the usage of olher features. For example. the more a
conSUI111'rllsed calTIt'ra on smartphone, thl..' 1110re he uses It.'xi lneSSJgcs and
t'lllail. But the more a consurrler erndil on smiHlphone, the les hl' uses
phone call and Lext messages. The resulls of our researl"h will hell' managers (I)
promotl' deeper and broadn social product. usage; (2) design a nd improve their
producls based on consumer usage expcric'nce; and (3) make profits OUL of Lhe
moSI uSt.-'d producl fealurt's.
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2 - Mapping Products on Social Tagging Networks: Insights for
Demand Forecast and Positioning

Hyoryung Nam. Erasmus University Rotterdam, Erasmus School of
Economics, Rotterdam. Net herlands, nam@ese.eur.nl,
William Rand, P. K. Kannan

Social tagging is a new \·vay LO share and categorize content. allowing users h)
express their thoughts. perceptions. and feelings with respect to concepts such as
fJ'oduct' or brands with their own keywords, 'tags: With this system, products
can hl' conoened through uSl"r-generated ke}'words. and the rich associative
information in suciallagging nelworks providt."'i marketers wilh opportunities 10
infer (Ustoll1('r)' mental schema loward a product. This research invcsligalcs
whl,ther the semantic position of products on social tagging nl'tworks l"an preditl
saks d}'namics. This research shows that product positioning maps utilizing

networks have distinct infonnalional valut:' in prediding salt'
d}'namics. More spetilically. this research suggests that (I) books in long tail can
increase \ales by being strongly linked to sodally popular keywords and well­
known kt'ywords with high degree centralily and (2) top sellers can he beuer
sellers by creating dense conteot clnsters raLhn Lhan connecrjng them to well­
known keywords wilh high dt'grl'c centralily. Our findings suggcslthat marketing
manc.lgcrs IInderstand hetter a user n)mlllunity's perception of producls and
potl'l1lially influence product saks by taking into account the positioning "f LI1l'ir
products within social tagging !It'tworks,

3 - The Impact of Online Word-of-Mouth on Television Show
Viewership: A Curvilinear Temporal Dynamic

Romain Cadario. PhD Student, Paris Dauphine University.
Plnce Marechal de Laure Paris, 75016, France,
rornain.Gldario@dauphine.fr

This researe'h invt'stigaLl" the dynamic impa!"1 of online word-uf-mouth (WOM)
on U.S. tekvision show viewership. The WO/"l data consists of user revil'ws.
collected from the tnLernt't l\o10vie Database ,wbsite. View,'rship data are colic'tl"d
from Nielsl'n ratings. Our sample include 41 shows. Consistent with previous
sludil''\, we examined two main WOM First, va!t.'ncc of online WOM is
mt'asured with a rating scale. Second, volume 01 online WOM is tI1l'asurl'd
commonly with the numher of votes per episode. We aurihule the effect of online
user reviews as an indicator of underlying word-of-mouth that could playa
dominant role in driviog viewership. Based on tI1ultiple regressions. we find that

cUrTllllative volume lIf onlint' WOM significant explanatury power rur
viewership over lime. Furthermore. consistent with the "mere exptlsure" effect
theory. we find that the dynamic impael of volume of onliue WOM over time
vary in till' form of a curvilinear inWrLl'd U-shaped curve. In the first phase, there
is a floor dfcotl such thaL the volume of WOM is not significant in till' early
episodes. Then. ule impact nf volume increases over time. before reaching a
maximum and \tarling to con1iuually decrease in the lallt'f pari of tht' show's
iives. This resl'arch ,it'ulllnstrates difkrentialeffects of online WOM over time. II
suggests Ihat firms' online rnarketing lIch c.lS llledia-planning need to
adjusL in respecl to produel life cycle.

4 - Social Media and New Drug Performance in the
Pharmaceutical Industry

Wenjing Duan, Associate Professor. The George Washingwn
University, 2201 G Street, NW, Washington, DC, 20052,
United States uf' America, wduan@gwu.edu, Andrew Whinswn,
Qillg Cao, Vicky Gu

With lhe inccl',1sing availabilil y of social media data sources. recent years have
an emergence of academic and industrial research that taps into this

t.lhuncl.Hlt supply of data. t1w ulilizal.ioll or Ibest:' data c.;ourCt"S rcmain"i
in an early SLagI' and Outcomes arl' oftl'n mixed. In this re ·earch. we propose to
employ advanced sentiment analysis techniqLles 10 examine the impact of social
media on new drug performances from JI1ulti-dimensional perspc(1ive. The
critical role thai new products play in finn success is well documented in the
lilerature. exlant research has mainly on examining producl
dewlopment. produer market and management StraLegies. and produl'1 launch
strategy, The increasing impurlance of tht" Internet-enabled omsumer-generated
ml'dia, dol'ttmented in many other of research. however, seems to be
largely overlooked in new product clnd performances. New drug
entry and performanccs are particularly impnrtam in pharmacelllical
markets, given that as high as 50 percent of new products fail at their laundl. The
strong consumplion externalities arises whell the adoption of a drug hy some
consumers ils valuation and rate of adoplion, which could even lead 10
Ihe dominance of one drug. Such externaliLies in pharmaceutical markets are
largely informational in nature, on which media ma)' potentially has hugt'
impacl. In Ihis research. we seck to investigate tht' d}lnamics of consumer
sentiments generalt'd from social media and thl'ir influence on new drug
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.SC02
02- Lausanne
Search and Media Effectiveness
Cluster: I temet ard InteractiveMarke ing
InvitedSessio

Chair: Savannah Wei Shi, Assist<HIl Professor of Marketing,
Sallla Clara University, 500 EI Camino Real, Santa Clara. CA, 95053,
Unitl'll tates of America.

1 - AT&T and iPhone: Multi-Channel Advertising ROI
Chen Lin, As istant Professor of larkeling, Michigan Statl'
University, 632 Bogue Street. East Lansing, Ml, 48823,
Unitcd Stalcs of America. lin("(g'bus.msu.edu. Sandy.lap

AT&T alld iPholle all l'xclusive (Olltra<t from 29.2007 to February
10, 20 I I. When a new product bundk is introduced. how the finn
allulJlt' its advl'rtising Jnd wh.ll Iltl' irnpan on
advl'rti ing on its rClail thanul'ls7 \Vhal of advertising channels
wOllJd givl' the hi/lhl·,t ROt lor a givt'll set of relail rhallneh? Using lon/litudillal
advertising. COSI and weekly DMA saks data Irom AT&T, Ihis resl'arch examines
I) Ihe impactllew product introduction of AI'I'it' il'hones (with many vcrsions
including 8GB, 16GB and 32 GB. "nd generations inclllding original iPhonc.
iPhone 3G. il'hone 3GS "nd il'hone 4) nn AT&T wirdess sales and 2) Ihe optimal

allucatioll of advcrti!'oing spend olllinl' and offline <:hJnnels. Tht.,
author, generat!' insights on advertising ROJ lor new products in a mnlti·media.
llluiti-challilel envinJrtllll'lll.

2 - Conditions for Owned. Paid and Earned Media Effectiveness:
The Perfonnance Impact of Online Customer

Cerell Demird. PhD Student, Ozyegin University, Nisantepe Mah.
Orman Sok, Istanbul. 34794. Turkey.
ceren.demirli@ozyegin.edu.tr. Koell Pauwels. Shuba Srinivasan.
Gokhan Yildirim

Within tht' growing variety of online markcling. customer-initiated
(UfI11111lIlic3tion(eIC) such as Sl'af h and media slands in t('rms of
current spending and future growth potential. Many compJnies have invt'sted in
'paid' Cl . such a, paid >carch and allilime marketing, 'e"nll"d' ele a>
Faccbook and Twilter campaigns. and 'owned' CIC, such as their websites.
However. Ihe rdalive clfeCliveness of thesl' diflt-rcnt ClC, rt'lnains an
unanswefed qut.' lion. OUf rescJrch takes a t'ontingency per<ipective LO

hypothcc;izl' Jnd huw brand ,,>trcngth and the search versu)
expl'ril'IKl' nature of Ihe category lavors dilrerl'nt types of ClIstOnll'r·iniliated
online Illl'di". Our empirical analysis uses Bayesian Vecwr Autoregressive (BVAR)
models to long-lenn sales dastkilies. whik illlpOfO;ingrefO;tri('tiOIlSto
avoid over-parametrization and wrongly-signed coelfidents. We find Ihal earned
CIC is dfeCliv!' in generating saks in "II conditions. Paid ClC more Sdll"
dfeclive than owned CIC for search whiil' the opposite result holds for

goods, for which <"lmSUmt'rs perceive J higher risk in purchase,
Morl'ovcr. the <ynergy among l,minl', finn-inili"led markeling le.g. TV) and
unlinl' CICs increases the pern'ived rbk incrcac;c:sfrom known brands ur starch
goods 10 unknown brands of experience goods. We conclude with managerial
insi1:!htson managing all (;,xp.lndcd Inarkeling communications mix that includes
rnultipk llH.'dia and channels. and rich markcling

3 - Product Placement and Web Search
Simcha .Jllllg, Assislant Professor. University Cnllege London, Dept.
Managnnt?1ll Science and lnllovalillll, Gower Street. London, SE5
8RJ, United Kingdom. s.jong@ucl.ac.uk, Enrico Forti,
Maria Vittoria Antonacci

Product placement in movies and other forme; of enlt'rtainment is all
important advertisement 1001 in the marketer's toolbox. \,yhilt' theft' is an
ahundclllCl' of survcy-basl'u and expl'rimental swdil'S ,,!l'vou:d to the psychological
mel'hanisms hl'hind product placement. empirical work th"l has directly
invt.':>ligdlCuthe performance implications of this advertisement tuol is scaro.'. In
our paper. we usc Google Search dala 10 eonduct an event study employing
regression analj"\l's with data lrom 942 product placement observations by 26 I
brands. Our dependent variable is a dirt'l1 measun,' tlf inleresl and is
defined as the web search volume 01 " br"mJ during thc pl"cell1elll week (when
lhe containing the placed brant! was rt'leaseu) minus the seilrch volume of
the s"me brand during the previous week. Our offer a number of
import"nt nnv insights into lactors sh"pin/llhe dkl1ivl'Ill'>s prodult placements.
First. we rinuthal produCl placement ifO; as)Ociall'd wilh abnormal
search volume for the placcd brand and that the longer is the duration 01 a
placement in a movie. the hil1her is the rise in frequency of web searches. SeCl'nd.
blatancy 01 prodlKt placcments is negatively "ssodated with" placement's
perf"rmanle. Third. placemcnts eXt'cuted by embedding real producls ,Ire
associated with higher search VOhtml'. Fourth. in till' case of fashion brands. plOi
conncetiou is pmilively assolialcd with abnormal sl'arch volume. Filth.
plaecl1lent performance is higher for Jess popular brands. These Ill'W insighls will
have important praclical implications for bOlh buyers and sellers uf product
plilceml·nts.
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4 - Bid Pulsing Strategy and Keyword Performance
Savannah Wei ShL A,sistant Professor of Marketing, Sanra Clara
University. 500 El Camino Real, Santa Clara, CA. 95053.
United States nl America. wshi@s("u.edu. Xiaojing Dong

(n search enginl' advertising. there two kl'yword aunion formats: OIlC is
Generalized Fir<t Price Aoction IGrp). the other i Generalized Second Priee
Auuioll (GSP). Prcviou'\ Iilt'r.lILJrt' lo,ugge\ll'd th')l GFP b nJwrally
hecau<e hidders tend to 'gamc Ihe sy>tem: while in GSp. bidders arc less likely to
<hange their bidding ,·alue. Howevl'r, Ihe laller proposition is lacking empirical
evidence. Indeed. wc have found around 60% of pulse their hidding
ValUl'\ ulldl'r GSP (orrnal: IllUrCOVl'r. \IH.h bid pulsing lwhavior CJn Pl'
during the time period companies, Thl: objective <.)f lhis rcs('.arch to
examine the Iype 01 hid pulsing stralegy Ihat advcrtisers implemenl in the search
engine keyword aunion, and more ill1portalllly. whether and how hid pulsing
affect keyword auction. W,· find thaI Ihe kej word performances. i.l' .• click, rank.
(!ful elrt: illrllH'nu'c1 hy bid pul"iing str<lll'gy; (lnd the
ellens vury acroSS dilTcrem keyword cate/lories. Our results provide il11plicali1ll1
for search enginl' advcrtisers in lenm of lheir bid pulsing strall'gil's under GSp
format.

.SC03
03-Bern
Field Studies in Emerging Markets
Cluster: SpecialSessions
InvitE:.'ClSession
Chair: Om arasil11han, L!lI1d!JI1 Sdlllo( of Economics, Houghton
Street. Londun, WC2A 2AE, United Kingdom, o.narasimhanCi!>lse.ac.uk

Co-Chair: Rajesh Chandy. Prolessor and Wheeler Chair. London School
of Business, Park. London. NWI 4SA, United Kingdom,
rchandy@(nndon.edu

1 - Marketing vs. Finance: A Randomized Evaluation
Stephen Anderson-Macdonald. London Business Schonl.
Regent's Park. London. NWI 4SA. United Kingdom.
sjam.phd2009@london.edu. Rajesh Chandy, Bilal Zia

Tllb re::.carch presellts initial from lhe rirst raruJOllli/ed evaluation of lhl'
impJCl of mark ..'ting skills relative to finance skills on business activities and
OUllurnes. Thl' ernpiriGll selling of the fl'search is among micro-enterprises in
slum ncighhorhntlJs in Cape Town. South Africa. W" nlkr intensive markeling
and sales training to ol1e mndllmly group of t'lltrl'preneUlS, imensive
linJl1ce and accounting training w another randomly selected group of

Jnd no training to (I (olltrol group. We 'hen lht.' ('rrt'rl') of
these illll'fVl'nlinns on the business Iive< of these emrepreneu,.,.

2 - Do Sympathy Biases Induce Charitable Giving? The Persuasive
Effects of Advertising Content

Subroto Roy, University of New Haven, West Haven, CT,
United States nf America. SRoy@newhaven.edu. K. Sudhir,
Mathew Cherian

This paper documents the effects of advertising corllent vn charil.abk'
giving using !(1rge "Celie field l'Xpt:rilllt'l1l\, Wl' fJndomi/.c advertising nHltl'l11

Illolivult"d by the pSydlOlogy Iilerature on o,yrnpJlhy geni.:'ri.1lionand framing
ellens in mailin/ls to about IS5.000 prnspl'ctive new donnrs in India "nd lind

illlp;lct on conc"i,ll'l1l wilh s)'lI1pMhy hiasl'1l as Ihl'
·identiliahle vietim.· -in·grollp· and -referellcc depclldcllcc'." We also lilld th"t a
monthly rt'framing of the a\J.. amounl giving rclalivt' to daily rdraming.
A sc'colld experimcllt largeled 10 p"SI donors. finds Ihat the drect of syll1p"thy

on giving is smalkr in pef4..·entagc lerlnl\ bUI statistically dnd economically
hi/lhly in terms of thc ll1i1gnilllde 01 additional raised.

3 - Why do Some Micro-Entrepreneurs Do Better than Others?
The Role of Pricing Latitude in Driving Performance

Magda Hassan. Cambridge University, Cambridge,
Judge Business School. Cambridge. CB2 lAG, United Kingdom,
mh577@cam.ac.uk. Jaideep Prabhu. Rajesh Chandy,
Om Narasimhan

whlluwn .lnd fun with It's, lhan five
by far the lTIo<;t common lype or entrepreneurs in the world. Yet

their practices an: poorly dnd their perfoflnanct.'-t',>pcl"ially
in developing cOlll1tries-is orten poor. Ncv(,rthc)ess, even in tilt.' face or Vt'ry
daunung obstddes there are some mi<.·ro-enlrepreneurs who manage to escape
the trap and do well. Why then do some mil [(.-l'utr<..'pn'l1t.'urs do
beller than otlwrs? [nlhis paper we urgue that fkxibility in pricin!; (what we call
pricin/lI"litude) is a crucial driver 01 perforrn.:Jnce. Purther, we tlt-velop a thcory
of how miao·enlreprl'l1curs can acquire grcal('r pricing latitude and impnw<..'
performance. We argut' (htll tht, imiltllitJn of simple rules of lhumh from more
suceessful fJecrS '" 'posilive deviants' (what we call peer-karning) is an important
guidc for increasing pricing ("Iitudl·. Additionally l·hoice of product
assortment influences Ihe "bilily ollhc micro-enlrepreneur to exercise ['rieing
lalilllde. Wc test our "nd hypotheses Ihrough a Ikld experill1enllln a
sample 0(' SOO in a large slum ill Cairo. Egypt in which w('

r"ndomi/.e Oil (I) peer Ie"rning and (2) prodoci assortment. We I.hl·
impaC1 or till' on both irllcrmt'diate (t'.g .. pricing latitude) and final
(e.g .. rl'venues. profits) outcomes. We discuss the implications of Ollr research lor
markeling theory, ITIJI1Jgerial praCliu' and polky milk-ing.
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4 - When and Where Were You Born? The Influence of Firms'
Founding Conditions on International Growth

Elaine Y. . Oon, University of Cambridge, Trumpington Street,
Cambridge, CB2 lAG, United Kingdom, yn020@cam.ac.uk,
.Jaideep Prabhu. Kulwant Singh

Internmional growth is a strategic marketing decision for finns worldwide.
Although prior research has examined 'cvcral determinants of internaJional
growth. lillIe is known about the role played by finns' founding conditions. To
address this gap. this papa addresses the following question: Docs the

growth of a rinn <kpend on its founding conditions? Drawing all
orgunizational imprinting theory. institlllionaltheory and the resource·hased
view, we hypothesize that finns founded during a crisis l'xfJand internatioually
il'ss than finns founded during a stahle or hoom period. Howevt'r. firms' ability to
e,pand intern,lIiunally dqwnds un tlwir fOllnder type (i.e.. family. business
group. or government) and the varying levels of institutional development uf the
firms' country of founding (i.e.. developed versus less develuped). Cuntrary to
existing research. we predil·tthal family firrns founded in less developed
institutjonal environments tl:JHJ to grow internationally more than family firms
(oul1ckd in murt' developed insliwlional l:nvirnnrncnLS. also hyputhesize that
rmnily founded during J crisis t('nd h,l grow intcrn<.llioIlally more thJI1 nOll·

family finns. We tesl these hypotheses on 18 years lIf Illngitudinal data across
multip1l' industries in six East Asian markets. Our dataset and empirical approach
exploits the 1997-1998 Asian Crisis 10 set up i1 qllrlsi-lI.lIl1rall'xperimenl with
finns in three cohons: those fllunded just prior to the crisis. during the crisis. and
just after the crisis. Our the(lry and findings contrihute to a deeper understanding
of firm founder", in emerging markets dnd illuminates lhe dirrt'rCnli;1I crfc(,.'lsof
institulional development and l11acro-coJnomic l'nvirOlllnt'nt ill shaping
internalional growth.

.SC06
06· Monterosa 1

Experiential Marketing
Contributed Session

Chair: JodIe Lagier, Professor, Rauen Business School. Bid.
Andre Siegfried. Mont Saint Aignan. 76130, France, jlg@rouenbs.fr

1 - A Hedonic Consumption Based Analysis of Popularity of Hindi
Film Music

Soumya Sarkar, AssislUnt Professor. Indian Institule of
Management Udaipur, MLSU Campus, Udaipur, RJ, 313001, India,
soumya.sarkar@iirnu.ac.in, Madhupa Bakshi

EVl'll after 100 years, the popularity or Hindi mill music does nUL seem to walle.
The sucn'ss of the soundtrack of a Hindi film plays an imponalll pan in the
ev<'ntual success of the film. Also Hindi film, command more than 50% of the
music industry revenue. This has led to concentrated marketing effon by both the
producers and the music companies 1(J promotl' the music by launching the
albulTls prior to the release of the film. Many sludies have tried to capture till'
imporl<.ll1cC o[ music and its various characlt'rislics viz. vocal melody, of
Lndian and Western <icale patterns and harmonilation, t'tc. within lhe con-text of
the Iilm and the current social set lip. Experts mention the distinctive feature of
Hindi rillll ... SlIlIlldtracks of heing isoJable from Iheir ndrr,lIivl' cont.eXl'5, rt>lltit'ring
them easily lendable to consumption. Studies have established that music
consumptiun is prcd(.)minanlly hedonic due to creation of J world of escapism,
fun or fantasy (Hirschmann iT Holbrook. 1982). This study identifies Ihe specific
elcmel1ls or HincJi film music that play imponal1l pans in creating a favor·able
consumption allitude. uncovered through fol'lls groups. Moreover. Ihe
pero;onality of lhe in-divictual and Lilt" familiarity [0 music illso iJre posited 10 have
roles 10 play. The crfect of each such element in making a certain song popular to
the listening multitude is assessed in U1(" next phase of the study by employing
st';;llislic.:'elll11l'thod",.Thus we;' try to indicaLe Ihe feU tors thai make a particular song
popular and the variables that the marketers should focus on. Reference:
Holbrook. M B. and Hirschman E.C. (1982). The Experiential Aspects of
Consumplion: Con,sulller Fanlasies Ft'elings and Fun . .Journal of Consumer
Researdl. 9(2). 132·140.

2 - Conspicuous Sensory Consumption as a Means for
Self-Worth Restoration

Tanllka Ghoshal. Assistant Professor. Indian School of Rusiness.
ISH Campus. Gachibowli, Hyderabad. 500012, India,
talluka-llhoshal@isb.edu. Rishtee Batra

We propose that consumers usc heightened sensory consumplion as a nwans of
rt"sloratiol1 of IIH:ir feding'5 of o;t'if-\Vorth. Specificillly. if a consumer's sense of
self·wonh is threatened. they indulge in collSpicuoos consumption in different
sensory domains to compensate for their feelings of inadequacy. Contrary to
conspicuous conslimpliOI1. we propose Ihal compcnliatory efrens occur even for
consumption experiences that are not puhlicl)' visible. In fuur studies we find that
individuals under self·threal show a preference for visually loud product designs.
illuder levels of music and a heightened need·for·touch. Howl'ver. we find Ulat
engaging in a self·a[(innation exercise negates the desire for heightened sensory
consumption.

90

3 - Modeling Hedonic Adaptation in Shared
Experiential Consumption

Natasha Foutz, University of Virginia, 340 RRH, Charlottesville,
VA. 22903, United Slates of America. nfolltz@virginia.edll.
Anocha Aribarg, Eunsoo Kim

Consumers arc not only rational decision makers who focus on functional
features and benefits. but also emotional human heings who seck plca;,urable
experil'nces (Holhrook et al. t 984). While utilitarian consumption i< well studied.
rdatiVe'ly lillie is known about how con umlTS evaluate experiential
COil umptioll, such as in sports and Illovies (J<ahnt'rnan. Wakker, Jnd Sarin
1997). Experience is affective. besides cognitive. It is dynamic and involves
hedoni,' adaptation. i.e.. reduc"d illlensit)' or affective reactions, over time
(Frederick and Loewenstein 1999; Nelson. Me)'vis. and Galak 2009). It is often
social. hence can he innucnced by others ,>haring lhe (Ramanilthan
and McGill 2007; Ramanathan. j\1((;ill. and Vohs 20(2). To account for these
unique aspects of experiential consumption, we combine an experimelllal design.
cl phYliiologicalmcilSlIrcrnenl of arousal (skin conductance). Clnd ,) statistical
moctclto examil1t' how each consumer's retro,,>pcnivt.: evaluation or her oVl'fJII

is driven by her rnOI11t'lll-lo-rnoment arousal. \Ve further examine
how her hedollic adaptation is driVe'n I'y her goal (elllenainment versus
socialilatioll) and experiential context (with a friend versns stranger). This
research providt's managerial implications ror experiential marketing.

4 - Marketing of Art or Art of Marketing: How to Break Resistance?
.Joelle Lagier. Professor. Rauen Business School. Bid.
Andre Siegfried. JYlont Saint Aignan. 76130. France.
jlgCd>rouenbs.fr, Virginie De Barnier

This article Jllt'rnpts to allaly'/(: resistance 10 lht, lllarkt'ling or Corltt'lllporary an.
Sevl'rJI qualililliv(' 'itudies w('rc «)nduch:d among professional actor,,> in the art
markd, having links with public IllUseUTTlS or nOIl-proHt artistic organizations in
order 10 understand the perceptions and latent altitudes involved. Result' show
that prokssional actors discussed major themes such as economic prcssurl' and
feelr of deviating from their mission. Elements or rt'assurance are recommended:
Ihe n"storalionor trust lhrough transparency and memhership and a rt;"lurn to a
certain marketing of art or an art of marketing. focusing on positive cmolions
such as pleasure, recognition and satisfaction.

.SC07
07- Monterosa 2

Modeling Heterogeneity
Con ributed Session

Chair: Pieter Schoonees, F.rasmu University Rotterdam, P.O. Box 1738,
ROllerdam, 3000 OR. Netherlands. s('hoonees@ese.eur.nl

1 - Talk and Vice: How Relationships Affect Vice Behavior
Rachel Shacham. Assistal1l Pro [essor, Universily o[ Minnesota, 321
19th Avenue South. Suitc 3-150. Minncapolis. MN. 55455. United
Stales of America, rshacham@umn.edu, Peter Golder, Tulin Erdclll

We develop an empirical J1l"dl'llhal allows us to study thl' relationship hl'lween
vke and communication while accounling for sl'lf·scJection. The method
developed in tllis sLUdy is particularly wl'll suited to the issues that occur while
siudying viet' (in contrast to OIht'r type"> of goods). In pnrlicular, Wt;" allow ror
heterogeneity that differentiates between heavy and light users .. We estimate the
model using a unique oataset that c(ll1tains detailed individual-kvel data over
time.Third. we allow learning in the previous model. We lest our model and
generate insights using two data sets: (i) Ihe web hrowsing behavior of 3000
individuals OV':I one \,ear and (ii) pornography websilt·s categorized b\' strength.

2 - The Category Covering Problem for the Analysis of Generalized
Sorting Task Data

Simon Blanchard, Georgetown University, 37th & 0 Street NW.
580 Hanr;, WashingtOn. DC. 20057. United Skltes of America,
sjb247@georgetown.edu. Daniel Aloise. Wayne S. DeSarbo

In tIl(' sorting task, conSUITlt'rs dH.' given a set or with items on Ihern (e.g.
objects, producls. brands) and are then inslruned 10 sort the cards into piles so
that tlw items in the same pile 'go together' according to their uwn perception.
The task has been used in marketing and psychology for decades due to its
intuitiveness to panicipants. Yl't, there is a lack of procedures that cun researcher ..
and praclitioncrs can use for analyzing sorting data withOUL having to make
a rbiu-ary decLliit1l1Sthat impact not only the infurmation conlained hut also lilt"
results that follow. In this paper. we introduce the category covering problem for
the an.llysis of generalized sorting task data, ane! a proposed optimiz.ation l110del
that ilccounlS for CtjllSlIlllt'r helcrogencity. ""'Ie I accOIllITIodale sorting tasks Illal
have nne or multiple cards per objectlproducl/hrand (Blanchard 201 J; Blancllard
and DeSarbo 20(3). 2) l11udelthe piles directly (i.e. we do nOl require arbitrary
convl'rsions of piles into similaritil's into pairwise distances). and 3) SOlvl' quickly
10 a globally optimal solution.
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3 - Detecting and Purging Response Styles with Constrained
Dual Scaling

Pieter Schoonees. Erasmus Universily Rouerdam, P.O. Box 1738.
Rotterdam, 3000 DR. Netherlands. schoonees@ese.eur.nl,
Patrick J.E Groenen, Michel van de Yelden

Response styles in questionnaire research whcll lend 10 lISC
rating >cales in a manner unrelaled III Ihe actual conlenl of Ihe survey question>.
Su(1I ht'll'rogcneulis inu'rprctation ur till' fc.llillg ')l\ll<: by individual<; can genl'fillc
misleading results since standard Sl.JListical models rio not distinguish bCtwCl'11 the
')ubstanti\c information Jnd the response Myll' hia<;. Tu drll'<.1 whether rcspunst.'
>tyks are a l'Oncern. and 10 idclllify lalenl groups of respondent> who exhil>it L1w
same fl'sponse slyil'" Wl' propose a constrained variam of dual scaling. Dual
scaling is J lTIultivariatl' exploratory statistical method. similar to corrl'spol1del1(('
analy"'i .... hili with a peculidrity Ihal we shuw rilll be tn tkll"rt
difference> in H'sponse styles. Particularly. a comtraim'd version of dual scaling i>
derived which can be usetlLO detect four main Lypes of respnnse styles. namdy
acquicsCl'lh.C, di<;acqlliesCl'lln\ midpoinL scoring dnd l'xtr(.'ItH.' rc ...ponding. Tilt,
Il1CUltlU is on an OptilTIdlily lril(,'rion which incorporales ITh.H10tOIlt,'splint'

in order LO easily idt.'nlHy till' type uf respon<it' sLyk detected. An
inll'resling kawre of Ihe method is Lhal il can lw used to creall' a dala set in
which Ihe dfl'cls of rl'sponse styks are dimilli,hed. Thesl' data call tilen be used
in subseqUl'nl analyses to oblain result> which refkc1 more accuralely Ihe

inforrllalioll in Ihe dal,l. Sill1111111ioll'itudks i11u...trale Ihl' of
Ihe me1hod. Tht' method applied 10 empirical dala is also presented which fontses
on panelisl's ev.,luation of 20 consumer products for a multinalional CllrporaLioll.
whirh indudt's in-hollst.' hrdnd", CIS wdl £I'" sOl11e competing produrls.

• SCOB
08- Edelwe,ss

Direct Marketing
ContributedSession

Chair: Shameck Sinha. Assistanl Professor of Marketing, IE Business
School, IE University, Calle de Maria de Molina 12. 5th Floor,
Madrid. 28006. Spain, shameek.sinha<!!>ie.edu

1 - Direct Mail Characteristics Effects on a Comprehensive Set of
Advertising Effectiveness Measures

Daniela Naydenova. PhD Siudelll, University of Groningen,
Nettelbosje 2. Groningen, etherlands. d.a.naydenova@rug.nI.
Janny Hoekstra. Tammo Bijmolt, Jaap Wieringa

MOSL sLudies of diret1 mail cffectivt'Ill' s fo('us on Ihe recipiertlS' behavioral
reaction usually measured in sales. Howl'ver, dirl'l1 mail is a lOollhal can have a
11l.1fllht'rof goals Jnd h lilrgdy lI\ed for building
relalionsltips (Dc Wulf, eL .11.. 200 I). Thercf"'t'. our aim is 10 disentangle Ihe
ef[eniveness of diren mail characterisLics using cognitive. attiludinal anti
behaviorilll11eJ<iuH's corresponding 10 the dirrcrent advertising goal". As a resuh
of previous: ,)ludics mainly 011 which is the final in the
proel'ss of hanclling a mailing. there is a lack of knowledge ahoul efkclivcness
pCrlJinillg to Ihe process or intt'riKtion with the mailing, which translaLes into
advl'rtbillg recall, increased brand/product worth of moulh, elc. In
order 10 acquire a mort' comprehensive undemanding 01 how dirl'C1 mail

influence c1irt'Cl mailing Wl' rOJ1liiiderwhich
charaf1erislics playa crucial role in Ihe different sLages or Lite (IireCi mail handling
pnKes,. Vriem el al. (1998) dl'scrihe Ihree cOll'eCluive >tages ulldenakell hy the
recipient: opening, gt'tling informed of the (.'llnt('IlIS Cllld re'iponding to the
IThliling. Tht.:,\cstagl'S 10 thrc(,' main components of the .
ellvelope. cuntents (letter/brochure. etf) and offl'l'. I:.Kh COlllPOIlt'nt has a specific
O;;Cl of thm call hav(.' all dfe('t 011 the of dirc(·t mJiI
effeclivenes' perlaining Lo each ,Iage in Ihe pnJces, of handling the mailing. We
sludy 180 differelll mail characterislics from 300 mailing campaigns from 18
indllslrit'',). marrllt'd wirh dala hy a rill1t.101T1sampk of abow ISO
redpienlS per campaign.

2 - Investigating the Effects of Mailing Variables and Endogeneity on
Mailing Decisions

adine S hriider, University of Rcgenshurg, Universiratsstr. 31,
Regenshurg, Germany, nadine .sch roeder@'wiwi.uni-regenshurg.de,
Harald Hruschka

Determining the optimal amount uf mailings being <it'llI 10 cucttomcrs is crucial.
However. lhi\ dt'lisiol1 depends tin vJriolls a pt'Cl". Fir":lt, it impunanl to
rdeVJl1l mailing vilrwble). By disringuishing diHerl'nl types of ITIdilings we set our
Sludy apan from Ihe majority of existing studies. Besides. modeling aspects also
innuellcl' tIll' OIIlC01l1l'. We liSt' a mixturc of Oirichkt 10 delll widl
unobserved heLerogenei1Y. A policy function approach is used 10 avoid
endogeneily bias. Ba>ed on a claLa sel from a mail order company. we

that one needs LO pJy altcl1tion 110t LO send too many mailings. We
linet evidence for endogenciLy biases which we assess by comparing estimalion
resulLs (If a mudd taking endogl'llcilY illio acmllnl LO Ihose obtained for a model
which igllllres t.'ndogeneily. 10 d ',)tep WI;' idcntify how of
endogc'neity leads 10 different ITl.lnagerial implications hy a segmenl specilil'
dynamic optimizalion of mailings.
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3 - Optimal Coupon Targeting: Sequential Decision Making and the
Value of Information

Shameek Sinha. Assistalll Professor of Marketing. IE Business
SchnoI. fE Universily. Calle de Maria de Molina 12. 51h Floor,
Madrid, 28006, Spain, shameek.sinha@ie.edu,
Frenkel Ter Ho[siede. Vijay Mahajan

CusLOm;7ed largt'ling aCIS as a price·discriminalion LOol and pnwidt's information
on n'sponsc bd1avior over time. facilitating learning and adaptation. U\ing a
vallH.' ")pl'cirilll1iun thdl trade-orr bt,twl'l:'11 net rCV('llUt' and infllrmaliun
gain. the anthors develop a clecisiol1theorelic approach Lo determine oplimal
COUpOIl face values. lJrgcl sdcl1ion and mJilillg sdu'dull'. Optimi;ring coupon
fact' values for rl'Venut.' maximization is l'xplon,'o ill Iilt:'ralUre, hut researchers
have not "dllle of information. a discn.'ll'-limt: cornpl'ling ri k
hazard model wilh effects of COlipOllS. price levels and olher promolionallools.
we predict the liming of purchJ ... Then a ,cquclllialoptimi/alion dlgoriLhrn is
developed wilt're paSL and expccll'd cU5tomcr responses alfen coupon face values
ilull oplirnal strategies Jrc devised through natural c'\pt.'rimcnlation. For handling
((HlIlllllational of dt'ci ...iol1 pcl1h." a rt,'duu'd action
space measured by sufficielll sLati"ic is propo>er! ill the backward induction.
AnnLhcr methodological issue for 11ll' ev"luation of il1tractable expened utility
integrale.; is solved employing forward simulat.ion. GiVl'1\ the St'qucrJlialnatun..' of
decision making. updale of parJITIl'kr') is dOriC with a particle fiIter, Ihus avoiding
re-estimalion of the response model at every period. Optimization across the
dcrision is oont.' with a grid-based Illl'thod where biH:kward induclion
only considers optimal palhs of sub,,'quent periods. In a simulated retail

the.' algorithm perfl,lrrns more cHidcnlly than exisling
nnl'ct in <icquentinl decision theory, )pccHic.ll1y, ... Ialic nH:.'lhodswith lll'l
rcvenue (lnu informaLion giJin. or dynamic oncs incorporating sequenliallearning
with net rcvenut't but wit houl informiltion gain .

.SC09
09- Mimosa

Marketing Mix
ContributedSession
Chair: Goularn Challagalla. Georgia Inslitute of Technology,
800 W. Peachtree St., NW, Aila11la, GA, 30339.
Unileo Stales of America, gnc@gatech.edu

1 - Investigating Consumer Behavior Towards Self-Medication in the
Light of Uncertainty Avoidance in Pakistan

Faryal Salman. AssiSla11l Professor, SZABIST. I 54-Clillon Karachi.
Karachi. 75500, Paki 'Ian, faryal.salman@ zabist.edu.pk,
Usman Warraich

In pur'wit for <jct'king the 1IIlder\I.1l1ding of tilt' of Hof"',edl"''i cultural
dimension. Iht' currelll sludy aSSl'sses the rclatinnship hetween uncertainlY
avoidan("t' and incidence of self-nwdifiltiol1 drnong Ill(' consumers in Pakislal1.
The country scores a 70 f)lt Ihe dimen,ion of uncertainty avoidance. which
reflects on thc fact that Pakistani's tend 10 avoid ambigUities and uncertainties.
The aULhors of till' sllldy have allempled 10 explain the dimension of uncertaiflly
avuidan,,' Ihrough pern'ivcd and risk laking beltavior in Ihe IighL of
nHl';lIJIlIt'r behJvior towlHds sdf- ITII;'dicalion. Sdf-l1ll'clicalion is problemCllic not
only in Pakislan but alsC) all OWl' tlte world. It is practiced due to a large number
of r(',l'Olh, reCl),ons which people 10 l.1Void con",ulling lht' phy,iciall'
and reson to sl'if-diagnnsb and Illt'dicalion. Regardless 01 Illl' reasons. il is a
human which requires 10 be..' in order 10 the raclors
which playa role in developing percepLion and altitudes aillong people.

2 - New Product Incrementality
Ronald Shokes, Senior Vice President, Market Fusion Analytic;,
I ew York, Y, United Statl's of America,
ron.shokes@marketrusionanalytics.colll. Nazrul I. Shaikh

FirlllS in senor> such a, etm"Ulller IJoll"kagedgOtKls (CPG) often ,,"mpele based on
lhe frequem introduction of new producls and phasing out of old ones. Tht'
inllovalion\ ancllhc insights groups ..l1 'iurh firrn'i drc inlcfl'<;jled in knowing (1)
whal should the next slOck keeping unils (SKU) be (2) what is the sales potl'ulial
of LIlt' Ul'W SKU, Lhat are being planned. (3) whaL increlllel11ality is e Pl'Clt'd
lroillthe new SKUs. i.e .• how Illuch will the new SKUs cOl1lribule 10 the growth
of Ihe manufacturers overall sales (the sales of Ihe entire product portfolio). and
(4) the i.e .. how much will the new SKUs source Irom SKUs ulfered
by tht COJ11pl'tilioll and from till' of olher SKUs of[cred by Ihe sall1("
lllanUfaliurer. The Bass model and iLS variam> (l\1ahajan el. aI., 2000; Lilien. e1.
al.. 20 12), case based reasoning. and Ihe use of alLribute l",sed models within Ihe
dis"ele choice framework (Fader and lIardie. 1996) are "line III' th .. key mel hod,
that have l>een used for addressing Ihe first poinL. Howevt'r the estimation of
incrementality and the lakeaway, haw largely been left untouched. We pwvide
all t'lJIpiric"l1 approach to eSlimale,) new SKUs illL'rell1t'I'llc.llity tll a l11allufaclur<.'(S
produCl ponfolio and quanlily Ihe takeaways from other SKUs in Ihe pn)duct
cillC:gtlry.Our approach lIses fl'adily available stlHe scanner data and also pruvidt.'s
r"'iah'" SKU level salt's forecasls lhal could be inlegrated with Ihe siandard
invenlury l11tlnagt'I11t'nl sy"ilt'I11"i.
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3 - Customer Opportunistic Behavior. Does it Hurt or Help Them?
Gomam Challagalla, Georgia Instiwte of Technnlogy,
800 W. Peachtree St., NW, Atlanta, GA, 30339,
United States of America. gnc@gatech.edu

This papl'r investigates the consequences of CUStomcr opportunism loward their
account mJIlJger in team selling environments. It introduces fC,Jr of intcrllJl

account managl'r's U)flCl'fn that others will qUl"ilioil his/her
dl'alings with a customer-as a key consequence of custom('\' opportunism. Thb
fl'ar incrl'ases J"; accourllmanagl'fs sense increasing customer OPPOrlunisrn
towards lltc'm, and it propels them 10 block their teammates and manager Iwm
accessing their customers. Although this bllll'king may shidd thl' account
manager I'mm potential loss or reputation, it comes at the expense of ueller
serving L1w customer. As '>uch, (llS(OI11t;'f\ may be in the
foot" by acting opportunistically toward their account manager. [n addition, this
sludy introduces process deviation as an impOrtanl moderator of the relatiunship
between custolTlt'r opporLunisrn and fear of internal ascription. i\:1111cheddala
collected from 14; account managers and thl'ir direct supervisors indicate that
CUSLOI'Ilt'ropportunism yields higher fears of illlcrnal ascription when the account
manager's wurk with a customer has deviated negatively with finn expectations.

.SC12
12- Geneve
Category Effects in Choice Models
ContributedSession
Cbair: Ralf van der LallS, Hong Kong University of Science and
Technology, Clear Water Bay, Kowloon, Hong Kong, Hong Kong - PRe.
rlans@usl.hk

1 - Investigating Cross-Category Incidence and Quantity Decisions
for Products Having Common Attributes

Karthik Sridhar, Assistam Professor, Ashland University.
401 College Avenne. Ashland, OH. 44805, United States of
America. ksridhar@ashland.edu, Ram Bezawada

The sales of organic produCls have seen steady increase over the years across
multiple categorks. Given the above, prelerellCe for both rdated and unrelated
organic products may be correlated across categories. Since lhe sale's l)f organics in
certain cdtcgorics have grown to rivcllthcir conventional counterparts clncl thm
urganic and convclltional products may be substitutes for one another, it uecurnes
relevant for retailers \I) identify pnrrhast· behavior both within and across
calegories to better manage overall catc:'gory all'S, In this research we
correlations in preference [or category ('hoice and also qnantity purchased across
different organic .lnd cunventional For Ihis (ormUIJll·':1
multivariatc' Type II Tobitlllodc'lto incorporate incidencc' (e.g .. choice o[ organic
or conventional proetu t) and conditional on incidence the quantity purchast'o

categories. This Illullivarialc framcwork allows for more than one ("tlll'gory
to be purcha;ed simultaneously, aids investigation o[ purchase mmplememarities
and co-incidences ill both till' inddenc'e and quantity levels and mudels
differential impact of nlarkl'ting variables on choice and quantity decision,. We

using hierarchical Bayesiiul techniques. We USe scanner pJnd data o[
honsehold-Ic'vel purchases across multiple l'atl'gories of organic and ('onvc'rnional
products llJ calibrall' our model. Preliminary results suggest the existence of
compensatory purchase behavior inv()lving produce calegories. We observe
suhstitutive behavior [or perceived healthy categories. Our sludy can help
relailers understand lurnplerncrnary, substitutive and (OlTlpt:nsatory variability in
purchase behavior across products that share Cl1ml110nallrihutes (e.g .. organics)
thus elevating their catl'gory managenu.'lll decisions.

2 - Variety, Quantity and Choice: The Additive Multivariate Ordinal
Probit Model

Ralf vall del' LallS, HOllg Kong University of Science and
Technology, Clear WaleI' Bay, KowloOll, Hong Kong - PRe.
rlans@ust.hk

In many categories, consumers purch ..l1\e discrt'te quantities of rnuhipk vdrieties,
For example, when doing groceries for beer. consumers may purchase Ihrec'
bOllles of brand A. I'our bOllles of hrand B. and one o[ brand C. Modeling such
choi(es has ut'cn one or the major challenges in the choice Iilcralurt', it violates
()SSlIlllplions of standard choice models. ]n silumions when:: <'"0I1S11I11erspurchast'
multiple varieties. choice models need to incmporate I) discrete qual1lity. 2)
satiation, and 3) collll'il'mentarity anellor suhstitution between itt·IllS. To deal
with these situations. previous literature mustly adapted the utility Slructure of
standard choice models. As a consequence. lhese nwdds have ucen difficult 10
cslimate pr had to introduCt." possibly invalid dSSlIl1lptions. such as conlilll.lou'i
quantity or SUbSliltJtion between alternatives. [n this research. instead o[ adapting
the utility structure of standard choice models. we incorporate quantity, satialion.
and cnrnplcmentarity vs. substitution in tlw'lJ1ility thresholds of the
choice model. fn addition tl) the standard utility threshold as in the Illultivariate
probit model, we add and estimale t.hresholds for both quantity and variety.
Application of our additive multivariate ordinal prouil model 10 a datasel of over

CUSlOlllt'rsof an icc slOre rewals strong saliationeffecls and
substitution patterns betwecn flavors. Wt' further demonslrate how our
cSlilllation resuhs rotlld be u.'>ed for {lo;sprtrnent Oplimii'alioll.
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.SC13
13- Luzem
High-Tech and Service Marketing
Con ributed Session
Chair: Indranil RoyChowdhury, Senior Research Associate, Infosys
Limited. Electronic City, Bangalore, fndia, rcindranil22@gmail.com

1 - Design Optimal Software Free Trial Strategy in the Presence of
Network Externality and Consumer Learning

Sbuojia Guo, Rutgers Business School, l Washington Park, 1007E,
Newark, NJ. 07 J02, United States of America,
nancyguo@andromeda.nttgcrs.edu. S.Chan Choi

In the softwarc' industry, it is not rare thai firms provide a limited time free trial o[
their I'ull functil)llality software to help diffust· the produ t when it is newly
introduced to the market. This paper fontses on analYZing how to design an
oplimal frel' trial strategy wht'l1 Ihert' on.' varying of value pCrcl'I)lion
among consumers. These prior percepliolls art' correcled by !earning lhrough frcc.:'
trial. [n particular, we want to find the tradeoff between the effects of consumer's
reduced lI11Ct'rtaillty and demand cannibalizulioll, uncover the conditions under
which firm can realize a higher proHt through a limited time frce trial olTer, and
help the finn determining an olHimallength of frc'e trial period.

2 - When Market Leaders Leave Their Tier: Asymmetric Pricing in
Online Sales of High Technology Products

Sourav Ray, Assuciate Professur tYlarketing, McMaster Universily,
1280 Main Street W .. DeGroote School of Business, Hamilton, ON,
L8S 4M4, Canada, sray@rncmasler.ca, Palll Messinger,
Charles Wood

Markc't kading firm;' ability 10 afford large price premiums is often regarded as
the key to sustain Iheir profitability. In contrast, Wt' argul' lhat in high tech
markets under certain circumstances. large price premium ... and market power
can actually motivate a market ICdtler LO abandOIl their high price premiulTI tier
and price at a much lower level. Using data collected from a popular shop e1Jot,
we examine 47;,866 prices and 5 J,260 price hanges for 8 LO high-tech products
frortl 26 vendors over 28j days and find evidence to ,upport our argurtlents. This
research adds 10 the rlhcussion of rTIurkct fridion (lnd tiers by demonstrating that.
in high-tech induslries, price CULS from market Icaders that go beyond
uarrit'r\ 10 entry and loss leading can be pro[il maximizing.

3 - A Meta-Analysis on the Consequences of Service Fairness
Xia Wang, Peking University, Beijing. 100871, China,
wangxiaLJnll@yahno.com.cn, Hean Tat Keh

Realizing its impol1ance for service evaluation. research on service fairness has
been gaining momC'ntlllll over the past 30 yea rs. However. due It> different
researc·1t il1lcrests and the limitations in study design. the empiril'aJ findings arc
uften mixed or even contradictury. Accordingly, our study aimecllO synthesize the
cmpirical studie and provide a quantitative summary of thl' currtulmivt' findings
through the approach of Ba,ed on 459 correlations drawn from 62
articles. wc' assessed the absolule and relative o[ service fairness
dimensions (distributive, procedural, and interaclional fairness) on nine
outcomes. dnd the charaneristics or the study design thatlllily generate
differences in the findings across studies. The results showed l1,at four (i.e.,
customer salisfaction, word-of-mouth, trust. anel st'rvice Quality) of the nine
outcomes had relalively slrong relationships wilh the dimensions of service
fairness. Iksides, according to the mullivariate analy,is, [or three (i.e .. CIlSlOmt'r
satisfaction, word-of-muuth. and trust) of the fllur OUlcomes, the dimension of
distributive wa\ shown to be the strongest predictor. Furthermore, 3'> thl'
tests for homogeneity were we did moderalOr and founelthat
the four characleristics or the empirical studies (i.e .. the methodological appn)ach.
tYPI' of participant. service scellario, and service mode) nllldl'rated the
rdation5hips bClween s('rvicc filirncss dimensions and the outcomes to SOI11(;'

extent. At last. we disCll sed the implicatillns of our findings and presented
sevl'rill din:::t'lions for future research,
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4 - Adoption of Technology Facilitated Services
Indranil RoyChowdhury, Senior Hesearch Associale, Infosys

Limited, Electronic City, Bangalore, India,
rcindranil22@gmail.com, Sanjay Parm

The interaction a CUSlOn1Cf and service rcprcscll1Jtivl' of a firm during
the delivt'ry or J servin"' is termed as 'st'rvice-encnumer.' The tl"chnology that
en.lbles servin' delivt'ry withoul. CII"iIOrner htlVing a ract..-w-fare o.;efvin'-encounH"r
is known as 'sell'-service rechnology' (SST). Fnwhle and ROlh described five
difl'CH.'llt ways in which lcdlllOlvgy (tin be lIsed ill a St'rvicc-cncouflleL (Jne of
lhe WJys, known as Technology FacilitJted Service (TFS). requires the
"il11l1ltallculls pn,'scncc or three l'I1litics - customer, a·chnolog,y and servin:
represelllative - during a selvice·encoulller. Unfike SST, in TFS cnstomer,
lC:'chnoJogyanti servin' n:preSl'IlIJlivl' lllust co-exist [or Ihe completion or Ihe
service. While mOSI previous resl'arches have focused on SSl: Ihis rl'search
s[\Jdks rhe varialllt" affecting tlw cuSlomer's 'Intenlion 10 Adopt TFS'(lIfs) and a
conu'plu ..lllT1odd ha.-.. bet.'1l propOSt.,tLTill' variable ... aHt'<ling rl(s can tw divided in
tWO categories: (a) Human-Technology Interaclion (H-T I) and (b) Human­
Human Interaclion (H-H I), Allhough, e,isting lilerarurt' has deall with variables
rl'ialed 10 H-T I, ex: 'easl'-of-use'and 'perceived-usefulness' , rhe aUlhor Irics to
draw atlcnlion to H-H I variabks, ex: 'rlKililJting-conditions' . which are
pOienrially significanl but have remained fairly untouched. For Ihe purpose 01 the
sludy J TFS was Cht.lSl'llcHld participants were drawn rrom rl:'!evaJlI targel markt'l.
A scit-nlil'icJlly devl'iolJed survey was monitored and daw was eollecled from 222
parlicipants. Structural Equation iYlodeling was lIsed to 1111nlyze lhe conceptual
1llodl'i. The rl'",lIs '!rongly suggesl that while H-T I' I',KI<IISart' impoM,lJ1t, 1'1-11 I
variables are equally critical during service delivery. H-H I variables become
l'spcdally more relevant Lhan H-T J in dcvdoping
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1 - Amplified Word-ot-Mouth Effectiveness and Efficiency in the
Marketing Mix

Ulrike Simon, European University Viadrina, Grofle Scharrnstrafle
59, Frankfurt(Oder), 15230, Germany, Sirnon@ellropa-unLde,

Farid Tarrahi. Florian Dost

Tradilionallldverlising i<t losing it') erreu.ivt:n('<j:smaking il ever more..: dirficuh for
mJrkelCrs 10 alJoralt' and defend Iheir budget. Adding amplified word-of-mouth
(aWO,\1) to Ihe marketing mix appears 10 be Ihe remedy 10 nlfe Ihi is-lie, since
WOM t'flectivdy alIens consumer hehavior hy persuasion. Additionall\',
respeclive campaigns fcalUre low cost., which makes aWO/vl evt'll more efficieul.
LiteratuTe has dernollstriHed tht, existt'l1Ct.' of aWOM campaign crrens. However,
much remJins 1I1lkm.lwn about how dfective or erficienl aWOM is, cOlllrared 10

other marketing mix instrumt:l1ts. Punlwrmore, rnulliplt' aspects of marketing
slraregy, e.g. price or dislribulion, should determine when aWOM is more or less
dl"'Clive'. Yetl'xla,.,1 resmrch foclJses on which product, slimulJw WOM. Such
research evt'll provides a paradox: In theory aWOiV1 cHecliveness stems (roll1 its
pt'fSlIJsive [unnion. but previous sludips focused 011 awareness generation. For
example, a\VOM has been shown to perform ill sClLillgs. Then
even ncgaUvc WON\ seems more efreclivl' than none, marketers to
SJcrificc persuasiveness for reach. This rontradicts a\'VOJ\1's theoretical sLrength
ant.llimits k.nllwlt'dgl' to low-elWarl'llt'sli. lH low-risk Our study
c\3mincs the sales crfects of a \1\10,\·1 campaigns of melLurc ftlSl moving
goods with dala from several aWOiV! campaigns, The results shell light on how
llIultipk condiLion .. of marketing Slrcltl'gy irllcrat1 wilh aWOM ill lheir salt'<,
impacL We include a measure for in-salTllJle difrcrt'nces belween awareness dnd
persuasion driven aWUM. Therehy, we demonstrale applicability of persuasion
drivcn aWOM campaigns. Finally, JWOM dfeniwncss and efficiency icvcls arc
cllmpJred to traditional media spending, proViding with insighls and
rc(.'ommendations for mClllagerial practire.
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2 - Moderating Role of Credibility, Impact of Motivation, Social
Relational Properties on eWOM Social Media

Payal Kapoor, Fellow Student in ;\i\anagement, Indian Instilllte of
Managemenr. Rau Pirhampur Road. PhD Hostel, Room 102,

Indore, 453331, India, fIOpayals@iimiclr.ac.in

Sodal media is not new anymore; it has evolved lor users around the world into a
web of brand-related-convcrsatiolls. Consumers have compelling stories 10 shdrc
aboUl lheir hrand cxpl'rienct.·';;, recommendation", and cXt..-hangt'pnxillct
inrurm,illion 011 their soda I net\'vork. Bt'fore intcrnet. and social Illcdid, brand­

or 'wl)rd·of-JrIputh' (WOM) was largely (ace 10 [an'
b,'lween ,mall groulJs 01' peopit'. Wilh Ihl' popularily of sociJI m<,dia '<,word-ol'­
rnoulh'{c..:vVOM) emerge from intcractions on sotiJ,lmcdia. accessible to a mUt..-h
largt'r audiencc. have empirically found t'WOM on socialllledid lO he

of inrJut'llcing, both. cOJ1<,lIInption behavior and brand l'quily.
Evcn markelers, wirh rhl' help of Il'chnology, arc c!osl'iy moniloring eWOM m
capture consumer sentimenls Jnd insights. Unlik<.' traditional \VOIvl, whi<.-h
mOCitly originatl'd rrt)11I known and lrUslworthy t'wOj\t, may originate
froIll SOlHCl''> WhCrl" no significanl rrior rdariol1ship ('xists. Therdllrc tIll'

or c\·YOM, LOW..Htb consumption rdated behaviors is likely 10 be
1l10dcraleo hy cn..dihility pcrct..'plion\ Ct.lI1Slllller') BOlh cmd message
credibilily is likely to play J role. Hel1ce 10 ulllic'rstJnd rhe IJhl'nOml'l1on heller
Ihis research Jllen'pls 10 underslJI1J Ihe precursors thaI lead 10 eWOM behavior
un -;UcillIITIt'dia ,1I"H.I how perceived ncdibilily is likely 10 pld)' a moderating role
in ils persuasivcnl'ss. Sludy is divided ium IWO pans. Siudy I is a faelorial design
expcriment that (,'valllJtt$ the moderating role or credihility tcH-vards brand
ilttilude Jnd intenl.ion rtJrmclliofl for In 'elvYOJV\ (In socialmcdia'
situalion. Study H evaluates the motivation and social n..lational prorH:rti<.'s
significant 10 bthaviour 011 social media through survt'y method.

3 - The Why in Viral: Enhancers and Inhibitors of Deliberate and
Selective Word-ot-Mouth Transmission

Florian Dost, European University Viadrina, Grufle Scharrnstrafle
59, Frankfurt (Oder), 15230, Germany, Dost@europ,l-uni.de,

lens Sievert, Frank Jacob

Word-of-m"Ulh (WOM) is wnsidncd 10 be a slrong marketing force and it can
potentially reach rnJny consomers by (re-)rransmission, Litlle however is known
abollt wby or why not p('()ple transmit WOM Ihey have received. This
exploratory 11 bl'havior.:11 JpprOJt h to ,",YONT
thiln a Jlelwork approach-dnd is based 011 the individuallransmitlt.'r, rather than
the individual gl'neralor of WOM. Such J distinClivc trJnSrniltl'f\ pcrspeClivl'
allows on why \-VOJ\'\ cOlllmunication spreads and nOI simultallt.:'ously
spawns. 11 furthcrmore cnables Iii recognize sl'lectivc WOM transmission
behavior lhal would fail to urilize all pOll'n1ialnelwork conneClions. Alrer
uelllonstritting Ihm only WOM drives markel brand illterc\l.
the l'nhJncers and inhibilors 'M (a) Ihe delision 10 engage in transmission, and
ib) Ibe selectiveness of subsequetlllransmission behJvior arc explored and
assessed for tht'ir rdalive slrl"llgth. Fl)r example omgrul"nl prUuuG pcrceplion::.
and dllrubm enhance lransmis,>ion towards many receivers, while c.g. an
emoLiollal enhJnces seleclive transmission towards only a few.
tnwngrucl1l or negalive prOdUCllJer('l'lJlions arc examples for inhibitors lll' WOM
transmission. Knowledge un tht.'se l'nhancers and inhibilors as well JS lheir
relalive is parricularly inleresting to markelers who utilize WOM
communication such as by amplified \VOi\1, or viral campaign$, or as a
of traditionJI marketing mix instruments.

4 - Predictors of Social Mobilization Speed
Chandc-r Velu, Assirant Professor. University of Cambridge,
Judge Business Schnol, Trumpingtotl Street, Cambridge, United
Kingdom, c.velu@jbs.cam.acuk, Jeff Aistott, Stuart Madnick

MobilizJlion across social nctworks is bc::coming increasingly infiut.'lllial, bUI little
is known ahout what Imits of int.liviuual$ and their rt'lationships afrecl tilt., speed
of l11obili7atiun lwtwecn tht::lll. 'VVe ran a global (onlt'<tt invt.)lving lirne-crilical
social in 2011 lor Langk-y Castle Hotel in Nonhumberland, United
Kingdom. Wt.' recorded per.;;ol1al trailS of tht' parlicipanls and thust' they
Tllobilized. Tbe lask WJS to find five kllighlS ill parks Ihroughout the United
Kingdom on a particular wel·kend. We e,amined how those trailS influt'nl'ed Ihe
slJeed of mnbili7alinn her ween the individuals. Individuals lIlobilized fasler when
they heard aboul the comeSl dirt'clly from Ihe COllleSI organizarion, and
deneasl'd in when hearing I'rmn sources less personally collllened to Ih,'
individuol. !\1obiIiLalilill Wil$ Wht'll Ihe mohili;rer ane! the Illohilil.l,.'d heard
abuut the (Clntt'st through the SJrne type of source (l'.g. email vs. sodaI I11t'diJ).
and slower whcn [1011t individuals were in differem countries. FeTllales mobilizt'd
tllht'r fclTlclleS rac;lt.'r thun "nail'., Illobililed lHher rnales. Older
mobilized fJSler than younger individuals when recruiled by olhers. How,'ver,
old<.'r indivietuab produced slowt'r mobilization when rrcruiting others. These
finding,> <iuggest how to optimi7c the speed 01 social mobilization through
largeling Ihe righl ek-lIlt'nrs of ti,e ,ociailletwork which has implicalions for
marketing rdau:d al1ivitics from advertising to product aduption.
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SESSION INDEX

Social, Mobile, and Local
Online Word-of-Mouth
Strategic Consumer and Finn Decisions in

Oligopolistic Markets: Session 2
Online Markets
Advances in Retailing I
Auention, Memory, Learning
Health Marketing I[

Price Competition I
Media Channels
Longterm EffeCls of Branding
Chuice Model Designs
Information Asymmetry
Finance and Marketing II: Market Assets
Organizing for Innuvation

FCOI Social Networks and Social Influence I
rC02 Modeling Multichannel Performallce
FC03 Strategic Consumer and Firm Decisions in

Oligopolistic Markets: Session 3
FC04 Channels: Retail Competition
FC05 The Global Channel
FC06 Consumer Characteristics
FC07 Service Marketing
FC08 Price COlllfletition LJ
FC09 Advertising Planning, Budgeting, and Ad Effectiveness
FCIO Sales Force Integration
FCII Bayesian Methods
FC 12 Online Customer Responsl'
FC 13 Finance and Marketing Ill: Innovation
FC 14 Innovation in Emerging Markets

Friday, 1:30pm - 3:00pm

Friday, 8:30am - 10:00am

Friday, 3:30pm - 5:00pm

FAO I Mobile and Social Networks
FA02 Online Advertising
FA03 Strategic Consumer and Firm Decisions in

Oligopolistic Markets: Session I
FA04 Optimal Pricing Decisions
FA05 Pricing in the Channel
FA06 COl11ext Dependent Choices
FA07 Health Marketing I
FAOS Dynamic Pricing II
FA09 Ad Targeting and Shared Consumption
FA 1.0 Branding and Consumer Behavior
FAt I Group Jnd Context Efft'ClS in Choice Modeling
FAI2 Decision Making
FA 13 Finance and Marketing I: The Team
FAI4 New Product Adoption

Friday, 10:30am - 12:00pm
FBOI
1'1302
FB03

1'1304
FH05
FB06
FB07
F1308
FB09
FBIO
FBI I
FBI2
FBl3
FBI4

FOOl Social Networks and Social Influence 11
FD02 Multichannel Marketing
FD03 Emerging Market and Beyond
1'004 ISMS Do([oral Dissertation Proposal Award Winners
1'005 Channel Management
FD06 Consumer Decision Making
F007 Customer Equity Through CRM
FD08 Advances in Pricing
1'009 Store Brand Power
FD 10 Sales Force Perfornwnce Assessment
I'D] I Conjoint Analysis
FO 12 A uClions
FOl3 Finance and Marketing IV: Time and Space
FDl4 New Product Design

Digital Marketing Analytics
Online Consumer Behavior
Social Networks and User Behavior
Interfirm Contracting
Marketing and Performance I
Consumer Aspects of Design
Enterlainmelll Market ing
Pricing Issues
Customer Relations Management
Brand Equity and Brand Management
Piracy
Store Brand Management
Daily Deals
Open Innovation

Profitable Modeling of the Customer Database
User-Generated Contel1l - II

Social Media Marketing
Modeling Facial Expression in Advertising and Media
Marketing and Performance 111
New Frontiers in Consumer Heuristics
Marketing for the Greater Good
Willingness to Pay
Advertising, Ethics, and Culture
Brand Depth and Brand Crisis
Customer Loyalty
Meet Ihe Editors I
Advertising and Price Sensitivity
Sustainable Innovation

Data-Driven Customer Relationship Managemelll
User-Genera red Content - I
e-Markering Potpou ni
Bayesian Methods in Marketing
Marketing and Performance [I

Branding and Finn Performance
Two-Sided Markets
TARIFFS
Evelll ,\tarketing and Sport Sponsoring
Brand Strategy
Choice Modeling in Rerail Settings
Promotion
Managing Online Operarions
Innovation Management

Customer Base Analysis
User-Generated COlllent - III
Social Media
Panel Session: Modelling the Behavior of Decision Makers:

Struct ura I J\todels,Agel11 -Based Models,
Bayesian Models and Beyond

Emerging Markets and Beyond
Online Consumer Behavior
Marketing Metrics
Dynamic Pricing I
Advertising Creativi.t y and Ad Content
Brand Equity and Brand Performance
Customer Satisfaction
Meet the Editors II

Measurement
Innovation and Competition
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TAOI
TA02
TA03
TA04
TA05
TA06
TA07
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TA09
TAIO
TAli
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TCOI
TC02
TC03
TC04
TC05
TC06
TC07
TC08
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THOS
TB09
TBIO
TBII
TBI2
TEI3
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Thursday, 3:30pm - 5:00pm
TOOl
TD02
TD03
TD04

TO05
TD06
TO07
TO08
TD09
TOIO
TDII
TDI2
TOJ3
TDI4
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Social Media and the Brand
Adoption o[ Online Chilnnds
Emerging Markets in China
Gilme The(lry: Pricing ilnd COlTlmunicatiun
Channt'l Strategy
Sociill Int'luence and Culture
Bundling
Ciluse Relilted Milrketing
Assurlmem
Sales Force Motivation
Dynilmic Econometric Models
Empiricill Generillizations
Finance and Marketing V: COflltTIunicillion
Consideration Sets and Segmentation

Saturday, 8:30- 10:00am
SAOl
SA02
SAO,

SA04
SA05
SA06
SA07
SAOS
SA09
SAlO
SAIL
SA12
SA13
SAI4

Saturday, 1:30pm- 3:00pm
SCOI Social Media Dynamics
SC02 Seilrch and Media Effectiveness
SCO, Field Studies in Emerging Markets
SC06 Experiential Marketing
SC07 Modeling Heterogeneity
SC08 Direct Marketing
SC09 Milrketing M.ix
SC 12 Category Effects in Choice Models
SCl3 High-Tech ilnd Service Milrketing
SC 14 Word-or-Mouth

Impact or Social Media [nvestmenIS
Modeling Online Behaviors to Improve Per[ormilnce
Emerging Markets in India
Game Theory: Product Quality and Innovation
Movies
Applied Theory in Marketing
Behavioral Prici ng
Corporate Sucial Responsibility
Return and Complain Behaviur
Mobile Marketing
Structural M.odels
Competitive Response
Sociallnt'luence Online
Social Networks

Saturday, 10:30am- 12:00pm
SBOI
S1302
SHO,
S1304
SE05
SB06
SB07
SE08
S1309
SEIO
SBI I

SBl2
SBD
SBI4
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Design
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Brand Choice ManagingOnline
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>- TB Firm TARIFFS & Sport ModelingIn Promotion Management
<: Cultomer Content -I Potpourri i"Marketing PartormlnceII Performance Mar1le1s Sponsoring Strategy

Retlil Settings
Operations

10:30 ·12:00 PM Reiitionshlp Mgt

12:00 ·1:30 PM Lunch

I- Proluble Modeling Facial
New Frorf""In Marketingfor

TC
Modeling01 the User-Generated Soci.I Medi. EJ:presslonin Mer1letlng& ConslIller the GrNter
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Customer Content-II Marketing Advertising& Perlormancelll
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1:30 • 3:00 PM Database Media

3·3.30 PM Break

CUltomer Base Panel: Modelling Emerging OnlineConsumer Mar1letlng Oynamic Pricing
Advertising Brand Equity Customer Innovation &TO User-Generated SocialMedia Creativity& Ad & Brand Meet the EdllorsII Me.urementAnalysis the Behaviorof Markets& Behavior Metrics I Satisfaction Competition

3:30 • 5:00 PM Content· III Content PerfOfmance
DeclskmMakers Beyond

5:30 - 7:30 PM OpeningReception

7:00· 5:00 PM Registliltion

7: 30 • 8:30 AM ContinentalBreakfast
Strategic

Cont.xt Ad Targellng Brandingand Groupand
ANnceand

FA Mobileand Online Consumer & OptimalPricing Pricing in the Depemhtfll Health DynamicPricing
100 Shared Consumer ContelllEff.cts DttcisKmMaking Marbling I: The New Product

SocialNetwor1ls Advertising Firm Decisions Decisions Chlnnel MarketingI II in Cholc. Adoption
8:30·10:00 AM 1 Cholc.. Behavior Modeling ream

10 ·10.30 AM Break
Strategic Attention, Longterm Financeand

FB
SoCIII,Mobile, Online Consumer&

OnlineMarkets
Advance. in MemOfy, Heltth Price

Media Channets Eff.cts of ChoiceModel InfOfmation MIr1letingll: OrganIZingfor
and Local Wo/dIOuth Firm Decisions RetailingI Leamlng Mar1lellngII CompetitionI Branding O"lgns Asymmetry

MartltAslets
Innovation

>- 10:30·12:00 PM 2

<::
12:00·1.30 PM Lunch

c.... Socia'Networ1ls Modeling Strategic
Advertising ANnceand Innovationin

FC & Social Multichannel
Consumer& Channets:Retail The Global CoMl.ITler Service Price

Planning,
Sales Force Bayesl.n OnlineCustomer Mar1lellngIII: EmergingFirm Decisions Competition Ch.nnel Characteristics Marketing Competition II Integration Methods Response

1:30 • 3:00 PM InfluenceI Performance 3 Budgeting Innovation Markets

3· 3.30 PM Break

SocialNetwoN Emerging ISMS Doctoral
Customer sal.. F"",e Financeand

FD & Social Multichannel
Markets &

Dissertation Chlnnel COMl.IY1er EquityThrough Advances in Store Brand
Perlormance

Conjoint
Auctions Mar1letingIV: New Produ<l

Influence II Marketing Beyond ProposalAward Managtm.m DecisionMaking CRM Pricing POWir
Assessment

Analysis
TIme & Space Design

3:30 - 5:00 PM Winn8fS

7·9:30 PM ConferenceGaia Dinner

7.00 ·1.30 PM Registration

Social Media and Adoptionof Emerging Game Theory: Channel Soclallnlluence Cause Related salts FOfce
Dynamic Empirical Finance& Consideration

SA the Illand Online Mar1l;etsin Pricing & Strategy and Culture
Bundling

Marketing Assortment Motivation Econometric
Generalizations

Mar1letingV: Sell &

8:30· 10:00 AM Channels China Communication Models Communication Segmentation

>-
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10·10.30 AM Break

Impactof Social Modeling GameTheory: Corporate Retumand
I- SB Media Online Emerging Product Movies AppliedTheory 8ehaViOfII Social Compt.in Mobile Structur.1 Compelltive Social Influence

SocialNetwor1l;s<:: Marketsin India In Mar1lellng Pricing Marketing Models Response Online

'" 10:30· 12:00 PM Investments Behaviors & Innovation Responsibility Behavior

SocialMedia S.arch & Fotld Studies In
Expertential Modeling CategoryEffects High-TechInd

SC Dynamics
Media Em8fging

NoSelllon No Sellion M.rketing Heterogeneity Direct Marketing Marbling Mill:
NOSelllon NoSelllon In ChoiceModels ServiceMar1leting Word-oI·Mouth

1:30·3:00 PM Effectlveocss Markets

7:00 PM - 12 AM Dinner Cruise on B05phorus(oplionallour)




